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Preface

Over the recent decade, advancements and applications have progressed exponentially. This has led to the
increased interest in this field and projects are being conducted to enhance knowledge. The main objective of
this book is to present some of the critical challenges and provide insights into possible solutions. This book
will answer the varied questions that arise in the field and also provide an increased scope for furthering
studies.

The application of mathematical methods in different fields such as engineering, science, industry, business
and computer science is known as applied mathematics. It combines mathematical science with specialized
knowledge. Applied mathematics is broadly subdivided into three parts- applied analysis, approximation
theory and applied probability. These categorizations are made complex due to the changes in mathematics
and science over time. Numerical analysis, algebra, logic, decision theory, financial mathematics are some of
the areas of mathematics which are widely applied to the domains of scientific computing, actuarial science,
computer science and mathematical economics. This book discusses the fundamentals as well as modern
approaches to the field of applied mathematics, and its various principles and techniques. Students, researchers,
experts and all associated with applied mathematics will benefit alike from this book.

I hope that this book, with its visionary approach, will be a valuable addition and will promote interest among
readers. Each of the authors has provided their extraordinary competence in their specific fields by providing
different perspectives as they come from diverse nations and regions. I thank them for their contributions.

Editor
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Some New Volterra-Fredholm-Type Nonlinear
Discrete Inequalities with Two Variables
Involving Iterated Sums and Their Applications

Run Xu

Department of Mathematics, Qufu Normal University, Qufu, Shandong 273165, China

Correspondence should be addressed to Run Xu; xurun_2005@163.com

Academic Editor: Samir H. Saker

Some generalized discrete Volterra-Fredholm-type inequalities were developed, which can be used as effective tools in the quali-

tative analysis of the solution to difference equations.

1. Introduction

In recent years, various forms of inequalities played increas-
ingly important roles in the study of quantitative proper-
ties of solutions of differential and integral equations [1-
15]. Discrete inequalities, especially the discrete Volterra-
Fredholm-type inequalities, have been applied to study the
discrete equations widely. For example, see [1-3, 9-11] and
the references therein. In this paper, some new Volterra-
Fredholm-type discrete inequalities involving four iterated
infinite sums were established. Furthermore, to illustrate
the usefulness of the established results, some examples
were provided for the studying of their solutions on the
boundedness, uniqueness, and continuous dependence.
We design the needed symbols as follows:

(a) N, denotes the set of nonnegative integers and Z
denotes the set of integers, while R denotes the set of
real numbers R, = [0, 00).

(b) Let Q = ([my, M] x [n5, N]) N 72, where mgy, 1y € Z,
and M, N € Z U {oo} are two constants.

() K; >0 (i = 1,2,3,4) are all constants, and [;,/, € Z
are two constants.

(d) If U is a lattice, then we denote the set of all R—valued
functions on U by @(U) and denote the set of all
R, —valued functions on U by g_ (U).

(e) For a function g € g, (U), we have Z;ilmo g(s) =0
provided m, > m;.

We need the following lemmas in the discussions of our
main results.

Lemma 1 (see [4]). Let u(m,n) € p,(Q), b(s,t,m,n) €
©.(Q%) be nondecreasing in the third variable; k > 0 is a
constant. For (m,n) € Q, if

m—1

S

[ N\A3

=

u(m,n) < k+ b(s,t,mn)u(s,t), 1)

-1 n-1
S=my t=n,
then
m—1 n-1
u(m,n)gkexp{z Zb(s,t,m,n)}. 2)

s=my t=n,

Lemma 2 (see [4]). Let u(m,n),a(m,n),c(m,n) € p,(Q). If
a(m, n) is nondecreasing in the first variable, then, for (m,n) €
Q)

-1

u(m,n) < a(m,n) + Zc(s,n)u(s,n), (3)
then
m—1
u(m,n) < a(m,n) H [1+c(s,n)]. (4)
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Lemma 3 (see [5]). Leta >0, p > q > 0, and p # 0; then, I, m-1 n-1 ‘
forany K >0, : Z Z ¢ (s,t,mmn)ul (s,t) + d; (s,t,m,n)
i=1 $=My t=n,
B Ui (s, 1) + ¢ (s, t,m,n)] + b, (m,n)
q? < dgapip, P~ Aygalp. ) '
p I, M-1N-1

Z Z Z[f](stmn)uf(st)

Jj=15=Myg t=n,

2. Main Results

i > t) > Vj > t i > t) > >
Theorem 4. Suppose that u(m,n),a(m,n),b,(m,n), by(m, tgj(stmnut(sh+w;(stm n)]

n) € . (Q), ¢(s,t,m,n), d;(s,t,m,n),e;(s,t,m,n), fj(s, t,m, (6)
n), g]-(s,t,m,n), wj(s,t,m,n) € p+(Qz), and p,qi,rl-,hj, vj
are nonnegative constants with p > q; >0, p>1; >0 (i =

Sh),p 2 h>0p v>0(j-12 1), and u (m,n)
G d el,f] g W; bemgnondecreasmgm the last two varzables,
b (m n) and b,(m, n) are also nondecreasing. If

then, for (m,n) € Q, we have

1/p  (7)
S{a(m,n)+b(m,n)MC(m,n)} R

1—AOLN)
uf (m,n) < a(m,n) + b, (m,n) provided that A(M, N) < 1, where
b (m,n)=max {b, (m,n), by (myn)}, (8)
m—1 n-1
C(m,n):exp{z ZB(s,t,m,n)}, )
S=my t=n,
) . r.
B(s,t;mn) = Y [c,- (5,t,m, n) %K?“PW’ v d; (s, t,m,n) ;’Kyi‘f’)/? ] b(s,t), (10)
=

m=1 n-1

Jmm =Y

i=1 $=My t=ny,

{Ci (s, t,m,n) [%Ki%—‘ﬂ)/Pa (s,t) + %K?J,ﬂ]

+ d; (s, t,m,n) [%Kg“p)/pa(s,t)+ » ’Kr/p] +e; (s, t,m, n)}

11
l, M-1N-1 y ~h; )
+ZZZ{fJ(strnn)[}K’pP(t)+ KJP]
]15 My t=ny, p
+g1(stmn)[ (V P/ a(s, t)+ ]KJ ]+wj(s,t,m,n)},
p p
L, M-1N-1 ( )/
A(m,n) = Z Yoy [fj(stmn) +g](s,tmn)p TP P]b(s £)C(s,1). 12)
=155, t=n,
Proof. Given b(m,n) = max{b, (m,n), b,(m,n)}, for (m,n) € +d; (s, t,m,n)u" (s,t) + ¢; (s, t,m,n)] + b (m,n)
Q, we have l, M-1N-1
Z Z Z [f](s,tmn)uf(s t)
Jj=15=My t=n,
uf (m,n) < a(m,n) +b(m,n) + g; (s, t,m,n)u’i (s,t) + w; (s, t,m, n)] .
, m=1 n-1 (13)

Z G (s,t,myn)u® (s, t)
t=n,

o1 s=my, Define a function z(m, n) by

WORLD TECHNOLOGIES
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I, m-1 n-1

z (m,n) = Z Z Z [c (s, t,mm)u®i (s,t) +d; (s, t, myn) u” (s,t) +¢; (s, t,m, 1)]

i=1 S=Mq t=n,

(14)
L, M-1N-1
+ Z Z Z [f; (s,t,m,m) " (s,1) + g; (s tmn)u’ (s,t) + w; (s,t,m, n)] )
j=1s=my t=n,
Then or
u(m,n) < (a(m,n) +b(m,n)z(m,n)"'?. (16)
uf (m,n) < a(m,n)+b(mn)z(mn), (15) By using Lemma 3, for any K; > 0 (i = 1,2, 3,4), we have
I, m-1 n-1 ) p_ X
z(m,n) < Z Z Z {cl (s, t,m, 1) [%Kiq"_w/}’ (a(s,t)+b(s,t)z(s 1))+ Tq’Klq"/P]
i=1 $=m t=n,
+ d, (s, tymyn) [p PP (g (5,8) + b (s, 1) 2 (5, £)) b 2 5 'K”P] +e; (st m,n)]»
l, M-1N-1 h
DI {f, (s.,m, n)[ KPP (6 (5,0 +b (5002 (5,6)) + . th“’] 17)
j=1 =My t=n,
Vj Vi— v
+g; (s tumn) [;JKE’ P (a(s,) 4 b(s D) 2(s1) + . Pk vy s tomm | = Romn
I, m-1 n-1
+ZZ [c(s,t m,n)q' (@~ P)/P+d(s,tm,n) (r P)/P]b(s, t)z (s, t),
i=1 $=My t=n,
where
l, M-1N-1 h h-p)ip ( Y
R(mn)=](mmn)+y Y Y [fj(s,t,m,n)gjlgj +9; (st mym) -2 o " ]b(s,t)z(s,t) (18)
=1 55 t=m,
and J(m,n) is defined in (11). Then, using that R(m,n) is
nondecreasing in every variable, we get
I m-1 n-1
Zmn) SRMN) +Y Y Y [c (s,t,m, n) i gaple g, (s,t,m,m) = K’ PP (s, 1) 2 (s, 1)
i=1 S=My t=ny
(19)

1
B(s,t,m,n)z(s,t),

0

3
3
1

= R(M,N) +

S

M

~
]
S

0

where B(s, t, m, n) is defined in (10).
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Since b(m,n) is nondecreasing and ¢(s, t,m,n),d,(s,t,
m,n) are nondecreasing in the last two variables, then
B(s,t,m,n) is also nondecreasing in the last two variables,
and, by Lemma 1 and (19), we get

m—1 n-1
z(m,n) < R(M,N)exp{ Z ZB(s,t,m,n)}
=My t=n, (20)
=R(M,N)C (m,n),

where C(m, n) is defined in (9). Considering the definition of
R(m,n) and (20), we have

R(M,N)=](M,N)
I, M-1N-1

Yy [f](stMN) gl

Jj=15=Mmg t=n,
v _
- g5, M) LK b0z < T,

N) + R(M, N) (1)

I, M-1N-1

ZZZ[fJ(StMN) =P/ p

j=15=Mmq t=n,

Vi
+ g;(s,t, M,N) ;fo; "”"] b(s,t) C(s 1)
= J (M,N) + R(M,N)A (M, N),

where A(m, n) is defined in (12). Then,

J (M, N)
Combining (20) and (22), we deduce
J (M, N)
z (m,n) < mc (m,n), (23)

where C(m, n), A(m, n) are defined in (9) and (12).
Then, combining (16) and (23), we obtain the desired
result. ]

Corollary 5. Let ry;(m,n),d,;(m,n),c;(m,n), e;(mmn) €
P (Q), (i = 12,...L), fi;(mn), g,;(m,n), w;(m,n),
nimmn) € . (Q), (j = L2,...,L), r(m,n),ry;(m,n),
b,(m,n) and b,(m,n) be nondecreasing in every variable.
u(m n), a(m, n) b, (m,n), b,(m,n), p, q,,rl,h v; are defined
as in Theorem 4. If

L
uf (m,n) < a(m,n) + b, (m,n) Zr“ (m,n)
i=1

—
By
—

m—

: Z [c); (s, ) uli (s,1) + dy; (s, ) u" (s,1)

s=my t=n,

~

Applied Mathematics: Principles and Techniques

L
+ ey (s, 1)] + b, (m,n) ZTZJ' (m, n)

=1
M-1 N-1
z Z[flj(S,t)MJ(s)t)

+ 90U (50 +wy(5.0)],
(24)

then, for (m,n) € Q, we have
u (m, n)

J (M, N)

1/p  (25)
1—/\(M,N)C(m’”)} :

< {a (m,n) + b (m,n)

provided that A(M, N) < 1, where

b (m,n) = max {b, (m,n),b, (m,n)},

61; pp

B(s,t,m,n) = Zrh (m, n) [ch (s, t)

i=1
+dy (s,0) %Kg’f‘f’)/f’] b(st),

m—1 n-1

J (m,n) = Zrh (m,n) Z Z {cl, (s,1)

s=my t=n,
_ [%Kiq"_p)“’a (s,t) + %Kiﬁ/p] +dy; (s,t)

(26)

) [%Kgr,-—P)/Pa (S t) + Kr/p:| + ey (S, t)}

1 M-1N-1
+ Zrzj (m,n) Z Z {flj (s, 1)
j=1 S=Mg t=n,

h ~h,
[p]Kh Py L Kh’/P] + gy (s,1)

Vi v-p)/p pP—v; V-/p] }
-|—K,’ a(s,t)+ ——K,”" | +wy; (s, 1),
[p 4 p 4 1j

M-1 N-1 (h iy
A(m,n) = Z”z] (m,n) Z Z |:f1](5,t)_
s=my t=n,

+ 915 (s t)— o "’”’] (5,6)C (s, 1).

The proof of Corollary 5 can be completed by setting
(s, t,m,n) = ry(m,n)c;(s,t), di(s,t,m,n) = r;(m,n)d;(s,
1), ei(s,t,m,n) = r;(m,n)e;(s,t), fj(s, t,mmn) = rzj(m,

WORLD TECHNOLOGIES
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n)f]j(57 t)) gj(S, t,m, n) = rzj'(m) n)glj(s’ t), 'LUj(S, t,m, 1’1) =
rzj(m, n)wlj(s, t) in Theorem 4.
Letting p = 1, we get the following corollary.

11 m—1 n—-1

Corollary 6. Let u(m, n), a(m, n), b, (m, n), b,(m,n), ¢,(s, t, m,
n),d(s,t,m,n), e(s,t,m,n), fi(s,t,m,n), g(s,t,m,n),w;(s,

t,m,n) be defined as in Theorem 4. If

u(m,n) <a(m,n)+b (m,n)z Z Z [ (s,t,mn)u(s,t) +d;(s,t,mn)u(s,t) +e (s, t,mn)]

i=1 s=mg t=n,

I, M-1N-1

+b2(m,n)z Z Z [fj(s,t,m,n)u(s,t)+gj(s,t,m,n)u(s,t)+wj(s,t,m,n)],

Jj=15=myg t=n,

then, for (m,n) € Q, we have

J (M, N)

u (m, n) Sa(m,n)+b(m,n)m

C(m,n), (28)

b (m,n) = max {b, (m,n),b, (m,n)},

m—1 n=1
C(m,n) = exp{ Z ZB(s,t,m,n)} ,

S=my t=n,

provided that A(M, N) < 1, where

L
B(s,t,m,n) = Z [¢(s,t,m,n) +d; (s, t,m,m)] b (s, 1),
i1

L m-1 n-1

J (m,n) = Z Z Z {l; (sst,m,n) +d; (s,t,m,n)] a(s,t) +e (s t,m,n)}

i=1 =My t=n,

L, M-1N-1

35S {5 Gt

j=15=myg t=n,

I, M-1N-1

)+ gj (s, t,m, n)] a(s,t) +w;(s,t,m, n)} ,

/\(m,n)zz Z Z [fj(s,t,m,n)+gj(s,t,m,n)]b(s,t)C(s,t).

j=15=mg t=n,

Theorem 7. Let p(m,n) € g (Q), u(m, n),a(m,n), b,(m,n),
b,(m,n), ¢(s,t,m,n), d;(s,t,m,n), e;(s,t,m,n), f]- (s, t,m,n),
gj(s, t,m,n), wi(s,t,m,n), p,q;1;, hj, v; be defined as in The-
orem 4. Assume that a(m,n) is nondecreasing in the first
variable. If

m—1
uf (m,n) < a(m,n) + Z @ (s,n) ub (s,n) + b, (m,n)

s=my

11 m—1 n—1

Z Z Z [c (s, t,m,m) u¥ (s,t)

i=1 s=mq {=n,
+d; (s, t,mn)u” (s,t) +e; (s, t,m,n)| + b, (m,n)
l, M-1N-1

2 2 2 [fistmn)

Jj=15=Mq t=n,

Ul (s,t) + g; (s,t,m,n) u’i (s, 1) + w; (s,t,m, n)] ,

then, for (m,n) € Q, we have

u (m,n)

< {[a(m,n)+b(m,n) AN

1/p
. (ﬁ(l’l’l, 1’1)} >

provided that \(M, N) < 1, where
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m—1
[[+e@n],
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$ (m,n) = (32)
b (m,n) = max {b, (m,n),b, (m,n)}, (33)
¢ (s,t,mn)=c(s,t,mn) (¢ (s, t))q"/P ,
di (s, tmyn) =d; (s, t,mon) (@ (s, )P, i=1,2...,1,
~ h/ (34)
fi(s,t,m,n) = f; (s, t,m,n) (@(s,0))" P
gj (S)tam)n) = gj (S,t,m,n) (@(S)t))vj/P > ] = 1)2)-~ . )12)
_ m-1 n-1 _
C(m,n):exp{z ZB(s,t,m,n)}, (35)
s=tmg t=n,
L 4 N .
B(s,t,m,n) = Z [E,- (s,t,m,n) %Ki%—m/p +d. (s,t,m,n) %Kgr,»—p)/P] b(s,t), (36)
in1
L, m-1 n-1 . — s o . — 7.
J (m,n) = Z Z {Ei (s, t,m,n) [&Kiq"_p)/pa (s,t) + uK?"/p] + d; (s,t,m,n) [QKér"_P)/pa (s,t) + p7n
=1 5 =y p p p p
l, M-1N- h;
.K;/P].w (s,t,m,n } Z Z Z{fj(s,tm,n)[ (s,t)+pp Khz/P] (37)
=1 S=My t=n,
Vi e
+ G, (s, t,m,n) [—Jng PUp s+ L ’Kf”’] +wj(s,t,m,n)},
p p
& ME G K0P oy
mn)—ZZZ[sttm, PP ’(stmn)p Vpp]b(s,t)c(s,). (38)
j=1s=my t=n,

Proof. Given b(m,n) = max{b,(m, n), b,(m,n)}, for (m,n) €
Q, we have
m—1

uf (m,n) < a(m,n) + Z(p(s,n)up(s,n)+b(m,n)

s=m,

I, m-1 n-1

Z Z Z [c (s,t,m,n)u® (s,1)

i=1 S=Mq t=n,

+d; (s, t,mn)u” (s,t) +e; (s, t,m,n)] + b (m,n) (39)

I, M-1N-1

Y Y semn

j=15=mqg t=n,

Ul (s,8) + gi(stmmn)u’i (s,t) + w; (s,t,m, n)] )
Define function zZ(m, n) by
Z (m,n) = a(m,n) + b (m,n)

I, m-1 n-1

Z Z z [c (s, t,m,n) u (s,1)

i=1 $=my ¢: =Ny

+d; (s,t,myn)u” (s,t) +¢; (s, t,m,n)] + b(m,n)
l, M-1N-1

Z Z Z [fj(s,t m,n)u ’(s,t)

=1 5=mq t=n,

+ g; (s tmn)u'l (s,t) + w; (s, t,m, n)] .

(40)
Then,
m—1
uf (m,n) <Z(m,n) + Z @ (s,n) uf (s,n). (41)

Clearly z(m, n) is nondecreasing in the first variable. Then, by
Lemma 2, we get

m—1
P (m,n) <z (m,n) L+¢(s,n)
u? (m,n zmnsl;nlo[ ¢ (s,1)] )

=z (m,n)p(m,n),

where @(m, n) is defined in (32). Define function
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I, m-1 n-1

v(m,n) = Z Z Z [c (s, t,mm)u® (s,t) +d; (s, t, myn) u” (s, 1) +¢; (s, t,m, n)]
i=1 S=My t=ny
I, M-1N-1 (43)

+ Z Z Z [f] (s, t,m,n) ul (s,t) + 9gj (s,t,m,m)u’i (s, t) + w; (s, t,m, n)] .

j=15=myg t=n,

From (40), we get Then (42) becomes
u(m,n) < {la(m,n) +b(m,n)v(mn)] ¢ (m, n)}l/P. (45)

zZ(m,n) = a(m,n) +b(m,n)v(m,n). (44) By (45) and Lemma 3, from (43), we have

1m1n1

v (m, ”)<Z Z Z {c (s,t,m,n) (@ (s, t))q’/P[(;’K(q’ P (a(s,t) +b(s,t) v (s, t))+qu’Kq’/p]

i=1 =My t=n,
+d, (s,t,mn) (§ (s,t))’/P[I;K“ PIP (a4 (s,8) +b(s,8) v (5,1)) + L . 'K”P] +e; (st m,n)}
I, M-1N-1

-h;
0 {f] (s,tu1m, n)(¢<s,t))hf’P[;K(h’ PIP (4 58) + b (s, £) v (5, ) . Ky ] (46)

j=1 5=y t=n,
+ g; (s, t,m,n) (¢ (s, t))v’/p[;K(V] P)/p(a(s ) +b(s,t)v(s, t))+ , ]K’/P] +wj(s,t,m,n)} = R(m,n)
L m-1 n-1

+Z Z Z [c (s, t,m,n) qu(q, P)/P+d (s, t,m,n) — K(r P/P]b(s,t)v(s t),

i=1 $=My t=n,

where
& e hi  o-pip K
R(m,n) =T (m, ")+ZZ Z fJ(stmn) —K;’ +gj(stmn) b(s,t)v(s,t), (47)
j=1 =My t=n,
c,,fi,ﬁ,gj and J(m, n) are defined in (34) and (37), respec- L om-lnl

tively. : Z Z Z [¢ (s, t,m,n) ui (s, 1)
Similar to the process of (17)-(23), we deduce that i=1 $=Mo t=nq
+d; (s, t,myn)u” (s,t) +e; (s, t,m,n)| + b, (m,n)

v(m,n) < MC(WI, n), (48) l, M-1N-1 ,
1-A(M,N) Z Z Z[fj(s,t,m,n)Hj(s,t,uf(s,t))
. _ i=1 =My t=n,
where C(m, n), A(m, n) are defined in (35) and (38). =
Combining (45) and (48), we get the desired result.  [J + g; (s,t,m,n) H; (s,t,u'7 (s, 1)) + w; (s, t,m, 1’1)] )

Theorem 8. Let u(m, n), a(m, n), b,(m,n), b,(m,n), ¢,(s,t,m, (49)

n), d;(s,t,m,n), e;(s,t,m,n), fj(s, t,m,n), gj(s, t,m, n),wj(s, then, for (m,n) € Q, we have

t,m,n), p,q;1i,h;,v; be defined as in Theorem 4. H;,L; :

QxR, - R, (j =12,...,1,) satisfies 0 < Hj(m,n,ui - u(m,n)

H(m,n,v) < L ;(m,n,v)(u - v)foru>v=>0.If _ p  (50)
J(M,N) —

————C(m,n) ,

< {a(m,n)+b(m,n) RGN

uf (m,n) < a(m,n) + b, (m,n)
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provided that \(M, N) < 1, where

b (m,n) = max {b, (m,n),b, (m,n)}, (51)
_ m—1 n—l_
C(m,n):exp{z ZB(s,t,m,n)}, (52)
s=my t=n,
ll . .
E (S) t’ m, n) = Z |:Ci (S) t’ m, n) %Ki%*P)/P + di (S, t, m, n) %K;T,P)/P] b (S, t) N (53)
i1

I, m-1 n-1

J (m,n) = Z Z Z {c (s, t,m, n) [q’ K9P/ (s 1) + p pquq,/P]

=1 s=my t=n,

+ d; (s,t,m,n) [%Kén-p)/pa (s, 1) + . Kr/P

+e; (s, t,m, n)]»

(54)
L, M-1N- h. - h
+Z Z Z {fj (s,t,m,n) H; [ _JKth p)/pa(s,t)+ p- Kh)/p]
j=15=my t=n, p p
+ g;(s,t,m,n) H; [s, , ;K(V’ plp (s,t)+ ; JK,/p +wj(5,t,m,n)]»,
filstmm= f;(stmml; (St ;]K(h’ Pt (s,t)+pp K’”") i=1200, (55)
‘V] (vi-p)Ip ] vil .
gj(s;t,m,n) = g; (s,t,m,n) L; st;K as, t)+ - —K, i=12...,0, (56)
l, M-1N-1 hj (hi=p)/p (V s
A(m,n) = Z Z Z [f (s,t,m,n pK3J +9; (st m,n) p i ]b(s,t)C(s,t) (57)
j=1$=myq t=n,

Proof. Given b(m,n) = max{b,(m, n), b,(m,n)}, for (m,n) € , M-1N-1

Q, we have Z Z Z [fj (s,t,m,n) H; (S,t:uhj (S,t))

7155 £y
uf (myn) <a(m,n) +b(mn
) < @ omo) 0 (m ) +gj(s,t,m,n)Hj(s,t,qu(s,t))+wj(s,t,m,n)].

L m-1 n-1

. Z Z Z [¢; (s, t,m,m) u (s,t) (58)

i=1 =My t=n,

+d; (s, t,mn) u” (s,t) + e; (s, t,m,n)] + b (m, n) Define function v(im, n) by

1 m—1 n—-1
v(m,n) = Z Z Z [ (s, mm)u®i (s,8) +d; (s,t, m,m)u” (s, 1) +¢; (s, t,m, n)]

o (59)
, M-1N-1
+ Z Z Z [f] (s,t,m,n) H; (s, t, 1l (s, t)) + g; (s,t,mn) H; (s,t,u' (s,1)) + w; (s,t,m, n)] .
j=18=myq t=n,
Then or
uf (m,n) < a@m,n) +b(m,n)v(m,n), (60) u(m,n) < (a(m,n) +b(m,n)v(m, n))l/P. (61)
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By Lemma 3, we have

ll m—1 n—-1
Vmn) <Y Y Y g (s t,mn)(a(st) +b(st) V(s 0))47
i=1 $=Mg t=n,
+d; (s, tmn) (@(st) + b (s, )9 (s, 8)"" +¢; (s,t,m, )}
I, M-1N-1
+ 3 Y Y Afi s tmn H(s,t,(a(s,0) +b(s,1) ¥ (s,))'7)

j=15=mMy t=n,

+9; (s,t,m,n) Hj (s, t,(a(s,t) +b(s,t) Vv (s, t))vf/P) +w; (s, t,m, n)}

{ci (s,t,m,n) [%Kiqi—m/lj (a(s,t)+b(s,t)v(s, 1))+ %K?"/P]

+d,.(s,t,m,n)[%1<§’ PIP (a(s,8) + b (s,8) 7 (5,8)) + £ > K’/P]+e(stmn)}

I, M-1N-1

—h.
+Z y ¥ «lf](s f, m,n)[ <s £ ;JK P a(s,t) + (st V(s ) + %Kff“’)

=1 §=my t=n,

h h h: . -h
_H].< JK(’ pip a(s, t)+ Kh/p>+ H]»(s,t,—JK;h’ 20 a(s, t)+ ]KJ/P>] +gj(s,t,m,n)
P p p p

(62)
v v, v; Vi (y.— v
[H]<s,t, TR (a(5,6) + B (s BT (s, 1) + - Pl “’) Hj<s,t,—]Ki] P, (5.t + L “’)
P P P
V V V
+ H; <s,t, ( PP (s,t)+ K “’)] +w; (s,t,m,n)}
P P

o
._.
]
—

m—

n

IA

{c,. (s,t,m, ) [%K?‘f’)“’ (@(s,t) +b(s,)7(s,) + L% ;q" Kf"/P]

18

-
Il
S

i

0 0

+d, (s, t,m,n) Ti et /P(a(s,t)+b(s t)v(s,t))+ ’Kr/p +e (s, t,m,n)
’ P’ p

I, M-1N-1

h
+ZZZ{f]<stm,n>[ ( prJ")“’ a(st)+ L . K’”P)

j=15=mq t=n,

hi .- h: g_ -h; 4
—JK(h’ p)/pb (s,t)v(s,t)+ H; | s,t, —]K(h] p)/Pa (s, t) + _P JKh’/P +g;(s,t,m,n) [L.|s,t, —JK Pip a(s,t)
p I\ p ! p

+p KV/P> K Y p)/Pb(s,t)v(s,t)+ H; (s, , JK PP a(s,t)+ ]KJ >]+wj(s,t,m,n)}:l_2(m,n)
p p p p

m—1 n—-1

)

i=1$=

[c (s, t,m, n) i g q’ p)/p+d (s, t,m, n) K p)/p]b(s,t)T/(s,t),

o t=n,

where
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I, M-1N-1

ﬁ(m,n)zf(m,n)+z Z Z ?j(s,t,m,

j=1s=mq t=n,

and J(m, n),_?j(s, t,m, n),ﬁj(s, t,m,n) are defined in (54)-
(56).
Similar to the process of (17)-(23), we get

(h -plp

Applied Mathematics: Principles and Techniques

Vi e
+7; (s t,mm) E’ng P b (5,17 (s,1), (63)

Combining (61) and (64), we get the desired result. ~ [J

Theorem 9. Let ¢(m,n) € g, (Q),u(m,n),a(m,n), b,(m,n),
bz(m) n)) Ci(s> t) m, n)) di(s) t) m, n)) ei(s) t) m, n)) fj(s) t: m, n))

B J(M,N) — gj(s,t,m,n),w;(s,t,m,n), p,q;,r;, h;,v; be defined as in The-

v (m,n) < mc (m,n), (64)  Grem 4. Assume that a(m,n) is nondecreasing in the first

’ variable. Hj, L; (j = 1,2,...,1,) are defined as in Theorem 7.

where C(m, n), A(m, n) are defined in (52) and (57). I
m—1
uf (m,n) < a(m,n) + Z @ (s,n) uf (s,n)
I, m-1 n-1
b (mm) Y DY (G (s t,mm)u® (s,t) + d; (s, t,mm)u' (s,1) + ¢ (s, t,m, )] (65)

i=1 5=y t=n,

L, M-1N-1

+b, (m,n) Z Z Z [f] (s;t,m,m) H; (s, t,ul (s, t)) +g;(s,t,m,n) H; (s,t,u” (s,1)) + w; (s, t,m, n)] ,

j=18=my t=n,

then, for (m,n) € Q, we have

u(m,n)
= 1/p  (66)
< {a(m,n) + b (m,n) Mé(m,n)} ,
1-A(M,N)
m—1
¢ (m,n) = H 1+ (sn)],
b (m,n) = max {b, (m,n),b, (m,n)},
m-1 n-1

C(myn) = exp «{ Z Zg(s,t,m,n)} ,

L

provided that X(M, N) < 1, where

B (S’ t,m, n) = z I:Ez (S’ t,m, n) %Kiqi_P)/P + 671 (S, t,m, 1’1) %Kéri—p)/p] b (S, t) N

Py

\4)

+Ji(5,t,m,n)[ lK(r Plrg s, t)+
p
l, M-1N-1

j=1s=mq t=n,

+ g (s,t,m,n) H; [S,t (@ (s,1))"7'? ( ; <V -p)lp

(f)+

= Zl: Z i {C (S,t m,n) |:qu(% /Pa(S t) + p quq,/p]
$=My P p
’Kr/P] (s,t,m,n)}
p

h; N h
{f] (s,t,m,n) H; [s, t, (P (s, t))hj/P (;Jthj Pir, (s,t) + —— P~ , Kh’/p>]

p JKVJ/P>] j(S,t,m,l’l)},
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Some New Volterra-Fredholm-Type Nonlinear Discrete Inequalities with Two Variables Involving Iterated Sums... 11

I, M-1N-1

)x(m,n)—z Z Z fJ s, t,m,n

=1 5=my t=n,

(h P)/P

(s, tmn) = (s,t,mn) (¢ (s, t))q"/P

d, (s,t,m,n) =d,-(s,t,m,n)((ﬁ(s,t))ri/p, i=1,2,...,1,

- h
fi (s tymn) = f;(s,t,m,n) (¢ (s,1)) WP [s,t (¢ (s,t))hJ/P<PK(h’ Pip a(s,t)+

G (s tmym) = g, (s,tmyn) (§(s,0)P L [s, t,(3(s,0))""" < PKff Pey oy P

The proof for Theorem 9 is similar to the combination of
Theorems 7 and 8, and we omit the details here.

3. Applications

In this section, we will present some applications for the
established results to study boundedness, uniqueness, and
continuous dependence of solutions of certain difference
equations.

Consider the following Volterra-Fredholm sum-differ-
ence equations:

m—1 n-1

u? (m,n) = a (m,n) + Z z [C (s, t,m,n,u(s,t))

s=my t=n,
+ D (s, t,m,n,u(s,t)) + E (s, t,m,n)]

(68)
M-1N-1

+ s;,, tzz [F (s, t,m,n,u(s,t))

+G (s, t,mnu(s,t)) + W (s, t,m,n)],

where u(m, n),a(m,n) € p(Q), p > 1is an odd number,
C,D,F,G:Q*xR — R, EW € p(Q%).

Theorem 10. Assume that functions C, D, E, F,G, W in equa-
tion (68) satisfy the following conditions:

IC (s, t,m,muy)| < ¢ (s, t,m,m) [ud],
|D (s, t,m,n,uy)| <d (s,t,m,n) [u}],

|E (s, t,m,n)| < e, (s,t,m,n),
(69)
|F (s, t,m,n,u,)| < f, (s,t,m,n) |u?' ,

|G (s, t,mnuy)| < gy (s, t,m,n) |uy|,
[W (s, t,m,n)| < w, (s,t,m,n)

for (m,n) € Q, u, € R, where q,r,h,v are nonnegative con-
stants satisfyingp > q >0, p>r>0, p>h>0, p>v>0,

—~ V]
g] (S) t) m)n) -

KU ] b(st)C(s,t),

)]
=)

cdys e fir 9w, € ©,(QF) which are nondecreasing in the
last two variables; then one has

|u (m, n)l

Ji (M, N)

1/p (70)
-2, oL (m’”)} :

< {la(m,n)l +

provided that A, (M, N) < 1, where

m—1 n-1
C, (m,n) = exp { Z ZBI (s,t,m,n)]» ,

s=My t=n,

B, (s,t,m,n) = ¢, (s,t,m, n) %Kfq_w/‘p +d, (s,t,m,n)

r K;r—m/p,
p
m—1 n-1
Ji (m,n) = z z {cl (s,t,m,n)
S=my t=ny,

, [ﬂKiq*P)/P A qK;z/p]
p p

+d, (s, t,m,n) [pK" PIP (s, 0)] + £ K;/P]
M-1N-1
+e; (s,t,m,n)} + Z Z {fl (s, t,m,n)
s=mg t=n,
-h
[hK(h pp |a($ t)l + K;’/P]
p
+g1(s,tmn)[p K- p)/p|a(s t)|+ Kv/p]

+w, (s, t,m, n)} R
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M-1 N-1

Ay (m,n) = z Z[fl(stmn) K(hp
s=my t=n,

+ g, (s, t,m, n) I—ZKA(!VPW] Cy(s,t).

(71)
Proof. Using conditions (69) to (68), we have

[u? (m,n)| < la (m,n)|
m—1 n—1
+ Z Z [IC (s, t,m, n,u (s, 1))]
$=my t=n,
+|D (s,t,m,n,u (s, t))| + |E (s, t,m, n)|]
M-1N-1
+ Y N UF (s tomnu(s D)l
S=my t=n,
+1G (s, t,mmu (s, )| + W (s,t,mn)|] < la(m, (72)
m—1 n-1
n)| + Z Z [c; (s, t,mym) |u (s, 1))
S=My t=ny,
+d (s, t,mn) |u” (s,1)| + e (s, t,m,n)]
M-1N-1

+ Z Z [fl(s,tmn)|u (s, t)|

S=My t=n,

+ g (s, t,mn) [u” (s,1)| + w, (s,t,m, n)] )

Then a suitable application of Theorem 4 (with [; =1, = 1) to
(72) yields the desired result.

The following theorem deals with the uniqueness of the
solutions of (68). O

Theorem 11. Supposing that

|C (s, t,m,m,uy) = C (s, t,m,n,uy)|
< ¢ (s, t,m,n) |u1 - u2|
|F (s, t,m,n,u;) = F (s, t,m,m,u,)|
< fi (s, t,m, n) |u1 - u2|
(73)
|D (s,t,m,m,uy) = D (s, t,m,n,u,)|
<d, (s,t,m,n) |u1 - uz'

|G (s,t,m,nuy) = G (s, t,m, m,u,)|

< g, (s,t,m,n) |u1 - u2|

Applied Mathematics: Principles and Techniques

hold for u,,u, € R, where c,d}, f,g, € .(Q%) are

nondecreasing in the last two variables,

A (M, N)

M-1 N-1

=Y Y [fi(st.M,N) + g, (s, M,N)] C (s,1)

s=my t=n,
<1, (74)

B (S, t’ m, n) = C] (S) ta m, n) + d] (S) ta m, n) >

m—1 n-1
C(s,t) = exp{ Z ZB(s,t,m,n)} ,

s=myg t=n,
then (68) has at most one solution.

Proof. Assume that u(m, n), u(m, n) are two solutions of (68).
Then

lup (m,n) —u? (m, n)|

< Z 2 IC (sstymsmu(s;t)) = C (s,t,m,n, (s, 1))

s=my t=n,
+ |D (s, t,mmu(s,t)) — D (s, t,mn,u(s,1))|]

M-1 N-1

+ Y Y [F(st;mnu(s,t)) - F(s,t,mn,u(s,1))|
S=my t=ny (75)
+ |G (s, t,m,n,u(s,t)) — G (s, t,m,n,u(st))l]

m-1 n-1

z z [a (s, t;m,n) +d, (s,t,m,n)] [uf (s, 1)

s=Mmy t=n,

M-1 N-1

-uf (s, )]+ Z Z [f, (s,t,m,n) + gy (s, t,m,n)]

s=my t=n,

~

Juf (s,8) = uP (s,1)] .

Treat |uf (m,n) — u? (m, n)| as one variable, and a suitable
application of Corollary 6 yields |u”(m,n) — u(m,n)| < 0,
which implies that u?(m,n) = u”(m,n). Since p is an odd
number, then we have uf (m,n) = uf (m,n), and the proof is
complete. O

Finally we study the continuous dependence of the
solutions of (68) on functions a, C, D, E, F, G, W. For this, we
consider the following variation of (68):

m—1 n—1

i (m,n) = a(m,n) + Z Z [é(s,t,m,n,ﬁ(s,t))

s=my t=n,

+D (s, t,m,n,ii(s,t)) + E (s, t,m, n)]

(76)
M-1N-1

¥ Z Z [ﬁ(s,t,m,n,ﬁ(s,t))

s=my t=n,

+G (s, t,mm @i (s,t)) + W (s, t,m, n)] ,

WORLD TECHNOLOGIES




Some New Volterra-Fredholm-Type Nonlinear Discrete Inequalities with Two Variables Involving Iterated Sums... 13

where C,D,F,G : Q* xR — R, E,W € p(Q*) and p > 1is
an odd number.

Theorem 12. Consider (68) and (76). If

|C (s, t,m,m,uy (s,1)) = C (s, t,m,m,uy (s, 1))
< ¢ (s, t,m,n) |uf - u§| R
|D (s, t,m,muy (s,1)) = D (s, t,m,n,uy (s, t))|
<d, (s,t,m,n) 'uf —u§|,
(77)
|F (s,t,m,mu, (s,1)) = F (s,t,m,n,u, (s, 1))]
< fy (s, t,m,n) |uf - ug' ,

|G (s,t,m,n,uy (s, 1)) = G (s, t, m,n,uy (s, 1))

<q (s,t,m,n)|uf—u§',

hold for u,,u, € R, where ¢;,d,, f;,9, € 9.(Q%), and are
nondecreasing in the last two variables, furthermore, for all
solution i of (76), the following conditions hold for (m,n) € Q:

la (m,n) — a (m,n)| <

| m

m—1 n—1

Z Z |E(S,f,m,n)—]§(s,t,m,n)' <=,

s=y t=n,

M-1N-1
Z Z 'W(s,t,m,n)—W(s,t,m,n)'s ,

S=My t=ny

m—1 n—1

Z Z 'F(s,t,m,n,ﬁ)—F(s,t,m,n,ﬁ)' < -,

s=my t=n,

(78)

M-1N-1
Z Z 'C(s,t,m,n,ﬁ)—é(s,t,m,n,ﬁ)' < -,

s=my t=n,

m—1 n—-1
Z Z 'D(s,t,m,n,ﬁ)—ﬁ(s,t,m,n,ﬁ)' < -,

s=my t=n,

M-1 N-1
Z Z |G(s,t,m,n,ﬁ)—G(s,t,m,n,ﬁ)' < -,

s=my t=n,

where € > 0 is an arbitrary constant. Then

|up (m,n) — i’ (m, n)|

LMN) T (79)

<e|l1+ 222
1-A, (M,N)

where A,(M, N) < 1, and

m—1 n—1
C, (m,n) = exp { Z ZB2 (s,t,m,n)]» ,

s=1mg t=n,
B, (s,t,m,n) = ¢ (s,t,m,n) +d, (s,t,m,n)],
/12 (m,n)

M-1 N-1

= Z Z [f1 (s, t,m,n) + g, (s, £,m,n)] C, (s, 1),

S=My t=ng )

]2 (m’ T’l)

m—1 n

= Z [, (s, t,m,n) +d, (s,t,m,n)]

=My

—_
|
—_

©

-
Il

S

0

M-1 N-1

+ Y Y fi(stmn) + g, (s, t,m,n)]

S=My t=n,

for (m,n) € Q. That is, u? depends continuously on the
functions a,C, D, E,F,G,W.

Proof. Let u(m,n) and #i(m, n) be solutions of (68) and (76),
respectively. Then u(m, n) satisfies (68) and #i(m, n) satisfies
(76). Hence

|uP (m,n) — i’ (m, n)| < la(m,n) —a(m,n)|
m—1 n—1
+ Y Y [[Clstsmnu(s,t) - Cls,t,m,n,ii(s,1))
s=my t=n,

+ |D (s, t,m,mu(s,t)) — D (s, t,m, n, ii (s, t))l

+ |E (s,t,m,n) — E (s, 1, m,n)H
M-1N-1

+ Z Z ['F (s,t,m,m,u(s,t)) — F(s, t,m,n, u(s, t))|
s=my t=n,

+ 'G (s, t,mymu (s, 1) — G (s, t,m,n, 1 (s, t))|

+ ’W (s, t,m,n) =W (s, t,m, n)“ <la(m,n) —a(m,

ol
m—1 n-1

+ Y Y [IC(st,mmu(s,) - C (s, t,m,n,ii (s, 1))
s=My t=n,

+ 'C (s, t,m,m, 7 (s,1)) — C (s, t, m, m, i (s, t))|

+ |D (S> t,m,n,u (S, t)) -D (S’ t> m, n, u (Sa t))l

+ |D (s, t,m,m, 7 (s, 1)) — D (s, t,m, n, i (s, t)).

+ 'E(s,t,m,n)—ﬁ(s,t,m,n)”
M-1N-1
+ Z Z [|F(s,t,m,n,u(s,t))—F(S,t,m,”,ﬁ(sytm

S=Mmy t=ny

+|F (s, tomom, @i (s,0)) = F (s, t,m,m, i (s, 1))
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+ |G (S) t> m,n,u (S) t)) -G (S) t,m,n, u (S) t))l
+ |G(s, t,m,n, i (s, 1)) — G (s, t,m, n, i (s, t))|

+ ‘W(s,t,m,n) —W(s,t,m,n)” <e

m—-1 n—-1

+ Z Z [c, (s, t,m,n) + d, (s, t,m,n)] [uf — ]
S=mmy t=n,
M-1N-1

+ Z Z [fi (s t,mn) + gy (s, t,m,n)] |uf —@F|.
S=my t=n,

(81)

Treat |uf(m,n) — P (m,n)| as one variable, and a suitable
application of Corollary 6 (with /; = [, = 1) yields the desired
result (79). Hence u? depends continuously on a,C, D, E,
F,G,W. O

4. Conclusions

The author carried out some new Volterra-Fredholm-type
discrete inequalities involving four iterated infinite sums
and their corresponding applications. The results are more
effective to qualitative analysis of solutions for sum-difference
equations, such as the boundedness, uniqueness, and contin-
uous dependence on solutions.
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A Discrete Duality Finite Volume (DDFV) method to solve on unstructured meshes the flow problems in anisotropic
nonhomogeneous porous media with full Neumann boundary conditions is proposed in the present work. We start with the
derivation of the discrete problem. A result of existence and uniqueness of a solution for that problem is given thanks to the
properties of its associated matrix combined with adequate assumptions on data. Their theoretical properties, namely, stability
and error estimates (in discrete energy norms and L*-norm), are investigated. Numerical test is provided.

1. Introduction and the Model Problem

Efficient schemes are required for addressing flow problems
in geologically complex media. The most important criteria
of efficiency are mass conservation in grid blocks, accurate
approximation of Darcy velocity, capability for dealing with
anisotropic flow on unstructured grids and diverse hetero-
geneities (relevant to absolute permeability, porosity, etc.),
and robust and easy implementation. Schemes well known
in the literature for meeting many of the previous criteria
are the following: Mixed Finite Element methods (see, e.g.,
(1, 2]), Control-Volume Finite Element methods (see, e.g.,
[3, 4]), Mimetic Finite Difference methods (see, e.g., [5, 6] and
references therein), Cell-Centered Finite Volume methods
(see, e.g., [7-11] and certain references therein; see also
[12-14]), Multipoint Flux Approximation (see, e.g., [15-18]
and some contributions to convergence analysis of MPFA
O-scheme like [19]) and Discrete Duality Finite Volume
methods (DDFV methods for short).

The DDFV methods come in two formulations. The
first formulation is based on interface flux computations for

primary and dual meshes, accounting with the interface flux
continuity (see, e.g., [20, 21]) and the second formulation of
DDFV is based on pressure gradient reconstructions over
a diamond grid (see [22-24]). Note that this second for-
mulation attracted the attention of some mathematicians as
Andreianov, Boyer, and Hubert who have greatly contributed
to its mathematical development. Indeed, key ideas involved
in the pressure gradient reconstruction approach have been
generalized by these authors to nonlinear operators of Leray-
Lions type. Motivated by the possibility of increasing the
order of convergence of the pressure gradient reconstruction
method for nonlinear operators, Boyer and Hubert have
proposed in [25] the so-called modified DDFV.

Beyond flow problems, we find the applications of DDFV
methods in many areas: the numerical modeling of the
surface erosion occurring at a fluid/soil interface undergoing
a flow process in [26], the discretisation of partial differ-
ential equation appearing in image processing in [27], the
assessment of nuclear waste repository safety in the context
of simulating flow, transport in porous media in [28], and so
on.
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For presenting our analysis of DDFV method, let us
consider the 2D diffusion problem consisting of finding a
function ¢ which satisfies the following partial differen-
tial equation associated with nonhomogeneous Neumann
boundary conditions:

—div(K gradg) = f in Q, 1)
[-Kgradg]-n=g onT, (2)

where ) is a given open polygonal domain, T is its boundary,
f and g are two given functions (defined, resp., in Q and
I, at least almost everywhere in Lebesgue measure sense),
and # is the unit normal vector to I' outward to Q. The
permeability K(x), with x = (x,x,)" € Q, may be a full
matrix depending on solely spatial variables and obeying the
following conditions.

(i) The primary mesh is such that the discontinuity of K
lies on mesh interfaces.

(if) Symmetry is

Kj; (x) = K (x) ae inQ, VI<i,j<2. (3)

(iii) Uniform ellipticity and boundedness are

Imim Ymax € RE such that VE € R?, & #0,
EK ()¢ )
2

VYmin £ =5 < Ymax €. In Q,

§

where | - | denotes the Euclidian norm in R* and where K;;()
are the components of K satisfying

K;; e PWC(Q), (5)

where PWC(Q) denotes the subspace of L*(Q) made of
piecewise constant functions defined in Q.

One also assume that f and g satisfy the following
conditions.

(i) Compatibility condition is

fel*(Q), geL*(I),

6
such that J f(x)dx - J gx)dy(x) =0. R
Q r
(ii) Null average condition is
J ¢ (x)dx = 0. (7)
Q

(iii) Let us emphasize that the novelty of this work is that
Neumann boundary conditions are imposed on the
whole boundary, which causes additional difficulties
in the analysis.

Applied Mathematics: Principles and Techniques

FIGURE 1: Example of a primary unstructured conforming mesh.

2. A Finite Volume Formulation of
the Model Problem

We briefly present finite volume formulation of the model
problem (1)-(2) on unstructured meshes into the same spirit
as [20, 25, 29-31]. We assume that

the diffusion matrix K is a piecewise constant function
over Q.

This assumption is currently used at least in industrial
problems (e.g., reservoir simulation problems). Indeed, a
subsurface area is made up of a collection of various geologic
formations that may be characterized at intermediate scales
by averaged full permeability tensors over grid blocks of the
primary grid: for more details on this topic, see [32, 33].

2.1. Formulation of the Discrete Problem. First of all, notice
that the method under consideration is analyzed in this work
for general polygonal domains covered with unstructured
matching primary meshes & made up of arbitrary convex
polygons (see Figure 1). Let us consider some definitions
needed in what follows.

Definition 1. A mesh defined on Q is compatible with the
discontinuities of the permeability tensor K if these disconti-
nuities are located along the mesh interfaces.

Definition 2. One defines an edge-point as any point located
over an edge and different from the extremities of that edge.

Definition 3. Two edge-points I and ] are named “neighbor-
ing edge-points” if they share the same vertex V in the sense
that I and J belong to two different edges that intersect in V..

Let us recall our main objectives in this work:

(i) Compute at the cell-points (to be defined later) and at
the interior vertices from the mesh & the values of the
unknown function ¢ as a solution (expected unique)
of a linear system.

WORLD TECHNOLOGIES
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FIGURE 2: A primary mesh (full lines) and the associated auxiliary
mesh (dotted lines), including edge-points and cell-points, respec-
tively, in black and blue colors.

(ii) Analyze the stability and the convergence of this
solution in some discrete energy norm similar to the
one introduced in [31].

In the context of unstructured primary meshes (including
square primary meshes with cell-points chosen different from
cell-centers), the definition of a discrete energy norm requires
that the cell-points lie inside certain perimeters. In this
connection, the main steps for defining the cell-points are as
follows:

(a) Choose arbitrarily a unique point (different from a
vertex) on each edge of the mesh &. This process
generates a finite family of edge-points.

(b) Join every pair of neighboring edge-points by a dotted
straight line.

By this way, we generate an auxiliary mesh denoted
d.

(c) Fix arbitrarily a unique point inside each intersection
of a primary cell and an auxiliary cell. These points
define a finite family of cell-points.

Figure 2 illustrates the location of the edge-points and cell-
points within both primary and auxiliary meshes.

Remark 4. Note that, in the 3D framework, for a given
primary mesh the corresponding auxiliary mesh is generated
very easily as follows. Any primary cell C involves a finite
number of faces and to each face is assigned one and only one
face point lying necessarily on the boundary of C. Therefore,
one could associate with these face points the smallest convex
polygon containing all of them. This is the process leading to
generation of the auxiliary mesh associated with the primary
mesh under consideration.

We should emphasize that we need to take cell-points
inside auxiliary cells (see Figure 2) in view of achieving
the following goal which is to define a vector space for
the piecewise constant solution (named “weak approximate”
solution in the sequel) and to equip it with a discrete energy
norm.

Remark 5. Note that there exists a DDFV approach based on
pressure gradient reconstructions that can address nonlinear
elliptic problems: see [25, 34] for more details. Nevertheless
in these works, the choice of edge-points depends strongly
on that of cell-points as each edge-point coincides (by
Definition 2) with the intersection of a primary edge and the
straight line joining two cell-points located in both sides of
that edge.

From the boundary-value problem theory (see, e.g., [35]),
system (1)-(2) possesses a unique solution in H 1(Q) under
assumptions (3)-(7). We have assumed that the diffusion
coefficient K is a piecewise constant function over Q. The
discontinuities of K naturally divide Q) into a finite number
of convex subdomains (€,),.s. We now make the additional
assumption that the restriction over Q) of the exact solution
to system (1)-(2), denoted by ¢\ , satisfies

P, €C*(Q,) Vses. (8)

Let us now focus on a finite volume formulation of
problem (1)-(2) in terms of a linear system which should
be derived from the elimination of auxiliary unknowns,
namely, edge-point pressures, in flux balance equations over
primary cells and also dual cells (to be introduced later). This
linear system should involve the real numbers {up}p.» and
{up}preg as discrete unknowns which are expected to be
reasonable approximations of {pp} e (cell-point pressures)
and {@p- } p+ < (interior vertex pressures), respectively, where
op = o(xF,x2) and @y = (p(xlD*,xzD*) and where 9 stands
for dual mesh. We now give a description of the procedure
leading to the linear discrete system.

Let Cp, be a primary cell, where P is the corresponding
cell-point. We integrate the two sides of the mass balance
equation (1) in Cp. Applying Ostrogradsky’s theorem to the
integral in the left-hand side leads to computing the flux
across the boundary of Cp. Thanks to a suitable quadrature
formula this computation yields a relation involving edge-
point pressures. Due to the flux continuity over the mesh
interfaces, the edge-point pressures can be eliminated from
the previous relation.

As an illustration of this technique for computing the
fluxes across primary cell boundaries, we consider the edge
[A¥B*] associated with the primary cell C,, (see Figure 3).

Let K be the diffusion tensor of the primary cell Cp.
Denoting Ef;* p+) s the unit normal vector to [A*B*] exterior
to Cp, the flux expression over the edge [A* B*] viewed as part
of the boundary of Cj, is given by

p B ah (KP) ﬁh (KL) hA*B*
Qw1 [“h (KP) hy + @y, (K*) hpy 90l
+ T}ZA*)B*)
R )
ay, (K*) by, (K®) hpy + @y, (K®) by, (K*) By, ]
+ -~
ay, (KP) hy, + @y, (KL) hypy
: [‘PB* - (PA*]’
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()

(b)

FIGURE 3: Two molecules for a finite volume computation of the flux across the edge [A*B"]. (a) The edge [A*B"] is lying inside the domain

Q. (b) The edge [A*B"] is part of the boundary of Q.

where TIIZ A+ p+) is the truncation error and where we introduce
the following necessary ingredients:
-
PI
o p= =
i

s

_A'B

h = max {size (P), size (D), size (H)},

() = e () & o). O
b (KP) = ﬁ (%ﬂ)t K* (Ef)A*B*])’

()= o () K )

b, (K) = ﬁeﬁz (fﬁl})t K" (&4 p)»

where 65’1 (resp., Gﬁ’l ) is the angle defined by the vectors o}
and ffA*B*] (resp., —op and E&*B*]) and where fﬁjﬂ (resp.,
EF'IL]) denotes the unit normal vector to (PI) (resp., to [IL])

exterior to the half-plane from R* containing the point B*
and bordered by the straight line (PI) (resp., (IL)). Notice that

0< 65’1, 9,11“’1 < /2. Moreover if the primary mesh (%, &) is
regular in the sense of Definition 6, we have 0 < Oﬁ’I <m/2-0
and therefore 0 < cos(r/2 — 0) < cos(@{;‘l) < 1, where
0 €]0, /2 is a certain real number not depending on h.

In what follows, we will need the following notations. We
denote by & the set of all edge-points (from the primary
mesh of course), &M the subset of & made up of internal
edge-points, that is, edge-points lying on Q, &** the subset
of & made up of edge-points lying on edges included in the
boundary of Q, and &” (for P € P) the subset of & made up
of edge-points lying on the boundary of the primary cell Cp.

We now introduce the notion of regular primary mesh
that should play a central role in the sequel.

Definition 6. The set {P, &} defines a regular mesh system if
the following conditions are fulfilled.

There exist 0 < @ < 1and 0 < 6 < 71/2, both of them
mesh independent, such that

d, < diam (P) < %dp VP e P, (1)

0g9§f"<g-e VP e P VI € &, (12)

where & stands for the set of primary cells and where dp, is
the distance between a cell-point or a vertex from P and an
edge-point from P.

Proposition 7. Assume that (i) the primary mesh P is
compatible with the discontinuities of the permeability tensor
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FIGURE 4: A primary mesh in full lines with the associated dual mesh
in red discontinuous lines and the corresponding auxiliary mesh in
black dotted lines.

K (see Definition 1), (ii) the set {9, &} is a regular mesh system,
and (iii) relation (8) is honored.

