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Chapter1

Analytical Applications on Some
Hilbert Spaces

Fethi Soltani

Abstract

In this paper, we establish an uncertainty inequality for a Hilbert space H. The
minimizer function associated with a bounded linear operator from H into a Hilbert
space K is provided. We come up with some results regarding Hardy and Dirichlet
spaces on the unit disk D.

Keywords: Hilbert space, Hardy space, Dirichlet space, uncertainty inequality,
minimizer function

1. Introduction

Hilbert spaces are the most important tools in the theories of partial differential
equations, quantum mechanics, Fourier analysis, and ergodicity. Apart from the
classical Euclidean spaces, examples of Hilbert spaces include spaces of square-
integrable functions, spaces of sequences, Sobolev spaces consisting of generalized
functions, and Hardy spaces of holomorphic functions. Saitoh et al. applied the
theory of Hilbert spaces to the Tikhonov regularization problems [1, 2]. Matsuura
et al. obtained the approximate solutions for bounded linear operator equations
with the viewpoint of numerical solutions by computers [3, 4]. During the last
years, the theory of Hilbert spaces has gained considerable interest in various fields
of mathematical sciences [5-9]. We expect that the results of this paper will be
useful when discussing (in Section 2) uncertainty inequality for Hilbert space H and
minimizer function associated with a bounded linear operator T from H into a
Hilbert space K. As applications, we consider Hardy and Dirichlet spaces as follows.

Let C be the complex plane and D = {z € C :|z| <1} the open unit disk. The
Hardy space H(D) is the set of all analytic functions f in the unit disk D with the
finite integral:

21
|, lrenfae &
0
It is a Hilbert space when equipped with the inner product:
1 2 N ——
<fa§>H(]D)) = ﬂjof(e )g(ele)de' (2)

Over the years, the applications of Hardy space H(DD) play an important role in
various fields of mathematics [5, 10] and in certain parts of quantum mechanics
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[11, 12]. And this space is the background of some applications. For example, in
Section 3, we study on H(D) the following two operators:

Vf(z) = f2), Lf(z) =2f'(z) +2f (2), (3)

and we deduce uncertainty inequality for this space. Next, we establish the
minimizer function associated with the difference operator:

Tif(z) = (f&) ~£(0). 4)

In Section 4, we consider the Dirichlet space D(ID), which is the set of all analytic
functions f in the unit disk D with the finite Dirichlet integral:

dxd
2%’ Z:x+ly (5)

REC]

It is also a Hilbert space when equipped with the inner product:

(Frgho) =FOR0) + | FEEE L, z=xti. @

This space is the objective of many applicable works [5, 13-17] and plays a
background to our contribution. For example, we study on D(D) the following two
operators:

M) =f'@) = f(0), Xf(z)=2"f(=), @)

and we deduce the uncertainty inequality for this space D(D). And we establish
the minimizer function associated with the difference operator:

T ) = - ( £(2) ~=f'(0) ~£(0)). ®)

2. Generalized results

Let H be a Hilbert space equipped with the inner product (.,.),. And let A and B
be the two operators defined on H. We define the commutator [A, B] by

[A,B]:=AB — BA. (9)
The adjoint of A denoted by A™ is defined by

A8y = (LA g (10)

for f e Dom(A) andgeDom (A ™).
Theorem 2.1. For f e Dom (AA*) N Dom(A*A), one has

IA*F NG = IAfIIE + ([A, A% fof )y (11)

Proof. Let f e Dom(AA*) N Dom(A*A). Then AA*f and A ™ Af belong to H.
Therefore [A,A*]| f € H. Hence one has

2
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IA*f NI = (AA*f )y = (A A )y + (A A )y (12)
= Af 5 + ([A, A ). f)y. O (13)

The following result is proved in [18, 19].
Theorem 2.2. Let A and B be the self-adjoint operators on a Hilbert space H.
Then

(A —a) FllllB =) fll > 54, B]Fof as)

for all f € Dom (AB) N Dom(BA), and alla,b €R.
Theorem 2.3. Let f € Dom (AA™*) N Dom(A*A). For alla,b €R, one has

I(A+A* —a)fllgll(A —A* +ib)fllg > IIAf I — IA*fII], (15)

where i is the imaginary unit.
Proof. Let us consider the following two operators on Dom (AA ™) N
Dom (A*A) by

P=A+A*, Q=i(A—A"). (16)

It follows that, for f e Dom(AA*) n Dom(A*A), we have Pf, Qf € H. The
operators P and Q are self-adjoint and [P, Q] = —2i[A, A™]. Thus the inequality
(15) follows from Theorems 2.1 and 2.2. []

Theorem 2.4. Let f e Dom (AA*) n Dom(A*A). Then

MDA 2 I AFIZ — 1A*FIE) (17)
where

ALCH) = IFIEIA £ A1 — (AL A, ful”. (18)

Proof. Let f e Dom(AA*) N Dom(A*A). The operator P given by (16) is
self-adjoint; then for any real @, we have

(P — a)f IF; = P17 + a?IIf 117 — 2a(Pf,f )y (19)

This shows that

| (B of b
min ||(P — a)f I, = IIPfII} —’7, (20)
2eR f H 17‘ H ”f”%_]
and the minimum is attained when a = <I?l;’ﬁ?H . In other words, we have
. . . A+ A, Pl
min ||(A + A —@m;:MA+A)m§—K( ny|. (21)
aeR ”f”H
Similarly
. . ‘ i} A—A* , 2
min|(4 - A" + I — 4 — A" - AZA DD g
beR ”f”H

3
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Then by (15), (21), and (22), we deduce the inequality (17). []

Let A>0andlet T : H — K be a bounded linear operator from H into a Hilbert
space K. Building on the ideas of Saitoh [2], we examine the minimizer function
associated with the operator T.

Theorem 2.5. For any k € K and for any 4> 0, the problem

Jgrelg {AF 17 + I1Tf — kll% } (23)

has a unique minimizer given by
=@ +T*T) 'T*k. (24)

Proof. The problem (23) is solved elementarily by finding the roots of the first
derivative D® of the quadratic and strictly convex function ®( f) = ll[fllf{ + ITf —

k||%. Note that for convex functions, the equation D®( f) = 0 is a necessary and
sufficient condition for the minimum at f. The calculation provides

D®( f) = 2f +2T* (Tf — k), (25)

and the assertion of the theorem follows at once. []
Theorem 2.6. If T : H — K is an isometric isomorphism; then for any k € K and
for any 4> 0, the problem

inf A f 2 + ||Tf — k 2 26
J} H{ | ||H ” f ”K} ( )
has a unique minimizer given by

1
fin = ¥ T k. (27)

Proof. We have T* = T"'and T*T = I. Thus, by (24), we deduce the result. []

3. The Hardy space H(D)

Let C be the complex plane and D = {z € C :|z| <1} the open unit disk. The
Hardy space H(D) is the set of all analytic functions f in the unit disk D with the
finite integral:

J?!f(e”)fde- (28)

It is a Hilbert space when equipped with the inner product:

(f>8)uwm) = %L”f(eie)g(e—m)dg. (29)

Iff,g€HD) withf(z) =, (a,2" and g(z) = > b,2", then

(oo}

(fs&nmw) = Zﬂnb_n- (30)

n=0

4
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The set {2"},"_, forms an Hilbert’s basis for the space H(D).
The Szeg6 kernel S; given for z €D, by

= 1
S:(w) = ZE”w" = , web, (31)

is a reproducing kernel for the Hardy space H(DD), meaning that S, € H(DD), and
for allf € H(DD), we have ( f, S;)yp) =1 (2)-

For z € D, the function u(z) = Sz(w) is the unique analytic solution on D of the
initial problem:

u'(z) =w(zu'(z) +u(z)), weD, u(0)=1 (32)
In the next of this section, we define the operators V, R, and L on H(D) by
Vf(z) =f'(z), Rf() =2f"(z), Lf(z) =2"f(2) +2f(2). (33)
These operators satisfy the commutation rule:
[V,L] = VL —LV = 2R +1, (34)
where [ is the identity operator.

We define the Hilbert space U(ID) as the space of all analytic functions f in the
unit disk D such that

1 2 N
”f”%](]l))) = ﬂL | f (eza) }2d9< 0. (35)

IffeU(D) withf(z) =>_ " ,a,2", then

If 5y = Z”2|ﬂn|2- (36)
n=1

Thus, the space U(D) is a subspace of the Hardy space H(D).
Theorem 3.1.

i. For f e U(D), then Vf, Rf and Lf belong to H(D).
ii. V¥ =L.
ili. For f € U(D), one has
L Ny = IV i) + I ) + 2R ) ey (37)
Proof.

i. Letf e U(D) withf(z) = >, ,a,2". Then

Vf(z) = i(n +1a,12”, Rf(z) = inanzn, (38)
n=0 n=1
and
Lf(z) = i na, 12" (39)
n=1

5
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Therefore
IF 1R,y = f(j) 0+ 12an s = 1B, (40)
IRf 11y = f;nzmnf = 113 o)» (41)
and
IF 1Ry = i (1 + 12, < | F(O)F + 4113 o) (42)

Consequently Vf, Rf, and Lf belong to H(D).
ii. Forf,ge U(D) withf(2) = > " ja,2" and g(z) = >, ,b,2", one has

(oo}

(Vf,2)y (n + 1)y, 11b, = Znan 1= (fs1uw (43)
=0

Thus V* = L.
iii. Let f e U(ID). By (ii) and (34), we deduce that

ILF 1) = AVLE o) o) (44)
= {LYfof D) + (VS Lo f o) (45)
= IVfllz o) + If @) + 2R fmy: O (46)

Theorem 3.2. Let f € U(D). Forall 4,b € R, one has

IV +L = a)fllum) IV = L+ b)) = I im) + 2REF) aw (47)

Theorem 3.3. Let T; be the difference operator defined on H(D) by

Tif(z) = (f&) ~f(0). (48)
i. The operator T; maps continuously from H(D) to H(D), and
1T+ ) < I lam)- (49)
ii. For f € H(D) and z € D, we have
Tif) =@, TiTf(E) =F) —f0) (50)

iii. For any 2 € H(D) and for any 4> 0, the problem

inf LA ) + 1T ~ bl | (51)

has a unique minimizer given by

1

£ =113

zh(z), zeD. (52)

6
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Proof.

i. Iff e H(D) withf(z) = >, 1a.2", then T1f (2) = > a,+12" and
1Ty Wy = D lanl < Il (53)
n=1
ii. Iff,ee HD) withf(z) = > ,a,2" and g(z) = > .- ,b,2", then

1fg Zan+1b —Zan n—1= <f’T1*g>H(]D>)’ (54)

where T g(z) = 2¢(2), for z €D. And therefore
T; Tif (=) = 2T (=) = (2) — £ (0). (55)
iii. From Theorem 2.5 we have
(AL + T Th)f(2) = T; h(z). (56)
By (ii) we deduce that
(A+1)f;5 (=) — f(0) =2h(z). (57)
And from this equation, ;% (0) = 0. Hence

1
A+1

[ &) = =77h(z). O (58)

4. The Dirichlet space D(D)

The Dirichlet space D(D) is the set of all analytic functions f in the unit disk D
with the finite Dirichlet integral:

J ‘f }2 dxdy, z =x+1iy. (59)

It is a Hilbert space when equipped with the inner product:

(Frghny =F(ORO + | FREE T2, 5=ty (60)

Iff,g € D(D) withf(z) = >, ja,2" andg(z) = > _.° ,b,2g", then

(f:8)pm) = aobo + Znanﬁ. (61)

n=1

(oo}

The set {1, \Z/—E} . forms an Hilbert’s basis for the space D(D).
n=

The function K, given for z €D, by

K;(w) =1+ log (1 —1§w> , web, (62)

7
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is a reproducing kernel for the Dirichlet space D(ID), meaning that K, € D(D),
and for all f € D(D), we have ( f, Kz)pp) =f(2).

For z €D, the function u(z) = Kz(w) is the unique analytic solution on I of the
initial problem:

u'(z) —u'(0)

. =wu'(z), weD, u(0)=1. (63)

In the next of this section, we define the operators A, R, and X on D(D) by
M@&) =f=) - f(0), Rf)==zf(z), Xf(z)=2"f"(2). (64)
These operators satisfy the following commutation relation:
A, X] = AX — XA = 2. (65)

We define the Hilbert space V(D) as the space of all analytic functions f in the
unit disk D such that

130, J\f mzdxdy <o, z=x+iy. (66)

Iff e V(D) withf(z) = Y .- ya,2", then

FII o) = Z”3|ﬂn|2- (67)
n=1

Thus, the space V(ID) is a subspace of the Dirichlet space D(D).
Theorem 4.1.
i. For f € V(D), then Af, Rf, and Xf belong to D(D).
ii. A* =X.
ili. For f € V(DD), one has
IXFBm) = 1A Iy + 2R, f) o (68)
Proof.

i. Letf € V(D) withf(z) = > ,a,2". Then

Af(z) = Z(n +1)a,12", Rf(z) = Znanz", (69)
n=1 n=1
and
(n—1)a,12". (70)
n=2
Therefore
IAf by = 2”(” +1)%anal’ < Z;7l3|0ln|2 <If Iy (m)» (71)

8
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IRF Ibm) = D 7Planl* = IF 5
n=1

and

(o]

IXf 1w = D+ Dn’lan® <20f 1 m).

n=1

Consequently Af, Rf, and Xf belong to D(D).

ii. Forf,ge V(D) withf(z) = )" (4,2" and g(z) = > .~ b,2", one has
(Af>2)p( Znn+1an+ Z n—lann1—<fXg)
n=1 n=2

iii. Let f € V(D). By (ii) and (65), we deduce that
”XfllzD(]D)) = <AXf’f>D(]D))
= XA f)pw) + (M XIf)pm)
= 4f I50) + 2ARf . flpmy. O
Theorem 4.2. Let f € V(D). For all 4,b €R, one has
A+ X =a)f llpm) (A — X+ ib)f llpm) 2 2(Rf . ) p)

Theorem 4.3. Let T, be the difference operator defined on D(D) by
1
Tof () = (flz) —2f (0) ~£(0)).
i. The operator T, maps continuously from D(DD) to D(D), and

I Tof o) < If llpw)

ii. For f e D(D) with f(z) = >~ ,a4,2", we have

y Zn—1 y 2n—1
Tzf(z):z " a,-12", T, Tzf(Z)ZZ " a,z".

iii. For any d € D(D) and for any 1> 0, the problem

Lnf {2 Vs, + 1T — dlo) |

has a unique minimizer given by

le*d(z) = (d, \PZ> (D)> z€D,
g —n+1
" eD.
nz/ln—i—l +n w
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Proof.

i. IffeDD) withf(z) = > . ja,2", then Tof (2) = > ja,+12" and

ITof o) = Z(n—l ja, | <Z | < IIf 10 (85)

n=2

ii. If f,g e D(D) with f(2) = > jax2" and g(z) = > .- ,b,2", then

(Tof ,2)p Znan+1bn = Z n—1aph, 1 = <f, Tz*g>D(D), (86)
n=2
where
TSg(z) = in — 110 12", zeD. (87)
2 2 n n 5

And therefore

(oo}

T} Tof (2) Z

n=2

anz (88)
ili. We putd(z) = )", (dy2" and
f/l a\Z Z an (89)

From (ii) and the equation
(/U +T5 Tz) fd(z) =T;d(z), (90)
we deduce that

n—1

1 =Co = O, Cy = mdﬂil’ n 22 (91)
Thus
£ (z) = fj—”d” 21— (d,,) zeD. O (92)
Ad L /l(n + 1) +n » Tz/D(D)>

10
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Chapter 2

Fixed Point Theorems of a New
Generalized Nonexpansive
Mapping

Shi Jie

Abstract

This paper introduces a T' — (D, ) mapping that is weaker than the nonexpansive
mapping. It introduces several iterations for the fixed point of the T — (D,) map-
ping. It gives fixed point theorems and convergence theorems for the T — (D,)
mapping in Banach space, instead of uniformly convex Banach space. This paper
gives some basic properties on the T — (D, ) mapping and gives the example to show
the existence of T — (D,) mapping. The results of this paper are obtained in general
Banach spaces. It considers some sufficient conditions for convergence of fixed
points of mappings in general Banach spaces under higher iterations.

Keywords: iteration, convergence theorems, nonexpansive mapping, fixed point
2010 MSC: 47H09, 47H10

1. Introduction

In this paper, E is a Banach space, C is a nonempty closed convex subset of E,
and Fix(T) =xe€C: Tx = x.
Definition 1. T is contraction mapping if there is 7 €[0, 1)

ITx — Ty|| < r|lx —yl|| forallx yeC.
Definition 2. T is nonexpansive mapping if
ITx — Tyl < |lx —y||l forallx yeC.

Definition 3. T is quasinonexpansive mapping if
I'Tx — Tyl < |lx —y|| forallx e C,y e F(T).

Definition4. T:C — Cisa T — (D,) mapping on a subset C, if there is
a€e (%,1), ITx — Ty|| < |lx —yl|l forallae|a,1],x€C,y e C(T,x,a), where
C(T,x,a) ={yeCly=1—-a)p+alp,peC,I|Tp —pll < ITx —x||}.

In 2008 Suzuki [1] defined a mapping T in Banach space: % ITx — Ty|| < |lx —yll
implies || Tx — Ty|| < |lx — y||. And T is said to satisfy condition (C). Suzuki [1]
showed that the mapping satisfying condition (C) is weaker than nonexpansive
mapping and stronger than quasinonexpansive mapping.

13
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Suzuki [1] proved the theorem T is a mapping in Banach space, T satisfies
condition (C), and {x,} is the sequence defined by the iteration process:

{x1=xeC, D

Xn41 = (1 - an)xn + a, Txy,

then {x,} converges to a fixed point of T.

Suzuki [1] gave this convergence theorem in an ordinary Banach space, and the
mapping satisfying condition (C) is weaker than nonexpansive mapping.

In 2016, Thakur [2] proved the theorem T is a mapping in uniformly convex
Banach space, T satisfies condition (C), and {x, } is the sequence defined by
iteration process:

(x1 =x€C,
Xnt1 = Tyn:

(2)
In = TZ”’

(2, = (1 — ay)xy + a, Ty,

then {x,} converges to a fixed point of T.

Thakur [2] claimed that the rate of iteration is fastest of known iterations.
However, the disadvantage is that their results must be in uniformly convex Banach
space, instead of the ordinary Banach space.

The aim of this article is there exists a generalized nonexpansive mapping, which
makes the sequence generated by Thakur’s iteration converge to a fixed point in a
general Banach space.

The following propositions are obvious:

Proposition 1. If T is nonexpansive, then T satisfies condition (D,).

Proposition 2. If T is T — (D, ) mapping, then T is quasinonexpansive.

Proposition 3. Suppose T : C — Cisa T — (D,) mapping. Then, for x,y € C:

(1) |IT?*x — Tx|| < ||Tx — x|| forallx e C.
(@) 7% — Tyll < | Tx — yll or | T% — x|l < Ty — x|l for allx,y € C.

Proof:
(1) Since || Tx — x|| < ||Tx — x||, Tx € C(T,x,1), we have || T?x — Tx|| < || Tx — x||.
(2) Forallx,yeC, || Tx —x|| < [Ty —y|l or [Ty —y|| < [|Tx — x]||.

Then Tx € C(T,y,a) or Ty e C(T, x, ).
It follows that || T%x — Ty|| < ||Tx — || or ||T2y —Tx|| < [Ty — x|l

Example 1
(/11 x,
> X1 = 3:
X3 X4

0 9.%)
B X1 % 39
L X3 X4

X1 X2
x = ( ),xl €(0,3],x,€[0,0.01], x3 €[0,0.01], x4 €[0,0.01].
X3 X4

Tx =

where
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lllly = max{fxcs| + a3, ea| + |eal}

Set
(o o)
x:
0 0
and
_(2.5 O>
Y=o o
We see that

ITx = Tylly = 11> llx = yll;-

Hence, T' is not a nonexpansive mapping.
To verify that T'is a T — (D,) mapping, consider the following cases:
Case 1:

then y, # 3. We have

0 —\%2 — X1 — X2
||Ty—Tx||:||< )2 )Ilsll(y1 ’ )II:IIy—xII

V3 = X3 Y4 — X4 Y3 — X3 Y4 — X4

Case 2:

ac

11 1} X1 X2 3
10 s X = > X1 = J.
19 X3 X4

y:(yl yZ)eC(T,x,a),
V3 Vs

then y, €[0,1.9]. We have

Y — X2

Y3 = X3 Y4 — X4

1Ty — Tl = ||( )n <111 <y — x|

Hence,T'isa T — (D,) mapping, and T is not nonexpansive.

2. Fixed point

In this section, we prove convergence theorems for fixed point of the T — (D,)
mapping in Banach space.

15
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Lemma 1. Let C be bounded convex subset of a Banach space B. Assume that
T:C— CisT — (D,) mapping and {x,}, {y, }, {zx} are sequences generated by
iteration:

x1 =x€C,
Xp1 = Tyn; (3)
yn = Tz”’

2y = (1— ay)xy + a,Txy,

where% <a < a, <b<1.Then
(D) 1Txn1 — Xnall < NTy,, =y, 1l < N Tz — 2nll < (1T — %]
(2) limy, o [| Ty — x4l = limy, oo | Ty, — ¥, |l = limy, .o | T2, — 2]l =72 0.

Proof: (1) From Proposition 3 and 2, = (1 — a,)x, + @, Tx,, we have

I T%p 41 — Xnall < N T, — Ty, |l
< Ty, =, = 1T, — Tzal|
< 1Tz — zall
= Tzn — Tty + (1= &) (Tt — )|l
< llzn = %l + (1 — @) [ Toxn — x|

= |Tx, — x4l

(2) From (1), we have 0 < ||Tx,11 — Xni1]l < |Tx, — x4]|. So lim,, .o || T, —
x|l = > 0. Now, we have lim, . [|Tx, — x,|| = lim,_.» [Ty, —y,Il =
lim, . || T2, — 2|l = 7=>0.

Lemma 2. Assume that T: C — Cisa T — (D,) mapping and {x,}, {y, }, {za}
are sequences generated by iteration (3). % <a < a, <b<1. Let {u,} satisfy
U3p—2 = Xp, U3p—1 = Zp, U3, =Y,. Then, foralln>1,p>1

3n+p-3
14+ ) B | ITusn2 — useall < [ Tuzy-24p — unall
k=3n—2

(4)

n+p—1 )
H J] = ) (ITusu2 — usnall — I Tusn—243p — t3n—2:3 1)
en 1-— ay,

where

ﬂ_(an k=3n-2
FT\1 k#£3m-2

Proof: From Lemma 1, we have

1T 11 — %nsall

< || Tzn — zull

= IT2, — (1 — )% — 0, T, |

< (1= an)lITzn — xull + ol T2 — Toxal
< (1= an)lITzn — %41l + Aullzn — x4l

= (1= an)IT2n — %l + @211 T, — x4l
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So,forp =1andalln>1

(1+ prp o) Tuzy— — uzn ||
- (1 + an)”Txn - xn”

< ”Txn _xn” + ( )(”Txn _xn” - ||Txn+1 _xn+1||)

1—a,
= 1Tuzn—1 — uzn—|l + <1 . >(”Tu3n2 — uzn—ll = | Tuzns1 — uzpsall)
n
< N Tuzy—1 — uzn2|l + (1 " )(llTu3n—2 —uzg2ll = 1Tt3n11 — Uznsall)-
— Un

(4) holds.
We make the inductive assumption that (4) holds for a givenp >1and allz >0
and obtain, upon replacing » with n + 1

3n+p
1+ > B | Tuzner — wznall < (Tusnerey — tsniall
k=3n+1

n—+ (5)
T2
+ ( 17) (N Tuzn 11 — usniall = 1 Ttzn1113p — Usnrai3pll)-
k=n+1" Xk
And obviously
k>3n —2, | Tug11 — Tugll < Bill Tuzn—2 — tzn—ll, (6)
k>t [|Tup — Tuell < g — el )

Case 1: p = 3m, m > 1. From (6) and (7)

| Tusn+14+p — Usnall

= 1Txp+m+1 — Xn41ll

= [[Txn1m1 — Ty, |l

< lxngme1 =y,

=T — Tzall

< Wy — 2l

= 1 Tzn4m — (1 — &) — o, Ty ||

< (1= an)ITznim — %nll + @l T2nim — Tl

< (1 - an)lszn+m — % |

+0tn (1 T2nsm — Txnimll + 1T sm — T,y all + - + 1Ty, — Taall + 1 T2, — Tx,]|)
3n—2+p

= (1= @) Tusn-14p — tnall + @ > _ [ Tttpes — Tty
k=3n—2
3n—2+p
< (L= ) Tuzsrp — usn2ll +an D Bl Tuze2 — usnall.
k=3n-2
It follows that
3n—2+p
I Tusns1ep — tsniall < (1= )| Tuzn-14p — Usnall + @ > Bull Tzn2 — Uz 5|l
k=3n—2

(8)
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Using (5) and (8), we have

3n+p
<1+ > ﬁk> I T30 11 — U

k=3n+1
3n—2+4p
< (1= @) Tuzn 11y — wznall +an > Bell Tuzs 2 — uz, ||
k=3n—2

+ T—a (ITuzns1 — tzniall — 1 T3n4143p — Usns1s3pll).-

k=n+1

3n+p n+p
From {1+ > A ) < | Il 75 | and ITusps — uziall < 1 Tuz02 — uzaall,

k=3n+1 k=n+1
we have
3n+p
1+ ) B |IITusy 2 — uz, ol
k=3n+1
3n—2+p
< (1= @) Tuzn-14p — tznall + Y Bl Tuze 2 — uzsall
k=3n—2
+ —— V(1 Tuzp—2 — usn2ll — ITU3m1113p — Usni1+3pl)-
1-— ag,
k=n+1
Then
3n+p 3n—2+p
<1+Zk 3ns1 Pk = O 2 sy o P >
1 1 Tu3, 2 — uzaall

< ||Tu3n71+p - u3n72||

7H—p 2
H 5= | (ITuzn-2 — usw2ll = 1 Tuzni143p — t3ni1i3pll).
—n 1-— ay

It follows that

3n—2+p
(1 + Z ﬁk> | Tuz,—2 — uzn 2|l

k=3n—2
< ||Tu3n71+p - u3n72||

+ H— (ITt3n—2 — uzn—2ll — I TU3n4143p — Uzns143pll)-
k=n 1- O

Thus, for n, p + 1, (4) holds.
Case 2:p = 3m +1,m >0. From (6) and (7), we have

I T%3n11+p — Usnsall
= 1Tzn1m+1 — Xngall
= 1T2n+m+1 — Ty, |l

< I2ngm+1 —)/n”
= ”(1 - am+n+1)xm+n+1 + Amin1 T minr1 — T3l
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< ( am+n+1)”xm+n+1 Tz, || + am+n+1”Txm+n+1 — Tz, ||
< ( am+n+1)||Tym+n Tzull + amns1llXmins1 — 2ull
<(1 am+n+1)(||Tym+n Tzminll + 1 T2man — Txnim|l + -+ + [ TXp11 — T)’n”
“T - TZn“) + am+n+1”xm+n+1 _zn“
3n—2+4p
= (1= tmins1) > NTuers — Tl + Cminst| Ty — (1= @) — 0 Ty |
k=3n—1
3n—2+p
< (1= Onini1) Y Bl Tuz—a — uznoall
k=3n—1
+am+n+1((1 - an)”Tym+n - xn” + anllTym+n - Txn”)
3n—2+p
< (A= mini1) Y Bl Tuzna — uznall + minia(1 = )Ty, — %l
k=3n—1
+am+n+1an(“Tym+n — Tzl + 1 TZmsn — TxXpgnll + -+ + ”Tyn — Tzl + | T2, — Txn”)
3n—2+p
= (1— amint1) Z Brell Tuzn—2 — uzn 2|l + Amini1(1 — an) 1Ty, — Xall
k=3n—-1
3n—2+p
Ftmini@n ) I Tpsr — Tug|
k=3n—2
3n—2+p
< (1= tmens1) D Bl Tuzn2 = usn2ll + tmin1(1 — @) 1Ty, — Xl
k=3n—1
3n—2+p
t i@ > Bell Tur = el
k=3n—2
3n—2+4p
= (1 - am+n+1) Z ﬂk”Tu3n—2 - u3n—2” + am+n+1(1 - an)llTu3n—1+p - u3n—2||
k=3n-1
3n—2+p
Fmini1tn Y Bl T — u]
k=3n—2
3n—2+4p
= (1= Opn1 + Onini1@) > Bl Tuza— — uza|
k=3n—-2

_an(l - am+n+1)||Tu3n—2 — Uz, 2| + am+n+1(1 - an)”Tu3n—1+p — U3,2||.
It follows that

||Tu3n+1+p — uzp 1l
3n—2+4p

< (1 — Xpint1 + am+n+1an) Z ﬂk”Tu37L—2 - u3n—2” (9)
k=3n-2

— (1 — o yni1) 1 Tuzn—2 — uzn 2|l + Amini1(1 — ) | T3y 14p — Uz, ||

Using (5) and (9), we have

3n+p
14+ > B |1 Tuznr — uzniall
k=3n+1
3n—2+p
< (1= Gninst + Gnina@) Y Bl Tuzy o —uz, 2|l
k=3n—2
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—0ty (1 — @myn1) 1 Tt3n 2 — uzp 2|l + Cpyny1(1 — an)llTu3n71+p — Uzy2||

n—+p 2
+ T 5= ) ITuzn1 — wswsall = 1Tusniaizp — wsnsaill)-
k=n-+1 1- Xk

3n+p n+p
From |1+ > p | < | II 1—10% and [|Tuz, 11 — uznsall < 1 Tuzn—2 — uzu2|l,

k=3n+1 k=n+1
we have
3n+p
(1 + ) ﬁk) I T3z — 3y ||
k=3n+1

3n—2+p

< (1 — Opynt1 + am+n+1an) Z PrllTuz, 2 — uzn 2|l
k=3n—-2

— 0ty (1 = A1) 1 Ttzn—2 — uzn 2|l + Apynia(1 — an)”Tu3n71+p — U3y 2|

+ H ——— | (ITu3n—2 — uzn—2ll — 1 TUzns113p — Usns143pll)-
k=n+1 1- P

Then

3 3n—2
(1 + Zki—;i:_m ﬁk + an(l Ny am+n+1) - (1 — Qpin+1 + am—i—n-l—lan) Ekn::;ntg ﬂk)

am+n+1(1 i an)
1 Tusn—2 — uzn—2|l < [ Tuzn-11p — Usn2ll
n+p
+ H—ak (I Tuzy 2 — uznall =N Tuzns143p — usniaizll)-

k:nl_

It follows that

3n—2+p

14 Z Bre |1 Tuzn—2 — uzy2|
k=3n—2

< N Tuzn—11p — uzn—2ll
n+p

H [T | (ITuzn-2 — uzn2ll — | Tuzns143 — tzni13pll).
e 1— o

Thus, for n, p + 1, (4) holds.
Case 3: p = 3m +2,m > 0. From (6) and (7), we have

||Tu3n+1+p — Uzp 1l
= ”TynerJrl - Tyn”

< ”yn-i-m—i-l _yn”
= Tzn1m11 — Tzl

< llzn4mr1 — 2all

< zngma1 — (1 = @n)xn — @ Tx,|

< (1= an)llznimir — xull + aullZnimi1 — Tl

= (1= o)l = @nimi1)%nimi1 + Opim1 T mr1 — Xl

+an||(1 - an+m+1)xn+m+1 + an+m+1Txn+m+1 — Tx, ”
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< (1= an)((X = @msni) 1%ntmr1 — Xull + mnial| TxXngmi1 — %nll)

0 (1 = 1) 10 1mr1 — Tonll + Cmna | Tnmr1 — Txnll)

< (1= o) tmin 1l T ims1 — %]

+((1 = amint1) (1 — ) + tnins10) [ Xnrm+1 — Xl

+n(1 = tmins ) 1TV, 1 — Tall

< (1= o) tmin 1l T ims1 — %l

H((1 = tmen1) (1 = ) + nsns18) (1 TV, — Tonsmll + - + [ T2n — Txull + 1T — xall)
0 (1= 1) 1D smis — Tonemiall + - + 1Ty, — Tzall + 1 Tzn — Txall)

< (1 - an)am+n+1”Txn+m+l — X ||

3n—3+p
(1= tmin1) (1 = @) + Bpns10ty) ( > N Tutpsr — Tugll + 1| Tz 2 — an)
k=3n—2

3n—3+p

+(1 = pin1)an Y [ Toteys — Tug
k=3n-2

< (1 - an)am+n+1||Txn+m+1 - xn”

3n—2+p
+((1 - am+n+1)(1 - an) + am+n+1an) Z ﬁk”Txn — Xl
k=3n-2
3n—3+p
+(1 = mini)@n Y Bill T = %l
k=3n—2

< (1= a)amsniall Tuzn-11p — tzn2ll

3n—2+p
+ ((1 — Qmin+1 T anam+n+1) Z ﬁk - an(l - am+n+1)> | Tw3,—2 — U3n—2]|-
k=3n—2

It follows that

”Tu3n+1+p — Uzn 1l

< (1= an)omniallTusy14p — uzn 2|l
(10)

3n—2+p
+ ((1 — Opynt+1 + anam+n+1) Z Pr — an (1 - am—l—n—i—l)) | Tuz, 2 — uzn 2|l
k=3n—-2

Using (5) and (10), we have

3n+p
<1 + Z ﬂk> 1 Tusn41 — Usnall

k=3n+1

<(1- an)am+n+1”Tu3n71+p — U3y 2|

3n—2+p
+ ((1 — Omint1 T anam+n+1) Z Pr — ay (1 - am+n+1)> I Tu3n—2 — tzn 2|l
k=3n-2

n+p 2
+H T == | ITuzn1 — uzniall = 1 Tuzns143p — Usnsaizpll)-
k=n-+1 1- Xk

3n+p n+p
From |1+ > p | < | II 1_20,k and [|Tuz, 1 — uznsall < 1 Tuzn—2 — uzw2|l,

k=3n+1 k=n-+1
we have
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3n+p

1+ Z ﬂk> | Tuz,—2 — uzn 2|l

k=3n+1
< (1= ap)aminiall Tuzn-11p — uzn 2|l

3n—2+p
+ ((1 — Qpiny1 T anam—i-n—i-l) Z Pr — (1 - am—i—n—i—l)) | Tuz, 2 — uzn 2|l
k=3n—2

n—+p 2
+ —— | (I Tu3n—2 — usn—all — I TU3m1113p — Usni1+3pll)-
k=n+1 1- Xk

Then

3 3n—2+
(1 + Zk}:3_5+1 ﬂk - ((1 — Qpin+1 T anam+n+1) Zki%}; ﬂk — Oy (1 - am+n+1)

(1 - an)am+n+1

| Tus,—2 — uzn—sl|

< ”Tu3n71+p - u3n72”

n+p )
+ 11 1—a (I Te3n—2 — uzn—ll = 1 Ttt34143p — Uzni13ll)-
k=n

It follows that

3n—2+p
<1 4 Z ﬁk) ||Tu3n—2 - u3n—2”

k=3n—2

< || Tuzy—14p — uzn2||

n—+p )
+H{ TT:"= ) (ITuzn-2 — usnoll — I Tuzni1:3p — #3n1:3 1)
e 1-— ay

Thus, for n, p + 1, (4) holds. This completes the induction.
Lemma3.T:C — CisaT — (D,) mapping, ||Tx —x|| < ||Ty — yl|. Then

llx — Tyl < 3|ITx — x| + [lx — yll.
Proof: Since ||Tx — x|| < || Ty — yl|, we have Tx € C(T,y,a). Then
IT%e — Tyl < I Tx — yll.
It follows that
llx — Tyl < llx — Tx|| + | T — Tx|| + I T?x — Ty]|.
From Proposition 3, we have
llx — Tyl < 2||Tx — x| + [ITx —yll < 2| Tx — x|l + ITx — x|l + llx — yll = 3T — x|l + llx —yll.

Theorem 1. Assume that T: C — Cisa T — (D,) mapping and {x,}, {y, }, {zx}
are sequences generated by iteration (3), 3 <a < @, < b <1. Then
lim, .o ||Tx, —x,| = 0.

Proof: Since C is bounded, there must exists d > 0, for everyx €C, ||x|| < d. Let
{ty, } satisfy uz, o = %, 3,1 = 2, 3, =y,. From Lemma 1,
limy, o || Tur — ug|| = > 0. Assume > 0. Let € satisfy
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e&(%—"_l) eLr
and choose 7 so that for every p >0

| Tuzn—2 — uzn2ll — [TUzp—213p — Uzn—2+3ll <e.

3nt+p—4 3n+p-3
Now choosep sothatr| > g, | <d<r| > B |-

k=3n—2 k=3n—2

Since  <a < a, < b <1, for every k, t, we have 1 + a; <3, a; <2a,. From
Lemma 2 and » < ||Tu3,_» — #3,_>||, we have

3n+p-3

d+r<r{1+ Zﬂk

k=3n—2

3n+p-3

1+ Z Bre | I Tuzn—2 — uzy 2|
k=3n—2

IA

< | Tuzp—21p — Uzn—2|l

n+p—1
& H 1—a (llTu3n—2 — tzp 2|l — [1Tuzn-243p — ugn_2+3p||)

<d+ elfb(%ﬂ)e <d+r.