Then, there exists a strictly positive number C mesh
independent such that

Tya- gy < CH. (13)

Using the previous notations and thanks to the con-
sistency of the flux approximation across cell edges (see
Proposition 7), one reasonably can approximate the flux
balance within any primary cell Cp as follows:

[( ah(KP)ah(KL)hA*B* >[q) —y ]
regPnzint |\ %h (KF) by + ay, (KE) hpy e

(Bl
a, (KP) hyy + @y, (KE) hyy (14)

[ —st*]] ~ Jcpf(x)dx—J

Ip

. g (x)dy (x)

=0 VPe,

where L € P, A" € 9, and B* € D are such that
I, NI, = [A*B*] and where & n & = {I}. It is clear that
the number of discrete unknowns {@p}pcs and {@p}pegy
is greater than the number of equations in system (14). It is
then natural to complete this system with discrete equations
obtained from mass flux balance over dual cells; see Figure 4
for the definition of the dual mesh.

In what follows, we will need to use the notion of
pseudoedge associated with dual cells. Let us define now this
notion that is illustrated in Figure 5.

Definition 8. Let P and L be two cell-points from the primary
mesh (i.e., P,L € 9) such that the corresponding primary
cells Cp and C; are adjacent, and consider I ¢ &* n &*

FIGURE 5: A dual cell (blue discontinuous line) with its four
pseudoedges “centered” on red edge-points.

(recall that &”, for E € 2, is the set of edge-points lying in
the boundary of the primary cell Cg). The line [PI] U [IL]
defines a pseudoedge denoted by [PIL] and “centered” on I,
with extremities P and L.

We will say that a pseudoedge is associated with a dual
cell C- if it is lying in the boundary of C ..

Remark 9. The boundary of each dual cell is a union of a finite
number of pseudoedges (see Figure 4).

Let us now look for discrete flux balance equations over
dual cells. Integrating the two sides of the balance equation
(1) in a dual cell Cj-, applying Ostrogradsky’s theorem for the
left-hand side, and exploiting Remark 9 lead to

Z-J Kgrad¢~n3*dy=J f)dx, (5)

ez [PIL] o

where np. stands for the outward unit normal vector to the
boundary of C. and where [PIL] is a pseudoedge associated

with the dual cell Cy. . Recall that &” " is the set of edge-points
lying in the boundary of the dual cell Cy..

Let us look for a flux approximation across the pseu-
doedge [PIL] viewed as part of the boundary of Cp.. Denot-

ing by QF;IL] the exact flux over [PIL], it can be expressed by
the relation

QFPIL] == LPI] gradg - (KPEFPI]) dy
(16)
LyB
- J[IL] gradg- (K EUL]) dy.

By using the same process, the computation of the flux
across [PI] is
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o (KP) @y, (K*) hyy

- do- (KPEE Vdy =
J[PI] srace ( E[m) v <ah(KP)h1L+5h(KL)hp1

Applied Mathematics: Principles and Techniques

) [¢p — o] + T£>I]

g[Sl ()06

[op —@arls

where

1
(K= e

(&a s )t K* (ffp*u) >

o (&) K7 (85)

DI
cos 6,

(18)
dh (KP) =

& (K" a, (KP )y

- do- (K8, )dy =
J[IL]gra §D< EUL]) v (ah(KP)hIL"'ah(KL)hPI

haepe lay, (KP) by + @y, (KE) hpy]

(recall that 6;:’1 denotes the angle defined by the vectors o,

and Eﬁq* 5
Similarly, the computation of the flux across [IL] leads to

> [9p = pr] + T[E;L]

(U VR ) o 1) B

[ppe — @ar]s

where

& (K”) = @ (&*B*])t K" (ﬁm)
() K (&) -

We should now formulate a global estimate for the trunca-
tion errors associated with the flux approximation over the
pseudoedge[PIL].

(20)
~ 1

LI
cos Gh

Proposition 10. Under the same assumptions as those of
Proposition 7, there exists a positive number C mesh indepen-
dent such that

i + |10 | < O (21)

The above inequality shows the consistency of the flux
approximation across the pseudoedge [PIL]. We summarize
what precedes as

B
Q [PIL]

( o (K?) ay, (K*) hpy + ¢, (KY) @, (K7) By )

ay, (KP) hyp, + @, (KE) hyy

lop — 1]

haepe [ay, (KP) hyp + @y, (KL) hypy]

. ( wy, (P, L, T) )
haep (@, (KP) by + @y, (KE) hpy]

: [903* - S"A*] >
(22)
where we have set
wy (P, L, T) = [a, (K*) by + @, (K" ) hp]
dn (K®) hpy + diy (K*) By ]
23)

+ hprhyp [Eh (KL) - by (KP)]

o (K7) =2 (K9)]

We deduce from (22) that an approximate flux balance
equation over any dual cell Cy. can be formulated as follows:

5 [( 6, (KP) @y, (K*) hpy +¢, (K*) @, (K7) by )

ay, (K?) hyy + @, (K*) hpy

Ie an &int

lop— o] + ( @ (AL 1) )

hyep [a, (KP) by + @y, (KE) By

(o5 —w]]
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+

3 (tlEIA) s ()

IegB* ngext ah (KE) hB* D*

o — o] = LB* flodx- LB gdy

« NI

[oX (KE) hIE
a(KF) hg. p-

>
Je&B" ngext

J gdy VB" €3,
[B*D*]

(24)

where P € P, L € P, and A" € P are such that [, N T =
[A*B*] and [PL] N [A"B*] = {I} and where E € #, D" € @
a boundary-vertex are such that [B*D*] ¢ TnTgyand I €
[B*D*].

Systems (14) and (24) naturally suggest defining a finite
volume formulation of the diffusion problem (1)-(2) as
follows.

Find {¢p} pe» and {@ . } pr g such that

» [< ay (KP)ay, (K*) e pe ) G o]
regPagn [\ % (KP) by + @y, (K*) hpy G

a, (K*) b, (K) hpy + @, (KP) by, (K*) By
' ay, (KP) hyy + @, (K*) hypy

(25)

1o —m] - | feode= | gdy=o

P

VP e P,

5 [( o (KP) @y, (K*) hpy + ¢, (K*) ), (K*) by )

ay, (KP) hyy + @y, (KE) hyy

Ie&B" ngint

77+

w, (P, L, 1) >
haepe (@, (KP) by + @y, (KE) b ]

! [¢B* - ¢A*]:|

5 (hm [a (K*) dy (K*) - e, (K7) by ()] )

ay, (KE) hg. -

(26)

+

Ie&B ngext

'[63‘_¢D*]:J' f(x)dx—J gdy

Cyr Cy+ T

o, (KE) hyg
a(KF) hg.ps

)

Ie&B ngext

j gdy VB €9,
[B*D*]
Remark 11. Tt is useful to note that

Z Z G, (KE) hip

—_ gdy =0. (27)
B €D [eh ngen 4 (KE) hpe J.[B”D*]

2.2. Existence of Solutions to System (25)-(26) Conditions for
Uniqueness

(i) Matrix Properties of the DDFV Problem (25)-(26). It
is easily seen that the symmetry of the matrix associated

with the linear system (25)-(26) essentially follows from the
symmetry of the diffusion coefficient K (see assumption (3)).
We assume that all the cell-points and all the vertices (with
respect to the primary mesh) are numbered. Therefore one
can identify & and @ with two disjoint subsets of the set of
positive integers. To fix ideas, let us set

P=1{1,...,n},
D={n+1,...

(28)
,n+m}.

Then Card(%) denotes the total number of cell-points and
Card(9) stands for the total number of vertices. On the other
hand, define the subvectors ®_, and @, by

(Dcc = {¢P}P59 >
- (29)
chc = {(pD* }D* €D
and set
U [A [EB] (30)
= S 30
B C
where
q)CC FCC
o] =[] a0
q)VC FVC

where F,_ is a subvector with Card(%) components defined
by the right-hand side of (25) and F,, is a subvector with
Card(2) components defined by the right-hand side of (26).

Remark 12. The matrix M satisfies the following properties:
M 1<i,j<mM;=M;;
2)1<i,j<m Z;’;ll\/ﬂij:O;
BG)1<ij<m Y2 My =0.

Let us introduce two vectors of R** named % . and %,
and defined by

1 ifl1<i<n
(97“)1‘:

0 ifn+tl<i<n+m,

0
(f}vc)i = <|

(32)
ifl<i<n

1 ifn+l1<i<n+m.

Proposition 13 (characterization of Kernel space of M).

(i) The matrix M is singular.

(i) Moreover, let ker(M) denote the subset of R™" defined
as follows:

ker(M) = {V € R™, MV = 0} (named Kernel space
of M in the sequel); then we have

ker (M) = (F ., Fc) - (33)
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Sketch for the Proof

(i) The singularity of M is an immediate consequence of
Remark 12.

(i) Define the space R”? by

R@’g = {V = [Vcc>ch] ;Vcc Vi

vc

= {Vo}pes C R,
(34)

= {Vp}preq € R}
and endow it with the seminorm | - |2 defined as

2

(P,L)eP?, (A*,B*)eP?
s.t. TpNI=[A*B*]

|V|geo = [(VP - VL)2

2
+ (Vg = Vye) ] + (Ve
(A*,B*)€D? st. [A*B*|eg™

cc

a, (KP) ah (KL) hA*B*

Applied Mathematics: Principles and Techniques
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~V,.) vV e R%?,

(35)

Then, find the above identification of the Kernel space of M
using the following Lemma.

Lemma 14. The matrix M is positive; that is,

cc

V., V,.]M [ ] >0 VVeR”. (36)

vc

Proof. LetV = [V,
ch = {VA* }A* €D
It follows from what precedes that

V,.] € R”? where V., = {Vp}pcop and

AR

vc

2

PeP [eEPnE™™

{

ap (KP) by, + @y, (KL) hpy

ay (K*) b, (K2 ) hpy + @, (K®) by, (K*) 1y,

)m—mw

d

ay, (KP) hyp, + @y, (KE) hyy

> (VB* - VA*)VP]

(oA (KP) ah (KL) hPI + Eh (KL) a, (KP) hIL

+ Z Z KP)h a, (KL K (VP - VL) VB* (37)

B*€D [egb ngint ay (KP) by, + @y, (K*) hpy
wy, (P, L, 1) )

+ - (Vg = Vg ) Vi

< hype (@, (KP) by + @y, (KY) B ] ? e
hug [a (K) dy, (K*) - , (KF) by, (K7)]

+ Z Z ( KEVI (Vg = Vp+) Vg-.

B* €D [egB” ngent ay, (KF) hg p-
Define = Z [KﬁL (Vp - VL)2
P\ ~ L 2 4% pk 2
o (K@ (K ks LA 2D
a (KP) hy + @y, (K*) hpy
2
- w, (P, L, 1) + K3y (Vg = Vi)
2 hyepe @, (KP) by + @y, (KE) by ] (38) o
+ 2Ky (Ve = V) (Vi = Viae )]
Up(r,av )
P P P P
_ [a (K )dh (K ) 4 (K )bh (K )] hip + HP(I,A*,B*) (VB* = Vye )2 >
a, (KP) hyepe ’ Ped™ (A" B")e2*I>
st [A*B*]e&”
where P,L € 9 are two adjacent primary cells sharing the (39)

edge [A*B"] as interface containing the edge-point I. Then,
relation (37) becomes

Vcc]
v

vc

Vvl

where P denotes the subset of % made of primary cells
adjacent to the domain boundary I'. Let us prove that the
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homogenized symmetric matrix K™ is positive definite; that
is,

PL-PL PL\?2
Ki Ky - (Kiy) > 0. (40)
Setting
PL PLy,PL PL\?2
A = KKy - (K ) s (41)

it is easy to check that

A" = N [ (K)o (K) = (0, (K))')

(42)
+N, [ah (k") d, (K") - (b (KL))Z] ,
where we have set
. a, (K hy ’
b\ @ (KP) by + @y, (KE) by
ay, (K”) @y, (K*) hprhyy
(a, (KP) by, + @y, (KE) hPI)2 ’ (43)

2

N, = ay, (KP) hIL
2\ @y (KP) gy + @y, (KT) hpy
ay, (KP) 5h (KL) hPIhIL
(ay, (KP) by, + @, (KE) hp1)2

which are strictly positive numbers.

Since the diffusion matrix K is symmetric and positive
definite (see assumptions (3)-(4)), Cauchy-Schwarz’s inequal-
ity for the inner product associated with K ensures that

a, (K")d (K7) = (b (<)) > 0,
a, (K" d, (KY) = (B, (K"))' > 0

as either Ef) a+p and Eﬁ:l] or Ef a+p+ and fﬁz] are not collinear.
Therefore, A™* > 0 and thus K** is a symmetric and positive
definite matrix.

It follows from what precedes that the matrix K** pos-
sesses strictly positive eigenvalues. Let A% be its least
eigenvalue. So we have

[Veer Vie] M [V]

vc

PL 2
> Z Amin [(VP - VL)
(P,L)eP*(A*,B*)eD?
st. TpNI,=[A"B"] (45)

+ (Vg - VA*)Z]
)

PeP™ (A*,B*)e*NI?*
st. [A"B*le&”

2
1_[P(I,A*,B*) (VB* - VA*) :

Remarking that there exist two real numbers § and # strictly
positive depending exclusively on the geological structure of
the domain such that

8 <KhKE - (KB) <y vPeo, (46)

the following result is easily seen.

Lemma 15.
P P P \2 hpy
paepy = [KuKzz - (K1) ] o (KP) o (47)
Moreover
S@sinf
< Hpav,p7y < (48)
Ymax ( ) (DYmin

Thanks to inequality (45) and to Lemma 15 the proof of
Lemma 14 ends. O

Lemma 16. The matrix M satisfies the relation

cc

y(lVle,g)zs[Vcc,ch]M[ ] v e R??,  (49)

vc

where y is a strictly positive number mesh independent and
where | - |g2o is a seminorm defined on R”? by relation (35).

Proof. It is conducted with the same arguments as those
developed in the previous proof, except that one should go
much farther by proving that there exists p > 0 mesh
independent such that

p<At VP LeP. (50)
The eigenvalues A of the symmetric positive definite matrix
K" satisfy the so-called characteristic equation associated
with K**; that is,

Y- [Ki+ Ky A+ (KT - (KfZL)Z] 0. (51

The least eigenvalue of K denoted by

o (KT + Koy | - VA

min 2 >

(52)

where A = [KﬁL + KfZL]2 - 4[KflLK§ZL - (KfZL)Z], is a strictly
positive number. One can easily deduce that

det (KPL)

AL > , (53)
T K+ KPF] + det (KPE) + 1
where det(K™) = KﬁLKfZL - (Ksz)2 is a strictly positive

number. We should bound the quantities K17, Kby, and
det(K*") by mesh independent strictly positive numbers.
Let us start first with det(K'*). We consider a change of
coordinates by moving from the initial Cartesian coordinates

= T2 .
to a local one, namely, (],C*D*/IC*D*I,E[C*D*]), where |
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is the edge-point on the interface [C*D*] between the cells
Cg and Cy and where E[LC*D*] is a vector orthogonal to
[C*D"] and oriented such that the basis change matrix M is
a rotation. Denoting the permeability tensor of the cell Cg
by K¢ = {Kg } in the initial Cartesian coordinates and by

I?G = {I?g} in the local coordinates we have
K® = M'K°M. (54)
Similarly, we get for the cell Cpy
K" = MK M. (55)
Then it is easy to check that
. (K®)d (K°) - (b, (K°))’ = RoRS, - [RO] 5 66)
that is,
. (K9) i, (K°) - (b, (K°))" = det (R°)

- det (K°),

(57)

where det(:) denotes the determinant. Similarly, we have for
the cell Cy;

a, (K™)d, (K™) - (B, (k™))" = det (R

= det (KH).

(58)

It follows from what precedes that
det (K™) = Nj det (K9) + N, det (K™),  (59)

where N, and N, are given, respectively, by relations (43).
On one hand, we can deduce from (4) and Definition 6
that

1 [ @)y 5in6\?
Ni25<M> Vi=1,2. (60)

Ymax

On the other hand, we remark that
det (KP) > min{det(K"), s€S} VPe2P, (61)

where the set S (introduced in (8)) depends exclusively on the
lithologic structure of the medium Q. Then we deduce from
(59), (60), and (61) that

det (K7)
. 2
> 1 (‘%—5“‘9> [min {det (K°), seS}]  (62)
2 Vmax
VP e P.
Remarking that
det (K™) < KTEKEE + (KT’ (63)

Applied Mathematics: Principles and Techniques

and exploiting again (4) and Definition 6 lead to the following
inequality:
4
2 2,0
det (KPL) < (Vmax) mzax{ i (64)
(@)’ (Vimin)” (sin 6)

Thanks again to (4) and Definition 6 one can easily check that

2
2 4y

KPL KPL < < Ymax > [1 = max . 65

1wt V2@ sin 0 +(D+(Dsin6 (65)

Lemma 16 follows from the combination of (53), (62), (64),

and (65). L]

Proposition 17 (discrete compatibility condition). The right-
hand side of the discrete system (25)-(26) satisfies the following
discrete compatibility condition:

Z “cp J e Irpnrgdy] -0

Pep

z |:J'CB* flaydx - JFB* o dy] (66)

B*e2

Y

B* €D [c @B ngext

(oA (KE) hIE

— J- gdy =0.

a (K*) hg-p- Jip'D7)

Proof. First of all, note that the double summation in the

previous proposition is equal to zero thanks to Remark 11.
Let us consider two vectors of R""" called % and %, and

defined by
1 ifl1<i<n
(9755),‘ =

0 ifn+tl<i<n+m,

0 ifl<i<n
(gvc)i =

(67)

1 ifn+l<i<n+m.

According to the matrix form of the discrete system (see
relation (31)), we have

L D ETC ol Y
cc (DVC - cc FVC .
It follows from Remark 12 that
t q)CC t
(gcc) M |:q) :| = [(Dcc (Dvc] Mgcc =0. (69)
Therefore
F
0=(F) | “|= “ xdx—J d]. 70
( ) |:Fvc] P;@ Cpf( ) Fpﬂl"g Y ( )

Similarly we have

0= m| o] - []

vc F‘VC
(71)
= Z [J f(x)dx—J gdy].
B*eD CB* CB* nr
This ends the proof of Proposition 17. O
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An immediate consequence of the previous result is
the following existence result for a solution to the discrete
problem (25)-(26).

Proposition 18 (existence result). (1) The linear system (25)-
(26) possesses an infinite number of solutions.

(2) More precisely, if s, is a solution to the discrete system
(25)-(26), then s;, + ker(M) is the set of all solutions for this
system.

The question to know how to get the physical solution of
the model problem has a natural answer; that is, one should
follow the same way as the continuous problem analysis.
Since the dimension of ker(M) is 2, required are two (linearly
independent) discrete versions of the null average condition
(7). This naturally leads to the following result.

Proposition 19 (uniqueness result). Under the following (null
average) conditions,

(i) Z mes (Cp) @p = 0,
PeP
(72)

(i) ) mes(Cp)@p =0,
D*e9

the discrete problem (25)-(26) possesses a unique solution.

Proof. Let us consider the space

jo)@ = {V = [Vcc’ vc] ;Vcc = {VP}Pegi C R’ ch

(73)
= {VD*}D*EQ C IR} .
One knows from Lemma 14 that
VIMV >0 VWV e R, (74)

Then it follows that, for all V in the subspace of R?? made
up of V = [{Vp}pegpr iV} pr ey ] such that conditions (72) are
fulfilled, one has V'"MV =0 & V = 0. O

3. Stability and Error Estimates

We deal here with a theoretical analysis of the solution for the
discrete system (25), (26), and (72). Recall that the existence
and uniqueness of that solution (under explicit conditions) is
proven in the previous section. We assume in what follows
that the primary mesh is regular in the sense of Definition 6.

3.1. Preliminaries and a Stability Result. Let us consider the
auxiliary mesh & introduced in the previous section (see
Figure 4). Note that each mesh cell of & contains either one
cell-point or one corner point and only one which should be
lying inside or on the boundary of Q0. In the sequel, a node is a
cell-point or a corner point with respect to the primary mesh.

Definition 20. An auxiliary mesh cell is degenerate if the
corresponding node is lying on the boundary of Q.

In the sequel, we will say sometimes “auxiliary cell”
instead of “auxiliary mesh cell.” We denote by E(/) the sub-
space of R”*? made of functions v which satisfies conditions
(72). This space is obviously nonempty as there is the null
function. Moreover, the solution of the discrete system (25),
(26), and (72) could clearly be identified with one (and only
one) function from E(&/). In the sequel we denote by ¢, such
a function named “cellwise constant (approximate) solution”

of the diffusion problem (1)-(2). Let us endow R”? with the
following discrete seminorm.
For all v = [{Vp} peopr (Ve Ipregy] € R7?, define
2
Vo = Z [(VP -Vi)
(P,L)e%*(A",B")eD*
s.t. TN =[A"B*]
2
+ (Vg = Va )]+ D Vs 75

(A*,B")€D? st. [A*B*|ege

1/2

~v,. ) vV e R%?,

where “s.t.” means “such that.” As this seminorm is actually
a discrete energy norm for the space E(</), we denote it by
I - I, as far as functions from E(&/) are concerned. A norm

on the space R”? is defined by the mapping

2 2 1/2
Mgz = {Igos + Mg} - (76)

We focus here on the proof of the stability of the solution
to the system of (25), (26), and (72). For this purpose, we
need to introduce as in [31] a preliminary result, namely, a
discrete version of Poincaré inequality which is based upon
the following ingredients. Consider the following spaces

R {v= {vp)pegps vp € R VP € g)},

(77)
Rg = {V = {VD*}D*ESZ; Vp+ € R VD* € @}
and the linear operators I, and I1,, defined as follows:
veE(H)— I, (v) € E(P),
(78)

veE(d)— 1y (v) € E(D)

with ITI,(V)={vplpeyr and Ilg (V) = {vp}p+ecy, where
E(%) and E(D) are, respectively, subspaces of R” and R?
made of functions satistying conditions (72)-(i) and (72)-(ii),
respectively.

WORLD TECHNOLOGIES




26

Let us equip the function spaces E(9) and E(9) with the
following discrete energy norms:

1/2

IVl = 1 Y ve-v ]t .

(P,L)eF* (A" ,B*)eD?
s.t. TpNI=[A*B"]

Vg = 1 y [(vg = va)’] (79)

(P,L)eP*,(A*,B*)eD?
s.t. TN =[A"B"]

1/2

2
+ Y (Vg = V)
(A*,B*)eD? s.t. [A*B*|e &

These mappings are only seminorms, respectively, for R” and
R that one can transform into norms for these spaces as
follows:

2 . 12
Mg = {Fae + 11320y} 5
) (80)
Y . 12
I = {lge + 1@}
where we have set | - |[g# = || - | and | - [ge = |- llg. The
following results are key ingredients for proving the stability

of the discrete solution in the sense of the discrete energy
norm defined previously on the space E(&/).

Lemma 21 (discrete versions of Poincaré inequality). We
have the following inequalities:

2 2 2 2
Mz < GG + s (L v(x)dx) o

Vv e R?,

2 2
M < O + — (| vnax)
L*(Q) D mes (Q) a (82)
Vv e R?,

where C represents diverse strictly positive numbers mesh
independent.

Note that the right-hand side of inequalities (81) and (82)
is, respectively, norms for R” and R?. Since Q is bounded,
the previous lemma permits seeing that these norms are
equivalent to standard ones, namely, (80). For proving the
preceding lemma one can use the same arguments as in [36].

Lemma 22 (a key-result). Let (P, &) bea regular mesh system
(defined on) in the sense of Definition 6 and denote by D the
corresponding dual mesh. For v € E(P), denote by vp the value
of v in the control volume P. Let y(v) be a discrete trace function
defined a.e. (for the (d — 1)-Lebesgue measure) by y(v) = vp on

Applied Mathematics: Principles and Techniques

I, NT, forall P € G where P denotes the set of mesh
elements adjacent to the domain boundary I'. Then

¥ Doy < CUVIZ + Hzy)  YveE(P).  (83)
Similarly, we have
¥ ey < CUMI + Hlizy)  ¥v e E(D),  (84)

where C stands for diverse positive numbers mesh independent.
Proof. See, for instance, [36]. O

Remark 23. Tt is more than useful to note that
2 |L.2)? P12
e, = v, + |v7], vveEw@). (85)
Let us give now one of the main results of this section.

Proposition 24 (stability result). The cellwise constant
approximate solution @, of the diffusion problem (1)-(2)
satisfies the following inequality:

lenll, <C ("f”LZ(Q) + "9"L2(r))’ (86)

where C is a strictly positive real number not depending on the
spatial discretization.

Proof. Multiplying (25) by ¢, and (26) by ¢},. and summing
over P € P and D” € 9, respectively, lead to

@ 0| o) [o] - 10w @[] @

B C][® »

vc

Recall that

Cp P PeP

Fvc:‘J f(X)dX—J gd)/
Cp+ Cg+ NI’

+ > G (K?) g (88)
. a(KE) hgp
A*eN(B*),IeE? ng™
with T, ML, =[P1]
: J gdy
[B*D*]
B*€9
Let us set
LHS = R
cc ve [EBt C CDVC
(89)

F,

vc

F.
RHS = [q)cc q)vc] .
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We know from Lemma 16 that there exists a strictly positive
number p mesh independent such that

ol < LS. (00)

On the other hand, according to Remark 11 we have

RHS = Z j fopdx — Z Jr o 9Ppdy

Pe» Cp Pe»p

+ Y| e 3| gapar

B*e9 B*eg YIp*Nl

Z Z o2 (KL) hy (91)

+ ¢B* —

B*eD A*eN(B) s, a(K )hA*B*

3re®? ngA nE™ e,
with T4+ AT+ =[LI]

: J gdy.

[A*B*]

Cauchy-Schwarz’s inequality leads to

RHS < ||f||L2(Q) “S_Dhg 12(Q) + "g“Lz(I‘) ”)_/9’ (ahg’)

LX(T)
“f”LZ(Q) "q’h ||L2(Q> + "9"L2(r) "Y@ [ ) 12(r)
_ (KL) hy;
I o

318 nEA” 3L,
with T4 (Tgs =[LI]

: j gdy,
[A*B*]

where Yy, and Y, are, respectively, discrete trace operators
associated with grids & and 9. Thanks to relation (4),
Definition 6, and Cauchy-Schwarz inequality we get

RHS < ||f||L2(Q) [Hg_ohgJ 12(Q) + “ai? LZ(Q)] + "g"Lz(r)

7 @)y + 170 @3l

1
— Fo ~ P (93)
®min 510 0 A*,B*eé“‘ st | ’ ! |
&4 & 20
: J gldy.
[A*B*]
¢ (xp) - [ (xp)
E, =

¢ (xp) -

Accounting with the fact that ¢, satisfies null average condi-
tion on the grids & and &, Lemma 21 ensures that

”(Ph ”LZ(Q) "(Ph "LZ(Q) <C [”q)h "90 + “q)h “9 (94)

whereas Lemma 22 guarantees that

[P @iz * 7 (@)
Y (95)
<Clloil + vl )

A double application of Cauchy-Schwarz’s inequality leads to

Z |¢B*_¢A* J “gr |g|d)/
A*B* ™ s, [A"B"]
&4 gl 20 (56)
< [meas (]2 ”90;? ”9 "!]"L2

Combining relations (93), (94), (95), and (96) on the one
hand and using the inequality of Cauchy-Schwarz and
Remark 23 on the other hand yield

RHS < C (| fll 20y + Il 20 ] 1@l 97

Recall that C represents diverse strictly positive numbers
mesh independent. The stability result follows from relations
(90) and (97). The proof of Proposition 24 ends. O

3.2. Error Estimates. Following the original technique
exposed in [28], we investigate in this subsection the error
estimates for the finite volume approximate solution to the
model problem. Recall that ¢ denotes the exact solution to
the model problem while ¢, € E(&) is the cellwise constant
approximate solution obtained from a DDFV formulation
of this model problem. View also ¢, as a representation
in terms of function of the vector ® = [®,. (Dvc]t, where

e = @plpep and @, = {@-}p+ g Recall that the vector
® is defined above as the unique solution of the DDFV
discrete system, satisfying null average conditions on grids
P and D (see (25)-(26) and (72)). Let us set

-9, (xp) =9p-9p VPEDP,
VD" € 9.

Ep=9¢ (xp) (98)

Ep =¢(xp) - Ph (XD*) = ¢p — Pp

Note that the components of the so-called error-vector
H{Ep}pesrs {Eptpreg]’ € R”? can be viewed as values in
auxiliary cells of the so-called error-function Ej, defined a.e.
in Q. More precisely let us recall that any auxiliary cell A is
associated with a unique cell-point or a unique vertex. Let E ,
be the error corresponding to the auxiliary cell A; that is,

if P is a cell point associated with A

(99)

@, (xp+) if D" is a cell point associated with A.
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Since the auxiliary mesh define a partition of (), one can set

E, = Z Ex (xa (),

Aed

(100)

where y, is the characteristic function of any cell A.

Our first purpose is to show that the error-vector is a
solution to a square linear system of the same type as the
discrete system (25)-(26) in the sense that both of them are
associated with the same matrix M defined above. Note that
unfortunately E, € R”? is not in E(</) as it does meet the
null average conditions (72) on grids % and 2. So the error
estimates, which are our main purpose in this section, should
be investigated in the sense of the norm defined by (76) on
the space R”*?. In this connection we first should prove that

|Es

RZ2 < Ch (101)
and in the next step we should prove that

IEu]l 2y < Ch. (102)

(i) Let us start with proving that the components of the
error-vector are solution to a square linear system of the same
type as the discrete system (25)-(26).

Accounting with truncation errors, one can see from the
DDFV flux computations that the exact flux across the edge
[A* B*] viewed as part of the boundary of the primary cell Cp,
is given by

QP B ah (KP) ah (KL) hA*B* [ B ]
B G (KP) gy +ay (KE) gy |7 %E

[ ay, (K*) by, (K®) hpy + a, (K*) by, (K*) by, ] (103)
ay (KP) by, + @y, (K®) by

+

P
@5 = @a ]+ Ryae e 1)
where the truncation error Rf( A+ pe,1) 18 given by

P
RI(A* ,B*,L)

[ ah (KP) hIL
=1+ P =~ (kL
ay, (KP) hyp, + @, (KE) hyy

p
Tr(as B+

(104)

N [ ah (KP) hIL :| TL
a, (K?) hyy + @y, (K*) hpy fans

5 [( ay (K7) @y, (K*) hye e

LeV(P) s.t.
JI1€&,3A",B" €D,
with 1e€"n&" [Nl =[A" B*]

s _¢A*]] = Lpf(x)dX—J

N

gdy -
T

ay, (KP) by + @y, (K*) hpy ) lor
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and meets the following inequality (see Proposition 7):

|Rfae 5 1| < CH. (105)

On the other hand, the exact fluxes across the pseudoedge
[PIL] for I € Q and across the edge [PI] for I € T, both of
them acting as part of the boundary of the dual cell Cp:, are
given by the following relations (accounting with truncation
errors):

B
Q[PIL]

( o (K?) ay (K*) hpy + ¢, (KY) @, (K7) by )

ay, (KP) hy + @y, (KL) hpy

lop — 1]

. ( wy, (P, L, 1) )
haepe (@, (KP) by + @y, (KE) By ]
B (106)
[pp —par] + Ripr,a)
(o (Kl (K7) = (6 (K7))")

a, (KP) hA*B*

B
Qppny =
' [ B | G, (KP) hPI J' d
(%] Pa a (KP) hA*B* (A*B] gay
B
+ RI(P)A*),

where the truncation errors R?(;)L) A and Rf(*P’ A+ Meet the
following inequalities (according to Propositions 7 and 10):

B* 2

IRI(P,L,A*)| < Ch’,
(107)

B 2

|Rf(p.ae| < CH”

The system of equations satisfied by the exact nodal potentials
{optpee and {@p+} pr gy reads as

ay, (K?) hyy + @y, (K*) hpy

o]+ ( ay, (K*) b, (K®) hpy + a, (K*) by, (K*) )

p
Riy gy VPEDP,

LeV(P) s.t.

JIe&,3A",B" €D,
with Te&"n&L I,nr,=[A" B*]
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A" eN(B") s.t.
1€ &,3P,Le P,

with Te&* N&>" T+ Ty =[PIL]

+< w, (P, L, 1) )[ B ]]
Mg L (KP) Iy + @, (KP) ] )92 %4

> [(Ch (KP) @, (KE) by +8, (K*) @y (KP) by

ay, (K?) hyy + @, (K%) hpy

(o (k) (°) (6 (K7))

) [9p — ¢1]

+ 2
A*eN(B") st
AIe&,3PeP

with T4 %" N&™,T,u L. =[PI]

ay, (KP) hA*B*

f(x)dx—J gdy

Cpye T

(95 —9p] = J

Cp

B* B
- Z RI(P,L»A*) - Z RI(P,A*)
ATeN(B") s.t. AeN(B") s.t.
AIe&,3AP,LeSP e &,3PeP

with Ie&4 N&P" T\« (L =[PIL]

N Z (0% (KP) hPI
A*eN(BY) sit. a (KP)hyepe
AI€&,3PeP

with Ie&4 N&P" NE™ T 1u Alyx =[PI]

where w;,(P, L, I) is defined in (23). Recall that /#(-) is the set
of neighboring cells of a given (primary or dual) cell.

Due to the conservation of our flux approximation
schemes, the truncation errors naturally obey to the following
relation:

Ry * Ry =0 VIe&™, {I}=8"ng", (109)

Rl +Rjpy=0 VIe&™, {I}=8"n&", (110)

where a and b are two cell-points or corner points associated
with primary or dual adjacent cells. Note that, in the previous
equality, the truncation errors are written in a very formal
way. This is with a view to involving both primary and dual
adjacent cells. Let us introduce now the set of diamond cells
called in what follows the diamond mesh and denoted as
A (the concept of diamond cell has been introduced for a
different usage in earlier works of some authors: see, e.g.,

[( ah (KP) ah (KL) hA*B*

LeV(P) sit. ay, (KP) hyp, + @, (KE) hyy
J1e&,3A*,B* €D,

with Ie&"n&",IonI,=[A" B"]

: [EB* _EA*]] =
LeV(P) s.t.
31€&,3A",B" €D,
with Ie&"n&% TNl =[A" B*]

with Ie&4 N&P" NG T« (T =[PI]

J gdy VB" €3,
[A*B"]

(108)

[22, 25, 34]). Each diamond cell is associated with one edge-
point and vice versa (see Figure 6). A diamond cell is declared
degenerate if the corresponding edge-point is lying on the
boundary of Q. An example of a degenerate diamond cell is
provided in Figure 6.

The following assumption plays a key-role in our proof
of the convergence of the piecewise constant (approximate)
solution @,,.

v € R} such that yh* < meas(M) VP e.#, (1)

where meas(-) is the Lebesgue measure in any spatial dimen-
sion.

Recall that we have set Ep = @p—¢p, for P € &P, and Epy. =
¢p+ — ¢p., for D* € 9. An adequate linear combination of
equations from system (108)-(109) with those from system
(25)-(26) shows that the quantities {Ep = ¢@p — @p}pee and
{Ep- = @p — @y I pr ey satisfy the following equations:

) ] + < i (KM by (KP) iy + (K By (KE) oy )

ay, (KP) hyp, + @y, (KE) hpy

(112)

P
Ry gy VPED,
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FIGURE 6: Examples of diamond cells. (a) A normal diamond cell. (b) A degenerate diamond cell.

[(ch (K") @, (K") hpy + €, (K*) @, (KP) ) S
= p~EL
AN (B st. ay, (KP) hyy, + @y, (KL)
JIe&,AP,LeP,
with Te&4" N&®" I« ATy« =[PIL]

+( w, (P, L, ) )[E | ]]
hyepe [ay (KP) by + @y, (KE) By ? 4

, (113)
P P P
<ah (K )dh (K ) T (Ch (K ) ))hPI
+ Z o (KO [Eg- —E4 ]
A*eN(B") st. h ATB
3Ie®,3PeF
with Ie&4 N&P” A& T, NTys =[PI]
B* B* *
=- D Ryprary — D Rypay VB €D
A*eN(B") st A*eN(B") st
31e®,3PLeP 31e&,3PeP
with Ie&4 N&P" T ,» e =[PIL] with Ie&4 N&P" N&' I\ (T =[PI]
(ii) Let us now prove that |E|g#2 < Ch, where C > Oisa
mesh independent positive number.
Multiplying (112) by Ep and (113) by Ep- and summing + z —Eg. Z R?(;LA*)
over P € & and B* € 9 yield (thanks to Lemma 16) B e ATeN(B') st .
Ares? ng® AP LeP
with T« Ty =[PIL]
2
A
B
~Ep > Ripary >
p A"eN(B") st.
< Z -E, Z Ria+ 1) I1es* ng? g™ IPeP
Peop LeA(P) sit. 7 with Ty« NI« =[PI]
31e&"nE" A" B €2, (114)
with TpnT;=[A" B
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where y is some strictly positive real number mesh indepen-
dent.

Thanks to (109)-(110) (consequence of the conservation of
the flux approximation scheme) we have

Y Bulgos

< 2
I€& s.t.
3AP,LeP with Ieg"n&r,

JA*,B* €D with [pNI;=[A*B*]

o = Er| [Riae )

B*

+ Z Ep. - EA*| Ripras|  (115)
I€& s.t.
JA*,B* €D with Ie&4 n&?
3P,LeP with Ty= NI+ =[PIL]
B
+ D |Ege — Eae| |Ripan)| -
I€& sit.
JA*,B* €D with Ie&* n&® nr,
3Pe with T ,» Ty =[PI]
Therefore
2 max
¥ |Enlgos < Z Rypr,a* ) (|Ep - Eq
I(P,L,A*,B*)e&™t
max
+|Eg —Ep)+ ) Ripaepe |Ep  (116)
I(P,A*,B*)e &
—E,l,
where we have set
max P B*
Rypp av gy = Max {|RI(A*,B*,L)| > |RI(P,L,A*) } >
117)

-
Ryppaspy = |RI(P,A*)
It is important to mention that, due to (105) and (107), we have

0 < RIS 4 ey < CH,
(118)
0 S RI(P’A*)B*) S Chz.

Define Sypy 4- gy = 2D Lebesgue measure of the diamond
cell defined by the points P, L, A", B* and associated with I €
&"™ and Sy(p o+ p+) = 2D Lebesgue measure of the diamond
cell defined by the points P, A*, B* and associated with I €
%ext‘

Therefore, thanks to Cauchy-Schwarz’s inequality, it fol-
lows from (116) that

Y |Eh SI(P,L,A*,B* )

IIZQ‘C/”(J’ < < Z
I(

P,L,A*,B*)e&™

)

1/2
SI(P,A*,B*) >
I(P,A*,B*)e&nt

2 (R}I(I;TL,A* »B") )2

I(PLA"B*)e@nt Si(pLA*B)

1/2

: [(EP - EL)Z +(Epe — E )2]

2(R ) 1/2
I(P,A*,B*) 2
+< D — (EB*—EA*)> _
I(P,A*,B*)e& I(P,A*,B")
(119)

One concludes with the help of assumption (111) and relation
(118) that
|Ep|ge < Ch, (120)
where C is a strictly positive constant that is mesh indepen-
dent.
(iii) Let us now prove that [|E,[|;2(q) < Ch.
We start with setting

A (P) ={E € o;3P € P with x € E},
(121)
A (D) ={E € #;3D" € D with xp,. € E}.

Recall A is the auxiliary grid and xp is a cell-point while xp,.
is a vertex (with respect to the primary grid introduced in a
preceding section).

Define

Q.= |J E
Eed(P)
(122)
0, = |J E
Eed(2)
Note that Q4 and Qg are a partition of ) in the sense that

. (123)
(ii) Q=0Q45UQ,.
Two main steps are necessary in our technique to get the

estimates of ¢ — @l|;2(q); before exposing these steps, we
develop some preliminaries.

| lo@ -3, 0ol dx
Q
=J lp (0 =, () dx
Qg
+I o (x) -, ()| dx (124)
Qg

< j lp (x) - Ty, (o) dx
Q

+j lp (x) - T, () dx,
Q
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where I and I are operators from the function space
E(«/) into the function spaces &/(9) and o/ (D), respectively
(see (78) for the definition of IT,, and I1g;).

Let A5 and A, be two real numbers and (pﬁx and ‘Pix two
real functions defined almost everywhere in Q such that

(i) o = @ (x) = Ao,

.. (125)
(ii) Z meas (Cp) ‘sz (xp) =0,
PeP
(i) Py = 9 () = Ay,
; 126
(ii) Z meas (Cp+ ) ¢, (xpe) = 0. (126)
D*e9
Define
P P _
%aux = {(Paux ('XP) - q)P}pega >
9 . (127)
gaux = {(Paux (xD*) - ¢D* }D*€9 .
It is then clear that the vector
B = [ Ey] € R7? (128)
is identifiable with a function denoted again by &,,, which

lies in the space E(&f) and thus in the space R%2.

Proposition 25. The function &, meets the following trivial

aux

properties:
|Enlgro = |Eaulgra » (129)
| el = | & ;{9 +|&2. ;J (130)
|%ﬁx o SC &7 s (131)
" %ix ey = C '%Zm R? (132)

where C stands for diverse positive numbers that are mesh
independent.

Let us look for the estimates of _[Q lp(x) — Hg@h(x)lzdx:

[, lo(0 1155, P dx

<3 L |(p (x) - (pix (x)'2 dx

+3J
Q

_ 2
+3 J;) |Hg,(pag:x (x) = e, (x)| dx.

(133)
2
P (%) = Mgty (x)[ dx

(i) Since the primary cells Cp (with P € &) are convex
and the function ¢ € C*(P) the Taylor-Lagrange expansion
applies and gives rise to what follows:

Lo =9 (%) = [9lx (xp) + (x — xp)' grad oy, (8)]
in P, VP € &.

(134)
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Since ¢ meets the null average condition (7) and goix aux
honors condition (125)-(ii), integrating the two sides of (134)
in a primary cell P and summing on P € & yield

L lp () — 9% ()| dx < CH? (135)

when accounting with the fact that |gradgoa‘9lix(x)| < Ca.e. in
Q, where C represents diverse positive numbers that are mesh
independent.

(ii) Thanks again to Taylor-Lagrange it is easily seen that

j 92 (x) - g ([ dx <. (136)
Q

(iii) At last, we have

JQ Mo () = T, (x)'z dx
= Z meas (Cp) 'q)ix (xp) — 9, (XP)'Z
Pe

=[x

aux

2

P 2
v <C|&

aux |R?

(due to (131)) (137

2
R%2

P
%aux

<C

(according to (130))

< C|E 4o (according to (129))

< Ch*  (by virtue of (120)).

Summarizing what precedes we have proven the following.

Lemma 26. One has

J l(p (x) - I »e, (x)|2 dx < Ch’. (138)
Q

Remarking that any dual cell C,. (with D* € 9) is
actually a finite union of convex homogeneous polygons
sharing D" as a common vertex, the arguments that have led
to the preceding lemma apply and give rise to the following.

Lemma 27. One has

J |(p (x) - Ty, (x)l2 dx < CH%. (139)
Q

Let us summarize the previous developments in the
following proposition in which ./, denotes the set of nodes
(i.e., cell-points and vertices) with respect to the mesh system
(P, &, d,D) defined on Q.

Proposition 28 (error estimate result). Assume that the
primary mesh is regular in the sense of Definition 6 and that
the discontinuities in Q) of the piecewise constant permeability
tensor K generate a finite number of convex subdomains
{Q,},cs over which the exact solution ¢ of (1)-(2) meets the

following property:

P, €C*(Q,) Vses. (140)
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()

(®)

FIGURE 7: Triangular mesh with acute angles. (a) Coarse mesh and (b) fine mesh.

Under conditions (3), (4), (6), (11), and (I111), the error-
function E,, associated with the error-vector from R”*? with
components {Ex = ¢n — Pnlne, satisfies the following
estimate:

|Euline + Bl o) < O, (141)

where C represents mesh independent real number.

4. Numerical Test

The triangular coarse and fine meshes (see Figure 7) are also
from FVCAS5 Benchmark (see, e.g., [37]). Let us consider a
diffusion problem formulated as (1)-(2), where the permeabil-
ity tensor K is defined by the following relation:

1 0
K = <o 105). (142)

The exact solution is taken to be u(x,y) =

sin(2mrx)e 7oNY 1 Furthermore, we shall ensure the
uniqueness of the solution to (1)-(2) by enforcing the
condition

J @ (x)dx = 0. (143)
Q

Notations

(i) nunkw: number of unknowns.
(i) nnmat: number of nonzero terms in the matrix.

(iii) sumflux: the discrete flux balance; that is, sumflux =
flux0 + flux1 + fluy0 + fluy1, where flux0, flux1, fluy0,
and fluyl are, respectively, the outward numerical
fluxes through the boundaries x = 0, x = 1, y =
0, and y = 1 (e.g., flux0 is an approximation of

|,y KVu-nds),andsumf = ¥ .o K| f(xx), where
Xk denotes some point of the control volume K; note
that the residual sumflux is a measure of the global
conservation of the scheme.

(iv) umin: value of the minimum of the approximate
solution.

(v) umax: value of the maximum of the approximate
solution.

(vi) enerl, ener2: approximations of the energy following
the two expressions:E; = IQ KVu - Vudx,E, =

fﬂ KVu - nudx.
Let us denote by u the exact solution, by I the

mesh, and by ug = (ug)ges the piecewise constant
approximate solution.

(vii) erl2: relative discrete L>-norm of the error; that is, for
instance,

_ 2\ 172
erl2 = ( Y pesrmeas (Cp) (¢ (xp) - Pr (ZXP)) ) . (144)
Y pesprmeas (Cp) (¢ (xp))

(viii) ergrad: discrete L*-norm of the error on the gradient;
that is, for instance,

ergrad

my _ _
= Z 4. |‘Ph (xp) ~ @y (xL)|2
oetn! KL (145)

1/2

mo-* J— —
+ Z |9y (x40) — 9 (xB*)|2
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TABLE 1: Numerical results.

(a)

i nunkw nnmat sumflux erl2 ergrad Ratiol2 ratiograd
1 21 68 -1.16E - 10 4.7E - 01 1.62E - 01 0E00 0E00
2 109 944 —6.03E - 11 1.09E - 01 2.01E02 1.78E00 —8.66E00
3 385 3576 3.50E - 10 2.12E - 02 3.80E01 2.60E00 2.64E00
4 1441 13880 -1.02E-10 4.82E - 03 9.70E00 2.24E00 2.07E00
5 5569 54648 —6.55E - 11 1.18E - 03 2.45E00 2.09E00 2.03E00
(b)
i erflx0 erflxl erfly0 erflyl erflm umin umax
1 1.43E-16 1.43E - 16 5.13E02 5.11E01 4.14E - 01 -1.79E00 1.79E00
2 2.62E-13 6.65E — 14 4.1E02 9.22E03 4.59E02 -9.42E - 01 9.23E - 01
3 191E - 13 1.37E-13 1.23E04 4.61E03 8.56E01 -9.88E - 01 9.88E - 01
4 -0E00 0E00 6.14E03 2.78E01 -9.97E - 01 -9.98E - 01 9.97E - 01
5 -0E00 0E00 7.23E02 7.37E00 -9.99E - 01 -9.99E - 01 9.99E - 01
()
i flux0 flux1 fluy0 fluyl enerl ener2 eren enerdisc
1 6.22E00 —6.22E00 -5.82E-11 -5.82E - 11 4.15E01 1.12E00 7.3E - 01 2.9905
2 6.22E00 —6.22E00 4.66E-10 —5.24E - 10 3.03E01 2.46E01 1.89E - 01 1.2247
3 6.22E00 —6.22E00 -1.75E - 10 5.24E - 10 3.62E01 3.30E01 8.86E — 02 0.3368
4 6.22E00 —-6.22E00 -1.31E - 10 291E-11 3.80E01 3.69E01 2.83E - 02 0.1046
5 6.22E00 —-6.22E00 1.24E - 10 -1.89E - 10 3.85E01 3.82E01 7.86E — 03 0.0389
(d)
ocvl2 ocvgradl2 ocvenerdisc
2.04E00 1.98E00 1.42E00
(ix) ratiol2: fori > 2, where h is the maximum of the diameter of the control
volume.
ratiol2 (7) N )
(xiii) ocvenerdisc: order of convergence of the method for
In (erl2 (i)) — In (erl2 (i — 1)) (146) the norm defined by Remark 23.
~ “In (nunkw (i)) - In (nunkw (i — 1)) . .
( @ ( @-D) (xiv) ocvgradl2: order of convergence of the method in L*-

(x) ratiograd: for i > 2, same formula as above with
ergrad instead of erl2.

(xi) erflx0, erflxl, erfly0, erflyl: relative error between
flux0, flux1, fluy0, fluyl and the corresponding flux
of the exact solution:

flux0 + Jx:O KVu -nds

erflx0 =
Ix:O KVu - nds

(147)

(xii) ocvl2: order of convergence of the method for L2-
norm of the solution as defined by erl2 with respect
to the mesh size:

o - In (erl2 (i max)) — In (erl2 (i max —1))
VT T In(h(imax)) — In (k (i max 1))

. (148)

norm of the gradient as defined by ergrad with respect
to the mesh size, same formula as above with ergrad
instead of erl2.

Comments about the Numerical Test Results. The results of
numerical computations of pressure and its gradient show
a convergence of order two in L*-norm and a convergence
of order 1.4 in discrete energy norm (see, e.g., Table 1).
Moreover the similarity of curves erl2 and ergrad (Figure 8)
confirm the closeness of their order of convergence. There
is no discordance with the theoretical result where a linear
convergence is announced (see Proposition 28). Indeed,
the presence of discontinuities in the permeability tensor
coefficients prevents the exact solution from being regular
enough in the whole domain. More precisely in presence of
such discontinuities, the exact pressure is in H' (Q)) and never
in H*(Q) no matter how regular may be the data f, g and the
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Relative discrete L-norm of the error
(erl2)

—In (erl2)

In (nunkw)

—In (ergrad)

Discrete L-norm of the error on the gradient

(ergrad)
T T T T 1

4 5 6 7 8 9

- In (nunkw)

FIGURE 8: Relative discrete L?>-norm of the error (erl2) and of the error on the gradient (ergrad).

domain boundary. So a much slower convergence should take
place.
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In this paper, we used Bernstein polynomials to modify the Adomian decomposition method which can be used to solve linear
and nonlinear equations. This scheme is tested for four examples from ordinary and partial differential equations; furthermore,
the obtained results demonstrate reliability and activity of the proposed technique. This strategy gives a precise and productive
system in comparison with other traditional techniques and the arrangements methodology is extremely straightforward and few
emphasis prompts high exact solution. The numerical outcomes showed that the acquired estimated solutions were in appropriate

concurrence with the correct solution.

1. Introduction

Adomian decomposition technique was established by
George Adomian and has as of late turned into an extremely
recognized strategy in connected sciences. The technique
does not require any diminutiveness presumptions or lin-
earization to solve the ordinary and partial differential
equations and this produces the strategy extremely effective
among alternate strategies. Recently, many iteration tech-
niques have been used for solving nonlinear equations from
ordinary, partial, and fractional equations [1], like variational
iteration method and differential transform method [2],
homotopy perturbation, and analysis methods [3]. Numerous
works have been tested in various different regions, for
example, warmth or mass exchange, incompressible fluid,
nonlinear optics and gas elements wonders [4, 5], frac-
tional Maxwell fluid [6, 7], and the Oldroyd-B fluid model
[8].

The approximation used polynomials extremely impor-
tant in scientific experiments where many rely on topics
such as the study of statistics different population and the
temperatures and others on the approximation theory. In
addition, many experiments rely mainly on the approximate
measurements and observations to be studied and processed

by the appropriate scientific methods in order to reach the
results expected from the study.

The Adomian decomposition technique is improved via
Chebyshev polynomialsin [9, 10], with Legendre polynomials
[11] and with Laguerre polynomials [12].

This paper is organized as follows. In Section 2, the basic
ideas of the modified Bernstein polynomials are described.
Section 3 is devoted to solving a nonlinear differential
equations using Adomian decomposition method based on
modified Bernstein polynomials, the results and comparisons
of the numerical solutions are presented in Section 4, and
concluding remarks are given in Section 5.

2. The Modified Bernstein Polynomials

Polynomials are the mathematical technique as these can
be characterized, figured, separated, and incorporated effort-
lessly. The Bernstein premise polynomials are trying to
inexact the capacities. Bernstein polynomials are the better
guess to a capacity with a couple of terms. These polynomials
are utilized as a part of the fields of connected arithmetic and
material science and PC helped geometric outlines and are
likewise joined with different techniques like Galerkin and
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collocation technique to solve some differential and integral
equations [13].

Definition 1 (Bernstein basis polynomials). The Bernstein
basis polynomials of degree m over the interval [0,1] are
defined by

m\ . .
B, (x) = < i )x' (1-x)"" 1)

where the binomial coefficient is

m m!
<i):i!(m—i)! @

For example, when m=>5, then the Bernstein terms are
Bys (x) = (1-x)°
By (x) =5x(1-x)*
B, (x) = 10x* (1 - x)°
, , ©)
B35 (x) =10x" (1 - x)
B, (x)=5x" (1-x)
Bss(x) =x

Definition 2 (Bernstein polynomials). A linear combination
of Bernstein basis polynomials

B, (x) = ) By, (x) B; (4)
i=0

is called the Bernstein polynomials of degree m, where f3; are
the Bernstein coeflicients.

Definition 3. Let f be a real valued function defined and
bounded on [0, 1]; let B,,(f) be the polynomial on [0, 1],
defined by

BmU)=g(T)#u—xY”f(%) %)

where B,,( f) is the m-th Bernstein polynomials for f(x).
For each function f: [0,1] — R, we have

=f &) (6)

Example. If f(x) = €*, x € [0,1] then the Bernstein
expanded for the function f(x) when m=5 is

; f
mh—r>nooBm (x)

Bm(f)=f(0)(1—x)5+f(é)5x(1—x)4
+f(§)10x2(1—x)3
+f<§>10x3(1—x)2

+f<§>5x4(1—x)+f(1)x5

Applied Mathematics: Principles and Techniques

1/5

- x)° + 5e x(l—x)4

B, (f)=€"(1
+10e° 2(1 x)3+10e3/5 3(1 x)2
5¢4° 4(1 x)+e1x5

@)

In (1986) [14] Lorentz, prove that if the 2k-th order derivative
ka (x) is bounded in the interval (0,1) then for each x € [0,1]

2%-1 p(a)
Nu)fm+zf()

1) +0( =)

where
T,q(x) = E (k — mx)* ( )xk (1-x) 1k 9)
“ 7 k

Remark (see [15]). Notice that T, ,(x) is the a-th central
moment of a random variable with a binomial appropriation
with parameters m and x. Clearly, T,,, = 1, T,,; = 0. It is
well known that the sequence {T,,, ,(x)} satisfies the following

recurrence:
Tm,a+1 (X) =X (1 - x) (T,

If we apply (8) to k = 1; 2; 3, then we obtain

ma (%) +maT, . (x))  (10)

B0 = fw+0(=)

o -0 (1
B(0)= f () + = +o<m2)
Fon x(1-x) f" (x)
B, (x) = f(x)+ | DR 1)
x(1-x) (401 -2x) fO (x) +3x (1 - %) f@ ()
i 24m?
1
*o (m3 )
and higher level approximations can be computed.
3. ADM Based on Modified
Bernstein Polynomials
Let us consider the following equation:
Lu+ Nu+ Ru = g(x) (12)

where L is an invertible linear term, N represents the
nonlinear term, and R is the remaining linear part; from (12)
we have

Lu = g(x) - Nu— Ru. (13)

Now, applying the inverse factorL ™" to both sides of (13) then

via the initial conditions we find

u=f(x)-L'Nu-L"Ru, (14)
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where L™! = Lj{ (.) ds and f(x) are the terms having from
integrating the rest of the term g (x) and from utilizing the
given initial or boundary conditions. The ADM assumes that
N(u) (nonlinear term) can be decomposed by an infinite
series of polynomials which is expressed in form

N(u) = ZA,, (v thys - 1y) (15)

n=0

where A are the Adomian’s polynomials [16] defined as

N(Z)tiui>] , n=0,1,2,... (16)
i=0 A=0

We expand the function g(x) by Bernstein series

1 d"

"ol dAn

g(x) =) aB;(x) (17)
i=0

where B;(x) is the Bernstein polynomials.
Now, using (14) and (17) we have

Uy = ! (aoB, (%) + a, B, (x) + a,B, (x)
+-+.a,B, (x)) +6(x),
uy ==L (Ruy) — L7 (Nu), (18)

up = =L (Ruy) = L7 (Nuy),

and so on. These formulas are easy to compute by using Maple
13 software.

In this paper, we improve the function g(x) using modi-
fied Bernstein series

o= () a0 (L)
i=0

2k-1 p(a)
£ ()
-2

alm®

(19)

T, (%)

a=2

And we can approach the derivatives using the Bernstein
polynomials

d

aBi,m (x) =m(Bi_y -y (X) = By (), (20)

Then (19) becomes

g =3 (") a-0ms (L)
= 1)
2k-1 (d(ﬂ)/dx(a)) Bi,m (X)

(x)
m,a
= alm®

Now, using (18) and (21) we have
ug =L (By,, (x)) + 6 (x),

= <L (Rug) = L™ (Nug).

uy ==L (Ruy) - L' (Nu,), (22

The above equation is governing equation of ADM using
modified Bernstein polynomials. The obtained approximate
solution, wy(x) = ZYZO u;, by (22) has a comparison with the

classic approximation solution and the correct solution.

4. Numerical Results

In this section, we solve ordinary and partial differential
equations by ADM based on Bernstein polynomials and we
compare with ADM based on classical Bernstein polynomial.

Example 1. Consider the ordinary equation

dz)’ dy 53 2\ £, 2 38
?+t5+ty =(2+6t)€ +te ,
yO) =1, (23)
dy
— (0) =0,
dt()

with the exact solution (t) = et Using (12) we have
Ly+ Ny + Ry =g (x) (24)
where L = dz/dtz,Ry = t(d/dt), Ny = t2y3, and g(t) = (2 +
6t2)et2 + 126
The Adomian polynomials for representing the nonlinear
term Ny are

Ay = tz}’g’
A= £ (3}’3}’1) >

(25)
A, =t (3y0,+35091)

NowL™! = j; jot (.)dt dt; then using (5) the classical Bernstein
polynomials of g(t) when v=m=6 are

gy (t) = 2 + 1.547324¢ + 9.290164t> + 7.83289t°
(26)
+9.751887t* + 7.659668t + 3.749864¢°

And modified Bernstein polynomials (21) of g(t) with k=2 are
Gmp (1) =2 —0.001037t + 6.922082t* + 1.997441¢°

(27)
+6.737662t" + 11.051121¢° + 13.124523¢°
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TaBLE 1: Comparison of absolute errors using y, when m=v=6 and k=2.

¢ esact = ¥l [Vesact = V]
0 0 0

0.01 2.580000 E-7 2.000000 E-9
0.02 2.068000 E-6 2.900000 E-8
0.03 6.992000 E-6 1.420000 E-7
0.04 1.660300 E-5 4.450000 E-7
0.05 3.249600 E-5 1.074000 E-6
0.06 5.629000 E-5 2.207000 E-6
0.07 8.962800 E-5 4.057000 E-6
0.08 1.341850 E-4 6.872000 E-6
0.09 1.916690 E-4 1.093000 E-5
0.1 2.638350 E-4 1.654900 E-5
MSE 1.369383957 E-8 4.632475500 E-11
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FIGURE 1: The absolute error between ADM with modified Bernstein polynomials and the exact solution when m=v=6 and k=2.

By (22), we have

B d
=L (G ) +y @+ Z @t =147
—0.000173¢> + 0.57684t* + 0.099872¢°

+0.224589¢° + 0.263122¢” + 0.234367¢°,

y =-L" <t%y0> L' (A,) = -0.25¢*

+0.000026¢° — 0.176912¢° — 0.011877¢ + - - -

(. d i}
y, =-L" <tay1> -L7'(A)) =0.033333(°

—0.000003¢” +0.032348¢% + 0.011536¢° + - - - ,

(28)
And we obtain
6
Y (£) = Z}Vi
i=0 (29)
=1+>-0.000173> + 0.32684t* + -- - .

The absolute error of y,,,(t) and y,(t) is presented in Table 1
and Figure 1.

Figure 1 presents the absolute error of ADM with Bern-
stein polynomial in (a) and ADM with modified Bernstein
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TaBLE 2: Comparison of absolute errors using y,, when m=16, v=4, and k=2.

¢ Vesact = 7] |Vesact = Vout]
0 0 0

0.1 2.061126 E-6 3.074560 E-7
0.2 1.145239 E-5 1.058636 E-5
0.3 1.315732 E-5 5.114716 E-5
0.4 2.165603 E-4 1.331415 E-4
0.5 8.646500 E-4 2.420463 E-4
0.6 2.311555 E-3 3.299021 E-4
0.7 4.905204 E-3 3.231831 E-4
0.8 8.829753 E-3 1.540876 E-4
0.9 1.391114 E-2 1.870564 E-4
1 1.946226 E-2 6.088701 E-4
MSE 6.804632 E-5 7.217798344 E-8

polynomial in (b) at m=v=6 and k=2. The absolute errors
generated using the ADM with Bernstein polynomial are
of 107* while the errors yielded from ADM with modified
Bernstein polynomial are of 10~°.

Example 2. Consider the ordinary equation

d? d
d_tg/ + yd—)t/ =tsin (2t2) —4¢% sin (tz) + 2 cos (tz),
0<t<l,
(30)
y(0) =0,

dy

—=(0) =0,

o (0)

with the exact solution (¢) = sin(%).

Here, L = d?/d¢?, Ny = y(dy/dt), and g(t) = tsin(2t?) —
4% sin(t?) + 2 cos(£?).

The Adomian polynomials for represent the nonlinear
term Nu are

d
Ay = )’oa)’w
d d
Ay =)’1§J’0+)’OEJ’1) -
d d
A, = Y2 ot g it Yog v

Then using (5) the classical Bernstein polynomials of g(t)
when v=4 and m=16 is

gy (t) = 20.00659171t + 0.2233190¢> + 0.098085¢°
(32)
—3.39540t" + - - -

And modified Bernstein polynomials (21) of g(t) with k=2 are

G (1) = 2= 0.007366¢ + 0.2188855¢> + 1.389751¢°

(33)
— 450213t + - -
By (22), we have
4
Yo () = ) ;
i=0
(34)

= 12 0.001228¢ +0.018241¢* — 0.030513¢°
+ ey

The absolute error of y, . (t) and y,(t) is presented in Table 2
and Figure 2.

Figure 2 presents the absolute error of ADM with Bern-
stein polynomial in (a) and ADM with modified Bernstein
polynomial in (b) at m=v=10 and k=3. The absolute errors
generated using the ADM with Bernstein polynomial are
of 107> while the errors yielded from ADM with modified
Bernstein polynomial are of 107,

Example 3. Consider the ordinary equation

d 2
—y—ty+y2=et,

dt (35)

y (O) =1,
with the exact solution (t) = e,
Here L = d/dt, Ru = —ty, Ny = yz, and g(t) = e,
Then using (5) the classical Bernstein polynomials of g(t)
when v=8 and m=12 is

gy (t) = 1 +0.083623¢ + 0.939177t + 0.197729¢°
(36)
+0.331572t + -,
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TaBLE 3: Comparison of absolute errors using y,, when m=12, v=8, and k=3.

¢ Vesact = 7] |Vesact = Vout]
0 0 0

0.01 4.134000 E-6 1.750000 E-7
0.02 1.635300 E-5 6.400000 E-7
0.03 3.639700 E-5 1.314000 E-6
0.04 6.402400 E-5 2.123000 E-6
0.05 9.900900 E-5 2.999000 E-6
0.06 1.411460 E-4 3.883000 E-6
0.07 1.902410 E-4 4.720000 E-6
0.08 2.461180 E-4 5.463000 E-6
0.09 3.086100 E-4 6.069000 E-6
0.1 3.775690 E-4 6.501000 E-6
MSE 3.699974901 E-8 1.619641710 E-11
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0.0010 -
0.0008 —
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(®)

FIGURE 2: The absolute error between ADM with modified Bernstein polynomials and the exact solution when m=v=10 and k=3.

and modified Bernstein polynomials (21) of g(t) with k=3 are

G (£) = 1+ 0.003794 + 0.957094¢” + 0.103509t°

(37)
+0.410289¢* + - - .
By (22), we have
8
U, (£) = Zui
i=0
(38)

=1+0.501897t> — 0.015567¢> + 0.159135¢*

+...)

The absolute error of u,,;(t) and u,(t) is presented in Table 3
and Figure 3.
Figure 3 presents the absolute error of ADM with Bern-

stein

polynomial in (a) and ADM with modified Bernstein

polynomial in (b) at m=12, v=8, and k=3. The absolute errors
generated using the ADM with Bernstein polynomial are
of 107* while the errors yielded from ADM with modified
Bernstein polynomial are of 10~°.

Example 4. Consider the partial differential equation

dy oy 9y 2\ L .2(2
§+ya_1;§=x(2tcos(t)+sm (t )), (39)
y(x,0) =0,
Using (12) we have
Ly+ Ny + Ry = g(x,t) (40)

where L = d/dt, Ry = —v(3”y/dx*), Ny = y(dy/dx), and
glx,t) = x(2t cos(t?) + sin®(t%)).
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FIGURE 3: The absolute error between ADM with modified Bernstein polynomials and the exact solution when m=12, v=_8, and k=3.

The Adomian polynomials for Ny are
0
A, = Yo

—J’oa)
9,
Lox’

dy
Al = yoa_xl +
(41)
Y
Vox’

Y,
A, = y(,a—xz 05

Then using (5) the classical Bernstein polynomials of g(x,t)
when v=m=6 is

gy (%, 1) = 2.003859xt + 0.103475xt> + 0.149954xt’
(42)
~0.27935xt" + -+,

and modified Bernstein polynomials (21) of g(x, t) with k=2
are

Gy (%, 1) = 1.986611xt + 0.045744xt>
(43)
+0.504281xt" — 0.25375xt* + -+ .

By (22) with v = 1, we have
Yo = L7 (g (1)) + ¥ (x,0) = 0.993306xt

+0.015248xt” + 0.12607xt* — 0.050750x¢" . . .,

_ *y,
1 0
= -L (_V Oxc2

) - L7 (A,) = -0.197331xt"

—0.005049xt% — 0.035812xt” + 0.012122xt®

+...’

azy
-1 1
Y2 = -L (_V axz

+0.001783xt + 0.012105xt° — 0.003795x¢"

) ~L7"(A)) = 0.049003x¢®

+...’

(44)
And we obtain

6
Ymp (X, 1) = Z}Vi

i=0

= 0.993306xt” + 0.015248xt’ (45)

+0.126070xt* — 0.248081xt°

—0.083749xt% + -+,

The absolute error of y,,(x,t) and y,(x,t) is presented in
Table 4 and Figure 4 with the exact solution y(x,t) =
x sin(t?).

Also Figure 4 presents the absolute error of ADM with
Bernstein polynomial in (a) and ADM with modified Bern-
stein polynomial in (c) at m=v=6 and k=2. The absolute errors
generated using the ADM with Bernstein polynomial are
of 10 while the errors yielded from ADM with modified
Bernstein polynomial are of 107,

5. Conclusions

In this paper, we show that utilizing modified Bernstein
polynomials is smartly thought to modify the performance
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TaBLE 4: Comparison of absolute errors using y, when m=v=6, k=2, and x=0.1.
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¢ Vesact = 7] Vexact = Vout]
0 0 0

0.1 5.512102 E-6 4149093 E-6
0.2 3.401160 E-5 1.849504 E-6
0.3 8.851342 E-5 2.838128 E-5
0.4 1.404426 E-5 9.121566 E-5
0.5 1.256008 E-4 1.620426 E-4
0.6 4.250973 E-5 1.880417 E-4
0.7 4.360788 E-4 1.086168 E-4
0.8 1.050197 E-3 1.020235 E-4
0.9 1.718854 E-3 3.752218 E-4
1 2.024768 E-3 4.863297 E-4
MSE 8.393551358 E-7 4.702782622 E-8

0.0015 J

Error

0.0010.

0.0005

(a) The absolute error for classical Bernstein polynomials

0.0004

0.0003
Error

0.0002

0.0001

(c) The absolute error for modified Bernstein polynomials

Ybern.

Ymbern.

0.08
0.07
0.06
0.05.]
0.04 ]
0.03
0.02.]
0.01.]

0.08
N
0.07 ]

0.06 ]

0.05 ]

J
0.04
0.03 ]
0.02

0.01 ]

(b) The numerical solution for classical Bernstein polynomials

(d) The numerical solution for modified Bernstein polynomials

FIGURE 4: The absolute error between ADM with classical and modified Bernstein polynomials and the exact solution using y, when m=v=6,

k=2, and x=0.1.
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of the Adomian decomposition technique. The fundamental
preferred standpoint of this strategy is that it can be used
specifically for all sort of differential and integral equations.

We utilize modified Bernstein extensions of the nonlinear
term to get more exact outcomes. Figures empower us
to consider the difference between utilizing two strategies
graphically. Tables are additionally given to demonstrate the
variety of the outright mistakes for bigger estimation, to
be specific for bigger m. We observed from the numerical
outcomes in Tables 1-4 and Figures 1-4 that the ADM
with modification Bernstein polynomials gives more exact
and robust numerical solution than the classical Bernstein
polynomials. Every one of the calculations was done with the
guide of Maple 13 programming.
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We examine an optimal way of eradicating rabies transmission from dogs into the human population, using preexposure
prophylaxis (vaccination) and postexposure prophylaxis (treatment) due to public education. We obtain the disease-free
equilibrium, the endemic equilibrium, the stability, and the sensitivity analysis of the optimal control model. Using the Latin
hypercube sampling (LHS), the forward-backward sweep scheme and the fourth-order Range-Kutta numerical method predict
that the global alliance for rabies control’s aim of working to eliminate deaths from canine rabies by 2030 is attainable through mass
vaccination of susceptible dogs and continuous use of pre- and postexposure prophylaxis in humans.

1. Introduction

Rabies is an infection that mostly affects the brain of an
infected animal or individual, caused by viruses belonging to
the genus Lyssavirus of the family Rhabdoviridae and order
Mononegavirales [1, 2]. This disease has become a global
threat and it is also estimated that rabies occurs in more
than 150 countries and territories [2]. Raccoons, skunks, bats,
and foxes are the main animals that transmit the virus in
the United States [2]. In Asia, Africa, and Latin America, it
is known that dogs are the main source of transmission of
the rabies virus into the human population [2]. When the
rabies virus enters the human body or that of an animal, the
infection (virus) moves rapidly along the neural pathways to
the central nervous system; from there the virus continues
to spread to other organs and causes injury by interrupting
various nerves [2]. The symptoms of rabies are quite similar
to those of encephalitis (see [3]). Due to movement of dogs in
homes or the surroundings, the risk of not being infected by
arabid dog can never be guaranteed. Rabies is a major health
problem in many populations dense with dogs, especially
in areas where there are less or no preventive measures

(vaccination and treatment) for dogs and humans. Treatment
after exposure to the rabies virus is known as postexposure
prophylaxis (PEP) and vaccination before exposure to the
infection is known as preexposure prophylaxis.

The study of optimal control analysis in maximizing or
minimizing a said target was introduced by Pontryagin and
his collaborators around 1950. They developed the key idea of
introducing the adjoint function to a differential equation, by
forming an objective functional [4], and since then there has
been a considerable study of infectious disease using optimal
control analysis (see [4-12]).

Research published by Aubert [13], on the advancement
of the expense of wildlife rabies in France, incorporated
various variables. They follow immunization of domestic ani-
mals, the reinforcement of epidemiological reconnaissance
system and the bolster given to indicative research laborato-
ries, the costs connected with outbreaks of rabies, the clinical
perception of those mammals which had bitten humans,
the preventive immunization, and postexposure treatment of
people. A significant percentage (72%) of the cost was the
preventive immunization of local animals. In France, as in
other European nations in which the red fox (Vulpes) is the
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species most affected, two primary procedures for controlling
rabies were assessed in [13] at the repository level to be
specific: fox termination and the oral immunization of foxes.
The consolidated costs and advantages of both systems were
looked at and included either the expenses of fox separation
or the cost of oral immunization. The total yearly costs of both
techniques stayed practically identical until the fourth year,
after which the oral immunization methodology turned out
to be more cost effective. This estimate was made in 1988 and
readjusted in 1993 and affirmed by ex-postinvestigation five
years later. Accordingly, it was presumed that fox termination
brought about a transient diminishment in the event of
the infection while oral immunization turned out to be
equipped for wiping out rabies even in circumstances in
which fox population was growing. Anderson and May [14]
formulated a mathematical model based on each time step
dynamic which was calculated independently in every cell.
Later, Bohrer et al. [15] published a paper on the viability of
different rabies spatial immunization designs in a simulated
host population.

The research presented by Bohrer [15] stated that, in
desert environments, where host population size varies over
time, nonuniform spreading of oral rabies vaccination may,
under certain circumstances, be more effective than the com-
monly used uniform spread. The viability of a nonarbitrary
spread of the immunization depends, to some extent, on
the dispersal behavior of the carriers. The outcomes likewise
exhibit that, in a warm domain in a few high-density regions
encompassed by populations with densities below the critical
threshold for the spread of the disease, the rabies infection
can persist.

Levin et al. [16] also presented a model for the immune
responses to rabies virus in bats. Coyne et al. [17] proposed
an SEIR model, which was also used in a study predicting
the local dynamics of rabies among raccoons in the United
States. Childs et al. [18] also researched rabies epidemics in
raccoons with a seasonal birth pulse, using optimal control
of an SEIRS model which describes the population dynamics.
Hampson et al. [19] also noted that rabies epidemic cycles
have a period of 3-6 years in dog populations in Africa, so
they built a susceptible, exposed, infectious, and vaccinate
model with an intervention response variable, which showed
significant synchrony.

Carroll et al. [20] also used compartmental models
to describe rabies epidemiology in dog populations and
explored three control methods: vaccination, vaccination
pulse fertility control, and culling. An ordinary differential
equation model was used to characterize the transmission
dynamics of rabies between humans and dogs by [21, 22].
The work by Zinsstag et al. [23] further extended the existing
models on rabies transmission between dogs to include dog-
to-human transmission and concluded that human postex-
posure prophylaxis (PEP) with a dog vaccination campaign
was the more cost effective in controlling the disease in
the long run. Furthermore, Ding et al. [24] formulated an
epidemic model for rabies in raccoons with discrete time
and spatial features. Their goal was to analyze the strategies
for optimal distribution of vaccine baits to minimize the
spread of the disease and the cost of carrying out the control.

Smith and Cheeseman [25] show that culling could be more
effective than vaccination, given the same efficacy of control,
but Tchuenche and Bauch suggest that culling could be
counterproductive, for some parameter values (see [26]).

The work in [27, 28] also presented a mathematical model
of rabies transmission in dogs and from the dog population to
the human population in China. Their study did not consider
the use optimal control analysis to the study of the rabies
virus in dogs and from the dog population to the human
population. Furthermore, the insightful work of Wiraningsih
et al. [29] studied the stability analysis of a rabies model with
vaccination effect and culling in dogs, where they introduced
postexposure prophylaxis to a rabies transmission model,
but the paper did not consider the noneffectiveness of the
pre- and postprophylaxis on the susceptible humans and
exposed humans and that of the dog population and the
use of optimal control analysis. Therefore, motivated by the
research predictions of the global alliance of rabies control
[30] and the work mention above, we seek to adjust the model
presented in [27-29], by formulating an optimal control
model, so as to ascertain an optimal way of controlling rabies
transmission in dogs and from the dog population to the
human population taking into account the noneffectiveness
(failure) of vaccination and treatment.

The paper is petition as follows. Section 2 contains the
model formulation, mathematical assumptions, the mathe-
matical flowchart, and the model equations. Section 3 con-
tains the model analysis, invariant region, equilibrium points,
basic reproduction number %, and the stability analysis of
the equilibria. In Section 4 we present the parameter values
leading to numerical values of the basic reproduction number
R, the herd immunity threshold and sensitivity analysis
using Latin hypercube sampling (LHS), and some numerical
plots. Section 5 contains the objective functional and the
optimality system of the model. Finally, Sections 6 and 7
contain discussion and conclusion, respectively.

2. Model Formulation

We present two subpopulation transmission models of rabies
virus in dogs and that of the human population (see Figure 1),
based on the work presented in [27-29]. The dog population
has a total of four compartments. The compartments repre-
sent the susceptible dogs, Sj(t), exposed dogs, Ep, infected
dogs, I,(t), and partially immune dogs, R,(¢). Thus, the total
dog population is N,(t) = Sp(t) + Ep(t) + Ip(t) + Rp(t). The
human population also has four compartments representing
susceptible humans, Sy (t), exposed humans, E;(t), infected
humans, I;;(t), and partially immune humans, Ry (t). Thus,
the total human population is Ny (t) = Sy(t) + Eg(f) +
I (t) + Ry (t). It is assumed that there is no human to human
transmission of the rabies virus in the human submodel (see
[29]). In the dog submodel, it is assumed that there is a direct
transmission of the rabies virus from one dog to the other and
from the infected dog compartment to the susceptible human
population. It is further assumed that the susceptible dog
population, Sp(t), is increased by recruitment at a rate Ap,
and By is the birth or immigration rate into the susceptible
human population, S (t). It is assumed that the transmission
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Dog population dynamics

Human population dynamics

FIGURE 1: Optimal control model of rabies transmission dynamics.

and contact rate of the rabid dog into the dog compartment
is Bpp- Suppose that v, represents the control strategy due to
public education and vaccination in the dogs compartment;
then the transmission dynamics become (1 — vj)BppSplps
where (1 —vp) is the noneffectiveness (failure) of the vaccine.
It is also assumed that the contact rate of infectious dogs
to the human population is 5. Similarly, administrating
vaccination to the susceptible humans the progression rate
of the susceptible humans to the exposed stage becomes
(1 = vy)BpouSulp, where vy is the preexposure prophylaxis
(vaccination), (1 — vy) represents the failure of the preex-
posure prophylaxis in the human compartment. Further-
more, administrating postexposure prophylaxis (treatment)
to affected humans at the rate py; decreases the progression
rate of the rabies virus, at the exposed class to the infectious
class as (1 — py)8 Y Ex» where (1 — pyy) is the failure rate of
the postexposure prophylaxis and 8,y represents the rate at
which exposed humans progress to the infected compartment
[27]. The rate of losing immunity in both compartments is
represented by a, and «yy, respectively.

ds,
dt

The exposed humans without clinical rabies that move
back to the susceptible population are denoted by the rate
Opepy- The natural death rate of dogs is mp, and my
denotes the mortality rate of humans (natural death rate), y,
represents the death rate associated with rabies infection in
dogs, and py; represents the disease induce death in humans.
The rate at which exposed dogs die due to culling is Cp,
and Jep, represents the rate at which exposed dogs without
clinical rabies move back to the susceptible dog compart-
ment. Subsequently, using the idea presented in [29], we
assumed that the exposed dogs are treated or quarantined by
their owners at the rate pp; this implies that (1 — pp)dypEp
is the progression rate of the exposed dogs to the infectious
compartment, where (1 — pp) is the failure of the treatment
or quarantined strategy, and dypE, denotes those exposed
dogs that develop clinical rabies [27]. Figure 1 shows the
mathematical dynamics of the rabies virus in both com-
partments.

From Figure 1 transmission flowchart and assumptions
give the disease pathways as

= Ap - (1-vp) BppSplp — (mp + vp) Sp + SepEp + apRp,
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with S, (0) > 0, E;, (0) >0, I5(0) >0, Ry (0) >0, S (0) >0, Ep(0) >0, Iy (0) >0, Ry (0) > 0.

@

dE
d_tD = (1= p) BopSplp — ((1 = pp) 8yp + mp + pp + 8ep + Cp) Ep,
dl
d_f = (1= pp) 8ypEp — (mp + pp) I,
dR
d_tD = ‘VDSD + PDED - (mD + ‘XD) RDa
dS;,;
ar By — (1= vy) BouSulp — (Mg + vy) Sy + SperrEqy + Ry,
dE,,
Tdr (1= &) BouSulp = ((1 = pu) Spryy + My + pu + 8uen) Ens
dl
d_f = (1= pu) SuyuEy — (my + pyy) Iy,
dR
d_tH = vuSy + puEy - (my + o) Ry,
3. Model Analysis

Model system (1) will be studied in a biological feasible region
as outlined below. Model system (1) is basically divided into
two regions; thus Q = Qp x Q.

Lemma 1. The solution set {Sp, Ep, I, Rp, Sgp» Exp I Ry} €
R® of model system (1) is contained in the feasible region Q.

Proof. Suppose {Sp, Ep, Iy Rp, Sgis Exp I, Ry} € Ri for all
t > 0. We want to show that the region Q is positively
invariant, so that it becomes sufficient to look at the dynamics
of model system (1), given that

Np () =Sp(t) + Ep () + Ip (t) + Rp (1) » (2)
Ny () = Sy (8) + Egy () + Iy () + Ry (1) (3)
where Np(#) is the total population of dogs at any time (t) and

Ny (t) is total population of humans at any time (¢).
Equation (2) gives

dN.
d_D =Ap—(Sp+Ep+1Ip+Rp)mp —uplp
t (4)
- CpEp,
which yields
dN
d—tD = Ap —mpNp — uplp — CpEp,. (5)

Similarly (3) gives

ANy,

dar By —my Ny — pply. (6)

Now, assuming that there are no disease induced death
rate and culling effect in the dogs’ compartment, it implies
that (5) and (6) become

dN
_dtD =Ap—mpNp,
(7)
dNy,
7 = BD - mHNH

Suppose dNp/dt < 0,dNy;/dt <0,Np < Ap/mp,and Ny <
By /myy, and then imposing the theorem proposed in [32] on
differential inequality results in 0 < N < Ap/mpand 0 <
Ny < By /my;. Therefore (7) becomes

dN.

d—tD < Ap-mpNp, (8)
dN.

d—tH < Bp, — myNy,. )

Solve (8) and (9) using the integrating factor (IF) method.
Thus dy/dt + p(t)y = Q, IF = e) PO After some algebraic
manipulation the feasible solution of the dogs’ population in
model system (1) is in the region

A
Qp = {(sD, Ep. I, Rp) € RY, Np < m—D} (10)
D

Similarly the human population follows suit, and from (9)
this implies that the feasible solution of the human population
of model system (1) is in the region

B
Qy = {(SH’ Ep I Ry) € Ri’ Ny < m_H} (1)
H
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Therefore, the feasible solutions are contained in Q. Thus Q =
Qp x Q. From the standard comparison theorem used on
differential inequality in [33], it implies that

. A
Np (t) < Np (0) e ™" + =B (1 -

o e_(mD)t) ,

(12)

B B _
Ny () < Ny (0) e " 4 ZH (1 - g ),
My

Hence, the total dog population size N, (t) — Ap/mp, as
t — 0. Similarly, the total human population size Ny(t) —
By /myast — co. This means that the infected state variables
(Eps I, Egy, Iy) of the two populations tend to zero as time
goes to infinity. Therefore, the region Q is pulling (attracting)
all the solutions in R®. This gives the feasible solution set of
model system (1) as

Sp>0
Er>0
SD IDZO
I,>0
E, D=
I, Rp=>0
S, >0
R H
SD GIRil Ey; >0 (13)
E, Iy =0
R >0
1 H =
R, Ap
H NDSm—
B,
Ny<—
Mgy
O

Hence, (1) is mathematically well posed and epidemiolog-
ically meaningful.

3.1. Disease-Free Equilibrium &,. Suppose there is no infec-
tion of rabies in both compartments; then (E, = 0, I, =
0, Ey =0, Iy = 0). Incorporating this into (1) leads to

YnSp — (mp +an) Ry =0,
DD ( D D) D (14)
By — (my +vyy) Sy + agRy = 0,

viSy — (my + o) Ry = 0.

=((1=pp)Syp +mp + pp +6ep + Cp) (1 -7p) BopSp

(1- PD) Svp —(mp + HD)
0 (1 - VH) BouSu
0 0

Applied Mathematics: Principles and Techniques

After some algebraic manipulation of (14), the disease-
free equilibrium point becomes &, = (8%, ED, I, R%, 8P, EYy,
I}, RY,) with

@ _ Ap (mp +ap) 0.0
0 mp (mp +ap +vp)
By (myy + o) 0.0
mp, (mp + ap +vp) my (Mg +ag +vy)

ApVp

(15)

Byvy
my (my + oy +vy) )

3.2. Basic Reproduction Number R,,. Here, the basic repro-
duction number (%) measures the average number of new
infections produced by one infected dog in a completely
susceptible (dog and human) population (see also [34]). Now
taking E ), Iy, Epy, and Iy as our infected compartments gives

fi=(1~=7p) BopSplp

~((1=pp) Syp +mp+pp + dep + Cp) Ep,
fo=(1=pp)SypEp — (mp + pip) I,
f3= (- vy) BouSulp

= ((1 = p1a) Oyus + My + pyy + Opepy) Eps

fa= (1= py) Oug¥urErs — (Mg + papr) Iy,

(16)

where f; = dEp/dt, f, = dIp/dt, f; = dEy/dt, and f,
dly/dt.

Now, using the next generation matrix operator G
FV ™! and the Jacobian matrix

o o o o

O0E, 0I, OEy dly
o o o o
O0Ep 0I, OEy oIy
J= , (17)
o o o
O0Ep 0I, OEy oIy
AR AT A
O0E, 0I, OEy dly
as described in [34], results in
0 0
0 0 (18)
= ((1 = pgr) Opyyps + My + pry + Oy 0
(1~ pr) Ouvm = (my + pgy)
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Using the fact that ] = F — V gives F and V evaluated at

&, as
0 (1-vp) BopAp (mp + ap) 00
mp (mp +vp + ap)
0 0 00
F(%,) = ,
0 (1= vy) Bpr (myy + o) By 00
myy (Mg + vy + o)
0 0 00 (19)
((1 = pp) Syp +mp + pp + dep + Cp) 0 0 0
V(%) ~(1-pp)dyp (mp + up) 0 0
0) = >
0 0 (1 = pgg) Opyyps + My + pry + Opyepy) 0
0 0 ~ (1= py) Oy (Mg + pgy)

where the element in matrix F constitutes the new infection =~ Now, splitting matrix V" into four 2 x 2 submatrices and

terms, while that of matrix V constitutes the new trans- finding its corresponding inverses result in G = FVL, given
fer of infection terms from one compartment to another. = by
G
(1= pp) (1= vp) 8ypPopAp (mp + ap) (1 =vp) BopAp (mp + ap) 00
(1 = pp) Oyp + mp + pp + 8ep + Cp) (mp + pp) mp (mp + vy + ap) mp (mp, +vp + ap)
0 0 00 (20)
(1-pp) 8yp (1 = vy) BpuBy (my + ayy) (1= vy) Bpr (myy + o) By 00
((1 = pp) 8yp + mp + pp + 8ep + Cp) (mp + pp) my (Mg + vy + ay)  (mp +vp) my (myy + v + o)
0 0 00
Letting

(1-pp) (1 =vp) 8ypPrpAp (mp + ap)
(1 = pp) 8yp + mp + pp + 8¢, + Cp) (mp + pp) mp (mp, + vy, + DCD)’

(1-vp) BopAp (mp + ap)

b=
mp (mp +vp + ap)
(21)
_ (1 - pp) (1 = vy) 8ypBpr (M + agy)
((1 = pp) Oyp + mp + pp + 8ep + Cp) (mp + pip) My (myy + vy + o)
d= (1 = vgy) Borr (myg + o) By

(mp +vp) My (my + v + o)
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implies

abo0o0

00O00O0
G= . (22)
cdo0o

0000O0

Finding the matrix determinant of (22) and denoting it by D
give the expression D = |G—IA|, where [ is the identity matrix
of a 4 x 4 matrix; thus

(1-pp) (1 =vp) 8ypPopAp (mp + ap)

Applied Mathematics: Principles and Techniques

a-A b 0 0
0O -A 0 O
D= =0. (23)
c d -1 0
0 0O 0 -A

This gives a characteristic equation of the form A’(a —
A) = 0; solving the characteristic polynomial results in the
following eigenvalues: A; = [0,0,0,a]. The basic reproduc-
tion number %, is the spectral radius (largest eigenvalue)
p(FV"l), also defined as the dominant eigenvalue of FV L.
Therefore,

0:

Remark 2. R, contains the secondary infection produced by
the infectious compartment of dogs (in the presence of preex-
posure prophylaxis (vaccination), postexposure prophylaxis
(treatment/quarantine), and culling of exposed dogs). When
R, < 1, the infection gradually leaves the dog compartment,
but when %, > 1, the rabies virus remains in the dog

Ap (mp +ap)

Sh =
b mD(mD+vD+aD)%O’

* (mD+nuD) *
P (l_pD)(SYDD

I =

((1 = pp) 8yp + mp + pp + 8¢y + Cp) (mp + pp) mp (mp + vy, + ap)’

(24)

compartments for a longer time, thereby increasing the rate
at which the susceptible dogs and humans get infected by a
rabid dog.

3.3. Endemic Equilibrium &,. The endemic equilibrium is
given as

[(1 = pp) Oyp +mp + pp + Syp] (mp + pp) mp (mp + v + ap) (R — 1)

Rp

(mp +ap) (1= vp) Bpp [(1 = pp) Syp + mp + Cp| + mp (1 = vp) :BDDPD’

5 _ Apvp (1=vp) Bpp (1= pp) 8yp (mp + ap) + (1= vp) Boppp (mp + pp) I,

By (myg + agy) + [Opegy + appy] Ejy

S5 = s
" [(1 =) (myy + o) Bowlfy + myy (my + oy + )]

*
Ey

mp, (mp, +vp + ap) Zo (1= vp) Bop (1 = pp) Syp (mp + ap)

>

(25)

(1= vy) By (my + o) Boulp

(myg + o) [(1 = vir) Bory (1= per) Sprve + g + prr) + (myg + viy) (1= pyy) Sy + mpg + pry + Spgegy)| — (1 - vy) ﬁDHIE)‘xHPH’

1- )
( PH) HYHE*)

I =
H= +
M + U

Ry =

Note that if %, = 1, it results in the disease-free equi-
librium; if %, > 1, then there exists a unique endemic

_ Byvy (myg + vep) + [(vuOner + vuowpy) + P (1= ver) (Mg + ) Borlp + Pty (Mg + o + vy)| Efy

[(1 = vyy) (Mg + “H)Z Bowulh + (my + o) myg (myg + oy + 1’H)]

equilibrium; if %, < 1, then there exist two endemic equi-
libriums.
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3.4. Stability Analysis of &,. Linearizing (1) at &, and sub-
tracting eigenvalue A along the main diagonal yield

bp-A b a
0 a-A a,
0 by, b -1
v 0
J (%o) _ D PpD
0 0 a,
0 0 as
0 0 0
0 0 0
where
o = = (1-p) Bpp (mp + ap) Ap
! mp (mp + vp + ap) ’
a, = —((1-pp) dyp +mp + pp + 8ep + Cp)
o = (1-p) Bpp (mp +ap) Ap
3 mp (mp + vp + ap)
- (1 = vyy) Bpw (myg + o)
a, =
myy (myy + vy + o)
_ (1 = vy) Bou (my + o)
> myy (my + vy + o)
as = = ((1 = py) Opryer + My + Pt + Opyer) »
by =~ (mp +7p), (27)
b, = —(mp +pp),
by = — (mp +ap),
by =~ (v +my),
bs = 8pens
bs = — (Mg + pr) »
b7 = 6€D,
by = — (my + o),
by = (1 - PH) OrVm»
by, = (1 - PD) Svp-
Simplifying matrix J(&) gives
(b6 - /\) (“6 - /\) (b4 - A) (bs - A)
(28)

. [A4 +a A +a, )+ a;sA+ a14] =0,

53
ap 0 0 0 0
0 0 0 0 0
0 0 0 0 0
b-1 0 0 0 0 , 06
0 -1 b 0 oy
0 0 ag-A 0 0
0 0 by by-A 0
0 Vi Pu 0 b-A
where

ay = (-b-a,-b -b),

a;, = Vpop + ayby + a,by + bbs + bb, + bib, + bya,
- (1= pp) Sypas,

a3 = ~a,vpap — byypap +as (1 - pp) Sypby +a; (1 (29)
~ pp) Oypby —@bybs — byayby — abyby — bybsby,

ayy = (bibbya, + (1 = pp) Sypasbyby
+ (1 - pp) Sypas¥p + vpapha,) -

From (28) the four characteristic factors that are negative
are

A= b,

A, = ag,
(30)

Ay =by,

Ay = by
where a;, = —((1 — py)Syyy + My + P + 6 + Open)
bg = —(my + uy), by = —(vy + my), and by = —(my + ay).

The other four characteristic factors can be obtained using the
Routh-Hurwitz criterion. Routh-Hurwitz stability criterion is
a test to ascertain the nature of the eigenvalues. If the roots
of the polynomial are all positive, then the polynomial has a
negative real part [35, 36]. The remaining four characteristic
eigenvalues are obtained as follows:
A ra )V +apA +apd+ay, = 0. (31)
Hence, simplifying the coefficient of the above character-
istic polynomial in (31) yields

ay; = ((1 = pp) Syp + mp + pp + dep + Cp)

+(mp + pp) + (mp + ap) + (mp +vp),
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ay, = vpap + ((1 = pp) 8yp + mp + pp + Oep + Cp)
[(mp + ap) + (mp +vp)] + (mp + pp)
[(mp + ap) + (mp +vp)] + (mp + ap)
“(mp +vp) + ((1 - pp) 8yp + mp + pp + Cp)
~(mp +up) (1= Ry),

a3 = (1 - pp) 8yp + mp + pp + Oep + Cp) vpap
+ (mp + pp) vpep + (mp + pp) (mp + axp)
-(mp +vp)
+((1 = pp) 8yp + mp + pp + 8ep, + Cp)

Ry (mp + up)
. P S
(mp + ap) (mp + pp) [ mp + o
+((1 = pp) 8yp + mp + pp + 82 + Cp)

R ]
m+al’

~(mp + ap) (mp +vp) [1—

ayy = vpap (mp +vp)
(1= pp) 8yp + mp + pp + Sep + Cp)

. (1-pp) 0yp (1 = vp) Bpp (mp +&p) Apvp
mp (mp +mp + vp + ap)

+ (mp + vp) (mp, + pp) (mp +ap)
-((1 = pp) 8pyp +mp + pp + Oep, + Cp)

(1-R,).
(32)

Therefore, from the Routh-Hurwitz criterion of order
four, it implies that the conditions, a;; > 0, a;, > 0, a;3 >
0,ay > 0,and ajapa;; > a, + ajay,, are satisfied if
R, < 1. Hence, the disease-free equilibrium & is locally
asymptotically stable when % < 1 (see [37]).

3.4.1. Global Stability of &,

Theorem 3. The disease-free equilibrium &, of model (1) is
globally asymptotically stable if R, < 1 and unstable if R, > 1.

Proof. Let 7" be a Lyapunov function with positive constants
HK s K, K5, and H 4 such that

v = (SD—S%—SODIni—é)) + F\Ep + H,1
D

R
+ (RD—R‘L’,—RglnR—g’)
D
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S?qln g—OH) + H3Ey + F Iy

+<SH—S?{—
H

R
+<RH—Rg—R§,1nR—§>.
H
(33)

Taken the derivative of the Lyapunov function with
respect to time gives

SO
d_7_ 1__D di_k(%ldﬁ*_(%zdi
dt s, ) dt dt

dt
RO 0
+(1-2p) 4R, 1—5—H Sy (34)

dEy dly R}, \ dRy,
—A —Hyl1-2)=E
P +< Ry ) dt

Plugging (1) into (34) results in

av s
dr = (1 - i) [AD_ (1 _‘VD)[’)DDSDID

—(mp +vp)Sp + 8epEp + aRp]
+ %, [(1-vp) BppSplp

= ((1 = pp) Oyp +mp + pp + 8epp + Cp) Ep]

+ %, [(1 = pp) 8ypEp — (mp + pp) Ip] + (1

0

R
- _D) [vpSp + ppEp — (mp + ap) Rp] + (1

Rp (35)

- _> (B — (1= viy) BouSelp — (Mg + ver) Sy

+0peyEy + agRy] + 5 [(1-vy) BpuSulp

= ((1 = pg) Oy + My + py + Oyeny) Eny

+ F 4 [(1 = prr) OnyverEpr — (Mg + pg) Ig] + <1

0
- R_H) [vesSe + perErr — (myg + ) Ry
H

Now, after forming the Lyapunov function 7° on the
space of the eight state variables, thus (Sp,Ep,Ip,Rp,
St Ers Iy, Ryy), and introducing the idea from [37], it is
clear that if Ej(t), I(f), E(t), and I (t) at the disease-free
equilibrium are globally stable (thus, E, = 0, I, = 0, E; = 0,
and I;; = 0), then S(t) — Ap(mp+ap)/mp(mp+ap+7vp),
Rp(t) — Apvp/mp(mp + ap + vp), Sy(t) — By(myg +
ap)/my(my + o + nuy), and Ry (t) — Byvy/myg(myg +
ag+H+vy)ast — oco.
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Therefore, it can be assumed that

Ap (mp +ap)

Sp< 8 =
b=*Dp mp (mp +ap +vp)’

Apy
Rp <R} = L

mp (mp +ap +vp)’ 6
By (my + o)

0
SH S SH = 5>
myy (myy + g + nugy)

Byvy

0
Ry <Ry, =
H< ,
B g (myy + gy + H +vy)

(see [38]) and replacing it into (35) yields

dv
<

(1-p) BopAp (mp +ap)
7 | !

mp (mp + ap + vp) b
= ((1 = pp) Syp + mp + pp + 8ep, + Cp) ED:|

+ %, [(1 - pp) SypEp — (mp + up) Ip]

(1 - v) BouBr (mH + ayy)
myy (Mg + oy + vyy)

(37)

+%3[ 1,

= ((1 = pr) Spryey + Mg + prr + Oy EH:|
+ Ky [(1 = prr) SuryuEry — (myg + pipy) Iy ]
This implies that

dZ< Fy (1-vp) BopAp (mp +ap)
dr ~ mp, (mp + ap +vp)

- H, (mp + pp)
N H 5 (1= vy) BoprBrr (myy + agy)
myy (my + oy + vy)

+ [, (1= pp) Syp (38)

Ip

-1 ((1 = pp) 8yp + mp + pp + 8ep + Cp)] Ep
+ [H4 (1= pr) Syyu

= 3 ((1 = pu) Opyve + my + Spey)| Egy
= Hy (my + o) -

Equating the coefficient of I, Ep,, Iy, and Ep; in (38) to
Zero gives

Hy =K, =0,
FHy=((1-pp)dyp +mp+ pp +ep +Cp), (39)

Ky = (1 —PD)SVD’

and we obtain

a7
g < ((1 = pp) 8yp + mp + pp + 8ep + Cp)

“(mp +up) (R — 1) I, (40)

<0, if Ry <1

Additionally d77/dt = 0 if and only if I;, = 0. Therefore,
for Ep = I, = Efy = Iy = 0 it shows that S,(t) — Ap(mp +
ap)/mp(mp +ap +vp), Rp(t) = Apvp/mp(mp + ap +vp),
Syt) — By(my + ay)/my(my + oy + vy), and Ry (t) —
Byvy/myg(my + a + vy) ast — 00. Hence, the largest
compact invariant set in {(Sp, Ep, In, Rp> Sgp» Exp Ips Ryy) €
Q : d7/dt < 0} is the singleton set {&}. Therefore, from La
Salle’s invariance principle, we conclude that & is globally
asymptotically stable in Q if Z, < 1 (see also [38,39]). [

3.5. Global Stability of Endemic Equilibrium &,

Theorem 4. The endemic equilibrium &, of model (1) is
globally asymptotically stable whenever R > 1.

Proof. Suppose %, > 1; then the existence of the endemic
equilibrium point is assured. Using the common quadratic
Lyapunov function

V(%15 X005 X,) = ) 2 (x; _xi*)z’ (41)

™M=
YRS

i=1

as illustrated in [40], we consider a Lyapunov function with
the following candidate:

1 *
v (SD’ Eps Ip, Rps Spp Epps Inps RH) = E [(SD - SD)

+(Ep - E};) +(Ip - I]B) +(Rp - RE)]Z
(42)

+ 5 (S =Sp) + (B = Exy) + (I = )

N | =

+ (R = Ryp)T*

Now, differentiating (42) along the solution curve of (1)
gives

47 . . .
ar [(Sp = Sp) + (Ep — Ep) + (Ip = Ipy)
d(Sp+Ep+I5+R
(R - Ry T Ep o Ro)

(43)
+ [(Sy = Si) + (B = Epy) + (I — I5y)

dSg+Ey+Ig+R
(R - Ry L Bl R
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From (1) it implies that d(Sp + Ep + Ip + Rp)/dt = A —
mp(Sp+Ep+Ip+Rp)—CpEp—puplpand d(Sy + Ey + Iy +
Ry)/dt = B—m(Sy + Ey + Iy + Ry) — pyly, which when
plugged into (43) gives

T (55~ 5b) + (B~ Bp) + (Ip - )
+(Rp = Rp)] (Ap —mp (Sp + Ep + Ip + Rp)
- CoBp~ tplp) + (S~ S5 + (B~ B3
(I~ 1)+ (R = R3] (By

-m(Sy + Eg + Iy + Ry) — pprly) -

(44)

Now assuming

Ap=mp (S, + Ep + IS+ Ry) + CpEp, + uplp,
(45)
By =my (Sg + Egy + Iy + Ryy) + gl

and substituting it into (44), we have

a7
dt

= Rp)| [mp (Sp + Ep +1Ip + Rp) + CpEp, + pplp,

=[(Sp=Sp) + (Ep = Ep) + (Ip ~ Ip) + (Rp

~mp (Sp + Ep + Ip + Rp) = CpEp = pplp]
+ [(Se = Sp1) + (B = Epy) + (I = Iy) + (Ryy
= Ry [y (g + Epy + I+ Ryp) + pigr g
= m(Sy + Ey + Iy + Ry) — pgly]

a7 _

dt

- Rp)] [((=mp (Sp = Sp) — mp (Ep - Ep)
= mp (Ip = Ip) =mp (Rp = Rp,) = Cp (Ep — Ep)
= tip (Ip = Ip))] + [(Su = Sp) + (B — Epy)
+ (I = I5) + (Ryy = RE)] [((=mr (S = Spy)
—my (Ey — Egy) = my (I — Iy)

— My (RH - R;I) ~Hu (IH - 113))] :

[(Sp—Sp) + (Bp— ED) + (Ip - I5) + (R, (19)

This also implies that

v

*\2 *\2
g = -mp (Sp - Sp)" — (Cp +mp) (Ep - Epy)

~ (mp + pp) (Ip — IE)Z —mp (Rp — R;)Z - (2mp
+Cp) (Sp = Sp) (Ep — Ep) — (2mp + up) (Sp
-Sp) (Ip = Ipy) = (2mp + up + Cp) (Ep - Ep) (Ip

~1I,) = 2mp (Rp = Rp) (Ip = Ip) = (2mp + pp
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+Cp) (Rp = Rp) (Ip = Iy) = myy (S = S7y)°
~myy (Eyy = Ey)' = (myg = pyg) (I = )

—myy (Ry = Rpy)” = 2myy (S = S77) (B — Efy)

= (2myy = ) (S = Spr) (g = I5y) = (2myg + )
- (By = Epy) (I — Iy)

=y (I = Iy) (R = Ryy)

+ (Si = Sp) (R = Ryy)] -
(47)

This shows that d77/dt is negative and d7"/dt = 0, if and
only if Sy = S, Ep = Ef, Ip = If, Ry = R, Sy =
St En = Ep, Iy = I, Ry = Rj. Additionally every
solution of (1) with the initial conditions approaches &, as
t — oo (see [38, 39]); therefore, the largest compact invariant
set in {(Sp» Ep» Iy Ry Spo Epps Iy Ryy) € Q 1 d¥//dt < 0}
is the singleton set {&,}. Therefore, from Lasalle’s invariant
principle [41], it implies that the endemic equilibrium &, is
globally asymptotically stable in Q) whenever %, > 1. O

4. Numerical Analysis

Considering the parameter values in Table 1, we will ascertain
the numerical importance of our analysis.

4.1. Different Scenarios of the Basic Reproduction Number
R, We shall denote %, without pre- and postexposure
prophylaxis (treatment) as %, and %, without preexpo-
sure prophylaxis and culling as ;" and the %, without
postexposure prophylaxis (treatment) and culling as %;"".
Therefore, using the parameter values in Table 1, Z;, %;",

and ;""" are given as follows:

R = BopApdyYp

° (8yp +mp + 8ep + Cp) X (mp + pp) mp’
Ry =3.027,
Ry

_ (1 - pp) 8ypPopAD
((1=pp) 8yp +mp + pp + 8ep) (mp + pp) mp” (4g)
Ry" =2.181,

#ok ok
‘%0

_ (1=vp)8ypBppAp (mp + ap)
(8yp +mp + 8ep) (mp + up) mp (mp, + v, + ap)

Ry =1914.

Therefore, from the above calculations it indicates that the
best way in reducing or minimizing the rabies virus in the
dogs compartment is to use more of preexposure prophylaxis
(vaccination).
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TABLE 1: Parameter values.

Parameter Description Standard value Source
Ap Recruitment rate of dogs 3x10%y7" [27]
apn Loss of immunity in dogs 1y [27]
Cp Death rate of dogs due to culling 0.3y~ Assumed
mp, Natural death rate of dogs 0.056 )f1 [27]
Up Disease induced mortality in dogs 1y [27]
b Preexposure prophylaxis for dogs 0.25y" Assumed
Pb Postexposure prophylaxis for dogs 0.2y [27]
Bop Transmission rate in dogs 1.58x 107y~ [27]
Vb Latency period in dogs (2.37/6) y! [27]
dep Rate of no clinical rabies 0.4y~" [27]
By Birth rate (humans) 0.0314y™" [31]
Bow Transmission rate (dog-humans) 2.29 x 10712 y’l [27]
oy Loss of immunity (humans) 1y [27]
My Natural death rate (humans) 0.0074 y’1 [31]
Ur Disease induced mortality (humans) 1 y_l [27]
Vi Preexposure prophylaxis for humans 0.54y"" Assumed
Pu Postexposure prophylaxis for humans 0.1y7" [27]
Vi Latency rate (humans) (1/6) y™! [27]
Vaen Rate of no clinical rabies (humans) 2.4y7"! [27]
4.1.1. Herd Immunity Threshold H,. Therefore, from the o — 0, O¢p
above numerical values, we are motivated to know the Ho 08ep Ry
number of humans or dogs that should be vaccinated when s
R, =3.027. _ €p
. ((1 = pp) 8yp — 8ep, = Cp —mp — pp)
H,=1- — = 0.66. .
1 Zr (49) =-1.61,
This shows that if Z; = 3.027, then 66% of individuals F;ﬁ = Z?O %
and dogs should receive vaccination. DR
Cp
42 Sensitivity Analysis.' To determipe parameters that con- - (1= pp) 8yp — 8ep, — Cp — mp — pp)
tribute most to the rabies transmission, we used two sensi-
tivity analysis approach: the normalised forward sensitivity =-0.45,
index as presented in [37] and the Latin hypercube sampling 3% a
as described in [42]. To determine the dependence of param- F;D = 207D _ 28,
eters in R, using a sampling size, n = 1000, the partial rank © Oap Ry
correction coefficients (PRCC) value of the ten parameters in OR - m
R, are shown in Figure 2(a). The longer the bar in Figure 2(a) 1“;"03 =3 0_D _ 164,
suggests that the statistical influence of those parameters to mp Ry
changes in % is high. Also, using the normalised forward oy 0Ky Syp
sensitivity index gives the following values and the nature of La. = v R 1.33,
their signs in Table 2, based on the parameter value given in Yp o
Table .1..The plus sign or minus .sign signifies that the influence o _ 0R, Pp 05
is positive or negative, respectively [42], % " Jpp 50 Y
ng”=%ﬂﬂ=1’ o = %%p _ g5,
v T 3Bp Ry P ovp Ry
Fhp _ % Ap _, (50)
Ho 0AL R,
Therefore, from Table 2 it shows that an addition or a
o — 0%, o _ __“HD _ o5 reduction in the values of Bpp, &p, 0yp, and A, will have
P Qup By (mp + up) o an increase or a decrease in the spread of the rabies virus. For
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mup |-

Cpt-

delta varepsilonp, |-
alphap |-

mp -

Ap -

betap, |-

delta gammap, |-

PRCC values

(a) LHS plot for the parameters in %,
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(b) Effect of varying recruitment rate on the infected humans
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FIGURE 2: The graphical representation of some parameters in %, and the effect of varying some initial state values on the model.

example, I 5{; = 1 indicates that increasing or reducing the
transmission rate by 5% may increase or reduce the number
of secondary infection by 5%. The negative sign in Table 2
will have a reduction in the basic reproduction number, %,,,
when the values of those parameters are increased, and a
reduction in the values of pp,, v, yp, 1, and Sep, will lead
to an increase in the number of secondary infections.

The Latin hypercube sampling (LHS) in Figure 2(a) shows
that pp, Cp, ap, and 8y, have a minimal influence on the
rate at which the rabies virus is spread. The Latin hypercube
sampling (LHS) plots for the ten parameters in %, show that
culling of exposed dogs does not actually minimize the spread

of rabies as compared to vaccination of susceptible dogs.
Figure 2(a) also shows that the most influential parameter in
spreading the infection is 35, followed by A . Figure 2(c)
shows that an increase in the basic reproduction number
will contribute to a high level of secondary infection in
the human population. Similarly, Figure 2(a) shows that
vaccination of dogs v, is the most effective way of controlling
the rabies virus in the dog population as compared to the
treatment/quarantine of exposed dogs, pp,. Figure 3(a) gives
the contour nature of v, and pp,, which shows a more sat-
urated effect on the basic reproduction number. Figure 3(b)
shows that 5, and «, have a positive relation with the basic

WORLD TECHNOLOGIES




Modelling of Rabies Transmission Dynamics using Optimal Control Analysis 59
TABLE 2: Sensitivity signs of %, to the parameters in (24).
Parameter Description Sensitivity sign
Boo Transmission rate of dogs +ve
Ap Recruitment rate of dogs +ve
Up Disease induce death rate of dogs -ve
Sep Rate of no clinical rabies -ve
Cp Culling of exposed dogs -ve
ap Loss of immunity in dogs +ve
mp Natural death rate of dogs -ve
8Yp Rate at which exposed dogs become infective (infective rate) +ve
Pp Postexposure prophylaxis (treatment/quarantined) -ve
Vp Preexposure prophylaxis (vaccination) -ve
200 x10
8
0
7
-100
6
-200 5
-300 4
3
—400
0 1 2 3 4 2
D
(a) The contour plot of vp and pp to % (b) The 3D plot of % to ap and Spp
0.14 200
0.2
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0.1 0
= =
= 01 0.08 ff =
~500 4 - -100
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(i E 0.04 —100% E
5 4 [ 300
0.02
—400

0 1 mp
(c) The 3D plot of % to mp and pp

0 0 ! D

(d) The 3D plot of % to pp and v,

FIGURE 3: The graphical representation of some parameters in %,,.

reproduction number Z,,. Therefore, an increase in 5, and
ap will have a direct increase in the spread of the rabies virus.
Figure 2(b) indicates that with a high number of recruitment
of dogs into the susceptible dog’s compartment will have
a corresponding high increase in the number of infected
humans. Figure 2(d) demonstrates that a high number of
infected dogs in the compartment will lead to an increase

in the number of infected humans. Figure 3(c) shows that
a high increase in the number of disease induce death rate
and natural death rate will have a negative reflection on
R,; biologically, we would not recommend this approach in
minimizing the spread of the disease, since an increase in
both pp, and mp, may result in a high rate of the disease in
the human population, even though y, and m, naturally
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reduce the number of susceptible and infected dogs in
the population. Finally, Figure 3(d) shows the 3D plot of
Figure 3(a).