This is a contradiction. So limy,_., || T — u|| = 0. That is to say,
lim, . ||Tx, — x|l = 0. This completes the proof.

Theorem 2. Assume that T : C — Cisa T — (D,) mapping and {x,, } is generated
by iteration (3), % <a < a, < b <1. Then the sequence {x, } converges to a fixed
point of T.

Proof: Since C is compact, there exists a subsequence {x,, } C {x,} which con-
verges to some z € C. By Lemma 3, we have
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s, — T2 < 3| Txp, — %u, || + |2, — 2]|- Since lim,,, . || T%y, — Xp, || = 0 and
lim,, . [l — 2|l = 0, we have lim,, . [|x,, — T%|| = 0. This implies that z = T%.
On the other hand, from Proposition 3

loen 1 =2l < lly, — 2l < llzn — 2l
< ol Txn — 2l + (1 — an) |0 — 2]

< lxn — 2|

So, lim,,_, ||x, — 2| exists. Therefore, lim,_. ||x, —2|| = 0. This completes the
proof.
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Chapter 3

A Survey on Hilbert Spaces
and Reproducing Kernels

Baver Okutmustur

Abstract

The main purpose of this chapter is to provide a brief review of Hilbert space
with its fundamental features and introduce reproducing kernels of the
corresponding spaces. We separate our analysis into two parts. In the first part, the
basic facts on the inner product spaces including the notion of norms, pre-Hilbert
spaces, and finally Hilbert spaces are presented. The second part is devoted to the
reproducing kernels and the related Hilbert spaces which is called the reproducing
kernel Hilbert spaces (RKHS) in the complex plane. The operations on reproducing
kernels with some important theorems on the Bergman kernel for different domains
are analyzed in this part.

Keywords: Hilbert spaces, norm spaces, reproducing kernels, reproducing kernel
Hilbert spaces (RKHS), operations on reproducing kernels, sesqui-analytic kernels,
analytic functions, Bergman kernel

1. Framework

This chapter consists of introductory concept on the Hilbert space theory and
reproducing kernels. We start by presenting basic definitions, propositions, and
theorems from functional analysis related to Hilbert spaces. The notion of linear
space, norm, inner product, and pre-Hilbert spaces are in the first part. The second
part is devoted to the fundamental properties of the reproducing kernels and the
related Hilbert spaces. The operations with reproducing kernels, inclusion property,
Bergman kernel, and further properties with examples of the reproducing kernels
are analyzed in the latter section.

2. Introduction to Hilbert spaces
We start by the definition of a vector space and related topics. Let C be the

complex field. The following preliminaries can be considered as fundamental
concepts of the Hilbert spaces.

2.1 Vector spaces and inner product spaces
Vector space. A vector space is a linear space that is closed under vector

addition and scalar multiplication. More precisely, if we denote our linear space by
'H over the field C, then it follows that
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i. ifx,y,2 € H, then
x+y=y+x€eH, x+y+2)=Kx+y) +zeH;

ii. if k is scalar, then kx € H.

Inner product. Let  be a linear space over the complex field C. An inner
product on H is a two variable function

(,:) : H x H — C, satisfying

i (f.g) = (gf) for f,geH.

i (of + e, h) = a{ f,h) + lg,h) and (£, ag + ph) = a( f.g) +
p{f,h) for a,peCandf,g,heH.

iii. (f,f)>0 forfeH and (f,f) =0 f =0.

Pre-Hilbert space. A pre-Hilbert space H is a linear space over the complex field
C with an inner product defined on it.

Norm space or inner product space. A norm on an inner product space H
denoted by || - || is defined by

LAl = () ox Ufllse = £

where f €’ H and (-, -) = (:, -),, denote the inner product on H. The
corresponding space is called as the inner product space or the norm space.
Properties of norm. For all f,g€H, and 1 € C, we have

* |If1l>0. (Observe that the equality occurs only if f = 0).
1411 = A
Schwarz inequality. For all f,g € H, it follows that

(a1 < If gl (1)

In case if f and g are linearly dependent, then the inequality becomes equality.
Triangle inequality. For all f,g € H, it follows that

If +gll<IfIl + ligll- (2)

In case if f and g are linearly dependent, then the inequality becomes equality.
Polarization identity. For all f,g € H, it follows that

(If +glI? = If — gl +illf +igl® — IIf —igl?) forf.geH. (3

PNy

(fg) =
Parallelogram identity. For all f,g € H, it follows that

If +gl* +1f —gli* = 2I1£1* +2llgl*. (4)

Metric. A metric on a set X is a function d: X x X — R satisfying the properties.
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* d(x,y)>0andd(x,y) = 0 only if x = y;

* d(x,y) =d(y,x);
* d(x,y) <d(x,2z) +d(z,9);

for all x, y,z € X. Moreover the space (X, d) is the associated metric space. If we
rearrange the metric with its properties for the inner product space H, then it
follows that for all f,g,h € H and for all 1 € C, where 4 satisfies all requirements to
be a metric, we have

« d(f,g) >0 and equality occurs only if f = g.
«d(f.g) =dg.f)

*d(f.g) <d(f,h) +d(h.g).

cd(f —h.g—h)=d(f.g)

« d(if,4g) = 1l -d(f.g).

Note. The binary function d given in the metric definition above represents
the metric topology in H which is called strong topology or norm topology. As a result, a
sequence (f), s o in the pre-Hilbert space H converges strongly to f if the condition

If,, —fll — 0 whenever n — o

is satisfied.

2.2 Introduction to linear operators

Linear operator. A map L from a linear space to another linear space is called
linear operator it

L(of + fig) = olf + plg

is satisfied for all @, p€C and for allf,g e H.

Continuous operator. An operator L is said to be continuous if it is continuous
at each point of its domain. Notice that the domain and range spaces must be
convenient for appropriate topologies.

Lipschitz constant of a linear operator. If L is a linear operator from H to G

where H and G are pre-Hilbert spaces, then the Lipschitz constant for L is its norm
IL|| and it is defined by

ILIl = sup{IILfllg/lfllx : O #f €H}. (5)

Theorem 1. Let L be a linear operator from the pre-Hilbert spaces H to G. Then
the followings are mutually equivalent:

1. L is continuous.

ii. L is bounded, that is,
sup{lILflig : Ifllg <k} <oo

for 0<k < co.
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iii. L is Lipschitz continuous, that is,

ILf — Lgllg < Allf —gll3

where 0 <A1<ooandf,geH.
Some properties of linear operators. Let B(H, G) be the collection of all con-
tinuous linear operators from the pre-Hilbert spaces H to G. Then

* B(H, Q) is a linear space with respect to the natural addition and scalar
multiplication satisfying

(aL + pM)f = aLf + pMf,
where L and M are linear operators, f € H and a, f € C.
* Whenever H = G, then B(H, G) is denoted by B(H).
e If K is another pre-Hilbert space, L € B(H, G) and K € B(G, ). Then the product
(KL)f = K(Lf) for f € HEB(H, K).
In addition,
i. K(EL + EM) = EKL + EKM

ii. [|ELI = [¢] - [IL]]

iii. |[IL + M| <||L|| + ||M]| and

iv. |[KL| < [|K{|L]|-
are also satisfied.

2.3 Hilbert spaces and linear operators

Linear form (or linear functional). A linear operator from the pre-Hilbert
space H to the scalar field C is called a linear form (or linear functional).

Hilbert spaces. A pre-Hilbert space H is said to be a Hilbert space if it is complete
in metric. In other words if f, is a Cauchy sequence in H, that is, if

If,, —f |l = O whenever n,m — oo,

then there is f € H such that

If, —fIl — 0 whenever n — .

Note. Every subspace of a pre-Hilbert space is also a pre-Hilbert space with
respect to the induced inner product. However, the reverse is not always true.
For a subspace of a Hilbert space to be also a Hilbert space, it must be closed.

Completion. The canonical method for which a pre-Hilbert space H is

embedded as a dense subspace of a Hilbert space H so that

(f8) 7 =(f>8)y forf.geH

is called completion.
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Note. If L is a continuous linear operator from a dense subspace M of a Hilbert
space ‘H to a Hilbert space G, then it can be extended uniquely to a continuous linear
operator from H to G with preserving norm.

Theorem 2. Let M and N be dense subspaces of the Hilbert spaces H and G,
respectively. For f € H,g € M and 0 <1 < o0, if a linear operator L from M to G
satisfies

I(Lf>&)gl < IANIf Nl gl (6)

then L is uniquely extended to a continuous linear operator from M to G with
norm <A where the norm coincides with the minimum of such 4.
Theorem 3. Let (€2, 1) denotes a measure space so that Q is the union of subsets

of finite positive measure and L?(LQ, u) consists of all measurable functions f () on
Q such that

|, @) dutw) <o %
Q
Then L?(Q, u) is a Hilbert space with respect to the inner product

(frg) = jgf<w>g<—w>du<w>. (®)

Theorem 4 (F. Riesz). For each continuous linear functional ¢ on a Hilbert
space H, there exists uniquely g € H such that

o(f) = (f.8) forf€H. 9)

Theorem 5. Let M be a closed subspace of a Hilbert space H. Then the algebraic
direct sum relation

H=MeM"
is satisfied. In other words, Vf € H can be uniquely written by
f=fu+fie withf €M, f e M (10)
In addition, ||f || coincides with the distance from f to Mt

If vl = min {|If —gll : g€ M"*}. (11)

Remark. In a Hilbert space, the closed linear span of any subset A of a Hilbert
space H coincides with (AL)l.
Total subset of a Hilbert space. A subset A of a Hilbert space H is called total in

H if 0 is the only element that is orthogonal to all elements of A. In other words,
At = {0}.

As aresult, A is total if and only if every element of H can be approximated by
linear combinations of elements of A.

Orthogonal projection. If M is a closed subspace of H, the map f=f ,, gives a
linear operator from H to M with norm <1. We call this operator as the orthogonal
projection to M and denote it by P .
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Note. If I is the identity operator on H, then I — P, denotes the orthogonal
projection to M™, and the relation

IFI? = NP1 + 1T = Paof 1P (12)

is satisfied for all f € H.

Weak topology. The weakest topology that makes continuous all linear func-
tionals of the form fi—( f,g) is called the weak topology of a Hilbert space H.

Note. If f € H, then with respect to the weak topology, a fundamental system of
neighborhoods of f is composed of subsets of the form

U(fsA,e) = {h:|(f.g) — (h.g)| <e forge A},

where A is a finite subset of H and € > 0. Then a directed net { f,} converges
weakly to f if and only if

(fg) = (f.g) forallge H.

Operator weak topology. The weakest topology that makes continuous all
linear functionals of the form

L—(Lf,g) forfeH,geq

is called the operator weak topology in the space B('H, G) of continuous linear
operators from H to G. In addition, a directed net {L,} converges weakly to L if

(Lif>g) = (Lf.g).

Operator strong topology. The weakest topology that makes continuous all
linear operators of the form

LwLf forfeH

is called the operator strong topology. Moreover a directed net {L,} converges
strongly to L if

ILf — LFIl = 0 for all f € H.

Theorem 6. Let H and G be Hilbert spaces and B(H, G) be a continuous linear
operator from H to G. Then

e the closed unit ball U:={ f : ||f|| <1} of H is weakly compact;
* the closed unit ball {L : ||L|| <1} of B(H, G) is weakly compact.

Theorem 7. Let H be a Hilbert space and A CH. Then if A is weakly bounded in
the sense

supl( f,g)| < oo for g eH, (13)
feA

then it is strongly bounded, that is, sup fea I f1l < oo.
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Theorem 8. If H and G are Hilbert spaces and L is a linear operator from H to G,
then the strong continuity and weak continuity for L are equivalent.

Theorem 9. Let H and G be Hilbert spaces. Then the following statements for
L CB(H, G) are mutually equivalent:

(i) L is weakly bounded; that is, for f € H, g € G, we have

sup |(Lf,g)| <oo
Le L

(ii) L is strongly bounded; that is, for f € H, we have

sup ||Lf]| < oo.
Le L

(iii) L is norm bounded (or uniformly bounded); that is,

sup [IL|| < co.
Le L

Theorem 10. A linear operator L from the Hilbert spaces H to G is said to be
closed if its graph

GL={f@®Lf :feH} (14)
is a closed subspace of the direct sum space H @ G, that is, whenever n — oo,
f,—fll = 0inH and |Lf,—gll —0 in G=g=Lf.

Theorem 11. If L is a closed linear operator with a domain of a Hilbert space H to
another Hilbert space g, then it is continuous.

Sesqui-linear form. A function @ : H x G — C is a sesqui-linear form (or sesqui-
linear function) if forf,heH,g,keGand a,f €C,

(i) O(af + fh.g) = ad( f.g) + pO(hg) (15)
(ii) O( f,ag + pk) = ad( f.g) + PO f.k) (16)

are satisfied where H and G are Hilbert spaces.
Remark. If L € B(H, G), then the sesqui-linear form ® defined by

O(f.g) = (Lf8)¢ (17)
is bounded in the sense that
|D(f,2)| <Allf llnllgllg for f €H, g€G, (18)
where 1> ||L||.

Remark. If a sesqui-linear form @ satisfies the condition (18), then for f € H,
the linear functional

g-o(f.g)

is continuous on G. If we apply the Riesz theorem, then there exists uniquely
f' € g satisfying

32
WORLD TECHNOLOGIES




Functional Calculus: Concepts and Applications

If'llg <Allflly and ®( f,g) = (f'.g), for g €G.

Hence fi—f " becomes linear, and as a result we obtain

O(f.g) = (f:8)g = {Lf-£)q

Adjoint operator. If L € B('H, G), then the unique operator L* € B(G, H)
satisfying

(f.g) = (f>L"g)y forfeN,g€G (19)

is called the adjoint of L.
Remark. By the definitions of L and L™, it follows that

(Lf,g)g = (f>L"g)y forf€H, g€G. (20)
Isometric property. The adjoint operation is isometric if
IL|| = [IL™ || is satisfied. (21)

Remark. Let , G, and K be Hilbert spaces and K € B(G, K) and L € B(H, G) be
given. Then

KLeB(H,K) and (KL)" =L*K"* (22)
Ker(L) = (Ran(L*))* and (Ker(L))" = Clos{Ran(L)*} (23)
where Ker(L) is the kernel of L and Ran(L) is the range of L.

Theorem 12. If L, M € B(H, G), then the following statements are mutually
equivalent.

i. Ran(M) CRan(L).
ii. There exists K € B('H) such that M = LK.
iii. There exists 0 <1 < oo such that
IM*gll <AL ¢g|| forg€g.
Quadric form. Let H be a Hilbert space. A function
p:-H—C
is a quadratic form if for all f € H and { € C,

o(Cf) = ¢ o(f) (24)

and

p(f+g) +olf —g) =2AHo(f) + o)} (25)

are satisfied.
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Note. If L e B(H), the quadratic form ¢ on H is defined by

o(f) = (Lf.f) for f €A, (26)
and it is bounded

(I SAIFII? for f €M, (27)

where 1> ||L||.
Remark. The sesqui-linear form ® associated with L can be recovered from the
quadratic form ¢ by the equation

o(f.g) :%{(P(f +8) —o(f -2}t H{o(f +ig) —o(f —ig)} (28)

forallf,geH.

Self-adjoint operator. A continuous linear operator L on a Hilbert space H is
said to be self-adjoint if L = L™

Remark. L is self-adjoint if and only if the associated sesqui-linear form ® is
Hermitian.

Remark. If L is self-adjoint, then the norm of L coincides with the minimum of 2
given in (27) for the related quadratic form

Theorem 13. If L is a continuous self-adjoint operator, then

ILIl'= sup{ (LA 01 11F Il <1} (29)

Positive definite operator. A self-adjoint operator L € B(H) is said to be positive
(or positive definite) if

(Lf,f)=0 forall feH.
If (Lf,f) = 0 only when f = 0, then L is said to be strictly positive (or, strictly
positive definite).

Note. For any positive operator L € B(H), the Schwarz inequality holds in the
following sense

(LE.g) P <(LE.f) - (Lg.g). (30)

Theorem 14. Let L and M be continuous positive operators on H and G,
respectively. Then a continuous linear operator K from H to G satisfies the inequality

(KFg)g|” < (Lf f), (Mg.g) for f €M, €G (31)

if and only if the continuous linear operator
L K*
K M

on the direct sum Hilbert space H @ G with

feg(Lf +K*g)® (Kf +Mg)

is positive definite.
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Theorem 15. Let L be a continuous positive definite operator. Then there exists a
unique positive definite operator called the square root of L, denoted by L2, such that
(L)’ = L.

Modulus operator. The square root of the positive definite operator L* L is
called the modulus (operator) of L if L is a continuous linear operator.

Isometry. A linear operator U between Hilbert spaces H and G is called isometric
or an isometry if

IUfllg = 1Iflly forfeH (32)

is satisfied, that is, it preserves the norm.
Note. Eq. (32) implies that a continuous linear operator U is isometric if and
only if U* U = Ij; in other words,

(Uf, Uglg = (f-&)y forf.g €M, (33)

that is, U preserves the inner product.

Unitary operator. A surjective isometry linear operator U : H — 'H is called a
unitary (operator).

Note. Observe that if U € B(H) is a unitary operator, then U* = U™ ..

Partial isometry. A continuous linear operator U between Hilbert spaces H and
G is called a partial isometry if

f e (KerU)" = Ran(U*) = ||Uf|l = IIfIl.

The spaces (KerU)" and Ran(U) are called the initial space of U and the final
space of U, respectively.

Note. If U is a partial isometry, then its adjoint U™ is also a partial isometry.

Theorem 17. Every continuous linear operator L on H admits a unique
decomposition

L =UL, (34)

where L is a positive definite operator and U is a partial isometry with initial
space the closure of Ran(L).

3. Reproducing kernels and RKHS
We continue our analysis on the abstract theory of reproducing kernels.
3.1 Definition and fundamental properties

Reproducing kernels. Let H be a Hilbert space of functions on a nonempty set

X with the inner product ( f,g) and norm || f|| = (f,f)l/2 for f and g € H. Then the
complex valued function K( y,x) of y and x in X is called a reproducing kernel of H if

i. For all x € X, it follows that K. (-) = K(-,x) € H,
ii. ForallxeX and allf € H,

f(x) - <f’I<x>’ (35)

are satisfied.
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Note. Let K be a reproducing kernel. Applying (35) to the function K, at y,
we get

Ki(y) =K(y,x) = (K;,Ky), forx,y€X. (36)

Then, for any x € X, we obtain

1Kl = (Ky, K )Y = K (x, )2, (37)

Note. Observe that the subset {K,}, . s is total in H, that is, its closed linear span
coincides with . This follows from the fact that, if f € H and f LK, for allx € X,
then

f(x)=(f,Ky) =0 foralxeX,

and hence f is the 0 element in . As a result, {0}" = H.

RKHS. A Hilbert space H of functions on a set X is called a RKHS if there exists a
reproducing kernel K of H.

Theorem 18. If a Hilbert space H of functions on a set X admits a reproducing
kernel K, then this reproducing kernel K is unique.

Theorem 19. There exists a reproducing kernel K for H for a Hilbert space H of
functions on X, if and only if for all x € X, the linear functional Hsf—f(x) of
evaluation at x is bounded on .

Hermitian and positive definite kernel. Let X be an arbitrary set and K be a
kernel on X, thatis, K : X X X — C. The kernel K is called Hermitian if for any finite
set of points {yl, ,yn} CX, we have

Z €K (yj,yi> eR.
ij=1
It is called positive definite, if for any complex numbers €;, ..., €,, we have
Z EjeiK (yj,yi> >0.
i,j=1

Note. From the previous inequality, it follows that for any finitely supported
family of complex numbers {e,}, .5, we have

> geK(y,x)>0. (38)

x,y€X

Theorem 20. The reproducing kernel K of a reproducing kernel Hilbert space H
is a positive definite matrix in the sense of E.H. Moore.

Properties of RKHS. Given a reproducing kernel Hilbert space H and its kernel
K(y,x) on X, then for all x,y € X, we have

i. K(y,y)>0.

ii. K(y,x) = K(x,y).

iii. |K(y,x) *< K(y,y)K(x,x) (Schwarz inequality).
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iv. Let xo € X. Then the following statements are equivalent:
a. K(xg,x0) = 0.
b. K(y,x0) = 0 forallyeX.

c. f(xo) =0 forallf eH.

Theorem 21. For any positive definite kernel K on X, there exists a unique
Hilbert space Hy of functions on X with reproducing kernel K.

Theorem 22. Every sequence of functions (f,), ., that converges strongly to a
function f in Hg(X) converges also in the pointwise sense, i.e., for any point x € X,

lim £, (x) =f(x).

n—oo

In addition, this convergence is uniform on every subset of X on which
x—K (x,x) is bounded.

Theorem 23. A complex valued function g on X belongs to the reproducing
kernel Hilbert space Hg(X) if and only if there exists 0 <4 < oo such that,

[g)g(x)] <2 K(y,x)] on X. (39)

llg|l coincides with the minimum of all such 4.

Theorem 24. If K (y,x) and K ( y, x) are two positive definite kernels on X,
then the following statements are mutually equivalent:

i. Hiw (X)C Hyo (X).
ii. There exists 0 < A < oo such that

[K(l) (y,x)] <A [K(z) (y,x)] .

Note. For any map ¢ from a set X to a Hilbert space H, with the notation x—¢,,
a kernel K can be defined by

K(y,x) = <(px,(py> for x,yeX. (40)

Theorem 25. Let ¢ : X—H be an arbitrary map and for x,y € X let K be
defined as

K(3,%) = (000, ).

Then K is a positive definite kernel.
Theorem 26. Let T be the linear operator from H to the space of functions on X,
defined by

(TF)(x) = (fo0,) for x X, fEN.
Then Ran(T') coincides with Hg (X) and
ITf Ik = IIPAf 1l for f € H,
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where M is the orthogonal complement of Ker(T'), P is the orthogonal
projection onto M, and || - ||x denotes the norm in Hg (X).
Kolmogorov decomposition. Let K( y, x) be a positive definite kernel on an abstract
set X. Then there exists a Hilbert space  and a function ¢ : X — H such that
K(y,x) = <(px, (py> for x,yeX.
3.2 Operations with RKHSs

Theorem 27. Let K% be the restriction of the positive definite kernel K to a
nonempty subset X of X and let H 0 (X) and Hg (X) be the RKHS corresponding to

) and K, respectively. Then
Hyo (Xo) = { fly, :f € Hx(X)} (41)

and
7]l g0 = min {|| Flic : flg, = h} for all i € Hyo (Xo). (42)

Remark. If KV(y,x) and K'?( y,x) are two positive definite kernels, then

K(y,x) = KW (y,x) + K (y,x)

is also a positive definite kernel.
Remark. Let H 1), Hy@, and Hg be RKHSs with reproducmg kernels K ( 9,%),
(2)(y,x), and K(y,x), respectlvely, and let K = K%Y + K@ Then

HK(X) == HK(I) (X) + HK(z) (X),

and for f € Hw (X) and g € Hye) (X), it follows that

||f +g||f< = min{”f—i—hll o+ llg — h||1(<2) heHK(l)(X)nHK@)(X)}- (43)

Theorem 28. The intersection H ) (X)NHywe (X) of Hilbert spaces Hyn (X) and
Hy(X) is again a Hilbert space of functions on X with respect to the norm

AP =1 f e + 1 e

In addition the intersection Hilbert space is a RKHS.
Theorem 29. The reproducing kernel of the space

Hi(X) = HKu) (X) ﬂHK(z) (X)

is determined, as a quadratic form, by

E geK(y,x) = 1nf{§ nynx1< (y,x +E CnyK (%) : [ex]
x,y
= [ne] + [Cx]}a

where [ex], [7,], [{,] are an arbitrary complex valued function on X with finite
support.
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Theorem 30. The tensor product Hilbert space
Hyw X)® Hyo (X)

isa RKHS on X x X.

Theorem 31. The RKHS Hx (X) of the kernel K(y,x) = K (y,x) - K?(y,x)
consists of all functions f on X for which there are sequences (g,), . , of functions in
Hyw(X) and (h,), 5 o of functions in H . (X) so that

> gz lallZe <oos Y g, (0)ha(x) =f(x), x€X, (44)
1 1

and the norm is given by

oo
2 : 2 2
Ifll% = min {Z g, 0 12 1o }
1

where the minimum is taken over the set of all sequences (g,,) . ,and (%),
satisfying (44).

3.3 Examples of RKHS. Bergman and Hardy spaces

Bergman space. The space of all analytic functions f on Q for which

”Q If 2)|%dxdy <0, (2 =x +iy)

is satisfied is called the Bergman space on Q and denoted by A%(Q).
Remark. A%(Q) is a RKHS with respect to the inner product

(f:)= (F-g)a= || flel@say,

and its kernel is called the Bergman kernel on Q and denoted by B (w, z).
Bergman kernel for the unit disc. The Bergman kernel for the open unit disc D
is given by

1 1

(D) - -
B w,z) ﬂ(l—w§)2

for w,zeD. (45)

Bergman kernel of a simply connected domain. The Bergman kernel of a
simply connected domain Q(# C) is given by

B (10,z) = 1 ¢ (w)g'(z)

5 forw,z€Q, (46)
~ N
(1~ 0tw)o)
where ¢ is any conformal mapping function from Q onto .
Theorem 32. A conformal mapping from Q to D can be recovered from the
Bergman kernel of Q.
Jordan curve. A Jordan curve is a continuous 1 — 1 image of {|£|= 1} in C.
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Green function. A Green function G(w,z) of Q is a function harmonic in Q
except at z, where it has logarithmic singularity, and continuous in the closure Q,
with boundary values G(w, z) = 0 for all w € 0Q2, where Q is a finitely connected
domain of the complex plane.

Theorem 33. Let Q be a finitely connected domain bounded by analytic Jordan
curves, and let G(w, z) be the Green’s function of Q. Then the Bergman kernel
function is

2 0°G

B (w,2) = —;m(w,z), w # z. (47)

Hardy space. The closed linear span of {¢, : n = 0,1, ... } in L?((T) is called the
(Hilbert type) Hardy space on T and is denoted by H*(T). Here ¢, (&) = &".

Remark. f € L*(T) belongs to the Hardy space H*(T) if and only if it is ortho-
normal to all ¢, (n <0), that is, all Fourier coefficients of f with negative indices
vanish. Then we have

(82 = Zanl;n for f,g € H*(T), (48)
n=0

where

an = <f’ §0n>L2 and bn = <g> (pn>L2 (7’1 =0,1, )

Szego kernel. The kernel S(,2) = ﬁ for £ T,z €D, or its analytic extension

S(w,z) = = for w,z €D is called the Szego kernel.

Notes

This chapter intends to offer a sample survey for the fundamental concepts of
Hilbert spaces and provide an introductory theory of reproducing kernels. We
present the basic properties with important theorems and sometimes with punctual
notes and remarks to support the subject. However, due to the limit of content and
pages, we skipped the proofs of the theorems. The proofs of the first part can be
found in [1, 2] and in most of the basic functional analysis books. Besides, the proofs
of the second part (related with the reproducing kernels) can easily be found in [3].
The Hilbert space and functional analysis parts of this chapter are based on the
books by J.B. Conway [1] and R.G. Douglas [2]. On the other hand, the reproducing
kernel part is based on the lecture notes of T. Ando [4] and N. Aronszajn [5], the
book of S. Saitoh and Y. Sawano [6], and the book of B. Okutmustur and A.
Gheondea [3]. Moreover, the details of Bergman and Hardy spaces are widely
explained in the books [7-9].
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Chapter 4

Approximate Solutions of Some
Boundary Value Problems by
Using Operational Matrices of
Bernstein Polynomials

Kamal Shah, Thabet Abdeljawad, Hammad Khalil
and Rahmat Ali Khan

Abstract

In this chapter, we develop an efficient numerical scheme for the solution of
boundary value problems of fractional order differential equations as well as their
coupled systems by using Bernstein polynomials. On using the mentioned polyno-
mial, we construct operational matrices for both fractional order derivatives and
integrations. Also we construct a new matrix for the boundary condition. Based on
the suggested method, we convert the considered problem to algebraic equation,
which can be easily solved by using Matlab. In the last section, numerical examples
are provided to illustrate our main results.

Keywords: Bernstein polynomials, coupled systems, fractional order differential
equations, operational matrices of integration, approximate solutions
2010 MSC: 34L05, 65105, 65T99, 34G10

1. Introduction

Generalization of classical calculus is known as fractional calculus, which is one
of the fastest growing area of research, especially the theory of fractional order
differential equations because this area has wide range of applications in real-life
problems. Differential equations of fractional order provide an excellent tool for the
description of many physical biological phenomena. The said equations play
important roles for the description of hereditary characteristics of various materials
and genetical problems in biological models as compared with integer order differ-
ential equations in the form of mathematical models. Nowadays, most of its appli-
cations are found in bio-medical engineering as well as in other scientific and
engineering disciplines such as mechanics, chemistry, viscoelasticity, control the-
ory, signal and image processing phenomenon, economics, optimization theory,
etc.; for details, we refer the reader to study [1-9] and the references there in. Due
to these important applications of fractional order differential equations, mathema-
ticians are taking interest in the study of these equations because their models are
more realistic and practical. In the last decade, many researchers have studied the
existence and uniqueness of solutions to boundary value problems and their
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coupled systems for fractional order differential equations (see [10-17]). Hence the
area devoted to existence theory has been very well explored. However, every
fractional differential equation cannot be solved for its analytical solutions easily
due to the complex nature of fractional derivative; so, in such a situation, approxi-
mate solutions to such a problem is most efficient and helpful. Recently, many
methods such as finite difference method, Fourier series method, Adomian decom-
position method (ADM), inverse Laplace technique (ILT), variational iteration
methods (VIM), fractional transform method (FTM), differential transform
method (DTM), homotopy analysis method (HAM), method of radial base function
(MRBM), wavelet techniques (WT), spectral methods and many more (for more
details, see [9, 18-38]) have been developed for obtaining numerical solutions of
such differential equations. These methods have their own merits and demerits.
Some of them provide a very good approximation. However, in the last few years,
some operational matrices were constructed to achieve good approximation as in
[39]. After this, a variety of operational matrices were developed for different
wavelet methods. This method uses operational matrices, where every operation,
for example differentiation and integration, involved in these equations is
performed with the help of a matrix. A large variety of operational matrices are
available in the literature for different orthogonal polynomials like Legendre,
Laguerre, Jacobi and Bernstein polynomials [40-48]. Motivated by the above
applications and uses of fractional differential equations, in this chapter, we devel-
oped a numerical scheme based on operational matrices via Bernstein polynomials.
Our proof is more generalized and there is no need to convert the Bernstein poly-
nomial function vector to another basis like block pulse function or Legendre poly-
nomials. To the best of our knowledge, the method we consider provides a very
good approximation to the solution. By the use of these operational matrices, we
apply our scheme to a single fractional order differential equation with given
boundary conditions as

{D"’y(t) +AD"y(t) +By(t) =f(t), 1<a<2, O0<u<l, D

y(0)=a, y(1)=b,
where f (¢) is the source term, A, B are any real numbers; then we extend our

method to solve a boundary value problem of coupled system of fractional order
differential equations of the form

D“x(t) + AlD”lx(t) + Blely(t) + Clx(t) + D1y<t)
DPy(t) + AaD*x(t) + BoD"y(t) + Cox(t) + Dy (t) = g(t), 1<p<2, 0<py,1p<1,
¥(0) =a, y(1)=b, y(0) =¢, (1) =d,

f), 1<a<2, 0<p,11<1,

(2)

where f (t),g(t) are source terms of the system, A;, B;, C;, D;(i = 1,2) are any real
constants. Also we compare our approximations to exact values and approximations
of other methods like Jacobi polynomial approximations and Haar wavelets
methods to evaluate the efficiency of the proposed method. We also provide some
examples for the illustration of our main results.

This chapter is designed in five sections. In the first section of the chapter, we
have cited some basic works related to the numerical and analytical solutions of
differential equations of arbitrary order by various methods. The necessary defini-
tions and results related to fractional calculus and Bernstein polynomials along with
the construction of some operational matrices are given in Section 2. In Section 3,
we have discussed the main theory for the numerical procedure. Section 4 contains
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some interesting practical examples and their images. Section 5 describes the
conclusion of the chapter.

2. Basic definitions and results

In this section, we recall some fundamental definitions and results from the
literature, which can be found in [10-16].

Definition 2.1. The fractional integral of order y € R, of a function y € L*([0, 1], R)
is defined as

Ly = 175 | = e

Definition 2.2. The Caputo fractional order derivative of a function y on the interval
[0,1] is defined by

t

Dy y(t) = F(%—y) JO (t—1)"" Yy (e)dx,

where #n = [y] + 1 and [y] represents the integer part of y.
Lemma 2.1. The fractional differential equation of order y > 0

D'y(t) =0,n —1<y<m,

has a unique solution of the form y(t) = do + dit + dyt*> + ... +d, 1t""1, where
dp€Rand k =0,1,2,3,....,n — 1..
Lemma 2.2. The following result holds for fractional differential equations

I'DYy(t) = y(¢) +do +ert +dot? + ... +dpat" 7,

for arbitraryd, €R, k= 0,1,2, ...,n — 1.
Hence it follows that
I'k+1)

F(k + 1) tkfy, 'k = _— " T 77 ¢t and Dy[consmnt] = 0.

Dylk:r(k—yﬁtl) T T(k+7+1)

2.1 The Bernstein polynomials

The Bernstein polynomials B; () on [0, 1] can be defined as

mmn:(ﬁ

)ti(l — t)mfi,for i=0,1,2..m,
i

m
where ( _ ) = (m’f—l'),l, , which on further simplification can be written in the
; il

most simplified form as

.

Bim(t) = ®(i,k,m)tk+i: 1=0,1,2...m, (3)
0

3

T
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where

oo (D))

Note that the sum of the Bernstein polynomials converges to 1.

Lemma 2.3. Convergence Analysis: Assume that the function g € C" 1[0, 1] that is
m + 1 times continuously differentiable function and let X = (Bou, B1,m> - >Bm,m). If
CTW (x) is the best approximation of g out of X, then the error bound is presented as

2m+3

V2MS T

—CTy|, < ,
lg < o 2 vam 3

where M = maxxe[o,lﬂg(m“) (x)], S= max{1l—x0,x0}-
Proof. In view of Taylor polynomials, we have

(x—x0)2 )
— £+ .+

F(ex) =g(ex0) + (x —x0)g® (x0) +- 5 rm+n¢

from which we know that

(x _ xo)m+1

m N there exist ne (O, 1)

lg = F(x)l = g™ D)

Due the best approximation C*¥(x) of g, we have

lg — CT¥(x)|2 < llg — FII3

1

= | (gl) — Fx))a
ey =200
= 0[|g< O |

M2 1
S 27J (x . x0)2m+2dx
r (Wl + 2) 0

21\4'282m+3
< .
T I (m+2)2m + 3)

Hence we have

V2MS*?®
—CTy < .
Ilg (x)||2 hS F(m n 2) (2m T 3) L]

Let H = L?[0,1] be a Hilbert space, then the inner product can be defined as

1

<frg> = j0f<x>.g<x>dx

and
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Y = Span{BO,m,Bl,ma Bm,m}

is a finite dimensional and closed subspace. So if f € H is an arbitrary element
then its best approximation is unique in Y. This terminology can be achieved by
using y, € Y and for ally € Y, we have ||f — y,| <||f — yll. Thus any function can be
approximated in terms of Bernstein polynomials as

f(t) = ZCiB(i,m): (4)

where coefficient ¢; can easily be calculated by multiplying (4) by
B(jm (), j=0,1,2,..mand integrating over [0, 1] by using inner product and

d; —fo i) ) (2)dE, O fo (iym) &)B(jm) (t)dt, i,j = 0,1,2....m, we have

1
Jof(t)B(j’ J Zcz (i) (8)B(jm ()dt,  j=0,1,2...m,
1 m
which implies that J F(&)B(jm) (t)dt = Zc,-J By (t)-B(jm)()dt, j=0,1,2...m
0 i=0 0
[00.0) o1 = bon v Oom ]
Yoy Oan by Oam
which implies that [do d1 ... dn] = [co c1....Cn]
Or0) Ory = O o Opm
LOm0) Oy = Omp = Omm)
(5)
Let Xy =[do di ... dp), Cu=lco ¢1....cn], where M = m + 1 where M is the
(00,00 o1y = Oon - Oom) ]
0100 Ony - Oan - Oam
scale level and @y = ' . ' ' . ' , SO
Or0) 0wy = Oy v Opm
_g(m,O) e(m,l) e(m,r) H(m,m) |
where ®,,, v is called the dual matrix of the Bernstein polynomials. After
calculating ¢;, (4) can be written as
f(t) = CuBi,(t), Cu is coefficient matrix
where
BM(Z') = [B(O,m)aB(l,m)3 . ...B(m,m)} . (7)

Lemma 2.4. Let BJ,(t) be the function vector defined in (3), then the fractional order
integration of B,(t) is given by
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anT _ pa T
I“By(¢) = PppomBum (), (8)
where Py, ,, is the fractional integration’s operational matrix defined as

o o -1
PM><M - PMXMq)MXM

and @y ., is given in (3) and Py, is given by

(Yoo oy o Fon o Yom]
Yoo Yoy - Yan o Fam
f)a § _ : . : : . . ’ (9)
T R0 Yoy o Pen o Pem
| Ym0 Yom) ¥ ) ¥ nm)
where
_’””"]9 Uk +i+1) (10)
" 2 2 e ) G R T e DTk bt 1)
Proof. Consider
m—i
£) = > Opmt"" (11)
k=0
taking fractional integration of both sides, we have
I°B: (t) — mz_:lg(k )Iatk—i-z Ze . k +i+ ) tk—i—i—i—a (12)
i,m — 1,k,m (i,k,m) .
= Ik+i+a+1)
Now to approximate right-hand sides of above
= [(k+i+a) : ;
0 tk+z+a _ C(’)BT ¢ 1
; G Pl +i + o+ 1) mBu(®) (13)
where Cj(\i/[) can be approximated by using (3) as
c — xep1 (14)
M M PMxM>
where entries of the vector Xl(\l,l) can be calculated in generalized form as
1m—i
Tk+i+a) ; .
0 AR (t)dt, j=0,1,2. ..
JO% (i,k,m) k—|—1+a—|—1) Js () J) m
1 m—i m—j
() _ Pk +i+a) i gy
= Xy = Jozg(i’k’” et itat ) O mt T dTdt, j=0,1,2....m
k=0 l:0
S ‘9 Lk +i+a) ! i=0,1,2,...m
— ike,m ilm . . . > = U, L4
L) L PO Dl it o+ 1) (k1 +j+i+a+1)
(15)
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evaluating this result for i = 0,1,2....m, we have

CIBo(®)] [ X @alaBin(®) ]
1By (t) X 1(\}[) Dy By (t)
_ : (16)
_IaBm,m (t) - _.XJ(\Zn)@]T/leMB],I\;[ (t)) -
turther writing
v m—i mj ) ) Ik +i+a) 1
ij = i keom) -V (4.1, . ; 1
T =5 Gem) PGbm Pl +i+a+1) (k+1+j+it+a+1)
we get
IBiy(t) = Pap, - @ad - Bir(2). (17
Let us represent
PMxM‘DzT/leM = Prpn
thus
I"Bly(t) = Pip.s-BRs 1) (18)
L]

Lemma 2.5. Let B (t) be the function vector as defined in (3), then fractional ovder
derivative is defined as

DBy, (t) = Giy.p- By (t) (19)
where Gy, is the operational matrix of fractional order derivative given by
GK/IXM = GX/IXM(DIlexM’ (20)

where Opr, 15 the dual matrix given in (3) and

Yo, You - Yorn = Fom
Yo Yau - Yo - Yam
g | : : : : . on
Yooy Yo = Yo o Yom
Ym0 ¥imn) ¥ m,r) ¥ (m,m)
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where W ;) is defined for two different cases as
Casel: (i< [a])

<

m—i M

0 I'k+i—a) 1 22)
kﬂako’km ]””Hk+i—a+1ﬂk+l+j+i—a+1)
CaseII: (i > [a])
I'k+i—a) 1
v, = Osom) O, . L @
I L £ TERTUI P i —a 1) (ke + 1 4j+i—at 1)
Proof. Consider the general element as
D°B;,,(t) = D” (Z O foym) HW) = Z 0i oy D (24)
k=0

It is to be noted in the polynomial function B, ,, the power of the variable ¢’ is an
ascending order and the lowest power is %’ therefore the first [a — 1] terms becomes
zero when we take derivative of order a.

Case I: (i < [a])By the use of definition of fractional derivative

a — k +l + 1) +i—a
DBzm ; (1,kesm) k+l—a+1)tk . (25)
Now approximating RHS of (25) as
— Plktit1) 4, v
‘ e _ g 2
k;;] 0(1,k,m) F(k —l—l —a+ 1) tk ( ) ( 6)

turther implies that

1 m—i k 1 '
J Z elkm +z + ) tk—H_aBj)m(t)dtJ ] = Oa 13 2 .. m

0 Fk+i—a+1)
- e T(k+i+1)
Glm) ) O1m) . , , , j=0,1,2...m
2: — UMl +i—a+D)(k+i+l+j—a+1)
(27)
Case II: (i > [a]) if i < [a] then
m—i m—j .
Xy =0,1,2...m.
M ;&km ;911’” k+z—a—l—1)(k+z—|—l+]—a+1) J=01, "
(28)

After careful simplification, we get
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[DBon()] [ Xa' PafasBia(t) |
D*Bim(?) X4 it Bl (¢)
= : : (29)
LD B ()] | X O3 Bl (2))
On further simplification, we have
m—i Mm—j .
L(k+i+1) 1 .
W, = Oijem)-0j, : — (i<la])
d k:[a]; em) PG Pl i —a+ 1) (k+1+j+i—a+1)
m—i m*]' .
C(k+i+1) 1
P, = Otieon) Ot . N
& k_og ) PG Pl i —a+ 1) (k+1+j+i—a+1)
we get DBy (t) = Giyp,on Psr B (0)-
(30)
Let
GMxM‘DK/leM = Girm
so
D*BY(t) = Gy pBL ()

which is the desired result. ]

Lemma 2.6. An operational matrix corresponding to the boundary condition by
taking B, (t) is function vector and K is coefficient vector by taking the approximation

A

u(t) = KB(t)

is given by
[ Q0,00 L0, Qo) Qo,m)
Qa0 Lu Q1) Q(1,m)
b _ : : : : : : , (31)
MM Qo) Qa0 Qs Q)
L Qin0) Lim,1) Qi) Qinm) |
where

1
Q;j = JOAi,m¢<t)Bj(t)dta i,j =0,1,2...m.

Proof. Let us take u(t) = KB(t), then
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[ ol{Bo(t) T
0[?31 (t)

o[*KB(t) = KoI’B(t) = K

L OI(me (t) i

Let us evaluate the general terms

1
I2Bi(t)dt = d
0 aJ im ($)ds
- (32)
= e )<k,
" Ta kz . J 0
Since by
1
([ (1 gias) <P
0
taking inverse Laplace of both sides, we get
! 1 ol Tal(k+i+1)] Tal(k+i+1)
1 A 1‘ ki — L*l : —
JO< U { ghtacti } Tk+i+a+1)
now Eq. (32) implies that
- T(k+i+1
LBi(t)dt = 3 @ TIED (33)

ra Tk +i+atl)

Now using the approximation A;,,¢(t) = > 7" Ocl i(t) = C" B}, and using
Eq. (3) we get Cy; = K3, ®,10Bas and using ¢; = fo t)B;(t)

Do) ] [ ClPumB () ]

Al,m¢(t) C}\4¢K41XMBIT4 (t)
p(t)KIB(t) = K ' =K

L Am,m¢<t) _ L CIW\IZ/ICI)IT/leMBI?d (t) . (34)
o ey cm | [ PatemBu(2)
¢ o Cm | | PatmBr(2)

=K

o € ¢ Cm
g o cr ™ || @i B ()

L~0 1 7 md L MxM-M _
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On further simplification, we get

[ Q0,0 01 = Lon o Lom ] [Bolt)]
Quo Luy = Qan - Qam || Bi)
SOKIBE) =K | o Sl (39)
Qroy Ly - Loy - Qum) :
L Qn0) Lom) Q) Qipmy | LBn(t) ]
So
b(1)oI5u(t) = KQul\Bl (t),
and
1
QiJ:JOAi,mqﬁ(t)Bj(t)dt, ij=0,1,2....m. (36)
which is the required result. O

3. Applications of operational matrices
In this section, we are going to approximate a boundary value problem of
fractional order differential equation as well as a coupled system of fractional order

boundary value problem. The application of obtained operational matrices is shown
in the following procedure.

3.1 Fractional differential equations

Consider the following problem in generalized form of fractional order differ-
ential equation

D%(t)+AD"y(t) +By(t) =f(t), 1<a<2, 0<u<l,

37
subject to the boundary conditions y(0) =a, y(1) =b, (37)

where f(¢) is a source term; A, B are any real constants and y(¢) is an unknown
solution which we want to determine. To obtain a numerical solution of the above
problem in terms of Bernstein polynomials, we proceed as

Let D%(t) = KnBay(2). (38)
Applying fractional integral of order o we have
y(t) = KPSy, pBa(t) — co + cat
using boundary conditions, we have

co=a, c1=b—a-— I<MPK/I><MB17\;I(t)‘t:1'
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Using the approximation and Lemma 2.2

1 04 a,
a-+1(b—a) = Fy BL(®), tPi.aBh(®)| = QilyBh().

Hence
y(t) = KnuPyyp, By (£) + a + t(b — a) — tKyPyy, By (t)|,_y»

which gives y(t) = KnPiy,Bly(t) + Fr By () — Quil B (t) (39)
— Ko (Pipan — Qs B (6) + Ful BE; 1)

Now

D"y (t) = D* [ Kt (Pir.a — Qs ) Bia(8) + Fo By (¢)]

40
=Ky (PMXM QMXM) Ghr.Bu(®) + Fi Giy,oBly 2) o
and
f() = Fyf By (o). (41)
Putting Egs. (38)-(41) in Eq. (37), we get
KBy (t) + AKn (Pprs — Qi ) GhpsaeB (¢) + AP Gl nyB (0 .

+BKnm (PIO\[/IXM M><M>BT( )+ BEy Bl (£) = Fi7 By, (¢).
In simple form, we can write (42) as

KBy (¢) + AR (Phpas — Qi ) opaaBr (€) + APy Gl py B (0
+ BKum (PMxM M><M>BT< )+ BEy Bl (t) — Fi)Bly(t) =0 (43)
Kwm + Ku (AP;\[/[xMGK/IxM + BPX/IxM) + AF}) Gl + BFy — Fif,
where
PX/IxM = Pym — Qj'\’fiM,

Eq. (43) is an algebraic equation of Lyapunov type, which can be easily solved
for the unknown coefficient vector Kj;. When we find Ky, then putting this in
Eq. (39), we get the required approximate solution of the problem.

3.2 Coupled system of boundary value problem of fractional order differential
equations

Consider a coupled system of a fractional order boundary value problem

D%x(t) + A1D"x(t) + BiD"'y(t) + Cix(¢) + D1y (t) =f (), 1<a<2,0<pus,11 <1,
DPy(t) + A,D*2x(t) + BaD"y(t) + Cox(t) + Doy(t) = g(t), 1<f<2,0<py, 12 <1,
(44)
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subject to the boundary conditions

x(0)=a, x(1)=b y(0)=c, y(1)=d, (45)
where A;, B;, C;, D;(i = 1,2) are any real constants, f (t),g(t) are given source

terms. We approximate the solution of the above system in terms of Bernstein
polynomials such as

D (t) = KmBL(t), DPy(t) = LuBi,(t)
x(t) = KmP3y, B (t) +co +cit,  y(t) = Ly (PﬁdxMBﬂ(t) +do +dat
applying boundary conditions, we have
x(t) = Ky (P, Bag(t) +a + (b — a) — tKy Py, 1 Big(1)|,_y»

y(t) = K (Phy, 1Bl (2) + ¢ +t(d — ¢) — tKngPhy, 0B (t)

=1
let us approximate
a+tb—a)=FyBL(t),c+td—c)=F4LBL()

i B ()=t = Qi aB(©)s PPl B ®)] = QlibriB ()

then
x(t) = KtPy. nBiy(€) + Fig By () — KnQiil B (1)
y(t) = LuPly By (€) + Fag By() — LuQl By (¢)
Dac(t) = | KniPiaeBha (0) 4 Fig Biy(t) — K Qs By ¢)|
= Kum (Pz()\t/fo M><M) Ghum + Fy )Gﬁ\l/lfoBT (t)
D“y(t) = D** |LutPly py By (£) + iz Biy(6) — LuQf Bl (1)
LM( MxM ~— M><M) GK}IXM + F( )GK}IXMBT ( )
D*2x(t) = D" |[KnP%, BY (8) + FYBL () — KnyQ%? MBK,[(t)}
KM( i — Qs ) Ghis + Fi Glbeaa B (0
and

D*y(t) = D | KnPhy, Bl (£) + Fig Biy(t) — Kna Qs By ¢)

=Lnm <PM><M QMXM) Gzyxffo + F( )GzyéxMBM( )

&) = FOBL(2), g(t) = FVBL ().
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Thus system (44) implies that

KuB3y () + AxK (P — Qions ) Ghbas + ArFiy Ghtas By 0)
+ Bilm (PIﬁVIxM M><M) Ghipamt + B1FY G aBiy(t) + C1KuPiy By (t)
+ CF\YBL (1) — CLRMQ%? \BL (¢) + DiLP%, BY(¢) + D1F\2BY (¢)
— DiLuQuuBia(t) = FVBL ()

LuBy(t) + A:Kum (PZO\C/IXM M><M> Gl + AaFi Gii Bl (¢)
+ BoLm (Pg/IXM M><M> Gt + BoF s G B (t) + CaRuPiy, 1B (£)
+ CoF 3/ By (t) — CaRuQiil By (£) + DaLuPly, By (£) + DaFy By (t)

- DZLMQMXMBT< ) Ft* )BT( )
(46)

Rearranging the terms in the above system and using the following notation for

simplicity in Eq. (46)
(
QIQ[XM =B Pg/IxM M><M> Gim + Dl(
Pym = M><M> Ghixm + C2< MxM MxM)
MxM — QMxM) Gitm + DZ( )
Fy = AFWGY  +BiFYGE  + CFY + FY) — DFS
Gy = AF\)G | + B FDGE  + CF\Y + DR — FLY,
the above system (46) becomes
KuuBi(t) + KnaQuaaBh(t) + LusQup. Y1) + FuBly(t) = 0
LBy () + KnaRyp B3y (6) + LRyg 0Bl (£) + GuBL (£) = 0

Bl() 0 Quav O |[BL@) o0
Knt Ly] | 1K L] y .
0 By(t) 0 Ry 0 Byl
0 R | [Bu@) 0 B() 0
+[Km L] N . +[Fm G| . =0
Quwm O 0 By(t) 0 Byl

QZ/IXM ﬁj\l/f M
[Km Lm]+[Km Luml| Aﬁx +[Fm Gum]|=0,
QM><M RM><M
(47)

which is an algebraic equation that can be easily solved by using Matlab

functional solver or Mathematica for unknown matrix [Ky; Ly ]. Calculating the
coefficient matrix Ky, Ly and putting it in equations
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x(t) = KniPiy,aiBiy(t) + FAp B (£) — KnQ 1B (2)

9(£) = LatPly, B () + Foy By (£) — LuQltl niBo (2),

we get the required approximate solution.

4. Applications of our method to some examples

Example 4.1. Consider
D%(t) +c1D*y(t) +coy(t) =f(t), 1<a<2 (48)

subject to the boundary conditions

Solution: We solve this problem under the following parameters sets defined as
Sl = {(l = 2,1/ = 1,6‘1 = 1,(32 = 1}, Sz = {a = 1.8,1/ = 0.8,61 = 10,6‘2 = 100},
S3 ={a=15v=0.5,c1 =1/10,c, = 1/100}, and select source term for Sy as

o) =@ — 1) +1°((72t — 168) + 126) — 30t* +3°(3r —2)(r — 1)°  (49)

_ 11147682583723703125¢5 (175013 — 4200¢> + 3255t — 806)

f2®) 406548945561989414912
| 278692064593092578125¢* (52501° — 14350¢* + 129151 — 3813)

25002760152062349017088

+1002° (£ — 1), (50)
i) = 5081767996463981¢2 (134413 — 336012 + 2730t — 715)
A 264146673456906240
| 5081767996463981¢" (134413 — 3808t + 3570¢ — 1105) N (0 —1)°
22452467243837030400 100
(51)

The exact solution of the above problem is

»(e) =15t — 1"

We solve this problem with the proposed method under different sets of parameters as
defined in S1,S,, S3. The observation and simulation demonstrate that the solution
obtained with the proposed method is highly accurate. The comparison of exact solution
with approximate solution obtained using the parameters set Sy is displayed in Figure 1
subplot (a), while in Figure 1 subplot (b) we plot the absolute difference between the
exact and approximate solutions using different scale levels. One can easily observe that
the absolute error is much less than 10~ 2. The order of derivatives in this set is an integer.

By solving the problem under parameters set S, and S3, we observe the same
phenomena. The approximate solution matches very well with the exact solution. See
Figures 2 and 3 respectively.

Example 4.2. Consider

D% (t) —2D*?y(t) — 3y(t) = —4 cos (2t) — 7 sin (2¢) (52)
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x1073 (a) %1077 (b)

Figure 1.
(a) Comparison of exact and approximate solution of Example 4.1, under parameters set S,. (b) Absolute
ervor in the approximate solution of Example 4.1, under parameters set S,.

%107 (a) (b)

10—]1 - ' e |

& H

102

Figure 2.
(a) Comparison of exact and approximate solution of Example 4.1, under parameters set S,. (b) Absolute
ervor in the approximate solution of Example 4.1, under parameters set S,.

subject to the boundary conditions

y(0) =0, y(1) = sin(2).

Solution: The exact solution of the above problem is y(t) = sin (2t), when a = 2.
However the exact solution at fractional order is not known. We use the well-known
property of FDEs that when a — 2, the approximate solution approaches the exact
solution for the evaluations of approximate solutions and check the accuracy by using
different scale levels. By increasing the scale level M, the accuracy is also increased. By the
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Figure 3.
(a) Comparison of exact and approximate solution of Example 4.1, under parameters set S;. (b) Absolute
ervor in the approximate solution of Example 4.1, under parameters set S;.

proposed method, the graph of exact and approximate solutions for different values of M
and at a = 1.7 is shown in Figure 4. From the plot, we observe that the approximate
solution becomes equal to the exact solution at a = 2. We approximate the error of the
method at different scale levels and vecord that when scale level increases the absolute
ervor decreases as shown in Figure 4 subplot (b) and accuracy approaches 10~°, which is
a highly acceptable figure. For convergence of our proposed method, we examined the

quantity fg Wexace — Yapprox |t for different values of M and observed that the novm of error
decreases with a high speed with the increase of scale level M as shown in Figure 4b.

(@) (b)

09

08

0.7

0.6

> 05
-l !
04 10 /\
03
Gt e M=3 "
= M=4
01 b — M=5| |
ok —M=6
1 L 1 1 10-9 1 d 1 ik
0 0.2 04 06 08 i 0 0.2 0.4 0.6 0.8 1

Figure 4.
(a) Comparison of exact and approximate solution of Example 4.2. (b) Absolute error for different scale level
M of Example 4.2.
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Example 4.3. Consider the following coupled system of fractional differential
equations

D8x(t) + Dx(t) + 9D0'8y(t) +2x(t) —y(t) =f(¢)

D'%y(t) — 6D°%x(t) + Dy(t) — x(t) = g(0) &)

subject to the boundary conditions
x(0)=1, x(1)=2 and y(0)=2, y(1)=2.
Solution: The exact solution is
x(t)=(1-1t), @) =t*"(1-1).

We approximate the solution of this problem with this new method. The source
terms ave given by

4474 $ _
ft) =260 —1)—t*(t —1) +¢* (6t —5) — 2229536516744740625¢5 (10t — 7)

. 1008806316530991104
1337721910046844375¢5 (25¢ — 21)
1008806316530991104
(54)
11147682583723703125¢5 (15¢ — 13)
_ 43 —4) — 504 A

) =£ Gt —4) —2@E—-1) T 6557241057451442176

_ 89181460669789625¢5 (25¢ — 16) (55)
144115188075855872 '
(a) (b)

0.07 T T T T T T T

M=3
el —M=4 1 oo - M =3 o
M =i
— M=8
® Exact =,
L xact @ 4 o007 | R
e ® Exacty

0.06
0.04 =1

0.05
0.03 o

0.04

0.03

001
0.02

0.01

-0.01 .

-0.02 1 L L 1 ( 1 L L
0 02 04 t 06 08 1 0 0.2 04 t 0.6 0.8 1

Figure 5.
Comparison of exact and approximate solution of Example 4.3 for different scale level M.

60
WORLD TECHNOLOGIES




Functional Calculus: Concepts and Applications

In the given Figure 5, we have shown the comparison of exact x(t),y(t) and approx-
imate x(t),y(t) in subplot (a) and (b) respectively.

As expected, the method provides a very good approximation to the solution of the
problem. At first, we approximate the solutions of the problem at a = 2 because the exact
solution at a = 2is known. We observe that at very small scale levels, the method provides
a very good approximation to the solution. We approximate the absolute error by the
formula

Xerror = [Xexact — xappmxl-

and

Yerror = b}exact - appmxl'

We approximate the absolute ervor at different scale level of M, and observe that the
absolute ervor is much less than 1070 at scale level M = 7, see Figure 6. We also
approximate the solution at some fractional value of o and observe that as a — 2
the approximate solution approaches the exact solution, which guarantees the accuracy of
the solution at fractional value of a. Figure 6 shows this phenomenon. In Figure 6, the
subplot (a) represents the absolute ervor of x(t) and subplot (b) represents the absolute

error of y(t).
Example 4.4. Consider the following coupled system

D'¥x(t) — x(t) +3y(t) = (t)

(56)
DPy(e) + 4x(t) = 2(t) = g(t),
subject to the boundary conditions
x(0)=-1, x(1)=-1 and y(0)=-1, y(1)=-1
Solution: The exact solution for a = ff = 2 is
107! : i . o . G
i =d —M=3| ]
M= M=4
102k — A M=5(1
c M=6 M=6
—M=17 —M=7
.
10—100 t o.ls ols 1
Figure 6.

Absolute error in approximate solutions at different scale level M = 3:7 for Example 4.3.
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x@t) =t —t*—1, and yit)=t*"—-1 -2 (57)
The source terms ave given by

_ 445907303348948125>%(25t — 21)

34t 435 2,
f) 3026418949592973312 A3
89181460669789625t>(5¢ — 4) 3 4 s
_ 4 59,
£(®) 14411518807585872 C6T -2 -2

Approximating the solution with the proposed method, we observe that our scheme gives
high accuracy of approximate solution. In Figure 7, we plot the exact solutions together
with the approximate solutions in Figure 7(a) and (b) for x(t) and y(t), vespectively. We
see from the subplots (a) and (b) that our approximations have close agreement to that of
exact solutions. This accuracy may be made better by increasing scale level. Further, one can
observe that absolute ervor is below 10~ '° in Figure 8, which indicates better accuracy of
our proposed method for such types of practical problems of applied sciences.

(@) (b)

199 r

198

197 r

196

—M =3
s b |==M=T7

@ Exact x
194

<~/
193
091 L
0 0.2 0.4 0.6 0.8 1 0 0.2 0.4 0.6 0.8 1

Figure 7.
Comparison of exact and approximate solution at scale level M = 3, 7 for Example 4.4.

(a) (b)

n N Wm

10710 L L L L 10710

Figure 8.
Absolute ervor for different scale level M = 3:7 for Example 4.4.
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%1073

-05

35T

2t

0 0.2 04 ¢ 06 08 1 0 0.2 04 t 06 0.8 1

Figure 9.
(a) Comparison of exact and approximate solution at scale level M = 10,w = 3.5,a = 2,v = 1 for
Example 4.5. (b) Absolute error at M = 10.

) M a v I*app — Xex|| at BM [lapp — Xex|l at WM [l¢app — Xex|| at JM

0.5 10 2 1 7.000(—3) 2.966(—1) 1.500(—2)

15 15 16 09 6.091(—3) 4.918(-2) 1.623(—1)

2.0 200 18 08 1.237(-3) 2.108(—2) 2.723(-2)

35 25 19 07 1.008(—3) 5.795(—2) 1.813(-3)
Table 1.

Comparison of solution between Legendre wavelet method (LWM) [47], Jacobi polynomial method (JM) and
Bernstein polynomials method (BM) for Example 4.5.

In Figure 8, the subplot (a) represents absolute ervor for x(t) while subplot (b)
represents the same quantity for y(t). From the subplots, we see that maximum absolute
ervor for our proposed method for the given problem (4.4) is below 107'°. This is very
small and justifies the efficiency of our constructed method.

Example 4.5. Consider the boundary value problem

D%(t) + (o)’ D*x(t) + x(t) = —wn(sin (wnt) + or)

x(0) =0, x(1)=-2. (58)

Taking a = 2,v =1and o = 1,3,5, ..., the exact solution is given by

x(t) = cos (wnt) — 1.

We plot the comparison between exact and approximate solutions to the given exam-
ple at M = 10 and corresponding to w = 3.5, a = 2, f = 1. Further, we approximate the
solution through Legendre wavelet method (LWM) [47], Jacobi polynomial method
(JM) and Bernstein polynomials method (BM), as shown in Figure 9.

From Table 1, we see that Bernstein polynomials also provide excellent solutions
to fractional differential equations [48].

5. Conclusion and future work

The above analysis and discussion take us to the conclusion that the new method
is very efficient for the solution of boundary value problems as well as initial value
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problems including coupled systems of fractional differential equations. One can
easily extend the method for obtaining the solution of such types of problems with
other kinds of boundary and initial conditions. Bernstein polynomials also give best
approximate solutions to fractional order differential equations like Legendre
wavelet method (LWM), approximation by Jacobi polynomial method (JPM), etc.
The new operational matrices obtained in this method can easily be extended to
two-dimensional and higher dimensional cases, which will help in the solution of
fractional order partial differential equations. Also, we compare our result to that of
approximate methods for different scale levels. We observed that the proposed
method is also an accurate technique to handle numerical solutions.
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Chapter 5

Spectral Observations of PM10
Fluctuations in the Hilbert Space

Thomas Plocoste and Rudy Calif

Abstract

During the last 20 years, many megacities have experienced air pollution leading
to negative impacts on human health. In the Caribbean region, air quality is widely
affected by African dust which causes several diseases, particularly, respiratory
diseases. This is why it is crucial to improve the understanding of PM10 fluctuations
in order to elaborate strategies and construct tools to predict dust events. A first
step consists to characterize the dynamical properties of PM10 fluctuations, for
instance, to highlight possible scaling in PM10 density power spectrum. For that,
the scale-invariant properties of PM10 daily time series during 6 years are investi-
gated through the theoretical Hilbert frame. Thereafter, the Hilbert spectrum in
time-frequency domain is considered. The choice of theoretical frame must be
relevant. A comparative analysis is also provided between the results achieved in
the Hilbert and Fourier spaces.

Keywords: PM10 data, empirical mode decomposition, Hilbert spectral analysis,
time-frequency representation, Fourier space

1. Introduction

Generally, the concentration of air pollutants varies and is impacted by the local
pollutant emission levels and meteorological and topographical conditions [1, 2].
Particulate matter (PM) is a complex mixture of elemental and organic carbon,
ammonium, nitrates, sulfates, mineral dust, trace elements, and water [3]. PM with
an aerodynamic diameter of <10 pm, i.e., PM10, are well known for their impact
on human health [4]. Many studies have highlighted that exposure to PM increases
the number of hospital admissions for cardiovascular disease, acute bronchitis,
asthma attacks, respiratory disease, and congestive heart failure [5-8]. In the
Caribbean area, one of the main emitters of PM10 is from large-scale sources, i.e.,
African dust [9]. Knowledge of the dynamics of PM10 process is crucial to elaborate
strategies and construct tools to predict dust events. The time-frequency distribu-
tion of a signal provides information about how the spectral content of a signal
evolves with time, thus providing an ideal tool to dissect, analyze, and interpret
nonstationary signals [10]. Contrary to classical methods, the need of a time-
frequency representation (TFR) is stemmed from the inadequacy of either time
domain or frequency domain analysis to fully describe the nature of nonstationary
signals [10]. In literature, there are numerous methods to obtain energy density as a
function of time and frequency simultaneously as the short-time Fourier transform
(STFT), Hilbert-Huang transform (HHT), and wavelet transform (WT) [10-12].
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In this study, the scaling properties of PM10 data are firstly analyzed, and then
the TFR is investigated. In order to highlight the performance of the Hilbert space,
an analysis of PM10 data was also performed in the Fourier space.

This chapter is organized as follows. Section 2 presents PM10 data analyzed in
this study. Section 3 describes the methods applied in order to investigate PM10
dynamics. Section 4 comments on the results obtained and then discusses them.

2. Experimental data

Guadeloupe archipelago is a French West Indies island located in the middle of
the Caribbean basin, i.e., 16.25°N latitude and 61.58°W longitude, which experi-
ences a tropical and humid climate [13, 14]. The time series analyzed here belong to
Guadeloupe air quality network which is managed by the Gwad’Air agency (http://
www.gwadair.fr/). PM10 concentrations are measured at Pointe-a-Pitre (16.2422°N
61.5414°W) using the Thermo Scientific tapered element oscillating microbalance
(TEOM) models 1400ab and 1400-FDMS. Hourly PM10 concentrations were sam-
pled during the period from 1 January 2005 to 31 December 2010. We processed
these data into daily average concentrations. In total, there are 2150 daily averaged
data points available continuously for 6 years. Figure 1 displays PM10 daily signal
illustrating huge fluctuations and thus indicating a strong variability. These strong
oscillations observed in the middle of each year are attributed to PM10 related to
dust outbreaks coming from the African coast from May to September [9]. For the
rest of the year, PM10 is mainly generated by anthropogenic pollution [15].
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Figure 1.
Hlustration of PM1o daily average concentrations between 2005 and 2010, highlighting intermittent burst

events with huge fluctuations.

3. Methods
3.1 Scaling analysis (1D representation)
The description of natural phenomena by the study of statistical scale laws is not

recent [16]. Self-similarity of complex systems has been widely observed in nature
and is the simplest form of scale invariance. A scale invariance can be detected by
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computing of power spectral density (PSD). The PSD separates and measures the
amount of variability occurring in different frequency bands. In this study, PSD are
estimated through the Fourier and Hilbert spaces.

3.1.1 Fourier analysis

In order to investigate the scaling properties of PM10 data, classically the dis-
crete Fourier transform of the times series considered is computed. The expression
of Fourier transform X (f) for a process x(t) is recalled here. An N point-long
interval is used to construct the value at frequency domain point f, X [17]:

+T
X(f) = J x(t)e ¥ de (1)

-T

Thus, the analytical expression of X(f) is [18]

X(f)l = \/RE(X(f)) + ImX(X(f)) (2)

Consequently the power spectral density E(f) is estimated by computing the
following expression:

E(f) = IX(f)I* 3)
3.1.2 Hilbert analysis

To determine the scale invariance of a given time series in a joint amplitude-
frequency space, the Hilbert-Huang transform [19, 20] is performed. HHT can be
summarized in two steps: (i) empirical mode decomposition (EMD) and (ii) Hilbert
spectral analysis (HSA). Empirical mode decomposition is a powerful tool to sepa-
rate a nonlinear and nonstationary time series into a sum of intrinsic mode func-
tions (IMF) without a priori basis as required by traditional Fourier-based method
[19-21]. An IMF must satisfy the following two conditions: (i) the difference
between the number of local extrema and the number of zero-crossings must be
zero or one, and (ii) the local maxima and the envelope defined by the local minima
are close to zero. Therefore, the original signal x(¢) is decomposed into a sum of n1
IMF modes with the residual »,(¢):

Juiy

n—

x(t> = Cm (t) + 7 (t) (4)

3
I

To obtain a physically significant IMF, this selection process must be stopped by
a certain criterion. For more details, EMD decomposition is widely described in the
literature [19-23].

To characterize the time-frequency energy distribution from the original signal x
(), HSA is applied on each obtained IMF component C,,(¢) to extract the instanta-
neous amplitude and frequency [19, 24]. The Hilbert transform is defined by:

dt’ (5)

with P the Cauchy principal value [24, 25]. We can specify an analytical signal z
for each IMF mode C,,(t) with
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Zn(t) = Cp(t) +5C, (t) = Ap(t)d?V (6)

where A,,(t) = |Z,,(t)| = \/ Cn(t)* + C, (t)* describes an amplitude and

¢,,(t) = arg(z) = arctan [gz 8] represents the phase function of IMF modes. Conse-

quently, the instantaneous frequency w,,(t) is defined from the phase ¢,,(t) by

1 de,()
onl®) =30 Tt @
Thus, the original signal x () can be expressed as
N ' N p
x(t) = Re Z A, (£)en ) — Re Z A (1) Lw o (£)dt ()
m=1 m=1

where Re is a part real [19, 20, 26].

Due to the simultaneous representation of frequency modulation and amplitude
modulation, the HHT can be considered as a generalization of the Fourier transform
[19, 20]. The energy in a time-frequency space is designated as the Hilbert spectrum

with H(w,t) = A*(w,t). The Hilbert marginal spectrum () is defined by
1 (T

mm:TLH@@m 9)

where T is the total data length. The Hilbert spectrum H(w,t) gives a measure of
amplitude from each frequency and time, while the marginal spectrum % (w) gives a
measure of the total amplitude from each frequency [27]. As a result, the marginal
spectrum can be compared to the Fourier spectrum [19, 20].

In conclusion, for a scale-invariant process, the Fourier E(f) and the Hilbert /()
spectral densities obtained follow a power law over a range of frequencies:

E(f) ~f (10)
h(w) ~ o P (11)
where f and  are the frequencies and frand ), are the spectral exponents,
respectively, in the Fourier and Hilbert spaces. It reveals the scale-free memory
effect as a power law dependence of the frequency distribution. Consequently, f¢

and f, contain information about the degree of stationarity of the studied parameter
[16, 28, 29]:

e If fror p, <1, the process is stationary.

e If fror B, >1, the process is nonstationary.

e If 1< fror f, <3, the process is nonstationary with increments stationary.

* Spectral analysis has been widely applied in various research fields [30-34].
3.2 Time-frequency representation (2D representation)
3.2.1 Spectrogram

The spectrogram (SPEC) of a signal x(¢) is defined as the squared magnitudes of
the STFT as shown in Eq. (12) [12]:
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SPEC,(t.f) = |S«(t.f) | (12)

where S, (t.f) = fj:: x(t)w(r —t)e ¥*dr is the STFT of x(t), w(z) is a window
(e.g., Hanning, rectangular, Hamming), ¢ is time, and f is frequency.

As depicted in Eq. (13), SPEC roughly describes the energy density of the signal
at point (¢,f) [12]:

o0 ptoo +oo
J J SPECx(t,f)dtdf:J x(t) Pdt (13)

—00 —0o0 —0o0

The SPEC has been applied successfully in various research fields [12, 35-37].
The main advantages of SPEC are an easily understanding interpretation, and it
allows a fast computation. However, the main drawback of SPEC is the same as
that of the STFT [12]. Indeed, there is a trade-off between time and frequency
resolution.

3.2.2 Hilbert spectrum

The Hilbert spectrum (HS) is a joint time-frequency representation introduced
by [19]. It is important to notice that the two important tools (i.e., EMD and HS) for
exploratory analysis of the data are provided by HSA method. This approach was
applied successfully in various research fields as fault diagnosis for rolling bearing
[11], turbulence [38], environment [34, 39], and geophysics [40], to cite a few.

4. Results

4.1 Scaling properties

In order to identify the presence of scaling in PM10 time series, the PSD is
estimated in the Hilbert and Fourier spaces. Figure 2 depicts the power spectral
density provided by the Hilbert transform and the Fourier transform. On this
figure, we try to detect a power law behavior of the form i (@) ~ @ and
E(f) ~f " where f, and P are, respectively, the spectral exponents in the Hilbert
and Fourier spaces. On the frequency range 2.09 x 10~/<f<4.57 x 10> Hz which
corresponds to time scales 6.1 hours<T'<55.4 days, a power law behavior is clearly

PM10

—@— H(w) Hilbert spectrum
6L — = slope H(w) -1.02 + 0.10| |
10 —i— S(f) Fourier spectrum

S(f), H(w)

10°° 108 107 10°® 10°
f, w (Hz)

Figure 2.
The spectrum of PM1 o0 time series in the Hilbert space and the Fourier space. A power law behavior is
significant only in the Hilbert space.
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Figure 3.
The spectrum of wind speed in the Hilbert space and the Fourier space. A power law behavior is observed in
both spaces.

noticed in the Hilbert space with an estimated spectral exponent /3, = 1.02 £ 0.10. 3,
is equal to 1 power law scaling observed in the mesoscale range [41]. In the Fourier
space, this power law is not significant. This is due to the existence of intermittent
dust events with huge fluctuations in PM10 data (see Figure 1). Indeed, the Fourier
transform is a linear asymptotic approach which requires high-order harmonic
components to mimic nonlinear and nonstationary process [42]. Thus, the high-
order harmonics may lead an artificial energy transfer flux from a large scale (low
frequency) to a small scale (high frequency) in the Fourier space. Consequently, the
Fourier-based spectrum may be contaminated by this artificial energy flux [42].
The artificial energy transfer may give a less steep power spectrum as we observed
in Figure 2. By contrast, combined with the EMD method, HSA has very local
abilities both in physical and spectral domains and does not require any higher-
order harmonic components to simulate the nonlinear and nonstationary events. As
a consequence, HSA method may provide a more accurate scaling exponent and
singularity spectrum [42].