5. Objective Functional

Given that y(t) € Y € R" is a state variable of model system
(1) and u(t) € U € R" are the control variables at any time (t)
with f) < t < £, then an optimal control problem con-
sists of finding a piecewise continuous control u(t) and its
corresponding state y(t). This optimizes the cost functional
JIy(t),u(t)] using Pontryagin's maximum principle [43].
Therefore we set the following likelihood control strate-
gies:

tf B
J = min J [AIED +AyEpg + Azlp+ Ay + 71}
tO

Therefore, (51) is subject to
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(1) u; = vp, is the control effort aimed at increasing the
immunity of susceptible dogs (preexposed prophy-
laxis).

(2) u, = pp is the control effort aimed at treating the
exposed dogs (postexposed prophylaxis).

(3) u3 = vy is the control effort aimed at increasing
the immunity of susceptible humans (preexposure
prophylaxis).

(4) uy, = py is the control effort aimed at treating the
exposed humans (postexposed prophylaxis).

Our goal is to seek optimal controls such as vy, p, V5>
and p;; that minimize the objective functional:

1 B2 B3 B4

(52)

‘%d =Ap—(1-vp) BopSplp — (mp +vp) Sp + 8epEp + apRp,
dd% = (1-p) BopSplp = ((1 - pp) 8yp + mp + pp + dep + Cp) Ep,
dstD = (1~ pp) SypEp ~ (mp + pp) Ip,

% = v5Sp + ppEp — (mp + ap) Rp,

ddif = By — (1 = vy) BouSula — (my + vyy) Sy + Spey By + Ry,
ddi:{ = (1= vy) BouSula = ((1 = prr) Seryer + My + pyy + Opyer) Epps
ddif = (1= pu) SuyuErs = (myr + prr) I

d;% = vuSy + prrErr — (myy + o) Ry,

Sp>0, Ep>0, I520, Ry>0, Sy >0, E; >0, I; 20, Ry > 0.

From (51) the quantities A, and A, denote the weight
constants of the exposed classes and A ; and A , are the weight
of the infectious classes, respectively. B1, B2, B3, B4 are the
weight constants for the dog and human controls. B1v},,
B2p;,, B3v7,, BAp;, describe the cost associated with rabies
vaccination and treatment. The square of the control variables
shows the severity of the side effects of the vaccination and
treatment. Employing Pontryagin’s maximum principle, we
form the Hamiltonian equation with state variables S, = S,

Eb, Ip = IS, Rband Sy = S, By = Ep Iy =
17 as

T
Rl

H=AE},+AE} + AL + AT + 7@ =

B3 B4
2 2 2
“pPpt 71)[[ + TPH +A1 [AD

= (1=p) BopSplp = (mp +vp) ST, + SeEy,
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+apRp] + A, [(1=vp) BopSplp & - oH = A, (my + py) — Ay
dt ol

= ((1 = pp) 8yp + mp + pp + 8epy + Cp) Ef |

. i dlg  OH _ ]y 3
+ A3 [(1 - pp) OypEp — (mp + up) Ip] ar _aR;I = Ag (my + o) = Asay,
+ A4 [vpSp + ppEp — (mp + ap) Rp| + A5 [By (54)
= (1= vy) BouSulp = (my + vy) Sgy + OpeyEy with transversality condition /\i(tf) =0fori=1,...,8 for
+agR] + A [(1 = vg) oSl the control set u;, hence we have
= (U= 1) Opgis + sz + pya + Oeir) By} g—H =0, wherei=1,2,3,4,
U;
+ A7 [(1 = pry) OuyuEry — (myy + piyy) Iy SH
* * * — :=BIV*—AS*+AS*+A S*I*
+ Ag [vuSpy + puEry — (my + agg) Ry, op - b~ MSp +ASp + A BopSplp
(53) -
~ABpSplp =0,
Considering the existence of adjoint functions A;, i =
1,2,...,8, satisfying . (M85 = ASp) + (A, = 1)) ﬁDDII’SSl*))
a, __on b1
dt — 0S; H . . . .
b oH i= B2p;, — A Epy + ALEf + A EpdypEr,
= A1 ((1 = vp) Bpplp + mp + 7p) s
\ - A38ypEL =0,
=4, (1 =p) Bpplp = Ayvps
AES — ALET A3 = A,) 8ypE}
d,  oH sz(zo 4D);2(3 2) Ovp D (55)
dt ~ OE;
’ OH | B3yt = Ay + AySyy + AeBogsSul
= A, (1 = pp) 8yp + mp + pp + Oep, + Cp) oy YHEVg [
—A0ep — A3 (1= pp)8yp — Aypp — A, = AeBouSiIp = 0,
d\;  oH V= (A5Sg — AsSi) + (A6 = As) BouSulp
dt — aI;, " B3
= A3 (mp + pp) + A, (1-vp) BppSp 00 = Bap® — AgEy + AgEy + AeOnyuEy
PH lpiy=p;;
+As (1= vg) BouSp — A2 (1-7p) BpSp — A dpyuEL =0,
= A6 (1= v4) BouSpy = As, oo = Ol = AsEiy) + (4 = A¢) Sy Eiy
= .
%——aH—A(m tap)-Aa -
dt ~ oRy VPP TER : . - .
D Now, using an appropriate variation argument and taking
dl oH the bounds into account, the optimal control strategies are
s o given as
dt oSy,
= A5 ((1 - VH) ﬁdHIB +my + VH) v}, = min {max <O, (i~ Ae) Sp + (gf ~ ) BolpSp ) ,
= A6 (1=v1) Boulp = Agvis (56)
vaax} >
dl, __on
dt — OE}

P;; = min {max<0) (/\2 - )l4) E, +B(;\3 - Az) SYDED)’
= A6 (1= ppr) vy + Mg + iy + Opyepr) (57)

—AsOpey — Ay (1 - PH) Opyer — Aspr — Ay poax} ’
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¥, = min {max <0) (As = Ag) Spy + (;; - As) BouSiIp > )

VHmax]> >
* _ min dmax (0 (As = Ag) Efy + (A; = Ag) OpyuEry
Pr : B4 :

(58)

(59)
PHmax } .

Optimality System. Substituting the representation of the opti-
mal vaccination and treatment control with corresponding
adjoint function, we have the optimality system as

dditD =Ap-— <l—min {max(O,

(M =A)Sp+ (A, _/\1)ﬁDDIBS;)> })
Bl ’VDmax

- BopSplp — mpSp — min {max <O,

(A = Ay) S+ (A, = Ay) BopI5Sh
Bl > VDma.x SD

+8epEp + apRp,

2 - (- min e
——= = 1-min4{max| 0,
dt

M _/\4)SB+(A2_/\1)ﬁDDIBS;)) })
Bl > YDmax

“BooSplp - <<1

~ min {max <O (A, = A4) Ep + (A5 = Ay) 8ypEp )
) B ,

pmax} ) Syp + mp + 8ep + CD> Ej — min {max <0,

(A, = Ay) Ep + (A3 = A,) 8ypEp E
B2 > PDmax D>

dl
d_f = 8ypEp — (mp + pp) Ip,
d& = min {max (0,

dt

(M = A)Sp + (A, = A1) BonIpSp
Bl > YDmax SD

— (mp + ap) Rp + min {max <0,

(A, = A4) Ep + (A3 = A,) 8ypEp E
B2 > PDmax D>
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ddif =BH—<1 — min {max(O,

(As = Ag) Sy + (A6 — As) ﬁDHSI*{IE)> y } )
> Y Hmax

B3

- BouSulp — MmySy — min {max (0,

(As = Ag) Sy + (A6 = As) BouSiIp S
33 > Y Hmax H

+ 8 Ey + agRy,
dEy

O = <1 — min {max (0,

(As = Ag) Efy + (A, = Ag) Sy
B4 > PHmax

BouSulp = (pye + my + Oyey) Ey

— min {max (0,

(As = Ag) Efy + (A, = Ag) SpyyuEyy E
B4 > PHmax H>

dl
d_f =S8yyuEn - (mH + ) Iy

d& = min {max (0,
dt

(As = Ag) Sy + (A6 = As) BouSiIp
B3 > VHmax SH

— (my + ag) Ry + min {max <0,

(As = Ag) Efy + (A, = Ag) Sy Efy E
B4 > PHmax H>

d, dy dhs dhy ddy dd dL, dy
dt’ dt’ dt’ dt’ dt’ dt’ dt’ dt’
with, A, (t;) =0, i=1,2,3,4,5,6,7,8.
(60)

5.1. Numerical Simulations of the Optimality System. To
determine the control strategies v, pp, vy, and pyy, as given
in the objective functional, we began an iteration of the model
until convergence is achieved. The results of the simulation
of the control strategies are displayed below. We consider
equal weightsof (A, =1, A, =1, A; =1, A, = 1) for both
exposed and infected classes. We varied the cost associated
with the objective functional, which indicate that, with low
cost of vaccination, the rate at which individuals will seek for
vaccination of their susceptible dogs will increase, and this
could result in low transmission of rabies in a heterogeneous
population. We consider the various cost of preexposure
prophylaxis and postexposure prophylaxis to be (Bl = 1,
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FIGURE 5: The trajectories of the model with and without pre- and postexposure prophylaxis on exposed humans and that of the exposed

dogs.

B2 = 4, B3 = 1, B4 = 4). We found that the optimal time
in controlling the infection using preexposure prophylaxis in
dogs is much better than using postexposure prophylaxis in
dogs, as shown by the trajectories of the red line and blue line
in Figure 4, respectively. The blue line in Figure 4 indicates
that applying postexposure prophylaxis will considerably take
a longer time in controlling of rabies in dogs. The green line
in Figure 4 signifies that preexposure prophylaxis in humans

increases the immunity levels of humans and hence reduces
the rate at which individuals move to the infected stage. Fig-
ures 5 and 6 show the effect of using only one control strategy
on the model. Therefore, Figure 5(a) shows that applying only
postexposure prophylaxis (treatment or quarantine) of dogs
has a low positive impact on the model. Figure 5(b) shows
that sticking to the use of pre- and postexposure prophylaxis
in human without administering pre- and postexposure
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prophylaxis in the dog population will result in a high of the
rabies infection in the human population. Figure 6(a) also
shows that combining pre- and postexposure prophylaxis
(vaccination and treatment/quarantine) in the dog com-
partment will reduce the spread of the rabies virus, thereby
reducing the using of pre- and postexposure prophylaxis
(vaccination and treatment) in humans. Figure 6(b) indicates
that a rapid use of pre- and postexposure prophylaxis in the
human population will reduce the number of rabies deaths in
the human population. Figure 7 shows the simulation effects
of applying both controls on the model. Figure 7(a) shows
that, with the use of the optimal control strategies, the rate of
the infection in the susceptible dogs will reduce significantly.
Figures 7(b) and 7(c) show that there is a proportional
decrease in the number of exposed and infected dogs when
the control measures are applied. Similarly, Figures 7(e) and
7(f) show a significant decrease in the number of infected
and exposed humans when the control measures are applied.
Figure 7(d) shows that there is a proportional increase in the
number of recovered dogs when the control measures are
applied. Finally, Figures 8(a)-8(h) show the simulation effect
of corresponding adjoint functions.

6. Discussion

The numerical simulations of the resulting optimality system
show that, during the case where it is more expensive to
vaccinate than treatment, more resources should be invested
in treating affected individuals until the disease prevalence
begins to fall. This option, however, does not reduce the
number of individuals expose to the disease quickly enough,
thus resulting in an overall increase in the infected human
population. On the other hand, if it is more expensive to

treat than to vaccinate, then more susceptible dogs should
be vaccinated, so as to lower the rate at which newborn dogs
get infected. Nevertheless, in the case where both measures
are equally expensive, the simulation shows that the optimal
way to drive the epidemic towards eradication within any
specified period is to use more preexposure prophylaxis in
both compartments.

7. Conclusion

We studied an optimal control model of rabies transmission
dynamics in dogs and the best way of reducing death rate
of rabies in humans. The stability analysis shows that the
disease-free equilibrium is locally and globally asymptotically
stable. We also obtained an optimal control solution for the
model which predicts that the optimal way of eliminating
deaths from canine rabies as projected by the global alliance
for rabies control [30] is using more of preexposure pro-
phylaxis in both dogs and humans and public education;
however, the results show that the effective and optimal
consideration of preexposure prophylaxis and postexposure
prophylaxis in humans without an optimal use of vaccination
in the dog population is not beneficial if total elimination of
the disease is desirable in Africa and Asia. Any combination
strategy which involves vaccination in the dogs’ population
gives a better result and hence it may be beneficial in
eliminating the disease in Asia, Africa, and Latin America.
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We consider the so-called mean-variance portfolio selection problem in continuous time under the constraint that the short-
selling of stocks is prohibited where all the market coefficients are random processes. In this situation the Hamilton-Jacobi-Bellman
(HJB) equation of the value function of the auxiliary problem becomes a coupled system of backward stochastic partial differential
equation. In fact, the value function V' often does not have the smoothness properties needed to interpret it as a solution to the
dynamic programming partial differential equation in the usual (classical) sense; however, in such cases V' can be interpreted as
a viscosity solution. Here we show the unicity of the viscosity solution and we see that the optimal and the value functions are
piecewise linear functions based on some Riccati differential equations. In particular we solve the open problem posed by Li and

Zhou and Zhou and Yin.

1. Introduction

The mean-variance approach proposed in 1952 by the Nobel
prize winning economist Markowitz [1] has become the
foundation of modern finance by discovering the static mean-
variance portfolio selection formulation in a market in which
shorting is not allowed. This theory has inspired numerous
extensions and applications. For instance, Li and Ng [2] and
Zhou and Li [3] successfully extended the unconstrained
mean-variance portfolio selection formulation to the multi-
period setting. Zhou and Yin [4] consider the mean-variance
portfolio selection problem in continuous time where the
market parameters including the bank interest rate and the
appreciation and volatility rates of the stocks depend on the
market mode that switches among a finite number of states
where random regime switching is assumed to be indepen-
dent of the underlying Brownian motion. This essentially
renders the underlying market incomplete. A Markov chain
modulated diffusion formulation is employed to model the
problem and Zhou and Yin [4] use the techniques of stochas-
tic linear quadratic (LQ) control to derive mean-variance
efficient portfolios and efficient frontier based on solutions
of two systems of linear ordinary differential equations.

After Li and Ng published [2], Markowitz suggested
that one of them extends the results to the dynamic mean-
variance formulation with no-shorting constraint and pro-
posed a conjecture of a piecewise quadratic value function
for such a situation. Influenced by Markowitz’s comments, Li
et al. [5] formulated the LQ control problem by constraining
the control portfolio to take nonnegative values due to the
no-shorting restriction on the market mode (not random
processes). They derived the optimal portfolio policy for
the continuous-time mean-variance model with no-shorting
constraint using the duality method [6].

However, there are several interesting problems that
deserve further investigation; for instance, Li et al. [5] open
a problem by stating in their conclusion that “an immediate
open problem is to extend the results in this paper to the case
where all the market coefficients are random processes.” In
this paper we solve this problem.

By making use of the techniques of LQ control, we
see that, in an attempt to pursue the method of dynamic
programming in the auxiliary problem, the value function
which is a generalized solution to the Hamilton-Jacobi equa-
tion coupled is not smooth enough to satisfy the dynamic
programming equations in the classical or usual sense.
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A difficulty with the concept of generalized solution is that
the dynamic programming together with the boundary data
typically has many generalized solutions. Among them, there
is one provided by Crandall and Lions [7], called the viscosity
solution, which is the natural generalized solution. This
unique viscosity solution turns out to coincide with the value
function V [8]. The central component of our solution to
the problem of Li et al. [5] is the proof of the unicity of
the viscosity solution of the value function of the auxiliary
problem, which we establish by adapting the techniques of
[9]. By making use of the duality method, we also derive
a solution for efficient portfolio. The value function of the
auxiliary problem depends on a set of Riccati differential
equations and we use the Magnus approach to provide
the solution. A work is in progress to develop numerical
implementation. This will be subject of a future publication.

2. Viscosity Solutions for Weakly Coupled
Systems of Second-Order Hamilton-Jacobi-
Bellman Equation

2.1. Notation. We make use of the following notations:

(i) (Q, F,P): a fixed probability space on which we
defined standard n-dimensional Brownian motion
W) = (W(@),... ,Wn(t))' and continuous-time
stationary Markov chain «(t) taking value in a finite
state space . = {1,2,...,m} such that W(t) and «(t)
are independent of each other. The Markov chain has
a generator Q = (g;j)uxm and stationary transition

probabilities:
P () = p(a(®) = jla(0)=1i), "
1
£20,4,j=1,2,...,m.

(ii) Define &, = a{(W(s),a(s)) : 0 < s < t}.

(iii) HB(X) = o-algebra of Borel sets of X.

(iv) Consider the following:
E, @ (x(s)) = J O (y)P(t,x,s,dy), t<s.

b

P(tx,5,B) = P(x(s) € B|x(t) = x), 2)

VB e B (3).

(v) Hilbert space # with the norm | - ||: define the
Banach space

ng O, T;%) = {(p(') | ¢ (-)is an F,-adapted,
Z -valued measurable process on [a,b], (3)

b
EJ o (t, )], dt < oo},
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with norm
b
loOlss = [ lo@alydicoo. @

(vi) M': the transpose of any vector or matrix.
(vii) M;: the jth component of any vector M;

we will use indifferently this notation M(t, x,u,i) =
M;(t, x,u).

(viii) C([0, T]; X): the Banach space of X-valued continu-
ous functions on [0, T].

(ix) C*([0,T] x R™): the space of all twice continuously
differentiable functions on [0, T] x R".

(x) Consider D, = 0(-)/dx, D} = 9°(-)/9x*, D*(-) =
01%(-)/0x5" - 0x%, and f(t) = (d/dt) f(t), d, = d/ot.
(xi) Consider

6=[0,T]xD, PDcR. (5)

(xii) Kronecker delta symbol:

0 ifi+#j
8ij(t)= (6)
1 ifi=j.

(xiii) [A, B] = AB — BA (Lie bracket), A, B matrices with
appropriate dimension.

(xiv) Consider W*P(Q) = {u € LP(Q) : D*u € LP(Q), 1 <
p <00, Y| <k}

(xv) C,(Z) is bounded function in .

(xvi) If F is a real-valued function on a set U which has a
minimum on U, then

argminF (v) ={v" € U: F(v') <F(v), WweU}. (5
veU

3. Notion of Viscosity Solution

We consider the following coupled system of backward PDEs:
0,V; (t, x)

+inf {%yi (t,x (t),u) G, (6 x (t) ) D2V, (t,%)

+ 7,2 0,0 DV, (6] - Ya, [V 6)
i#i (8)

_‘/j (t:x)] =0,

Vi(T, x) = g (x)

(t,x) € @ where u(t) = (u, (t),...,u,, (1)),

and the conditions on matrix (q,-j)lg-) j<n aT€

qkl > 0, fOr k # l, qkk < 0,

N ©)
Yau=0 fork=1,..,m.
i1
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We suppose

fitx®)su), G (tLx (), u) e WX (@).  (10)

Under appropriate regularity assumptions on 0@ and the
coefficients, we define and prove existence and uniqueness
results of the viscosity solutions to (8).

3.1 Viscosity Solution Definition. It is well known that (8)
does not in general have classical smooth solutions. We define
a generalized concept of solution called a viscosity solution

[7].

Definition 1 (w € (Cﬁ(@))’”). w is a viscosity subsolution
(supersolution) of system (8), if, for all ¢, € C* (@),

0,¢; (to> xo)

. 1_ _ /
+ ng {Egi (o> Xpo 1) 9i (to» Xpo 1) Di‘/’i (o> Xo)

_ (1)

+ £ (o, X0, u) Dy; (to xo)} - Zqij [wi (o> %o)
J#i
- w; (to,xo)] >0,
0,9; (£ %)

. 1_ _

+ igg {Egi (to> x0» ) G; (£o» X0, ”)’ ch¢i (o> xo)
(12)

+ f (to> Xoo 1) D, (£ xo)]’ y Zqij [wi (to» xo)

J#i
- w; (to,xo)] <0,
respectively, whenever w; — ¢; has a local maximum (mini-

mum) at (ty, x,) € @; w is a viscosity solution if it is both a
viscosity subsolution and supersolution.

3.2. Uniqueness Result. Next, we can let
@)
;i (t,x, p, A)

- B _
- ng{igi (t, x,u) g; (¢, x)”)’A-'—fi (t, x,u) p} (13)

= —sup {—%yi (t, x,u) g, (t, x, u) A- 7:’ (t, x,u) p} ,
u>0
and we assume

(ii)

@ (e +1(F)xl < Co 1@l + 1@l < Cs
(b) If,(t, x, )| < C(1 + |x| + |ul);
(©) g;(t, x, )| < C(1 + |x| + |ul).

Lemma 2 (see [8], let ; be as in (13)). Assume ((ii)(a)-(c)).
Then, there exists a continuous function w : [0,00) —
[0, o) that satisfies w(0) = 0 such that

Xi(t,y,p(x=y),B) = ;(tx,B(x~-y), A)

<w(Blx=y"+1x-)

for every (t,x),(t, y) € @, 3 > 0, and symmetric matrices A,
B satisfying

_3/3<g ?) < (? _2) s3ﬁ<_11 —11> (15)

where I is the identity matrix with appropriate dimension.

(14)

Proposition 3. Suppose assumptions (9) and (10) hold and wy,
is a viscosity subsolution of (8) and v is a supersolution of (8).

Ifw(t, x) < v (t,x) on 0@, k=1,...,m, then
wi(t,x) < v(t,x)on @, k=1,...,m.

Proof. Suppose that there does not exist an index, s and
(I, z) € @, such that

(w, - ) (,2) = max (w, - %) (60} > 0. (i)

(i) If (I, z) € 0@, we are done.
(ii) Assume (L, z) € @; let

. 1
¢y (t,x,y) = wy (£, x) = v (. y) - 2 -y’

(17)
—elt—17.
There exists an index r and (¢, xq, ¥y) = (tg, Xg» ¥p)
such that
¢, (t0, x0 o) = max {¢, (& x, )} (18)
xt, 9,k

‘We now show

w, (to, Xo) = v, (£0> ¥o) = 0. (19)
But

¢ (L, z,2) =w, (I, 2) — v, (1,2) < ¢ (tg, x05 Vo) (20)

implies

1
2 % —,Vo|2 +elty - l|2

(21)
< w, (ty, Xo) = v, (o> yo) = (wy (L, 2) = v, (1, 2)).
Since w,(l,z) — v,(l,z) > 0,
1
0< “3—2|x0—yo|2+s|t0—l|2
(22)

< w, (tO’XO) -V (tO’ yO) - (ws (l’ Z) — Vs (l> Z))

< w, (ty, %) = v, (g Vo) -

WORLD TECHNOLOGIES




72

(i) Since w is a viscosity subsolution of (8) and the
function

W () o 6 (65 ) 3)
has a maximum at (¢, x), set
& 1 2 2
@, (tx) =, (t,y0)+8—2|x—y0| +elt=1°, (24)

then w, (t, x)—¢; | (¢, x), has a maximum at (£, x,), and hence

a(wr_(pi,l) _ a(wr_(pf,l) -0 —
ot ox
(to»xo) (tg>x0)
a(Pi,l _ awr
ot (tg»x0) ot (to»xo)
aq):,l _ awr
0x (tg-x0) Ox (to:%o)
€
Ml g 25)
o0x (ko)
ow, 2
-5 (%0 =) =0,
0x |y € 7
ov;,
—_ =0
O {4y,
ow, ov, (tg, x;)
e 26 (ty—1) = 0,
(to:xo) (t9,%o)
0
< a‘Pf,l (to’ xo)
B ot
(26)

2
-, <t0’ X0> 2 (Xo - )’0) >D;2c‘/’:,1 (to’xo)>

- quk

k#r

(to Xo) = wy (to, )] -

(ii) Since v is a viscosity supersolution of (8) and the
function

Ve, s (at) ¢ (130, 7) @)

has a minimum at (¢, y,), set

& 1
9L (6y) = w, (6x0) = 5 o =y —ele 1P (28)
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then ¢, (t, x) —v,(t, x), has a maximum at (t,, x,), and hence

0 (‘Pi,z - Vr) _ 0 (q)f,Z B Vf) -0 —
ot ox
(t0,%0) (to,¥0)
a(Pr,Zs aV
ot (to,yo) at (to,y0)
o9, _ v,
ox (o) T ox (tor30)
ov?
_r2 =0 (29)
ay (to>¥0)
ov
i -5 (x-2)=0,
ay (to>y0) &
0¥,
—= =0 =
O |4y,
0 v, (tg> X
W +M +2e(ty—1)=0,
at (toxxo) at (toyxo)
09}, (to» o)
ot
2 2 €
-, (tmxw 2 (x0 = 70), D975 (tor }’0)) (30)

Vi (to %0)] < 0

- quk

k#r

(to ¥o)

By combining (26) and (30),

_ 9w, (to o) _ 9V, (t0, %)
= ot ot

2
+%r (tO’yO’s_z(

%= 30): D25a (t0:30))

2
-, (tm Xo» 8_2 (xo - )’0) >Di‘Pf,1 (to’ xo)) (31)

- quk [w, (g, x,) — wy (to, Xo)]

+ quk [

k#r

v, (to, %0) = Vi (to» %0)] >
and by Lemma 2

2
0< 28|t0 —l| +w(€—2 |x0—y0|2 + |Xo —)’o|>

= Y duc [y (0, %) = wy (£, %0)] (32)
k#r

+ quk [V, (t0 ¥0) = & (to> 30)] >
k#r
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we obtain

2
0<2e(ty-1) +“’<8_2 o = yol” + %o _)’0|>

- quk [wr (tO’xO) — Y (tO’ yO)] (33)
k#r

+ quk [wy (o> xo) = vic (0 ¥0)] -
k#r

We have —g,, < 0 and w,(ty, xy) — v,(ty, ¥o) > 0 (19) and
hence

2
0<2e(ty-1) +w<s_2 |%o ‘)’0|2 + % ‘J’o|>
(34)

+ quk [wyc (£, X0) = v (0 ¥0)] -
k#r

Since wy(ty, xo) — vilte, ¥o) < w,(tyxy) — v,(ty, ¥,) and
Zk# Grc = —qii> We obtain

2
0<2e(ty-1) +w<—2 |xo —y0|2 +|x, —yo|>
& (35)
= qix. [w, (to X0) = v, (0> ¥0)] -
Thus,
Wy (l’ Z) — Vs (l’ Z) < ¢f (tO"xO’ yO)

Sw, (tO’xO) -V (tO’ yO)

< Loelty - (36)
ik
+ (2 b= ol # [ - ]
Ak €

To finish the proof, we need to show

2
“’(s_zlxo_)’o|2+|xo—yol>—>0, ase— 0. (37)

Let
h(q) = Sup [y, (60~ v, (6.3)] £ € (0.7, (x.7)
B (38)
€@ |x—yf <q},
so that for any (¢, x) and (¢, y) € 1)
v, (£, x) = v, (£, y)| sh(|x_y|2)_ (39)
Since (x, ty, ¥, ) maximizes ¢; over @,
1 2 2
w, (to, x9) = v, (to ¥o) = 2 %0 = yol —elto = 1|
1 2
> w, (tg, xo) = v, (£9, Xg) — 2 %0 = %o (40)

—slto—l|2.

‘We obtain

1 2
2 %0 = ¥ol™ < v, (g %) = v, (0> ¥0)

(41)
2
Sh(|x0 = %l )
Since h is bounded by some constant K, this implies that
2
5o~ |’ < K. (42)
The definition of 4 yields

2 Ké? K
s_zlxo‘)’o|2+|x0_J’0|Sh(T)*'g\/;) (43)

and we obtain

2 2
“"(8_2 Ixo _)’0| + |x0 _J’0|>

N (44)
(:(5)3)
<w|h| — |+e\[= ),
2 2
and we obtain
w,(L,z)=v,(,z) <0 ase—0, (45)
which is a contradiction to (16). O

Corollary 4. The viscosity solution satisfying the boundary
condition is unique.

Proof. If v, and v} are 2 viscosity solutions such that v} = v}

on 0@, then
(i) 1/,1C < v,% on 00 = v,lc
(Proposition 3);

(ii) 1/,1c > 1/,2c on 00 = v,lc
(Proposition 3).

v; on @ accordingly

IN

\%

v; on @ accordingly

Hence v,lc = vi on Q. O

4. Application in Finance: Continuous-Time
Mean-Variance Model without Shorting
where the Market Parameters Are Random

We now briefly recall the results of the continuous-time
mean-variance model without shorting [5] and the mean-
variance portfolio selection problem in continuous time
where the market parameters are random processes [4].

We study the intersection of the both cases [4, 5], that
is, continuous-time mean-variance model without shorting
where the market parameters are random.

Consider a market in which n + 1 assets are traded
continuously on a finite time horizon [0, T']. One of the assets
is a bank account whose price P, (t) is subject to the stochastic

ODE (ordinary differential equation)
dP,(t) =r(t,a(t)) Py (t)dt, te[0,T]
(46)

Py(0)=p, >0, te[0,T], a(t)=i€N,
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where r(t,i) > 0,i = 1,2,...,m, are given as interest
rate processes corresponding to different market modes. The
other » assets are stocks whose price processes P, (t) m =
1,2,...,n satisty the system of SDE (system of differential
equation)

dP,, (t) = P, (t)

Ab, ta@)dt+ Yo, ¢a@)dW, @)}
{ ¢ PZI P ’ } (47)

t €[0,T]

P,(0)=p,>0, te[0,T], a(t)=ieN,

where for eachi = 1,2,...,n b,,(t,1) is the appreciation rate
process and 0,,(t,1) = (0,,,(t,i), ..., 0,,(t, 1)) is the volatility
or the dispersion rate process of the mth stock, corresponding
to a(t) = i.

Define the volatility matrix

o(t,i) = (amp (t, i))nxn foreachi=1,...,n (48)
‘We assume
o(ti)o(t,i) =8I Vte[0,T], >0 (49)

and r(t,i), b,,(t,1), 0,,,(t,i) are measurable and uniformly
bounded in ¢.

Denote by y(t) the total wealth of the agent with y(0) =
¥, > 0 being his initial wealth; y(¢) satisfies

dy(t) = [r(t, i)y (t) + B(t, i) u(t)

n

+ [bm (1) —r (£ 1)] ] U, (t)dt

m=1

(50)

+
M=
M=

Opp (10) thyy () AW, (1), t € [5,T]
1

S
l
3

I

y(0) =y,>0, «(0) =i,y the initial market mode,

where u,,(t) is the total market value of the agent’s wealth in
the mth assetandm = 0,1,...,n at time ¢.

u(-) = (uy(), ..., un(-))' is called a portfolio of the agent.

uy(+), the asset in the bank account, is completely specified
since uy(t) = y(t) — Y, u;(t). Thus, in our analysis to follow,
only u(-) is considered.

Setting

B(t,i) = (b (t,i) —r (t,i),..., b, (t,i) —r (t,1)),

ied,

(51)

wealth equation (50) satisfies
dy(t) =[r (i) y (t) + B(t,i)u(t)] dt
+u® ot i)dW (), telsT] (52)

y(0)=y,>0, «(0)=i,
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The objective of the agent is to find an admissible portfolio
u(-) > 0, whose expected terminal wealth is E, y(T) = d for
agiven d € R, so that the risk is measured by the variance of
the terminal wealth. Namely, the goal of the agent is to solve
the following constrained stochastic optimization problem,
parameterized by d € R:

minimize  Jyry (Yo dgo 1 (+)) = By, [y (T) = d?’,
subject to  E,,y(T) = d, (53)
(y(),u(-)) admissible,

called mean-variance portfolio.

Formula (53) is a convex optimization problem; by using
a Lagrange multiplier 4 € R, we can attach the equality
constraint E, y(T) = d to the first equation of (53). In this
way, the portfolio problem can be solved via the following
optimal stochastic control problem:

P(d):
minimize  E,, {[y (T) - d)’ + 2u[E,y (1) - d|},
subject to  E, y(T) = d, (54)
(y(),u(-) admissible,

where factor 2 in front of the multiplier y is introduced in the
objective function just for convenience.

This problem is equivalent to the following:

(A(W):

minimize E,, % [y(T)-(d- Pl)]z >

subject to u(-) € L%, (0, T; R™) (55)

(y(),u() admissible,

in the sense that two problems have exactly the same optimal
control [5].

Next, we let x(¢t) = y(t) — (d — p).

Consider (A(u)):

minimize E,, [% [x (T)]z] ,

subject to  u(-) € L%, (0, T; R™) (56)
(x(-),u(-)) admissible,

and (52) is equivalent to

dx (t)
=[Ati)x () + Bt i)u(t) + A(ti)(d—p)]dt
+ icp LD uE)dW, (), telsT]
Pt (57)
x(s)=y(s)-(d-u) €R
where G, (t,1) = (01, (t,1) ..., 0, (£:1))

A(ti) € R.

WORLD TECHNOLOGIES




Viscosity Solution of Mean-Variance Portfolio Selection of a Jump Markov Process with No-Shorting Constraints 75

Problem A(y) is a stochastic optimal linear quadratic coupled
(LQC) control problem, and we can get the solution of (A(y))
by guessing the solution as a quadratic function. By making
use of the duality relationship between (P(d)) and (A(y)), see
Appendix A.2; we obtain the solution of the original problem

(P(d)).

4.1. A General Constrained Stochastic Linear Quadratic Prob-
lem. Consider controlled linear stochastic differential equa-
tion (57).

We assume that the matrix Z;=1 Gp(t, i)'GP(t, i) is non-
singular. Our objective is to find an optimal control u(-) that
minimizes the quadratic terminal cost function. Set

s, T = L% (s T;RY). (58)

Givenu(-) € %[s, T, the pair (x(-), u(-)) is admissible if x(-) €
LZOJ(S, T;R) is a solution of (57). Let

T (s, x5u()) = E,, {%x (T)Z} . (59)

The value function associated with LQC problem (57) and
(59) is defined by

Vitox)= inf T (s x50 () (60)

In Appendix A.3, and also [8], value function (60) satisfies
(8). Next, we will provide an explicit viscosity solution of (8).

Definition 5.

(i) A portfolio u(-) is said to be admissible if u(-) €
LZ(}(O, T;R") and the SDE (57) has a unique solution
x(-) corresponding to u(:). In this case, we refer to
(x(+),u(-)) as an admissible (wealth, portfolio) pair.

(ii) The problem is called feasible if there is at least one
portfolio satisfying all the constraints.

(iii) The problem is called finite if it is feasible and the
infimum of [y (X, iy, u(-)) is finite.

(iv) An optimal portfolio to the above problem, if it ever
exists, is called an efficient portfolio corresponding to
d, and the corresponding (Var x(T'),d) € R?

and (o), d) € R?) are interchangeably called an efficient
point, and the set of all the efficient points is called the
efficient frontier.

Next, we let
fitxu) = Alt,i)x(t) + Bti)u+ f (1),
g, (tx;u) =G(t,i)u, (61)
where f(t,i) = A(t,i)(d — u).

4.2. Viscosity Solution of the Coupled System. By guessing the
value function of (8) as

V, (t, x) = %P(t,i) x> +M(t,i)x+R(t,i)  (62)

we will see that the coefficients of (8) satisty the following
Riccati equation.

Definition 6. We define the system of Riccati equations as
follows

dP (t,)
dt

= [2400 - @, | -28,0 6 L)E ]

(63)
P(ti)+ Y g [P (i) - P (1)),
#i
P(T,k) =1,
dM (t,1)
dt
= [~awh - Ewo| - 280G (0 E ()]
M (t,i) — P (t,i) f (t,1) (64)
+ g [M(ti)=M(t, )],
j#i
M (T,k) =0,
dR;tt’ D _ Bt f (i) - B G (6 E®)
M ()P ) - % [E .o 37 i) Pty
(65)
+Ya;[R(ti)-R(% )]
#i
R(T,k) =0,
dP(t,i) N
T —2A (t,i) P (t,1)
+ i%,j [13 (i) - P(t, ])] s (66)
i
P(T,k) =1,
de(tt’ D A M (i) + P (i) f (5i)
+ Zn:qi,j [M (t,i) - M (t, J)] > (©7)
J#i
M (T, k) = 0,
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dR(ti)  ~— . .
Q- M (t,i) f (t,1)

+ Zqi,j [R(t.,)) -R(t. )]
J#
R(T,k) =0,

where &(t, 1) is as in Lemma A.1
Remark 7. By letting
& (i) = 24 (1) - [E )|
—2B(t,i) G (1) E(ti),
Bti) = —2A (1) - [E )|
—2B(t,1) G (i) E(ti),
V(i) = =M (%) f (1,1)
CB(i) G L) E(t i) M (t,1) P (t)
- % € )| B e, P 1)
We see that (63) is equivalent to

dP (¢)
dt

M (t) = [’o’c (1) 6;; + qij]

=M @) P (),

P >
1<i,j<n

where P (t) = (13 (t, i))
(64) is equivalent to

dM (t)
dt

N(t) = [73 (1) 6;; + qij]

=NOM®B+G®),

1<i,j<n’
G(t) = (plfl (t)"'Pnfn (t))>
M (T) =0,
where M (t) = (]\/71 (t, i))

(65) is equivalent to

dR(t) S
7~ QORM+Y®),

Q) = [%j]

1<i,j<n’
R(T) =0,

where R (t) = (ﬁ (t, i))

1<ism’

. bl
1<i<m

1<ism’
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(66) is equivalent to

dP (t)
(68) dt

H(t) = [-24, () 8, + q;]

=H@®P (),

1<i,j<n’ (73)
P(T) =0,

where P (¢) = (13 (t, i))

. bl
1<i<m

(67) is equivalent to

dM ()
dt

L(t)= [_Ai (t)6;; + qij]

SLOM®) +K(®),

1<i,j<n’
K@) = (B fy (1) B, f, 1), (74)
P(T) =0,

where M (t) = (1\7[ (t, i))

. bl
1<ism

(68) is equivalent to

dR (t)
dt

Q@)= [‘L‘j]

=QORM®+0O(®),

P b
1<i,j<n

oW = (M, f, O+ M,f, ®), (75)

R@) =0,

where R (¢) = (ﬁ (t, i))

1<ism”

4.3. Riccati Equation Magnus Approach. We will show how to
provide the solutions of (70)-(75) by making use of Magnus
method.

Proposition 8 (see [10]). Given the n x n coefficient matrix
A1),
(71)

av (1)
TR =AY (),

Y (to) =Y, (76)

where Y (t) = (Y (£,1))1<j<m

and then Y(t) = exp((Q(t,t,))Y,) which is subsequently
constructed as a series expansion

[e'e] t
Q(t,tg) = ) Qp (.t where Q =J-A1'dr
(72) ( 0) kgl k( 0) 1 ) ( )
(77)
n-1B. ct
Q, (t.t,) = Z—'J J SV (r)dr, nz2,
j=1 ]t
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where S/ is defined recursively by

sV = ni] [Q,.80 )], 2<j<n-1,
m=1

78
8511) = [Qn—17A] 4 ( )
SvY = ady ! (4),
adi‘) iterated commutator
ady A = [Q, A],
adii' A = [Q,ady Al
(79)
0
adgA = A,
keN,
and B; is the Bernoulli numbers.
Proposition 9 (see [11]).
% =M@®Y@®)+Y@)N @) +F(t),
Y (t) = Y, (80)

te[t,T],

Vvi (t>x) =

and the optimal control is given by

u
—(G@wi)) E@i) [x+7 D)), if x+7 (i) <0, (85)
0, if x+7(t,i)>0,
where
_ . M)
t,1) = = . 86
7 (t, i) R (86)
Proof. Let

T ={(t,x,i) € [0, T] x Rx N | x + 7 (t,i) < 0},
(87)
T = {(t,x,4) € [0,T) xR | x +7(t,i) > 0}.

V.t x) = %ﬁ(t,i)xz+M(t,i)x+ﬁ(t,i), if x+7(t0) <0,

V. (t,x) = %ﬁ(t,i)xz+ZT/I(t,i)x+1~2(t,i), if X471 (6i) >0

where Y (t), F(t) € CP*9, M(t) € CP*P, and N(t) € CT. The
solution of (80) is given by

Y (1) = @y (1, 19) Yoy (1) + ¥ (£ 1) (81

with

Y (t,t,) = Jt Wy (t,5) F (s) Dy (£,5) ds, (82)

Ly

where ®,,(t,t,) and O}(t,ty) are the fundamental solution
matrices of the associated homogeneous equations

D (t,10) = M (1) Dy (8,1,
D@y (tort) = I,
O (t,t,) = ®* (t,t,) N (t),

DOy (tooto) = 1,

(83)

Remark 10. By making use of Proposition 8 we get (70) and
(71)-(75) are special case of Proposition 9 when N = [Oij]nxn.

Theorem 11. The value function of (60) is given by

(84)
(i) In F{, V as given by (62) is well defined, with
v, (t, - = 5

# = %p(t,l)xz + M (t,i) x + R(t,1),

ov. (t, = =

VX _ e iyxs B (i), (88)

Ox

7V, (t,x) =~ .
2 - P(t,i).

Substituting them into the left-hand side (LHS) of (8),
we obtain

LHS = (%ﬁ(t,i) +P(Li)A(t) + %
Ya; (Pti)-P(t, j))) x° <1\7 (t,i) + P (t,i)
J#

f (i) + M (t,0) A; (t)
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+Z%Aﬁmﬂ—ﬁaﬂn>x+<ﬁmﬂ+ﬁﬂnﬂ

j#i

-fm0+Z%AﬁmD—§UJD>

J#

: g [%u'G t,1) G(t,i)u
+ B(t,1) (x+ — (t’i)>u].
P (t,i)

Let 7(t,i) =  M(t,i)/P(t,i) and, by using
Lemma Ala = —[x + 7(t,i)] > 0, it follows
that the minimizer of (89) is achieved by

(89)

W == (G@wi)) Eti) [x+7 ()], (90)
Substituting u* (¢, x) back into (8) and noting (63)-
(65), it immediately follows that LHS = 0.

Now, we will show that V is a viscosity subsolution.
Let ¢; € C*(@) .’:Eld choose (,%) € argmax{(Vi -
@) (t, x) | (t,x) € @} N @; then,

og; (6%) _ ACE)

ot ot
0p,; (£,%) 0V, (£%)
ox  ox
_ (91)
o’ (Vi - ‘Pi) - _
T (t, x) <0=
1T 7 = P
P — oV, (t.X) < o'g: (t.%)
! 0x? 0x2
and we obtain
0=0,V,(t,x)
+inf {25, (5.u)7,(5.u) DIV, (%)
+ 1,650 DY, 69} - Yay [7,65)
i
-V, (£%)] <99, (%) (92)

+inf {37,650 g, E%0) Dlg, (.5)

S AGEIMIAGEIE YA AGE
j#i

-V;(59)].

Hence, V; is a viscosity subsolution.
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(i) In T}, we proceed similarly with

8Vi(t,x) _ 1« N . 5 .
3 —2P(t,z)x + M (t,i) x + R(t,i),
M:P(t,i)x+ﬂ(t,i), (93)
ox
PV (t,x) =
— i _P(ti).
32 (t,1)

Substituting them into the left-hand side (LHS) of (8),
we obtain

LHS = <%13(t,i)+f>(t,i)A(t,i)+%

g (13 (t,i)— P (t,j))> X (A’Z (t,i) + P (t,i)

JHi

- fi (£) + M (t,i) A (t, i)

+ ¥g, (R(t.i) -R(t,j))>x+ (ﬁ(t,i) + Mt gy

J#i

< f @0+ Z%‘j (R (t,i)- R (t»j))>

JH

. 1 ! o/
}41‘211(; |:51/l G(t,l) Gi (t)u

+B(t,i)<x+ ?(t’i))u].
B(ti)

Since o = —[x +7(¢,7)] > 0, the minimizer of (94) is

u’ =0. (95)

Substituting u” into (8), it is easy to show that vV
satisfies HJBC equation (8) in I,.

Now, we will show that V is a viscosity subsolution.
Let ¢, € C*(@) and choose (f,%) € argmin{(\~/i -
@)t x) | (t,x) € @} N @; then,

o¢; (£,%) ~ v, (£, %)
o0 ot

o¢; (,%) B 8\7,- (£,%)
ox a ox
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ig%ﬁQ@aZMz

27 (7 = 2 T =
5 _PV.ED) | P96

T ox? Ox?
(96)
and we obtain
0=9,V, (%)
+inf {37, €507, (E%.0) DIV, (0.5)
+ f,(£%,u) DV, (£, % } qu] [V (£ %)
JHi

-V (?JC)] 20, (£, %) (97)

+inf {25, (0 %0)5, (0 %u) D9, (%)

+ f, (£.%,u) ¢; tx} qu] [V (£, %)

J#i

Hence, V, is a viscosity supersolution.
We see that the value function V' is a viscosity solution.
Remark 12. we see clearly that 9*V(t, x,i)/0x> does not exist

in @, since P(t,i) # P(t, ). For this reason, we are required to
work within the framework of viscosity solutions. O

)

u = (uy,..

Theorem 13. The optimal investment strategy to the problem
A(p) is given by (101).
6. Efficient Frontier

Since x(t) = y(t) — (d — u), we obtain the solution of the
original problem P(D). Hence, for every fixed y, we have

min Ety{%[y(T)—d]2}+‘u[Etyy(T)—d]

u(-)eX[0,T]
1,
= min E, { x(T)}—2

(-)e[0,T]

. {—(UUJY)1§UJﬂy+(d—y)+ﬁUJﬂ,
0)

5. Efficient Strategies

Consider x(t) = y(t)—(d—p). The problem A(y) is equivalent
to the following problem:

min E,, [%x (T)]
dx (t)
= [A(t,i))x(t) + B(t,i)u+ f (t,i)]dt (98)
+ G (t, i) udW (t),
-(d-u),

where u(-) € LZOJ(O, T; R’") and

tel[sT]

x(0) =y,

Al(t,i) =r(ti),
(b (i) -7 (t,d),...,
fti)=(d-u)r(ti),

G (t,i) = (0, (t,0),...,0,, (t,0)).
Now, corresponding to (A.3), set

B(t,i) = b, (t,) — 7 (1,1),

(99)

7; (t) = argmm - ”(T(t AR
7(t,i)€[0, oo)"‘
ro(ti) (b6 -r D (100

0,(t) =0, (t) ' (i) + 0, 1) (b(t,i) —r(t,i)1).

5.1. An Optimal Strategy. We present the optimal investment
strategy for the problem A(y). The optimal control obtained
in (85) translates into the following strategy:

if y+(d-p)+7(ti) <0, 101)
if y+(d—p)+7(ti) > 0.

=V, (0,x) - %yz.
(102)

Hence, the value function of P(D) is given:
1 2 1~ . 2
V, 0.%) = 54" = (5P (0i) [y - (@ - )]
— S 1
# M (0,i0) [ - (d - )] + R(0.ig) - 547

1~ . 2
"1y d-pi<o T (EP (0,40) [y = (d — 1]
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+ M (0,00) [ - (@ = 0)] + R (0.7) - 54°)

"1 (@i >0-

(103)

u' = {_(U(t)i)l)_lé(t)i) y+(d=p)+n@wil, if y+(d-p)+nti) <0,

0:

Moreover if

uo= argmax ((%T’(Os io) [y — (d - w)]”

+ M (0,00) [~ (@ = 0)] + R (0.) - 547

1=, . 2
"1y @-wii<o T (EP (0,40) [y — (d = )] (105)
_ N
+ R (0,i0) [0 - (d = )] + R(0,i0) = 54
-1 y+(d7;4)+ﬁ(t,i)>0>
exists, the efficient frontier is given by
L,
Var y (T) = V (0, x,4,) — S %, (106)

7. Concluding Remarks

We analyzed mean-variance optimal portfolio selection for
a market with regime switching. The formulation allows
the market to have random switching with no-shorting
constraint. Using techniques of stochastic linear quadratic
control and the notion of viscosity solution, mean-variance
efficient portfolio and efficient frontiers are derived explicitly
in closed forms in terms of some systems of Riccati equation
for which the solutions are provided by making use of the
Magnus approach. The numerical application is in progress
and it will be the subject of a new research paper.

Appendix
A. Useful Formulas

A.1 Convex Analysis

Lemma A.1 (see [5]). Let h be a continuous, strictly convex
quadratic function

h(z(ti) = 1, t,i) D (t,i) D (t,i) z (1, 1)
2 (A1)

— aBz (t,i)
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Note that the above value still depends on the Lagrange
multiplier y. To obtain the optimal value function, one needs
to maximize the value of y in (103).

Proposition 14. The efficient strategy of portfolio selection
problem (50) corresponding to the expected terminal wealth
E,, y(T) = d, as a function of time t and wealth y, is

(104)
if y+(d—-p*)+n(ti)>0.

over z(t,i) € [0,00)", where B' € R”, @, € R™" and
D'(t,1)D(t,7) > 0.

For every « > 0, h has the unique minimizer
aD(t, i) E(t,i) € [0,00)™, where

Ehi) = (2w)) 2w+ (20)) @, (A2
where
Z(t,i) = arlll - “((9 1)) z (i)
z(t,i)€[0,00)™ (A3)

+H(@@))) B

A.2. Duality Method
Lemma A.2 (see [12]). The strong duality relationship holds
between (P(d)) and (&/(u)) in the following sense,

7 (P()) = max 27 (o (W) -}, (a4

where 7/(-) denotes the optimal value of problem (-).

A.3. Dynamic Programming and Random Evolution with
Markov Chain Parameters. Here we sketch a proof of
equation (8); for more details please see [8].

Let () be a finite state Markov chain, with state space a
finite set .. we regard «(t) as a parameter process. On any
interval where «(t) = « is constant, x(t) satisfies the ordinary
differential equation

dx =pu(t,x(t),u(t),«(t))dt
(A.5)
+o(t,x(t),u(t),a(t))dw(t)

and we assume that u(t, x(t), u(t), «(t)) and o(t, x(t), u(t),
a(t)) satisfy the conditions
(@) lp (&, x (1), u(t), a())] + |p (£, x(8), a(t))] < C,
lo (£, x(6), u(t), a()| + o (¢, x(£), u(t), a(t))| < G
(i) |p(t, x(@), u(t), a(t))] < C(1 + |x| + |ul);
(iii) |o(t, x, u(t), a(t))| < C(1 + |x| + [u]),
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foreachaw € M. Lets <t < T,andlett) <7, <+ < 1T,

denote the successive jump times of the parameter process

a(t) during [s, T]. Welet 1, = t, 7,,,, = T, and define x(t) by
dx=p(t,x(t),u(t),a(r))dt

+o(t,x®),u),a(r,))dw(t) (A.6)

T, <t< Ty, i=0,...,m,...x(s) = x,

with the requirement that x(:) is continuous at each jump
time 7;. The process x(s) is not Markov. However, (x(t), a(t))
is a Markov process, with state space £ = R x .. For each

O(t, x(t), a(t)) such that O(-, -, ) € C*(@), we have
A D (t, x,1)

= lim W E, @ (t+hx(t+h),i)—®(tx,i)]

1
=, (t,x,1) + 50 (t, x,u,i) D2 (¢, x, 1)

(A7)
+u(t, x,u,i) D, O (t, x,1i)
+ ;p (64, ) [@ (6%, /) - @ (1, x,1)] -
j#i
Dynkin formula is
E, @ (t,x,i) - D(t,x,1)
(A.8)

t
- E, J AP (s,x (s) & (5)) ds,
t

where p(t, x, y) represents an infinitesimal rate at which x(f)
jumps from x to y:

p(t,i,j)=11113(1)h*1p[x(t+h)=j|x(t)=i] o)
A9
=q;; (t).

Criterion to Be Optimized. The control problem of a finite time
interval t < s < T is to minimize

T
] =E,, {L L(s,x(s),u(s))ds+yx (T)]» (A.10)

in our case the Lagrangian L(t, x,u) = 0, that is, the Mayer
form.
The value function

Vi(t,x) = irc1f] (t, x, i; control) . (A1)

Bellman’s Principe of Dynamic Programming. This states that
fort<t+h<T

Vi (t,x) = iléf E. V({t+hx(t+h),i). (A.12)
If we take constant control u(s) = vfort <s <t +h,
V. (t,x) <E,V(t+hx(t+h),i), (A.13)

we substract V (¢, x, i) from both sides, divided by A, and let
h— 0:

lim i [E,V (t + hx (t +h),i) - V (£, x,i)]

x—0*
= xli_}rgh*l[Etx LHh AV (s,x(s),i)ds (A14)
= AV (t,x,1).
Hence, forall v € U,
0< A"V (t,x,10). (A.15)

On the other hand, if u” is an optimal Markov control policy,
we should have

Vi (t,x) = E, .V (t+h,x" (t +h),i), (A16)
where x"(s) is the Markov process generated by AY A
similar argument gives, under sufficiently strong assumption
(including continuity of u™ at (¢, x)),

0=AYV(t x,i). (A.17)

Inequatlities (A.15) and (A.17) are equivalent to the dynamic
programming equation

0= rvnellrle V(t,x,1). (A.18)
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We provide a theoretical framework to study how criminal behaviors can be treated as an infectious phenomenon. There are two
infectious diseases like models that mimic the role of convicted criminals in contaminating individuals not yet engaged in the
criminal career. Equilibrium analyses of each model are studied in detail. The models proposed in this work include the social,
economic, personal, and pressure from peers aspects that can, theoretically, determine the probability with which a susceptible
individual with criminal propensity engages in a criminal career. These crime-inducing parameters are treated mathematically and
their inclusion in the model aims to help policy-makers design crime control strategies. We propose, to the best of our knowledge
by the first time in quantitative criminology, the existence of thresholds for the stability of crime-endemic equilibrium which are the
equivalent to the “basic reproduction number” widely used in the mathematical epidemiology literature. Both models presented the
phenomena of backward bifurcation and breaking-point when the contact rates are chosen as bifurcation parameters. The finding of
backward bifurcation in both models implies that there is an endemic equilibrium of criminality even when the threshold parameter
for contagion is below unit, which, in turn, implies that control strategies are more difficult to achieve considerable impact on crime

control.

1. Introduction

There is now substantial support in the specialized literature
on economics, sociology, criminology, and social psychology
to the attempts to explain how and why an individual’s
propensity to engage in criminal behavior is influenced
by his/her social context [1]. One interesting metaphor is
the one that states that criminal behavior is contagious or
that individuals can be susceptible to what economists call
endogenous effects [2]. According to this effect, the social
milieu in which individuals live may change the individual’s
propensity to engage in that same criminal behavior as their
peers [3, 4]. In addition, the individual’s criminal behavior
can be affected by other attributes of his/her neighbors,
like in the “role model” theory [5] or the peer pressure
to maintain local order [6]. Moreover, the institutional
or other characteristics of neighborhoods, including crime

prevalence, may induce criminal behavior in susceptible
individuals [7].

However, in spite of the large theoretical literature on
whether or not crime is contagious, the empirical support
for this hypothesis is still limited. Some authors (see [8, 9])
reported an excess in the variation in crime rates across areas
which cannot be explained only by the variation in standard
sociodemographic determinants of criminal behavior. This
suggests that social interactions are more important for less
serious than more serious crimes. In a famous study, Crane
(1991) (see [10]) showed that in the presence of endogenous
residential sorting such reports may be biased by the causal
effects of environmental and some individual or family
characteristics on the selection of the neighborhood. As
pointed out by Kling and Ludwig (see [1]), however, even in
the absence of the biased selection problem, it would be very
difficult to determine which of the theoretical perspectives
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above are responsible for any observed neighborhood effects
on criminal behavior.

The influence of others’ behavior on criminal offences
of susceptible individuals is called “behavioral contagion”
[11, 12]. Behavioral contagion has been defined as the spread
of any attitude or behavior from one individual or group
of individuals to another individual or group of individuals
throughout a social network of varying structures [11].

Social contagion arises among people interacting in social
structures of diverse nature [13-15]. In such interactions
information, behavioral innovation, belief, or meme is trans-
mitted in a similar way to infectious diseases spread in groups
of susceptible individuals [16]. Contagion occurs when sus-
ceptible individuals interact with contagious people in such a
way that this interaction results in a new case [17]. In social
networks, contact is defined by the communication and/or
imitation of influential processes that make transmission
potentially effective (see [13] pp. 1288-1289).