According to [43], wind speed dominates the amount of pollutant dispersion in
the atmospheric boundary layer. In addition, this meteorological parameter could
also transport PM10 from large-scale sources, i.e., African dust [9]. To complete our
results, we used hourly wind speed measurements provided by the French weather
office (Météo France Guadeloupe) located at Abymes (16.2630°N 61.5147°W).
PM10 and wind speed measurements are very close, i.e., #8.1 km of distance, and
performed at the center of the island under the same atmospheric conditions [2].
Figure 3 illustrates the PSD provided by the Hilbert transform and the Fourier
transform for wind speed data. This time, a power law behavior is observed in both
spaces on the same frequency range 3.54 x 107/<f<1.36 x 10~* Hz which corre-
sponds to time scales 2.1 hours<T<32.7 days. Contrary to PM10 which is a passive
scalar, wind speed is a vector quantity. The estimated spectral exponents are iden-
tical with, respectively, 0.89 £ 0.06 and 0.90 + 0.12 in the Hilbert and Fourier
spaces. As PM10, spectral exponent values are also close to —1. For wind speed, at
low frequencies, a spectrum close to the 1 power law is likely occurs close to a rough
surface, due to a strong interaction between the mean flow vorticity and the
fluctuating vorticity [44, 45].

4.2 Time-frequency domain

The TFR in the Fourier and Hilbert spaces are, respectively, illustrated in
Figures 4 and 5. Both figures show a color gradient from strong energy (in red) to
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weak energy (in blue). This highlights the energy activity related to PM10 concen-
trations during the study period. Such an approach gives the possibility of tracking
the evolution of PM10 data spectral content in time, which is typically represented
by variations of the amplitudes and frequencies of the components from which the
signal is composed [46].

On Figure 4, strong energies are observed throughout the years with slight fluc-
tuations on the frequency range 0<f<1 X 10~° Hz. For >4 x 10~° Hz, strong ener-
gies are also noticed in the middle of each year and at the beginning of 2010 with more
fluctuations. In Figure 5, energy distributions are more localized. On the frequency
range 0<f<1 x 10~° Hz, we can observe the influence of small-scale event on energy
behavior. As noticed, this energy may be weak or null. As an example, the impact of a
general strike in early 2009 that paralyzed Guadeloupean archipelago at least 2 months
is highlighted by zero energy due to the lack of PM10 sources, i.e., industrial activity
and road traffic. For f>1 x 10~® Hz, one can see more precisely energy variation
related to dust events from mesoscale to large scale. Contrary to SPEC, HS clearly
illustrates localized energy fluctuations due to small-scale event. In fact, the STFT
makes an assumption that any signal as piecewise stationary and uses suitable window
function to produce the short-time spectral characteristics of the signal. However, in
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Figure 4.
Spectrogram of PM1o0 time series with a color gradient from strong energy (in ved) to weak energy (in blue).
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Figure 5.
Hilbert spectrum of PM1 0 time series with a color gradient from strong energy (in red) to weak energy (in blue).
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reality, most of air pollution signals are usually nonstationary [9, 14, 47]. The Fourier
transform-based technique treats the signal as a sum of predefined basis functions. If
the analyzing signal is well matched with the bases, it performs better; otherwise the
performance is degraded [10]. Here, the SPEC highlight energy fluctuations linked to
PM10 coming from African dust between May and September (large-scale sources)
[9] and from the eruption of Soufriére on Montserrat in February 2010 (mesoscale
sources) [48]. However, the SPEC does not detect energy fluctuation related to
anthropogenic pollution, i.e., local sources. This shows HS is a robust method in time-
frequency domain. Indeed, based on the EMD method, this TFR is fully data adaptive,
and the signal decomposition is performed without any predefined basis functions.
These results confirm the superiority of HS over STFT in TFR.

5. Conclusion

In this paper, we investigated scaling and time-frequency properties of PM10 data
in Hilbert frame. The performances obtained in the Hilbert space are compared with
those achieved in the Fourier space. Firstly, with the Hilbert spectral analysis (HSA), a
power law behavior is clearly observed on the frequency range 2.09 x 10_7<f <4.57
x10~ Hz which corresponds to time scales 6.1 hours<7T'<55.4 days with an estimated
spectral exponent /%, = 1.02 4= 0.10. As HSA methodology has a very local ability in
both physical.and spectral spaces; the influence of intermittent dust events with huge
fluctuations is included in the amplitude-frequency space which is not the case in
Fourier spectrum. Thereafter, PM10 data are illustrated in time-frequency representa-
tions with the Hilbert spectrum and spectrogram. The results provide the evidence that
HS-based TFR performs better than SPEC. The higher resolution in TFR offers better
fluctuations of PM10 energy for f < 1p Hz. This is due to the fact that it is impossible to
increase the TF resolution at the desired level in SPEC. The major asset of HS is that the
time resolution can be as precise as the sampling period and the frequency resolution
depends on the choice up to the Nyquist limit. In addition, contrary to SPEC which
introduces a noticeable amount of cross-spectral energy terms during the use of win-
dow function with overlapping, HS is fully adaptive to datasets due to the decomposi-
tion of the signals. These first results suggest a substantial possibility to perform a
profound dynamical analysis of PM10 concentrations for the Caribbean area in order
to quantify the origin and the threshold pollution.
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Abbreviations
PM10 particulate matter with an aerodynamic diameter 10 pm or less
PSD power spectral density

SPEC spectrogram
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EMD empirical mode decomposition
IMF intrinsic mode function

HSA Hilbert spectral analysis

HHT Hilbert-Huang transform

TFR time-frequency representation
HS Hilbert spectrum

STFT short-time Fourier transform
WT wavelet transform
Nomenclature

E(f) Fourier spectral density

f frequency (Hz)

p spectral exponent

A instantaneous amplitude

C(t) intrinsic mode function component
h(w) Hilbert spectrum

® instantaneous frequency (Hz)

Ji scale index

N total length of a sequence

x(t) particulate matter signal ( pg/m3)

r(t) residual of the intrinsic mode function
7] phase function of the intrinsic mode function
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Chapter 6

Integral Inequalities and
Ditferential Equations via
Fractional Calculus

Zoubir Dahmani and Meriem Mansouria Belhamiti

Abstract

In this chapter, fractional calculus is used to develop some results on integral
inequalities and differential equations. We develop some results related to the
Hermite-Hadamard inequality. Then, we establish other integral results related to
the Minkowski inequality. We continue to present our results by establishing new
classes of fractional integral inequalities using a family of positive functions; these
classes of inequalities can be considered as generalizations of order # for some other
classical/fractional integral results published recently. As applications on inequal-
ities, we generate new lower bounds estimating the fractional expectations and
variances for the beta random variable. Some classical covariance identities, which
correspond to the classical case, are generalised for any @ >1, f > 1. For the part of
differential equations, we present a contribution that allow us to develop a class of
fractional chaotic electrical circuit. We prove recent results for the existence and
uniqueness of solutions for a class of Langevin-type equation. Then, by establishing
some sufficient conditions, another result for the existence of at least one solution is
also discussed.

Keywords: fractional calculus, fixed point, Riemann-Liouville integral,
Caputo derivative, integral inequality

1. Introduction

During the last few decades, fractional calculus has been extensively developed
due to its important applications in many field of research [1-4]. On the other hand,
the integral inequalities are very important in probability theory and in applied
sciences. For more details, we refer the reader to [5-12] and the references therein.
Moreover, the study of integral inequalities using fractional integration theory is
also of great importance; we refer to [1, 13-17] for some applications.

Also, boundary value problems of fractional differential equations have occu-
pied an important area in the fractional calculus domain, since these problems
appear in several applications of sciences and engineering, like mechanics, chemis-
try, electricity, chemistry, biology, finance, and control theory. For more details, we
refer the reader to [3, 18-20].

In this chapter, we use the Riemann-Liouville integrals to present some results
related to Minkowski and Hermite-Hadamard inequalities [21]. We continue to
present our results by establishing several classes of fractional integral inequalities
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using a family of positive functions; these classes of inequalities can be considered
as generalizations for some other fractional and classical integral results published
recently [22]. Then, as applications, we generate new lower bounds estimating the
fractional expectations and variances for the beta random variable. Some classical
covariance identities, which correspond to @ = 1, are generalized for any @ >1 and
B >1; see [23].

For the part of differential equations, with my coauthor, we present a contribu-
tion that allows us to develop a class of fractional differential equations generalizing
the chaotic electrical circuit model. We prove recent results for the existence
and uniqueness of solutions for a class of Langevin-type equations. Then, by
establishing some sufficient conditions on the data of the problem, another result
for the existence of at least one solution is also discussed. The considered class has
some relationship with the good paper in [20].

The chapter is structured as follows: In Section 2, we recall some preliminaries
on fractional calculus that will be used in the chapter. Section 3 is devoted to the
main results on integral inequalities as well as to some estimates on continuous
random variables. The Section 4 deals with the class of differential equations of
Langevin type: we study the existence and uniqueness of solutions for the consid-
ered class by means of Banach contraction principle, and then using Schaefer fixed
point theorem, an existence result is discussed. At the end, the Conclusion follows.

2. Preliminaries on fractional calculus

In this section, we present some definitions and lemmas that will be used in this
chapter. For more details, we refer the reader to [2, 13, 15, 24].

Definition 1.1. The Riemann-Liouville fractional integral operator of order a > 0,
for a continuous function f on [, b] is defined as

t

()] = %J (t =) f(t)dr,a>0, a<t<b, "
B0 =10,
where [(a) = [e~u1du.
Note that for a > 0, > 0, we have
Jf (@) =Jf (@), (2)
and
JeTALf @] =JJal f )] (3)

In the rest of this chapter, for short, we note a probability density function by
p.df.So, let us consider a positive continuous function @ defined on [a, b]. We recall
the w—concepts:

Definition 1.2. The fractional w—weighted expectation of order a > 0, for a
random variable X with a positive p.d f. f defined on [a, b], is given by

b
Eyo(X) =] tof|(b) = %J (b —7)* to(2)f (t)dr,a >0,a <t < b, (4)
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Definition 1.3. The fractional w—weighted variance of order a > 0 for a random
variable X having ap.d.f.f on [a, b] is given by

b
02 (X)) =Vuo(X):= ﬁj (b — )" Yz — E(X))’w(z)f (t)dr, a > 0. (5)

Definition 1.4. The fractional w—weighted moment of orders» > 0,a >0 for a
continuous random variable X having a p.d.f. f defined on [a, b] is defined by the
quantity:

b
By (X7) o= ﬁj (b — 0 Fo(e)f (t)dr, a > 0. ©6)

We introduce the covariance of fractional order as follows.
Definition 1.5. Let f, and f,, be two continuous on [z, b]. We define the fractional

w—weighted covariance of order a > 0 for ( f,(X), f,(X)) by

b
Covae (f1(X), fr(X)) = %J(b — 1) (f1(0) —f10)) (£,(2) —f (1)) w(2)f ()dz, 0 > 0,
@)

where y is the classical expectation of X.
It is to note that when w(x) = 1,x € [a, b], then we put

Vary »(X) :=Vary(X), Covy,»(X) = Cova(X), Equn(X) = E4(X)

Definition 1.6. For a function K € C*([4,b],R) and n — 1< a < n, the Caputo
fractional derivative of order « is defined by

DK = & k()

We recall also the following properties.
Lemma 1.7. Let n € N*, and # — 1< a < n. The general solution of D%)(t) = 0,
t €la,b] is given by

) =) cilt—a), (8)

wherec; €R,i =0,1,2,..,n — 1.
Lemma1.8.LetneN* andn — 1< a< n. Then

D) = y(e) + e — a)t€la,b, ©)

i=0

for somec;eR,i =0,1,2,.,n — 1.
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3. Some integral inequalities
3.1 On Minkowski and Hermite-Hadamard fractional inequalities

In this subsection, we present some fractional integral results related to
Minkowski and Hermite-Hadamard integral inequalities. For more details, we refer
the reader to [21].

Theorem 1.9. Let @ > 0,p >1 and let f,g be two positive functions on

[0, oof, such that for all £ > 0, Jf" (£) < o0, ]%g? (£) < oo IF 0 < m < L} <M,z €0, 7],

then we have

. g 1 1+M(m+2)

J(f +gP @) (10)

Proof: We use the hypothesis i :)) <M,7€]0,t],t >0. We can write

M1 [
o l(t ) (o)
. (11)
MP a—1
< @J@ " (f + P (e)de
Hence, we have
I < g +er ) 1)
Thus, it yields that
1 M 1
' OF < o I (f + 2P OF. (13)
In the same manner, we have
(142 )et0)< 2 () +410) (14)
And then,
g @F < U(f +eF @, 15)

Combining (13) and (15), we achieve the proof.

Remark 1.10. Applying the above theorem for a = 1, we obtain Theorem 1.2 of
[25] on [0, 1].

With the same arguments as before, we present the following theorem.

Theorem 1.11. Let a > 0,p >1 and let f, g be two positive functions on [0, oo,

such that for all £ > 0, %7 (t) < o0, %P (t) < 00. If 0 < m < f(()) <M,z €]0,t], then

we have
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1+ M(m +2)

(Wl—|—1)(M—|—1) []a(f+g) ()] (16)

T2 + [J°g (@) <

Remark 1.12. Taking a = 1 in this second theorem, we obtain Theorem 2.2 in
[26] on [0,1].

Using the notions of concave and L —functions, we present to the reader the
following result.

Theorem 1.13. Suppose that a > 0,p > 1,4 >1and letf,g be two positive func-
tions on [0, oo[. If f¥, g7 are two concave functions on [0, oo[, then we have

27779(£(0) +£(2)) (8(0) + (1)) (*1))’
(17)

](x ta 1Jq7 ](l ta lgq< ))
The proof of this theorem is based on the following auxiliary result.

Lemma 1.14. Let & be a concave function on [z, b]. Then for any x € [a, b], we
have

h(a)+h(b)§h(b+a—x)+h(x)§2h<a;rb>. (18)

3.2 A family of fractional integral inequalities

We present to the reader some integral results for a family of functions [22].
These results generalize some integral inequalities of [27]. We have
Theorem 1.15. Suppose that (f;),_, , aren positive, continuous, and decreasing

functions on [a, b]. Then, the following inequality

7L, s1930) [ - 'IL, £1750) 1)
FITLAO] ™ el -a T £ )]

holds foranya<t<b,a>0,6>0,5> 7p >0, where p is a fixed integer in
{1,2, ...,n}.
Proof: It is clear that

((b=a) = =a’) (7@ ~£,7 () 20, 20)

for any fixed p € {1, ...n} and for any >y, >0,6>0,7,p€ [a,t;a<t<b.
Taking

Ky (5.p): Hf“ ((0—af = (=) (f3 @) ~f3 (), @D

we observe that
K,(z,p) > 0. (22)

Also, we have

85
WORLD TECHNOLOGIES




Functional Calculus: Concepts and Applications

n

0< JKp(w)dT = (p—a)" {Hf?’fﬁ @} +fy (o) [(t —a) ]S <t>]

i#p
(23)
e {(t —a) TIfif <t>] ~(p—ayf’ (o))" [Hf?" <t>] .
i#p i=1
Hence, we get
J? [(t —a) [ If# (t)]]“ [Hf{:fﬁ @} > ] [Hf? (t)]J“ {@ —a)’ | [f1f) (t)} :
i=1 i#p i=1 i#p
(24)

The proof is thus achieved.

Remark 1.16. Applying Theorem 1.15 for @ = 1, = b,n = 1, we obtain Theorem
3 in [27].

Using other sufficient conditions, we prove the following generalization.

Theorem 1.17. Suppose that (f;),_,  are positive, continuous, and decreasing

functions on [a, b]. Then for any fixed p in {1,2, ...,n} and for any
a<t<b,a>0,w >0,6>0,f2y, >0, we have

1[I rerepefe - a e o]+ [, frepee - o o]
It = a T Fifp @ P2 [T f®) +37 | = ) TL i e (TT £ 0]
(25)

Proof: Multiplying both sides of (23) by (t}’(’():;il [T, f7(p), @ > 0, then integrat-

ing the resulting inequality with respect to p over (a,t),a <t < b and using Fubini’s
theorem, we obtain the desired inequality.
Remark 1.18.

i. Applying Theorem 1.17 for @ = w, we obtain Theorem 1.15.

ii. Applying Theorem 1.17 for « = w = 1,t = b,n = 1, we obtain Theorem 3
of [27].

Introducing a positive increasing function g to the family (f,)._, , we

-1
establish the following theorem.
Theorem 1.19. Let (f;),_,  and g be positive continuous functions on [a, ],

such that g is increasing and (f;),_, , are decreasing on [a,b]. Then, the following

=1,..
inequality

T T FEF© (&)1 £1 o)

>1 (26)
I @ OTTes, 150 [ [T 1 @)

holds foranya<t<b,a>0,6>0,5> 7p >0, where p is a fixed integer in
{1,2, ...,n}.
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Remark 1.20. Applying Theorem 1.19 for « = 1,z = b,n = 1, we obtain Theorem
4 of [27].

3.3 Some estimations on random variables
3.3.1 Bounds for fractional moments of beta distribution

In what follows, we present some fractional results on the beta distribution [23].
So let us prove the following a—version.

Theorem 1.21. Let X, Y, U, and V be four random variables, such that X ~
B(p,q),Y ~ B(m,n),U ~ B(p,n),and V ~ B(m,q).If (p —m)(q —n) < 0, then

E(XE(Y)  B(p,mBimg)
E.(U)E(V) = B(p,q)Blm,n)" * ="

For the proof of this result, we can apply a weighted version of the fractional
Chebyshev inequality as is mentioned in [1].

Remark 1.22. The above theorem generalizes Theorem 3.1 of [7].

We propose also the following (a, f) —version that generalizes the above result.
We have

Theorem 1.23. Let X, Y, U, and V be four random variables, such that X ~
B(p,q),Y ~ B(m,n),U ~ B(p,n), and V ~ B(m,q).If (p —m)(q —n) < 0, then

Eo (X )Ep(Y) + EgX")EL(Y") _ B(p,n)B(m,q)
Eo(U")Es(VT) + E4(U")Ea(VT) ~ B(p,q)B(m,n)

o, 3> 1.

Remark 1.24. If a = = 1, then the above theorem reduces to Theorem 3.1 of [7].

3.3.2 Identities and lower bounds

In the following theorem, the fractional covariance of X and g(X) is expressed
with the derivative of g(X). It can be considered as a generalization of a covariance
identity established by the authors of [28]. So, we prove the result:

Theorem 1.25. Let X be a random variable having a p.d.f defined on [, b];

u = E(X). Then, we have

b x
Cov,(X,g(X)) = ﬁ Jg’(x)dx J (b — )" Hu —)f (t)dt,a>1. (27)

We can prove this result by the application of the covariance definition in the
case where w(x) = 1.

The following theorem establishes a lower bound for Var,(g(X)) of any function
g€ C([a,b]). We have

Theorem 1.26. Let X be a random variable having a p.d.f defined on [a, b], such
that y = E(X). Then, we have

b x
Vara(g(X))> —— (Ff@jgwdxjw—t)“1<u—t>f<t>dt), (28)

- V(/W'X,a

for any g € C'([a, b]).
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To prove this result, we use fractional Cauchy-Schwarz inequality established
in [29].

Remark 1.27. Let us consider Q € C([a, b)) that satisfies [*(b —)* ' (u — 1)
F(t)dt = (b — x)* '6*°Q(x)f (x). Then, we present the following result.

Theorem 1.28. Let X be a random variable having a p.d.f. defined on [a, b], such
that u = E(X), 6> = Var(X) and Q€ C([a, b]); T(b — )" — ) (t)dt =

a

(b — x)*6?Q(x)f (x). Then, we have

Vard X)) 2 <220 _g2(¢/ (x)0(X)) 29)
el §X0)2 g, ey Eeld |
Proof: We have
1 ( 2
Cov%(X,g(X)) = |:F(a) Jg’(x)dx(b —x)”lazg(x)f(x)dx} : (30)

On the other hand, we can see that

2

1

b
[F(a) Jg/(x)dx(b y x)alazﬁ(x)f(x)dx] = ¢*E2(¢(X)Q(X)) (31)

a

Thanks to the fractional version of Cauchy Schwarz inequality [29], and using
the fact that

Cov’(X,g(X)) < Var (X)Var,(g(X)), (32)

we obtain

' E2(g (X)Q(X)) < Vary(X)Var,(g(X)). (33)

This ends the proof.
Remark 1.29. Thanks to (30) and (31), we obtain the following fractional
covariance identity

0’Ea(g (X)Q(X)) = Cove(X,g(X)).

It generalizes the good standard identity obtained in [28] that corresponds to
a = 1 and it is given by

PE(¢ (X)Q(X)) = Cov(X,g(X)).

We end this section by proving the following fractional integral identity
between covariance and expectation in the fractional case.

Theorem 1.30. Let X be a continuous random variable with a p.d.f. having a
support an interval [a, b], E(X) = u. Then, for any a > 1, the following general
covariance identity holds

Cova(h(X),g(X)) = Ea(g' (X)Z(X)), (34)
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where g € C'([a, b]), with E|Z(X)g'(X)| < o0, h(x) is a given function and

Z(e)f ) B2 [EX)) — h(e) L f (e)de.
Proof: We have

b
Cov, (h(X),g(X)) = %‘)J (b —x)* " (h(x) — h(w)(g(x) —g(w))f (x)dx (35
and
) b
B¢ (0Z00) = s | (0 = )¢ ()2 (s (36)

The definition of Z(X) implies that

Hence, we obtain
Eqo(2(X)g' (X)) = Cova(g(X), h(X)). (38)

Remark 1.31. Taking @ = 1, in the above theorem, we obtain Theorem 2.2
of [10].
4. A class of differential equations of fractional order

Inspired by the work in [4, 20], in what follows we will be concerned with a
more general class of Langevin equations of fractional order. The considered class
will contain a nonlinearity that depends on a fractional derivative of order 6. So, let

us consider the following problem:

‘D*(D* + 2*)u(t) =f (t,u(t),"Du(t)),
te[0,1, 1€eR* (39)
O<a<1l, 0<éd<a,
associated with the conditions
u(0) =0, #"(0)=0, u(1)=_pu(n),ne(0,1), (40)
where °D” denotes the Caputo fractional derivative of fractional order a, D? is
the two-order classical derivative, f: [0,1] x R x R — R is a given function, and
p €R, such that fsin(in) # sin (4).

4.1 Integral representation

We recall the following result [20]:
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Lemma 1.32. Let 6 be a continuous function on [0, 1]. The unique solution of the
problem

‘D*(D* + 2*)u(t) = 6(t),
te[0,1], AeR*? (41)

n—1<a<n, neN~*,

is given by

¢ y — 7 a—1 n—1 '
u(t) = Jsin/l(t —5) (J(Srm))e(r)dr + ; cis’) ds + ¢, cos(At) + cpi15in(At),
0 0

N

(42)

wherec,eR,i =1...n + 1.

Thanks to the above lemma, we can state that

The class of Langevin equations (39) and (40) has the following integral repre-
sentation:

ule) = %Jsin&(t =) <J %f(r, u(), D5(r))d1) ds

1 -1
” Jsmm —s) (L %f(f, u(f),Dﬁ(T))df> ds] ,
0

where

A= A(sind — Psinin). (44)

4.2 Existence and uniqueness of solutions

Using the above integral representation (43), we can prove the following exis-
tence and uniqueness theorem.

Theorem 1.33. Assume that the following hypotheses are valid:

(H1): The functionf : [0,1] x R x R — R is continuous, and there exist two
constants A1, A; > 0, such that for allt€0,1] and u;,v;, €R,i = 1,2,

|f(t; Ui, uZ) _f(t, v, Ul)l < Allul — 1}1| + A2|u2 — v2|- (45)
(H2): Suppose that A < ﬁ ,
where
A A T As®(a+ 1) + A+ BT - p
- F(a + z)iAl ’ - F(a + 2)],A1 > = F(z - 5) 5

A=max (A, Ny), A=A, B =1pl
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Then problem (39) and (40) has a unique solution on [0, 1].
Proof: We introduce the space

E = {u;uec([0,1]),D’ueC([0,1])},
endowed with the norm ||u||z := ||#||., + |ID%%]|...

Then, (E, ||.||g) is a Banach space.
Also, we consider the operator T : E — E defined by

(Tu)(t) = %Jsinl{t S F (s, uls), DPu(s))ds
0

" sinA(/lt) [ﬁjsinﬂ(ﬂ — 5)]3f(5»u(5),D5(5))d5 (46)

0

- Jsinl(l —s)Jof (s,u(s), D‘su(s))ds}

0

We shall prove that the above operator is contractive over the space E
Let uq,u; €E. Then, for each t € [0, 1], we have

t

|Tui(t) — Tus(t)| < = Jlsmi(t —5)| J8If (s, u1(s), D’us(s)) — f (s, ua(s), D’us(s))|ds

0

| sin (42)]
+
|A]

{ﬁ[finﬂ(ﬂ =9 Jolf(s,us(s), Dus(s)) — f (s, ua(s), Dua(s)) s

1
+ J|sin/1(1 —5)  J3If(s,u1(s), D°us(s)) — f(s,ua(s), D’uy(s))|ds | = A
0

By (H1), we have

A I
AL -+ —+4 ”H) U1 — | + |D%uq — D%usl).
F(a+2>( ay Tjap” )~ el + D = Dl

Hence, it yields that
ITur — Tuzlco < AD|lur — us||E- (47)

With the same arguments as before, we can write.

|T'us(t) — T'us(t)| < %lsinﬂ(t — $)1J&1f (s, u1(s), Dur(s)) — f (s,ua(s), D°us(s))\ds

- |MI)SA(I . [ﬁjs nA(n = s)Jg|f (s, u1(s), D°us(s)) — f (s ua(s), D°ua(s)) lds
0

1
jmm — ) JALF s, ua(s), Dus(s)) — £ (5. 42(s), Dus(s))ds | =B
0
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Again, by (H1), we obtain

Ass(a+ 1) + 2% + py a2y
[(a +2)244

B< A( )(!ul—u2|+|D5u1—D5u2]).

Consequently, we get
IT'u1 — Tl 0o < AP |lt1 — 12|
This implies that

ID°Tuy — D°Tus || oo < AY [lug — 12 |- (48)

Using (47) and (48), we can state that
ITu1 — Tusllp < AP + Y)llur — ualg.

Thanks to (H2), we can say that the operator T is contractive.
Hence, by Banach fixed point theorem, the operator has a unique fixed point
which corresponds to the unique solution of our Langevin problem.

4.3 Existence of solutions

We prove the following theorem.

Theorem 1.34. Assume that the following conditions are satisfied:

(H3): The function f : [0,1] X R x R — R is jointly continuous.

(H4): There exists a positive constant M; |f (¢, u,v)| < M for any
te(0,1],u,vEeR.

Then the problem (39), (40) has at least one solution on [0, 1].

Proof: We use Schaefer fixed point theorem to prove this result. So we proceed
into three steps.

Step 1: We prove that T is continuous and bounded.

Since the function f is continuous by (H3), then the operator is also continuous;
this proof is trivial and hence it is omitted.

Let Q CE be a bounded set. We need to prove that T(Q2) is a bounded set.

Let u € Q. Then, for any z € [0, 1], we have

1 a 1Al 5 _
rwois 3+ ) [ oD% + B [ i 6,0, o=

Using (H4), we get
I Tull., < PM. (49)
In the same manner, we find that
ID°Tull.. < Y'M. (50)
From (49) and (50), we have
ITullg < (® + Y)M.

The operator is thus bounded.
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Step 2: Equicontinuity.
Let u € E. Then, for each t1,%; € [0, 1], we have

7} 3]

Jsini(tz — $)J& £ (s,u(s), D’u(s))ds — Jsinﬂ(tl — $)J& f(s,u(s), D’u(s))ds

Tu(tz) ~ Tu(t)| < 1 {
0 0

{ Sin ) — sin i) [ﬂ Jsinan — 75 £t5.u6), Douts)

0

+ Jsinxl(l - s)]gf(s,u(s),D‘su(s))ds] |

5]

< % | sin () — sin (4t1)] +%J‘i”/1(tz =)ol f (s, u(s), Du(s))Ids

t1

+ % Jl(sinﬂ(tz —5) —sinA(ty — s)JG| f (s, u(s), D’u(s))\ds,
0

(51)

where
©:= ﬁJ sind(n —s)21f (s, u(s), Du(s)) lds + J sind(1— s)JALf (s, u(s), Du(s)) ds.

Analogously, we can obtain

IT'u(ty) — T'u(ty)| < l%wos(ﬂz) — cos(At1)| + % Isind(ta —s) — sinA(ty — $)| G| f (s, u(s), D%u(s))|.

Consequently, we can write
ID°Tu(ty) — D°Tu(t:)| < J*°|T'u(ty) — T'u(tr)) (52)

Ast; — 1, the right-hand sides of (51) and (52) tend to zero.
Therefore,

| Tu(t2) — Tu(t1)llg — O.

The operator T is thus equicontinuous.
As a consequence of Step 1 and Step 2 and thanks to Arzela-Ascoli theorem, we

conclude that T is completely continuous.
Step 3: We prove that X:={u € E;u = ATu,0 < A< 1} is a bounded set.
Let u € Z. Then, for each t € [0, 1], the following two inequalities are valid:
[u(t)| = [ATu(t)| < |Tu(t)| < MO
and

|D%u(t)| = |AD°Tu(t)| < |D°Tu(t)| < MY.
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Therefore,

lullg < M(Y + D).

Thanks to steps 1, 2, and 3 and by Schaefer fixed point theorem, the operator T
has at least one fixed point. This ends the proof of the above theorem.

5. Conclusions

In this chapter, the fractional calculus has been applied for some classes of
integral inequalities. In fact, using Riemann-Liouville integral, some Minkowski and
Hermite-Hadamard-type inequalities have been established. Several other fractional
integral results involving a family of positive functions have been also generated.
The obtained results generalizes some classical integral inequalities in the literature.
In this chapter, we have also presented some applications on continuous random
variables; new identities have been established, and some estimates have been
discussed.

The existence and the uniqueness of solutions for nonlocal boundary value
problem including the Langevin equations with two fractional parameters have
been studied. We have used Caputo approach together with Banach contraction
principle to prove the existence and uniqueness result. Then, by application of
Schaefer fixed point theorem, another existence result has been also proved. Our
approach is simple to apply for a variety of real-world problems.
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Chapter 7

Determinantal Representations
of the Core Inverse and Its
Generalizations

Ivan 1. Kyrchei

Abstract

Generalized inverse matrices are important objects in matrix theory. In particu-
lar, they are useful tools in solving matrix equations. The most famous generalized
inverses are the Moore-Penrose inverse and the Drazin inverse. Recently, it was
introduced new generalized inverse matrix, namely the core inverse, which was late
extended to the core-EP inverse, the BT, DMP, and CMP inverses. In contrast to
the inverse matrix that has a definitely determinantal representation in terms of
cofactors, even for basic generalized inverses, there exist different determinantal
representations as a result of the search of their more applicable explicit expres-
sions. In this chapter, we give new and exclusive determinantal representations of
the core inverse and its generalizations by using determinantal representations
of the Moore-Penrose and Drazin inverses previously obtained by the author.

Keywords: Moore-Penrose inverse, Drazin inverse, core inverse, core-EP inverse,
2000 AMS subject classifications: 15A15, 16W10

1. Introduction

In the whole chapter, the notations R and C are reserved for fields of the real and
complex numbers, respectively. C"*” stands for the set of all m x n matrices over
C. C"" determines its subset of matrices with a rank ». For A € C"*", the symbols
A™ and rk(A) specify the conjugate transpose and the rank of A, respectively, |A| or
detA stands for its determinant. A matrix A € C"*" is Hermitian if A* = A.

A" means the Moore-Penrose inverse of A € C**™  i.e., the exclusive matrix X
satisfying the following four equations:

AXA=A (1)
XAX =X (2)
(AX)" = AX (3)
(XA)" =XA (4)

For A € C"" with index Ind A = k, i.e., the smallest positive number such that
rk (Ak H) =rk <Ak ) , the Dragin inverse of A, denoted by A% is called the unique
matrix X that satisfies Eq. (2) and the following equations,
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AX = XA; (5)
XAk+1 — Ak (6)
AFIX — Ak, (7)

In particular, if Ind A = 1, then the matrix X is called the group inverse, and
it is denoted by X = A*. If Ind A = 0, then A is nonsingular and AY = AT = A,

It is evident that if the condition (5) is fulfilled, then (6) and (7) are equivalent.
We put both these conditions because they will be used below independently of
each other and without the obligatory fulfillment of (5).

A matrix A satisfying the conditions (), (), ... is called an {7, j, ...}-inverse of A,

and is denoted by A®/) The set of matrices A/ is denoted A{i,j,..}.In

particular, AW is called the inner inverse, A? is called the outer inverse, A2 is
called the reflexive inverse, A123% is the Moore-Penrose inverse, etc.

For an arbitrary matrix A € C"*", we denote by

e N(A) = {xe]H["Xl : Ax = 0}, the kernel (or the null space) of A;

* C(A) = {yeH™" :y = Ax,x e H"*'}, the column space (or the range space)
of A; and

* R(A) = {yeH"" :y =xA,x € H"""}, the row space of A.

P,:=AA" and Q 4 := ATA are the orthogonal projectors onto the range of A and
the range of A", respectively.

The core inverse was introduced by Baksalary and Trenkler in [1]. Later, it
was investigated by S. Malik in [2] and S.Z. Xu et al. in [3], among others.

Definition 1.1. [1] A matrix X € C"*" is called the core inverse of A € C"*" if it
satisfies the conditions

AX = P,,and C(X) = C(A).

When such matrix X exists, it is denoted as A®.

In 2014, the core inverse was extended to the core-EP inverse defined by K.
Manjunatha Prasad and K.S. Mohana [4]. Other generalizations of the core inverse
were recently introduced for # x n complex matrices, namely BT inverses [5], DMP
inverses [2], CMP inverses [6], etc. The characterizations, computing methods,
and some applications of the core inverse and its generalizations were recently
investigated in complex matrices and rings (see, e.g., [7-18]).

In contrast to the inverse matrix that has a definitely determinantal
representation in terms of cofactors, for generalized inverse matrices, there exist
different determinantal representations as a result of the search of their more
applicable explicit expressions (see, e.g. [19-25]). In this chapter, we get new
determinantal representations of the core inverse and its generalizations using
recently obtained by the author determinantal representations of the Moore-
Penrose inverse and the Drazin inverse over the quaternion skew field, and over the
field of complex numbers as a special case [26-34]. Note that a determinantal
representation of the core-EP generalized inverse in complex matrices has been
derived in [4], based on the determinantal representation of an reflexive inverse
obtained in [19, 20].

The chapter is organized as follows: in Section 2, we start with preliminary
introduction of determinantal representations of the Moore-Penrose inverse and the
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Drazin inverse. In Section 3, we give determinantal representations of the core
inverse and its generalizations, namely the right and left core inverses are
established in Section 3.1, the core-EP inverses in Section 3.2, the core DMP inverse
and its dual in Section 3.3, and finally the CMP inverse in Section 3.4. A numerical
example to illustrate the main results is considered in Section 4. Finally, in Section 5,
the conclusions are drawn.

2. Preliminaries

Let a:={a1, ...} C{1,...,m} and f:={py, ..., fr } €{1, ...,n} be subsets with
1<k < min {m,n}. By A}, we denote a submatrix of A € H""*" with rows and
columns indexed by a and p, respectively. Then, A{ is a principal submatrix of A
with rows and columns indexed by a, and |A|[}, is the corresponding principal minor
of the determinant |A|. Suppose that

Lip={a:a= (a1, ...,m), 1<y <-- <, <n}

stands for the collection of strictly increasing sequences of 1 <k <# integers
chosen from {1, ...,n}. For fixedi€a and jep, put I, , {i} :={a: a€L,,i €a} and

]r,n{j} = {ﬂ : ﬂELV,najelB}'

The jth columns and the ith rows of A and A* denote a ; and a"‘]‘. and a; and a/,

respectively. By A; (b) and A (c), we denote the matrices obtained from A by
replacing its ith row with the row b, and its jth column with the column c.

Theorem 2.1. [28] If A € H"*", then the Moore-Penvose inverse A" = (oz}}) eCcrm

possesses the determinantal vepresentations

(A°4)(a3) ‘i _ (8)

. 2wl

a..
’ ey, |ATAL

B Zaelr,m{j} ’ (AA* )] <ai ) a (9)
N Zae[r,m AA” |Z |

Remark 2.2. For an arbitrary full-rank matrix A € C]"*", a row vector be H>™
and a column-vector ¢ € H**?, we put, respectively,

a

(AA*),(b)| = > [(AA™), (D)

a €Ly {i}
|AA*| = Z |AA* |7, whenr =m;
a€ly,
%k * ﬂ .
)(A A).j(c)‘ > )(A A0, j=Ln
PElnnti}
|A*A| = Z |A*A|/€, when r = n.

ﬁ e]n,n

Corollary 2.3. [21] Let A € C["*". Then, the following determinantal representations
can be obtained

99
WORLD TECHNOLOGIES




Functional Calculus: Concepts and Applications

i. for the projector Q 4 = (%‘j)

b
nxn

% .\ |8 ¥ - |
g Lper, | (AT A)@5)]; Caer, ] (A" 4); @)] 10)
’ Zﬁe]m|A*A|§ ZaelmlA “Al,

where a ; is the jth column and a; is the ith row of A* A; and

ii. for the projector P4 = (p,-]-> )

mXxXm

| Teerp| A8 @] 5 )88, 6]
pl] Zaelr,m

AL, LN

; (11)

where &; is the ith row and & ; is the jth column of AA™.

The following lemma gives determinantal representations of the Drazin inverse
in complex matrices.

Lemma 2.4. [21] Let A € C" with Ind A = k and tk A*™ = rk A* = r. Then, the

determinantal vepresentations of the Drazin inverse A% = (af}) eC"™" are

k1 ®)|”
Yopes, i} (A > ‘<a‘f )‘
ad = ! b (12)
g > Ak“]ﬁ
BETn B
k [04
Zaelr,n{j} (Ak+1)j- <al( )> o
gl 13)
acl,, a

(k)

Corollary 2.5. [21] Let A€ C"™" with Ind A = 1 and rkA? = rk A = 7. Then, the

determinantal representations of the group inverse A* = <a§ > eC"™" are

where a; ’ is the ith row and aFf) is the jth column of A*,

ﬂ a
e e (8),@)) Taenip| (A7), @)
zﬁe]r,n A ‘ﬁ Zaeh,n A |(1

3. Determinantal representations of the core inverse and its
generalizations

3.1 Determinantal representations of the core inverses

Together with the core inverse in [35], the dual core inverse was to be intro-
duced. Since the both these core inverses are equipollent and they are different only
in the position relative to the inducting matrix A, we propose called them as the
right and left core inverses regarding to their positions. So, from [1], we have the
following definition that is equivalent to Definition 1.1.
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Definition 3.1. A matrix X € C"*” is said to be the right core inverse of A € C"*"
if it satisfies the conditions

AX = Py,and C(X) = C(A).

When such matrix X exists, it is denoted as A®.

The following definition of the left core inverse can be given that is equivalent to
the introduced dual core inverse [35].

Definition 3.2 A matrix X € C"*” is said to be the left core inverse of A € C"*" if
it satisfies the conditions

XA = Qg,and R(X) = R(A). (15)

When such matrix X exists, it is denoted as Ag.
Remark 3.3. In [35], the conditions of the dual core inverse are given as follows:

A@A = PA* ,and C(A@) QC(A* )

Since P4- = A*(A*)" = (ATA)" = A'A = Q,, and R(A) = C(A*), then these
conditions and (15) are analogous.
Due to [1], we introduce the following sets of quaternion matrices

(CSM = {AE(C”X” :tkA? = rkA},
C;"'={AeC”":ATA = AA"} = {C(A) =C(A*)}.

The matrices from C5™ are called group matrices or core matrices. If A € CL”,
then clearly A" = A”*. It is known that the core inverses of A € C"*” exist if and only

ifAe (CSM or IndA = 1. Moreover, if A is nonsingular, Ind A = 0, then its core
inverses are the usual inverse. Due to [1], we have the following representations of
the right and left core inverses.

Lemma 3.4. [1] Let A € CS™. Then,

A® = A*AAT, (16)
Ag = ATAA* (17)

Remark 3.5. In Theorems 3.6 and 3.7, we will suppose that A € CSM but
A ¢ CEP. Because, if A€ CS™ and A € CE® (in particular, A is Hermitian), then from
Lemma 3.4 and the definitions of the Moore-Penrose and group inverses, it follows
that A? = Ag = A* = A",

Theorem 3.6. Let A € CSM and Tk A? = tk A = 5. Then, its right core inverse has the
following determinantal representations

Zaels,n{j}‘(AA*>J'- <u’(1)) "

@r _ a _
Zﬂe]m A |ﬂZaEIm|AA |a
2 @\’
2pes | (A7) (“.j ) ,
- 218 : a’ (19)
Zﬁe]m A ‘[;’Zaelm AA |a
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where

uV = |:/; > (A%, (ay) 4 eC”™, f=1,.,n

€/ {1}

uF?—{ > |@an), @)

eC™ 1=1,..,n
elaij} “

are the row and column vectors, respectively. Here ar and a;. are the fth column

and Ith row of A:= A’A*.
Proof. Taking into account (16), we have for *A,

al’;,r _ ZZaﬁalfa};. (20)

I=1 f=1

By substituting (14) and (15) in (20), we obtain

n p * )|
S peg | (A7) (ag)[an uen, ()| (AA ),(al_)]a

a;" = oY -
/ ; Zﬂejjn Az‘z Zaelm\AA |(l
S e e (A2 (o) [0S, ] AA )yt
Zﬁe]:,n A2|ﬁza615’” |AA* |Z

where e; and e; are the unit column and row vectors, respectively, such that all
their components are 0, except the /th components which are 1; 4 is the ([f)th

element of the matrix A := A2A*.
Let

n

Wl =" 3" |(AY),(ep)[an= > [(A?),@)

f:]- ﬁejs,n {l} /} e]x,n{i}

B

2 iL,l=1,..n.

Construct the matrix U; = (ul(ll )> e H™**”. It follows that

Zuzl Z ‘ )j.(el.))a: Z ‘(AA*)J‘.<“§.1))

a€l,ij} “ aeladj)

where u( is the ith row of U;. So, we get (18). If we first consider

u' =3 3 |l a9 = > |aan, @),

a€l,{j} a€l,{j}

fj=1..,n

and construct the matrix U, = (ul(;) ) e """, then from

>3 @), (el = >0 (@), («F)]
f=1pej, i} BET i}
it follows (19). ]
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Taking into account (17), the following theorem on the determinantal represen-
tation of the left core inverse can be proved similarly.

Theorem 3.7. Let A € (CSM and tkA? = tk A = 5. Then for its left core inverse

(LA) = (ag’l>, we have

(A"A); (V(JZ)> ‘i

al Zaelm{j} ‘ (Az)]" (Vz(l)) ‘a Eﬁ €Jq{i}
L = = A2 a’d

iy 20
Z/}e]m A*AngaeIw A ’a Z/}e]m A*A|g2aelw

a

where

v = [ > (A*A).i(af)ﬁ} eC™™, f=1,.,n

pe]; i}

a

V) = { > |, @)

acl,{j}

] eC”™ 1=1,..,n.

Here a; and @ are the fth column and /th row of A:=A" A%

3.2 Determinantal representations of the core-EP inverses

Similar as in [4], we introduce two core-EP inverses.
Definition 3.8. A matrix X € C**” is said to be the right core-EP inverse of
A e C"" if it satisfies the conditions

XAX = A,and C(X) = C(X*) = C<Ad).

It is denoted as A®.
Definition 3.9. A matrix X € C"*” is said to be the left core-EP inverse of
A e C"" if it satisfies the conditions

XAX = A, and R(X) = R(X*) = R(Ad).

It is denoted as Ag.
Remark 3.10. Since C ((A* )d> = R(Ad> , then the left core inverse Ag of

A € C"" is similar to the * core inverse introduced in [4], and the dual core-EP
inverse introduced in [35].

Due to [4], we have the following representations the core-EP inverses of
AeC” ><n,

A® = A3 and c(a®)cc(Ab),

Ap= AL and R(Ag) CR(AY),

Thanks to [35], the following representations of the core-EP inverses will be
used for their determinantal representations.
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Lemma 3.11. Let A€ C"" and Ind A = k. Then
A% — A* (A“l)i (21)
Ag= <Ak+1>TAk. (22)

Moreover, if Ind A = 1, then we have the following representations of the right
and left core inverses

A® — A(AY), (23)

Ag = (A)'A. (24)

Theorem 3.12. Suppose A € C**", Ind A = k, rk A* = 5, and there exist A® and Ag
Then A® = <a§>’r> and Ag = (a?’l> possess the determinantal vepresentations, respectively,

a

Zaelm{j} (Ak+1 <Ak+1> *> (&)

a?m B > Ak+1 (Ak+1) *];1 o (25)
a€ls, o

ey D peluli) ((Ak+1) g AkH)j (a;) ‘j, 06)
7 Zﬁe]w ( Ak+1> ¥ AR+ i

where a; is the ith row of A = AF (Ak+1> ' and a; is the jth column of
A= (Ak“) " A,

Proof. Consider <Ak+1>T = (a;Hl’T)) and A* = (aé@). By (21),

n
D _ (k) _(k+1,1)
=1
. . . . k+1 f
Taking into account (9) for the determinantal representation of (A ) , we get

Zae[m 0 (Ak+1 (Ak+1> * )].. <a§{e+1, * )> ‘

k| b
k+1 k+1
Suer,, |AH(A)

n
®r _ (k)
ay = Z“z‘t
t=1

a

where a*"™*) is the tth row of <Ak+1> . Since Zleage Ja***) — 3, | then it
follows (25).
The determinantal representation (26) can be obtained similarly by integrating

X
(8) for the determinantal representation of <Ak“> in (22). O

Taking into account the representations (23)-(24), we obtain the determinantal
representations of the right and left core inverses that have more simpler expres-
sions than they are obtained in Theorems 3.6 and 3.7.
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Corollary 3.13. Let A€ C!™", Ind A = 1, and there exist A® and Ag. Then A® =

(alij@’V) and Ag = (ali}@’l ) can be expressed as follows

. D ael ) (AZ(AZ)*%.(@.)
ai"r = w | aa
' ZU:EIS," A2 (AZ) a
p
)[((8%)742) (a))
o Sl (7800
ij Y ’
Zﬁe]w (Az) A2 B

where a; is the ith row of A = A(Az) * and a j is the jth column of A= (Az) “A.

3.3 Determinantal representations of the DMP and MPD inverses

The concept of the DMP inverse in complex matrices was introduced in [2] by S.
Malik and N. Thome.

Definition 3.14. [2] Suppose A € C"*" and Ind A = k. A matrix X € C""" is said
to be the DMP inverse of A if it satisfies the conditions

XAX = X,XA = A%A,and A*X = A*AT. (27)
It is denoted as A%T.
Due to [2], if an arbitrary matrix satisfies the system of Eq. (27), then it is unique
and has the following representation
A%T = ATAAT (28)
Theorem 3.15. Let A€ C!™", Ind A = k, and rk (Ak ) = §1. Then, its DMP inverse

A% = (aZ.’T) has the following determinantal representations.

i Zaez;,n{j}‘(AA*)j(ufl)): _ (29)

Y k+1)P
Zﬂekl,ﬂ A™ ’ﬂZaEIm’AA* ‘Z
p

(&), (o)),

k+1)P ’
A e, |AAT

Zﬂ €5, n i}
EzﬂELN

(30)

where

ul?) = L 3 (Ak“)j(af)ﬂ eC™™, f=1,..,n,

€J5 i}

[¢4

a

u = { > ‘(AA*L.(iz.) }eC’m, 1=1,..,n.

acl,{j}

Here, as and a;, are the fth column and the /th row of A:=A*"A*.

105
WORLD TECHNOLOGIES




Functional Calculus: Concepts and Applications

Proof. Taking into account (28) for A%t we get

= Z Z aﬁalfajg. (31)

=1 f=1

By substituting (12) and (9) for the determinantal representations of A% and AT
in (31), we get
d,
ay =

[e4

(AkH) J (a(lk )) ‘Z 2ael, i) ‘ (AAT); (a; )

aif e
k1| AA
ey, AT, D act, |AAT

p a
(Ak+1>.i(e'l)‘ﬂ ~ ZGEIx,n{j} <(AA*)J <ef')‘a
anp TS AR

n 1 D pe), i}

2.0
=1 f=1

a __

(32)

n o 2pe], i)

=1 f=1 Zﬂefsl,n

where e; and e, are the /th unit column and row vectors, and ay is the (/f )th
element of the matrix A = A¥"1A* . If we put

ul(;) - Xn: Z )(Akﬂ) i(e'l)‘idlf = Z ’(Akﬂ) (ay)

I=1 pej,, i} ' pe,, i} !

p
s

b

as the fth component of the row vector ugll) = [u,(ll), o ufﬂ , then from

[e4

b
a

Zuzf Z ‘ )j.(ef)‘zz Z ‘(AA*);'(HS))

a€l,{j} a€l,{j}

it follows (29). If we initially obtain

uy Zazf > |aan) ()] = > [aan) @)

a

bl

=1 acl,{j} acl,{j}
as the /th component of the column vector u.(]?) = [u%-), o uijz)] , then from
& p B
55 el X )60
I=1 pefali} L BT i} ' /
it follows (30). ]

The name of the DMP inverse is in accordance with the order of using the Drazin
inverse (D) and the Moore-Penrose (MP) inverse. In that connection, it would be
logical to consider the following definition.

Definition 3.16. Suppose A € C"*” and Ind A = k. A matrix X € C"*" is said to
be the MPD inverse of A if it satisfies the conditions

XAX = X, AX = AA%, and XA* = ATA*.

It is denoted as A",
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The matrix A" is unique, and it can be represented as
A™ = ATAA?, (33)

Theorem 3.17. Let A€ C!™", Ind A = k, and rk A* = 51. Then, its MPD inverse
A4 — (a;’d> has the following determinantal representations

a

(a7, ()],

k+1|% kr11@
A +1|a ZaEIsl,n|A*A|§ZaeL,n A i

D_pe), i}

. @\ .
o (A A).i<v.j >‘ﬁ B Zaenl,ﬂ{]}
g * p
L Y, |ATAL e,

[24

where

a

| 3 (Ak+1> @) |ec™, 1=1,..,n

a€lq{j} J:

a

v = [ S |(A*A)_i(éf)|§] e, 1=1,..,n.
B

€Jsa{i}

Here, a; and a; are the /th row and the fth column of A=A* AR,
Proof. The proof is similar to the proof of Theorem 3.15. O

3.4 Determinantal representations of the CMP inverse

Definition 3.18. [6] Suppose A € C"*" has the core-nilpotent decomposition
A = A; + Ay, where IndA; = Ind A, A, is nilpotent, and AjA; = AyA; = 0. The
CMP inverse of A is called the matrix A®T:= ATA;AT.

Lemma 3.19. [6] Let A € C™". The matrix X = A°" is the unique matrix that
satisfies the following system of equations:

XAX = X,AXA = A, AX = A, AT, and XA = ATA;.

Moreover,

A%t = Q,A%P,. (34)

Taking into account (34), it follows the next theorem about determinantal
representations of the quaternion CMP inverse.
Theorem 3.20. Let A€ C!™", Ind A = m, and tk(A™) = s1. Then, the determinan-

tal vepresentations of its CMP inverse A®T = <af.]-’T> can be expressed as

e, |(AA)(v)) ‘Z

(Syer, A°AL) Sy

ot
iq o=

35
Am+1 p ( )

p
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a

Dael, () ‘ (AAT); (WE-I)>

afj’T: 5 “ (36)
* | m ﬁ
(Cucr, |AA"[E) ey, |47
foralll = 1,2, where
o | ‘(AA*)j.(ﬁt,)a eC”lr=1,..,n, (37)
| acl,{j} “
wl=| 3 |(A*A) (]| eCVk=1,...m, (38)
| peT i) |
V= Y @A) (g)] [ecr =1, (39)
a€l,{j} “
w? = [ S |(ATA),(g,)];| €CP Mk =1,..m. (40)
PETn{i} i

Here, 1w, is the tth row and @, is the kth column of U:=UAA*, g, is the tth row
and g, is the kth column of G:=A* AG, and the matrices U = (uj) EH™" and G =

(&j) € H"*" are such that

wi= ‘(Aerl)j.(ai.) y gi= > |(a");@)) ﬁ’

a€l . {j} 9 PE, 1}

where a; is the ith row of A:=A* A" and a ; is the jth column of A:=A"1A,
Proof. Taking into account (34), we get

n n
c A d A
aijT = ZZ kzqilalkpkj’ (41)
-1 k=1

where Q, = (¢4), A? = (a%), and P4 = (p}).

a. Taking into account the expressions (13), (10), and (11) for the determinantal
representations of A%, Q 4, and Py, respectively, we have

s nl(8 8,00} Saer, | (A", ()], Sacrin|(A87); )]
Am+1‘z Zaelm|AA* |Z ’

-3y

: Yper,, AT Al 2ael,,

where a; is the tth column of A* A, 4, is the /th row of AA™, and at(,m) is the tth
row of A”. So, it is clear that

a

Ypes, | (ATA)(er) |§ Y qer,,pyl (A™), (k) "> aera i) ‘ (AAT); (a)|
g, | ATALY o |ATT > [AAT]; ’

a€ly,

ai' =222
Itk

108
WORLD TECHNOLOGIES




Functional Calculus: Concepts and Applications

where e; is the tth unit column vector, e, _is the kth row vector, and 4, is the

(tk)th element of A = A* A"+,
Denote

ufl_zatk Z (A™*), (ew)];, = Z (A1), @) (42)

a€l; {7} a€l; . {j}

as the tth component of a column vector w; = [#yy, ..., 4y]. Then from

SN (@A) eju = Y [(ATA) )

t pej it BET i}

B
ﬂ’

we have

a5t =Zzﬁ€]’”{i}| (A" A) (00 e, (| (AA") (1)
U) Zﬂejrn A A| Zael&ln Am-‘rl EGEI |AA* |(l

l

Construct the matrix U = () € H"*", where u, is given by (42), and denote
U:=UAA*. Then, taking into account that [A* A[} = 5 = |AA™ 7, we have

ZtZkZﬁe]m{z}‘ (A A); ’/f”tszxelm{]}‘ (AA ( )

(Zﬂelm A A|ﬁ> 2ael,, A

of
dij =

m+1‘

If we put that

Zutk S |@an) e = 3 [aar), @)

acl,{j} “ a€la{j} :
is the tth component of a column vector VF}) = [US), 2 ] then from

B
B

b

SN At = 3 [@ra)(v])

t pej{i} PET i}

it follows (35) with VF}) given by (37). If we initially put

wi =" 3" [(ATA) )i = D |(ATA) ()]

t pej {i} PET i}

as the kth component of the row vector Wg_l) = [wl(ll), s wfﬂ , then from

ol X)) = ¥ [(a), (o)

aEIM{]} “ a€l,{j}
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it follows (36) with wlsl) given by (38).

b. By using the determinantal representation (12) for A% in (41), we have

A0, (@) S, ]8R, o[

* N
ot _ ZZ Zﬁe]m{i} } (A"A);(ay) ‘ﬂ Zﬁefgl,n{t}
o * B
S Y, |A" Al >ser,

A fj > wer, AT

Therefore,

Sper i (A7A), @)
ZZZ BET {i} B

¢ Zﬁ€1:n|A A|ﬂ

p * *
Tiein| (A" )00l | Taerip|(8A); (@)
kl | a
S1.m

where e, is the kth unit column vector, ¢; is the /th unit row vector, and 4y, is

the (kl)th element of A = A" A* .
If we denote

g=2 3 |@") fenlan= 3 |(amH), @l (43)

L pels it} BE]s it}

as the Ith component of a row vector g, = [g,,,...,£,, ], then

thl Z ‘(AA*)j.(el.)‘a: Z ‘(AA*)j.(gt.)Z

I ael,{j} Y ael,{j}

From this, it follows that

>k . ﬂ * a
. Zﬁe]m{i}| (A"A); |ﬁ aeIm{j}’(AA ’j. (gt.)>a
’ t Zﬁehn’A A’ Zaelsln A" azaelm‘AA* ’Z

Construct the matrix G = (g,;) € H**", where g,, is given by (43). Denote
G:=A" AG. Then,

a

* ﬂ~ *
S kg, iy | (AT A) (&) (xelm{j}‘(AA )j.(ex.)

% 114
Z/ﬁefm<A A’ﬁ) Yacr,, A"

ot
i =

a a

If we denote

a

o=z > A @) = > |@aan), (@)

k acl,{j} Y ael,{j}
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as the tth component of a column vector Vg) = [v%), e v;ﬂ , then

ST @A) el = > \(A*A),Z.(VF?)]Z.

t pej,{i} ﬂejs,n{i}

Thus, we have (35) with V_(]?) given by (39).
If, now, we denote

W =3 Y [ACA)eldn= Y [(ATA) &),

t pej {it PET i}

as the kth component of a row vector wfz) = [w}lz), s wl(ﬂ , then

o ¥ [aan) e = 3 fiaan), (w?)

acl,{j} “ ael,{j}

a

a

So, finally, we have (36) with wl(?) given by (40).

4. An example

Given the matrix

2.0 0
A= |- 1 1
—1 —1 —1
Since
4 2 2 4 0 0 8 0 0
AA* = |-2i 3 1|, A’=|2-2 0 0|, A>°=| 4—-4 0 0],
2i -1 3 2-2 0 O —4-4i 0 O

then rkA = 2 and rkA?> = rkA3> =1, and k¥ = Ind A = 2 and r; = 1. So, we shall
find A® and Ag by (25) and (26), respectively.
Since

2 1+i -1+i
A=A%A%"=16] 1-i 1 i |,
“1-i i 1

then by (25),

o Zaezl3{1}‘<A3 (A%) >1(51.) 1
ay = . [ =
Za 611,3 A3 (A3) 4
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By similarly continuing, we get

2 1+i —1+i

-1—-i i 1
By analogy, due to (26), we have
1 0 O
Ay = ! 0 0 O
®72
0 0 O

The DMP inverse A" can be found by Theorem 3.15. Since

4 2i 2i
A=AA" =4 2-2i 1+i 1+i
2.2 1-i 1-i

and rk (A3) = 1, then

Furthermore, by (29),

* ®Y]“
S WL e w e o
ali B P * (1: e s € Y

Zﬁ €J13 |A3 ‘/}Eaelm |AA |a 192 21 3 21 3

W =

By similarly continuing, we get

4 2i 2i
1
N“:1§ 2-2i 1+1i 1+i

—2-2i 1-i 1-i

Similarly by Theorem 3.17, we get

) 2 00
Nﬁ_z -i 0 0
—-i 0 O

Finally, by theorem, we find the CMP inverse A°T = (aff). Since rkA3 =1,
then G = A and
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6 3i 3i
G=A"AA=16|-2i 1 1
2i 1 1

Furthermore, by (40),
6 0 6 0
2 * ~ p
wd) = > A A)1(g4)l, = (det{_Zi 2} —|—det{_2i 21) = 24.
pejz{1}

By similar calculations, we get

w'? = [384,96i,96i], w’ =[-192i,96,96], w{’ = [-192i,96,06].

So, by (36), we get

a

ot Zae12,3{1}’(AA*)1. <W§2)> "
all - ® | 2 3 p
(Zae[2’3|AA |a> Zﬁeh,S‘A |ﬂ
1 J 384 192i 4 384 192i
4608( “[—21 3 }Jr et{—zi 3 D

By similarly continuing, we derive

W =

1 4 2 2

At =—|=2i 1 1
|

“2i 1 1

5. Conclusions

In this chapter, we get the direct method to find the core inverse and its gener-
alizations that are based on their determinantal representations. New determinantal

representations of the right and left core inverses, the right and left core-EP
inverses, the DMP, MPD, and CMP inverses are derived.
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Chapter 8

Folding on the Chaotic Graph
Operations and Their
Fundamental Group

Mohammed Abu Saleem

Abstract

Our aim in the present chapter is to introduce a new type of operations on the
chaotic graph, namely, chaotic connected edge graphs under the identification
topology. The concept of chaotic foldings on the chaotic edge graph will be
discussed from the viewpoint of algebra and geometry. The relation between the
chaotic homeomorphisms and chaotic foldings on the chaotic connected edge
graphs and their fundamental group is deduced. The fundamental group of the limit
chaotic chain of foldings on chaotic. Many types of chaotic foldings are achieved.
Theorems governing these relations are achieved. We also discuss some applications
in chemistry and biology.

Keywords: chaotic graph, edge graph, chaotic folding, limit folding fundamental

group
2010 Mathematics Subject Classification: 51H20, 57N10, 57MO05, 14F35, 20F34

1. Introduction and definitions

During the past few decades, examinations of social, biological, and communi-
cation networks have taken on enhanced attention throughout these examinations;
graphical representations of those networks and systems have been evident to be
terribly helpful. Such representations are accustomed to confirm or demonstrate the
interconnections or relationships between parts of those networks [1, 2].

A graph is an ordered G = (V(G), E(G)) where V(G) # ¢, E(G) is a set disjoint
from V(G), elements of V(G) are called the vertices of G, and elements of E(G) are
called the edges. The foundation stone of graph theory was laid by Euler in 1736 by
solving a puzzle called Konigsberg seven-bridge problem as in Figure 1 [1, 3].

There are many graphs with which one can construct a new graph from a given
graph or set of graphs, such as the Cartesian product and the line graph. A graph G
is a finite non-empty set V of objects called vertices (the singular is vertex) together
with a set E of two-element subsets of V called edges. The number of vertices in a
graph G is the order of G, and the number of edges is the size of G. To indicate that a
graph G has vertex set V and edge set E, we sometimes write G = (V, E). To
emphasize that V is the vertex set of a graph G, we often write V as V(G). For the
same reason, we also write E as E(G). A graph H is said to be a subgraph of a graph
Gif V(H) € V(G) and E(H) C E(G). The complete graph with n-vertices will be
denoted by K,,. A null graph is a graph containing no edges; the null graph with
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Figure 1.
Konigsberg seven-bridge problem.

n-vertices is denoted by N,,. A cycle graph is a graph consisting of a single cycle, the
cycle graph with n-vertices is denoted by C,. The path graph is a graph consisting of
a single path; the path graph with n-vertices is denoted by P, [1-11]. Let G and H be
two graphs. A function ¢ : V(G) — V(H) is a homomorphism from G to H if it
preserves edges, that is, if for every edge e € E(G), f (¢) € E(H) [12, 13]. A core is a
graph which does not retract to a proper subgraph. Any graph is homomorphically
equivalent to a unique core [7].

The folding is a continuous function f : G — H such that for each
veV(G),f(v)eV(H), and for eache € E(G), f(e) € E(H) [14]. Let X be a space, and
let I be the unit interval [0,1] in R, a homotopy of paths in X is a family
g, 1 — X, 0 <t < 1such that (i) the endpoints g,(0) = x¢ and g,(1) = x1 are inde-
pendent of t and (ii) the associated map G : I x I — X defined by G(s,t) = g.(s) is
continuous [15]. Given spaces X and Y with chosen points xo €X, and y, €Y, the
wedge sum XVY is the quotient of the disjoint union XUY obtained identifying xq
and yy to a single point [15]. Two spaces X and Y are of the “same homotopy type”
if there exist continuous mapsf : X — Y andg:Y — X suchthatgof Iy :

X —Xandfog=>~Iy:Y — Y [16]. The fundamental group briefly consists of
equivalence classes of homotopic closed paths with the law of composition follow-
ing one path to another. However, the set of homotopy classes of loops based at the
point x with the product operation [f][g] = [f - g] is called the fundamental group
and denoted by 71(X,x¢) [4, 17-24]. Over many years, chaos has been shown to be
an interesting and even common phenomenon in nature. Chaos has been shown to
exist in a wide variety of settings: in fluid dynamics such as Raleigh-Bernard con-
vection, in chemistry such as the Belousov-Zhabotinsky reaction, in nonlinear
optics in certain lasers, in celestial mechanics, in electronics in the flutter of an
overdriven airplane wing, some models of population dynamics, and likely in
meteorology, physiological oscillations such as certain heart rhythms, as well as
brain patterns [17, 24-30]. Al algorithms related to adjacency matrices on the
operations of the graph are discussed in [31, 32].
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2. The main results

First, we will introduce the following:

Definition 1. The chaotic edge € is a geometric edge e, that carries many other edges
(2, €3, ...), each one of them homotopic to the original one as in Figure 2. Also the chaotic
vertices of € are 0 = (v1,02, ...) and U = (u1,42, ...). For chaotic edge e, we have two cases:

Case 1 (1) ey, 2, €3, ... are of the same physical properties.

Case 2 (2) ey, e, €3, ... represent different physical properties; for example, e, repre-
sents density, e, represents havdness, e3 represents magnetic fields, and so on.

Definition 2. A chaotic graph G is a collection of finite non-empty set V of objects
called chaotic vertices together with a set E of two-element subsets of V called chaotic
edges. The number of chaotic edges is the size of G.

Definition 3. Given chaotic connected graphs G, and G, with given edges &, € G, and
&, € Gy, then the chaotic connected edge graph G1 Gy is the quotient of disjoint union
G1U G, acquired by identifying two chaotic edges €, and e, to a single chaotic edge (up to
chaotic isomorphism) as in Figure 3.

Definition 4. A chaotic graph H is called a chaotic subgraph of a chaotic graph G if
V(H) CV(C) and E(H) CE(G).

Definition 5. Let G and H be two chaotic graphs. A function g : V(G) — V(H) is
chaotic homomorphism from GtoH if it preserves chaotic edges, that is, if for any chaotic
edge [u,v] of G, [p(u),®(?)] is a chaotic edge of H.

Definition 6. A chaotic folding of a graph G is a chaotic subgraph H of G such that
there exists a chaotic homomorphism f : G — H, called chaotic folding with f (X) = X for

every chaotic vertex x of H.
Definition 7. A chaotic core is a chaotic graph which does not chaotic retract to
chaotic proper subgraph.

Theorem 1. Let G, and G, be two chaotic connected graphs. Then
1 (61 A Gz) =T (Gl) * 11 (62) .

Proof. Let G; and G; be two chaotic connected graphs. Since G; v G, and G; V
G, are of same chaotic homotopy type, it follows that
1 (Gl \4 Gz) T (Gl) % 711 (Gz) Hence, 7; (61 A 62) =T (Gl) * 11 (Gz)

]|

<

chaotic edge

Figure 2.
Chaotic edge.
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Figure 3.
Chaotic connected edge.

Theorem 2. The chaotic graphs Gy and Grare chaotic subgraphs of G Y G,. Also, for
any chaotic tree G1and Gy, G1V G, is also chaotic tree and 7y (Gl Vv Cz) =0.

Proof. The proof of this theorem is clear.

Theorem 3. If G, Gy, ..., G, are connected graphs, and <f S aronsfn > is a sequence

of chaotic topologzcal foldings of v ', G, into itself, then theve is an induced sequence
<f 1 f . > of non-trivial chaotic topological folding f #7171 (Gii) — *7471(Gii)s
j =12, .., nsuch that f] (%7171(Gii)) reduces the rank of +? ;71 (Gii).

Proof. Consider the following sequence of topological foldings <f 1S 2seif >,
wheref, : V7 ,G; — VG, is a topological folding from V?_,G; into itself such
thatfl(_l: Gi)=GiY GV ..Y[1(G) Y ..V G, fors =1,2,.

Since size <f1( )) < size (G;) and f, (71(Gi)) =m <f1( ,)> , it follows that
rank (]% 1 (ﬁl (GS) )) = rank (ﬁl <f ) ( )> ) < rank (ﬁl (G ) ) and so]%1 reduces the rank
of x7_,71(Gy). Also, if f,(V2,Gi) = G1Y GV .. V., (G) ¥ ... V., (Gr)

V..V G,fork=12.mnands<kand szze( ,(G )) < size(G;) and szze( 2(Gk)>
< size (Gk) , We haverank( ) (Trl (GS) )> = rank (ﬁl ( ) (@)> > < rank (ﬁl (GS) ) ,
rank <:2 (71 (Gg) )) = rank (ﬁl <_2 (Gk)) ) < rank(7;(Gg)); thus _? , reduces the rank
of %" ,71(Gyi). Moreover, by continuing with this procedure if
= v24(f,(G)), thenf, (+1ym(Ga)) = 7 (F, (L 14G) ) =
: ) ~ox" T (f ; (G@). Hence, f , reduces the rank of 7,7 (G;).
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Theorem 4. Let Gy and G, be two chaotic graphs; then theve is a chaotic homomor-
phism f : G1 — G, which induces f: :71(G1) — 71(Ga) if 71(Gz) is a chaotic folding of
#(CLv G).

Proof. Let f : G; — G, be a chaotic homomorphism. Since G, is chaotic sub-
graph of G,V G,, then there exists a chaotic homomorphismf :G1V G, — G, with
f(ﬁ) = » for any chaotic vertex v of G, which induces j:r 1T (Gl) — T (Ez). What
follows from G, is a chaotic folding of G1 ¥ G, in that 7; (G, ) is a chaotic folding of
71(G1Y G,). Conversely, assume that G, is a chaotic folding of G1 v G»; thus
f : G1VY G, — G, is a chaotic homomorphism with f(2) = o for any chaotic vertex »
of G,, and so there is a chaotic homomorphism f : G; — G, which induce
i m(Gh) — m(G).

Theorem 5. For any chaotic path graphs P,, P,,, n, m > 2, there is a sequence of
topological foldings with variation curvature {ﬁ 11=1,2, k} on P,V P,, which

induce a sequence of topological foldings {f Li1=1,2, k} such that f, (f b1 ( G 1
(71(Po ¥ P ).} = Zand limy o (£ (Fus (- (i (11 (Pa v Pw)..) ) = .

Proof. Consider the following sequence of chaotic topological foldings with
variation curvature, f 1 P,V P, — (Fn i l_Dm)l, where (1_3,, i Fm)l is a chaotic sub-
graph with decreasing inner curvature between every two adjacent chaotic edges in
P, Y Py andf, i fy (P v P),, — Fy((Py v P),) where f, (F1((Py v Pn),) ) is a cha-
otic subgraph with decreasing inner curvature between every two adjacent chaotic
edges inf, ((PxV.Py),),and so on, such that f, (fk_l (fk—z ( (]?1 (PaY Pp) > =

Cpim—> and lim;_ (fk (fk—l (J?kfz < (fl (P, v Py) > = Nj, thusf, (]?k—l (]?kfz(-"
(Fo(m1(Py v P)...) = 11 (Com-2) = Z. Also, limy o (Fy (Fis (Fio (- (Fi (7
(Bo\ ). = 7 (Ny) = 0.
Theorem 6. For every two chaotic connected graphs Gy and G, the fundamental
group of the limit of chaotic topological folding of G1 v G, = 0.
Proof. Let G; and G, be two chaotic connected graphs; then we have two cases:
Case (1): If f 1 G1V G, — Gy Y G, is a chaotic topological folding such that
fl (@1 Vv @2) consists of chaotic cycles, so we can define a sequence of chaotic
topological folding]?2 3]?1 (61 4 @2) —>f1 (@1 Vv @2) Where]?2 <]?1 (@1 i @2)) isa
chaotic tree with 7zchaotic edges, f; : f, <f Gy @2)) — £, (f (G1y @2)) , such that
f; (f 5 <f (G1y Gy) ) is a chaotic tree with k <7 chaotic edges, chaotic edges by
continuing this process we getfk :fk_l (fk—z ( (fl (@1 \Y @2) ) —
FealFea (- (F1(Grv Go)) such that limy o (F, (Fi 1 (Fi o (+(F2 (G1v Go)...) is
a chaotic edge, and so 7; <lirnk_>oo (fk (fkﬂ (.Fk—z ( (.7?1 (@1 i @2) )) =0.
Case (2):Ifg, : G1V G, — G1 VY G, is a chaotic topological folding such that.
g (@1 V @2) has no chaotic cycles, then clearly limy,_., (gk (gk_l (gk—z ( (gl
(G1Y Gy)...) is a chaotic edge and 74 (limy,_. (2, (8, 1 (g, (- (2,(G1Y Gy)...)) = 0.
Theorem 7. If Gy and G, are chaotic connected and not chaotic coves graphs, then

71 (1imy o f, (G1¥ G2) ) = 71 (limyof,,(G1) ) 71 (limy o f,, (G2) )
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Proof. If G; and G, are chaotic connected and not chaotic cores graphs, then we
get the following chaotic induced graphs lim,_., f ., (@1 Vv @2), lim, . f i (@1),
lim, .« f,(G2), and each of them are isomorphic to k. Since k) ~k, V k; it follows
that Iimn_,oofn (51 i 52) = limn_mfn (@1) i lim,,_m_]?n (@2) and

71 (limy o, (G1¥ Go) ) = 71 (limyof,,(G1) ) + 71 (lim, . f, (G2) ).

3. Some applications

i. A polymer is composed of many repeating units called monomers. Starch,
cellulose, and proteins are natural polymers. Nylon and polyethylene are
synthetic polymers. Polymerization is the process of joining monomers.
Polymers may be formed by addition polymerization; furthermore, one
essential advance likewise polymerization is mix as in Figure 4, which
happens when the polymer’s development is halted by free electrons from two
developing chains that join and frame a solitary chain. The accompanying
chart portrays mix, with the image (R) speaking to whatever remains of the
chain.

ii. Chemical nature of enzymes, all known catalysts are proteins. They are high
atomic weight mixes made up primarily of chains of amino acids connected
together by peptide bonds as in Figure 5.

H H H H
(R CH,C ®+ e CCH,——(R)—» (R)—— CH,C —— CCH,—— (R)
X X X X
polymerization
Figure 4.
Polymerization.
Peptide Bond
H / H
R C CO N C R’
NH, COOH
H H
where R'—— C—— NH, and R—— G——NH,
COOH COOH
represent two typicalamino acids
Figure 5.