The social contagion theory of violence describes the
spread of criminal behavior as similar to the spread of
infectious diseases [18]. In such a context, the contagious
nature of criminal behavior can be understood, described,
and analyzed with the tools developed for studying infectious
diseases spreading, in particular the use of mathematical
models [19]. However, in contrast with directly transmitted
diseases, the infectivity of violence does not require direct
contact between susceptible and infected individuals.

In this paper, we provide a different approach to the con-
tagious effect of criminal behavior in susceptible individuals.
Rather than considering direct contagious effect by the social
environment, we consider a contagious effect by criminals
already convicted and who control criminal activities from
inside prison, a common effect of some countries like Brazil.

The advent of organized crime in Brazilian prisons,
especially in the state of Sdo Paulo, and its role in the
contagion of criminality to susceptible individuals outside the
prisons constitute the object of this article. The gang leaders
the Capital’s First Command (PCC, Primeiro Comando da
Capital) (see [20]) unleashed a series of attacks in May 2006,
resulting in deaths, brought cities to a halt, and cornered
authorities in charge preventing them from applying law
and order and these are the starting as well as reference
points taken. In addition, the gang leaders were sustained
by an organization maintained by a hierarchical structure
of disciplined and obedient employees capable of executing
orders without questioning them. Operating from a base
of support networks disseminated in distinct mobile points
throughout the state, they revealed that they had an able and
agile communication system among leaders, followers, and
those who took orders, through protected channels barely
permeated by external interference by means of cell phones,
telephone exchanges, and carrier pigeons [21].

Criminal contagion from inside the prison system of
Brazil to outside susceptible individuals with criminal
propensity will be considered as an infectious event in a
dynamical system context. The models proposed in this work
include the social, economic, personal, and pressure from
peersaspects that can, theoretically, determine the probability
with which a susceptible individual with criminal propensity
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engage in a criminal career. These crime-inducing parameters
are treated mathematically and their inclusion in the model
aims to help policy-makers design crime control strategies.

2. The Models

The models presented here are based on the criminal activity
within a population in an effort to understand how the
criminal careers change and evolve over time. We assume
a population-based approach, similar to those models of
the spreading of infections that confer temporary/permanent
immunity. By introducing the key epidemiological concept
of a threshold from mass action law [22, 23], we illustrate
the fundamental relationship between incarceration and
recidivism within a population and use it to show how the
criminal activity could be controlled to reduce the likelihood
of an individual to engage in a criminal career. We compute
and analyze this threshold considering the spread of the
crime and the dynamics of incarceration and recidivism.
Keeping in mind both the threshold and the perspective of
criminal dynamics, it is possible to evaluate what programs
of rehabilitation or prevention contribute to the reduction of
the recidivism and the number of contacts among individuals
susceptible to crime, offenders, and ex-offenders.

In epidemiology theory, the core groups are conceptual-
ized as being the individuals in a population who will infect
more than one person over the duration of infection. Core
groups are recognized as playing a central role in sustaining
the infection in a population and interventions targeting
these groups are central to an effective prevention response.
Building on this, we extend the concept of core groups to the
inmate population.

Especially in inmate population, most criminality is
found among core groups and the criminality will only
become more generalized if the contact spreads throughout
other networks. Hence, it is very likely that incarcerated
individuals will contact those susceptible individuals who
have never been incarcerated but have an intrinsic criminal
propensity. The basic problem is to find out when this contact
occurs, who regulates contact, what types of contact are
feasible and desirable, and what are the effects of contact (or
lack thereof) on susceptible individuals.

In this way, the total population size, denoted by N(¢),
is then characterized by three classes: susceptible (S), incar-
cerated (C), and desisting (D) individuals. We specify first-
time (i = 1) and multiple-time (i = 2, 3,...,n) incarceration by
adding subscripts to model variables and parameters.

2.1. The Partially Contagious Criminality Model (PCCM)
Formulation. Let the susceptible in core group population
be divided into two categories: S, those individuals who
have a criminal propensity but have never been incarcerated,
not criminally active but susceptible to crime, and S;, those
individuals susceptible to criminal activities who were once
incarcerated (S;) and those susceptible who were multiple-
time incarcerated (S;, i = 2,3,...,n) and became criminally
active again. Similarly, let the incarcerated population be
divided into two categories: C,, those who are first-time
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incarcerated, and C; (i = 2,3,...,n), those who were multiple-
time incarcerated at a given time. Finally, D, represents those
individuals who have a criminal propensity but desisted from
criminal life either by their own or as a result of early inter-
ventions when discharged out of prison (desisting offend-
ers/criminal desisters), and D; (i = 1,2,3,...,n) represents
those individuals who were either first-time or multiple-time
incarcerated but desisted from criminal behavior (desisting
offenders/criminal desisters) due to variety of reasons.

It is assumed that individuals susceptible to the crime
So move to either incarcerated (C,) or desisting (D) class.
The rate of initial participation in crime (§,) at which
individuals move from state S, (not criminally active) to
C, (criminally active and incarcerated) is proportional to
intrinsic criminal propensity of individuals. It is also assumed
that special intervention programmes (y;) may change their
basic propensity traits and affect the decisions to engage in
crime [24]. As a consequence, we should expect that certain
interventions discourage participation in crime, resulting in
desistance from criminal activity and reintegration back into
society. Primary prevention is an attempt to reduce the risk
of behaviors that potentially lead to incarceration. This point
is one of the great interests here.

The average length of the primary incarceration term is
given by 1/7,; that is, the rate at which inmates move from
state C; to S; (formerly incarcerated but not criminally active,
i.e., ex-offenders) is 7. In the same way, the average length of
the multiple incarceration term is given by 1/7,, with 1/7, >
1/1,.

It is worth mentioning that the representation of the
cycles of criminal dynamics, with a focus on modeling the
recidivism process (criminal careers), could be extended
including S;, C;, and D; (i = 2,3,...,n). However, we do not
intend to develop complex models that account for these
cycles and we will explore two cycles only (i = 1,2).

In addition, it is assumed that the recidivism prevention
takes place during incarceration and after release back into
society. Its purpose is to reduce the risk of an individual
reoffending and eventually returning to the prison system.
However, some individuals may resume criminal activity
very soon after being released from prisons depending on
having contact with those individuals still incarcerated and
criminally active. It should be mentioned that Walsh and
Graig (see [25]) indicated that recidivism is also called falling
back into a previous criminal behavior.

We also define f3; (i=1,2) as the rate of imprisonment,
which captures the return to criminal activity of the indi-
viduals released from prison, such that 3, and f3, describe
the rates with which individuals engage into criminal activity,
depending on having had any contagious contact with those
incarcerated criminals. They are analogous to the effective
contact rate in infectious diseases models.

Finally, u is the natural mortality rate and g; (i=1,2) is the
incarceration-related additional deaths rate (inmate mortal-
ity rate can be caused by illness, such as AIDS-related, suicide,
accidental self-injury, execution, or any other unspecified
cause). Moreover, since the model monitors human popu-
lations, all parameters are assumed as nonnegative. We also
assumed homogeneous population without any differences in
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FIGURE I: The flow diagram for the low-high criminality model (1).

age or in crime type occurrences. In addition, we used the
number of incarcerations as a proxy for reoffending.

The flow diagram of the PCCM for two stages is depicted
in Figure 1. The variables and parameters are described in
Tables 1 and 2, respectively.

Combining the above derivations and assumptions, it fol-
lows that the model for transmission dynamics of criminality
for two stages is given by the following nonlinear system of
differential equations:

% =A— (8 +70+1) S,
% = Y0So — 4Dy
% =88, — (n +pu+a)C
% =1,C, - (n +m) S, - B,C,S,
@
% = 1S —uD,
% =(BS; + B:S,)C, — (1y +u+a,) Cy
% =1,C, - B,CoS, — (1, + 1) S,
% =125, — 4D,

with generic initial conditions Sy(0) > 0, D,(0) > 0, C,(0) >
0,5,(0) = 0, D,(0) > 0,C,(0) > 0, S,(0) > 0, and D,(0) > 0.
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TaBLE 1: Models variables and their biological meaning.

Variables Description

So Individuals not criminally active but susceptible to crime (core group)

C, First-time incarcerated individuals

S First-time ex-offenders individuals who are again susceptible to crime

D; Individuals who desist from criminal behavior (i = 0,1,2) (desisting offenders/criminal desisters)

C, Individuals who were two or multiple times incarcerated (recidivists, reoffenders)

S, Second-time ex-offenders individuals and susceptible to crime (at least two incarcerations)
TABLE 2: Models parameters and their biological meaning.

Parameters Description

A Rate of recruitment of individuals into the core group

I Basic flow to the criminality (time™) (criminal propensity)

By Rate of cooptation of first-time ex-offenders (contact rate between C, and S;)

B, Rate of cooptation of second-time ex-offenders (contact rate between C, and S,)

Yo Rate of early desistance from crime

M Rate of desistance from crime when in the first cycle

Vs Rate of desistance from crime when in at least the second cycle

U Natural inmate mortality rate

a Additional inmate mortality rate when in C,

a, Additional inmate mortality rate when in C,

T, Release rate from incarceration of first-time offenders

T, Release rate from incarceration of at least second-time offenders

By summing up the above equations, the total population size
N(t) is variable with

dd_I;] =A—MN_a1C1 _a2C2 (2)

Thus, in the absence of additional inmate mortalities, that is,
a, = a, = 0, the population size evolves as an immigration
model with natural mortality, that is, according to dN/dt =
A — uN. This equation has a single equilibrium N = N(0) =
A/u for any initial value of N(0). Thus, in the long run, the
population size settles to this constant value. It follows from
(2) that lim,_,  N(t) < A/u = N(0).

The differential equation for N implies that solutions of
(1), starting in the positive orthant R?, either approach, enter,

or remain in the subset R defined by

Q = {(S0 Dp> C1> 81, D1, Cy, 8, D;) € RS = Sy + D,

©)
+C1+SI+D1+C2+SZ+D2SN(O)}.

Thus it suffices to consider solutions in the region Q. Solu-
tions of the initial value problem starting in Q) and defined
by (1) exist and are unique on a maximal interval [26]. Since
solutions remain bounded in the positively invariant region
Q, the initial value problem is then both mathematically and
epidemiologically well posed [27]. Hence, it is sufficient to
consider the dynamics of the flow generated by model (1) in
Q.

2.2. Analysis of the PCCM Model. In this section, system
(1) is qualitatively analyzed to investigate the existence of
its equilibria [28] and the control strategies of its dynamical
behavior.

From system (1), with the right-hand size equal to zero, it
can be seen from the first five equations that the coordinates
of the equilibrium point are given, respectively, by

g - N
’ (8 + 70 + !4)’
D, = %so,
c=—% (4)
(i +u+a)
_ 7,8,
(rp+u+a) (u+y+BGCy) ’
D, = s,

U

Moreover, from seventh and eighth equations of system
(1), we obtain

7,C,

Sy = —22
2 Bty +BGC

(5)
D, = 2,
U

WORLD TECHNOLOGIES




Contagious Criminal Career Models Showing Backward Bifurcations: Implications for Crime Control Policies 87

From the sixth equation of system (1), one gets

(i) C, =0,

(ii) C, # 0, which implies 3,S; + 3,S, — (1, + p+a,) = 0.

If C, = 0, model (1) has a low-criminality equilibrium
P, = (Sy, Dy, C},S;,D;,0,0,0) which indicates the existence
of offenders who are incarcerated only once in life (C, ), given
by

A
CGtntw)
DO = ESQ,
U
1
C,=—29% 8.
' (r, +u+a) ’ (6)
_ 7,8
(+u+a)(u+n) ”
D, = Xs,.

U

To determine the stability of this equilibrium, the Jaco-
bian of system (1) is computed and evaluated at P,. Hence, the
low-criminality equilibrium P, = (S, Dy, C, S, Dy, 0,0, 0) is
locally asymptotically stable if R} < 1, where R}, defined as
Criminality Reproduction Number (CRN), is given by

B
R, = — 7
with

(+u+a)(urp)(m+u+a)

8
76080 ®

B =

Note that, in analogy to the spread of infectious diseases
models [29], the CRN, R}, represents the “average expected
number of new offenders originated by a single persisting
offender C;, whilst in a criminal career.” In other words,
one person C; who was incarcerated two times gets into
contact with S; susceptible individuals, just released from
first imprisonment, successfully and induces R persons to
commit crime. In other words, R is the average number of
individuals who commit crime influenced by one inmate C.

For C, # 0, that is, for 3,5, + 5,S, — (1, + p + a,) =0,
replacing both expressions for S; given by (4) and S, given by
(5), an expression for C, = C; > 0 is obtained as

b, (C})* +b,C; +b, =0, 9)
where

by =B, (u+a,).
b=p+y)(n+u+a)
(u+ay)

ﬁz”@&ii:ﬁ+(Tz+M+%)]_RT}’ .

by=(u+y)(u+1)(n+u+a)(1-R]),

Let us now determine the conditions under which the
quadratic equation (9) has positive real roots; that is, we
search for the existence of multiple equilibria of system (1).
However, the expression for the discriminant of the quadratic
equation (9) is very complex, so we will analyze the signs of
its coefficients to ensure the existence of real solutions. Thus,
the conditions under which this equation has either one or
two positive real roots can be determined, and these results
translated into nontrivial equilibrium of system (1) which is
biologically feasible (i.e., positive).

Hence, substituting the positive real solutions of the
quadratic equation (9) (i.e., positive values of C;) into the
expressions in (5), model (1) has a high-criminality equilib-
rium, P, = (Sy, Dy, C;,S;,D;,C5,S5,D;), where there is
coexistence of both offenders C, and C;, given by

7,8y

S’ = S

' (ry +u+a)+(u+y)+BCs °

* Y1 *
D; = =§;

U
(11)

S* _ TZC;

P (utn) +BC
D = %S;‘,

with S, Dy, and C, given by (6). Thus, the following result is
then established.

Theorem 1. Model (1) has
(i) a unique positive equilibrium P, ifby < 0 < R; >
L;
(ii) a unique positive equilibrium P, if by = 0 and b; < 0;
(iii) two positive equilibria, Py, if by > 0 and b, < 0 and
b} - 4byb, > 0;

(iv) no positive equilibrium, otherwise.

Since all model parameters are assumed as nonnegative,
it follows from (10) that the coefficient b, is always positive,
by < 0 for R} > 1and b, > 0 for R} < 1. Thus, it is clear from
Theorem 1 that model (1) has a unique positive equilibrium,
P,, when b, < 0, that is, when R} > 1 (case (i)).

Now, for b, > 0Oand R} < 1, the quadratic equation (9) has
two positive solutions if b, < 0 and b} — 4b,b, > 0 (case (iii)).
Hence, assuming that (9) has two positive real solutions, let
C, and C; be the smaller and higher value of CJ, respectively.
Translating it into equilibrium of system (1), the question is to
address what means the positive high-criminality equilibria
P, for R} < 1.Itis important to note that, in this case, system
(1) can have two equilibria, which are biologically feasible,
even though R} < 1. This idea is explored more deeply below.

It is instructive at this point to explore some qualitative
features for R} = 1and R} > 1. Firstly, for R} = 1, it follows
that b, = 0; the quadratic equation (9) has either a unique
positive root (if b, < 0) or no positive root (if b, > 0). In
other words, for R; = 1 and b; < 0, model (1) has a unique
positive high-criminality equilibrium given by P, (case (ii)).
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Moreover, note that when 5, = 0, we have b, = 0 and
by = (u+7,)(1, + p + a,) ;. Thus, if R} > 1, then

C; (B, =0) = % (& - 1), w)

and model (1) has a unique positive high-criminality equilib-
rium, Py, for 3, = 0.

For 8, — oo, wehave b = (u+ p))(1, + u + a,) B, [(u +
a,)[(1y + u+a,) — Rl and b, = B, B,(u + a,) with b, < |b|
and b, < b, such that

C; (B, — )
_ (u+y)(m+u+ay) R - (p+ay) (13)
B (u+ay) ' (ptpta) ]’

and C; > Oifonlyif R > (4 +a,)/(1, + 4 +a,). Thus, model
(1) has a unique high-criminality equilibrium P, if 3, — oo.

Unfortunately, this high-criminality equilibrium cannot
be studied from its closed form, so we carried out its local
stability using numerical methods. The results are provided
next.

Finally, if (i), (ii), and (iii) do not occur, then there are no
endemic equilibria for system (1).

In what follows, model (1) admits two realistic scenarios:
the best-case scenario, where offenders were incarcerated
once and it is still possible to fight crime and recidi-
vism is given by the low-criminality equilibrium P, =
(Sg> Dy» Cy, 81, Dy, 0,0, 0), and the worst-case scenario, where
the offenders were incarcerated at least once (recidivism),
which can potentially lead to increased criminal activ-
ities, given by the high-criminality equilibrium P, =
(Sp- Dy C ], D} 315, D).

Having found the scenarios in which there exist the
equilibria for system (1), it is instructive to analyze whether
or not these equilibria are stable under any of these scenarios.
Moreover, together with the CRN, R (see (7)), and the
parameter f3,, we see that each scenario can be used as a
check for the existence and the stability of the equilibria.
Another crucial question is which of the two incidence rates
B, and B, is more likely to affect the criminal dynamics in
general and criminal contacts in particular. These points are
of great interest here and we then explore how our model
behaves under control strategies when Ry < 1. We fix f3,
and explore the system behavior by varying f3;. We also
explore what happens when we fix 3, while f3, is varied. These
control measures are designed to fight recidivism. In both
cases, the recidivism will depend upon the initial sizes of the
subpopulation C, and indicate the possibility of backward
bifurcation.

Firstly, it is worth remembering that the quantity f3,
measures the average number of new contacts generated
by a typical incarcerated individual C, with those suscep-
tible individuals S; who are ex-offenders and can become
susceptible to the crime again. f3,, in turn, measures the
average number of new contacts generated by C, with those
individuals S, who were reoffenders (recidivist behavior) and
are susceptible to the crime once again.

Applied Mathematics: Principles and Techniques

In this way, there are two groups of offenders: those
who are under much lower risk, most of whom will go to
prison once and not come back (ex-offenders), and those who
repeatedly do crimes and come back multiple times to the
prison (reoffenders). The strong implication of the findings
is that individuals who are incarcerated are extremely likely
to reoffend once they are free.

Note that when system (1) has a small influx of reoffenders
(C,), it does not generate high criminality rates and, for
R} < 1, it is still possible to minimize the spreading of
crime (best-case scenario). We will see that, in this case,
the corresponding low-criminality equilibrium P, could be
locally asymptotically stable. On the other hand, the criminal-
ity will persist and increase if R} > 1 (worst-case scenario).
In this case, the corresponding high-criminality equilibrium
P, could be locally asymptotically stable. This phenomenon,
where the possibility of fighting the spread of the crime is lost
and the criminality is potentially active, that is, where P, loses
its stability and a unique P, appears as R increases through
one, is known as forward bifurcation in epidemiology.

For models that exhibit this type of bifurcation, the
requirement R} < 1 is necessary and sufficient for the high-
criminality elimination. In contrast, other models undergo
another type of bifurcation, known as “backward bifurcation”
in epidemiology, where two equilibria P, and P, coexist with
the low-criminality equilibrium, Pj; that is, there are three
steady states when R; is immediately less than one. Thus, the
requirement R; < 1 is necessary but is not sufficient to fight
the spread of crime.

2.2.1. Analytic Strategy: [3, Fixed with [, Increasing. The
physical implication of backward bifurcation is that the C,
population can engage in a high criminality level even when
R} crosses unity downwards. In other words, in the presence
of recidivism, decreasing R; below one is not a sufficient
condition to make the criminality level decrease. This has
very important consequence for crime control, as will be
discussed later in this paper.

To check the possibility of backward bifurcation in model
(1), it is necessary to know other subthreshold, and we will
refer to this limit point, as expressed on the R} scale, as Rtlh’.

Hence, for R} < R, system (1) will present only the locally
asymptotically stable low-criminality equilibrium P,. For
R}, < R] < 1, system (1) will present the locally asymptot-
ically stable low-criminality equilibrium P, plus two positive
high-criminality equilibria, P; and P, , which will correspond
to the solutions of (9): C,, the higher solution, which
corresponds to the stable equilibrium, and C;, the smaller
solution, which corresponds to the unstable equilibrium.

Although the critical value of the bifurcation could not
be found analytically due to the high dimension of system
(1), this task can be performed numerically. In this way, our
simulations show that there exists a critical value R, < R} =
1, where model (1) undergoes backward bifurcation.

A schematic diagram of the backward and the forward
bifurcations for system (1) is given in Figure 2, where f3,
is chosen as a bifurcation parameter; that is, we fixed f3,,
whereas f3; increases.
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0.347; (b) 8, = 500,

B, = 5.845,and R = 0.378; and (c) B, = 50, B, = 11,and R{"" = 0.712. Forward bifurcation for (a) 8, = 17.7, B, = 15.45,and R/ = R} = 1
and (b) 3, = 10.0, B, = 15.45, and R"" < R} = 1. Parameters’ values used are as given in Table 3.

Figure 2 shows the profile of the proportion of
both reoffenders C; (solid curve) and C, (dashed
curve) as a function of R; with decreasing values of
B, = 1000; 500; 50; 17.7; 10 (year™') as R} increases
(i.e., as B, increases). The solid curve stands for the stable
high-criminality equilibrium, Cj, and the dashed curve
stands for the unstable high-criminality equilibrium, C; . For
B, = 1000 and 3, = 5.371, one has R = 0.347. Thus, for
0.347 < R < 1, model (1) has two positive high-criminality
equilibria, while for R{ > 1, model (1) has one positive
high-criminality equilibrium. Similarly, for 8, = 500 and
B, = 5.845, one gets R = 0.378. Thus, for 0.378 < R} < 1,
model (1) has two positive high-criminality equilibria, while
for Rf > 1, model (1) has one positive high-criminality
equilibrium. For 8, = 50 and f3; = 11, one gets Rtlhr =0.712.
Thus, for 0.712 < R; < 1, model (1) has two positive
high-criminality equilibria, while for Rf > 1, model (1)
has one positive high-criminality equilibrium. Finally, for
B, = 17.7 and B; = 15.45 and for 3, = 10.0 and f3; = 15.45,
we have R/ < R} = 1, and the model has one positive
high-criminality equilibrium for R; > 1 and no positive
equilibrium for R| < 1. Consequently, model (1) exhibits the
forward bifurcation at R{ = 1. As it should be expected, it

TABLE 3: Baseline values for model (1).

Variable Description

A 0.015 (years'l)
I 0.02 (years™)

B variable (years™)
B, variable (years™)
Yo 0.2 (years™)

" 0.1 (yearsil)

Y, 0.08 (years’l)

Ho 0.015 (years'l)

a, 0.03 (years'l)

a, 0.025 (years'l)

T, 0.2 (years™)

T, 0.1 (years™)

can be seen in Figure 2 that Rtlh' increases with increasing f3,
and a greater reduction in recidivism prevalence is recorded
for decreasing values of f3,.

As stated earlier, the physical significance of the phe-
nomenon of backward bifurcation is that the classical require-
ment of R{ < 1 is no longer sufficient for avoiding the
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FIGURE 3: For B, = 11, 8, = 50, and R < R} < 1. The other parameters’ values are given in Table 3. Profile of the population of reoffenders
(C,). (a) If the recidivism is low (or C,(0) small), then the equilibrium point P, is locally asymptotically stable; (b) if the recidivism is higher
(or C,(0) large), then the equilibrium point P, is locally asymptotically stable.

recidivism prevalence, as it is for the forward bifurcation. In
such a scenario, the recidivism would depend on the initial
sizes of the subpopulation C, of the model. That is, the
presence of backward bifurcation in model (1) suggests that
the possibility of avoiding the recidivism event when R} < 1
could be dependent on the initial sizes of the subpopulation
C,. This scenario is illustrated numerically in Figure 3. Thus,
if the recidivism is low, then C,(0) is small, such that the
low-criminality equilibrium P, is stable (Figure 3(a)). In
contrast, if the recidivism is higher, then C,(0) is large, so
the high-criminality equilibrium P, is stable (Figure 3(b)).
Therefore, the stability of these equilibrium points depends
on the initial condition of system (1). This clearly indicates
the coexistence of two locally asymptotically stable equilibria
when R} < 1, confirming that model (1) undergoes the
phenomenon of backward bifurcation with one stable high-
criminality equilibrium P, (higher, solid curve in Figure 2),
one unstable high-criminality equilibrium P, (lowest dashed
curve in Figure 2), and one low-criminality equilibrium P,.

2.2.2. Analytic Strategy: B, Fixed with 3, Increasing. Alterna-
tively, from now on we explore the implications of the param-
eter f3, on the criminal dynamics. It is worth mentioning that,
from expression (10), it is easy to verify that b, < 0if and only
if

Pi(u+y)
(H+1) [Rf — (u+ay) /(1 + pu+ay)]

B, > >0, (14)

and thus, in such case, system (1) has two positive high-
criminality equilibria (case (iii), see Theorem 1.) for b, > 0,
b} — 4bby > 0,and R} > (u + a,)/ (1, + p + ay).

A schematic diagram of this bifurcation phenomenon
for system (1) is given in Figure 4, where f3, is chosen
as a bifurcation parameter. As mentioned previously, this
bifurcation phenomenon of model (1) is only illustrated
numerically.

Figure 4 shows the profile of the proportion of
both reoffenders C; (solid curve) and C, (dashed
curve) as a function of B, with decreasing values of
B, = 30; 15.449; 11; 7.5; 5.845 (year ') as B, increases.
The solid curve stands for the stable equilibrium and the
dashed curve stands for the unstable equilibrium. Note that,
for B; = 30 and Ry > 1, 3, = 0 such that system (1) has a
unique positive high-criminality equilibrium (see case (i) of
Theorem 1 and (12)).

It should be also noticed in Figure 4 that R increases
with decreasing [3,, such that greater reduction in recidivism
prevalence is recorded for decreasing values of 5;. One aspect
to differentiate both parameters f3; and f3, is the way that they
account for the transition to criminal activity.
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FIGURE 4: Breaking point and forward bifurcation diagrams for proportion of reoffenders (C;) for model (1), where f3, is chosen as a
bifurcation parameter (f, fixed with f3, increasing). The higher solution corresponds to the stable equilibrium (solid curve); the smaller
solution corresponds to the unstable equilibrium (dashed curve). The phenomenon of the breaking point for (a) 8, = 11, R; = 0.71, and

1 = 505 (b) B, = 7.5, R} = 0.486, and " = 146.8; and (c) f, = 5.845, R} = 0.378, and B = 499; forward bifurcation for 8, = 15.449,

=

R; = 1,and " = 17.7. For B, = 30 and R} = 1.94, B, = 0 such that system (1) has a unique positive high-criminality equilibrium P,.

Parameters’ values used are as given in Table 3.

In the low-criminality scenario, the only way someone
becomes criminally active is on his/her own, without interact-
ing with another person who is already criminally active. This
restriction is necessary in order to illustrate the dynamics of
a system which would lead to low-criminality equilibrium. If
new criminal could only emerge on his/her own, then reduc-
ing the number of individuals who are not criminally active
(core group) through either intervention or spontaneous
desistance could lead to the lowest criminal scenario. For
this, we calculated the threshold between the low-criminality
equilibrium and the high-criminality equilibrium. Therefore,
for R{ < Rﬁhr, system (1) presented the locally asymptotically
stable low-criminality equilibrium P;. Although not a realistic
possibility, understanding the intrinsic criminal propensity
that leads to such kind of deviant behavior is a necessary
step for understanding the high-criminality prevalence in the
model, which will be presented in the next section.

In addition, in the high-criminality scenario, the way
someone can become criminally active is to interact with
another person who is already criminally active. Thus, if
new reoffenders could only emerge by interaction between
reoffenders (C; ) and those second-time offenders susceptible
to the crime (S;) at a rate f3,, then reducing the number of
contacts between C; and S, that is, reducing f3;, could lead to
the low-criminality scenario if the proportion of reoffenders
C; is small (see Figure 3). Hence, to reach the low-criminality
equilibrium, a community needs to reduce f3,. However, if 3,
is large, then the proportion of reoffenders C;, as well as S;,
increases, which leads to higher crime prevalence, such that
the high-criminality scenario emerges.

Figure 5(a) shows the long-term behavior of In ;" plot-

ted versus f3,. The threshold B is expressed as a minimum
value where system (1) has two positive equilibrium points.
Thus, for each fixed f3;, there is a corresponding unique

thr
2
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For f; = 11, R} = 0.71,and In 3, = 3.91, system (1) has two positive
equilibrium points. The solid curve stands for the stable equilibrium
and the dashed curve stands for the unstable equilibrium. The other
parameters’ values are given in Table 3.

threshold /5’5}”. For one such example (see Figure 5(b)), ; =
11, R} = 071, and B = 50 (or In50 = 3.91) are the
minimum values where system (1) has two positive value.
For B, > B, we have C; > 0.and C; > 0. In this case,
system (1) has a stable equilibrium point, C; (the solid curve
in Figure 5(b)), and an unstable equilibrium point, C; (the

dashed curve in Figure 5(b)). On the other hand, for 8, <

;hr, we have C;r = C, = 0, which means that there are

no positive equilibrium points for system (1). Moreover, for
thr = 15.4492917, we have R} = 1 and B = 17.867 (or
In17.867 = 2.883) such that, for 8, < ", one has C} = 0

and C, < 0. Otherwise, for 8, > ", one has C; > 0 and
C; = 0 (see Figure 6).

2.3. The Full Contagion Criminal Model (FCCM) Formulation.
In this section, we relax the assumption made in the PCCM
model (1) that the susceptible individuals (S;) can enter to
crime only on their own, so we make §, = 0. Hence, in the
modified model, the flow of the susceptible individuals S, into
the criminal activity depends only on the contact with those
individuals who are incarcerated, C,. We also define f3; (i =
0,1,2) as the rate of imprisonment; it captures the return to
criminal activity of those released from prison, such that 3,
B> and B, are the flows into criminal activity which depend
on having had contact with those first-time and second-time

Applied Mathematics: Principles and Techniques

incarcerated individuals (C, and C,), respectively. Following
the idea of the previous model (1), here j3; (i = 0,1,2) is analo-
gous to the effective contact rate in infectious diseases model.
This derivation adopts a standard incidence formulation,
where the contact rate is assumed to be constant, unlike the
case of the mass action formulation, where the contact rate
depends on the size of the total population (see, e.g., [27, 30],
for detailed derivation of these incidences’ functions).

The flow diagram of the FCCM is depicted in Figure 7.
The variables and parameters’ values are given in Table 3,
except for [, that is the contact rate between C, and S,
(cooptation rate).

The model is represented by the following nonlinear
system of differential equations:

ds

d_to = A= BoCiSo— (vo + 1) Sp

dD

d_to = Y080 — uDy

dc

d_tl = ByCiSy — (1, +u+a,) C,

ds

d_tl =1,C - (Yl + P‘) N SN

dD (15)
d_tl =18 —uD,

dcC

d_t2 =(BiS1 + B,S,) Cy — (1 + u+ay) Gy
ds

d_t2 =1, = BrCyS, — (1 + 1) S,

dD

d_t2 =128, —uD,

2.4. The Existence and Local Stability of Equilibria

2.4.1. Crime-Free Equilibrium. In the absence of crime, that
is, for C; = C, = 0, model (15) has a crime-free equilibrium
P, = (Sy,D),0,0,0,0,0,0) which is obtained by setting the
right-hand sides of system (15) to zero, where

o A
(u+1) )
Y

Dozz"sg.

To analyze the local stability of this equilibrium, the
Jacobian of system (15) is computed and evaluated at P,
which is locally asymptotically stable if the real parts of the
eigenvalues of the Jacobian matrix are all negative.

Thus, the local stability of the crime-free equilibrium P,
is governed by the Jacobian matrix

Ap 0

> 17
0 B, (17)

My =

0
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FIGURE 6: Long-term physical outcome Cj plotted versus In f3,. For " = 15.449, R} = 1, and 8, > B, system (1) has one positive
equilibrium point. The solid curve stands for the stable equilibrium and the dashed curve stands for the unstable equilibrium. The other

parameters’ values are given in Table 3.

where
[— (4 +0) _:8058
Ap, = o , (18)
L 0 ﬁoso_(Tl+P‘+a1)
[~ (u+1) 0 0
By, = 0 —-(+tu+ay) 0 . (19)
| o ) —(u+ 1)

It is easy to verify that the three eigenvalues of matrix (19)
are always negative. In the same way; it is also straightforward
to verify that one of the eigenvalues of matrix (18) is always
negative, while the other is negative whenever

__ B
0=
(i +p+a)
Hence, all the eigenvalues of matrix (17) are negative or
have negative real parts if and only if R < 1. In summary, the
crime-free equilibrium P, of system (15) is locally asymptot-
ically stable if the Basic Criminality Reproduction Number
R, < 1. Therefore, we have established the following result.

R Sy < 1. (20)

Lemma 2. The crime-free equilibrium P, of system (15) is
locally asymptotically stable if R, < 1 and is unstable if R, > 1.

2.4.2. Low-Criminality Equilibrium. In the absence of the
reoffenders, that is, for C, = 0, model (15) has a low-
criminality equilibrium P* = (S, D,,C,,S,,D,,0,0,0),

where
S = (r, +u+a)
o Bo
Y
D, = ;Oso
C = ABy = (p+ o) (1 +p +ay)
L=
(t, +u+a) Py
(21)
(4t 1)
=—"(Ry-1)
Bo ’
S, = 71,C
(u+m)
D, = Us,.
¢

Note that P exists if C; > 0, that is, if Ry > 1.
Now consider the resulting model (15). The local stability
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FIGURE 7: The flow diagram for the free-low-high criminality model
(15).

of the low-criminality equilibrium P}, which is examined by
linearizing system (15) around P, is governed by the Jacobian
matrix

"M, —BoSy 0 0 0
ﬂOCI M22 0 0 0
Mp=| 0 1 My -BS 0 |, (2
o 0 0 M, O
Lo 0o 0 17 M)

with My, = —B,Cy — (4 + y0); My = oSy — (1) + pp +ay);
Mz = =(u+91)s Myy = B1S,~(y+p+ay);and M5 = (7).

The eigenvalues of matrix (22) are A, = Mys, A, = My,
A3 = M;;, and the roots of

¢ +z,4+2,=0, (23)

withz, = ABy/(t) +u+a;) >0and z; = Ay — (u+y)(1; +
p+a)>0(= R,>1).

The eigenvalues A, and A; are real negative from defi-
nition of the parameters y, y;, and y,. The eigenvalue A, is
negative if

(0, +p+a) _ Bo(t +p+a,) (u+y))
N 7 (u+71) (Ry - 1)

or, equivalently, if

B < (24)

R = Bty (1 +715) (Ry — 1)

= 1 25
! (Tz+!4+a2)(14+)’1)ﬁ0< =

Finally, the eigenvalues A, and A are real negative if z, >
0 and z, > 0 by applying the Routh-Hurwitz criteria [31, 32]
on polynomial (23). In this sense, z, > 0 and z; > 0 if and
onlyif R; > 1.

Thus, we have established the following result.
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Lemma 3. The low-criminality equilibrium P of system (15)
exists and it is locally asymptotically stable if Ry > 1 and R, <
1. Otherwise, P is unstable.

It should be mentioned that the consequence of the
above result is that when P;" becomes unstable, two scenarios
emerge: one for the case where the criminality is eliminated
from population and P, is stable and the other where
new criminals could emerge and there is high-criminality
prevalence in the population such that model (15) has a high-
criminality equilibrium with coexistence of both offenders:
C, # 0and C, # 0. In this way, it is instructive to determine
the possible interventions on f3;, and f; in order to reduce
R, and R, below one, that is, to guarantee the conditions
under which the criminality is eliminated, or at least having
its incidence reduced.

2.4.3. High-Criminality Equilibrium. In what follows, if R; >
1, such that the low-criminality equilibrium P is unstable,
system (15) has the positive high-criminality equilibrium,
Py = (S, Dy, Cy, Sy, Dy, C;,S;, Dy), where

* 7,Cy
S =———
gty +BiCs
S; — TZC; PR
M + y2 + ﬁZCZ (26)
* Y *
D} = ;151,
p; = 2.

“

Remembering from (21) that C;, > 0 & R, > 1,
so P, exists if and only if Ry > 1. Now replacing the
expressions for S7 and S in the sixth equation of system (15),
the positive high-criminality equilibrium, which cannot be
expressed cleanly in closed form, can then be obtained by
solving for C; the following expression:

#\2 %
1, (C3) +mCy +1y =0, (27)
where

’hzﬁlﬂz(.”””’z)’
m=+n)(n+uta)
(1 +ay)

sfi el b

Mo=(+y)(u+y)(@+y+a)(1-Ry).

Since all the model's parameters are nonnegative, it
follows from (28) that the coeflicient #, is always positive and
o < 0for R, > 1. Thus, it is clear that model (15) has a unique
positive equilibrium P; when R; > 1and R, > 1. For, = 0
and 7, < 0, model (15) also has a unique positive equilibrium
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equilibrium (dashed curve). Parameters’ values used are as given in Table 3.
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) Ry = 2.39, and R, = 0.89. The other parameters’ values are given in Table 3. Profile of population
of reoffenders (C,). (a) If the recidivism is low (or C,(0) small), then the equilibrium point P;" is locally asymptotically stable. (b) If the
recidivism is higher (or C,(0) large), then the equilibrium point P} is locally asymptotically stable.
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FIGURE 10: The phenomenon of forward bifurcation when f; is chosen as a bifurcation parameter. The crime-free equilibrium P, of system
(15) is locally asymptotically stable if R, < 1 and is unstable if R, > 1. Parameters’ values used are as given in Table 3.

Py Moreover, whenever Ry > 1, if R, = 1, then, = 0 and
n; < 0if only if

(n+uta)(u+y)p

S 29
(u+n) 29

B, >

such that model (15) also has a unique positive equilibrium
P;. Finally, for 17, > 0,7, < 0, and 1; = 41,7, > 0, that s, for
Ry > 1and R, < 1, model (15) has two positive equilibria P,
and P, . Note that these equilibrium points cannot be studied
in its closed form, so we carried out its local stability using
numerical methods.

Thus, the following result is then established.

Theorem 4. Model (15) has

(i) a unique positive equilibrium P, ifny <0 & R, >
L
(ii) a unique positive equilibrium P, ifnjy = 0 and n; < 0;
(iii) two positive equilibria, P} and P, , ifny > 0 andn; < 0
and 1} — 4,1 > 0;

(iv) no positive equilibrium, otherwise.

As explored in model (1), model (15) also exhibits the
phenomenon of backward bifurcation (Figure 8(a)) and
breaking point (Figure 8(b)) when 3, and f3, are chosen as
bifurcation parameters.

Figure 8(a) shows the backward bifurcation for 3, = 5
and B, = 84 (R, = 2.39) with f3, increasing. Figure 8(b)
shows the phenomenon of breaking point for 3, = 3, = 5,
with 8, increasing, where 3, = 1212 and R, = 1.139
and R, = 0.464. As it should be expected, Figures 8(a)
and 8(b) present the same results shown in Figures 2 and
4. In summary, if R, > 1 and R; > 1, model (15) has the
locally asymptotically stable high-criminality equilibrium P, .

Finally, if R, > 1and R, < 1and 8, > B, then there
is coexistence of two locally asymptotically stable equilibria,
P and P, such that the stability of these equilibrium points
depends on the initial condition of system (15) (see Figure 9).

In contrast to model (1), when f3; is chosen as a bifur-
cation parameter, model (15) has the crime-free equilibrium
P, given by (16), which indicates the possibility of the
forward bifurcation (Figure 10). If R, < 1, then the crime-
free equilibrium Py of system (15) is locally asymptotically
stable; if Ry > 1, Py becomes unstable and P is locally
asymptotically stable if R, < 1. Thus, the substitution of the
assumption that the susceptible individuals (S;) can enter to
crime only on their own (i.e., §,) by the standard incidence
(ie, B;C,S,) in model (1) includes the forward bifurcation
phenomenon to model (15).

3. Results

To illustrate the theoretical results contained in this paper,
models (1) and (15) are simulated using baseline parame-
ters values/ranges summarized in Table 3 (unless otherwise
stated). The parameters are chosen for simulations purposes
only, so we could illustrate our qualitative results. Moreover,
it is worth mentioning that if the assumption made in the
PCCM model (1), that is, susceptible individuals can enter to
crime only on their own (i.e., §, # 0), and the assumptions
made in FCCM model (15), that is, susceptible individuals get
into criminal behavior depending only on the contact with
those individuals who are incarcerated, C, (i.e., 3,C,S,), were
considered in a single model, this new model would be more
realistic. However, the analytical results and the phenomena
of backward bifurcation and breaking point of this new model
would be similar to model (1), except for the fact that R,
would no longer exist. For this reason, we did not study this
more realistic mixed model.
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4. Discussion

In this paper, we attempt to present theoretical models
of criminal careers using the dynamical system approach
traditionally used in the study of infectious diseases spreading
in a homogeneous population. The models consider crime
dynamics as contagious phenomena in which a susceptible
cohort of individuals with criminal propensity is “infected”
by criminal individuals who have been convicted for their
crimes and are arrested in a prison. The contagion occurs by
several ways, in particular through the sending of messages by
mobile phones (a very widespread habit in Brazilian prisons)
and through “carrier pigeons” represented by relatives and
lawyers.

We propose, to the best of our knowledge by the first
time in quantitative criminology, the existence of thresholds
for the stability of crime-endemic equilibrium which are the
equivalent to the “basic reproduction number” widely used
in the mathematical epidemiology literature [22], as shown
in Lemmas 2 and 3. Both model (1) and model (15), however,
exhibit the phenomena of backward bifurcation and breaking
point when the contact rates f3; and f3, are chosen as bifurca-
tion parameters. Since data strongly suggests that standard
incidence formulation is more suited for modeling human
diseases [22, 23, 27] and we adopted this formulation in the
current study, the above results show that the phenomena of
the backward bifurcation and the breaking point could be
important properties of the criminality model.

As in other criminal career models, our models seek to
provide a theoretical framework to analyse the longitudinal
behavior of individuals who commit criminal offenses [33].
In addition, we centrered our analysis, although in an implicit
way, in the parameter considered to be the most important
for the analysis of criminal career, namely, the rate at which
offenders commit crime, denoted in the specialized literature
by the Greek letter A, coincidently, the same symbol used to
denote the force-of-infection in epidemiology of transmissi-
ble diseases.

Other dynamical system models proposed the analysis of
criminal dynamics including differential equations, like the
works by Farrington synthesized in Refs. [16, 34]. However,
these models are either linear (the former) or related to other
kinds of infectious contagion (the latter).

Finally, it is noteworthy that the models proposed in the
paper are intended only to provide a theoretical framework
upon which other works can provide empirical support for
the assumptions and values for the parameters determinant
of the dynamical behavior of the systems here studied. The
present work, therefore, is intended to provide the first
step in the study of criminal careers as determined by
contagious events like the ones related to the phenomenon of
incarcerated criminals influencing the behavior of susceptible
juveniles outside prisons with a criminal propensity. The
finding of backward bifurcation in both models, however,
implies that there is an endemic equilibrium of criminality
even when the threshold parameter for contagion is below
unit which, in turn, implies that control strategies are more
difficult to achieve any considerable impact on crime control
in situations similar to the ones here analyzed.
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We investigate an efficient numerical method for solving a class of nonlinear Volterra integro-differential equations, which is a
combination of the parametric iteration method and the spectral collocation method. The implementation of the modified method
is demonstrated by solving several nonlinear Volterra integro-differential equations. The results reveal that the developed method
is easy to implement and avoids the additional computational work. Furthermore, the method is a promising approximate tool to
solve this class of nonlinear equations and provides us with a convenient way to control and modify the convergence rate of the

solution.

1. Introduction

Many physical phenomena in different fields of sciences and
engineering have been formulated using integro-differential
equations. The nonlinear integro-differential equations play
a crucial role to describe many process like fluid dynamics,
biological models and chemical kinetics, population, poten-
tial theory, polymer theology, and drop wise condensation
(see [1-4] and the references cited therein). In fact analytical
solutions of integro-differential equations either do not exist
or they are hard to compute. Eventually an exact solution is
computable, the required calculations may be tedious, or the
resulting solution may be difficult to interpret. Due to this,
it is required to obtain an efficient numerical solution. In
literature there exist several numerical methods for solving
integro-differential equations such as successive approxima-
tion method, meshless method [5], Taylor polynomial [6],
Tau method [4], wavelet-Galerkin method [7], Adomain
decomposition method [8], Homotopy perturbation method
[9], Homotopy analysis method [10], Sinc collocation [11],
Legendre polynomials [12], and Taylor collocation method
[13]. The monograph by Bruner [14] includes a wealth of
material on the theory and numerical methods for Volterra
integro-differential equations.

The parametric iteration method (PIM) is an analytic
approximate method that provides the solution of linear and

nonlinear problem as a sequence of iterations. In fact, the
PIM as a fixed- point iteration method is a reconstruction of
variational iteration method [15]. The PIM, however, suffers
from a number of restrictive measures, such as the resulting
integrals in its iterative relation which may not be performed
analytically. Also, the implementation of the PIM generally
leads to calculation of unneeded terms, in which more time
is consumed in repeated calculations for series solutions.

In order to overcome these shortcomings, a useful
improvement of the PIM was proposed in [16]. Therefore,
the strategy that will be pursued in this work rests mainly on
establishing a simple algorithm, requiring no tedious compu-
tational work, based on the improved PIM and the spectral
collocation technique for obtaining an accurate solution for
the following nonlinear Volterra integro-differential equation
(VIDE):

u' (1) = f(t)+J0tk(t,s)G(u(s))ds, t€[0,T] "

u (0) = uy,

where the kernels k(t, s), f(t) and G(u(s)) are smooth func-
tions. The existence and uniqueness of the solution for (1) are
presented in [17].

To demonstrate the utility of the proposed method,
some examples of the nonlinear VIDEs are given, which are
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solved using the established method. The obtained results
are compared with the numerical solutions. In all cases, the
present algorithm performed excellently.

2. The Basic Idea of the PIM

The PIM gives a rapidly convergent approach by using
successive approximations of the exact solution if such a
solution exists; otherwise the approximations can be used for
numerical purposes. The idea of the PIM is very simple and
straightforward. To explain the PIM, consider (1) as below:

Liu@®]+Nu®]=f®), )

where L with the property Lv = 0 when v = 0 and it denotes
the auxiliary linear operator with respect to u. In (2) N is a
nonlinear continuous operator with respect to u and f(t) is
the source term.

According to [15,16], we construct the following family of
the explicit PIM for (2) as

L [uk+1 (t) — Uy (t)] =hH (t) A [uk (t)] > (3)

where

Alu ()] = L[y ()] + N [y ()] - £ (1)

S (4)
—ul () - L k(69) G (4, () ds — £(8),
with the initial condition
Ugi1 (0) = Up. (5)

Also we can construct a family of the implicit PIM for (2)
as follows:

L [ttgeyy () = e (1)]
= hH (t) {L [t ()] + N [y )] = £ (D)},

with the above initial condition.

u,(t) is the initial guess which can be freely found from
solving its corresponding linear equation (L[uy(t)] = 0
or Lluy(t)] = f(t)) and the subscript k denotes the kth
iteration. Accordingly the approximations of u(t),k > 0
for the PIM iterative relation will be obtained readily in the
auxiliary parameter h. Consequently, the exact solution can
be obtained by using

(6)

u(t) = k@lmuk (1). (7)

The parametric iteration formula (3) makes a recurrence
sequence u(t). Obviously, the limit of the sequence will
be the solution of (1) if the sequence is convergent. In the
following, we give a proof of convergence of the PIM. Here we
assume that for every k, u; € C '[0,T] and {u,’c} is uniformly
convergent.

Theorem 1. If the sequence u;(t) converges, where u(t) is
produced by the parametric iteration formulation of (3), then it
must be the exact solution of (1).
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Proof. If the sequence {1 (t)} converges, we define

U(t) = klgnoouk ), (8)
and it holds
Ul(t) = khlnmuk+1 (t). )

From (16) and (9) and the definition of L, we can easily
acquire

kli_r)n L[ugyy () —upe )] = Lklim [y () — 1y )]
(o) —00 (10)
=0.

From (10) and according to (3), we obtain
hH (t) klgnmA [ue (0] = Lkl'inoo [therr () = (D] = 0. (11)

Since h # 0 and also H(t) # 0 for all £, the relation (11) gives
us

Jim A (0] = 0. (12)

From (12) and the continuity property of the operator G, it
follows that

klim Alu ()]

t
= dim (0= [ k696 ) ds- £ o))

0
N . (13)
_ (kgnmuk (t)) R L k(t,5)G (k@muk (s)) ds
—f)=U@®)- L k(t,s)GU (s)ds— f(£).
From (12) and (13), we get
U' @) - th(t,s)G(U(s))ds— f@® =0,
0 (14)

0<s,t<T.

On the other hand, in view of the initial condition of the (k +
1)th order PIM and (9), it holds that

U (0) = klgnoo Upesy (0) =1 (0) = uy. (15)

Hence, according to the expressions (14) and (15), U(t) must
be the exact solution of (1) and this ends the proof. O

It is obvious that the convergence of the sequence (16)
depends upon the initial guess u(t), the auxiliary linear
operator L, the auxiliary parameter h, and the auxiliary
function H(t). Fortunately, the PIM provides us with the great
freedom of choosing these items. Thus, as long as u(t), L,
h, and H(t) are property chosen so that the sequence (16)
converges in a region 0 < t < T, it should converge to the
exact solution in this region. Therefore, the combination of
the convergence theorem and the freedom of the choice of
the above factors establishes the cornerstone of the validity
and flexibility of the PIM.
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Remark 2. In the case of failure of convergence of the PIM,
the presence of the parameter h in (3) or (6) could play a
very important role in the frame of the PIM. Although we can
find a valid region of / for every physical problem by plotting
the solution or its derivatives versus the parameter & in some
points, an approximate optimal value of the convergence
accelerating parameter h can be determined at the order of
approximation by the residual error [15]

Res (h)

T R (16)
= | ALl 51+ N g 1) - £ OF

One can minimize (16) by imposing the requirement
dRes(h)/dh = 0.

3. A Spectral Collocation PIM

In general, the application of the PIM to solve the nonlinear
VIDEs leads to the calculation of unneeded and repeated
terms. The unneeded and repeated calculations may or may
not lead to faster convergence. Also, since the PIM provides
the solution as a sequence of iterates, its successive iterations
may be very complex so that the resulting integrals in its
iterative relation may not be performed analytically. In this
section, we will overcome this shortcoming of the original
PIM for solving (1) by suggesting a spectral collocation PIM.
As will be shown in this paper later, the proposed method will
be very simple to implement and save time and calculations.

Consider the basis functions ¢. which are polynomials of
degree N —1 satisfying ¢;(f;) = 8 for the shifted Chebyshev
nodes (note thatt; = T'and ¢y = 0)

tkzg[cos<(kN_—_l)1ﬂ)+l], k=1,...,N. (17)

The unknown function u(t) is approximated as a truncated
series of polynomials. The polynomial

N
pO=ul)=Duip; ), (18)
j=1

interpolates the points (tj,uj), j=1,...,N;thatis, p(t) = u,
where t = (t;,...,ty) and u = (uy,...,uy). The values of
the interpolating polynomial’s first derivative at the nodes are
p'(t) = DVu, and the value of integral at the nodes is defined

by J; k(t, s)u(s)ds = V -u, where V is the Volterra integration
matrix [18, 19].

Generally, in order to solve problem (1) using a spectral
collocation scheme, the interpolating polynomial p(t) is
required to satisfy the equation at the interior nodes. The
values of the interpolating polynomial at the interior nodes
ty...,tyare p(t,) = (w),, = L, u(@m =1: N -1)and
the derivative value is p'(t,,) = Dfrll):u. The initial condition
that involves the interpolating polynomial can be handled by
using the formula p(ty) = (u)y = Iy.u, where Iy, denotes
the last row of the (N x N) identity matrix.

For the interpolating polynomial to satisfy the nonlinear
VIDE of (1) at each interior node, the collocation equation

t
P =f ) [ Ke9GEoas

p(ty) = uy,

should be satisfied. Substituting the differentiation and inte-
gration matrix relations into equation (19), we get

D) f, L. (V-G (u)
u= + 0 , (20)

1 N Uy

where £, = {f(t)),..., f(ty_1)}. Now, in view of (3) and
the definitions of L and A, by substituting the differentiation
and integration matrix relations, we will have the following
explicit PIM for solving (1) which is called the spectral PIM
(SPIM):

-1
DE)J]

IN,:

([Tl T0)

where for simplicity we chose H(¢) = 1. If we define L =
[D), . In. "5 f = [, 1], and Nuy = [I,,, (V- G(uy)),0]",

m.
then we will have the following explicit iterative relation for

finding the solution vector uy,:

uk+1=uk+h[

(21)

W = Uy + hL_l (Luk —f- Nuk) . (22)
Here the vector uy, is defined as

Wy = {uk+1 (tl) >ee e Uy (tN—l)}' (23)

In using the SPIM algorithm above, we begin by choosing
the best possible initial approximation that satisfies the
initial condition. To this end, we may determine the initial
approximation by solving Lu; = 0 or Lu, = f. Thus,
starting from the initial approximation u,(t), we can use the
recurrence formula (22) to successively obtain directly u,.,, (t)
fork > 0.

4. Test Problems

In this section, we demonstrate the effectiveness of the SPIM
by applying the method to three nonlinear NVIDs. All of the
numerical computations have been performed in MATLAB
R2014a and terminated when the current iterate satisfies [u; —
u,_, || < 107*¢, where u,_is the solution vector of the kth SPIM
iteration.

Example 1. Consider the following nonlinear VIDE [20]:

u'(t)=§(u—u2—uJ:u(s)ds>, t e[0,1] (24)
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FIGURE 1: The valid region of h for the explicit spectral PIM when
N =15 for Example 1.

with the initial condition ©(0) = 0.1. Here we aim to solve the
above Volterra population equation for the value ¢ = 1/10.
To use the proposed method in this paper, i.e., (22), we could
choose

Lu®]=u 1),
1 > !
N[u(t)]z—(u—u —uJ u(s)ds>, (25)
€ 0

g)=o0.

To investigate the valid region / of the solution obtained
via the explicit spectral PIM algorithm (22) for N = 15 of (24)
with € = 1/10, we try to plot the curve of 4" (0) with respect
to h, as shown in Figure 1. According to this curve, it is easy
to discover the valid region of h. It is usually convenient to
investigate the valid region of / for the PIM by means of such
kinds of the curves.

According to Figure 1, it could be seen that the explicit
spectral PIM for h = —1 and N = 15 (even for large N)
is not a convergent approach for solving (24). The presence
of the auxiliary parameter / in the framework of the explicit
spectral PIM could play a very important role. As mentioned
above, we can find an approximate optimal value for /& from
(16) by estimating the residual error Res(h) in a sequence of
values h, as the value of h with the lowest residual will be
the approximate optimal h. Figure 2 shows the approximate
optimal value of h for the explicit spectral PIM for N = 15,
i.e., h = —1.47 with two decimal digits.

Figure 3(b) shows the absolute error of the explicit
spectral PIM for N = 15 and h = —1.47. Also the behavior
of the numerical and explicit spectral PIM solutions of this
example for N = 15and h = —1.47 is presented in Figure 3(a).

Example 2. Consider the following nonlinear VIDE:
1,1 .
W (t)=1-=t+=e - J tse O ds, (26)
2 2 0

with initial condition #(0) = 0 and the exact solution u(t) = t,
[21].
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FIGURE 2: The approximate optimal i (h = —1.47) for N = 15 for
Example 1.

To investigate the valid region 4 for the solution obtained
via the explicit spectral PIM algorithm (22) for N = 10 of
(26), here we plot the curve of u”(0) with respect to h, as
shown in Figure 4.

Figure 5 shows the approximate optimal value of  of the
explicit spectral PIM when N = 10, i.e., & = —1.1 with one
decimal digit.

Figure 6 shows the absolute error of the explicit spectral
PIM for N =10and h = -1.1.

Example 3. Consider the following nonlinear VIDE [22]:

u (1) = f@+ Lt (t-s)In(1+u(s))ds, (27)

where
1 , 12
(t)=—<8+9t+ —-8V1+t
f 24 V1+t

(28)
—4t(-6+5VI+t)-126In(1+ V1 +t)>

with the initial condition #(0) = 1 and the corresponding
exact solution is given by u(t) = V1 + t.