Typical amino acids.
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508 Protein Sununit+5S rRNA+23SrRNA+30S protein subunit+16S rRNA =70S ribosome

t s+ =+ W+ UL =

Eukaryotic Ribosome Components

60S Protein Subunit+5.65 rRNA++28srRNA+5SrRNA+40S Protein Sununit+18SrRNA=80S

&+§+%+5+'+5=

Prokaryotic Ribosome Components

Figure 6.
Prokaryotic ribosome components.

iii. There are two types of the subunit structure of ribosomes as in Figure 6
which is represented by the different connected types of protein subunit and
rRNA to form a new type of ribosomes.

4. Conclusion
In this chapter, the fundamental group of the limit chaotic foldings on chaotic

connected edge graphs is deduced. Also, we can deduce some algorithms from a
new operation of a graph by using the adjacency matrices.
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Chapter 9

New Matrix Series Formulae for
Matrix Exponentials and for the
Solution of Linear Systems of
Algebraic Equations

Ioan R. Ciric

Abstract

The solution of certain differential equations is expressed using a special type of
matrix series and is directly related to the solution of general systems of algebraic
equations. Efficient formulae for matrix exponentials are derived in terms of rap-
idly convergent series of the same type. They are essential for two new solution
methods, especially beneficial for large linear systems, namely an iterative method
and a method based on an exact matrix product formula. The computational com-
plexity of these two methods is analysed, and for both of them, the number of
matrix exponential-vector multiplications required for an imposed accuracy can be
predetermined in terms of the system condition. The total number of arithmetic
operations involved is roughly proportional to n?, where 7 is the matrix dimension.
The common feature of all the series in the results presented is that starting with a
first term that is already well-conditioned, each subsequent term is computed by
multiplication with an even better conditioned matrix, tending quickly to the iden-
tity matrix. This contributes substantially to the stability of the numerical compu-
tation. A very efficient method based on the numerical integration of a special kind
of differential equations, applicable to even ill-conditioned systems, is also
presented.

Keywords: matrix equations, matrix exponentials, numerical solutions

1. Introduction

New matrix series expressions were recently derived by the author [1] for the
solution of simple first order differential equations associated with general systems
of linear algebraic equations. These differential equations describe the orthogonal
trajectories of a family of hypersurfaces that represent a quadratic functional
related to the linear algebraic system. The solution of the latter can be obtained by
minimizing the functional along an orthogonal trajectory instead of applying vari-
ous techniques based on minimization along conjugate gradient directions or based
on minimized iterations [2]. Since the solutions of the differential equations con-
sidered are simply related to the solutions of the corresponding algebraic systems
through matrix exponentials, there is the possibility to develop efficient solution
methods if only the matrix exponentials could be used in numerical calculations
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accurately and with a small computational effort. A survey of various existent
algorithms for computing matrix exponentials and a useful discussion of the diffi-
culties involved are presented in [3].

In the present work, we use new formulae for arbitrary matrix exponentials that
contain highly convergent infinite series which allow accurate and stable numerical
computations. Employing these formulae, two new solution methods are proposed
which are particularly efficient for large-scale general linear algebraic systems.

2. Differential equations associated with linear systems of algebraic
equations

We start with simple vector differential equations whose solutions are related to
the solution of general systems of linear algebraic equations. Later, in Section 5 we
construct differential equations that allow an efficient numerical integration in
order to obtain the solution of these systems.

2.1 Matrix series solution of some vector differential equations

Consider a first order vector differential equation of the form

& o) Ax-b) )
dv
where A € R"*" is a general nonsingular matrix, b € R” is a given n-dimensional
vector, X = (X1,X2, .. xn)T is the unknown z-dimensional vector, T indicates the
transpose, and f (v) is a continuous function over some interval of the real variable v.
With the condition

x(v,)=x, (2)

X, being a given vector, (1) has a unique solution over the interval considered
[4]. Integrating both sides of (1) from v, to v yields

Ax()=b = Ay —b) (3)
where
g = [ f(v)dv (4)
is a primitive for f (v), i.e., f(v) = dg/dv. Thus, (1) can be written in the form
@: f(v)eA[g(")—g("oﬂ(Ax —b) (5)
dv ?

Integrating again both sides from v, to v gives

% k

—Ag(v A k+1 k+1
xX(v)=x, +e 0 m[(g(v» - (g, )" |(4x, - b) (6)

Two particular cases are presented.

127
WORLD TECHNOLOGIES




Functional Calculus: Concepts and Applications

If f(v) is chosen to be f(v) = —1 theng(v) = —v. Choosing v, = 0 gives g(v,) = 0
and (6) becomes

K (Av)k
x(v)=e "x +vkz:;( ) n 1)| (7)
If f(v) =1/v theng(v) = In v. Withv, = 1andg(v,) = 0 (6) becomes now
X()=x +(1nv)Z(A1“V) (v, ~b) ®)

o (k+1)!
The solution of (1) with f(v) = 1/v can also be obtained by employing a Taylor

series expansion about x, = 1. Indeed,

x(v)= x(1)+( T D) “’(l)+( ;1) xP(1)+-- Gl k'l)kx<k>(1)+... 9)

and evaluating the derivatives yields

x(v)=x, —(1-v) 1+i(lk_+"1)k(1—14)(1—’4] [1——}}(& —b)  (10)

where I is the identity matrix. The series in (10) is convergent for v € (0,2) but
its rate of convergence is, in general, very small for v very close to zero.

2.2 Relationship with linear systems of algebraic equations
Consider now a system of equations written in matrix form as

Ax=b (11)

and assume that x is a continuous function of the real variable v over a certain
interval. The solution of (11) can be obtained from (3) for a v = vg for which

Ax(vg)=b=0 (12)

To satisfy this condition g(v) in (3) must be chosen such that

oAe0£0] _ (13)

For positive definite matrices A and a finite g(v,) this is achieved if g(v) — —
for v — vs. Thus, the solution of (11) cannot be computed directly from (6). On the
other hand, in the particular case of f (v) = 1/v,¢(v) = Inv the solution of (11) can
be obtained from (10) with v = vg = 0,

0 et [y o U | P R

k=1

The expression in the brackets is just the inverse of A,
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ST U S SN (SRl N
A _1+2k+1(1 A)(] 2} (1 k} (15)

k=1

The rate of convergence of the series in (14) and (15) is very small and they
cannot be practically used in numerical computation for arbitrary matrices.
We note that the solution of (11) can be formally expressed from (6) as

o

-1
X, =x, + e (eAg(V") - eAg(v)) (x(v) - xo) (16)

which is valid for any v # v, in the interval considered. To compute x, with (16)

would require the computation of (¢4¢(*) — ¢4)) ™", Equation (16) will be used in
Subsection 4.1.

Note. The matrix product in the terms of the series in (10), (14) and (15) can be
expressed as a matrix polynomial using the relationship with the Stirling numbers

of the first kind S,iﬂ (5]

ol oA 7oA o LS g gt
(I A)(] 2) (1 k] (-1 k'szHA (17)

s m=1

While each new term in such series as those in (10), (14) and (15) is calculated
through a multiplication with a matrix that becomes more and more well-conditioned
as k increases, the computation with the expression in (17) would require successive
multiplications with the same original matrix and, for each k, a new polynomial is to
be constructed and new Stirling numbers have to be generated. The formulae derived
in the next two sections contain the same type of series and, therefore, are simpler
and more efficient to be used for numerical computations.

3. New formulae for computing matrix exponentials

In this section, we derive matrix exponential expressions which contain highly
convergent infinite series that allow accurate and stable numerical computations in
numerous applications. They shall also be used in the next section.

3.1 Series expressions for matrix exponentials

Consider the matrix function v* = ¢41"” where v is a positive real variable and A
a general square matrix with real number entries. By integration,

v=1

For v € (0, 2) the integrand can be expanded in a power series as

v =[1-1-v]" :I—%(A—IH%(A—])(A—ZU

(1-v)
Y,

(19)
(A=I)(A-2D)(A-31)+-
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that can be integrated term by term. From (18) and (19)

AT S (L= TR R\ VR

k=1

which is valid for any A, positive definite or not, of arbitrary condition. One can
see that, for a positive definite A and for v — 0, the expression in the brackets of

(20) gives a series expansion for the inverse A™* (see (14) and (15)). Various
expressions for the matrix exponential are obtained by giving particular values to v
in (20). For example, for any v = ¢ 7,4> — In2, we have

g i) (]

the series becoming less convergent as g increases above ¢ = 0. On the other hand,
with v = 1/e in (20) and then A replaced with A we obtain for any real number ¢

—qd :1_(1_el)qA|:[+i(1;i1)> (I—qA)(]— q;] [I_q/f)i| (22)

this series being more convergent than that in (21) for greater values of g.
For any v € (1, 2), the terms in the series expressions derived from (20) have

coefficients that are alternately positive and negative. With v = ¢!/ = 1.64872127,
e.g., and then replacing A with 24 we have

et =T+2(e" - 1)A{1+i%(1 2A)(1—27A]---[1—27Aﬂ (23)
k=1

As well, by replacing A by — gA in (23) one obtains instead of (22) an expression
with alternating in sign series coefficients.

3.2 Rapidly convergent series formulae

From the basic Eq. (20) we derive now formulae which contain series that have
a higher rate of convergence than those presented in the previous subsection.

Firstly, it is obvious that for values of v close to 1 the series in (20) has a high rate
of convergence. For instance, with v =1+107,1077 <1, and replacing
Aln(1+1079) by A we obtain

= 1\F1079% c A c A
e'=I1+10"¢c 4 1+2ﬂ(1—c A [——L— || - (24)
q =~ k+1 ¢ 2 k

where ¢, = 1/1In (14 1077). This series is rapidly convergent.

Secondly, the convergence of the series in the expressions derived from (20) can
further be improved by successive integrations. Indeed, integrating both sides of
(20) from 1 to v, we have

e = [ 4 (1- v)(1+A){ I+1_TVA

(1-»*" A).[,_4
Z<k+1)(k+2) A)(I_zj (1 kﬂ
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Integrating repeatedly we obtain the identity

/Ilnv_]+ 'Z( 1) (1 V) I_;’_i T+ 4
“~ [N p—k)! p p-1 p—k+1

D)=y A+ A)(1+§j...[1+_]{ 1

A —7
p)| p+l (26)

N (1-v)* 4 (.4
kz;(k+1)(k+z) (k+p+1)( —A)[I_z (1 kn
p=L2,...; ve(0,2)

Same result is obtained by replacing A with pI + A in (20). This identity con-
tains an infinite series whose coefficients decrease rapidly as p increases. Obviously,
for a given A and v, (26) generates more efficient computational formulae than
those in the previous subsection. As before, for v € (1, 2) the infinite series have

coefficients that alternate in sign. For example, with v = ¢/2 in (26) and then
replacing A by 24 and p by 2p we have instead of (23)

- (=D (24 24 ) (,,_ 24
{1+<2p)2k,(2p ky[”zp)[”zp—l] (”2p—k+1]

+2(e” = 1)2/’+‘A(1+2A)[1+%] -[1+%J{ !
2 2p )| 2p+1 (27)

(_l)k( 1/2_1)/( % o _%
2 p)';{(k+l)(k+2) (k+2p+1)([_2A)(1_ 2 ] [[ k H}

p=L2,...

Taking v =1+ 10 4, withg>0and ¢; = 1/In(1+1077), (26) gives (compare
with (24))

cA c A c A
et =(1+1077)7" I+p'z T T+ —
k'(p k)’ P p-1 p—k+1

c A c A 1
+1077 e A(T+c¢ A)[I+"—]---(I+L]{—I
K 7 2 p )| p+l (28)
(=D A
'z(k+1)(k+2) G pn e 2] (1 3 j”
p=12,...

Notice that, in the new formulae derived from (26) the infinite series are
very rapidly convergent, with their rate of convergence increasing when the
parameter p increases. Highly accurate numerical results can be generated with
only a small number of terms retained in the infinite series of these formulae (see
Section 4).

Note. All the formulae presented in this section remain valid if A is changed
in —A. Obviously, in all these expressions A can be replaced by a real number and
the identity matrix I by 1, yielding a few novel identities and summation formulae
for series of real numbers. Also, the expression in the brackets of (26) forv — 0
is just (I + A /p) ! /p if I + A/p is positive definite and, thus, we obtain another
identity, i.e.,
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AN A A
”'kap ky[ p](”p—lj (”p—kﬂ)
L&D D" A(I+A)(I+Aj --(1+i], p=23,..
p 2 p—1

which reduces for A = 0 to an elementary binomial sum.

4. Solution of general linear systems

In what follows, we apply the matrix exponential formulae from the previous
section and present a new iteration procedure and a matrix product formula for the
solution of large systems of linear algebraic equations.

4.1 An iterative method

Equation (16) can be written in the form
x(v)=x, +(I - eA[g(v)_g(v")J)(xS - xo) (30)

where xs = x(vs) is the solution of (11), x, = x(v,), A is a positive definite
matrix and g(v) is a function of the real variable v such thatg(v) — —oo forv — v
(see Subsection 2.2). To get x(v) for values of v very close to vs we choose an
adequate g(v) and a formula for the matrix exponential from Section 3. When
g(v,) = 0, applying (22) for instance gives

x(v)=xg+(1—e‘)g(v)[ni“;jl) I+ 42 (%)

k=1

X [[+§g(v)]--—[1+%g(v)]](f1xu -b)

Ifg(v) = Inv, withv, = 1and v; = 0, we compute x (¢ V) for N> 1 which is
closer to the solution xg,

(31)

oo —1\k
x(e)=x = -N(1-e')[1+2(1;i1) (I-NA)
. . N (32)
X[I—EA}--[I—?AH(Ax;‘” -b)
where xéo) = x,. This equation is applied iteratively by replacing x(Sl) and xéo),

respectively, with xg) and xél*l), 1=2,3, ..., until xg) satisfies (11) with a desired
accuracy.

To evaluate the amount of computation necessary to obtain the solution of (11)
with a certain accuracy, let us take N such that N||A|| = 10 when one needs about
30 terms in the infinite series, i.e., 30 matrix-vector multiplications. The number of
iterations increases with the condition number of A. To see this and to determine
the corresponding number of iterations, consider (11) with » = 0 and A replaced
with a diagonal matrix whose entries are positive numbers, the greatest of these
being 1, and whose condition is the same as that of A. The solution of this system is
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xs = 0 and the components of the solution of (1), withf(v) = 1/v, are X0 where
A,k = 1,2, ...,n, are the entries in the diagonal matrix. In order to make the mag-
nitudes of all these components at least 1%, e.g., of the corresponding magnitudes
of the initial components, one needs no iteration if the condition number is less
than 2, but 5 and, respectively, 46 iterations are needed if the condition number is
10 and 100.

What is remarkable in the iterative method based on (32) is that, for matri-
ces with same condition number and same norm, the number of iterations
required is the same, independently of the size of the matrices. Considering
approximately 2n” arithmetic operations for one matrix-vector multiplication,
where 7 is the number of equations and unknowns in (11), the total number of
arithmetic operations required is, thus, proportional to only #2. In the examples
given above one has to perform, respectively, 60n2, 300n? and 2760n? arith-
metic operations. Assuming only 21 /3 arithmetic operations for the Gaussian
elimination procedure, the method presented in this subsection requires less
computation for the same examples if, respectively, #>90, n>450 and #>4140.
One can also notice that the application of Eq. (32) leads to the actual solution of
(11) independently of the small error introduced in the computation at each
iteration.

4.2 A matrix product formula
The original general system (11) is replaced with an equivalent system such that
its solution is obtained in terms of matrix exponentials for which highly convergent

and accurate series formulae have been derived in Section 3.
Namely, instead of (11) we use the system

(1— e"’A)x =b, (33)

where « is a real scalar to be chosen, a # 0, and

: :a{l_(aA)Jr(aA)z_(aAY+”}b (34)
« S TRETIY

Assuming A to be positive definite, a is taken positive. Then, since ||¢~*4|| <1 for
a normal matrix, the solution can be expressed as

-1 *

8, = (I ~ e’“) b, = [Z et }ba (35)
k=0

with the norm of the matrix exponentials decreasing when k increases [6]

—kaAd

||e ‘< et (36)

where 4 is the smallest eigenvalue of A. b, can be accurately computed by using
instead of (34) an equivalent expression, for instance (see (22))

baz(l—e1)0{[1+i%(1—am(1—%Ajm(l—%]]b (37)
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If the infinite series in (35) is truncated to & = N the rest of the series has a norm

~(N4l)al

e
< l_e—a/l

(38)

|~

Much less numerical computation (see below) is needed if the infinite series in
(35) is transformed into an infinite product using the identity [5]

(1—u)*‘=f[(1+u2"), O<u<l (39)

which is also valid for matrices whose norm is less than 1. Thus, (35) becomes

x = {ﬁ(l + ﬂ“)}bﬂ (40)

with the norm of the exponentials g2l decreasing very rapidly when k
increases. Truncating the infinite product to # = Np, i.e., Np + 1 factors, leaves a
remaining factor

©

F. = [] +e®*) (41)

P
k=Np+1

whose norm is

F H< l+e2 )=

Let us compare the maximum value of the norm of the truncated matrix in the
brackets of (35) and (40) with that of the corresponding untruncated matrix in
order to get a rough estimate of the numbers N and Np of matrix exponentials
involved in the numerical computation to achieve a certain accuracy. This will also
allow to estimate the total number of matrix-vector multiplications necessary to
obtain the solution. The ratio of the maximum norm of the truncated matrix to the
maximum norm of the untruncated matrix in the brackets of (35) and (40) is,
respectively, (see (38) and (42))

,0: 1_ e—(NSJrl)aﬂ, (43)
and
N, .
p=(-e[Ja+e**) (44)
k=0

To illustrate the computation complexity when using (35) or (40), assume that
[|A]] =1and a = 20.If p is imposed to be %0.99, for example, one needs Ng =2, i.e.,
three terms in (35) and Np = 1, i.e., two factors in (40) if 1 = 1071, If 4 = 1072 these
numbers increase to Ng = 23 and Np = 4, and when 4 = 103 one gets N = 230, but
Np only increases to Np = 7. It is clear that applying the formula (40) the number of
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exponentials needed in the numerical computation is much smaller than that if for-
mula (35) would be applied. For all the matrix exponentials involved in the numerical
computation we use the formula (28) containing a highly convergent series, such that

o o 2107 caA caAd c oA
e =1+1077)" [+p'2 g [ |
Tkl (p— k)' p p—1 p—k+1

_ c oA cad ]
=107 ¢ A1 —c o A) T || - {—
a q 2 p p+1 (45)
( 1) 107% ) A cqocA
2(k+ (1+c A)[ ] [1+ . H}
p=12,...

where g>0 and ¢, = 1/In (1 +10"7). With a||A|| = 20 and choosing g = 1 and

p = 10, for instance, e * is determined accurately by retaining 50 terms in the

infinite series and, thus, to multiply e~ with a vector one needs 71 matrix-vector
multiplications. To compute x, from (40) one has to use repeatedly the multiplica-
~204 with a vector. For a matrix A with A = 10! one has to retain two
factors in (40) and, thus, to multiply e 24 and e~ <294
use repeatedly 3 times the multiplication of e 2% with a vector which requires,
therefore, 3 x 71 = 213 matrix-vector multiplications. When 4 = 10~ the infinite
product in (40) is truncated at k = Np = 4 and this requires the multiplication of

e 2 %204 L — 01,2, 3, 4, with a vector, i.e., to use repeatedly 31 times the multipli-
cation of e =294 with a vector, for a total of 31 x 71 = 2201 matrix-vector multipli-
cations. We also have to add the matrix-vector multiplications required to compute
b, in (37). A very accurate result for b, when a = 20 can be achieved by applying
four times the series in the brackets of (37) for a = 5, each time retaining 30 terms.
This requires a total of about 120 multiplications of a matrix I — 54 /k with a vector.
In all the matrix-vector multiplications involved when applying (45), the matrices
are in the form I & c;aA /k and become better and better conditioned as k increases.

Adding up the number of arithmetic operations involved shows that, with
respect to the classical Gaussian elimination method, the procedure presented in
this subsection is advantageous for very large systems (11). Namely, assuming same
accuracy and only 273 /3 arithmetic operations for the Gaussian elimination, with
the data given above, one has to have #>3 x (213 + 120) = 999 equations and
unknowns if 2 = 10! and n>3 x (2201 + 120) = 6963 equations and unknowns if
4 = 1072 for the proposed method to be more advantageous. For a given a||A||, one
application of ¢~* requires a determined finite number of matrix-vector multipli-
cations, independently of the size of A. It is remarkable, as for the iterative method
in the previous subsection, that for a given condition of A, one has to apply e *4 a
well-determined number of times and, thus, the total number of arithmetic opera-
tions necessary to compute the solution with an imposed accuracy is proportional to
only r2.

It should be noted that, since the infinite series in the expression (45) is trun-
cated and thus determined with a finite accuracy, the accuracy of the solution xs
becomes compromised after a too big a number of matrix exponential-vector mul-
tiplications. This is why, the worse conditioned systems (11) should be

tion of e
with a vector. This means to
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appropriately preconditioned. Practically, the computation with (40) is continued
factor by factor and the accuracy of x is checked after each step.

5. Solution of general linear systems by numerical integration of
differential equations

In this section, we introduce first order differential equations whose numerical
integration allows to efficiently find the solution of linear systems of algebraic
equations. Differential equations of the type of those in (1), with f(v) = —1 or
f(v) =1/v, cannot be used for this purpose due to the fact that the first and higher
order derivatives of x(v) tend to infinite values as x tends to the solution xs of (11)
(see Section 2).

Here below, we construct ordinary differential equations for x(v) which satisfy
the condition that the first few derivatives are finite when x(v) tends to x5 and,
therefore, are particularly useful for an accurate computation of xs. Let us consider
the system (11) with a symmetric positive definite matrix. A quadratic functional

F(x)= %xTAx—be+%bTA’lb (46)

is associated with (11) [6] whose minimum value is F(xs) = 0. Define now a real
variable v, » > 0, such that

F(x)=v (47)

where 7 is a real number to be chosen, 7>0, with v = 0 corresponding to the
solution x = x5 and v = v, to an initial point x,, F(x,) = v}. Then,

dF o rdx
—=n'" =(4Ax-b) — 48
> ( ) — (48)
and, thus,
dx ] Ax—-b
dv " -t (49)

This is the differential equation to be integrated from » = v, tov = vs = 0. The
second derivative of x is obtained in the form

dx_ e Ax=h e L

=" e )||Ax—b|\4{A
[(Ax—b) A(Ax—b) ]
I

(Ax-b)

Higher order derivatives can be worked out if needed.
In order to see the behaviour of the derivatives close to the solution x5, Egs. (49)
and (50) are rewritten as
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1-1
B

dx F(x Ax-b
dr_ (F@)" (4x-b) -
dv ||4x— ]|
and
2 1= _ ; -3
PN U €3) O S I G E ) { p
» <=2 =2
(52)
[ (Ax—b) A(Ax-b)]
-2 > (Ax—b)
48]
with F(x) in (46) put in the form
1 r
F(x)zE(Ax—b) (x—xy) (53)
Notice that as x tends to x;, when ||Ax — b|| = ¢ tends to zero,
dx -2 a’zx _4
HE "‘“ 1(1(\/')8l ", W ~ Kz(V)El " (54)
where K1 (v) and K;(v) are finite when v — 0. Therefore, as
x — xs, ||dx/dv|| — 0 if ¥>2 and ||d’ /dv?|| — 0 if r>4.
Another differential equation we present here is
dx  Ax-b
ds [[ax—o] )
with the second derivative
2 T
d_)zc _ 1 By [((Ax—D) A(Azx b)] (Ax—b) (56)
ds® ||Ax— b [4x — ]|
In this case, always
dx
=1 57
‘ = (57)
even for x — xg, but the second derivative tends to an infinite value
when x — xg
d’x
|~ K(s)&™ (58
e (s) )

where K(s) is finite and ¢ = |[Ax — b||. The relationship between the differentials
of the variables v and s in (49) and (55) is
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-
ds = r(F(x) - dv (59)
x4
and for x — x5 we have (see (54))
ds 12
— - Kve” (60)

The differential Eqgs. (49) in v and (55) in s require practically the same amount
of computation for their right-hand sides, i.e., one matrix-vector multiplication.
The first derivatives dx/dv for » = 2 and dx /ds remain finite when x tends to xs,
while the second derivatives increase to infinite values as in (54) and (58). For» = 4
the second derivative in (52) remains finite when x tends to xs (see (54)), while the
first derivative and the ratio ds/dv tend to zero as in (54) and (60), respectively. If
r>4 even Hd2x/dvz|| tends to zero as in (54).

Equations (49) and (55) can be integrated by classical numerical methods. Since
we are not looking for an accurate solution of these equations all along from x, to xg
but for finding accurately the final value x = x5, we can use a lower order method,
for instance, even Euler’s method [7]. This yields an approximate value of xs which
is to be used as initial point for repeating the numerical integration procedure. As
we get closer to the solution x5, we decrease the step size in order to reduce the
error. In the case of Euler’s method the error is determined in terms of the norm of
the second derivative. Higher order numerical integration methods can also be used
in order to increase the computation efficiency.

To find a starting point for the integration procedure which is reasonably close
to the solution point, one can minimize F(x) in (46) along the normal direction,
followed by a minimization of the distance to the solution point xs along the
direction of the normal to F [8]. These two preliminary steps are repeated a few
times as needed.

Numerical experiments have been performed applying Euler’s method to (49)
forr =2, r = 4 and » = 8, and to (55). Systems (11) of various sizes have been
automatically generated and the differential Egs. (49) for » = 2 and » = 4, and (55)
have produced results with the least amount of computation when imposing an
accuracy of 1%.

For matrices which are not symmetric positive definite, (46) is replaced with

F(x) =1/2 (Ax — b)" (Ax — b).

6. Conclusions

A special type of matrix series are used in Section 2 to express the relationship
between some first order ordinary differential equations and systems of linear
algebraic equations and, also, in Section 3 to derive efficient formulae for matrix
exponentials that allow accurate and stable numerical computations in various
applications. The main feature of these series consists in the fact that, starting with
their first term which is already a matrix substantially better conditioned than the
original problem matrix, each of the subsequent terms is obtained through a multi-
plication with a better and better conditioned matrix that tends to the identity
matrix. The new matrix exponential formulae contain very rapidly convergent
series and can be applied to general, arbitrarily conditioned, positive definite or not
matrices. They are used in Section 4 for two new methods of solution for general
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linear algebraic systems. One is an iterative method which corresponds to the
solution of the differential Eq. (1) withf(v) = 1/v. It is based on the exact analytical
expressions (30)-(32) that always yield results converging finally to the exact
solution of the system (11). In a second method, the original algebraic system (11) is
replaced with an equivalent system containing a matrix exponential e-*4 such that
instead of inverting the system matrix A we have now to invert I — ¢~*. The exact
analytical solution is obtained in the form of a series of matrix exponentials which is
transformed into an infinite matrix product in order to reduce substantially the
necessary amount of computation. It should be remarked that, since the number of
matrix-vector multiplications required for the application of one matrix
exponential-vector multiplication only depends on the norm of the matrix while the
number of matrix exponential-vector multiplications depends on the condition of
the system matrix, the total number of arithmetic operations needed to achieve an
imposed accuracy when applying each of the two methods is practically propor-
tional to n?, where 7 is the dimension of the matrix. The two methods require a
comparable total amount of computation. It is also remarkable that for both
methods the necessary amount of computation can be roughly predicted before-
hand in terms of the system size, the system condition and the desired accuracy.

In Section 5, a powerful method is presented based on the numerical integration
of specially constructed ordinary differential equations.
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Chapter 10

Optimal Control of Evolution
Ditferential Inclusions with
Polynomial Linear Differential
Operators

Elimhan N. Mahmudov

Abstract

In this chapter, we studied a new class of problems in the theory of optimal
control defined by polynomial linear differential operators. As a result, an interest-
ing Mayer problem arises with higher order differential inclusions. Thus, in terms
of the Euler-Lagrange and Hamiltonian type inclusions, sufficient optimality
conditions are formulated. In addition, the construction of transversality conditions
at the endpoints of the considered time interval plays an important role in future
studies. To this end, the apparatus of locally adjoint mappings is used, which plays
a key role in the main results of this chapter. The presented method is demonstrated
by the example of the linear optimal control problem, for which the Weierstrass-
Pontryagin maximum principle is derived.

Keywords: Euler-Lagrange, differential inclusion, set-valued mapping,
polynomial differential operators, linear problem, transversality,
Weierstrass-Pontryagin maximum principle

1. Introduction

This chapter concerns with the special kind of optimal control problem with
differential inclusions, where the left-hand side of the evolution inclusion is poly-
nomial linear differential operators with variable coefficients; in fact, the main
difficulty in the considered problems is to construct the Euler-Lagrange type higher
order adjoint inclusions and the transversality conditions. That is why in the whole
literature, only the qualitative properties of second-order differential inclusions are
investigated (see [1-3] and references therein).

The paper [1] gives necessary and sufficient conditions ensuring the existence
of a solution to the second-order differential inclusion with Cauchy initial value
problem. Furthermore, second-order interior tangent sets are introduced and stud-
ied to obtain such conditions. The paper [2] studies, in the context of Banach
spaces, the problem of three boundary conditions for both second-order differential
inclusions and second-order ordinary differential equations. The results are
obtained in several new settings of Sobolev type spaces involving Bochner and
Pettis integrals. In the paper [3], the existence of viable solutions to the Cauchy
problem x” € F(x,x"),x(0) = x0,x'(0) = y, is proved, where F is a set-valued map
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defined on a locally compact set M C R, contained in the Frechet subdifferential of
a ¢-convex function of order two.

Some qualitative properties and optimization of first-order discrete and contin-
uous time processes with lumped and distributed parameters have been expanding
in all directions at an astonishing rate during the last few decades (see [4-13] and
their references).

The optimization of higher order differential inclusions was first developed by
Mahmudov in [14-21]. Since then this problem has attracted many author’s atten-
tions (see [22] and their references). The paper [14] studies a new class of prob-
lems of optimal control theory with Sturm-Liouville type differential inclusions
involving second-order linear self-adjoint differential operators. By using the
discretization method guaranteeing transition to continuous problem, the discrete
and discrete-approximate inclusions are investigated. Necessary and sufficient
conditions, containing both the Euler-Lagrange and Hamiltonian type inclusions,
and “transversality” conditions are derived. The paper [15] deals with the optimi-
zation of the Bolza problem with third-order differential inclusions and arbitrary
higher order discrete inclusions. The work [16] is devoted to the Bolza problem of
optimal control theory given by second-order convex differential inclusions with
second-order state variable inequality constraints. According to the proposed
discretization method, problems with discrete-approximate inclusions and
inequalities are investigated. Necessary and sufficient conditions of optimality
including distinctive “transversality” condition are proved in the form of Euler-
Lagrange inclusions. The paper [17] is concerned with the necessary and sufficient
conditions of optimality for second-order polyhedral optimization described by
polyhedral discrete and differential inclusions. The paper [18] is devoted to the
study of optimal control theory with higher order differential inclusions and a
varying time interval. Essentially, under a more general setting of problems and
endpoint constraints, the main goal is to establish sufficient conditions of
optimality for higher order differential inclusions. Thus with the use of Euler-
Lagrange and Hamiltonian type of inclusions and transversal conditions on the
“initial” sets, the sufficient conditions are formulated. The paper [21] studies a
new class of problems of optimal control theory with state constraints and
second-order delay discrete and delay differential inclusions. Under the
“regularity” condition by using discrete approximations as a vehicle, in the forms
of Euler-Lagrange and Hamiltonian type inclusions, the sufficient conditions of
optimality for delay DFIs, including the peculiar transversality ones, are proved.

The present chapter is ordered in the following manner.
In Section 2 the necessary facts and supplementary results from the book of

Mahmudov are given [23]; Hamiltonian function and locally adjoint mapping are
introduced, and the problems with initial point constraints for polynomial linear
differential operators governed by time-dependent set-valued mapping are formu-
lated. In Section 3, we present the main results; on the basis of “transversality”
conditions at the endpoints of the considered time interval, the sufficient conditions
of optimality for differential inclusions with polynomial linear differential operators
and with initial point constraints are proved. In particular, it is shown that our
problems involve optimization of the so-called Sturm-Liouville type differential
inclusions. To the best of our knowledge, there is no paper which considers opti-
mality conditions for these problems in the literature, and we aim to fill this gap.
Therefore, the novelty of our formulation of the problem is justified. To establish
the Euler-Lagrange and Hamiltonian inclusions and the transversality conditions,
we use the construction of a suitable rewriting of the primal polynomial linear
differential operator and the rearrangement of its integration. The case of variable
coefficients of polynomial linear differential operators turns out to be more
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complicated, unless transversality assumptions at the endpoints of the considered
time interval are applied. It should be noted that the main proof can be easily
generalized to the nonconvex case. Then, using the new approach given in Section 4
of this chapter, we construct the Weierstrass-Pontryagin maximum condition [24]
for the linear optimal control problem. Consequently, in the particular case, the
maximum principle follows from the Euler-Lagrange inclusion.

In Section 5 the optimality conditions are given for convex problem with second-
order differential inclusions and endpoint constraints. By using second-order suit-
able Euler-Lagrange type adjoint inclusions and transversality conditions, Theorem
5.11is proved.

The main results in this section can be extended to the case of Hilbert spaces
¢>, L. We remind that a Hilbert space H is a real or complex inner product space
that is also a complete metric space with respect to the distance function induced
by the inner product [2]. By definition, every Hilbert space is also a Banach space.
Furthermore, in every Hilbert space, the following parallelogram identity

o 4+ y)1* + |lx —y||* = 2<||x||2 +||y]|2> holds. Conversely, every Banach space in

which the parallelogram identity holds is a Hilbert space. Remember that ¢ is a
space of numerical sequences, such that if x = {x;}, then > x? < 0. In fact ¢, is
an infinity dimensional coordinate-wise Hilbert space with the corresponding inner
product (x,y) = >_:°;x;y,. Endowing a relevant norm, we have a Banach space.
Obviously, optimization of problem with PLDOscan be reduced to problem with
geometric constraints in such finite-dimensional Hilbert space. As is known with
all the pairs of elements of this space, a certain finite number is associated, i.e.,
inner product, existence of which is guaranteed by applying the familiar

Cauchy Schwarz-Bunyakovskii [25] inequality. We remark that in our case for x =
{x0,%1,%2, ... } Efp and x* = {xS‘ S8, xJNN. } €, , the inner product (x,x*) =

Y iosxix/ is finite numbers since this series is convergent. Besides it is known [25]
that 7, is a self-adjoint space, i.e., £, = q*, and1/p +1/q =1, and so ¢, = ¢ for
p = 2. Thus a dual cone constructed can be defined. The set of square integrable

functions L’ ([0, 1]) is a Hilbert space with inner product (x(z),y(z)) = fgx(t)y(t)dt.

2. Preliminaries and problem statements

The basic concepts given in this section can be found in the book [23]; let R” be a
n-dimensional Euclidean space, (x,v) be an inner product of elements x,v € R”, and
(2, v) be a pair of x,v. Let F : R"3R" be a set-valued mapping from R” into the set
of subsets of R". Therefore F is a convex set-valued mapping, if its graph gph F =
{(x,v) : vE€F(x)} is a convex subset of R*. A set-valued mapping F is called closed
if its gph F is a closed subset in R*. The domain of a set-valued mapping F is
denoted by dom F and is defined asdom F = {x : F(x) # @}. A set-valued mapping F
is convex-valued if F(x) is a convex set for each x €domF.

The Hamiltonian function and argmaximum set corresponding to a set-valued
mapping F are defined by the relations correspondingly:

Hp(x,0™) = sgp{(v,v*) :veF(x)}, v* eR",
Fa(x,v*)={veF(x): (v,0") =Hp(x,v")}

We set Hp(x,v*) = —o0 if F(x) = @. The interior and relative interior of a set
M cR?" are denoted by intM and riM, respectively.
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A convex cone K(z0), 20 €M is a cone of tangent directions if from z =
(x,2) € Km(=0) it follows that Z is a tangent vector to the set M at a point 2o €M, i.e.,
there exists such function g : R — R* thatzo + oZ + q(a) € M for sufficiently small
a>0and a 'g(a) — 0, as al 0.

For a set-valued mapping F, the set-valued mapping F* : R"=3R" is defined by

F*(0*;(x,0))={x" : (x*, —v*) €K  gur(x,v)}

Kopir(x,v) = cone [ gph F — (x,v)],V(x",0") egphF.

It is called the LAM to F at a point (x,v) egphF, where K* = {2* : (z,2*) >0,
vz € K} denotes the dual cone to the cone K, as usual. Below by using the
Hamiltonian function, associated to a set-valued mapping F, we will define another
LAM. Thus, the LAM to “nonconvex” mapping F is defined as follows:

F*(v*; (x,0))={x" : Hp(x",0*) — Hp(x,0*) < (x*,x' —x),Vx' €R"},
(x,v) Egph F,v €Fs(x,v™).