To investigate the valid region / of the solution obtained
via the explicit spectral PIM algorithm (22) for N = 10 of
(27), here we plot the curve of u” (0) with respect to h, as
shown in Figure 7.

Figure 8 shows the approximate optimal value of / for the
explicit spectral PIM when N = 10, i.e., h = —0.8 with one
decimal digit.

Figure 9 shows the absolute error of the explicit spectral
PIM for N = 10 and h = -0.8.

5. Conclusion

In this paper, we presented a new application of the spectral
parametric iteration method (PIM) for solving a class of non-
linear Volterra integro-differential equations (VIDEs).This
new method is easy to implement and is accurate when

WORLD TECHNOLOGIES




An Efficient Numerical Method for a Class of Nonlinear Volterra Integro-Differential Equations 103

x10
8
N g1
23}
0 .
0 0.2 0.4 0.6 0.8 1
t t
e Approximate solution
—— Numerical solution
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FIGURE 3: (a) Approximate solution of the explicit spectral PIM for N = 15. (b) Absolute error of the explicit spectral PIM for N = 15 and
h = —1.47 for Example 1.
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FIGURE 4: The valid region h for the explicit spectral PIM when N = t
10 for Example 2. FIGURE 6: Absolute error of the explicit spectral PIM for N = 10 and
h = —1.1 for Example 2.
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FIGURE 5: The approximate optimal h (h = -1.1) for N = 10 for FIGURE 7: The valid region h of the explicit spectral PIM when N =
Example 2. 10 for Example 3.
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FIGURE 8: The approximate optimal h (h = —0.8) for N = 10 for
Example 3.
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FIGURE 9: Absolute error of the explicit spectral PIM for N = 10 and
h = —0.8 for Example 3.

applied to the nonlinear VIDEs. The numerical results of the
spectral PIM were compared with the exact solutions and
excellent agreement was obtained. This could confirm the
validity of the proposed spectral PIM as a suitable method
for solving this class of the nonlinear VIDEs.
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Exponentially fitted and trigonometrically fitted explicit modified Runge-Kutta type (MRKT) methods for solving y"'(x) =
f(x, y,y') are derived in this paper. These methods are constructed which exactly integrate initial value problems whose solutions
are linear combinations of the set functions e** and e ™~ for exponentially fitted and sin(wx) and cos(wx) for trigonometrically
fitted with w € R being the principal frequency of the problem and the frequency will be used to raise the accuracy of the methods.
The new four-stage fifth-order exponentially fitted and trigonometrically fitted explicit MRKT methods are called EFMRKT5 and
TFMRKTS5, respectively, for solving initial value problems whose solutions involve exponential or trigonometric functions. The
numerical results indicate that the new exponentially fitted and trigonometrically fitted explicit modified Runge-Kutta type methods

are more efficient than existing methods in the literature.

1. Introduction

This work deals with exponentially fitted and trigonometri-
cally fitted modified Runge-Kutta type methods for solving
third-order ordinary differential equations (ODEs)

Y = f(xy 0,y (),

)/(xo) = Yo
¥ (%0) = ¥ )
¥ (%) = 4

X 2 X

This sort of problems is often found in numerous physical
problems like thin film flow, gravity-driven flows, electro-
magnetic waves, and so on. In the past and recent years many
researchers constructed exponentially fitted and trigono-
metrically fitted explicit Runge-Kutta methods for solving
first-order and second-order ordinary differential equations.

Paternoster [1] developed Runge-Kutta-Nystrom methods for
ODE:s with periodic solutions based on trigonometric poly-
nomials. Vanden Berghe et al. [2] developed exponentially fit-
ted Runge-Kutta methods. Simos [3] extended exponentially
fitted Runge-Kutta methods for the numerical solution of the
Schrodinger equation and related problems. Kalogiratou et
al. [[4, 5]] constructed trigonometrically and exponentially
fitted Runge-Kutta-Nystrom methods for the numerical solu-
tion of the Schrodinger equation and related problems which
is eighth algebraic order. Next Simos et al. [6] constructed
exponentially fitted Runge-Kutta-Nystrom method for the
numerical solution of initial value problems with oscillating
solutions. Sakas et al. [7] developed a fifth algebraic order
trigonometrically fitted modified Runge-Kutta Zonneveld
method for the numerical solution of orbital problems. Van
de Vyver [8] in 2005 constructed Runge-Kutta-Nystrom
pair for the numerical integration of perturbed oscillators.
Then Yang et al. [9] constructed trigonometrically fitted
adapted Runge-Kutta-Nystréom methods for perturbed oscil-
lators. Recently, Demba et al. [10] constructed an explicit
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trigonometrically fitted Runge-Kutta-Nystrom method using
Simos technique.

In this paper we construct explicit exponentially fit-
ted and trigonometrically fitted modified Runge-Kutta type
methods with four-stage fifth-order, called EFMRKTS5 and
TFMRKTS5, respectively. Section 2 discussed the oscillatory
and nonoscillatory properties of the third-order linear dif-
ferential equation. In Section 3, the necessary conditions and
the derivation for exponentially fitted and trigonometrically
fitted modified Runge-Kutta type methods for solving third-
order ODEs are given. The error analysis of the new EFM-
RKT5 and TFMRKT5 methods was discussed in Section 4,
respectively. The effectiveness of the new methods when
compared with existing methods is given in Section 5. The
thin film flow problem is discussed in Section 6.

2. Third-Order Linear Differential
Equation with Oscillating
and Nonoscillating Solutions

This section discusses the oscillatory and nonoscillatory
properties of the third-order linear differential equation

" (x) + p(x) ¥y +q(x)y = 0. (2)
A solution of (2) will be said to be oscillatory if it changes
signs for arbitrarily large values of x. The other solutions will
be said to be nonoscillatory.

If p(x) < 0 and g(x) < 0 are constants, then it is easy to
show that if (2) has an oscillatory solution, then there are two
linearly independent oscillatory solutions of (2) whose zeroes
separate and such that any oscillatory solution of (2) is a linear
combination of them. Assuming that p(x), p'(x), and g(x) are
continuous on [0, +00) the following will be established (see
[11-14]).

Definition 1. A solution of (2) will be called oscillatory iff it
has an infinity of zeroes in(0, +0o) and nonoscillatory iff it
has but a finite number of zeroes in this interval. Equation
(2) is said to be oscillatory iff it has at least one (nontrivial)
oscillatory solution and nonoscillatory iff all of its (nontrivial)
solutions are nonoscillatory.

Particularly, this paper deals with two cases based on (2)
when ¢g(x) = 0, as follows:

(i) ¥ (x) = py', (p > 0); it is clear that the characteristic
roots equations are real and one of them is zero; then
solutions will consist of exponential functions.

(ii) "' (x) = —=py’, (p > 0); one of the characteristic roots
equations is zero and another two are conjugate roots
and the solutions are in oscillatory form,

where p is constant.

3. Exponentially Fitted and Trigonometrically
Fitted MRKT Methods

In this section, we will determine the conditions and develop
exponentially fitted and trigonometrically fitted MRKT

TaBLE 1: The Butcher tableau MRKT method.

c y 7 A A

b b, bH

methods. In order to construct the exponentially fitted and
trigonometrically fitted MRKT methods, the extra y; and §;
are absolutely necessary to insert at each stage and the MRKT
methods is given as follows:

hZ s
Ynt1 = Yn t hy:l + ?y;’ + h3zbiki’ 3)
i=1
it = Ity + 1Y bk, (4)
i=1
N
Yuer = Yn +hY Bk )
i=1
where
ky = f(xn’yn’yr,l)’ (6)
! hz 2. N1
ki :f xn+cih’yiyn+hciyn+ ?Cz Y
(7)
+ h3Za,-jkj, y; + ﬂhciy,'j + hZZﬁijkj>
=1 =1
fori=2,3,...,s.
The parameters of the MRKT methods are ¢, a;, @), b;,

bi',bi",yi and y; fori = 1,2,...,sand j = 1,2,...,s are
assumed to be real. If a;; = 0 and G;; = 0 fori < j, itis an
explicit method and otherwise implicit method.

The MRKT method can be expressed in Butcher notation
using the table of coefficients as follows (see Table 1).

3.1. Exponentially Fitted MRKT Method. To construct the
exponentially fitted Runge-Kutta type four-stage fifth-order
method the functions e and e ** need to integrate exactly
at each stage; therefore the following four equations are
obtained:

1 S
+Gv 2 2 3 +c;v
e’ —yiic,-v+zciv inaije 7, (8)
=1
S
oy =~ 2 ~  *civ
e =1lxygvty Zaije P 9)

j=1

. . . ! "
and six more equations corresponding to y, ', and y:

1 N
e =1+v+ Evz + v3Zb,~eiC"v, (10)
i=1
N
e =1xv+ VZZbi'eic"v, (1)

i=1
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=1+ 1)Zbll +cv’ (12)

where v = wh, w € R. The relations cosh(v) = (" +e™")/2 and
sinh(v) = (e” — e™")/2 will be used in the derivation process.
The following order conditions are obtained:

1
cosh (vg;) = y; + 21/ ¢+ Za sinh (ve;),  (13)

j=1
i-1
sinh (vg;) = v, + v’ ) a;; cosh (vcj) , (14)
j=1
cosh(vg) =1+v Za cosh (vc]) (15)
j=1
i-1
sinh (vg;) = v + v Za sinh (ve;), (16)
j=1

and six equations corresponding to y, ', and y"":

cosh(v) =1+ %vz + v3gbi sinh(vg), (17)

sinh (v) = v + v3zs:bi cosh (v¢;), (18)
i=1

cosh(v) =1+ vzibi' cosh (vg), (19)
i=1

sinh (v) = v + vzibi' sinh (vc,), (20)
i=1

cosh(v) =1+ vibi" sinh (v¢,), (21)
i=1

sinh (v) = vibi" cosh (vg,). (22)

i=1

Solving (13) to (16), we find a;; , @;; ,,y;, and ¥

) i-1
y; = cosh (vci) - zvzciz - V3Zai,j sinh (VCj) > (23)
j=1
sinh (v¢;) —vg, - v* Y’} a; ; cosh (vc )
a;i 1= L > (24)
& v3 cosh (ve_;)

cosh (vg;) — 1 -+ a; ; cosh (vc;
Gijy = ) ZJ — ( ), (25)

v? cosh (ve_;)

_ cosh (v/5) - 1

1~ V2
G = cosh (2v/3) =1 + (1/27)v*
2 v? cosh (v/5) ’

Applied Mathematics: Principles and Techniques

_ sinh(vg) —v Z] 1al]smh(vc])
Yi = ]

VG (26)

i=2,...,8.

Referring to the following fifth-order four-stage method
developed by Fawzi et al. [15]:

¢ =0,
1
&=
o2
3_3’
o =1,
a =0,
Lo
7 4860
a —l
41_50’
.
42 — 50’
1
hB1 =75 (27)
o2
4710
N
42 35’
3
by = ——
T 112
b, =0,
9
b= =,
3 56
by =0,
" 1
356’
r_
T Y

we solve (23) to (26) and let @}, Gs,, Gy3,> G305 Ay3> Vs V35 Vao
P> V5> and 9, be free parameters and yields.
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cosh (v) = 1 —+* (3/10 — (2/35) cosh (v/5))

%3 = v? cosh (2v/3) ’

4. - Sinh (2v/3) - 2v/3 + (49/4860) v’
2 v3 cosh (¢,v) ’

b sinh (v) — v = (7/50) v* + (1/50) v* cosh (v/5)
8 v3 cosh (2v/3) ’

V2

v
(2)-5
V2 COoS 5 50

(21/) 2V 301y <v>
y3 =cosh| — |- — - sinh{ =),
3 9 4860 5

Y4 = cosh (v) - Loy (—L sinh<1—/> + L sinh(z—V)),
2 50 5 25 3

2 (cosh (2v/3) - 1+ v*/27 ) sinh (v/5)
3 cosh (v/5) v*

>

1 v (W (Cosh v-1- (3V2/10 - (2V2/35) cosh (v/S))) sinh (2v/3)
Pa= sinh (v) + 35 sinh <§) A v cosh (2v/3) '

Next, we solve (17) to (22) and use the above coefficients to
find b,, b,, bl', bz', bl”, and bz”.

_ 3 cosh (v/5)sinh (2v/3) — cosh (2v/3) sinh (v/5) N —2 cosh (v/5) cosh (v) + 2 cosh (v/5) + cosh (v/5)v* + 2 sinh (v) sinh (v/5) — 2vsinh (v/5)

T2 sinh (v/5) 2+ sinh (v/5)
by = 3 sinh(2v/3) —2cosh(v)+2+ v
" 112 sinh (v/5) 2v3 sinh (v/5)
b= 9 cosh (v/5) sinh (2v/3) — cosh (2v/3) sinh (v/5)  cosh (v/5) sinh (v) — cosh (v/5) v — cosh (v) sinh (v/5) + sinh (v/5)
17 56 sinh (v/5) v2sinh (v/5) ’

9 sinh (2v/3) N sinh (v) — v

2" 56 sinh(v/5)  v?sinh (v/5)’

1+ (27/56) vsinh (2v/3) + (5/48) v sinh (v) — cosh (v)
vsinh (v/5) ?

"
b, =

"
bl

_ ((27/56) cosh (v/5) vsinh (2v/3) + (5/48) cosh (v/5) v sinh (v) — cosh (v/5) cosh (v) + cosh (v/5) — (27/56) v cosh (2v/3) sinh (v/5) — (5/48) v cosh (v) sinh (v/5) + sinh (v) sinh (v/5))

(vsinh (v/5))

These lead to our new exponentially fitted Runge-Kutta _ 57722879 10
type four-stage fifth-order explicit MRKT method denoted as 134057055132000000000
EFMRKTS5. The corresponding Taylor series expansion of the 5 1, 2921
solution is given by b, = 5 760" T3e030000"

b, = L + ! v+ 101 v - Lol v°
' 48 7 2160 136080000 45927000000
3 5713 0 . 54293587 W8
183708000000 40920957000000000
B 11330339 N 6964030429 10
81841914000000000 670285275660000000000
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AL S VAR SE R . 2216008103 p
1724 283500 218700000 1104865839000000000
- 1055069 p ~ 15664491766661 SO
341007975000000 484759886861250000000000
- 23025689 JO, . 7221 5 114463
2538959377500000000 ’ 150 135000 637875000
. E N 241 A 22871 9 a 1010472889 5
284 2268000 6123600000 34445250000000
. 112778137 L 222576819697 s
2728063800000000 42625996875000000
. 13599351683 PO | 84318883418716333 .
55857106305000000000 89770349418750000000000
pro L1 ey 167 y, =1+ Loy L sy 1 B
1 7 24 " 21600 58320000 15000 11250000 15750000000
. 528389 p . 1 Oy
16533720000000 35437500000000
N 967343 0 pml- 59 a2 9569 4 74831
5845851000000000 225 1215000 911250000
o125 1 g 2867 L 20104429 4
2336 21600 408240000 11481750000000
3022109 L - 495937229 10
~ 1653372000000 " 25833937500000000
~ 1457821 SO, = 1-v 4 19 ., 2267
730731375000000 ’ 1000 4050000
R 1 1, 1 4 4858267 g
“17 50 " 15000" " 11250000 255150000000
. 1 s 1 p . 65060629 10
15750000000 35437500000000 344452500000000
+ 1 WO+ )72=1+Lv2+ = v ! Ve
116943750000000000 ’ 150 75000 78750000
A T L N 1 ¥
32727 112150 6561000 141750000000
o 68827 N 1 MOy
516678750000 389812500000000
. 7097417 p p=1- L2y 13 4 2032
1674039150000000 270 60750 717609375
~ 39720321233 SO, . 136109
621487034437500000000 ’ 2906317968750
Gy = - 43 5 3323 4 111136579 N 2726807 o, ..
735 3000 1350000 255150000000 3596568486328125
, 26973882539 p G- 1+ L a 79 . 2161951
344452500000000 150 15000 2126250000
__721361598388001 1o L 78384961 4
51151196250000000000 ’ 425250000000
4, = 280 67, 26141, _ 5664933289891 o
4860 729000 2755620000 170503987500000000
4671541 p (30)
"~ 39858075000000 wherey, = 1,9, = 1.
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This results in the new method called EFMRKT5. As
v — 0, the coefficients by, b,,b],b;,b) b, as,, dyy, Gy
33> Gy3> V25 V3> Ya» Vo V3> and 9 of the new method EFMRKT5
reduce to the coefficients of the original method RKT5. That
is to say, b;(0),b,(0),b;(0),b;(0), b} (0), b (0), as,(0), a,,(0),
021(0) 032(0) a43(0) Yz(o) )’3(0) Y4(0) Yz(o) Y3(0) and V4(0)
are identical to by, by, b],b;,b,, b}, asy, Gy, Gay» sy, sy Vs V3o
V4> V2> V3> and 9, of RKT5 method Other than that, v — 0,
as EFMRKT5 method will have the same error constant as
RKT5 method.

3.2. Trigonometrically Fitted MRKT Method. Exponentially
fitted method leads to trigonometrically fitted method when
replacing v = wh with iv and solving (8) to (9) to find a;; ,,
;1> and §;.

vZa sm( ) (31)

1-cos(vg) — v Z a; cos( ])

V; —cos(vc)——v ¢

G = , (32)
i1 v? cos (ve. ;)
—sin(vg) +v-¢g = Z a; cos(vcj) (33)
B = v3 cos (ve.,) ’
2
sin (vg) +2 Y% @, . sin
7= () o1 8y 3in (e J), i=2,...,s (34

Ve

Consider the same coefficients of fifth-order four-stage
method developed by Fawzi et al.[15] as in Section 3.1. Solving

b= 3 cos (v/5) sin (2v/3) — 3 cos (2v/3) sin (v/5)
)=

the (31) to (34) and letting a,,, ds,, Gy3> A32> Aaz> Vo> V35 Var Vo>
¥5, and y, be free parameters will give

N 1 - cos (v/5)

ay = — >

21 —
12

1 -cos(2v/3) +(1/27) v

5 = v2cos (v/5) ’
__1-cos(v) - v*(3/10 - (2/35) cos (v/5))
a3 = v2cos (2v/3) ’
_ —sin (2v/3) + 2v/3 + (49/4860) v’
32 = v3cos (v/5) ’
v —sin (v) — v* (7/50 — (1/50) cos (v/5))
g3 = >

v3cos (2v/3)

2
Y, = cos(z) - V—,
5 50

(21/) 2? 3010° . (v)
Y3 = cos — — ——sin( - |,
3 9 4860 5

V 3( 1 . (v 1 . (2
Yy =cos(v)—— -V ——sm(7)+—sm(—)),
2 50 5 25 3

(35)

2 (1 —cos(2v/3) + v2/27) sin (v/5)
3v2cos (v/35)

sin(v) 2v . (v)
=——= - —sin|( =
v 35 5

(1 —cos (v) — (31/2/10 - (21/2/5) cos (v/S))) sin (2v/3)
* vcos (2v/3) '

Next, solving (10) to (12), and using the above Fawzi
coefficients to find by, b,,b;, b}, b;', and b},

_ 2cos (v/5) cos (v) — 2 cos (v/5) + cos (v/5) v* + 2 sin (v) sin (v/5) — 2vsin (v/5

112sin (v/5) 213 sin (v/5)
2cos (v) = 2 + v

2v3 sin (v/5)

3 sin (2v/3)
112 sin (v/5)

)y = —

>

9 cos (v/5) sin (2v/3) — 9 cos (2v/3) sin (v/5) 4 cos (v/5) sin (v) — v cos (v/5) — cos (v) sin (v/5) + sin (v/S

bl, - 56 sin (v/5) v2 sin (v/5)
b = (25v/243) sin (v) + (80/81) cos (v) — 80/81 + (23v/48) sin ( 2v/3) (36)
1 (80v/81) sin (v/5) — (v/125) sin (2v/3)
T —1+ (27/56) vsin (2v/3) + (5/48) vsin (v) + cos (v)
2 vsin (v/5)
by
_ ((27/56) cos (v/5) vsin (2v/3) + (5/48) cos (v/5) vsin (v) + cos (v/5) cos (v) — cos (v/5) — (27/56) v cos (2v/3) sin (v/5) — (5/48) v cos (v) sin (v/5) + sin (v) sin (v/5))
vsin (v/5)
These lead to our new explicit trigonometrically fitted _ 11330335 A
MRKT which is called TFMRKT5 method. The correspond- 81841914000000000
ing Taylor series expansion of the solution is given by N 57722879 U
134057055132000000000
p= Lo L, 101 p_5 1o 2
48 2160 136080000 2= 15 + 2160V 136080000V
5713 6 1361 6

v + v
183708000000 45927000000
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b) =

S
1]

as; =

Ay3 =

N 54293587 y
40920957000000000

- 6964030429 it
670285275660000000000

1 17 149

— - v+ v

24 283500 218700000

~ 1055069
341007975000000

N 23025689 10
2538959377500000000

25 241, 22871

— + v - v

84 2268000 6123600000

112778137
2728063800000000

- 13599351683 10
55857106305000000000

1 1 167

— + v - v

24 21600 58320000

528389 s

+——
16533720000000

- 967343 10
5845851000000000

T

‘o

ey

125 1 2867 g

- _ s v
336 21600 408240000
B 3022109 8
16533720000000
N 1457821 Vlo
730731375000000
1 1, 1,
— - et v
50 15000 11250000
1 3 1 8
- v + v
15750000000 35437500000000

ce

1 10
116943750000000000 v

37, 287
— - Ve + v
27 12150 6561000
68827 ¢
t—
516678750000
. 7097417 y
1674039150000000
N 39720321233 iyt
621487034437500000000
43 , 3323 , 111136579
—+ v+ v+ v
353000 1350000 255150000000
, 26973882539
344452500000000

ey

T

6
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. 721361598388001
51151196250000000000
289 67 26141
as, = + Vi + v
4860 729000 2755620000
4671541 ‘
by
39858075000000
. 2216008103 y
1104865839000000000
. 15664491766661 10
484759886861250000000000
7 221 5, 114463
Ay = — + Vit v
150 © 135000 637875000
1010472889
34445250000000
, 202576819697
42625996875000000
. 84318883418716333 o
89770349418750000000000

T

T

2 1 4 1 6
Y, =1T——v"+ Vi — v
25 15000 11250000
1 8 1 10
+ v - 4
15750000000 35437500000000
+ - s
59 9569 4 74831 ¢
V3=1-—v - V= v
225 1215000 911250000

N 26104429 8
11481750000000

L 495937229
25833937500000000

19 , 2267

+ v+ v
1000 4050000

4858267
255150000000

. 65060629 g
344452500000000

CEEN

)/4:1—1/2

)

_ 2 L 4 1 6
Yp=1-—v+ v = v
150 75000 78750000
1 8
v
141750000000
— 1 'Vlo ..
389812500000000 ’

~ 1 5 13 4 2032 6
Y3=1+—v + v+ 4
270 60750 717609375

L 136109
2906317968750
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. 2726807 0
3596568486328125
1
Jo=1-—v"+ 7 v
150 15000
78384961 4
v
425250000000
. 5664933289891 0
170503987500000000

ey

2161951 ¢
+ 1%
2126250000

(37)

wherey, = 1,9, = 1.

This results in the new method called TFMRKT5. As
v — 0, the coefficients by, by, b, b;, b, b}, a5, Ay, Gy, @3
Gs3> V2> V30 Yar Vo> V3> and 9, of the new method TFMRKT5
reduce to the coefficients of the original method RKT5. That
is to say, b;(0),b,(0),b;(0),b(0),b; (0),b}(0), a5,(0), a,(0),
,1(0), a3,(0), ay5(0), Yz(o) Ys(o) Y4(0) Yz(o) Ys(o) and ,(0)
are identical to by, by, b],b), by, b)), asy, Gy, Gay» sy, s Vo V3o
Ya> V2> V3> and 9, of RKT5 method. Other than that, v — 0,
as TFMRKT5 method will have the same error constant as
RKT5 method.

4. Error Analysis

In this sectlon, we w1ll find the prmcipal local truncation
errors for y, ', and y" (i.e., Tp1» .\ > Tony) Of the new expo-
nentially fitted and trigonometrically fitted explicit modified
Runge-Kutta type methods, respectively. We first find the
Taylor series expansion of the actual solution y(x,, + h), the
first derivative of the actual solution y' (x,,+h), and the second
derivative of the actual solution y"(x,, + h), the approximate
solution y,,, ;, the first derivative of the approximate solution
y! .., and the second derivative of the approximate solution
y,'. . The local truncation errors of y, y',and y"' are given as

y(x,+h),

n+1 yn+1
T=y -y (x,+h), (38)
n+1 yn+1 )/” ('xn + h)

The 7,,,,7,,,> and T
Appendix.

Notes: from ,,,,, 7, wippand T +1, we can see that the order
of TEMRKTS5 is order 5 because all of the coefficients up to i’
vanished.

' | of the methods are given in the

5. Problems Tested and Numerical Results

In this section, we will apply the new explicit exponentially
fitted modified Runge-Kutta type method to some y""' =
flx, y') ODEs for problems (1)-(4) which consist of
exponential solutions and the new trigonometrically fitted
modified Runge-Kutta type method to some ODEs problems
(5)-(8) with trigonometric functions solutions. The numeri-
cal results are compared with the results obtained when the
same set of problems are reduced to a system of first-order

equations and is solved using the existing Runge-Kutta of the
same order.

(i) h: step sizes.

(ii) TFMRKTS5: the four-stage fifth-order trigonometri-
cally fitted RK type method derived in this paper.

(iii) EFMRKTS5: the four-stage fifth-order exponentially
fitted RK type method derived in this paper.

(iv) RKT5: the four-stage fifth-order RK type method
given by Fawzi et al. [15].

(v) RK5B: the six-stage fifth-order RK method given in
Butcher [16].

(vi) RKF5: the six-stage fifth-order RK method given in
Lambert [17].

(vii) TFRK: the six-stage fifth-order trigonometrically fit-
ted RK method given in Anastassi et al. [18].

Problem 2 (homogeneous linear problem).

u

¥ (x) =2y (x), (39)
39
y(0)=0, y' (0)=1, y"(0) =
exact solution is
V2x -V2x
(x) \/5 \/E@ . (40)
4
Estimated frequency w = V2.
Problem 3 (homogeneous linear system).
y (%) =8y} (%),
71(0)=2, y;(0)=4, y} (0) =8,
¥y (x) =8y, (%), "
41
y,(0) =4, y,(0) =8, y) (0) =16,
3 (%) =y, (),
y;0) =1, ¥ (0) =2, y3 (0) =
exact solutions are
N (x) = Zer)
¥, (x) = 4e%, (42)
y3 (x) — er

Estimated frequency w = 2.
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Problem 4 ( inhomogeneous linear system ).

n

Y1 (x) = }/; (x)+1,
y1(0)=2, ¥ (0)=3, y (0) =5,

n

¥y (x) = y; (%) +2,

! " (43)
WV (0) =1, Y, (0) =2, Y, (0) =5,
73 (%) =y, () +3,
73(0) =0, ,(0) =4, y; (0) =5,
exact solutions are
y; (x) = 5¢" —2x -3,
¥, (x) = 5¢" —3x — 4, (44)
y5 (x) = 5¢" —x - 5.
Estimated frequency w = 1.
Problem 5 (inhomogeneous linear problem).
y'” (x) = Sy' (x) + sinh (x),
@=L o -0 pro -t
)/ - 47 y - Y y — 4)
exact solution is
e e
__SAl (46)
y(x)=-5=
Estimated frequency w = 1.
Problem 6 (homogeneous linear problem).
yll/ (x) _ —Zsyl (X) ,
(47)
y(© =0, =0y (=1,
exact solution is
y(x) = % - 2—15 cos (5x) . (48)
Estimated frequency w = 5.
Problem 7 (inhomogeneous linear problem).
y’" (x) = —27y' (x) + sin (x),
! " (49)
y(©0)=1, y (0)=-1, y (0) =0,
exact solution is
y(x) = ﬁ cos (3 \/gx) - \/_§ sin (3 \/gx)
702 9 (50)

1 28
- —cos(x)+ —.
26 27

Estimated frequency w = 3/3.

Applied Mathematics: Principles and Techniques

Problem 8 (inhomogeneous linear system).

n

y" (x) = =27y, (x),

¥ (0) =0,  (0) =1, y;(0) =0,

y;" (x) = —27)/; (x) + cos(x),
(51)

¥, (0) =1, y5(0)=-1, y, (0) =0,
y_:,” (x) = _27)/; (x) ,

exact solutions are
3
y (x) = —% sin (3\/§x) ,

Ya(x)=1- % sin (3 \/gx) + % sin(x),  (52)

26 1
y3(x) = > + > cos (3\/§x).

Estimated frequency w = 3+/3.

Problem 9 (inhomogeneous linear system).

n

y (x) = —7y£ (x) = cos(x),
1O =2 ¥ 0 =03 ©=-1

n

y, (x)= —7)/{ (x) — cos (x),

(53)
2(0) =1, y,(0) =0, y;(0) = -1,
;' (x) = =73 (x) - cos (x),
y;(0)=0, y3(0) =1, 5 (0) =0,
exact solutions are
(%) = —l sin (x) + \/—7 sin(\ﬁx) + 1cos (\/7x)
! 6 42 7 ’
¥, (x) = ! sin (x) + \/—7 sin (x) V7 + 6
6 42 7 (54)

+ 2 cos (V7),

1
y3(x) = g sin (\ﬁx) 5 sin (x).
Estimated frequency w = 1.

6. An Application to a Problem in
Thin Film Flow

Here, we will use the suggested method to a famous problem
in engineering and physics based on the thin film flow
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of a liquid. Many researchers in the literature explain this
problem more. Momoniat and Mahomed[19] constructed
symmetry reduction and numerical solution of a third-order
ODE from thin film flow. Tuck and Schwartz [20] discussed
the movement of a thin film of viscous fluid over a solid
surface and taken into account tension and gravity, as well as
viscosity. The problem was evaluated and solved using third-
order ODE as follows:

d3

=10 (55)

Many forms of the function were studied by [20] for the
drainage dry surface; it has the form of f(y) which can be
stated as

&y 1

— ==1+ —. 56

= ﬁ (56)
When the surface is prewetted by a thin film with thickness
0 > 0 (where § > 0 is very small), the function f is given by

1+86+8% 6+6°
(y)=-1+ -
f yZ y3

Problems concerning the flow of thin films of viscous fluid
with a free surface in which surface tension effects play a role
typically lead to third-order ODEs governing the shape of the
free surface of the fluid,y = y(x). As indicated by [20], one
such equation is

(57)

Y =y x2x (58)
with initial conditions
y (xo) = o
¥ (%0) = Yo (59)

;V” (x0) = J’(’)”

where y,, y;, and y, are constants, which is of specific
significance since it portrays the dynamic balance amongst
surface and gooey strengths in a thin fluid layer in disregard
of gravity. For compare and contrast, we utilized Runge-
Kutta methods which are fifth-order (RKT5, RK5B, RKF5,
and TFRKT) strategies, individually. To utilize Runge-Kutta
techniques we write (1) as a system of three first-order
equations. Biazar et al. [21] we can write (58) as the following
system:

d

d

ﬁ = y3(x), (60)

dy, _k

dx =N

where

yl (0) = 1>
7, (0)=1, (61)
y3(0) = 1.

log;o(Max global error)

~10 |

_12 1 1 1 n 1 1 1
1.4 1.6 1.8 2 2.2 24 2.6 2.8 3

log;o(Number of function evaluations)

—o— EFMRKT5
—o— RKT5

—«— RK5B
—+— RKF5

FIGURE 1: The efficiency curve for EFMRKT5, RKT5, RK5B, and
RKEF5 for Problem 2 with x,,; = 5and h = 0.1, 0.25,0.5,0.75.

We have taken x, = 0and y, = y; = y, = 1. Unfortunately,

for general k, (58) cannot be solved analytically. However, we
can use these reductions to determine an efficient way to solve
(1) numerically. Here, we are focusing on the cases k = 2 and
k = 3 (see Mechee et al.[22]).

7. Discussion and Conclusion

In this research, we have derived exponentially fitted and
trigonometrically fitted explicit modified Runge-Kutta type
methods for solving y"'(x) = f(x, y,") with application
to thin film flow problem. Consequently, the new four-stage
fifth-order exponentially-fitted and trigonometrically-fitted
methods which are denoted as EFMRKT5 and TFMRKTS5,
respectively, were constructed and we used in numerical
comparison the criteria based on computing the maximum
error in the solution (max(| y(t,) — y,|)) which is equal to the
maximum between absolute errors of the actual solutions and
computed solutions. The numerical outcomes are plotted in
Figures 1-8. Figures 1-8 demonstrate that the new TEMRKT5
and EFMRKT5 methods require less capacity assessments
than the RKT5, RK5B, RKF5, and TFRK methods. The
figures showed the efficiency of the new methods where the
common logarithm of the maximum global error throughout
the integration versus computational cost was measured by
the number of function evaluations. The numerical results
obtained showed clearly that the global error for a short
period of integration for the new exponentially fitted method
and for a large period of integration for the new trigono-
metrically fitted explicit modified Runge-Kutta type method
is smaller than that of the other existing methods. The new
EFMRKT5 and TFMRKT5 methods are much more efficient
than the other existing methods when solving third-order
ODEs of the form y"' = f(x,y,y') straightforwardly.
For Tables 2 and 3 we observed that the numerical results
using TEFMRKT5 and EFMRKT5 methods are correct to five
decimal places. Applying RK5B, RKF5, TFRK, and RKTS5 to
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TABLE 2: Numerical results for problem in Thin Film Flow (58) taking # = 0.1 and k = 2.
X Exact Solution RK5B RKF5 RKT5 EMFRKT5 TFRK TFMRKT5
0.0 1.000000000 1.000000000 1.000000000 1.000000000 1.000000000 1.000000000 1.000000000
0.2 1.221211030 1.2212100068 1.2212100097 1.2212100039 1.2212100052 1.2212100218 1.2212100052
0.4 1.488834893 1.4888347851 1.4888347895 1.4888347797 1.4888347885 1.4888348090 1.4888347885
0.6 1.807361404 1.8073614063 1.8073614114 1.8073613988 1.8073614237 1.8073614357 1.8073614237
0.8 2.179819234 2.1798192463 2.1798192513 2.1798192371 2.1798192873 2.1798192788 2.1798192873
1.0 2.608275822 2.6082748841 2.6082748883 2.6082748735 2.6082749587 2.6082749176 2.6082749587
TABLE 3: Numerical results for problem in thin film flow (58) taking & = 0.01 and k = 2.
X Exact Solution RK5B RKF5 RKT5 EFMRKT5 TFRK TEMRKTS5
0.0 1.000000000 1.000000000 1.000000000 1.000000000 1.000000000 1.000000000 1.000000000
0.2 1.221211030 1.2212100045 1.2212100045 1.2212100045 1.2212100045 1.2212100045 1.2212100045
0.4 1.488834893 1.4888347799 1.4888347799 1.4888347799 1.4888347799 1.4888347799 1.4888347799
0.6 1.807361404 1.8073613977 1.8073613977 1.8073613977 1.8073613977 1.8073613977 1.8073613977
0.8 2.179819234 2.1798192339 2.1798192339 2.1798192339 2.1798192340 2.1798192339 2.1798192340
1.0 2.608275822 2.6082748676 2.6082748676 2.6082748676 2.6082748677 2.6082748676 2.6082748677

(58) for k = 2 also yields five-decimal place accuracy. Tables
4 and 5 show the numerical results for the case k = 3 with
h = 0.1 and h = 0.01 since for k = 3, Problem (58) cannot
be solved analytically. Table 4 shows that TFMRKT5 and
EFMRKT5 manage to achieve the numerical results which
agree to seven decimal places when compared to RK5B,
RKF5, TFRK, and RKTS5 for & = 0.1. In Table 5 the numerical
results for TFMRKT5 and EFMRKT5 agree to nine decimal
places when compared to RK5B, RKE5, TFRK, and RKT5
for h = 0.01. For Table 7 we observe that RK5B, RKFS5,
RKTS5, TFRK, TEMRKTS5, and EEMRKTS5 have similar order
of accuracy. In Table 6 values of the error are different.
Therefore it is consistent with results displayed in Tables 2
and 3. Figures 9 and 10 show that the new EFMRKT5 and
TFMRKT5 methods require less function evaluations than
the RK5B, RKF5, TFRK, and RKT5 methods. This is because
when problem (58) is solved using RK5B, RKF5, TFRK, and
RKT5 methods, it needs to be reduced to a system of first-
order equations which is three times the dimension.

Appendix

The principal local truncation errors for y, y’, and y" (ie.,
.07 '+1) for EFMRKTS5 are as follows:

n+1> n+1’

1
)’xsz)’Z‘ —yx

108007 1YY

]
Tt = <_ 3600

3600yx Eyyyex + 162000)’9: y

1
+ Fzzy, F — Fxyz
162000 22 T 1500 )% XV xx

- _}’x

3600 ZYYVix ~

yxyxx yz

3600

2

F _
ZEV Y 10800

1
+ F — Fxxx +
907200 10800

N S

=12 + 4

log,((Max global error)
&

14 . . . . \ \ .
1 1.2 1.4 1.6 1.8 2 2.2 2.4 2.6

log;o(Number of function evaluations)

—o— EFRKTG5 —k— RK5B

—o— RKT5 —+— RKF5
FIGURE 2: The efficiency curve for EFMRKT5, RKT5, RK5B, and
RKEF5 for Problem 3 with x,,; = 2 and h = 0.1, 0.25,0.5,0.75.

] 1
- —y Fxy— — Fyx
36007~ 1 F 3600y VXX
2
S + FxzF
3600 = T 1620000 °
1 3
S + FzF
108007 % 907200 =%
971, 1,
2 Ry - —_y°F
907200 -~ Yxx T 36007% Y
wze ! ——Fzxx
10800~ P T 3600 S xx

1
—IOSOOw Fyyx) h+0 (h7)

(A])

WORLD TECHNOLOGIES




Exponentially Fitted and Trigonometrically Fitted Explicit Modified Runge-Kutta Type Methods for Solving...

TaBLE 4: Numerical results for problem in thin film flow (58) taking h = 0.1 and k = 3.

117

X RK5B RKF5 RKT5 EMFRKT5 TFRK TFMRKT5

0.0 1.000000000 1.000000000 1.000000000 1.000000000 1.000000000 1.000000000

0.2 1.2211551491 1.2211551546 1.2211551394 1.2211551412 1.2211551831 1.2211551412

0.4 1.4881052974 1.4881053065 1.4881052807 1.4881052926 1.4881053519 1.4881052926

0.6 1.8042625677 1.8042625794 1.8042625459 1.8042625786 1.8042626364 1.8042625786

0.8 2.1715228242 2.1715228376 2.1715227987 2.1715228633 2.1715229031 2.1715228633

1.0 2.5909582923 2.5909583063 2.5909582638 2.5909583715 2.5909583783 2.5909583715

TABLE 5: Numerical results for problem in thin film flow (58) taking & = 0.01 and k = 3.

X RK5B RKF5 RKT5 EMFRKT5 TFRK TFMRKT5

0.0 1.000000000 1.000000000 1.000000000 1.000000000 1.000000000 1.000000000

0.2 1.2211551424 1.2211551424 1.2211551424 1.2211551424 1.2211551424 1.2211551424

0.4 1.4881052842 1.4881052842 1.4881052842 1.4881052842 1.4881052842 1.4881052842

0.6 1.8042625481 1.8042625481 1.8042625481 1.8042625482 1.8042625481 1.8042625482

0.8 2.1715227981 2.1715227981 2.1715227981 2.1715227982 2.1715227981 2.1715227982

1.0 2.5909582591 2.5909582591 2.5909582591 2.5909582592 2.5909582591 2.5909582592
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FIGURE 3: The efficiency curve for EFMRKT5, RKT5, RK5B,

log;o(Number of function evaluations)

—o— EFMRKT5
—o— RKT5

—— RK5B
—+— RKF5

and

RKF5 for Problem 4 with x,,; = 6 and h = 0.1,0.25,0.5,0.75.
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TaBLE 6: Comparison of error for problem in thin film flow (58) taking h = 0.1 and k = 2.

X RK5B RKEF5 RKT5 EFMRKTS5 TFRK TFMRKT5
0.0 0.0000(0) 0.0000(0) 0.0000(0) 0.0000(0) 0.0000(0) 0.0000(0)
0.2 1.0230 (-6) 1.0200(-6) 1.2600(-6) 1.0250(-6) 1.0080(-6) 1.0250(-6)
0.4 1.0800(-7) 1.0300(-7) 11300(-7) 1.0500(-7) 8.4100(-7) 1.0500(-7)
0.6 2.0000(-9) 7.0000(-9) 5.0000(-8) 2.0000(-8) 3.2000(-8) 2.0000(-8)
0.8 1.2000(-8) 1.7000(-8) 3.0000(-9) 5.300(-8) 4.5000(-8) 5.3000(-8)
1.0 9.3800(-7) 9.3400(-7) 9.4800 (-7) 8.6300 (-7) 9.0400(-7) 8.6300(-7)
TaBLE 7: Comparison of error for problem in thin film flow (58) taking 4 = 0.01 and k = 2.
x RK5B RKF5 RKT5 EFMRKT5 TFRK TFMRKT5
0.0 0.0000(0) 0.0000(0) 0.0000(0) 0.0000(0) 0.0000(0) 0.0000(0)
0.2 1.0260(-6) 1.0260(-6) 1.0260(-6) 1.0260(-6) 1.0260(-6) 1.0260(-6)
0.4 6.0000(-7) 6.0000(-7) 6.0000(-7) 6.0000(-7) 6.0000(-7) 6.0000(-7)
0.6 9.0000(-9) 9.0000(-9) 9.0000(-9) 9.0000(-9) 9.0000(-9) 9.0000(-9)
0.8 0.0000(0) 0.0000(0) 0.0000(0) 0.0000(0) 0.0000(0) 0.0000(0)
1.0 9.5400(-7) 9.5400(-7) 9.5400(-7) 9.5400(-7) 9.5400(-7) 9.5400(-7)
0 1
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FIGURE 5: The efficiency curve for TEMRKT5, RKT5, RK5B,

RKF5, and TFRK for Problem 6 with x
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An L(2, 1)-coloring of a simple connected graph G is an assignment f of nonnegative integers to the vertices of G such that | f () —
fWI=2ifd(u,v) =1and |f(u) - f(v)| = Lifd(u,v) = 2 for all u, v € V(G), where d(u, v) denotes the distance between u and v
in G. The span of f is the maximum color assigned by f. The span of a graph G, denoted by A(G), is the minimum of span over all
L(2,1)-colorings on G. An L(2, 1)-coloring of G with span A(G) is called a span coloring of G. An L(2, 1)-coloring f is said to be
irreducible if there exists no L(2, 1)-coloring g such that g(u) < f(u) for allu € V(G) and g(v) < f(v) for some v € V(G). If f isan
L(2,1)-coloring with span k, then h € {0, 1,2, ..., k} is a hole if there is no v € V(G) such that f(v) = h. The maximum number of
holes over all irreducible span colorings of G is denoted by H, (G). A tree T with maximum degree A having span A + 1 is referred
to as Type-I tree; otherwise it is Type-IL In this paper, we give a method to construct infinitely many trees with at least one hole
from a one-hole tree and infinitely many two-hole trees from a two-hole tree. Also, using the method, we construct infinitely many
Type-II trees with maximum number of holes one and two. Further, we give a sufficient condition for a Type-II tree with maximum

number of holes zero.

1. Introduction

The channel assignment problem is the problem of assigning
frequencies to transmitters in some optimal manner. In 1992,
Griggs and Yeh [1] have introduced the concept of L(2,1)-
coloring as a variation of channel assignment problem. The
distance between two vertices u and v in a graph G, denoted
by d(u, v), is defined as the length of a shortest path between u
and vin G. An L(2, 1)-coloring of a graph G is an assignment
f:V(G) — {0,1,2,...,k} such that, for every u,v in V(G),
| f(u)— f(v)| = 2ifuand vare adjacent and | f () — f(v)| = 1
ifu and v are at distance 2. The nonnegative integers assigned
to the vertices are also called colors. The span of f, denoted
by span f, is max{f(v):v € V(G)}. The span of G, denoted
by A(G), is min{span f: f is an L(2, 1)-coloring of G}. An
L(2,1)-coloring with span A(G) is called a span coloring. A
tree is a connected acyclic graph. In the introductory paper,
Griggs and Yeh [1] proved that A(P,) = 4 for n > 5; M(T) is
either A + 1 or A + 2 for any tree T with maximum degree
A. We refer to a tree as Type-1if A(T') = A + 1; otherwise it
is Type-II. In a graph G with maximum degree A, we refer to

a vertex v as a major vertex if its degree is A; otherwise v is
a minor vertex. Wang [2] has proved that a tree with no pair
of major vertices at distances 1, 2, and 4 is Type-I. Zhai et al.
[3] have improved the above condition as a tree with no pair
of major vertices at distances 2 and 4 is Type-I. Mandal and
Panigrahi [4] have proved that A(T') = A + 1 if T has at most
one pair of major vertices at distance either 2 or 4 and all other
pairs are at distance at least 7. Wood and Jacob [5] have given
a complete characterization of the L(2, 1)-span of trees up to
twenty vertices.

Fishburn and Roberts [6] have introduced the concept
of no-hole L(2,1)-coloring of a graph. If f is an L(2,1)-
coloring of a graph G with span k, then an integer h €
{0,1,2,...,k} is called a hole in f if there is no vertex v
in G such that f(v) = h. An L(2,1)-coloring with no hole
is called a no-hole coloring of G. Fishburn et al. [7] have
introduced the concept of irreducibility of L(2, 1)-coloring.
An L(2, 1)-coloring of a graph G is reducible if there exists
another L(2,1)-coloring g of G such that g(u) < f(u) for
all vertices u in G and there exists a vertex v in G such that
g(v) < f(v).If f is not reducible then it is called irreducible.
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Anirreducible no-hole coloring is referred to as inh-coloring.
A graph is inh-colorable if there exists an inh-coloring. For
an inh-colorable graph G, the lower inh-span or simply inh-
span of G, denoted by A,,;,(G), is defined as A,,;,(G) =
min{span f: f is an inh-coloring of G}. Fishburn et al. [7]
have proved that paths, cycles, and trees are inh-colorable
except C;, C,, and stars. In addition to that, they showed
that A+ 1 < A,,,(T) < A + 2 where T is any nonstar tree.
Laskar et al. [8] have proved that any nonstar tree T is inh-
colorable and A,,,(T) = A(T). The maximum number of
holes over all irreducible span colorings of G is denoted by
H,(G). Laskar and Eyabi [9] have determined the exact values
for maximum number of holes for paths, cycles, stars, and
complete bipartite graphs as 2, 2, 1, and 1, respectively, and
conjectured that, for any tree T, H,(T) = 2 if and only if T
is a path P,, n > 4. S. R. Kola et al. [10] have disproved the
conjecture by giving a two-hole irreducible span coloring for
a Type-II tree other than path.

In this article, we give a method of construction of
infinitely many two-hole trees from a two-hole tree and
infinitely many trees with at least one hole from a one-
hole tree. Also, we find maximum number of holes for
some Type-II trees given by Wood and Jacob [5] and obtain
infinitely many Type-II trees of holes one and two by applying
the method of construction. Further, we give a sufficient
condition for a zero-hole Type-II tree.

2. Construction of Trees with Maximum
Number of Holes One and Two

We start this section with a lemma which gives the possible
colors to the major vertices in a two-hole span coloring of a
Type-II tree.

Lemma 1. In any two-hole span coloring of a Type-II tree T
with A = 3, all major vertices receive either the same color or
the colors from any one of the sets {0, 2}, {0, A+2}, or {A, A+2}.

Proof. Let f be a two-hole span coloring of a Type-II tree T
Suppose that v, and v, are major vertices such that f(v,) #
f(v,). First, we prove that { f(v,), f(v,)} = {0,2} or {0, A + 2}
or {A,A + 2}. Let f(v,) = land f(v,) = I'. Without loss of
generality, we assume that 0 < I < I' < A+2.If] = 0, then the
color 1 must be one of the two holes in f.IfI' # A + 2, then
I'—1and!' +1 are the holes. Since I’ + 1 cannot be 1, /' — 1 is 1
which implies I'=2.1f1 # 0, then I — 1 and I + 1 are the holes
in f.IfI' # A+2,then! —1and !’ + 1 are the holes which are
not possible as [ # I'.1f1' = A + 2, then A + 1 must be one of
the holes in f. Since [ — 1 cannot be A+ 1,1+ 1is A+ 1 which
implies [ = A.

If {f(v;), f(v,)} = {0,2}, then 1 and 3 are the holes. If
any major vertex v receives a color / other than 0 and 2, then
the neighbors of v cannot get the colors 1 and 3 and at least
oneof ] —1land !+ 1@Gfl = A + 2,thenl — 1). This is
not possible as we need A + 1 number of colors to color a
major vertex and its neighbors. Similarly, other cases can be
proved. O

The following lemma is a direct implication of Lemma 1.
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Lemma 2. If f is a two-hole span coloring of a Type-II tree T
having two major vertices at distance less than or equal to two,
then the set of holes in f is {1,3}, {I,A+ 1}, or {A—1,A + 1}.

When we say connecting two trees, we mean adding an
edge between them. Corresponding to the possibilities of
holes given in Lemma 2, we give a list of trees which can
be connected to a two-hole tree having two major vertices at
distance less than or equal to two, to obtain infinitely many
two-hole trees. Later, we give a list of trees which can be
connected to a one-hole tree to get infinitely many one-hole
trees.

Theorem 3. If T is a tree with maximum number of holes two
and having at least two major vertices at distance at most two,
then there are infinitely many trees with maximum number of
holes two and with maximum degree A same as that of T.

Proof. Let f be an irreducible span coloring of T' with two
holes. Then by Lemma 2, the set of holes in f is {1,3} or
{1,A+1} or {A—-1,A+1}. Now, we give a method to construct
trees from T using the coloring f and holes in f. For all the
three possibilities of holes, we give a list of trees which can be
connected to T to get a bigger tree with maximum number of
holes two. Suppose 1 and 3 are the holes in f. We use Table 1
for construction.

Let u be a vertex of the tree T' and ¢ be the color received
by u. Now depending on the colors of the neighbors of u, to
preserve L(2, 1)-coloring, we connect the trees (one at a time)
given in Table 1 by adding an edge between u of T and the
vertex colored k of tree in the table. Note that 0 < k < A +2
and the color k is not equal to any of the colors c — 1, ¢, c + 1,
1, and 3 and not assigned to any neighbor of u. To maintain
irreducibility, we use the condition given in the last column
of the table. It is easy to see that, after every step, we get a
tree T' with maximum degree same as that of T and a two-
hole irreducible span coloring of T'. Also, it is clear that T is
a subtree of T'. Since connecting a tree to any pendant vertex
is always possible, we get infinitely many trees.

Suppose 1 and A + 1 are the holes in f. Construction is
similar to the previous case using trees in Table 2.

Suppose A — 1 and A + 1 are the holes in f. We use trees
in Table 3 for construction. O

Theorem 4. If T is a tree with Hy(T) = 1, then there exist
infinitely many trees containing T and with maximum number
of holes at least 1.

Proof. Here, we start with a one-hole irreducible L(2,1)-
span coloring of T having hole h. The construction of
infinitely many trees is similar to that in Theorem 3 and using
Table 4. Since after every step we get a tree T' with one-hole
irreducible span coloring, H,(T") > 1. O

Theorem 5. If T is a tree with Hy(T) = 1 and T has no two-
hole span coloring, then there exist infinitely many trees with
maximum number of holes one and containing T.

Proof. Since T has no two-hole span coloring, any tree
containing T having same maximum degree as that of T
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TABLE 1: Trees connectable to a vertex u colored ¢ in a two-hole tree with 1 and 3 as holes.

Color of vertex

Connectable trees Condition

k=2

k > 3 and all colors greater than 3 less than k adjacent to c.

k>4
k>5
c=0
3<k'<k-1
3<k<k'-1
k #1,2,3 and all colors less than k adjacent to c.
3 < k < A and all colors less than k adjacent to c.
4 2
5 2 0
c=2
6 2 0
k e k>5
k-2 2 0
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TaBLE 1: Continued.

Color of vertex Connectable trees Condition

3<k<k -1
3<k'<k-1
k>5
k>c+1
[ )3 k=0
>3 z—g—g k > 3 and all colors greater than 3 less than k adjacent to c.
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TaBLE 1: Continued.

Color of vertex Connectable trees

Condition

k>c+1

k>5

k>4
5<k<c-1
3<k'<k-1landc#Kk
3<k<k'-1landc#+k'

cannot have a two-hole span coloring. Therefore, every tree
obtained from T using Theorem 4 has maximum number of
holes one. O

Corollary 6. If T is a Type-I tree and H,(T) = 1, then there
exist infinitely many trees with maximum number of holes one
and containing T.

3. Maximum Number of Holes in Some
Type-1I Trees

Recall that, in a graph G with maximum degree A, we refer a
vertex v as a major vertex if its degree is A. Otherwise v is a
minor vertex. Wood and Jacob [5] have given some sufficient
conditions for a tree to be Type-II. We consider some of their
sufficient conditions as below.

Theorem 7 (see [5]). A tree containing any of the following
subtrees is Type-II provided the maximum degrees of the
subtree and the tree are the same A.

(I) T}: a tree with an induced P; consisting of three major
vertices.

(I) T,: a tree with a minor vertex w and at least 3 major
vertices adjacent to w.

(III) Tj: a tree with a major vertex w and at least A—1 major
vertices at distance two from w, and T, is not a subtree
of the tree.

(IV) T,: a tree with a vertex w adjacent to A — 2 vertices
W, W, ..., Wy, and two neighbors v;, v, of each w;,
1 <i< A-2aremajor.

Since the above trees can be as small as possible, we consider
the degrees of minor vertices as minimum as possible. Now,
we find the maximum number of holes for the trees T}, T,, T},
and T,. For any tree T with maximum degree A, it is clear
that H,(T) < 2. First, we show that H,(T;) < 1,i = 1,2,4.
Also, H,(T,) = 0if T, has a vertex adjacent to at least four
major vertices. Further, we give a two-hole L(2, 1)-irreducible
span coloring of Tj if it has exactly A — 1 major vertices at
distance two from a major vertex and we show that H, (T5) <
1, if T; has exactly A major vertices at distance two from a
major vertex. Later, we show that these upper bounds are
the exact values by defining L(2, 1)-irreducible span colorings
with appropriate holes. Now onwards, unless we mention,
tree refers to Type-II tree. In figures, we use symbol A to
denote a major vertex.

Theorem 8. For the trees T;, i = 1,2,4, Hy(T;) < 1.

Proof. Let v,,v,, and v; be the major vertices of T,. Since
V1, Vy, and v, receive three different colors in any L(2,1)-
coloring, by Lemma 1, T} cannot have a two-hole irreducible
span coloring. Similarly, we can prove that H,(T,) < 1.

Now, we consider T, with labelling as in Figure 1.

Suppose that f is a two-hole irreducible span coloring of
T,. Then by Lemma 1, all major vertices of T, receive colors
from {0,2} or {0,A + 2} or {A,A + 2}. Suppose the major
vertices receive 0 and 2. Then 1 and 3 are holes. Without loss
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TABLE 2: Trees connectable to a vertex u colored c in a two-hole tree with 1 and A + 1 as holes.

Color of vertex Connectable trees

Condition

1 < k < A and all colors less than k adjacent to c.

k > 3 and all colors greater than 3 less than k adjacent to c.

2<k<k'-1<Aor2<k<Aandk’'=A+2

c=0
3<k'<k—-1l<Aork=A+2andk’ =A
3<k<A
3 0
Tyt k e 3<k<Aork=A+2
k-2 0
@k k=0
*—o
k 0 2 < k < Aandall colors less than k adjacent to ¢
*—eo—0
k 2 0 k > 3 and all colors greater than 3 less than k adjacent to c.
T, k>3andc#2
g 5<k<c-1
T3t 2<k<Aork=A+2
1<c<A

c+tl<k<Aork=A+2
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TaBLE 2: Continued.