Clearly, for the convex mapping F, the Hamiltonian function Hg(-, - ,v*) is
concave, and the latter definition of LAM coincides with the previous definition of
LAM ([23], p. 62). Note that prior to the LAM, the notion of coderivative has been
introduced for set-valued mappings in terms of the basic normal cone to their
graphs by Mordukhovich [26] and for the smooth convex maps, the two notions are
equivalent.

The aim of Section 3 is to obtain the Euler-Lagrange type adjoint inclusion and
sufficient optimality conditions for a problem with polynomial linear differential
operators:

Minimize go(x(l),x/(l), ,x(s’l)(l)), (1)
(Py) Lx(t) €eF(x(t),t), a.e. t€]0,1], (2)
%(0) €Qo, #/(0) €Qux"(0) €Qy, -.,x"V(0) €Q, 4 (3)

where Lx = >°,_;p, (t)D*x is a PLDO of degree s with variable coefficients p, :

[0,1] — R and D,k =1, ..,sis the operator of kth-order derivatives. In what
follows for each k, a scalar function p, is kth-order continuously differentiable
function, p(t) # 0 on [0, 1] identically, F(-,¢) : R*=3R” is time-dependent set-
valued mapping, ¢ : (R”)" — R is continuous function, Q;CR*,j=0,1,..,s—1
are nonempty subsets of R”, and s (s > 2) is an arbitrary fixed natural number. It is
required to find an arc x(¢) of the problem Egs. (1)-(3) for the sth-order
differential inclusions satisfying Eq. (2) almost everywhere (a.e.) on a considered
time interval and minimizing the functional ¢ (x(1), ...,x¢"Y(1)). An arc x(-) is

absolutely continuous and s — 1 order differentiable function, where x)(-) =
”’;’ljﬁ'> e L7 ([0, 1]). Obviously, such class of functions is a Banach space, endowed with
the different equivalent norms.

Remark 2.1. Notice that to get sufficient condition of optimality for the
Mayer problem (Py) described by ordinary evolution differential inclusions with
PLDOs and with initial point constraints, using the discretized method, we
consider the following sth-order discrete-approximate problem instead of the

problem (Py):
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minimize ¢ (x(1— (s — 1)h), Ax(1 — (s — 1)h), ..., A x(1— (s — 1)h)),
Zpk (t)A*x(t) € F(x(t),1),t = 0,h, 2h, ..., 1 — sh;

*%(0)€Qpyk =0, ...,s — 1.

Here kth-order difference operator is defined as follows:

1 . . k!

Thus by using the method of approximation [23, 26, 27], we can establish
necessary and sufficient conditions for the rather complicated sth-order discrete-
approximate problem. Then by passing to the limit in necessary and sufficient
conditions of this problem as # — 0, we can construct the optimality condition for
the Mayer problem (Py) described by higher order differential inclusions with
PLDOs and with initial point constraints. But in this chapter to avoid long
calculations, derivations of these conditions are omitted.

3. Optimization of evolution differential inclusions with PLDOs

In the present section, we study sufficient optimality conditions for the
problem (Py). Before all, we formulate the so-called sth-order Euler-Lagrange type
differential inclusion and the transversality conditions:

i L x* (£) € F* (x* (8); (%(£), Lx(®)), £), ae.t€]0,1],

where L*x* (£) = Y3, (—1)*D¥ [p, (¢)x* ()] is the adjoint PLDO of the primal
operator L.

i, 3o (=1 "D p,_,(0)x* (0)] €Ky, (£(0));

S (—1 DR 2 p L (0)x* (0)] €K (%(0));
D[p,(0)x" (0)] = p,1(0)x*(0) K5y, (%°7(0));
P, (0" (0) €K (+71(0)).

iii. ( (DD T L (D ()], S (1) T ID TR 2 [p,  (Dxt (1)] e,
Dlp, (U (1)] ~ p, (1 (1), p, (D" (1)) € ((D), ¥ (1), .., V(D)).
Later on we assume that x* (¢),t € [0, 1] is absolutely a continuous function

with the higher order derivatives until s — 1 and x *¢)(-) € L?([0, 1]). The following
condition ensures that the LAM F* is nonempty:

iv.Lx(t) €Fa(x(t),x* (t),t), a.e.t €0, 1] or, equivalently,

(L& (t),x* (t)) = Hp(%(t),x * (t)), L& (t) € F(%(t), £).
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The following are sufficient optimality conditions for evolution differential
inclusions with PLDOs.

Theorem 3.1. Let ¢ be a continuous and convex function and F(-,¢) a convex set-
valued mapping. Moreover, let

Q],] = O, e s S — 1

be convex sets. Then for optimality of the trajectory x(-) in the problem (Py)
with evolution differential inclusions and PLDOs, it is sufficient that there exists an
absolutely continuous function x * () with the higher order derivatives until s — 1,
satisfying a.e. the Euler-Lagrange type differential inclusion with PLDOs Egs. (i)
and (iv) and transversality conditions Egs. (ii) and (iii) at the endpointst = 0
andt = 1.

Proof. Using Theorem 2.1 ([23], p. 62), the definition of the Hamiltonian func-
tion and condition Eq. (i), we obtain

Hp(x(t),x " (¢),2) — Hp(x(2),x" (2),1) < (L"x" (2), x(t) — x(2))
which can be rewritten as follows

Hp(x(t),x* (t),t) — Hp(x(t),x " (¢),2)

< <Z (~D} (p 0" @), x(2) —&<t>>. (4)

k=1

Further using the definition of the Hamiltonian function, Eq. (4) can be
converted to the inequality

02 (La(t) — Lx(2),2" (£)) — (L7 x " (2), x(¢) = %(2))

or

“

0> <2pk<t><x<t> R, x <t>> . <
k=1

k=1
(5)
Integrating Eq. (5) over the interval [0, 1], we have
0> J Ki:pk () (x(t) — x())™, x* (2) >
0 k=1
_< 5 (1" (pp ()™ )™, x(0) —5c(t)>]dt (6)
k=1
Let us denote
B =Y {(w) — %) ", py0x* (1) ) = D (=1 (pp (0" (0)) () - 2(0) )
k=1 k=1
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In what follows our approach lies in reducing B in a relationship consisting of s
sums from k (k = 1, ...,s) tos of suitable derivatives of scalar products; thus, after
some transformations we can deduce an important representation for a first term

of B as follows:

k=2
~[d
+ - x(kf3) x(kf3) , e "
— [dt< (£) (2) (Pk(t) (t)) >}
_ . s %<x(k5+2) (t) (k—s+2) (l’), ( 1)m 3(}% (t)x* (t))( - )>:| (7)

Then in view of Eq. (7) in the definition of B, we have an efficient formula:

- {% (0 (t),pk(t)x*(t)ﬂ
32 L% )~ 242, (pulo” <t>>’>} ()
*ki G (0 -, (pk<t>x*<t>>”>]
S k; {% <5 ) _ zh20), (<1 (pu (0" (t))<s_3>>]

|:£ .X‘ (F s+1 .9~C(k_5+1) (t), (_1)572 (pk (t)x* (t))(s—2)>:|

+ dt

T M“

dt< (t) = (), (<1 (p(0)x” (1))

Then taking into account the structure of B in Eq. (8), we can compute the
integral on the right-hand side of Eq. (6) as follows:

1

IBdt _3 { =00 - 5400, py o <t>>}

k=1 0
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Thus, integrating B, we can obtain

[ Bar =3[ (00 =54, p 0 )
0

k=1

() 0,y )

(=2 =521, (p " (1)) = (x*2(0) =2 2(0), (py(0)x" (0)) )

k=2

+3[(5 ) = 23, (s 1))
k=3

—(x#9(0) =2*9(0), (p,(0)x*(0))")]
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Here by suitable rearrangement and necessary simplification, we have

det -y [(xED () = 2570 (1), p, (15 (1))
0

k=1

In order to make use of the transversality condition Eq. (ii), we rewrite it in a
more relevant form:

- = (x670(0) = #2(0), ~D[p,(0)x” (0)] +p,4(0)x" (0) )
—(x¢71(0) = £ 1(0),p,(0)x" (0) ) > 0;¥x (0) €Kg, ((0)),

k=0, ...,s — 1. Thus, from Egs. (6) and (9), we have
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Using the derivative operator D, it is not hard to see that the relation described
above can be expressed in a more compact form:

k=0

02 <SZ () DT p, (W (D] x(1) 56(1)>

s—2
+< (—1)SkzDs_k_z[px_k(l)x*(1)],x'(1)—92’(1)>+.... (10)
k=0

~(Dlp,(x (1] = p, 4 Wx" (1,562 (1) =5°2(1))

+Hp " (0,2~ 2.

Furthermore, applying the definition of the transversality condition Eq. (iii) for
all feasible arc x(-), we have

(11)

Then from the last two inequalities Egs. (10) and (11) for all feasible arc x(-), we

have immediately ¢ (x(1),x'(1), ..., x¢~V(1)) > (p(ic(l),fc’(l), ,Kc(sfl)(l)> , that is,
x(-) is an optimal trajectory. []
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Remark 3.1. It can be noted that in the particular case, if p,(t) = p(¢),p,(t) =
p'(t), where p(-) : [0,1] — (0, ), the second-order linear differential operator
Lx = p,(t)x" + p,(t)x’ is a well-known self-adjoint Sturm-Liouville operator
Lx = (px')".

Corollary 3.1. Let F(-,t) be a closed set-valued mapping. Then under the
assumptions of Theorem 3.1, the conditions Eqgs. (i) and (iii) can be rewritten in
terms of Hamiltonian function as follows:

L*x™(t) € o Hp(x(t),x" (¢),t); .Lx(t) € 0,- H(X(t),x " (¢),%),a.et €[0,1]
Proof. Indeed, by Theorem 2.1 ([23], p. 62) and Lemma 5.1 [14], we can write.
F*(v";(x,v),t) = 0xHp(x,v",t),and Fg(x,v",t) = 0, Hp(x,v™,)

respectively. Then it is easy to see that the result of corollary are equivalent with
the conditions Egs. (i) and (iv) of Theorem 3.1. []

Below nonconvexity of a set-valued mapping F(-,¢) means that its
Hamilton function in general is a nonconcave function satisfying the condition

Eq. (a).

: ’I(‘h)eorem 3.2. Suppose that we have the “nonconvex” problem (Py), that is,
@ : (R"Y — R'and F(-,t) : R"3R" in general are nonconvex function and set-
valued mapping, respectively. Moreover, suppose that Kg, (oE(j)(O)) ,xV(0) e Qj is
the cones of tangent directions to Qj, j=0,..,5s—1

Then for optimality of the trajectory x(-), it is sufficient that there exists an
absolutely continuous function x * (+), satisfying the following conditions:

a.L*x*(t)eF* (x*(¢); (x(t), Lx(¢t)), ), a.e. t €[0, 1],
s—1—j

b. Y (~1) D p, ,(0)%*(0)] €Ky <9E(j)(0)),j —0,..,5—1,
k=0 7

C. (U0, vty ey V51) — qo(fc(l),ic'(l), ,az@*l)(n)

k=0
Y, eR",j =0, ...,s — 1,

> z<2J (~) IO (1) (1)), fc“><1>>,
2

d. (Lx(¢),x*(t)) = Hp(x(¢),x*(t),t), a.e. t €0, 1].
Proof. In the proof of Theorem 3.1, we have used the following inequality:

Hp(x(t),x* (t),t) — Hr(x(t),x* (¢),¢)

< <Z (=1 (p(0)x " (1)) ™, x(2) —5c(t)>. (12)

k=1

Hence, from the inequality Eq. (12), immediately we have the inequality
Eq. (10). Moreover, setting v; = x7(1)(j =0, ...,s — 1) for all feasible trajectories
x(+), it is not hard to see that for nonconvex ¢ the following inequality holds:
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s—1 [s—1+j _ _ . .
> < (1D, (W (1], 50(1) - x<f><1>>,j S0, 1,

Then for the furthest proof, we proceed by analogy with the preceding deriva-
tion of Theorem 3.1. []

4. Some applications to optimal control problems with PLDOs

In this section we give two applications of our results. The first one is the
particular Mayer problem for differential inclusions involving PLDOs with constant
coefficients, and the second one concerns optimization of “linear” differential
inclusions with PLDOs and constant coefficients. Thus, suppose now we have the
following optimization problem (for simplicity we consider a convex problem) with
sth-order PLDO with constant coetficients:

Minimize ¢ (x(1)),
(Pc) Lx(t) €F(x(t),t), ae. t€[0,1],Lx = D'c + p,D° 'x + ... +p, Dx
%(0) = a0, x'(0) = a1, x"(0) = @y, ..., x* Y (0) = a,_1, . (13)
where L is the sth-order polynomial operator, p,,k =1, ...,s — 1 are some real
constants, F(-,t) : R"=R” is a convex set-valued mapping, ¢, : R” — R is a con-
tinuous convex function, and a; €R", j =0, ...,s — 1are fixed n-dimensional vec-
tors. It is known that the multiplication operation is commutative for polynomial

linear differential operators with constant coefficients. On the other hand, the sth-
order adjoint operator is defined as follows:

L*x* _ (_1)5sz* + (_1)371p1Ds71x* 4o —Ps,le*-

Corollary 4.1. Let ¢, and F(-,¢) be a convex function and a set-valued mapping,
respectively. Then, for the trajectory x(-) to be optimal in the problem (Pc), it is
sufficient that there exists an absolutely continuous function x * (-) satisfying the
Euler-Lagrange type differential inclusion.

L¥x™ () € F" (™ (2); (%(2), Lx(2)), 1); (LX(2), x ™ (¢)) = Hp(x(2),x " (2)),
ae te[0,1, L x* = (—1)’x*® + (=1 p* TV 4o —p_x*
and transversality condition at the endpoint¢ = 1.
(=1)’x* V(1) € gy (%(1)),x*P (1) = 0,j = 0, ...,m — 2.
Proof . We conclude this proof by returning to the conditions Eqgs. (i)—(iii) of

Theorem 3.1. Clearly, a problem (P¢) can be reduced to the problem of form (Py),
where
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It follows that o 1),x' (1), ...,x5"Y(1)) = 9, 1 0,..,0).Onth
ollows that dg (x(1),x'(1) x1(1)) Po(x(1)) x ( 1 ). On the

other hand, since p (t) = l,pj(t) =P andj =1, ...,s — 1 are constants, by
sequentially substitution in the transversality condition Eq. (iii), we derive that

s 1 | | |
() I (Dt (V)] =x* (1) =0, =1, s — 1,
k=0
and therefore forj = 0.
s—1 L
(=D D p, (D™ (D] = (=) "4 (1) € 9o (%(1)).00
k=0

Suppose now that we have the so-called linear Mayer problem with PLDOs:

Minimize ¢, (x(1)), (14)
Lx(t) eF(x(t),t), a.e. 2€]0,1],
x(0) = aj,j = 0, ...,s — 1,F(x,t) = A(t)x + B(t)U (15)

where ¢, differentiable convex function; A(z) and B(t) aren X n and n x r
continuous matrices, respectively; U is a convex compact of R”; @] =0, ..,s—1
are constant vectors. It is required to find a control function #(-) such that the
corresponding trajectory x(-) minimizes the Mayer functional ¢, (x(1)).

In fact, this is optimization of Cauchy problem for “linear” differential inclu-
sions with PLDO. The controlling parameter «(-) is called admissible if it only takes
values in the given control set U which is a nonempty, convex compact.

Theorem 4.1. The arc x(t) corresponding to the controlling parameter #(t) is a
solution to Egs. (14) and (15) if there exists an absolutely continuous function x *(-),
satisfying the Euler-Lagrange type differential equation, the transversality condi-
tion, and Weierstrass-Pontryagin maximum principle:

L*x*(t) = A* (t)x* (£),a.e. t€]0,1],
(—1)°x* V(1) = ¢ (%(1)), x* (1) = 0,j = 0, ...,s —2
(Bt)u(t),x" (1)) = max (B(t)u,x" (t)).

Proof. Obviously, the Hamiltonian is

Hp(x,v*,t) = (A(t)x,v™) + max (B(t)u,v ™).

uelU
Hence,
F*(v™;(x,0),t) = 0xHp(x,v",t) = A" (t)0* , 0 E€Fa(x,v™,t)0 = A(t)x + B(t)u

where the argmaximum inclusion 0 € F4 (x,v*,t) implies that (B(¢)u,v*) =
max,cy(B(t)u,v*)and F* (v*; (x,0),t) # @. Thus, applying Theorem 3.1, we obtain

L*x*(t) = A* (t)x* (t), Li(t) €Fa(®(t),x* (£),2)
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(Bt)a(t),x™ (t)) = max (B(t)u,x" (t)).

Consequently, the transversality condition Eq. (ii) of Theorem 3.1 is
unnecessary and by Corollary 4.1 (—1)'D° 'x* (1) = ¢}, (x(1)),

Dx*(1)=0,j =0, ...,s — 2.

Remark 4.1. Suppose that in the definition of sth-order PLDO (see Eq. (13))
s=1,p,=0,i=1,..,5 —1and U is a convex closed polyhedron. Then we have
linear equations with variable coefficients x’ = A(t)x + B(t)u,u € U in the finite
time interval ¢ € [0, 1]. Obviously, for such problems an adjoint Euler-Lagrange type
differential equation and transversality condition at a point ¢ = 1 consist of the
following: x*'(t) = —A™* (t)x* (t),x* (1) = —¢y(x(1)). We remind that along with
Pontryagin’s maximum principle (see, e.g., [24]) under the condition for generality
of position for time-optimal problem, the existence results of optimal control are
proved.

Example 4.1. Let us consider the following Mayer problem with second-order
PLDO Lx = D’x = x":

Infimum ¢(x(1),x'(1)) is subject tox” = u,u € [-1,1],x(0) €Q,,x'(0) €Q;.
(16)

Here (x(1),'(1)) = (1) —x(1) and Qg = {0},Q; = {1}.

It should be noted that substituting F(t) = u(t),x"(¢t) = a(¢),m = 1into Newton’s
second law F(t) = ma(t), we have x” = u.

Obviously, in this problem F(x,t) = F(x) = {u : [u| <1},s = 2.

Then Eq. (16) has the form:

Infimum ¢(x(1),x(1)) is subject to Lx € F(x),t € [0,1],x(0) = 0,x'(0) = 1.
(17)
It can be easily seen that in the adjoint inclusion Eq. (i).

—D(py(0)x* (£)) + D*(p,(t)x* () €F* (x* (1); (%(2), LX(2)))
of Corollary 3.1 p,(t) = 0 and p,(t) = 1, and so we have

x*"(t) €F" (™ (1); (%(2),X"(2))).

Now, it is not hard to see that
Hp(x,0™) = mjlx{uv* Dul <1} = | (18)

and
F*(v";(x,v)) = 0xHp(x,v*) =0, vEeFs(x,v") = {1, +1}. (19)

Then taking into account Lx* = d’x* /dt’, as a result of Theorem 3.1 (see also
Corollary 3.1) from Eq. (19), we deduce that

x*"' =0, t€[0,1],

for which the solution is a linear function of the form x* (t) = Cyt + C;, where
Ci1, C, are arbitrary constants. Then Eq. (18) implies that %(t)x* (t) = |x*(t)| or

154
WORLD TECHNOLOGIES




Functional Calculus: Concepts and Applications

i) = { sgnx*(t), if x*it) #0, (20)

Vuoe[-1,1], if x*(t) = 0.

Further, from the linearity of x* () and from Eq. (20), we insure that each
optimal control function is a piecewise constant function.

In addition, by the transversality condition Eq. (iii) of Corollary 3.1, we can
write.

(x*'(1), —x* (1)) € dp(x(1),x'(1)). On the other hand, it is not hard to see that
@(x,y) = y* — x is a convex function; in fact, the 2 x 2 Hessian matrix

Prx(%,9) coééy(x,y)] _ {0 o]

i x, —
vy L);;(x,w Aoy ] Lo 2
is a positive semidefinite, that is, all eigenvalues of ¢"(x,y) are nonnegative.

Indeed, denoting this matrix by A, we see that the characteristic equation

|A — AE| = 2* — 24 = 0 (E is a 2 x 2 unique square matrix) has two real nonnegative
eigenvalues 1; = 0, 4, = 2. Consequently, ¢(x,) is convex and dp(x,y) = (—1,2y).
It follows that dp(x(1),%'(1)) = (—1,2%'(1)). Comparing this relation with

(x*'(1), —x* (1)) € dp(x(1), %' (1)), we immediately have x*/(1) = —1,x* (1) =
—2%'(1). Then from a general solution of the adjoint Euler-Lagrange type inclusion
(equation) x* (¢) = Cit + C3, we have —2%'(1) =x*(1) = C; + C;, —1=x"'(1) =
C; (Cy1, C; are arbitrary constants), and sox* (£) =1 —t — 2x'(1), whence x * (¢) # 0,
if t # 7 =1—2%(1). Therefore, Eq. (20) implies that for optimal control #(-), there
are four possibilities:

at)=1, x*(t)>0, t€[0,1]. (21)

u(t) =-1, x*(t)<0,t€][0,1]. (22)
1, if 0<t<r,

oy 5

a(r) {—1, if t<t<1. (23)
-1, if 0<t<r,

i(t) = 24

(1) { 1, if r<t<1. (24)

(observe that 7 is a point of discontinuity of #(-) and the values of the control
functions #%(-) at a point of discontinuity 7 are unessential). As a consequence, it
follows that either the sign of the linear function x * (¢) does not change for the
whole interval [0,1] orx* (£) > 0,0 <t <7;x* () <0,7 <t <1 for a some 7 in the
interval 0 <7 <1 (the case Eq. (24) is excluded). Therefore, since #(t) is a piecewise
constant function, having not more than two intervals of constancy, we have
either the cases Egs. (21) and (22) or the case Eq. (23). In general, using
Egs. (21)-(23), by solving the Cauchy problem

x"(t) =u(t), x(0) =0,x'(0) =1 (25)

we have a unique solution of the initial value problem Eq. (25). Thus for the time
interval on which u = 1, we have x/(¢) =t + ¢1; x(¢t) = t2/2 + c1t + ¢2 (c1,¢2 are con-
stants). From Eq. (25) we obtain.

X'(t) =t +Lx(lt)=t>/2+t. (26)
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By analogy, for # = —1 we have.
x(t)=1—t; x(t) = —t*/2 +t. (27)

Now, let x1(t) and x,(¢) be parabolas of Egs. (26) and (27), respectively. Here,
in the case Eq. (21), u(¢t) = 1,£ €0, 1], and so from Eq. (26), we have x1(1) =

0.5+1=1.5x](1) = 2. Consequently, the value of problem Eq. (16) is
~12

@ (x%1(1),%7(1)) = x,7(1) — %1(1) = 2% — (1.5) = 2.5, if (t) = 1,£ €[0, 1]. By a similar
way, for a control function #(t) = —1,¢ €0, 1] from Eq. (27), we obtain that
x2(1) = —1/24+ 1= 0.5,x5(1) = 0 and ¢(x»(1),%5(1)) = 0* — (0.5) = —0.5.

On the other hand, in the case Eq. (23), the control function #(t) first is equal to
+1 and then equal to —1, and the trajectory x(¢) consists of two pieces of parabolas
x1(¢) and x,(¢) (x(¢) is continuous and piecewise smooth on the interval 0 <t <1).
Then the solution of the equation Eq. (25) on the interval 0 <z <7 is given by
Eq. (26); at a point 7 are satisfied x1(7) = 72/2 + 7, x/(z) = 1+ 7. Consider now the
initial value problem:

%" (t) = =1, x2(7) = 7*/2 + 7,x5(7) = 1+ 1,t €[, 1]. (28)

It is clear that (7%/2) + 7 = x2(7) = —(¢?/2) +cit +c; and 1+ 7 = x)(7) =
—17 4 ¢1 from which we obtain that the solution of the initial value problem Eq. (28)
is x5(t) = —(¢*/2) + (1 + 21)t — 7. Substituting the value r = 1 — 2x'(1) into equa-
tion x5 (¢) = 1 — ¢ + 27, we have 5x,(1) = 2, x5(1) = %'(1) = 0.4 (it follows that z =
0.2). Moreover, %3(1) = 2z — 72 + (0.5) and %,(1) = %(1) = (3/2) — 4x'*(1) = 0.86.
Thus, the value of our Mayer problem is p(%(1), &' (1)) = #°(1) — x(1) =
(2/5)* — (43/50) = —0.7, where #(z) is defined as in Eq. (23). Comparing the values
2.5, — 0.5, — 0.7, we believe that the value of Mayer problem is —0.7.

5. Sufficient conditions of optimality for second-order evolution
differential inclusions with endpoint constraints

Note that in this section the optimality conditions are given for second-order
convex differential inclusions (Py;) with convex endpoint constraints. These condi-
tions are more precise than any previously published ones since they involve useful
forms of the Weierstrass-Pontryagin condition and second-order Euler-Lagrange
type adjoint inclusions. In the reviewed results, this effort culminates in Theorem
5.1:

Minimize g(x(1),x'(1)),
(Pm) x"(t) €F(x(t),x'(t),t),a.e. t€]0, 1],
x(0) = x9,x'(0) = x1;x(1) € Mo, x'(1) €My,
where g is a convex continuous function, F(-,¢) : R*=R" is convex set-valued
mapping, and My, M1 CRR" are convex sets.

The following adjoint inclusion is the second-order Euler-Lagrange type inclu-
sion for the problem (Py):

. (x*(t) +0*'(¢),0* (¢)) €F* (x* (¢); (%(¢),x' (), %" (¢)),1),a.e. t€]0,1],
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where
by. X" () €Fa(x(t),x' (t);x* (¢),1), a.e. t €[0,1].

In what follows we assume that x * (¢), £ € [0, 1] is absolutely continuous function
together with the first-order derivatives for which x*” () € L}([0, 1]). Besides the
auxiliary function v * (¢), ¢ € [0, 1] is absolutely continuous and v *' (-) € L} ([0, 1]).

The transversality conditions at the endpoint t = 1 consist of the following:

cr. (07 (1) +27(1), =™ (1)) € g (%(1), X'(1)) — Ky, (%(1)) x Ky, (% (1))

Now we are ready to formulate the following theorem of optimality.

Theorem 5.1. Suppose that g is a continuous and convex function, F(-,¢) is a
convex set-valued mapping, and My, M; are convex sets. Then for optimality of the
feasible trajectory x(¢) in the problem (Py), it is sufficient that there exists a pair of
absolutely continuous functions:

{x™ (@), 0" (1)},1€[0,1]

satisfying a.e. the second-order Euler-Lagrange type inclusions Egs. (4;) and
(b1) and the transversality condition Eq. (c;) at the endpointt = 1.

Proof. By the proof idea of Theorem 3.1 from Egs. (41) and (b;), we obtain the
adjoint differential inclusion of second order:

(x*"(&) + 0" (),0" (t)) € Oy Hp (X (), X (t), x* (¢),2),t €0, 1].
On the definition of subdifferential set of the Hamiltonian function H(-,¢) for

all feasible trajectory x(t), € [0, 1], we rewrite the last relation in the equivalent
form:

Hp(x(t),x'(t),x* (t),t) — Hp(x(t),x'(t),x " (£),1)
<)+ o (2),x(t) —x(2)) + 0 (2),x' () — X' (2)). (29)

Now by using definition of the Hamiltonian function, the inequality Eq. (29) can
be reduced to the inequality

0> ((x(t) — %(£))", " (£)) — (™" (8),(2) — X(£)) — 6% (7 (1),%(t) = x(z)). (30)

Integrating of the inequality Eq. (30) over the interval [0, 1], we derive that

0 [[(6te) = )" () — " "0).x(0) — (el

+(@7(0),%(0) =x(0)) — (v~ (1),%(1) —x(1)). (31)

For convenience we transform the expression in the square parentheses on the
right-hand side of Eq. (31) as follows

(e () = 2(2)) 0™ (£)) — (™" (2), () — X(2))
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=%<(x(t) — (), x"(t)) —%(x*’(t),x(t) — %(2)).

Thus by elementary property of the definite integrals, we can compute the
integral on the right-hand side of Eq. (31):

- , N (32)
—{c™(1),2(1) —%(1)) + (x*'(0),x(0) — x(0))
Then substituting Eq. (32) into Eq. (31), we have
0> (x'(1) —x'(1),x* (1)) — (x'(0) —x'(0),x*(0) (33)

—(@* (1) +x"'(1),x(1) —x(1)) + (v (0) + x*'(0),x(0) — x(0)).

Now, remember that x(-), x(-) are feasible trajectories and x(0) = x(0) = xo and
x'(0) = x'(0).
= x1 . Then it follows from Eq. (33) that

0> (x'(1) —x'(1),x* (1)) — " (1) +x""(1),2(1) — x(1)). (34)

Now, thanking to the transversality conditions Eq. (c;) at the endpoint ¢ = 1, we
can rewrite

gx(1),%'(1)) — g(&(1), x'(1)) 2 (0 * (1) + (1) +x (1), x(1) — %(1))
(1) — 2 (1), (1) — 2'(1)), x* (1) €Ky (X(1)), x*(1) €Ky (*'(1))

or, in other words

gx(1),%'(1)) —g(x(1),x'(1))
> " (1) +x7(1),x(1) - %(1)) — (x*(1),%'(1) - %'(1)) (35)

Thus, summing the inequalities Egs. (34) and (35) for all feasible trajectories
x(-), satisfying the initial conditions x(0) = x¢ and x’(0) = x1 and endpoint con-
straints x(1) € My, x'(1) € M1, we have the needed inequality:

g(x(1),4'(1)) —g(x(1),%'(1)) 2 0 or g(x(1),x'(1)) 2 g (x(1),x'(1)). I

6. Conclusion

According to proposed method, the problem with the differential inclusions
described by polynomial linear differential operators is investigated. Obviously, this
problem is an important generalization of problems with first-order differential
inclusions. Thus, sufficient conditions of optimality for such problems are deduced.
Here the existence of nonfunctional initial point or endpoint constraints generates
different kinds of transversality conditions. Besides, there can be no doubt that
investigations of optimality conditions of problems with second- and fourth-order
Sturm-Liouville type differential inclusions can play an important role in the devel-
opment of modern optimization and there is every reason to believe that this role
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will be even more significant in the future. Thus, the suggested problem with linear
differential operators and variable coefficients can be used in various forms in
applied problems.
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Chapter 11

Spectral Analysis and Numerical
Investigation of a Flexible
Structure with Nonconservative
Boundary Data

Marvianna A. Shubov and Laszlo P. Kindrat

Abstract

Analytic and numerical results of the Euler-Bernoulli beam model with a two-
parameter family of boundary conditions have been presented. The co-diagonal
matrix depending on two control parameters (k; and k,) relates a two-dimensional
input vector (the shear and the moment at the right end) and the observation
vector (the time derivatives of displacement and the slope at the right end). The
following results are contained in the paper. First, high accuracy numerical approx-
imations for the eigenvalues of the discretized differential operator (the dynamics
generator of the model) have been obtained. Second, the formula for the number
of the deadbeat modes has been derived for the case when one control parameter,
k1, is positive and another one, &, is zero. It has been shown that the number of
the deadbeat modes tends to infinity, as k; — 1" and k, = 0. Third, the existence of
double deadbeat modes and the asymptotic formula for such modes have been
proven. Fourth, numerical results corroborating all analytic findings have been
produced by using Chebyshev polynomial approximations for the continuous
problem.

Keywords: matrix differential operator, eigenvalues, Chebyshev polynomials,
numerical scheme, boundary control

1. Introduction

The present paper is concerned with the spectral analysis and numerical inves-
tigation of the eigenvalues of the Euler-Bernoulli beam model. The beam is
clamped at the left end and subject to linear feedback-type conditions with a non-
dissipative feedback matrix [1, 2]. Depending on the boundary parameters k; and
k>, the model can be either conservative, dissipative, or completely non-dissipative.
We focus on the non-dissipative case, i.e., when the energy of a vibrating system
is not a decreasing (or nonincreasing) function of time. In our approach, the initial-
boundary value problem describing the beam dynamics is reduced to the first order
in time evolution equation in the state Hilbert space H. The evolution of the system
is completely determined by the dynamics generator Ly, ,, which is an unbounded
non-self-adjoint matrix differential operator (see Egs. (2), (3), and (8)).
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The eigenmodes and the mode shapes of the flexible structure are defined as the
eigenvalues (up to a multiple 7) and the generalized eigenvectors of Ly, ,.

Based on the results of [1, 2], the dynamics generator has a purely discrete
spectrum, whose location on the complex plane is determined by the controls k1 and
k,. Having in mind the practical applications of the asymptotic formulas [3-5], we
discuss the case of k1 > 0 and k, > 0, such that |k| + |k2| > O (see Proposition 2). As
shown in [2], even though the operator £, r, is non-dissipative, for the case k1 >0
and k; = 0 (or k; = 0 and k, > 0), the entire set of eigenvalues is located in the
closed upper half of the complex plane C, which means that all eigenmodes are
stable or neutrally stable. (We recall that to obtain an elastic mode from an
eigenvalues of £, 1,, one should multiply the eigenvalue by a factor 7).

In the paper we address the question of accuracy of the asymptotic formulas for
the eigenvalues. Namely, under what conditions the leading asymptotic terms in for-
mulas (20) and (21) can be used for practical estimation of the actual frequencies of the
flexible beam? Numerical simulations show that the accuracy of the asymptotic
formulas is really high; the leading asymptotic terms can be used by practitioners
almost immediately, i.e., almost from the first vibrational mode. The second
question is concerned with the role of the deadbeat modes. A deadbeat mode is a
purely negative elastic mode that generates a solution of the evolution equation
exponentially decaying in time. The deadbeat modes are important in engineering
applications. As we prove in the paper, when the boundary parameter & is close to 1
(while 2, = 0), the number of the deadbeat modes is so large that the corresponding
mode shapes become important for the description of the beam dynamics. More
precisely, the number of deadbeat modes tends to infinity ask; — 1.

We have also shown that there exists a sequence of values of the parameter k;,

ie., {kg”)} e such that for each k1 = kg") there exist a finite number of deadbeat
n=
modes and each corresponds to a double eigenvalue of the dynamics generator Ly, ,.

For each value kg"), the operator L, x, has a two-dimensional root subspace spanned
by an eigenvector and an associate vector. This result means that for a double

deadbeat mode (corresponding to kg")), there exists a mode shape and an associate
mode shape. This fact indicates that for some values of k; and k,, there exists a
significant number of associate vectors of £, 1,. Therefore, if one can prove that the
set of the generalized eigenvectors (eigenvectors and associate vectors together)
forms an unconditional basis for the state space, then construction of the
bi-orthogonal basis [6] would be a more complicated problem than for the case
when no associate vectors exist.

Finally, we mention that the feedback control of beams is a well-studied area
[6], with multiple applications to the control of robotic manipulators, long and
slender aircraft wings, propeller blades, large space structure [7, 8], and the
dynamics of carbon nanotubes [9]. The analysis of a classical beam model with
nonstandard feedback control law that originated in engineering literature
[4, 10-12] may be of interest for both analysts and practitioners.

This paper is organized as follows. In Section 1 we formulate the initial-
boundary value problem for the Euler-Bernoulli beam model. In Section 2, we
reformulate the problem as an evolution equation in the Hilbert space of Cauchy
data (the energy space). The dynamics generator Ly, ,, which is a non-self-adjoint
matrix differential operator depending on two parameters, kq and k,, is the main object
of interest. The eigenvalues and the generalized eigenvectors of £, r, correspond to
the modes and the mode shapes of the beam. We also give numerical approxima-
tions and graphical representations of the eigenvalues of a discrete approximation
of the main operator (see Tables 1 and 2 and Figures 1 and 2). In Section 3,
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ki =0,k; =05El=1,p=01,N = 64,¢ =10

No. Numerical Analytic No. Numerical Analytic

1. —7988.1 +237.00: —7988.1 + 237.007 18. 28.860 + 13.515i 29.453 + 14.812i
2. —7020.6 + 222.19i —7020.6 + 222.19i 19. 123.16 +29.723i 123.08 + 29.625i
3. —6115.5 +207.37i —6115.5 + 207.37i 20. 279.13 + 44.431i 279.14 + 44.437i
4. —5272.8 + 192.56i —5272.8 + 192.56i 21. 497.61 + 59.250i 497.61 + 59.250i
5. —4492.5 + 177.75i —4492.5 + 177.75i 22. 778.50 + 74.062i 778.50 + 74.062i
6. —3774.7 +162.94i —3774.7 + 162.94i 23. 1121.8 + 88.8751 1121.8 + 88.875:
7. —3119.3 4 148.12 —3119.3 +148.12¢ 24. 1527.6 + 103.69i 1527.6 +103.69i
8. —2526.3 4+ 133.31 —2526.3 +133.31i 25. 1995.7 + 118.50¢ 1995.7 + 118.50:
9. —1995.7 4- 118.50: —1995.7 4+ 118.50: 26. 2526.3 4+ 133.31i 2526.3 +133.31;
10. —1527.6 4 103.69i —1527.6 + 103.69i 27. 3119.3 4 148.12; 3119.3 4 148.12
11. —1121.8 + 88.875¢ —1121.8 + 88.875: 28. 3774.7 +162.94i 3774.7 +162.94i
12. —778.5 +74.062i —778.5+74.062i 29. 4492.5+177.751 4492.5+177.751
13. —497.61 + 59.250i —497.61 + 59.250i 30. 5272.8 +192.56i 5272.8 +192.56i
14. —279.13 + 44.431; —279.14 + 44.437i 31. 6115.5 4 207.37i 6115.5 + 207.37i
15. —123.16 + 29.723i —123.08 + 29.625: 32. 7020.6 + 222.19i 7020.6 + 222.19i
16. —28.860 + 13.515i —29.453 + 14.812i 33. 7988.1 +237.00: 7988.1 4 237.00i
7. —22-10Y 4+ 4.6007i

Table 1.

Approximations of the eigenvalues for the discrete and “continuous” operators (IC>1).

we study the deadbeat modes and derive the estimates for the number of the
deadbeat modes from below and above for different values of the boundary param-
eters (see Figure 5). Section 4 is concerned with the asymptotic approximation

for the set of double deadbeat modes (see Tables 3 and 4 and Figures 6 and 7).

In Section 5, we outline the numerical scheme used for the spectral analysis of the
finite-dimensional approximation of the dynamics generator.

1.1 The initial-boundary value problem for the Euler-Bernoulli beam model
of a unit length

The Lagrangian of the system is defined by [10, 11]

1

1
3 [ et AG ) — B, (5.0, (1)

where /(x, ) is the transverse deflection, E(x) is the modulus of elasticity, I(x) is
the area moment of inertia, ¢(x) is the linear density, and A(x) is the cross-sectional
area of the beam.

Assuming that the beam is clamped at the left end (x = 0) and free at the right
end (x = 1), and applying Hamilton’s variational principle to the action functional
defined by (1), we obtain the equation of motion

() A (x)har (6, 8) + (B () (5, £)) e = 0,

0<x<1 >0, (2)
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k1 =13,k; =12,E1 =10,p = 0.1, N = 64, ¢ =10 *°

No. Numerical Analytic No. Numerical Analytic

1. —25266 — 229.07i —25266 — 229.07i 18. 99.467 — 19.816i 98.177 — 14.317i
2. —22206 — 214.76i —22206 — 214.76i 19. 394.17 — 28.149i 394.26 — 28.634i
3. —19344 — 200.44i —19344 — 200.44i 20. 887.75 — 42.983i 887.75 — 42.951i
4. —16679 — 186.12i —16679 — 186.12i 21. 1578.6 — 57.267i 1578.6 — 57.268i
5. —14212 — 171.81i —14212 — 171.81i 22. 2466.9 — 71.586i 2466.9 — 71.585i
6. —11942 — 157.49i —11942 — 157.49: 23. 3552.5 — 85.902; 3552.5 — 85.903:
7. —9869.1 — 143.17i —9869.1 — 143.17i 24. 4835.6 — 100.22; 4835.6 —100.22;
8. —7993.9 — 128.85i —7993.9 — 128.85i 25. 6316.0 — 114.544 6316.0 — 114.54
9. —6316.0 — 114.544 —6316.0 — 114.544 26. 7993.9 — 128.85i 7993.9 — 128.85i
10. —4835.6 — 100.22; —4835.6 — 100.22i 27. 9869.1 — 143.17i 9869.1 — 143.17:i
11. —3552.5 —85.902 —3552.5 - 85.903; 28. 11942 — 157.49i 11942 — 157.49i
12. —2466.9 — 71.586i —2466.9 — 71.585i 29. 14212 — 171.81i 14212 — 171.81i
13. —1578.6 — 57.267i —1578.6 — 57.268i 30. 16679 — 186.12; 16679 — 186.12i
14. —887.75 — 42.983; —887.75 — 42.951i 31. 19344 —200.44i 19344 —200.44i
15. —394.17 — 28.149i —394.26 — 28.634i 32. 22206 — 214.76i 22206 — 214.761
16. —99.467 — 19.816i —98.177 — 14.317: 33. 25266 — 229.07i 25266 — 229.07i
17. 15107 + 7.7256i

Table 2.

Approximations of the eigenvalues for the discrete and “continuous” operators (I < —1).

k1=0,ky=05 EI=1,p=01,N=64, ¢ =102

250 -
b3
X X
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-8000 -6000 -4000 -2000 0 2000 4000 6000 8000
Re A
Figure 1.
Graphical representation of the eigenvalues of the discrete and “continuous” operators (IC>1).
and the boundary conditions
h(0,6) = he(0,£) =0  and  M(Lz) = Q(L,£) = O, 3)
where M(x,t) and Q (x,t) are the moment and the shear, respectively [10]:
M(x,) = E@)(0helx,t)  and  Qx,t) = M(x,). (4)
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ky =13,k =12 EI=10,p=01, N =64, ¢; = 102

O O Numerical
& X Analytic
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D X
X X
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Graphical vepresentation of the eigenvalues of the discrete and “continuous” operators (IC< —1).

k,=0,EI=1,p=1,N = 64, ¢ =10 >°

No. ki =1+10"* ki =1+10"7 ky=1+10"1°
1. —222.22 4 155.56i ~176.06 + 264.07i ~106.90 + 372.41i
2. —133.38 + 124.451 —87.723 + 211.27i —2.4378 10716 1254 44
3. —64.540 + 93.396i —3.9609 - 1078 + 162.37i —3.0717 - 107 4 123.66i
4, —9.8081 + 58.559i —5.7977 -107% 4 116.23i ~1.3012-107Y + 4.9349i
5. ~7.7725-10"2' 4+ 5.0488i ~6.3661-10% + 44.182i -8.9232-107 %8 + 44.421i
6. 4.9365 -10~ 2 + 38.994i —6.0066 - 10720 + 4.9383i 8.9143 - 10718 + 44.406i
7. 7.8007 - 102 4 4.8257i 6.0114 - 10720 + 4.9313; 1.3012 - 107V 4 4.9347i
8. 9.8081 + 58.559i 6.6801-1072° 4 44.651 2.9907 -107Y +123.09;
9. 64.540 + 93.396i 2.9381-107"8 +139.20i 1.1286 - 1071° 4-234.06i
10. 133.38 + 124.45; 87.723 +211.27i 3.2280 - 10716 1 315.13;
11. 222.22 + 155.56i 176.06 + 264.07i 106.90 + 372.41i
Table 3.

Eigenvalues closest to the imaginary axis as kqy — 17,

Now we replace the free right-end conditions from Eq. (3) with the following
boundary feedback control law [2, 4]. Define the input and the output as

U()

[—Q(l, t)? M(17 t)]T

and

Y(t) = [h(1,0), hu(L,0)]",

(5)

where T stands for transposition. The feedback control law is given by

U(t) = KY(2),

where K is the 2 x 2 feedback matrix. We select

K = codiag(—ka, —k1),
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ky=0,EI=1,p=1,N = 64,e =10 %

# ki=1-10""* ky=1-10"" ki=1-1071°
1. —175.34 +140.01i —129.20 + 237.56i —60.143 + 338.80i
2. —96.394 + 108.84i —50.206 + 186.90i —8.6602 +240.01i
3. —36.896 + 78.778i —8.0431 + 121.15; —0.28608 + 123.37i
4, —6.0769 + 42.171i —0.23455 + 44.410i —0.0074192 + 44.413i
5. —0.11141 + 4.9324i —0.0035253 + 4.9348i —0.00011148 + 4.9348i
6. 0.11141 + 4.9324i 0.0035253 + 4.9348i 0.00011148 + 4.9348i
7. 6.0769 + 42.171i 0.23455 + 44.410i 0.0074192 + 44.413;
8. 36.896 + 78.778i 8.0431 + 121.15 0.28608 + 123.37i
9. 96.394 -+ 108.84i 50.206 + 186.90i 8.6602 + 240.01i
10. 175.34 + 140.01 129.20 + 237.56i 60.143 + 338.80i
Table 4.

Eigenvalues closest to the imaginary axis as ki — 17.

with k4, k; being the control parameters. The feedback (6) can be written as

EWI(Dhex(L,t) = —kihe(1,2)

and  (E(O)I( ) (6,8))x oy = kabie(1,2).  (8)

Finally, we arrive to the following initial-boundary value problem: the equation
of motion (2), the boundary conditions (3), and the standard initial conditions
h(xa O) = hO(‘x)’ ht(xa O) = hl(x)

Notice that the choice of a feedback matrix K defines whether the system is
dissipative or not. Indeed, let £(¢) be the energy of the system, defined by
representation (1). Evaluating & (¢) on the solutions of Eq. (2) satisfying the left-end
conditions from Egs. (3), we obtain

= /1 [0()A () (5, )y (5, 8) + E(2)I(5¢) e (5, 8) Pexe (56, 8) |
0

9)

— (B0 (5) s () ) e (68|, + E(DI(D s (1, ) (1,2).

Taking into account Egs. (4) and (6), we represent the right-hand side of Eq. (9)
as the dot product in R*:

gt(t) = _Q<17t)ht(17t) +M<17t)hxt(17t) = U(t) ) Y(t)

With the choice of K as in Eq. (7), we have

E(t) = {

b ol

—k1 O

[P

KY(t)-Y(2). (10)

} = ey + k) (1, D (1,8). (11)

Thus the system is not dissipative for all nonnegative values of k1 and ;.

2. Operator form of the problem

In what follows, we incorporate the cross-sectional area A(x) into the density,
write p(x) instead of ¢(x)A(x), and also abbreviate EI(x) = E(x)I(x). Let H be the
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Hilbert space of two-component vector functions U(x) = [uo(x),u1(x)]" equipped
with the following norm:

0 =5 [ [Bre s + pio) o) . (12)

Assuming that EI, p € C*(0,1) are positive functions, we obtain that the closure
of smooth functions U (x) = [uo(x), u1(x)]" satisfying uo(0) = u},(0) = 0 will
produce the energy space H = Hg(0,1) x L*(0,1). Here H3(0,1) = {u € H*(0,1) :
u(0) = 4'(0) = 0}, and the equality of function spaces is understood in the sense of
a Hilbert-space isomorphism.

Problem (2) with conditions (3) can be represented as the time evolution problem:

Ue(x,t) = i(Lsy, 1, U)(x,1) and U(x,0) = [uo(x),ul(x)]T, (13)

where 0 >x >1, ¢>0. The dynamics generator Ly, x, is given by the following
matrix differential expression:

0 1
. 2 2
ﬁ{ L 6_<Ef<x>a_) 0]’ (1)

defined on the domain

D(Lpr,) = {U = (o, u1)" € H : up e H*(0,1), uy €H3(0,1); u1(0) = u}(0) = 0;
EI(1)ub(1) = —kqus(1), (EI(x)ub(x))|,_, = koui(1)}. (15)

For any (k1,k;) € R?, the adjoint operator £,:1’ r, [13] is given by
i = Loty b (16)

ie., E,:fb 1, is defined by the same differential expression (14) on the domain
described in Eq. (15), where k1 and k, are replaced by (—k;) and (—k1),
respectively. It follows from Eq. (16) that Lo, is self-adjoint in H and thus £, is
the dynamics generator of the clamped-free beam model. For the reader’s conve-
nience, we summarize the properties of £, 1, from [1, 2] needed for the
present work.

Proposition 1:

1. Ly, k, is an unbounded operator with compact resolvent, whose spectrum
consists of a countable set of normal eigenvalues (i.e., isolated eigenvalues,
each of finite algebraic multiplicity [6, 13]).

2.For each (k1,k;) €R?, k1| + |k2| > 0, the operator Ly, 1, is a rank-two
perturbation of the self-adjoint operator Ly, ¢ in the sense that the operators

C,;l} k) and E(;, 10 exist and are related by the rule
Loty = L£6)0 + Thokos (17)

where 7T}, , is a rank-two operator. A similar decomposition is valid for the
adjoint operator, i.e.,
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(ﬁl':l}k2> - 58,10 + T]:l; ky? T]:l; ky = T—kz, —k+ (18)

From now on, we assume that the structural parameters are constant. In the case
of variable parameters, the spectral asymptotics will have the same leading terms
and remainder terms depending on parameter smoothness.

Proposition 2: Assume that kj, k; > 0 and kik; # Elp. Let

kit k s

The following asymptotic approximations for the eigenvalues 4, (as [#| — o) of
the operator £, x, hold:

1.If 1 <|K| < o0, then for |z| — oo one has

. |EI » 1 L, /K+1\ . K+1 —zln|
Jn = sign(Kn) ?|:(7[1’l) Zln (H) +iznln <mﬂ + O(ne ™). (20)
2.1f 0 < K <1, then for n — oo one has

. E M1 2_} (K +1 ([ 2n+1 K+1 |
/In—51gn(ICn)\/:[( Hr) 4ln 1) it In 1 + O(ne™ ™).

(21)

First of all, we address the question of accuracy of the asymptotic formulas (20)
and (21). By its nature, formula (20) (as well as formula (21)) means that for any
small € > 0, one can find a positive integer N, such that all eigenvalues 1, with
[n| >N + 1 satisfy the estimate

. EIl, » 1, ,/K+1\ . K+1
ﬂn—slgnmn),/;[(m ~n (m) +imnln (m)

for the case when 1< |K| < 0o and
2n+1 2—lln2 KA1\ L (nF 1) (K41
2 ") T2 \k—1) T T2 K—1

for the case when 0 < |K| < 1. The following important question holds: From
which index N can the eigenvalues be approximated by the leading asymptotic terms with
acceptable accuracy? In other words, can one claim that the asymptotic formulas
(20) and (21) are valuable to practitioners, or are they just important mathematical
results of the spectral analysis?

The results of numerical simulations (see Tables 1 and 2 and Figures 1 and 2)
show that the asymptotic formulas are indeed quite accurate. That is, if one places
on the complex plane the numerically produced sets of the eigenvalues, then the
theoretically predicted distribution of eigenvalues can be seen almost immediately.
To obtain these results, we used the numerical procedure based on Chebyshev
polynomial approximations [14-16], as outlined in Section 5.

<e¢ (22)

EI
A — sign(Kn) N

e

(23)
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k2

2. ij{//”///%{é

1
CLLLLLL Ll

// :}//s\ 1<K <oo

e i s s | B Biks =1 s = ko = —k

Figure 3.
Regions of K on the k1, ky-plane, A = \/EIp = 1.

In Figures 1 and 2, we represent the graphical distribution of the eigenvalues
corresponding to the discretized operator (“numerical” eigenvalues) and the lead-
ing asymptotic terms from Egs. (20) and (21) (“analytic” eigenvalues). In Tables 1
and 2, the numerical values of the corresponding graphical points on Figures 1 and
2 are listed. We have used the following notations: N = 64 is the number of grid
points on [0, 1], and & is the filtering parameter as described in Eq. (69). It can be
easily seen from the graphs and tables that the two sets of data coincide almost
immediately, i.e., the leading asymptotic terms in the approximations are very close
to the numerically approximated eigenvalues.

Figure 3 shows the sub-domains of the &, k;-plane, which correspond to differ-
ent intervals for the values of K defined by Eq. (19). On the sub-domain with dark
gray color K such that [IC| > 1, i.e., to evaluate the asymptotic approximation for the
eigenvalues, one needs formula (20), while on the complementary sub-domain, one
needs formula (21).

3. The deadbeat modes

An eigenvalue 4, of the dynamics generator £y, 1, is called a deadbeat mode if
An =1p,, P, > 0.If the corresponding eigenfunction is @, (x), then the evolution
problem (13) has a solution given in the form e!®, (x) = e #'®, (x), which tends
to zero without any oscillation.

As shown in paper [2], for the case when one of the control parameters is zero
and the other one is positive, the entire set of the eigenvalues is located in the closed
upper half plane. This result is not obvious since the operator is not dissipative; in
fact, it requires a fairly nontrivial proof. However, due to this fact, we assume that
any deadbeat mode can be given in the form if3, with > 0. To deal with the
deadbeat modes analytically, we rewrite the spectral equation (L, 1, ®)(x) = AD(x)
in the form of an equivalent problem for an operator pencil [17] as

Elg'" (x) = Zpg(x), 9(0) = ¢/(0) =0,

. . (24)
El¢p" (1) = —idke1p(1), Elp"" (1) = idky¢/ (1).
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If 2, and ¢, (x) are an eigenvalue and eigenfunction of the pencil (24), then 4, is

T
also an eigenvalue of £, 1, with the eigenfunction ®,(x) = [i 0, (%), 0, (x)} .

To solve problem (24), we first redefine the spectral and control parameters to
eliminate p and EI from Eq. (24). We define 4, k,, and k, by A = \/EI/p/ and
12]. = VEIpk;, j =1, 2. Substituting these relations into Eq. (24) and eliminating the
“tilde,” we obtain the following Sturm-Liouville eigenvalue problem:

@' (x) = Pp(x), @0)=¢'(0)=0, ¢"(1)=—idkip(1), ¢"'(1)=ilkry'(1).
(25)

The solution of Eq. (25) satisfying the left-end boundary conditions
¢(0) = ¢'(0) = 0 can be written in the form

p(4,x) = A1) [Cosh (\/ﬁ_x) — cos (\/Zx)} + B(4) [sinh <\/;lx> — sin (\/Ex)]
(26)

Substituting formula (26) into the right-end boundary conditions of Eq. (25),
one gets a system for the coefficients .A(4) and B(4):

A(2)[(1 + ikq)cosh V2 — (1 — iky) cos v/A]+
B(A)[(1 + tky)sinh v/2 — (1 — ik) sin v/Z] = 0,

A(2) (1= ik,)sinh VA — (14 ik;) sin \/ﬂ +

B(2)[(1 — iky)cosh VA + (1 + iky) cos /2] = 0.

(27)

Let A(4) be the determinant of the matrix of coefficients for .4(1) and B(4) in
Egs. (27). System (27) has nontrivial solutions if and only if A(1) = 0, i.e.,

(1 + kiks) + (1 = kyks)cosh A cos VA + i(ky + ky)sinh VAsin V2= 0. (28)

Theorem 1: The following results hold in the case when k1 > 0 and k&, = 0.
Similar results hold in the case when k; = 0 and &k, > 0.

1. For 0 < kq <1, the deadbeat modes do not exist.
2.For k1 = 1, there exist infinitely many deadbeat modes given explicitly by
M= oy =xa(141), Xy = %(274 +1), #=012.. (29

3.For any kq > 1, there exist a finite number N (k1) of deadbeat modes. Each
mode has the form A = %, u = x(1 + i), where x is a root of the function

H(x;k1) =2+ (1+ k1) cos2x + (1 — k1)cosh2x, x> 0. (30)
Let X (kq) = 5-cosh (1 + ﬁ) , and then N (k,) satisfies the estimate

2[X (k)] + 1< N (k1) < 2[X (k1)] + 3. (31)

Hence N (k1) — o0 ask; — 1*. (By [X] we denote the greatest integer less than or
equal to X).
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Proof: Let u = v/ = x(1 + 1), x > 0. Taking into account the relations

2cosh ucosu = cosh (1 +7)u + cosh (1 — i)y,
2isinh psinu = cosh (1+4)u — cosh (1 — i)y,

we reduce Eq. (28) to the following form:
24 (14 k1) cos2x + (1 —kq)cosh2x =0, x>0. (32)

It can be readily seen that if 0 <k; <1, then 2 + (1+ k1) cos2x > 0 and
(1 — kq)cosh 2x > 0, which means that Eq. (32) has no solutions. Statement (1) is
shown. Statement (2) follows immediately if one considers Eq. (32) for k; = 1.
To prove Statement (3), we rewrite Eq. (32) in the form

2 2
= 1 > >1.
cosh 2x k1—1+( +k1—1> cos2x, x>0, ki>1 (33)
The left-hand side of Eq. (33) is monotonically increasing, while the right-hand
side is sinusoidal, with maximum (1 + ﬁ) and minimum (—1), and period z. So
the graphs of the left- and right-hand side have intersections only on the interval
[O, cosh 1 (1 E ﬁ)} . There are two intersections for each full period of the

x107
| T k1 =14+10", N(ky) =2[X (k)] +1 ol
\\\\ k1 :1+1076‘9, N(k}l)IZ[X(kl)]+2 o
4l —kr = 1410787, N (k1) = 2[X (k)] + 3
N —cosh(2z)
X
.Y
3 S
N
N
N
2 e S
= -~ %
g N
i e A
0 — —
2
i
Figure 4.

Left- and right-hand side of Eq. (33) for different values of k.

ElI=1,p=1,N=64, k=0
T T T T T T T T T T

T
Il lower bound y
| actual count

[ Jupper bound

— =
(%) ot
T

Number of deadbeat modes

- I 22 N )

1 2 3 4 5 6 7 8 9 10 11 12 13 14 15 16
—loglo(kl — 1)

Figure 5.
Estimates and actual count of deadbeat modes based on numerical simulations.
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right-hand side that fits into the above interval (Figure 4). As it can be seen in

Figure 4, one should add at least one more intersection for the first half-period after

the full periods. Depending on the value of k;, the two graphs can have two

intersections, one tangential intersection or no intersections on the second half-

period. This leads to estimate (31). [ |
A graphical illustration of the result of Theorem 1 is shown in Figure 5.

4, Structure of the deadbeat mode set

The main result on the existence and distribution of double roots of the function
H(x; k) is presented in the statement below.
Theorem 2: For a given k1 > 1, the multiplicity of each root of H(x; k1) does not

exceed 2. There exists a sequence {kg") :n=20,1,2, }, such that the function

H(x; k1) has a double root if and only if k1 = kg”) for some 7. So the original spectral

problem with k; = kg"), ky = 0 has a double deadbeat mode 4, = ,uﬁ = Zixfl. The
following asymptotic formulas hold

X, = %” +an+P,' +0(P,?),  where P, = exp {37” + 2,,,1}, 34)

and
k" =1+ 4Pt 4+ 0(P?). (35)

Proof: If x is a double root of H, then H(x; k) = H'(x; k1) = 0, i.e., separating the
real and imaginary parts, we have

2+ (k1 + 1) cos2x — (k1 — 1)cosh2x = 0, (36)
(ky + 1) sin2x + (kq — 1)sinh 2x = 0. (37)

Eliminating k; from system given by (36) and (37), we obtain that the following
equation has to be satisfied:

G(x) = (1 + cos2x)sinh2x + (1 + cosh2x) sin2x = 0, x> 0. (38)
Rewriting Eq. (37) in the form (k; 4 1) sin 2x = —(k; — 1)sinh 2x, and taking into

account that k; > 1, we obtain that if x is the solution of Eq. (38), then sin2x < 0.
Now we show that when cos2x < 0 and sin2x <0, i.e.,

a2n+1) <2 < 37”+27m, ne{0,1,2,..},
Eq. (38) does not have any solutions. Indeed, in the above range of x, we have

cos 2x + sin2x = v/2sin (2x 4+ 7/4) < — 1 and | sin2x — cos 2x| < 1. With such
estimates we obtain that

1 1
G(x) = sin2x+sinh2x+ie2x(0052x+ sin 2x) +§e_zx(sin2x— cos 2x) < sin2x <0,
(39)

which mean that Eq. (38) cannot be satisfied.
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Now we consider the case when cos2x >0 and sin2x <0, i.e.,
3n
7+27m<2x<2;z(n+1), ne{0,1,2,..}.

It is convenient to rewrite system given by (36) and (37) in the form
2x =371/2+ 27an +s, wherene€{0,1,2,...}, 0<s<z/2.lf g(s) = G(3n/4 + nn +5),
then Eq. (38) generates the following equation for g:

g(s) = (1+ sins)sinh (377[ + 27n +s> — {1 + cosh (3; + 27n +s)} coss = 0.
(40)

Let us show that for each 7, Eq. (40) has a unique solution. For s = 0 we have
. 3r 3z
£(0) = sinh (7 + 27m> —1— cosh (? + 27m> <0,
and fors = 7/2 we have g(z/2) = 2sinh (2z(n + 1)) > 0. Evaluating ¢’ we have
/ . . 3n
g'(s) = sins + (14 2sins)cosh <? + 27n + s) > 0. (41)

Thus g(s) is a monotonically increasing function, such thatg(0) <0 <g(x/2),
which means that ¢ has a unique root on [0, 7/2].

Finally we show that the multiplicity of a multiple root cannot exceed 2. Using a
contradiction argument, assume that there exists x¢, such that in addition to
Egs. (36) and (37), one has H" (xo; k1) = 0, i.e., the multiplicity of x is at least 3.
The system H'(xo;k1) = 0 and H” (x0; k1) = O can be written as

(kq + 1) sin2xg + (k1 — 1)sinh2x, =0, (42)
(k1 + 1) cos2xg + (ky — 1)cosh2x, = 0.
Since k1 > 1, the second equation of (42) yields cos2x( < 0. Also, since x is a
multiple root, we must have sin2xy < 0. Then 2xy is in the third quadrant, which
means that G(x() # 0, as we have seen above. This contradicts our assumption that
x¢ is a root of Egs. (36) and (37).
To derive asymptotic distribution of the roots of Eq. (40), we check that with P,
from Eq. (34), the following approximations are valid:

sin(2P,') =2P,' + O(P,?), cos(2P,') =1-2P,>+0O(P,*),

2sinh (37” + 27n + 2Pn1) =P, +2+P,'+0(P,?),

(43)
2cosh (37” + 27n + 2Pn1) =P, +2+3P," +O(P,?).
Evaluating g(s) from Eq. (40) fors = 2P, land using Eq. (43), we get
g(ZP;l) = [1 + sin (2P;1)] sinh (377: + 27n + 2Pn1) —
(44)

[1—1— cosh (37ﬂ—|—27m +2Pn1)} cos (2P;1) = ZP,T1 + O(P;z).
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Representation (44) implies that there exists 79, such that for all #n >, we have
g(2P,") > 0. Taking into account that g(0) < 0, we obtain that the root s, n >ng, of
the function g(s) is located on the interval (0,2P,"). To find the location of this root

more precisely [18], we use linear interpolation. Namely, substituting Eq. (43) into
the expression for g’(s) from Eq. (41) yields

+0(1). (45)

Replacing g(s) by the linear function tangential to g(s) at the point
(2P,,g(2P, ")), and finding the root of this function, we get

— zp—l o g(2P771>
* "og'(2r?)

Having this approximation for s,, we immediately get

+0(P,?) =2P,' + O(P,?). (46)

s _3n

f +an+ P, +0(P,?). (47)
From the equation H (xn; kg’”) = 0, we obtain the formula for &\") as

(n) _ sinh (37/2 +2zn +s,) + coss,
Y sinh (37/2 + 271 +s,) — coss,

(48)

Substituting formulas (43) and (46) into formula (48), we obtain
representation (35). [ |

Corollary 1: Let kb = kg") for some n € N"U{0}, and let x,, be the corresponding
double root of the function H <x; kg")> Then 4 = 2ix? is an eigenvalue of the
operator £,m ,, such that the geometric multiplicity of o is 1 and its algebraic

multiplicity is 2. Therefore there exists a unique eigenvector ® and one associate
vector ¥, such that

Ly o®@ =200, Lym ¥ —1¥ = . (49)
Proof: It suffices to show that problem (24) does not have two linearly

independent eigenvectors corresponding to Ay [18, 19]. Using contradiction argument

we assume that for some 4 the boundary-value problem (25) with k; = 0 has two

linearly independent solutions y and y. Each function satisfies the problem

¢ (x) =px),  @0)=¢'(0)=0,  ¢"(1)=0,  ¢"(1) =idokip(1).
(50)

First we observe that y(1)y(1) # 0. Indeed, if y(1) = 0, then we have

1 2 1 1 ,
| W ldo= [ wo@ds =2 [ wiefde. D
0 0 0
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Since /¢ is purely imaginary, Eq. (51) is not valid. We define a new function:

gx) = y(x) — —=<x(x). (52)
One can readily check that g satisfies the following boundary-value problem:

¢ (x) = RQox),  90)=¢(0)=0, ¢(1)=¢"(1)=0, (53)

and therefore

! " 2 _ ! 1 N 12 ! 2
[ @ ldo= [ ¢ eo=4 [ keitan o0

Eq. (54) is valid if and only if 15 > 0; however, for a deadbeat mode, 43 < 0. The
obtained contradiction means that for each double mode, there is one eigenfunction
and one associate function. [ |

4.1 Deadbeat mode behavior ask; — 1

As kq approaches 1, the spectral branches are moving upward and toward the
imaginary axis (Figures 6 and 7). As a result of this motion, eigenvalues approach
the imaginary axis at different rates depending on whether k; approaches 1 from
above or below.

As follows from Table 3, the real parts of the eigenvalues decrease steadily as
k1 — 17, to a point where the eigenvalue becomes a deadbeat mode. An increase in
the number of deadbeat modes can be seen as k; — 1", which is in agreement with
Statement (3) of Theorem 1. One can see from Table 3 that there are pairs of
modes such that the distance between them tends to zero as k; — 17. (Compare
modes no.5 and no.7 for |k, — 1| = 10~*, modes no.4 and no.7 for |k; — 1| = 107,
modes no.5 and no.8 for |k; — 1| = 10~%, and modes no.4 and no.7 for
k1 — 1] = 107°). Such behavior indicates convergence of the two simple deadbeat
modes to a double mode, which is consistent with Theorem 2.

Analyzing Table 4, one can see that the eigenvalues get closer to the imaginary
axis as k1 — 1. However the rate at which their real parts approach zero is

ky=0,EI=1,p=1, N =64, ¢ =10

1200 -
X ki=1+10"*
o + ky=1+107" o
1000 - 1
H ky=1+1071 H
o O kK + 0
800 |- N a 5 a o N
£ i o a m| n e
g 600 + ] o ==
= L o O 5 F
00X x + O g+ X
Xy +, 00  + x X
X +p n " =t < X
200 X T 4 e x X
X XX XX X
0 1 | 1 | | 1 | 1
-2000 -1500 -1000 -500 0 500 1000 1500 2000
Re A
Figure 6.

Eigenvalues with |Rel| > 10 as ky — 17,
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ky=0,EI=1,p=1, N =64, e =103
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] O k=1-10"% O
O m}
800 O O
+ O O +
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é 600 - + 4 0 0 s +
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% g + n OO " + x|
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X T -+ X
200 - X « SESE o X X
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Re A
Figure 7.

Eigenvalues with |Red| >10as ky — 17.

significantly lower than in the case k1 — 17. Even atk; =1 — 10719, the eigenvalue
closest to the imaginary axis has a real part of about 10~ *, which means that it is not
a deadbeat mode (see Statement (1) of Theorem 1).

The eigenvalues near the imaginary axis approach the same double deadbeat
modes in both cases when k{ — 1% (see Statement (2) of Theorem 1). In conclusion,
one can claim that the eigenvalues are indeed approaching the imaginary axis;
however, the rate of this approach is different for k; — 1~ and k; — 1", In the
former case, an eigenvalue’s distance from the imaginary axis decreases very slowly;
in the latter case, the eigenvalues quickly “jump” on the imaginary axis and turn
into deadbeat modes.

5. Outline of the numerical scheme

To carry out the numerical analysis of the differential operator £, x,, we use the
Chebyshev collocation method and cardinal functions [14-16].
Recall that the Nth Chebyshev polynomial of the first kind is defined by

Tn(E) = cosNO, —1<é&é<1 where &= cosf, 0¢€l0,x]. (55)

The cardinal functions, y, (), and the Chebyshev-Gauss-Lobatto (CGL) grid
points {&,} are defined as follows:

(k—1)x

o (1= E)Tua(©)
N-1"

) = N - g

for 1<k<N,

&, = cos

(56)

where coefficients ¢, are such thatc; = ¢y =2and ¢, = 1for 1<k <N. The
main property of cardinal functions is y, (@) = & (using the Kronecker delta). The

family {y;, }}_, forms a basis in the space of polynomials of degree (N — 1), i.e., if f
is such polynomial, then f and f’ can be written in the forms

N

f(&) = 2 f(&wr(€)  and f’(é)zk%f’(fk)wk(é)- (57)

k=1
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IEf = [f(&), f(&), = f(&n)]" andg = [f'(&), f(&)s . f'(En)]", then

g = Df, where D is the Chebyshev derivative matrix with the elements

142(N —1)° Sk
Dll:_DNN:T’ Dkk:—m for 1<k<N,
, 58)
oy (
D; :M for j#k.

Ch (if] - fk)

5.1 Discretization of L, p,

Rescaling the independent variable x as § = 2x — 1, we rewrite the operator and
its domain, representations (14) and (15), in the form

0 1
Lipr, = —i| _ 16 & [ ] (59)
{_p(é)afz (EI(5>652> 0

and
D(Liyr,) = {(uo,ul)TeH : U €H4(—1, 1), uq eHé(—l,l); u1(—1) =uj(-1) = 0;

AEI(1)uy(1) = —lqus(1), 4(EI(E)uy(E)) oy = (D)

(60)
where H = Hp(—1,1) x L*(—1,1), equipped with the norm
1 [ ,
0= | [16E@ w5 (&) + p(&) i (@F . (61)
-1

We approximate the action of £, 1, on the finite-dimensional subspace Hy Cc H
of polynomials of degree at most (N — 1). Using the CGL grid and the cardinal
functions, we substitute for #( and u; their truncated expansions:

N N
uo(f)%kz Oy, (&), D = uo(Sp), ul(f)%kz Oryr($), O = u1(&). (62)
=1 =1
Let ® and ® be N-dim vectors and ¥ be a 2N-dim vector defined by
T T i
D= [D, Oy, ..., Dy, 0 =1[0,, 0, .. Oy, Y = l@ ] (63)

Let L be the finite-dimensional approximation of the differential operator L, 1, .
The discretized operator L induced by Ly, ,, can be given by

0 Inxn
L= , 64
l {16EID4 0 ] (64)

P

where Iy is the N x N identity matrix and D is the derivative matrix (58).
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5.2 Incorporating the boundary conditions

Discretization of the boundary conditions in the domain description (60) yields

Oy =0, [D®|y=0, Oy=0, [DO],=0,

6
4EI[D*®], + k101 = 0, 4EI[D’®|, —k,[DO]; = 0. (63)
Let 7y, 2n, Iy € RY be auxiliary row-vectors
=100 0 -« 0 1, zy=[0 0 = 0 0, Iy=[1 0 - 0 0
(66)

and D7 designate the jth row of the nth derivative matrix D". Using Egs. (66) we
represent Egs. (65) as the following matrix equation:

YN ZN
Dll\, ZN
ky=| N r)} ~ 0. (67)
ZN DN (0]
AEID?  kily
| 4EID3  —k,Dj |

K is called the boundary operator. Let Ky be the kernel of K i.e.,
Ky = {v eR?N Ky = 0}. We have to identify all eigenvalues of the operator L,
when its domain is restricted to Ky. It is clear that Ky is isomorphic to R* with
k = dimKy = dimHy — rankK = 2N — 6. Let B be the matrix consisting of column
vectors that form an orthonormal basis in Ky. It is clear that B’ B is the identity

matrix on R¥ and BB is the identity matrix on K. The following result holds: if A is
an eigenvalue of the operator L, and the corresponding eigenvector W satisfies

Eq. (67), then the same 4 is an eigenvalue of the matrix (B"LB). However, the

inverse statement is not necessarily true. Indeed, we observe that BB” is the identity
in KCr, which is not equivalent to the identity in Hy. Assume now that 4 is an

eigenvalue of BTLB with corresponding eigenvector v € R*. If ¥ = By, we have
BB'LY = BB"LBv = \Bv = 1¥, (68)

but BB'L # L, which indicates that fake eigenvalues may exist.

5.3 Filtering of spurious eigenvalues

In order to decide which eigenvalues of B'LB should be discarded, we impose
the following condition. Let A be the spectrum of BTLB and V be the set of its
eigenfunctions. We construct the set of “trusted” eigenvalues [14, 15], for some
&r > 0 filtering precision, as

A = {A€A : ||LBv, — ABv,||; < &, for corresponding eigenvectorv, € V}, (69)
where ||-||; is a discrete approximation to the integral norm defined in Eq. (61).

(The subscript C is short for Chebyshev). Using the CGL quadrature, we obtain the
following formula for the norm of a vector W defined as in Eq. (63):
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n/4 X

Y| . =
MWle=512,

1- & [1681(&) | D@, + p(a) onl].

6. Conclusions

In this work we have considered the spectral properties of the Euler-Bernoulli
beam model with special feedback-type boundary conditions. The dynamics gener-
ator of the model is a non-self-adjoint matrix differential operator acting in a
Hilbert space of two-component Cauchy data. This operator has been approximated
by a “discrete” operator using Chebyshev polynomial approximation. We have
shown that the eigenvalues of the main operator can be approximated by the
eigenvalues of its discrete counterpart with high accuracy. This means that the
leading asymptotic terms in formulas (20) and (21) can be used by practitioners
who need the elastic modes.

Further results deal with existence and formulas of the deadbeat modes. It has
been shown that for the case when one control parameter, k1, is such that k; — 17
and the other one k, = 0, the number of deadbeat modes approaches infinity. The
formula for the rate at which the number of the deadbeat modes tends to infinity

[}

has been derived. It has also been established that there exists a sequence {kg")} )
of the values of parameter ki, such that the corresponding deadbeat mode has a
multiplicity 2, which yields the existence of the associate mode shapes for the

operator Ly, ,. The formulas for the double deadbeat modes and asymptotics for

the sequence {ki")} as n — oo have been derived.
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