Color of vertex Connectable trees

Condition

N

N

c#kandl<k<k -1<A

c+klandl1 <k’ <k-1<A

c=A+2

k=0
2 < k < A and all colors less than k adjacent to ¢

k > 3 and all colors greater than 3 less than k adjacent to c.

1<k <k-1<A
l<k<k -1<A

!
V1 vy "2

!

v
vy Va3

! v !
Va-3 7A-2 Va-2

FIGURE 1: The tree T, as in Theorem 7.

of generality, we assume that f(v;) = 0 and f(v;) = 2. Now,
one of the pendant vertices adjacent to v; must receive a color
grater than 3 which reduces to 3 giving a contradiction to the
factthat f isirreducible. Similarly, we can prove the other two
cases. Therefore, H,(T,) < 1. O

Theorem 9. If at least four major vertices are adjacent to w in
T,, then H,(T,) = 0.

Proof. Recall that T, is a tree with a vertex w adjacent to at
least three major vertices. Let v, v,, v, and v, be four major
vertices adjacent to w in T,. Suppose that it has a one-hole
irreducible L(2, 1)-span coloring f. Letl;, 1,15, and I, be the
colors received by vy, v,, v, and v,, respectively. Without loss

of generality, we assume that 0 < [}, <[, <3 <, < A+2.
If I, # 0, then except [, — 1 and I, + 1 all other colors are
used to the neighbors of v,. Also, except I; — 1 and [5 + 1, all
other colors are used to the neighbors of v;. Since [; — 1,1, +
1,I; — 1, and [5 + 1 are four different colors, f cannot have a
hole which is a contradiction. So, I; = 0. Since f is one-hole
coloring, the colors [, — 1,1, + 1,1; — 1, and I; + 1 cannot be
four different colors and hence I, + 1 = I; — 1 is the hole. Now,
a pendant neighbor of v, receives I; which reduces to the hole
I; — 1 giving a contradiction to the fact that f is irreducible.

O

S. R. Kola et al. [10] have disproved the conjecture given
by Laskar and Eyabi [9] by giving two-hole irreducible span
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TABLE 3: Trees connectable to a vertex u colored ¢ in a two-hole tree with A — 1 and A + 1 as holes.
Color of vertex Connectable trees Condition
o 0 < k < A—1andall colors less than k adjacent to c.
0
T, ® :1 2<k<c-1
k-2
0
‘1
® k2
T, K'+2 c#kand0<k' <k-1<A-2ork=k'+2=A+20rA
kK ® 13
® k-1
0
.1
® k-1
Ty k+1 c#k and0<k<k'-1<A-20or0<k<A-2andk =A
k K ‘k+2
» k2
0
1
0<c<A-1 .
c—1
ct+ 1 c+tl<k<A-2o0rk=A
k c+2
k-2
0
'1
®c 1
k c+1 _
.c+2 k=a
k=A+2
k # A, A + 1 and all colors less than k adjacent to c.
1
k : k=A+2
c=A A-2
T, 2<k<A-1
T, 0<k'<k-1<A-3
T, 0<k<k'-1<A-2
ok 0 < k < A—1andall colors less than k adjacent to c.
o _ —
c=A+2 T, 2<k<A-lork=A
T, c#k'and0<k' <k-1<A-20rk=k +2=A
T c+kand0<k<k'-1<A-20or0<k<A-2andk =A

w
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TABLE 4: Trees connectable for a vertex colored c in a one-hole tree with hole h.

Color of vertex Connectable trees Condition
o 0 < k < hand all colors less than k adjacent to c.
Forc=h-1,h < k < MT) and all colors less than k adjacent
toc.
0
e 1
o c—1
c+1 c+l<k<hork=h+1
k Qct 2
> k2
0
e 1
o c—1
ct1 k > hand all colors greater than / less than k adjacent to c.
k Qct 2

.

> -1
0
911é1 2<k<c-1
k-2
0

kK#cand0<k<k'-1<h-lorO<k<handk' =h+1

0<c<h

kK'#cand0<k' <k-1<h-1

k>h

¢ # h—1,k > hand all colors greater than / less than k
adjacent to c.

6" b N k > hand all colors greater than / less than k adjacent to c.

ok 0 < k < hand all colors less than k adjacent to c.
Forc=h+1,h < k < MT) and all colors less than k adjacent
h<c< MT) toc.

1 k > h and all colors greater than / less than k adjacent to ¢
: andc > h.

bl
.
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TaBLE 4: Continued.

Color of vertex Connectable trees

Condition

ose oee ese oo eoe
= ~O I:‘ —_0 I:- —O > ~OoOX ~=O
L L AN o~

|
—_

oo ol
|: =
—_

h<c<k-1

2<k<hork=h+1
0<k<k'-1<h-lorO<k<handk'=h+1
0<k'<k-1<h-1
h+2<k<c-1
k > h and all colors greater than / less than k adjacent to c.

¢ # h+1, k> hand all colors greater than & less than k
adjacent to c.

056 A+2 046 7 A+2

A A+2 0 45 A A+1

045

FIGURE 2: Irreducible L(2, 1)-span coloring of T; with 1 and 3 as holes.

colorings for Type-II trees of maximum degrees three and
four. Following theorem gives a two-hole irreducible span
coloring for a tree with maximum degree A which is also a
counterexample for the conjecture.

Theorem 10. Ifexactly A—1 major vertices are at distance two
from the major vertex w in Ty, then Hy(T3) = 2.

Proof. Let T, be the tree T, with exactly A — 1 major vertices
at distance two to w. It is easy to see that the L(2, 1)-span
coloring of the tree T given in Figure 2 is irreducible with
1 and 3 as holes. U

Theorem 11. IfT; is the tree Ty with exactly A major vertices
at distance two to w, then H,(Ty ) < 1.

Proof. We consider T; with labelling as in Figure 3.

Suppose that T; has an L(2, 1)-span coloring f with two
holes. Then by Lemma 1, all major vertices of T; receive
colors from {0, 2} or {0, A + 2} or {A, A + 2}. Suppose that f
assigns 0 and 2 to the major vertices. Since { f(w), f(v;)} =

{0,2}, 1 < i < A, it is not possible to color all w; s as the
four colors 0, 1, 2, and 3 cannot be assigned. Therefore, in this
case, two-hole span coloring is not possible for T . Similarly,
we can prove the other two cases. Hence, H ,\(T3") < 1. O

Let T} be the tree T, with exactly three major vertices are
adjacent to a vertex.

Theorem 12. For the trees T, T,, Ty , and T,, the maximum
number of holes is one.

Proof. Tt is easy to see that the colorings of T}, T;, Ty , and
T, given in Figures 4, 5, 6, and 7, respectively, are irreducible
L(2,1)-span colorings with hole A. (I

4. Infinitely Many Trees with Holes 0, 1, and 2

Recall that T} is the tree T, with exactly three major vertices
adjacent to a vertex and T} is the tree T5 with exactly A major
vertices at distance two from a major vertex. Let T, be the
tree T, with exactly four major vertices adjacent to the vertex
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FIGURE 3: The tree T; with exactly A major vertices at distance two to w.

A-2 A-1

Vg

FIGURE 4: Irreducible L(2, 1)-span coloring of T} with one hole.

1 2 A-3 A+1 A+2

oo

A-1
T;: 1 1
2@ oy
A-2 ¢ A+2 0 A+1 . A-2
A-1 A-1

FIGURE 5: Irreducible L(2, 1)-span coloring of T with one hole.

123 A-1 02 3 A-1 0 1 A4A-3A-1 0 1 A-4A-3A-2
FIGURE 6: Irreducible L(2, 1)-span coloring of T; with one hole.

123 A1 1 23 Al 023 A10 23 A1l g 1 A4dA2A10 1 A4A2 A1

FIGURE 7: Irreducible L(2, 1)-span coloring of T, with one hole.
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5  A-3 A+l A+2
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T

A-3

w. In this section, we give a sufficient condition for a Type-
II tree to be a zero-hole tree. Also, we construct infinitely
many trees with maximum number of holes 1 from each of
the trees T}, T;, T, , T3", and T, and infinitely many two-hole
trees containing T3'.

Theorem 13. If the tree T, with at least five major vertices is
a subtree of a tree T' with maximum degree same as that of T,,
then H,(T) = 0.

Proof. Let v, v,,v5,v,, and v5 be five major vertices adjacent
to w and receive the colors [}, 1,, 5,1, and I5, respectively, by a
one-hole span coloring f of T,. Without loss of generality, we
assume that 0 </, < I, < I3 <y <l < A+ 2. Asin the proof
of Theorem 9, we get[; = 0 and /, +1 = [;—1is the hole. Since
I, <l <A+2,wehavel, # A+ 2. Sincel, > I;,; — 1 must
be used to a neighbor of v, which is a contradiction. So, any
L(2,1)-span coloring of T, with at least five major vertices is
a no-hole coloring. Therefore, if a tree T' contains T, with at
least five major vertices and with maximum degree same as
that of T,, then H,(T') = 0.

Theorem 14. There are infinitely many trees with maximum
number of holes one and containing each of the trees T;, T,
T), Ty, and T,.

Proof. First, we prove that T}, Ty, T, , T3 , and T, cannot have
two-hole span coloring. From Theorems 8 and 11, it is clear
that T}, Ty, Ty ,and T; cannot have two-hole span colorings.

Next, we prove that T, cannot have a two-hole span
coloring. We consider T, with the labelling as in Theorem 12.
Suppose that T, hasan L(2, 1)-span coloring f with two holes.
By Lemma 1, any major vertex of T, receives the color from
{0,2}, {0, A + 2}, or {A, A + 2}. Suppose f assigns 0 and 2 to
major vertices. Then 1 and 3 are holes, { f(v;), f(v;)} =1{0,2},
and w; cannot receive the colors 0, 1,2, and 3. Therefore w;s

1"

FIGURE 8: Irreducible L(2, 1)-span coloring of T, with A as hole.

receive A —2 different colors among 4, 5,6,...,A+2(A-1in
number) and so, one of these colors is not used, say c. Since
eitherc—1orc+1 (ifc = A+ 2 then c—1) is used to color one
of the w;s, ¢ cannot be used to w. Since 1 and 3 are holes, there
is no color for w. Similarly, we can prove the other cases.
Now, to use Theorem 4, we need one-hole irreducible
span coloring of T, T3, Ty , Ty, and T Since H, (T}') is 0, first
we construct a tree Tz"' from T2" such that H A(sz) = 1. We
define a one-hole span coloring for T} as in Figure 8 (T} is a
subtree of T; ). Since the colors A+1 and A +2 received by the
vertices adjacent to the vertex u are reducible and there is no
other color reducible, we connect star K, , , to the vertices to
make the colors A+1 and A +2 irreducible. The tree obtained

s "
Now, using Table 5 obtained from Table 4 corresponding
to the hole h = A and using irreducible one-hole span

colorings of T}, Ty, Ty, and T, given in Theorem 12, we
construct infinitely many one-hole trees containing each of
the trees T, T,, Ty , and T}, respectively. We get infinitely
many trees containing T, by using irreducible one-hole
coloring of T, given in Figure 8 and using Table 5. O

Example 15. In Figure 9, we illustrate the construction of one-
hole tree as in Theorem 14 for the tree T; with maximum
degree A = 7. The vertex b, in T} has color 4 and its neighbor’s
color is 8. In Table 5, among the trees corresponding to the
color ¢ = 4, the pendant vertex colored 0 is connected first.
Later, pendant vertices colored 1 and 2 are connected, respec-
tively. Similarly, some trees are connected to the vertices b,,
by,and d;, 1 <i<3.

Theorem 16. There are infinitely many trees containing Ty and
with maximum number of holes two.

Proof. The construction of trees is similar to the construc-
tion described in Theorem 3. For the construction, we use
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TABLE 5: Trees connectable for a vertex colored c in a one-hole tree with A as the hole.

Color of vertex Connectable trees Condition
ok 0 < k < A and all colors less than k adjacent to c.
Forc=A-1,A <k < A+2and all colors less than k
adjacent to c.
0
T & :1 2<k<c-1
k-2
0
o1
® k-1
Tyt k+ 1 K'#cand0<k<k'-1<A-lorO<k<Aandk' =A+1
k k, .k+2
® k2
0 k=A+1
0<c<A k=A+2and A+ 1isadjacent to c.
7, K #candO<k'<k-1<A-lork=A+landk'=A-1
0
1
k=A+1
z: k=A+2and A+ 1is adjacent to c.
c+2
A-1
0
.1
®c-1
c+l c+l<k<Aork=A+1
k ‘c+2
=)
oL 0 < k < A and all colors less than k adjacent to c.
o
c=A+1,A+2 71 2<k<A
T, 0<k<k'-1<A-lor0O<k<Aandk' =A+1
T

[

0<k'<k-1<A-1

FIGURE 9: A tree with maximum number of holes one constructed from T;.
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two-hole irreducible span coloring of T} given in Figure 2 and
Table 3. O
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The intention of the present paper is to establish an approximation method to the limiting power functions of tests conducted based
on Kolmogorov-Smirnov and Cramér-von Mises functionals of set-indexed partial sums of multivariate regression residuals. The
limiting powers appear as vectorial boundary crossing probabilities. Their upper and lower bounds are derived by extending some
existing results for shifted univariate Gaussian process documented in the literatures. The application of multivariate Cameron-
Martin translation formula on the space of high dimensional set-indexed continuous functions is demonstrated. The rate of decay
of the power function to a presigned value « is also studied. Our consideration is mainly for the trend plus signal model including
multivariate set-indexed Brownian sheet and pillow. The simulation shows that the approach is useful for analyzing the performance

of the test.

1. Introduction

Investigating the partial sums of least squares residuals has
been shown to be reasonable and powerful tool for testing the
adequacy of an assumed multivariate regression model; see
Somayasa and et al. [1-4]. The development of the technique
was motivated by the works proposed mainly for the purpose
of detecting change in parameter as well as for detecting
the existence of boundaries in univariate spatial regression;
see [5-8] for references. The rejection region is constructed
based on either Kolmogorov-Smirnov (KS) or Cramér-von
Mises (CvM) functionals of the processes. It was shown in
the literatures cited above that the limiting power function of
the test appeared as a type of boundary crossing probability
which has been involving shifted multidimensional Gaussian
process.

To understand the objective considered in this paper
in more detail we present below brief review how such a
kind of probability appears. Let Z, := (Z<i))f: , be the
p—dimensional set-indexed Brownian sheet defined on a
probability space (Q, %(Q),P), say with sample paths in
G (B(G) = xf:l%@%’(G)) and the control measure P,
where P, is a probability measure on (G, %B(G)), G =
ngl[ak,bk], and g, < b, for k = 1,...,d. We refer the

reader to [9, 10] for well documented notion of €(%(G)). In
the literature of Gaussian process Z,, is frequently called p—
dimensional Gaussian white noise flaving P, as the control
measure, cf. [11], p. 13-14. Let W == [f},..., f,,] and W, =
P
xf’zl[Sfl, -..»8; ], where for any g € L,(P), G), S, is defined

as §,(A) = |, gdP,. Under mild condition, [1-3] showed
after a suitable localization given to the regression function
that the sequence of the partial sums of the least squares
residuals obtained from the multivariate regression model

Y)=gt)+& (), t=(t,....t;) €G 1)

converges, when g ¢ W? == x” W, to a p—dimensional
signal plus noise model defined by

w172 *
Y =X prw;zp Sg + prw;zp Z, >0, ()

where £ > 0 means that X is positive definite, and for A €
AB(G),

<er§/Z Sg) (A)

UL p
=Sy (A) - Z (<fj’gi>L2(P0,G))i:1 S5, (4),

j=1
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<pr;v;z Zp) (A)
=7, (A) - Zl (J f;0dz" (t)) Sy, (A),
i=
3)
provided that { f,,..., f,,} buildsan ONB of Win L,(P;, G)n

BV(G). Thereby S, = (Sgi)f: , and BV(G) is the space
of functions on G with bounded variation in the sense of
Hardy. It is worth mentioning that the notion of BVy(G)
is a direct extension of the definition of BVy([a;,b] X
[a,,b,]) formulated in [12] to higher dimensional space.
Here the notation Z(t) stands for Z(’)(Hk ae teD), cf.

[8]. Throughout the paper X' prwi Sg will be denoted

by ¢, and prwl Z, by Wp,, for the sake of brevity. It

was established in [1-3] that %'¢p is a projection of Z,
onto the orthogonal complement of Wy, which is a finite

dimensional subspace of the so-called rgproducing kernel
Hilbert Space (RKHS) of Z,,, denoted by # 7, given by

Hy, = {h 13¢ = ()", € L% (P, G), h(A)
(4)
=j (P, (dt)},
A

with L5(P),G) = xI L,(P),G). In the literatures men-
tioned above the process 7 p is called the p-dimensional
set-indexed residual partial sums limit process with the
control measure Fy. Hence, the process Z,, itself and the

p—dimensional set-indexed Brownian pillow Z0 (ZO) 7o
with Zg(A) = Z? (A) - PO(A)Z?(G), are special cases of 7¢ B
that correspond to W = [ f;] and W = [ f, ], respectively, with
fo = 0and f; = 1. The control measure P, appears in the
process determines the design under which the experiment
was constructed; see [4] for detail.

It was shown by using the well-known continuous map-
ping theorem that the limiting power functions of size o KS
and CvM type tests for testing the hypothesis

H,:ge WP against H, : g ¢ WP (5)
are given, respectively, by the following complicated formu-
las:

Y s, (?Wf,po’ ‘Pg)

=P {AS;})G) ”@g (A) + WfP (A)"Rp = thPO}

(6)
Yo, (@, 26)

- P o+ 7ep, W}, da = 3y, |
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where | - "u22<P stands for the Euclidean norm, whereas foP
2Py

and G, are constants that satisfy Yo e, (?%,PO’O) =

Yor s, (qu,PU’O) = o. By the difficulty of the computation

of EWLPQ as well as G, and the power of the test as the

dimension of the experimental region and p get large, the
implementation of the test in practice becomes restricted.
Approximation by Monte Carlo simulation has been pro-
posed in [1-3]. Some attempts of establishing concrete com-
putation procedure by generalizing the principal component
approach proposed, e.g., by MacNeill [5, 6] and Stute [13] for
some univariate Gaussian processes on a line, have led us to
incorrect result.

Since analytical computation of Yo, (?‘Wf,z:o’ ¢,) and
YW;,PO (fo’PO »@g) is impossible, it is the purpose of the present
paper to establish approximation procedure for that func-
tions. As suggested in [14], p. 315, and [15], p. 423-424,
studying the power function is of importance to be able to
evaluate the performance of the test especially their rate of
decay to a. Therefore in this paper we investigate the upper
and lower bounds for (6) by considering the result for the
univariate Brownian sheet and Brownian pillow presented in
Janssen [17] and Hashorva [18, 19]. Upper and lower bound
for the power function of goodness-of-fit test involving
multiparameter Brownian process have been studied by Bass
[20]. The RKHS of 7 p, is crucial for our results. By Theorem
4.1 in [11] (factorization theorem) if there exists a family
{fm, = (mx));.p: LP(P ,G) : A € %B(G)}, such that the
covariance funct10n of 7' p, admits the representation

Cov (Wf)PU (A), W' p, (Az))

@)
= JG m;l (t) mAZ (t) PO (dt) = <mAl) mA2 >L};(P0,G) >
then the corresponding RKHS is given by
T, = {h 136=(8)",, h(A)
(8)

_ L (m? we ) B (dt)} .

Furthermore, the inner product and the corresponding norm

on %W”O are denoted, respectively, by (-, -) Ty, and | -
||;/WLP0 . For examples, the RKHS of Zg is given by
= {n13¢ € I5(R,,6), h(4)
%)
= j £(t)Py(dt), s.t. h(G) =h(0) = 0}»
A
with
<h1’h2>7fzg = <€1)€2>L§(P0,G) >
(10)

I, = 1€lsr,,

such that h;(A) = [, £;()Py(1), j=1,2.
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The rest of the present paper is organized as follows. In
Section 2 we derive the upper and lower bounds for the power
functions of KS and CvM tests by applying the Cameron-
Martin translation formula of the multivariate process %¢ p, .
The rate of decay of the power to « is also discussed.
Alternative method of obtaining the bounds of the power
function is proposed in Section 3. In Section 4 we propose
Neyman-Pearson test which is a most powerful test. The
comparison of the rate of decay of the obtained power to
« with those of the KS and CvM tests is also investigated.
Justification of the result is also studied in Section 5 by
simulation. The paper is closed with a concluding remark in
Section 6.

2. Rate of Decay of the Power of Tests

Our final goal in this section is to obtain an expression for the
rate of decay of both Yo, (th’PO, ¢g) and Yor, (qu,Po’ Pg)
to the preassigned number o € (0, 1) representing the size
of the test. First we derive their upper and lower bounds by
generalizing the method proposed in [21] concerning bounds
for the probability of shifted event; see also Theorem 7.3. in
[11] for comparison. Second, we apply the technique studied
in [17] to get the result. As reported in [17] and the references
cited therein, they studied the upper and lower bounds for the
power of signal detection test by applying Cameron-Martin
density formula for a shifted measure. The rate of decay was
obtained by means of mean value theorem.

Throughout this work let P be the probability distri-
butions of %’sp and let P, be a probability measure on

E?(A(G)), defined by

P,(B):=P(B-h), VBc¢€ %’ (B(G)). (11)

Then the Cameron-Martin density of Py, with respect to P for

any h € 7y, , 18 given by
d h 2
(x) = expiL(h,x) - - IIhII,%ﬁ, ,
£, (12)
for almost all x € €7 (% (G)),
where L is a bilinear form, such that
Cov (L (hl’ Wf;Pg) 5 L (hZ’ Wf’Po)) = <h1) h2>%7’”fp >
>E0
(13)

Vhy,h, € oy, .

This general formula can be obtained by extending the
formula for the univariate model presented either in [20],
Theorem 5.1 of [11], and [17] or [22] to higher dimensional
set-indexed Gaussian processes.

The following theorem is already well known in the
literatures mentioned above; however the proof is given only
for the case of Gaussian random vector in R"” with zero
mean and identity covariance matrix (canonical Gaussian
Euclidean random vector); see [21] and [11], p. 53. In this

paper we present again the theorem especially for the process
W's p, on GF(B(G)). Although the result for 7'y j, is straight-
forward based on that of [11, 21], to give information on how
the inequality for higher dimensional set-indexed Gaussian
process was derived, we insist to present the proof of the
theorem; see the appendix of this work.

Theorem 1 (Li and Kuelbs [21] and Lifshits [11]). Let E be any
subset of €¥(B(G)) and r(E) € R be any constant, such that
r(E) = @' (P(E)). Then for any h € ?/%,PO, it holds true that

o ) <ren

Bl

L(h h)
<O E)+ —— |,
<r( ) + ||h||y,f77,,”)0 >

where @ is the cumulative distribution function of the standard
normal distribution.

(14)

The following corollary which gives an expression regard-
ing the rate of decay of P(E — h) to P(E), for any E ¢
@F(B(G)) and h € H5 ,is an immediate implication
of Theorem 1. Rate of decay descr1bes how fast the distance
between P(E — h) and P(E) vanishes, cf. [17-19].

Corollary 2. Let E be an arbitrary subset of €¥(%(G)) and
r(E) € R be any constant, such that r(E) = O Y(P(E)). Then
under the assumption 0 < L(h,h), we have, foranyh € %W“’o)

1 L(hh)

PE-D-PEIS o)

Proof. We apply the technique of proving Lemma 5 of [17]. By
(14) presented in Theorem 1 and by using the symmetry of ©,
it holds that

P(E—h -P®E<o|rE+ LD
i,

(16)
L(h,h)

-0 (r(E) = il
’%‘Wf,PO

¢ (n)

for some mean value y € (r(E),r(E) + L(h,h)/||h||%w,fp ),

where ¢ is the probability density function of N(0, 1). Since
max {¢(t) : —00 < t < 0o} = 1/V27, then we have

L (h,h) 1 L(hh)

P(E-h)- ¢()_\/_W (17)

P(E) <
® = Iz,
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Conversely, by the inequality ®(r(E) — L(h,h)/|/h|| T, ) <
P(E - h) of (14), we can derive the following result: v

o rE) - Lhh ~P(E)<P(E-h)-P(E) =
Il

¢)<r(E)— Lhh) )—(D(r(E))

Il (18)
<P(E-h)-P(E) &

L (h,h)

IBlir,,

$(x) <P(E-h)-P(E),

for some mean value k € (r(E) — L(h,h)/||h||%;%,f ,7(E)).
Since L(h, h) > 0, by the preceding result, we get h

L(h,h
P(E—h) - P(E) 2 - 2P
i,
)
(19)
1 L(hh)
- Vo ”h”%%,po \
which establises the proof. O

When the model is either hy + Z,, with h; € %ZP, or
h, + Z,,, with h, € %7, such that hj(4) = [, ¢;(w)Py(du),
for A € #(G) and j = 1,2, then

L) = | €7 e @ (@ = (h,hy),,

- Inl, >0
(20)
L) = | € @6 @B @ = (hyhy),,

Il >o.

Hence, when we are dealing with the p-dimensional set-
indexed Brownian sheet and p-dimensional set-indexed
Brownian pillow, Inequality (14), respectively, becomes

o(r® -, ) <P(E-h)
<o(r®«+[hl,, ).
(21)

o(r® - Il ) <P (-1,

< d)(r(E) + ||h2||%zg>.
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The corresponding rate of decays can be obtained respectively
as follows:

1
[P(E-h)-PE)]< = [hs, .
(22)
1
IP(E-h,)-P(E)| < or ||h1||7fzg :

In light of the preceding results, we can state the upper
and lower bounds as well as the rate of decays for the power

Yoy o (?%PO »@g) and Yo (EWLPO , @), When 7'¢ p, is given by
either Z,, or Zg. Let E be a subset of €7 (%(G)), defined by

E = {x €€’ (B(G): sup [x(A)lgr > ”t'%o}; (23)

AeB(G)

then for ¢, € #5,, < GF(B(G)), we get

E—(pgz{x—(pg: xEE}= {x

~ gt sup [x(A)lpr EW"PO]» = {x
AcA(G) (24)

P .
< (B@): swp log (4) +x ()|,

Since P is the distribution of ¢ , then W5, (5, @,) is
> sPo >Po
equivalent to

P(E—gog):P{x

4 .
@ BO): swp fo+x@y  5)

Analogously, let

F= {x ¢ G" (B (G)) : L Ix (A3 dA > ‘7%,1»0} . (26)

Then Yor s, (q%ypo »¢g) = P(F—¢,). Thus by considering these
two representations we have on the basis of Theorem 1 and
Corollary 2 the following summary concerns the bounds for
the power of the KS and CvM type tests.
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Corollary 3. Suppose that ¢, € %Wfpg; then, for a € (0, 1), it
holds that

o(0"@-lnly,, )t (rere)

(@l )
R (27)

o(¢@-lods,,, ) Yoo (rirss)

<® <d>71 (o) + "‘Pg"%wxm ) ’

Furthermore, we have simple formulas for the rate of decay of
\F‘Wuo (th,pU , gog) and Y%PU (th,pU , (pg) fo «

- 1
|\P‘Wf,P0 (th,Po’(Pg) B (X' = E "(Pg"?f%/fp
: v (28)
|Y‘Wf,Po (?‘W%"Pg) B “' = N "(Pg"z’%/% ’

where in the context of model check, the norm of ¢, related to
the process Z,, and ZOP is given by

b, == s,
- "prw‘“zil/zg"iﬁpo,c) (29)

2

_ - S i
) 1/2g - I/ZZ (<fj’gi>Lz(Po>G))i:1 Ji

=

LE(Py,G)

Corollary 3 says that the rate of decay or convergence of
the power function to  in the case of Z,, as well as Z° depends
on the norm of the trend. A Model with small norm trend
leads to faster decay. Conversely, a model with large norm
trend results in slower decay. For both models, the norm can
be concretely calculated. It is clear that both tests achieve their
sizes as the trends vanish. Indeed the work of Samorodnitsky
[23] can be incorporated in the estimation of \PWLPO (A, Pg)>

for any large real number A. In Section 5 we demonstrate by
simulation the behavior of the power functions of the KS
and CvM tests as summarized in Corollary Corollary 3 to
give empirical study regarding the rate of decay of the power
functions.

3. Alternative Approaches

In this section other formulas for the upper and lower
bounds of the power of KS and CvM tests involving the p-
dimensional set-indexed Brownian sheet and pillow models
are derived. Our results are obtained by generalizing the
approach proposed in that studied in [18, 19] who con-
fined the investigation to one-dimensional Kolmogorov type
boundary noncrossing probability involving the so-called
univariate ordinary Brownian sheet and pillow.

To simplify the notation we restrict the attention to the
case of two-dimensional experimental region G = [a;,b;] x
[ay, by] € R%.

Theorem 4. Let the ONB {f,,..., f,,} of W bein L,(P,,G) N
-1/2

BVyy(G) and let ¢y = =™ pryy, Sy, such that pry.2™g
4

are constant on the boundary of G. Then for the Z, model it
holds that

1-(1-a) %y <Yy (?Zp,q)g)

. (30)
(1w, (85, 0
where
. 1 2
sz}, = exp {2% ZA Wi - 5 "‘Pgu%zp}
i=1 (31)
P 1 2
U, =exp {—thPZAGVVi -5 "‘/’g"yfzp ’
=1

where A GW; = W(b;, b,) —W(b;,a,) - W(a,, b,) + W;(a,, a,)
and W; is the ith component ofprprE_l/zg, which is given by

P m p P
W, = Zaiigk—2(<fj>20igk> > fj
k=1 j=1 k=1 L,(P),G) (32)

i=1

€ BV (G)

with o} denoting the (i, k)th element of 2712, say, for i,k =

1,..., p. Furthermore, for the Zg model, we have
1= (1-0) Ly < ¥y (T )

1~
<1- (1 —\Ilzg (ztzg,()))%Zg,

where
g = exp {—% ||q)g||;zg} = Uy, (34)

Proof. By using a rule for the probability of complement, we
get for the Z,, model

\Ijzp (?Zﬂ’q)g) =1-P {X

=1-Plx e % (B(G)): g, (A) +x(A),

<F,, VAe %’(G)},
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where by using transformation of variables, it can be further
expressed as

P {x €6 (B(Q)) : o () +x(A)|,, <Fp, VA

c B (G)} - J%P(%(G)) 1 {“gog (A) +x(A),,
<, ,VAeR (G)} P (dx) (36)

= 1 A <t, VA e B(G
Jorney Hly @l <7, @)
P, (dy).

Next, Cameron-Martin formula (12) for the p-dimensional
set-indexed Brownian sheet implicates

J%P(%(G» Hly (g <%, YA € B G} P, (dy)

Hly (A)lge < Tz, VA € 26}

1
3 bl }

(37)

Lﬁt’(@(c))
X exp {L (erPLE*I/zg)T (t) dy (t) -
P (dy)

Hly (Al <, VA€ 2 (G)]

Lok, f .

- J%P(%(G))

P
X exp {Z L W, (t) dy; (t) =

i=1

Since [[y(A)ge < ?ZP means —fZF < y(A) < fzp, then under

the indicator 1{|y(A)|lp, < onp, VA € B(G)} we get by

recalling integration by parts formula on G, cf. [24, 25] and

the assumption that W; is constant throughout the boundary

of G; for the Zp model we get

J%P(%(G)) Iy Wl <%, ¥A € 2 (G}

P
X exp {Z L W; () dy; (t) - "‘Pg"% } (dy)

i=1

2 1 2
< exp {2tZPZ;AGVVi ) "(Pgu%zp}
i

(38)

of |2, <5,]

_ 27 pA W, ! ’
_exp{ Zpizzl G i‘i""’g"%zp}
,(1_\PZP (?ZP,O)).

Applied Mathematics: Principles and Techniques

Thus, the lower bound in (30) is established. To prove the
upper bound, we start with the following inequality:

\PZP (fzp’q)g) =1
. (39)
-# o )+ 2, ), < Sty VA€ 2@}

By applying the similar technique as that used in deriving the
preceding result and the implication

1. —~ ~
ly (A)e < Sz, = ~tz, < )i (A) <tz (40)
Vi=1,....p,

under the indicator 1{[y(A)| < (1/2)?Zp, VA € B(GQ)} we
have, by the integration by parts, the following inequality:

p {||<pg (A)+Z, (A, < %?z,,, VAc R (G)}
=J Hly @) < 57, vae 3}
GP(B(G))

i 1 2
con 3 [ w00 -Lal, |

i=1

> A —t, , VA %’G}
>L§P(%(G» {||Y( )| < fz € B(G) (41)
_ P
cop |-, Fuowi- Ll Frian
i=1

N 1 2
= eXp {—ztzpzvvvi (bl’bZ) - E 'lq)g“?fzp}
i=1

1~
(1%, (35,9))

completing the proof for the Z, model. To prove the lower
and upper bounds (33) for the Zg model, we start with the
equality

1=y (Fy )

- o, B
LP(%(G» 1 {||y (Algy <T, VA € (G)} )

ek, .

Next by the integration by parts and the assumption that
Py € X 2 and W, are constant on the boundary of G, we

have under 1{ly(A)llgr < ?Zop, VA € 9%(G)} and the fact
¥i(by, b)) = yi(by, ay) = y;(a,,b,) = y,(a;,a,) = 0 that

P
X exp {Z L W, (t) dy; (t) —

i=1

J W, (t) dy; (t) < ?Zo J dw, (t,s) = 0. (43)
G L]
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Hence, 1 - ¥z (?Zg,gog) < exp{-(1 /2)||<pg||;fzo }(1 - «), estab-
P

lishing the lower bound in (33). The similar argument as that
used in the case of Z, model can be applied in deriving the

upper bound of ¥z (?Zg, @) as follows:

1=¥z (?Z%’ ‘Pg)

= J%F(Q(G)) 1 {"y (A)"Rp < tzg, VA e B (G)}

i=1

P
x exp {Z | wiwds -3 o, } P (dy)

(44)
J 1 {”Y(A)HRP < Jhy, VA€ %’(G)}
EP(B(G))
: 1 2
X exp J W; (O dy; (1) - 5 loell,, 1P (dy)
i-17G z
1 2
> exp —5"%"%0 ( ‘I’Zo< tZo,(pg>>
Zp
establishing the proof. 0

Now we can derive other formulas for the rate of decay
of ¥y (?Zp, ¢g) and Wz (?Zf, ,@g) to a by applying the similar
method as that utilized in deriving the formula in Corollary 3.
However by Theorem 4 we lead to computationally more
complicated results.

Corollary 5. Under the condition of Theorem 7, it holds true
that

e (th Sagwi+ Lo )
Pi:l 2lTE %ZP
<V, (?Zp’ (pg) -« (45)
<ét <2tz iAGW + ! ||(p ||2 >,
A b2 TRy,
for some mean values
L 1 2
ce(-an3pam- 3 lnl,
P

+ln<1 -y, (%?ZP,()));IH(I - )
(46)

p 1 2
€ (ln(l - oc);2tzPZAGWi 3 "‘/’g"%Zo
i=1 ’

+ln(1—oc)>.

In particular, if the mean values p and { are taken to be the
same, then

'WZP (?ZP’ (Pg) - (x|

e<(2tz Sagw;+ Lo’ )
"ia b2 Tl

Proof. From Inequality (30), we have, by applying the mean
value theorem,

(47)

Yy, (?Zp,gog) —a<expfln(l-a)

p 1 2
_exp {—21’ZP;AG‘/V1‘ -5 “ﬁ"g“%p

+1n<1—‘1’zp<%?zp’°>>}

(< < 1-a > (48)
=¢ | In —
1- ¥, ((I/Z)tZP,O)

P 1 2
+ 2tZP2AGWi +> loe] #,, >
£

¢ 2ty iAGW» + ! Hgo HZ )
pi:l fo2 T %ZP

for some mean value ( laid in the interval

A 1 2
(-2 g8 5 Ik,
(1%, (4,.0))n -

Conversely, based on the lower bound formula (30), we get

(49)

\I’ZP (?ZP,(pg) —a>exp{ln(l-a)}

P
e {ZtZP;AGWi Lok, +ma- a)}

P 1 2
— (exp {ZtZPZ;,AGVVi - 5 ||(pg||%zp
i=

(50)
+In(1 —oc)]» —exp {In(1 —(x)}>

oo,

, P 1 2
—e 2tZPZ;AG‘/Vi s H‘PgH%P
P

p
—ef <2tZP2AGWi -
pa
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for some mean value p within the interval

P
<ln(1 —a)s2t, Y AGW: - % ”(pg'l;zo +In(l- oc)). (51)
i=1 P

Thus it can be concluded that ‘I’ZP (fzp, ¢g) — « is laid in the
following closed interval:

P P 1 2
—e 2th;AGm+§“¢g“%zp ;
4 P 1 2
YRR

In particular, if the mean values p and ( are taken to be the
same, then

'WZP (?Zp’q)g) B “|

(52)

; P Lo v (53)
<e 2tzpi;AGWi +s "(pg"%ZP ,
establishing the proof. O
Analogously, from (33), we get
Yz (?Z%’q’g) -
<exp{ln(1-«)}
1. 1 2
_apﬁ(L»@(?@m»_sz%J
(54)

1-«

1- ¥y ((1/2)?22,0)

1
<e'exp {5 "(Pg";’zg} ,

for some 7 € (In(1 — ‘I’Zg((l/Z)fZg,O)) - (1/2)||q)g||;/20 ;In(1 -
P

1
- |m e,

«)). Conversely,

‘I’Zg (?Zop,(pg) —a=exp{ln(l-a)}
1
~exp {m (1-a) -3 ||‘Pg||;zg} (55)

, 1 2
~con{3 s, |

forsome: € (In(1-«)— (1/2)||g0g||§f20 ,In(1 —«)). Particularly,
P

for 1 = 7, we get

[ (o) ol <o o, | 60
P

Thus, we proved the following corollary.
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Corollary 6. Under the condition of Theorem 7, we have
eexp > ogls 1= ¥ (Tago0y) @
p B q)g %Zg = Zg zg>§0g

1
<e'exp {E ||(pg||§22,zgl> ,

for some T and 1 specified above. If 1 and T are chosen to be the
same, then

(57)

oy (o00) -] s {3 ol | o9

4. Comparison to Neyman-Pearson Test

Our aim in this section is to establish nonrandomized
Neyman-Pearson test for the hypothesis defined in the
preceding section. It is well known in the literatures of test
theory that Neyman-Pearson test constitutes a most powerful
(MP) test for simple hypotheses; see, e.g., Theorem 3.2.1 in
[15]. If some criterion is satisfied, the test can be extended
to a uniformly most powerful (UMP) test for composite
hypotheses. In this section the behavior of the power function
including the rate of decay to « will be investigated and
compared to those of KS and CvM type tests studied in the
preceding section.

Let V be a linear subspace generated by a set of known
and orthonormal regression functions {fi,..., f,» fmi1>
oo fgb € Ly(By, G)NBVy(G) including W = [f,,..., f,,]. In
this section we consider the hypothesis H, : g € W? against
H, : g€ VPinstead of H, : g € WP against H, : g ¢ W?. The
former is actually the common frame work of model check
for multivariate regression in which one is testing whether or
not g € W? while observing g € V?; see [26] for reference.
Suppose there exist g, € W” and g, € V¥ n W?", such that
g =g, ®g,. Itis enough to consider the simple hypotheses

Hy,:g,=0vs. H :g, =1, 59)
59

for some £, € VP A WP,

Hence the p-dimensional set-indexed partial sums process
of the residuals is given by % = %p , when Hj is true;

otherwise % = 12 prwy Sg + Wp,-
Zp
The following theorem presents an MP test of size «

for testing (59). Here we exhibit again the application of

Cameron-Marin density formula of the shifted measure P,

0

with respect to P, for ¢y = 312 prw: Si. Recently,
“Z

4
[4] investigated the asymptotic optimality of a test for the
mean vector in multivariate regression by means of Neyman-
Pearson test.

Theorem 7. Suppose ¢ € # o, , . Neyman-Pearson test of
»Pg
size o for testing (59) will reject H,, if and only if

Lipp %) 207 0o, - 0
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Furthermore, suppose I,y = VP — (0,1) is the correspond-
80

ing power function of the test. Then the value of the power,
evaluated at any f € V7, is given by

Lpwfe) oo ).

Ly, () = ®
los ], (61)

fevinwr,
and otherwise, T, (f) = a.
Pg

Proof. Let y,(%) and x,(%) be the density of Py, with
respect to P under H, and H,, respectively. By Theorem 3.2.1
in [15], an MP test of size « for testing (59) will reject H,,, if
and only if yo(%)/x: (%) < k, for a constant k such that

X (% (w) _
P{weﬂ.—)ﬁ(?(w)) Sk|H0} «. (62)
Since xo(%) = 1 and (%) = -exp{llg,?) -

(1/2)llgg, ||?7/Wﬂpﬂ }, then by recalling the fact L(gg, #'¢p,) ~
2
N(0, llgs, ||,%ﬁu° ), we get

(e, 20 @)

<kl|H,{ =
w7 @)~ |°} “

P exp {—L (q)fo’ ?) + % |'(Pfo |';7"ffxl’o } = k |HO} SRR

1
P~L(<pfo,?)2—ln(k)+5|

2
Hyt =a
P, 7(7“’?0' 0

1 63
PIL(9y, Wep,) > ~In () + 5 | (63)

P,

2
=0 &
z 75,pg }

)+ (112 o [},

P{N(0,1) > ==

P,

%7”'@0

—ln(k)+%|

=0 ' (1-a)|

(Pfo (Pfo

2
>
%7”'},1)0 Ty £.Py

establishing the rejection region of the test. Next, we compute

the power function for any f € V? n WP*. By the definition
of I, and by the symmetry of @, we have
801

Ty, () =P {L (¢e, %)
>0 (1-w) "‘Pfo"%wn &> = f}

=P {L (€0f0>§0f + Wf,po)

2ot -], |}-P{Ll )

>0 (=) fog [, -1 ("’fo’*"f)} -

D q)—l (1-a) L((Pfo’gof)
”gofo Koy
» L (¢, ) o —a
||(Pf0 %W,f

(64)

The last formula results in er,Pﬂ (f) = a, when f vanishes. The
proof of the theorem is complete. O

The test presented in Theorem 7 depends on the choice of
f specified under H,. For example, if we consider H, : g, = f;,
for some f, € V2 0 WP", then H, is rejected at level a, if

L(q’fl’ ?> >d M (1-a) “q)fl "7(7,“) : (65)

This means that the test cannot be extended as a uniformly
most powerful (UMP) test for the composite alternative H; :
g, € V2 n WP" It is also not a UMP test for more specific
one-sided alternatives H, : g, >0or H, : g, < 0.

As discussed in the preceding section, we are also inter-
ested in investigating the rate of decay of L7 (f) toa =

L5, , (0). Toward this topic the result of Theorem 7 leads us

to the following important corollary. The proof is left since it
can be handled by using the similar technique as in the proof
of Corollary 3.

Corollary 8. Let f be an element of VF 0 WP, such that ¢; €
%‘W“,O and L(SDfO,(Pf) > 0. Then for every presigned o € (0, 1),
it holds that

1 L(¢f0>‘/’f)

T, (f)-of<——— 070
W py 06' NG " o ”%%”O (66)

In the case L(gg , ¢¢) < 0, we have

1 L (q)fo’(/’f)

L. f)-a| < —=+—77—"7",
R i

where L™ (¢, ¢g) = —L(¢y,» ) > 0.

Corollary 8 states that how fast the power function
L7 (f) decays to o depends on some value determined by
L(¢g,» ¢¢) whose structure is influenced by the type of % p, .
For comparison study suppose that the simple hypothesis (59)
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is tested using the KS or CvM type test. Then by virtue of
Corollary 2, we have

= 1 L(gp )
Yy, (o) - < = L0090
| Wf,Po(‘Wf,Po (Pf) « V2m "(Pf"%w»f
Py

(68)
i o) o =
Wiy \ I gy P T2 ||<Pf||7f7,»f,P0'

Thus, in contrast to Corollary 8, the rate of decay of the
KS and CvM type tests does not depend on f, at all.
Consequently, compared to Neyman-Pearson test, KS and
CvM test cannot detect whether to take f larger or less than
f, in order to have faster or slower decay.

The result presented throughout this section will become
more visible when we look at the model involving p-
dimensional set-indexed Brownian sheet or pillow. For exam-

ple suppose we observe the model % = £ /2 Pras Sg + Zg,
"z,

for testing (59). Then H,, is rejected at level «, if

L(p,. %)20" (1-w ”zfl/zprwplfOHLg(Po)G), (69)

where for the p-dimensional set-indexed Brownian pillow;
we have

L (‘Pfo’ ?) = ||271/2Prw“f0”i§(z)o,c)

. (70)
" L (2 propsty) " dz2,
Furthermore, we get, for fixed f, € V2 0 W™,
L (g 9¢) . <¢f°’(pf>7fzg
e, Tl
-1/ -1/
<Z ! zer;(ZP Sfo’ pX ! zpr‘W;(ZP Sf>%zg

s,
4

(71)

<p"wz’l 2"_l/zfo’ P’"WPLZ_I/ZQ

”prwl’lzil/zfo

L5(Py,G)

Ly (Py,G)

”prwl’lzil/zfo

-1/2
L2(P,,G) “prwpiZ g

||erPL271/2fO

L5(P,,G)

LI; (Py,G)

= “271/2”[}@ "erPL"Rp ”f"y;(po,(;) >

where the first inequality appears by Holder’s inequality,
whereas the second follows by the fact that /2 and pry,-
represent continuous linear transformations on Lg(P ,G);
therefore they are uniformly bounded, cf. [27], p. 26-27. Since

Il llse is continuous on the closed subset V¥ N W*™,
L (Py,G)
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then | - || L2(B,G) is bounded on V? N W?™. Thus there exists
M > 0, such that M is the uniform upper bound for |I‘Zop (f) -
«l. It is clear that M is also the uniform upper bounds of

I‘I’Zg (fzg, ¢¢) — o as well as |ng (fzg,q)f) —al.
5. Simulation Study

In this section we investigate the behavior of ‘I’Zg (?Zg , @) and
ng (qlg,(Pf) with respect to their lower and upper bounds

derived in Corollary 3. The simulated model is represented
by the trend plus noise process

P (A) +Z3(A), AeZB(0,1]1x[0,1])  (72)

where ZJ is the two-dimensional Brownian pillow and

9p (4) =37 L p(t+5,0)" A2 (dr, ds), o

Ae B([0,1]x[0,1]), p € R.

Such a model appears as the limit process of the two-
dimensional set-indexed partial sums processes of the resid-
uals of two variate regression model

(YpYz)T = (gl’gz)T + (51"?2)T (74)

for testing whether or not a constant model holds true. That
is, we test the hypothesis that

Hy: (gl)gz)T € W vs. H, : (gl’gz)T ¢ Wz) (75)

where W = [ f,], with f,(t,s) = 1, for (t,s) € G = [0,1] x
[0, 1]. For fixed n > 1, the n x n x 2 arrays of observation are
generated from the model

pt pk
<Y€k1)_ 2+7+7 +<8€k1>
Yero 3.9, Ok Eok2 (76)

n n

according to an experimental design given by a regular lattice
with n x n points on G. Let f,(t,s) = t and f;(t,s) = s, for
(t,s) € G; then we equivalently have

Y€k1
()
(it
el <Z’Z> +0f2<;’;> +0f; (;,;>
(=)
Eek2

for 1 < ¢,k < n. Hence, if p = 0, then the observations are
from the model assumed under H,,. Otherwise, they support
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TaBLE 1: The numerical upper and lower bounds for \Pzg (?Zg ,¢,) and ng (ijg »¢g)- The size of the test is a = 0.05.

P ’ ¥y, (i) Y (P 94) 4
0 0.04990 0.06100 0.05500 0.04990
1 0.01886 0.04900 0.05100 0.11280
2 0.00602 0.05600 0.06500 0.21809
3 0.00162 0.05700 0.07100 0.36483
4 0.00037 0.07400 0.07600 0.53486
5 6.9e-05 0.07500 0.09700 0.69867
6 1.1e-05 0.10600 0.13000 0.82988
7 1.5e-06 0.12600 0.14600 0.91724
8 1.6e-07 0.15700 0.21000 0.96561
9 1.5e-08 0.14700 0.19600 0.98787
10 1.2e-09 0.20300 0.27200 0.99639
1 7.3e-11 0.21000 0.28300 0.99909
12 3.9e-12 0.27500 0.35000 0.99981
13 1.7e-13 0.29600 0.39900 0.99997
14 6.4e-15 0.32800 0.45500 0.99999
H,. In this simulation, the random vector (g, &p,)" is alpha=0.05
generated independently from the two-dimensional centered S 7
normal distribution with the covariance matrix given by
626 —0.50 ®
z= (78) 2
-0.50 6.26 3
3 o
so that we have after some computations £ <
o
| (0.16077 0.01284 £
[ ESES
- > S O
0.01284 0.16077 2
(79) 2
s (040064 0.01603 o
12 _ . a
0.01603 0.40064

Now, the norm of ¢, for the matrix X can be computed
concretely as

"(pg"%Zg = \/J[O,I]X[O,l] p*(t+5,0) 7! (¢ +5,0) dtds

(80)
= p0.16077 J (12 + 2ts + s2) dtds
[0,1]x[0,1]

= 0.43309p.

The simulation results using a sample of size 50 x 50 with
1000 runs are exhibited in Table 1 and Figure 1 for & = 0.05.
The figures presented in Table 1 represent the values of the
power functions of the KS and CvM tests together with the
associated values of the lower (<) and upper (%) bounds
evaluated at each given value of p utilizing the formulas given
in Corollary 3, where in this case

Z =@ (0 (a) - 0.43309p),
(81)
%= (0" (a) +0.43309p).

rho

FIGURE 1: Upper (dotted line) and lower (dashed line) bounds for
‘{’Zg (?Zg,gof) (solid line), with ¢ = 0.05.

It is shown that the values of Z are never exceeding the
corresponding powers. Likewise, the values of % are also
never preceding those of the corresponding power functions
as suggested by the theory. Figure 1 presents the graphs of &
(dotdash line), % (dotted line), ‘I’Zop (fzg , (pg) (smoothed line),
and YZOP (ng , (pg) (dashed line) scattered together in one panel.
It can be seen that the curves of the power functions are laid
within a band formed by the paired curve of & and % as they
should be.

6. Concluding Remark

We have established the upper and lower bounds for the
boundary crossing probability involving multivariate trend
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plus noise model. Our results give important contributions
not only in the area of statistics, but also in other disciplines
such as in finance mathematics and in statistical physics,
where such probability model is also frequently encountered.
It is important to note that the Cameron-Martin translation
formula is valid if the trend function laid in the RKHS
of the corresponding Gaussian process. In practice this is
not always the case. Therefore further research must be
conducted to be able to handle the problem appears in such
situation.

Appendix

Proof of Theorem 1. Let E = {x € €7(%B(G)) : L(h,x) <
r(E)||h||%WfP }, for a fixed h € %W”'o' Then by recalling
Py >

L(h, 7 ¢p,) ~ N(0, ||h||?7f7,, ), we have
g8

P(

[11

)

=P {x € 6" (% (G)):L(h,x)<r(E) IIhII;zWﬂPO }

_p {w € Qi L(h,Wgp (@) < 7 (E) [ %mo} (A1)
=P{w:N(0,1) (w) <7 (E)} = (r (E))
=P(E).
The last equality implicates
P(E\E)=P(E)-P(ENE)=P(E)-P(ENE)
(A2)

- P(E\E)

We will show that P(E — h) > P(E — h). For this purpose we

use the Cameron-Martin formula (12), the fact that L(h, x) >

r(E)IIhII,%/, , whenever x € E \ £, and (A.2). Hence, we get
’t,py

P(E—h) =P, (E) = P, (E\E)+ P, (ENE)
1
- J exp {L(h, x)— = Ihi%,, }P (dx)
E\E 2 £R
1
+ J exp {L(h, x) - = b, } P (dx)
ENE 2 )
Lo
> L\ exp {7 (B Ihll,, -3 IhIE,, [RICENN
1
+ J exp {Lhx -2 IhiEy, | P @y
ENE 2 )
1

+J exp {L(h,x)—l||h||§f% }P(dx).
ENE 2 £.p
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Next by the definition of E, the term on the right-hand side
of the last inequality is greater than the following one:

|
[ eefLmn-Jme, fray
(A.4)

+J exp {L(h,x)—luhn; }P(dx)
ENg 2 7emy

which is exactly the same with P(E-h), establishing P(E-h) >
P(E — h), where by the definition

P(E—h):P{x—h:er}:P{x

€ 6" (B(G)) : L(h,x) <r(E) bl .,

- L(h,h)} _p {a) € L(hW ¢y (@)

<1 (®)Ihlly,, -LOh} =P {w (A5)

€O N1 (W) < rE) - L
Bl

) _ L(hh
= <r(E) —”h”%m% >

We notice that the lower bound

p(E_h)2@<r<E>_M> "

Bl

holds for any E ¢ ®P(%(G)) and any constant r(E) =

@ '(P(E)). Hence it holds as well for the complement E°.
That is,

h,h
P(Ec—h)zcl><r(1ac)—ﬁ>, (A7)

with 7(E) = @ 1(P(E®)). Since P(E® —~h) = 1 - P(E—h) and
1 -O(t) = O(-t), for any t € R (by the symmetry of @), then
we get the following:

P(Ec—h) > (I)<r(EC)— $> —
" (A.8)
L(h,h)

PE-h) <®|-r(E)+
Ihllz,,.
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On the other hand by the equality r(E€) = o 1(P(E®)) and
by the symmetry of @, it holds that

®(r(E°))=1-P(E) =

1-0(r(E)) =P (B) =
(A9)

®(-r(E°)) =P(E) =

—r(E°) =07 (P(E)) =1 (E).
Thus, we get the upper bound
PE-h<o|r®s LB ) (A.10)
Bl

which establishes the proof. O
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The numerical solutions of linear integrodifferential equations of Volterra type have been considered. Power series is used as the
basis polynomial to approximate the solution of the problem. Furthermore, standard and Chebyshev-Gauss-Lobatto collocation
points were, respectively, chosen to collocate the approximate solution. Numerical experiments are performed on some sample
problems already solved by homotopy analysis method and finite difference methods. Comparison of the absolute error is obtained
from the present method and those from aforementioned methods. It is also observed that the absolute errors obtained are very

low establishing convergence and computational efficiency.

1. Introduction

Integrodifferential equation is a hybrid of integral and differ-
ential equations which have found extensive applications in
sciences and engineering since it was established by Volterra
[1]. A special class of these equations are the Volterra type
which have been used to model heat and mass diffusion pro-
cesses, biological species coexisting together with increasing
and decreasing rate of growth, electromagnetic theory, and
ocean circulations, among others [2].

First-order integrodifferential equation (IDE) of the
Volterra type is generally of the form

Y=flty®,z0) y(t) =y 6)

where
z(t) = Jt K(t,s,y(s))ds, tel (2)
t

In solving (1), we seek the unknown function y(t) given the
kernel K, a nonsingular function defined on § x R with § =
{(t,s), t, < s <t < T}. This kernel determines the nature
of the solutions of integral equation (2) depending on its type

[3]. In this paper, only separable or degenerate kernels have
been considered.

The theory and application of integrodifferential equa-
tions are important subjects in applied mathematics. The exis-
tence and uniqueness of the solutions of integrodifferential
equations, usually discussed in terms of their kernel, had been
established already in Linz [1]. Generally, methods for solving
integrodifferential equations combine methods of solving
both integral and differential equations. Also, since closed
form solutions may not be tractable for most applications,
numerical methods are employed to obtain approximations
to the exact solutions.

Some numerical approaches in literature include iterative
methods [4], successive approximation methods [5], and
standard integral collocation approximation methods [6].
Other methods such as power series methods, where Cheby-
shev and Legendre’s polynomials are used as basis functions,
have been applied to obtain solutions of some higher order
IDE of linear type. Akyaz and Sezer [7], for instance,
presented Chebyshev collocation method for solving linear
integrodifferential equations by truncated Chebyshev series.
Recently, Gegele et al. [8] used power and Chebyshev series
approximation methods to find numerical solution to higher
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order linear Fredholm integrodifferential equations using
collocation methods. The result presented showed that the
methods can give accurate results when compared with
the exact solution. These methods proved efficient in the
respective applications from the results provided but they
seem yet to be applied to integrodifferential equations of
Volterra type.

It is our aim here to extend the approach in Gegele et
al. [8] to obtain approximate solutions for integrodifferential
equations of Volterra type.

In the next section, we shall discuss the derivation of
our methods; then the implementation using some sample
problems is presented in Section 3. Finally, in Section 4 we
shall present the results and draw our conclusions.

2. Methodology

In the sequel, the combination of the power series approxi-
mation and collocation method is employed for the solution
of IDE of Volterra type.

To proceed, (1) is reduced to the form

¥ (x) = F(x)+ J K (x,1) y (t)dt, (3a)

y(j) (0) =aj

5, j=0,1, (3b)

where y = d/y/dx/ and @ = y. The initial conditions
(3b) are required in order to find particular solutions of (3a).

Now, let the solution y(x) of Volterra type IDE, (3a) and
(3b), be analytic and therefore possess the power series

N
y(x) = Zaixi, i>0, (4)
i=0

where x's are monomial bases and a;s are real coefficients to
be determined.
Substituting equation (4) into both sides of (3a) gives

N _ N x|
Ziaix('_l) =F(x)+ Zai J t'K (x,t) dt. (5)
i=0 i=0

a

0 7 (xno1) T (oney) oo

0 7 (xy) T (xN)

where Tj(xp), j =1,2,3,...,N, are polynomials evaluated
at each collocation point x,,. The values of the unknowns can
be obtained using any convenient method of solving matrix
equations of the form AX = B, where A is invertible.

[ 1 0 0 0
0 7 (xl) T (xl) TN-1 (x1)
0 7 (xz) T (xz) TN-1 (xz)

o1 (1) T (o)

Ty (%n)

Hence,
N . x .
F(x)=Ya, <ix<’*” - J t'K (x,t) dt), (6)
i=0 a

where F(x) and K(x, t) are known functions.
For an arbitrary choice of N, (6) is obtained as a linear
algebraic equation in N + 1 unknowns as follows:

ay + a7y (x) + a,7, (x) + - +ay_ Ty (%)

7)

+ayTy (%) = F(x).

We note that g, is given by the initial condition (3b) while
the remaining g;,i = 1,...,N, are to be determined by
collocation method.

To generate the collocation points, we shall consider
two methods, namely, the standard and Chebyshev-Gauss-
Lobatto Collocation Methods, respectively.

2.1. Standard Collocation Method (SCM). This method is
used to determine the desired collocation points within an
interval, say, [9, g], and is given by

(-9
xp=9+=——p p=123..N (8)

2.2. Chebyshev-Gauss-Lobatto Collocation Method (CGLCM).
The collocation points are obtained as follows:

xP:cos(%> p=123...,N. 9)
Interestingly, Chebyshev-Gauss-Lobatto points have also
been used as collocation and interpolation points in the
solutions of optimal control problems governed by Volterra
integrodifferential equations [9, 10].

Using either of the two collocation points to collocate (7)
together with the initial conditions given in (3b) will result
in a system of N + 1 linear algebraic equations in N + 1
unknowns. Hence, the resultant matrix problem is as follows:

0 Y[ @] [ EG
™ (%) 4 F (x,)
Ty (%2) ) F (x,)
- (10)
an-1 F(xn-1)
tv(xn) Jlay I L Fxy)
Substituting the values of the a;,i = 0,1,2,...,N,

obtained from (4) yields the approximate solution. We note
that the accuracy level desired for the approximate solution is
determined by the degree of the approximating polynomial.
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3. Results

In this section, standard and Chebyshev-Gauss-Lobatto col-
location points have been employed, respectively, to solve
sample problems as described in Section 2. The numerical
solutions obtained using the present method had been
compared with the exact solutions of the sample problems.
Similarly, absolute errors of results from this present method
have been compared with those obtained in Behrouz [11]
by homotopy analysis method (HAM) and finite difference
method (FDM) for the same problems.

The absolute error of computation is defined in all cases
as follows:

ly (x:) =Y (x;)]
Problem 1.

9<x,<0,i=1,23,.... (1)

y' (x)+ y(x) = (x2 +2x + I)e”C+Sx2 +8

x (12)

- J ty (B dt, y(0) = 10,
0

Exact solution: y(x) = 10 — xe ™.

Using SCM, we obtained the following approximate
solutions:

¥ (x) = 10 — 0.999955x + 0.999606x> - 0.498312x"
+0.162656x" — 0.0362999x° (13)
+0.00442505x°.

Similarly using CGLCM, we obtained the approximate solu-
tion as follows:

y(x) = 10 — x + 1.00115x” — 0.499641x>
(14)
+0.163495x* — 0.0434569x° + 0.0107202x°.

The solutions obtained from the implementation of the
method for Problem 1 using SCM and CGLCM are compared
with the exact solution in Table 1. Also absolute errors
obtained are compared with absolute errors obtained from
HAM and FDM in Table 2.

Problem 2.
Yy (x)+y(x) = L X ymdt, y0)=1. (15

Exact solution: y(x) = ™™ cosh x.

Using SCM, we obtained the following approximate
solutions:

y(x) = 1 —0.999759x + 0.997930x> — 0.658238x°
+0.314202x* - 0.107608x° + 0.0235161x°  (16)

~0.00237066x" .
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TaBLE 1: Comparison of exact solution with numerical solutions for
Problem 1.

X; Exact SCM CGLCM
0.0000 0.0000 0.0000 0.0000
0.0714 9.933495516 9.933497240 9.933501428
0.1429 9.876160300 9.876162226 9.876183411
0.2143 9.827046197 9.827047975 9.827095298
0.2857 9.785292202 9.785293839 9.785371414
0.3571 9.750116951 9.750118464 9.750223918
0.4286 9.720811832 9.720813173 9.720936698
0.5000 9.696734670 9.696735770 9.696860288
0.5714 9.677303930 9.677304767 9.677407809
0.6429 9.661993413 9.661994038 9.662051938
0.7143 9.650327386 9.650327889 9.650322899
0.7857 9.641876128 9.641876560 9.641807476
0.8571 9.636251847 9.636252142 9.636149063
0.9286 9.633104936 9.633104922 9.633048727
1.0000 9.632120559 9.632120150 9.632267300

Similarly, using CGLCM we obtained the approximate solu-
tion as follows:

y(x) = 1-0.99941x + 0.999958x — 0.671295x"
+0.331381x" — 0.123419x° + 0.0496174x°  (17)

~0.0193272x".

The solutions obtained from the implementation of the
method for Problem 2 using SCM and CGLCM are compared
with the exact solution in Table 3. Also absolute errors
obtained are compared with absolute errors obtained from
HAM and FDM in Table 4.

4. Conclusion

In this paper, numerical solution of Volterra type integrod-
ifferential equation of first order with degenerate kernels is
obtained by power series collocation method based on two
collocating points methods, namely, Standard Collocation
Method (SCM) and Chebyshev-Gauss-Lobatto Collocation
Method (CGLCM), presented.

The two methods for selecting collocation points yielded
different schemes from which approximate solutions were
obtained, respectively, and compared with the exact solutions
as shown in Tables 1and 3. From the results presented, the two
methods gave good results for first-order integrodifferential
equations of Volterra type.

The comparison of absolute errors of the results obtained
by the present method with those by homotopy analysis
method and finite difference method for the same problems
revealed that the method is efficient and cheap for the numer-
ical solutions of first-order integrodifferential equation of
Volterra type as illustrated in Tables 2 and 4. The performance
of the present method against homotopy analysis method is
expected as the latter is a semianalytic method.
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TaBLE 2: Comparison of absolute errors for Problem 1
X; SCM CGLCM FDM HPM
0.0000 0.0000 0.0000 0.0000 0.0000
0.0714 1.72431E - 06 5.91262E - 06 2.85397E — 04 5.15735E — 07
0.1429 1.92637E - 06 2.31105E - 05 2.98284E - 04 3.00036E — 07
0.2143 1.77825E - 06 4.91013E - 05 5.43393E - 04 2.80293E - 06
0.2857 1.63695E — 06 7.92123E - 05 5.11413E - 04 1.47980E - 05
0.3571 1.51288E - 06 1.06967E — 04 715638E — 04 4.60491E - 05
0.4286 1.34028E - 06 1.24865E — 04 6.54200E - 04 1.11168E — 04
0.5000 1.09939E - 06 1.25617E — 04 8.18261E — 04 2.40330E - 04
0.5714 8.36590E — 07 1.03879E — 04 7.38321E - 04 4.73070E - 04
0.6429 6.24770E - 07 5.85256E — 05 8.64022E - 04 8.52587E — 04
0.7143 5.03018E — 07 4.48751E — 06 7.73248E - 04 1.45361E — 03
0.7857 4.31615E — 07 6.86526E — 05 8.63249E - 04 2.36487E — 03
0.8571 2.95402E - 07 1.02783E — 04 7.66939E — 04 3.71115E - 03
0.9286 1.39661E — 08 5.62088E — 05 8.24573E - 04 5.63206E — 04
1.0000 4.08829E - 07 1.46741E - 04 7.26353E - 04 8.32344E - 04
TaBLE 3: Comparison of exact solution with numerical solution for Problem 2.
X; Exact SCM CGLCM
0.0000 0.0000 0.0000 0.0000
0.0833 0.9232408624 0.9232506225 0.923287006
0.1667 0.8582656553 0.8582754765 0.858341248
0.2500 0.8032653299 0.8032737684 0.803340755
0.3333 0.7567085595 0.7567163057 0.756749451
0.4167 0.7172991043 0.7173066673 0.717278486
0.5000 0.6839397206 0.6839470433 0.683851372
0.5833 0.6557016120 0.6557084119 0.655570212
0.6667 0.6317985691 0.6318047191 0.631680300
0.7500 0.6115650801 0.6115707282 0.611530371
0.8333 0.5944378014 0.5944432050 0.594525790
0.9167 0.5799398730 0.5799451069 0.580071957
1.0000 0.5676676416 0.5676724400 0.567505200
TABLE 4: Comparison of absolute errors for Problem 2.
X; SCM CGLC FDM HPM
0.0000 0.0000 0.0000 0.0000 0.0000
0.0833 9.76008E — 06 4.61438E - 05 1.77203E - 02 1.85469E — 09
0.1667 9.82124EF - 06 7.55931E - 05 2.16887E — 03 3.13105E - 10
0.2500 8.43856E — 06 7.54254E — 05 1.89273E - 03 1.14368E — 09
0.3333 7.74622F — 06 4.08918E - 05 4.52374E - 03 8.37039E — 11
0.4167 7.56304E - 06 2.06182F - 05 2.06181E - 02 2.65354E — 09
0.5000 7.32270E — 06 8.83487E — 05 713624E - 03 3.14279E - 10
0.5833 6.79994E - 06 1.31400E - 05 1.10585E — 02 1.24270E — 09
0.6667 6.15006E — 06 1.18269E — 05 8.20866E — 03 5.57863E — 10
0.7500 5.64809E - 06 3.47095E - 05 3.41335E - 03 1.32579E - 09
0.8333 5.40361E — 06 8.79889E — 05 8.16328E — 03 6.81219E — 10
0.9167 5.23390E — 06 1.32084E - 05 2.89396E - 03 5.16015E — 09
1.0000 4.79838E - 06 1.62442F - 05 3.27168E - 03 9.48169E - 09
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We consider an insurance company whose reserves dynamics follow a diffusion-perturbed risk model. To reduce its risk,
the company chooses to reinsure using proportional or excess-of-loss reinsurance. Using the Hamilton-Jacobi-Bellman (HJB)
approach, we derive a second-order Volterra integrodifferential equation (VIDE) which we transform into a linear Volterra integral
equation (VIE) of the second kind. We then proceed to solve this linear VIE numerically using the block-by-block method for
the optimal reinsurance policy that minimizes the ultimate ruin probability for the chosen parameters. Numerical examples with
both light- and heavy-tailed distributions are given. The results show that proportional reinsurance increases the survival of the
company in both light- and heavy-tailed distributions for the Cramér-Lundberg and diffusion-perturbed models.

1. Introduction

When the surplus process of an insurance company falls
below zero, the company is said to have experienced ruin.
Insurance companies customarily take precautions to avoid
ruin. These precautions are referred to as control variables
and include investments, capital injections or refinancing,
portfolio selection, and reinsurance arrangements, to men-
tion but a few. This study focuses on reinsurance as a control
measure. Reinsurance, sometimes referred to as “insurance
for insurers,” is the transfer of risk from a direct insurer
(the cedent) to a second insurance carrier (the reinsurer).
With reinsurance, the cedent passes on some of its premium
income to a reinsurer who, in turn, covers a certain pro-
portion of the claims that occur. It has been argued in the
literature that reinsurance plays an important role in risk
reduction for cedents in that it offers additional underwriting
capacity for them and reduces the probability of a direct
insurer’s ruin. Apart from helping the cedent to manage
financial risk, increase capacity, and achieve marketing goals,
reinsurance also benefits policyholders by ensuring availabil-
ity and affordability of necessary coverage.

Of interest in this paper are those studies which investi-
gate more directly the effect of reinsurance on the ultimate
ruin probability. The minimization of the probability of ruin
for a company whose claim process evolves according to
a Brownian motion with drift and is allowed to invest in
a risky asset and to purchase quota-share reinsurance was
considered in [1]. In this study, an analytical expression
for the minimum ruin probability and the corresponding
optimal controls were obtained. Kasozi et al. [2] studied the
problem of controlling ultimate ruin probability by quota-
share (QS) reinsurance arrangements. Under the assumption
that the insurer could invest part of the surplus in a risk-
free and risky asset, [2] found that quota-share reinsurance
does reduce the probability of ruin and that for chosen
parameter values the optimal QS retention b™ € (0.2,0.4).
This study also concluded that investment helps insurance
companies to reduce their ruin probabilities but that the
ruin probabilities increase when stock prices become more
volatile. However, while Kasozi et al. [2] considered only
quota-share reinsurance, this paper seeks to combine quota-
share and excess-of-loss (XL) reinsurance for one and the
same insurance portfolio, but in the absence of investment.
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Liu and Yang [3] reconsidered the model in [4] and incor-
porated a risk-free interest rate. Since closed-form solutions
could not be obtained in this case, they provided numerical
results for optimal strategies for maximizing the survival
probability under different claim-size distribution assump-
tions. Also using the results in [4], the problem of choosing
a combination of investments and optimal dynamic propor-
tional reinsurance to minimize ruin probabilities for an insur-
ance company was investigated in [5] based on a controlled
surplus process satisfying the stochastic differential equation
dX2 = (c - c(b) + pA,)dt + oA, dW, - bdsS,, where b, €
[0, 1] is a proportional reinsurance retention at time ¢, c(b,) is
the dynamic reinsurance premium rate, {A,} is the amount
invested in a risky asset at time f, and S, is the aggregate
claims process. But while [5] uses proportional reinsurance
in minimizing ruin probabilities in the Cramér-Lundberg
model, this paper considers proportional and excess-of-loss
reinsurance in the diffusion-perturbed model.

More recently, taking ruin probability as a risk measure
for the insurer, [6] investigated a dynamic optimal reinsur-
ance problem with both fixed and proportional transaction
costs for an insurer whose surplus process is-modelled by a
Brownian motion with positive drift. Under the assumption
that the insurer takes noncheap proportional reinsurance,
they formulated the problem as a mixed regular control and
optimal stopping problem and established that the optimal
reinsurance strategy was to never take reinsurance if propor-
tional costs were high and to wait to take the reinsurance
when the surplus hits a level. Additionally, they obtained
an explicit expression for the survival probability under the
optimal reinsurance strategy and found it to be larger than
that with the aforementioned strategies. Hu and Zhang [7]
introduced a general risk model involving dependence struc-
ture with common Poisson shocks. Under a combined quota-
share and excess-of-loss reinsurance arrangements, they
studied the optimal reinsurance strategy for maximizing the
insurer’s adjustment coefficient and established that excess-
of-loss reinsurance was optimal from the insurer’s point of
view. Zhang and Liang [8] studied the optimal retentions for
an insurance company that intends to transfer risk by means
of a layer reinsurance treaty. Under the criterion of maxi-
mizing the adjustment coefficient, they obtained the closed-
form expressions of the optimal results for the Brownian
motion as well as the compound Poisson risk models and
concluded that under the expected value principle excess-of-
loss reinsurance is better than any other layer reinsurance
strategies while under the variance premium principle pure
excess-of-loss reinsurance is no longer the optimal layer
reinsurance strategy. Both of these studies, however, used
the criterion of maximizing the adjustment coefficient rather
than minimizing the insurer’s ruin probability.

This paper aims at combining proportional and excess-
of-loss reinsurance for one and the same insurance portfolio.
In proportional or “pro rata” reinsurance, the reinsurer
indemnifies the cedent for a predetermined portion of the
claims or losses, while in excess-of-loss (XL) reinsurance,
which is nonproportional, the reinsurer indemnifies the
cedent for all claims or losses or for a specified portion of
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them, but only if the claim sizes fall within a prespecified
band. Excess-of-loss reinsurance has been defined in [9] as
“a form of nonproportional reinsurance contract in which
an insurer pays insurance claims up to a prefixed retention
level and the rest are paid by a reinsurer.” Mathematically,
given retention level a, a claim of size X is divided into the
cedent’s payment X A a and the reinsurer’s payment X —
X A a. The combination of proportional and excess-of-loss
reinsurance has been in fact widely used in the construction
of reinsurance models (see, e.g., [10]).

The models in this paper result in Volterra integral
equations (VIEs) of the second kind which are solved using
the block-by-block method, generally considered as the best
of the higher order methods for solving Volterra integral
equations of the second kind. The block-by-block methods
are essentially extrapolation procedures which produce a
block of values at a time. These methods can be of high order
and still be self-starting. They do not require special starting
procedures, are simple to use, and allow for easy switching of
step-size [11].

The rest of the paper is organized as follows. Section 2
presents the formulation of the model and assumptions,
followed, in Section 3, by a derivation of the HJB, integrod-
ifferential, and integral equations. In Section 4, we present
numerical results for some ruin probability models with rein-
surance, using the exponential distribution for small”claims
and the Pareto distribution for large ones. Some conclusions
and possible extensions of this study are given in Section 5.

2. Model Formulation

Let (Q, F,{F };cr+>P) be a filtered probability space con-
taining all stochastic objects encountered in this paper and
satistying the usual conditions; that is, {#,},cr+ is right-
continuous and P-complete. In the absence of reinsurance,
the surplus of an insurance company is governed by the
diffusion-perturbed classical risk process:

Nt
Ut=u+ct+0Wt—ZXi, t=0, @
i=1

where u = U, > 0 is the initial reserve, ¢ = (1 + )Au >
0 is the premium rate, 0 is the safety loading, {N,} is a
homogeneous Poisson process with intensity A > 0, and {X;}
is an i.i.d. sequence of strictly positive random variables with

distribution function F. S, = Zf\:]‘l X; is a compound Poisson
process representing the cumulative amount of claims paid
in the time interval [0, ¢]. The claim arrival process {N,} and
claim sizes {X;} are assumed to be independent. Here {W,} isa
standard one-dimensional Brownian motion independent of
the compound Poisson process S,. We assume that E[X;] =
¢ < oo and F(0) = 0. The diffusion term oW, denotes
the fluctuations associated with the surplus of the insurance
company at time t. Without volatility in the surplus and claim
amounts, (1) becomes the well-known Cramér-Lundberg
model or the classical risk process.

We proceed as in [12] where the insurer took a com-
bination of quota-share and excess-of-loss reinsurance
arrangements. Most of the actuarial literature dealing with
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reinsurance as a risk control mechanism only considers pure
quota-share or excess-of-loss reinsurance. However, in reality
the insurer has the choice of a combination of the two
and hence the use of a combination of quota-share and XL
reinsurance in this paper. We assume that the reinsurance
is cheap, meaning that the reinsurer uses the same safety
loading as the insurer. Let the quota-share retention level
be k € [0,1]. Then the insurer’s aggregate claims, net of
quota-share reinsurance, are kX. If the company also buys
excess-of-loss reinsurance with a retention level a € [0, 00),
then the insurer’s aggregate claims, net of quota-share and
excess-of-loss reinsurance, are given by kX A a. Given that R
is a reinsurance strategy combining quota-share and excess-
of-loss reinsurance, the insurer’s controlled surplus process
becomes

— — Nt
UtR=u+th+0Wt—ZkXi/\a, (2)
i=1

where the insurance premium R=co (1+O0)AE[(kX;—a)"].
The controlled surplus process (2) has dynamics

_ _ Ny
dul = fdt + odW, - d <ka,. A a) : 3)

i=1

The time of ruin is defined as 7% = inf{t > 0 | UtR < 0} and
the probability of ultimate ruin is defined as y* = P(UF <
0 for some t > 0). A reinsurance strategy R is said to be
admissible if k € [0,1] and a € [0,00). The objective is to
find the quota-share level k and the excess-of-loss retention
limit a to minimize the insurer’s risk or to maximize the
insurer’s survival probability. It should be noted that when the
retention limit a of the excess-of-loss reinsurance is infinite,
then the treaty becomes a pure quota-share reinsurance, while
when the quota-share level k = 1, it becomes a pure excess-of-
loss reinsurance treaty. The premium income of the insurance
company is nonnegative if ¢ > (1+0)AE[(kX—a)"]. Therefore,
we will let a be the XL retention level at which equality ¢ =
(1+0)AE[(kX — a)*] holds.
Define the value function of this problem as

WE(u):IP(UtSOforsometEOIUoi:u)
_ _ (4)
:P(‘[R<OOIU§:M)’

where y®(u) is the probability of ultimate ruin under the
policy R when the initial surplus is u. Then the objective is
to find the optimal value function, that is, the minimal ruin
probability

_ R
y(u) = (k};}ggw (u) (5)

and optimal policy (R)* = (k*,a") s.t. l//ﬁ* (1) = y(u). Alter-
natively, we can find the values of k* and a* which maximize

the probability of ultimate survival ¢p(u) = 1 — y(u), so that
the optimal value function becomes

$w) = sup ¢" (), ©6)

(ka)eR

where % is the set of all reinsurance policies.
3. H)B, Integrodifferential,
and Integral Equations

Lemma 1. Assume that the survival probability ¢(u) defined
by (6) is twice continuously differentiable on (0, 00). Then ¢(u)
satisfies the H]B equation

sup {%02(/5" (u) + ci(/)' (u)

(ka)eR
! _ 7)
+A| [¢w-kxAa)-¢u)]dF(x)p =0,
0
u>0,
where R is the set of all reinsurance policies.
Proof. See [13]. O

We now present the verification theorem which is essen-
tial for solving the associated stochastic control problem.

Theorem 2. Suppose ® € C* is an increasing strictly concave
function satisfying HJB equation (7) subject to the boundary
conditions

O(u)=0 onu<0
®O0)=0 ifa>>0 (8)
MO @) =1
for 0 < u < co. Then the maximal survival probability ¢(u)

given by (6) coincides with ®. Furthermore, if (R)* = (k*,a*)
satisfies

1 —x
5azob” W)+ @ (u)

+/\Ju[(D(u—k*x/\a*)—(b(u)]dF(x)=0 ©)

0

when 0 < u < 00

then the policy (R)* is an optimal policy; that is, ®(u) = ¢p(u) =
¢ ().

Proof. Let Rbe an arbitrary reinsurance strategy and let U™ be
the surplus process when R = R’. Choose n > u and define
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T =9, = inf{t | U, ¢ [0,n]}. Note that U;,, € (—00,n]
because the jumps are downwards. The process

N; TAt

M, =) [o(Ur)-o(Ur )]

i=1

A7

-® (US)] ds

Us
j ®© (U, - kx A a) dF (x) (10)

0

is a martingale. We write

D (Urp) = © () + @ (Upy) - @ (UTNM)

N; TNt

+ Yo )-o(ur, )]+

(11)
TAE T (U,
+AJ H ® (U, - kx Aa)dF (x)
o Lo
o (Us)] ds
By It6’s formula,
(U ) - (Ur,)
(" [1 20" (U,) + R (U,) | d
P o T EI AT (12)

i-1

Ti
+ I o®' (U,)dW..
Ty

The corresponding result holds for ®(Ur,,)— ®(UTNT ). Thus,

TNt

O (Upp) = @ () + J [%azq)” (U.) + Ko/ (U.)
0

+ /\(J’Us © (U, —kx Aa)dF (x) - CD(US))] ds (13)

0

TNt
+ j o® (U,)dW, + M, .
0

Using HJB equation (7), we find that

TNt

O (Upy,) < D () + J o® (U)dW, + M  (14)

0
and equality holds for U". Let {$,,} be alocalization sequence
of the stochastic integral, and set 7' = 7, A §,,. Taking
expectations yields

E[®(Ugnn)] <@ @). (15)

By bounded convergence, letting m — oo and then t — oo,
we have [E[CD(Ugn)] < ®(u). It turns out that, for ®(0) = 0,

P(r<J,U,=0)+0n)P(J,<1)
(16)
=E[0(Uy )] <® ).
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Note thatP(T,, < 1) > ¢i(u). Because there is a strategy with

(pi(u) > 0, it follows that ®(u) is bounded. We therefore let
n — o0, yielding E[®(U,)] < ®(u). In particular, we obtain

¢ (1) @ (00) < ¢X () @ (00) + P (7 < 00, U, = 0) -
< D (u)

which simplifies to

</>§(u) < ¢§(u) +P(r<o0,U, =0)<®@w) (18)

since ®(co) = 1. For U™ we obtain an equality. In particular,
{®(U;)} is a martingale. It remains to show that P(U; #
0) = 1. Note first from HJB equation (7) that F(x) must
be continuous; if not, the integral in (7) is not continuous.
Choose ¢ > 0 and consider the strategy R = R 1,.,. Let
T, = inf{t | U] < &}. By the martingale property, ®(u) =
D(c0)P(T, = 00) + E[D(T,), T, < T < co] which reduces to

Ow)=P(T.,=00) +E[®(T,),T, < T < 0] (19)

the last term of which is bounded by ®(e)P(T, < 7 <
00). Since F(x) is continuous, it must converge to zero as
e — 0. Because P(T, = o0) — ¢"(u), it follows that
DO(u) = ¢"(u)D(c0) or O(u) = ¢ (1) = ¢(u). That is, O(u)

is the optimal value function and R~ = (R)* is an optimal
policy. O

The integrodifferential equation corresponding to opti-
mization problem (6) immediately follows from Theorem 2
as

304 @)+ 9’
+/\Ju[(/)(u—kan)—(/)(u)]dF(x):0 (20)
0

for 0 < u < oo.

This is an integrodifferential equation of Volterra type
(VIDE). Solution of this equation will require that it is trans-
formed into a Volterra integral equation (VIE) of the second
kind using successive integration by parts. Hence the follow-
ing theorem is obtained.

Theorem 3. Integrodifferential equation (20) can be repre-
sented as a Volterra integral equation of the second kind:

¢ (u) + Lu K (u,x)¢(x)dx =h(u), (21)

where
(1) Ifu < a < a, one has

AF (u — kx)

K== cR (22)
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with F(x) = 1 — F(x), when there is no diffusion (i.e.,
when o® = 0), and

2(c§+/\G(u—kx)—/\(u—kx))

K (u,x) = = (23)
h(u) = u¢' (0) ifo®>0
when there is diffusion.
(2) If a < a < u, one has
K (u,x) = —M
c* (24)
h(u) = ¢(0)
with
{? (u — kx) kx<a
H, (x,u) = (25)
1-(F(kx+a)—F(a)) kx=a

when there is no diffusion, and

2 (cE +AH, (x,u) = A (u— kx))

K (u,x) = = (26)
h(u) =u¢' (0) ifa”>0
with
{G (u — kx) kx<a
H, (x,u) = (27)
(F(kx+a)—-F(a)(u—kx) kx=>a

and G(x) = _[Ox F(v)dv when there is diffusion.

Proof. The proof for the case u < a < a is similar to the proof

of Theorem 2.2 in [14] but with r = 012{ =0,k=1,and p = cR.
Here, we present the proof for the case a < a < u.
Integrating (20) on [0, z] with respect to u gives

0= [¢' @ -9 O] + [ @) - $ O)
-2 r ¢ (u)du (28)
0

+/\r Ju(p(u—kx/\a)f(x)dxdu.
0 Jo

To simplify the double integral in (28), we again use inte-
gration by parts and Fubini’s Theorem (see [13]) to switch
the order of integration and change the properties of the
convolution integral. Thus,

r LuqS(u—kx/\a)f(x)dxdu

0

= r F(z —kx) ¢ (x)dx (29)
0

+[s0ECra-F@ian

a

where v = u — kx. Substituting into (28) gives

%02¢' (2) - %Gch’ 0) + R (2) - R (0)
—/\j ¢(u)du+/\[rF(z—kx)q5(x)dx (30)
0 0

+ r¢(v) [F(v+a)—F(a)]dv] = 0.

Replacing z with u, v and u with x, and F(v+a) with F(kx+a)
gives

%ang' (u) - %ozqﬁ, (0) + ¢ (u) — ¢ (0)

—/\rgb(x)dx+/\rF(u—kx)¢(x)dx (31)
0 0

u

+AI [F (kx + ) - F (@)] ¢ () dx = 0.

a

Setting 0% = 01in (31) yields the case without diffusion

¢ (u) - c% Joaﬁ(u—kx)¢(x)dx

[[0-FEr@-F@ng@ax

from which the kernel is clearly K(u,x) = —-AH,(x, u)/cE
with

{F(u—kx) kx<a
H, (x,u) = (33)
1-(F(kx+a)-F(a)) kx=a

and the forcing function is h(u) = ¢(0) as given by (24).
For the case with diffusion, repeated integration by parts
of (30) on [0, u] with respect to z yields the desired result.

¢ () + % J: (CE—A(M— kx))¢(x) dx

20 [ (¢
+ o [L G(u—kx)¢p(x)dx

" (34)
+ j [F(kx+a)—F(a)](u—kx)gb(x)dx]
0 ($(0) +ug’ (0)) + 2c"ugs (0)

o2
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C-L model: Exp(0.5) claims

0.7

Ruin probabilities

— k=1 - - k=04
-—— k=08 — k=02
k=0.6

(a) Exp(0.5) claims
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C-L model: Pareto(3,2) claims

Ruin probabilities

— k=1 - - k=04
-—— k=08 — k=02
k=0.6

(b) Pareto(3,2) claims

FIGURE I: Ultimate ruin probabilities at different proportional retention levels in the Cramér-Lundberg model: A = 2, ¢ = 6.

which is a linear VIE of the second kind with K (u, x) and h(u)
as given in (26). ]

4. Numerical Results

We solved (21) using the fourth-order block-by-block
method, a full description of which can be found in [11, 14, 15].
Exp(p) refers to the exponential density f(x) = Be ¥, so
that the distribution function for the exponential distribution
is F(x) = 1 — e P* and its tail distribution is F(x) = 1 —
F(x) = e P*. The mean excess function for the exponential
distribution is ep(x) = 1/f and G(x) = x — (1/B)F(x). The
Pareto(w, k) distribution, which is a special case of the three-
parameter Burr(a,«,7) distribution, has density f(x) =
ax®/(k+x)* fora > 0and x = a—1 > 0, and its distribution
function is F(x) = 1—(x/(x +x))*. The tail distribution of the
Pareto distribution is F(x) = (x/(x + x))* and its mean excess
function is ep(x) = 1+ x/x, so that G(x) = x — (1 + x/x)F(x).
A grid size of h = 0.01 was used throughout. The data
simulations were performed using a Samsung Series 3 PC
with an Intel Celeron 847 processor at 1.10 GHz and 6.0 GB
RAM. To reduce computing time, the numerical method was
implemented using the FORTRAN programming language,
taking advantage of its DOUBLE PRECISION feature which
gives a high degree of accuracy. The figures were constructed
using MATLAB R2016a.

4.1. Ultimate Ruin Probability in the Cramér-Lundberg Model
Compounded by Proportional Reinsurance. Here, the surplus
process takes the form

— Nt
UF = u+ ket - ZkX,-.

i=1

(35)

So, the surviviﬂ probability ¢(u) satisfies (21) and (22) with

a = oo and c® = kc; that is, it satisfies a VIE of the second
kind with kernel and forcing function given by

AF (u — kx)
kc (36)
h(u) = ¢(0).

K (u,x) = -

Figure1 shows the ultimate ruin probabilities in the
Cramér-Lundberg model for different proportional reinsur-
ance retention levels k and provides validity for the assertion
that reinsurance does in fact reduce the ruin probability, thus
increasing the insurance company’s chances of survival. The
results for the case k = 1 (no reinsurance) are the same as
those obtained in [14].

4.2. Ultimate Ruin Probability in the Cramér-Lundberg Model
Compounded by Excess-of-Loss Reinsurance. This is the case
of k = 1and o = 0, so the surplus process is

— — Nt
Uf=u+ct- Y X, na, (37)
i=1

where ¢® = ¢ - (1 + O)AE[(X; — a)*]. Here, for the case a <
a < u, the kernel and forcing function are given by

AH (x,u)
R

h(u) = $(0)

K (u,x) = 38)
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TABLE 1: Ruin probabilities for XL reins. in CLM: Exp(0.5) claims (A = 2,¢ = 6).
u Voo () Va5 (u) Y3o(1) Y5 (1) Yo (1)
0 0.6667 0.6667 0.6667 0.6667 0.6667
2 0.4777 0.4777 0.4777 0.4777 0.4777
4 0.3423 0.3423 0.3423 0.3423 0.3422
6 0.2453 0.2453 0.2453 0.2453 0.2453
8 0.1757 0.1757 0.1757 0.1757 0.1757
10 0.1259 0.1259 0.1259 0.1259 0.1258
12 0.0902 0.0902 0.0902 0.0902 0.0901
14 0.0646 0.0646 0.0646 0.0646 0.0646
16 0.0463 0.0463 0.0463 0.0463 0.0462
18 0.0332 0.0332 0.0332 0.0332 0.0331
20 0.0238 0.0238 0.0238 0.0238 0.0237
TABLE 2: Ruin probabilities for XL reins. in CLM: Par(3, 2) claims (A = 2,¢ = 6).
u Voo (1) Y35 (1) V3o (11) Vs (1) Yoo (1)
0 0.6667 0.6667 0.6667 0.6667 0.6667
2 0.5634 0.5636 0.5637 0.5639 0.5641
4 0.5331 0.5335 0.5336 0.5338 0.5341
6 0.5198 0.5202 0.5204 0.5206 0.5210
8 0.5130 0.5134 0.5135 0.5138 0.5142
10 0.5090 0.5095 0.5096 0.5099 0.5103
12 0.5066 0.5070 0.5072 0.5074 0.5079
14 0.5050 0.5054 0.5056 0.5058 0.5063
16 0.5039 0.5043 0.5045 0.5048 0.5052
18 0.5031 0.5036 0.5037 0.5040 0.5044
20 0.5025 0.5030 0.5032 0.5034 0.5039
with survival probability ¢(u) satisfies (21) and (26) with a = oo;
that is,
F(u-x) x<a ¢ (u)
H(x,u) = (39)

1-(F(x+a)—-F(a) x=a.

This is simply (22) and (24) with k = 1 and R=c-0+
OAE[(X; —a)*].

Ruin probabilities for the Cramér-Lundberg model com-
pounded by excess-of-loss (XL) reinsurance are given in
Table 1 for different values of the XL retention level a ranging
from 20 to infinity. Clearly, for Exp(0.5) claims, the ruin
probabilities for the different retention levels reduce only very
slightly as the retention level reduces. For Pareto(3, 2) claims,
the ruin probabilities increase slightly as the retention level
reduces (as shown in Table 2), meaning that it is optimal not
to reinsure. But comparing these probabilities with Figure 1
leads to the conclusion that proportional reinsurance results
in much lower ruin probabilities for the CLM as well as the
perturbed model.

4.3. Ultimate Ruin Probability in the Perturbed Classical
Risk Process Compounded by Proportional Reinsurance. The

+ % L" [ke = A (u —kx) + AG (u — kx)] ¢ (x) dx (40)

B o” (¢ (0) + ug' (0)) — 2kcugp (0)

o2

which is a VIE of the second kind with kernel and forcing
function given, respectively, by
2 ke —A(u—kx)+ AG (u — kx)]

o (41)
if o® > 0.

K (u,x) =

h(u) = ug’ (0)

Figure 2 depicts the ruin probabilities for the diffusion-
perturbed model compounded by proportional reinsurance
for different retention levels ranging from k = 1 (no
reinsurance) to k = 0.2 (80% reinsurance). In the case
of both Exp(0.5) claims and Pareto(3,2) claims, applying
proportional reinsurance significantly reduces the ultimate
ruin probability of an insurance company.
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DPM: Exp(0.5) claims

Ruin probabilities

30
u
— k=1 —- k=04
-—— k=08 — k=02
k=0.6

(a) Exp(0.5) claims

Applied Mathematics: Principles and Techniques

DPM: Pareto(3, 2) claims

Ruin probabilities

20 25 30 35 40

u

— k=1 - - k=04

-—— k=08 — k=02
k=0.6

(b) Pareto(3,2) claims

FIGURE 2: Ultimate ruin probabilities at different proportional retention levels in the diffusion-perturbed model: A = 2, ¢ = 6, 0 = 0.02.

TABLE 3: Ruin probabilities for XL reins. in DPM: Exp(0.5) claims (A = 2,¢ = 6,0 = 0.02).

u Voo (1) V35 (1) Vso(1) Vs (1) V(1)
0 1.0000 1.0000 1.0000 1.0000 1.0000
2 0.5159 0.5159 0.5159 0.5155 0.5109
4 0.3467 0.3467 0.3466 0.3461 0.3399
6 0.2458 0.2458 0.2457 0.2451 0.2380
8 0.1759 0.1759 0.1758 0.1752 0.1674
10 0.1257 0.1258 0.1257 0.1250 0.1167
12 0.0901 0.0901 0.0901 0.0893 0.0807
14 0.0646 0.0646 0.0645 0.0638 0.0550
16 0.0463 0.0463 0.0463 0.0455 0.0365
18 0.0333 0.0333 0.0332 0.0324 0.0233
20 0.0240 0.0241 0.0240 0.0232 0.0140

4.4. Ultimate Ruin Probability in the Perturbed Classical
Risk Process Compounded by Excess-of-Loss Reinsurance. The
survival probability ¢(u) satisfies a VIE of the second kind
with kernel K(u, x) as given in (23) (for the case u < a < a)
and (26) (for the case a < a < u), with k = 1, and forcing
function h(u) = u(p'(()) in both cases. That is,

foru<a<a,K(u,x)= 2[CE+AG(u—x)—/l(u—x)]/02;
fora < a < u, K(u, x) = 2[cR+AH, (x, u)-A(u-x)]/o*
with

G(u-x) x<a

H, (x,u) = (42)

(F(x+a)—F(@)(u-x) x=a.

The impact of XL reinsurance on the ruin probabilities in
a diffusion-perturbed model is evident from Table 3 which
shows a reduction in the ruin probabilities for XL retentions
not exceeding a = 30 for small claims. However, as can be
seen from Table 4, the ruin probabilities for large claims are
higher for values of a exceeding 150 but reduce significantly
for values of a below 150. But again, if we compare these
results with Figure 2 we see that the ruin probabilities are
much lower for proportional reinsurance.

4.5. Optimal Reinsurance Strategy: Asymptotic Ruin Proba-
bilities. It is known that the optimal quota-share retention
k* tends to the asymptotically optimal k* that maximizes
the adjustment coefficient p [13]. Therefore, since it was not
possible to determine the optimal retention k* from the
results discussed in Sections 4.1-4.4, we will use asymptotic
ruin probabilities. For illustrative purposes, we will now find
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TABLE 4: Ruin probabilities for XL reins. in DPM: Par(3, 2) claims (A = 2,¢ = 6,0 = 0.02).
u Voo (1) Va00(1) Vis0(1) V100(w) Vs (1)
0 1.0000 1.0000 1.0000 1.0000 1.0000
2 0.2026 0.2029 0.2027 0.2022 0.1973
4 0.0744 0.0747 0.0745 0.0740 0.0683
6 0.0401 0.0405 0.0403 0.0397 0.0338
8 0.0257 0.0260 0.0258 0.0252 0.0192
10 0.0171 0.0174 0.0172 0.0167 0.0106
12 0.0124 0.0127 0.0125 0.0119 0.0058
14 0.0093 0.0096 0.0094 0.0088 0.0027
16 0.0072 0.0075 0.0073 0.0067 0.0006
18 0.0058 0.0061 0.0059 0.0054 0.0008
20 0.0050 0.0054 0.0052 0.0042 0.0015
TABLE 5: Asympt. ruin prob. for CLM with proportional reins. (Pareto claims) (c = 6,A =2,0 =5 = 1).

u ¥, (1) Vo) Voo (1) Vo5 (1) Vo125 () Vo.003125 (1)
0 1.0000 1.0000 1.0000 1.0000 1.0000 1.0000

2 0.3333 0.2308 0.0909 0.0244 0.0062 0.0016

4 0.2000 0.1304 0.0476 0.0123 0.0031 0.0008

6 0.1429 0.0909 0.0323 0.0083 0.0021 0.0005

8 0.1111 0.0698 0.0244 0.0062 0.0016 0.0004
10 0.0909 0.0566 0.0196 0.0050 0.0012 0.0003
12 0.0769 0.0476 0.0164 0.0041 0.0010 0.0003
14 0.0667 0.0411 0.0141 0.0036 0.0009 0.0002
16 0.0588 0.0361 0.0123 0.0031 0.0008 0.0002
18 0.0526 0.0323 0.0110 0.0028 0.0007 0.0002
20 0.0476 0.0291 0.0099 0.0025 0.0006 0.0002

the optimal strategies only in the CLM for both the small and
large claim cases.

4.5.1. Exponential Claims. We note, as in [13], that for
exponential claims the optimal choice of the quota-share
retention k that maximizes the adjustment coefficient p(k) is
given by

kP:min{(l—g)<l+ v%g),l}, (43)

where 6 and # are, respectively, the safety loadings of the
reinsurer and insurer. Because maximizing the adjustment
coeflicient yields the asymptotically best strategy, we expect
that the optimal retention k* will tend to k”. Since this study
assumes cheap reinsurance (i.e., @ = 7), we have the fact
that k” = 0. That is, it is optimal for the insurance company
to reinsure the entire portfolio or to take full proportional
reinsurance.

4.5.2. Pareto Claims. For a given initial surplus » and a
retention level k € [0, 1], let the calculated ruin probability be

given by v (). Then, for large claims, the asymptotic values
of the ruin probability are given by

1 k
k0 —(0-n) 1+ulk’

Yy (u) = (44)

This ruin probability is minimized when k” = 2(0—#)u/(Ou—
(@ — #)). Thus, for Pareto-distributed claims, assuming 0 =
n = 1, we find that v, (1) = k/(k + u) and that k¥ = 0 as well.
The insurance company should reinsure the entire portfolio
of risks. The results for different values of k are summarized
in Table 5 and shown in Figure 3.

Itis clear from Figure 3 that the ruin probabilities become
smaller as k — 0, meaning that the asymptotically optimal
retention must be k¥ = 0. This confirms the results shown
in Figure 1. And since the optimal retention k* tends to the
asymptotically optimal k” that maximizes the adjustment
coefficient, it follows that k* = 0. This means that the
insurance company must cede the entire portfolio of risks
to a reinsurer. We can therefore conclude that the optimal
combinational quota-share and XL reinsurance strategy is

(k*,a*) = (0,00).
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] Asymptotic ruin prob. for CLM with QS reins. (Pareto claims)

Asymptotic ruin probabilities

u
k=1 == k=0.05
——— k=06 — k=0.0125
k=02 —— k=0.003125

FIGURE 3: Asymptotic ruin probabilities for large claims in the CLM
with proportional reinsurance (c =6, A = 2,0 =5 = 1).

5. Conclusion

While the results presented in the previous section show that
proportional and XL reinsurance both result in a reduction in
the ruin probabilities, the reduction is more drastic for Pareto
than for exponential claims in both the Cramér-Lundberg
and diffusion-perturbed models. On the one hand, a com-
parison of the figures presented in the foregoing shows that
proportional reinsurance results in lower ruin probabilities
than XL reinsurance and is therefore optimal. The optimal
quota-share retention was found as k* = 0, meaning that
in both the small and large claim cases in the Cramér-
Lundberg model, it is optimal for the insurance company
to reinsure the whole portfolio using proportional reinsur-
ance. Going by the results in Figure 3, the same conclusion
can be drawn about the diffusion-perturbed model. Thus,
the optimal combinational quota-share and XL reinsurance
strategy is a pure quota-share reinsurance with k* = 0; that
is, (k*,a™) = (0, 00). It should be noted that full reinsur-
ance is not ideal from the reinsurer’s standpoint and this
provides a strong argument for the use of noncheap reinsur-
ance.

On the other hand, the literature shows that the optimal
reinsurance strategy is a pure XL, that is, (1,a”) (see, e.g.,
[7, 8, 16]). Possible extensions to the work are the inclusion
of investments and dividend payouts as well as considering
noncheap reinsurance, whereby, for a given risk, the reinsurer
requires more premium and therefore uses a higher safety
loading, than the insurer.
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Some novel traveling waves and special solutions to the 1D nonlinear dynamic equations of rod and beam of power-law materials
are found in closed forms. The traveling solutions represent waves of high elevation that propagates without change of forms
in time. These waves resemble the usual kink waves except that they do not possess bounded elevations. The special solutions
satisfying certain boundary and initial conditions are presented to demonstrate the nonlinear behavior of the materials. This note
demonstrates the apparent distinctions between linear elastic and nonlinear plastic waves.

1. Introduction

Free vibrations of rods and beams of power-law materials are
considered. Analytic traveling wave solutions to the wave
equations for power-law materials (see [1, 2]) are obtained
which represent kink waves of single elevation that prop-
agates without change of forms in time. It is shown that,
unlike the wave equations for linear materials, the nonlinear
wave equations do not allow arbitrary traveling wave forms
in an infinite rod or beam. The results demonstrate that the
traveling fronts of the waves may sharpen or flatten as the
wave speeds increase depending upon the power-law index
n and the bulk modulus. For n > 1, the wave fronts sharpen,
whereas for 0 < n < 1, the fronts flatten as the wave speeds
increase. The solutions also demonstrate that the speeds of
the nonlinear traveling waves depend not only on the material
properties but also on the initial energy-level. It is well known
that the speeds of waves for the linear elastic materials (n =
1, Hooke’s law) depend only on the material properties in
contrast to that of the waves in nonlinear materials. As far
as we know these solutions are not available in literature,
even though there are numerous research papers and books
devoted to the discovery and study of traveling waves in
elastic and plastic solids (see [3-7] for details). In the case of
rods and beams of finite length, we also present some special
solutions satisfying certain boundary and initial conditions.
The closed formula solutions are expressed in terms of non-
Euclidean sine functions (cf. [8]), which differ from the

Euclidean sine functions corresponding to the waves in rods
and beams of linear elastic materials.

The note is organized as follows. In Section 2, the power-
law constitutive stress-strain equation is introduced. In
Section 3, the potential energy and derivations of the wave
equations of power-law materials are outlined. In Sections
4 and 5, closed-form solutions are derived. And, finally the
results are summarized in Section 6.

2. Hollomon’s Equation

It is well known that, in uniaxial state, the following power-
law stress and strain relation is used for certain elastoplastic
materials:

o=Kle"'e, 0<n<oo, 1)

where o is the axial stress, ¢ is the axial strain, and K and
n are engineering constants with values depending on the
specific material. The materials satisfying (1) sometimes are
also referred to as Ludwick or as Hollomon’s materials in
literature (cf. [1,2]). Many heat-treated metals are well-known
power-law materials. For a given annealed metal or alloy, K
and »n depend on the heat treatment received by the metal
or alloy. The values of » are typically between 0 and 1 for
such metals. For a comprehensive list of experimental values
of K and n of common annealed industrial metals, see, for
example, [9]. For some geological materials, such as certain
rocks or ice, however, the values of n are greater than 1. In
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some biological tissues, experiments also indicate that the
power-law index n satisfies 0 < #n < 1 for bones such as
tibia and femur, while n > 1 for cartilages such as common
carotid artery and abdominal aorta (see, e.g., [10, 11]). For a
given value of 0 < n < 1, the stress-strain curve defined
by (1) can result in a rapid increase in the yield stress for
small strains or strain hardening. However, it can be the
opposite for values of n > 1, for which large strains produce
small stress or softening. For these reasons, n is called the
strain-hardening or strain-softening exponent. Study of the
mechanical properties of these heat-treated metals is very
important in industries (see, e.g., [12], for stress analysis of
beam columns made of Ludwick materials). If we allow n = 1,
then (1) reduces to Hooke’s law for linear elastic material
and the constant K, also called the bulk modulus, equals
the corresponding Young’s modulus E. Power-law materials
are a special case of a more general class of materials called
Hencky plastics [13]. Physically, the constitutive equation (1)
describes the hardening or softening of materials showing
an elastic-plastic transition. In the following, bold letters are
used to denote vectors or matrices. A vector is considered
as a single row matrix. The transpose of a matrix A is
denoted by A", and the inner product of two vectors u and
v by uv’. The time derivative du/ot is denoted by u. Let

u(x, y,z,t) = (ulx, y,z,1),v(x, y,z,t), w(x, ¥, 2,t)) denote
the displacement vector,
_ Ou
&= 5
ov
g, = 5,
_ow
g, = 3%
(22 @
Yoy =5 dy ox/)’
1 fov ow
V== 35 <$ + 5)

_l(@_w+8_u)
Vax =5\ ox T oz

the strain components, and oy, 0,, 0,, 7., 7., and 7, the
corresponding stress components. The folfé)wmg generahzed
power law can be derived from the Hencky total deformation
theory [13]:
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v v 1l-v 0 0 0 g
1-2
0 0 o0 2v 0 0 ;z,
1-2 "y
o o o o —2 o Vye
- Y.
o 0 0 o0 12” =

Applied Mathematics: Principles and Techniques

where |D(u)| =

n, K, and v are the material constants; see also Wei [14].
Note that (3) is the three-dimensional version of (1). In the
following two sections, wave equations of bars and beams
made of the power-law elastoplastic materials are derived
by (3) and the assumption of the Euler-Bernoulli beam
theory. There are similar versions of generalized power-
law stress-strain relations for strain-hardening or strain-
softening material in the literature and similar wave equations
can be derived (see, e.g., [15-20]).

2. 2 2 2 2 2
\/sx +&) + el + 275, + 275, + 2y;,, where

3. The Nonlinear Wave Equations

The potential energy for a power-law elastoplastic body
occupying a three-dimension body V' can by defined by

U= ! JasTdV, (4)
\%4

n+1

where & = (&€, €., V) Vxzr Vyz) a0d 0 = (0y, 0y, 0, Ty
Txp> Ty,)- The Lagrangian energy functional I(u) equals the
k1net1c energy T minus the elastoplastic potential energy U

plus the work W done by external force. It can be written as

I(u) = 1 J paa’dVv - L J oe'dV + J fu'dv
2 v n+1 Vv Vv
(5)
+ J tu’ds,
ov

where p is the density, @ = (&, v,w) the velocity, f =
(fo f,> f2) the body force, and t = (t,,t,,t,) the surface
force. See, for example, [21], for a standard deﬁnition of I(u).
For a uniaxial bar of infinite length with cross-sectional area
A(x), subject to axial force and zero surface force, we have
o = (0,,0,0,0,0,0), u = (u(x,t),0,0), 0, = Kle " 'e,
f (f(x,1),0,0), and t = (0,0,0). For an Euler beam
of infinite length, it is assumed that the components of the
displacement satisfy u(x, y,t) = —y(0v/0x), v = v(x,t),
w=0,f=(0,r(x1),0),and t = (0,0,0). Therefore &, =
ou/ox = —y(azv/axz), Exy = (1/2)(0u/dy + ov/ox) = 0, and

€, = &, = &, = ¢ = 0. The potential energies for the bar
and the beam are given by
+00 n+1
= [ Tral® ax ©)
n+1lJ) . 0x
1 +00 v n+l
Us=-— LO K, == dx, ™)

respectively, where I, = ly|"'dy dz is the generalized
second moment of inertia of the beam. The x-axis is taken
to be the axial direction of the bar and the beam. For rods
and beams of finite length L, the corresponding Lagrangian
functions are given by replacing —oco and +c0 in (6) and (7) by
0 and L, respectively. Note that the assumptions made in this
section on the elastoplastic bars and the beams are standard
assumptions frequently made for elastic bars and beams (see,
e.g., [22, 23], for details). The corresponding linear wave
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equations of elastic bars and beams corresponding to n = 1
have been studied extensively.

For completeness, the derivation of the wave equations of
the power-law materials given in [14] is outlined here. It is well
known that Hamilton’s principle seeks an equilibrium state in
time dependent mechanical systems (see, e.g., [21]).

Specifically, Hamilton’s principle requires that we seek a
displacement u so that, for any time interval [t,,t,], u(t,) =
u(t,) and u(t,) = u(t,), and for all displacement of the form
u + 7v, where 7 is any real number, the first variation of the
energy functional I satisfies

dt=0 (8)

=0

t, d
81 = L - (I (u(t)+7v(t)]

for all v satisfying v(t;) = v(t,) = 0 and v(¢;) = v(t,) = 0.
The combination u(t) + 7v(t) is referred to as an admissible
displacement for the mechanical system since it is required
to satisfy some boundary conditions. It can be shown that if
the displacement u satisfies (8) of Hamilton’s principle, then
it must also satisfy a differential wave equation under certain
conditions. In particular, suppose that the cross-sectional
area, denoted by A, is a nonzero constant, and then for the
rod, we have

’u 15}
Z T K—
Por = ox <

and for the corresponding Euler beam

v o? "y
PA? = _ﬁ (Kln — | + AT,

n—-1
ou a—”>+f, xeR, teR"  (9)

ox ox

%y

ox2 0x?

(10)
xeR, teR".

When n = 1, (9) reduces to the standard wave equation for
the elastic bar

o*u 0*

u
prK 2+f, x€R,t€R+ (11)

ox?
and (10) to the standard wave equation for the elastic Euler
beam

o*v 0* 0%y
0x2

pAﬁ = _ﬁ KI—) +Ar, x€R, te R+. (12)

The quantity I, reduces to the second moment of inertia,
I, = jA IyI"“dA reduces to I when n = 1 in the elastic
beam theory, and the material constant K becomes Young’s
modulus E for linear elastic materials. In deriving the wave
equations (9) and (10), we have made the assumption that
the solutions v and v are continuously differentiable and their
appropriate lower order derivatives are bounded or vanishing
when |x| — 00. By (8), we get

t, +oo
I I ( pAu — KA
t —00

1

"1 du v
= A
I fv) dxdt

ou

ox

(13)
=0.
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Using integration by parts and interchange of the order
of integration, with v(t,) = v(t,) = 0, and assuming
that lim,_, . |ou(x, £)/0x|"" 1 (Ou(x, t)/dx) is bounded by a
constant independent of t and lim v(x,t) = 0 uniformly
in t, we get the following:

t, +oo b
-pAii+ — | KA
J;l Jloo ( i 0x (

~ydxdt =0

xX—*00

oul™! du
ox a)*’*f) 19

from (13). Since v, t,, and t, are arbitrary and A # 0, we then
get (9) from (14). The corresponding beam equation (10) can
be derived similarly which was reported in [14].

4. Traveling Waves in Rods and Beams of
Arbitrary Length

In the following we will derive some traveling wave solutions
to (9) and (10) for 0 < n < co and n # 1. As far as we know,
these solutions are not available in literature, even though
there are numerous research papers and books devoted to the
discovery and study of traveling waves in elastic and plastic
solids. For the study of traveling waves in nonlinear beam
equations based on Hooke’s law (n = 1) for elastic materials,
see, for example, [3-5]. Also, see [6, 7, 24, 25], for more results
of traveling waves in solids. Assuming that f = r = 0in (9)
and (10), we have

2 n—1
%=c2%(g€ g—z>, xeR, teRY (15
for the bar and
2 2 2 1l 2
%:#%(% %), xeR, teR"  (16)

for the beam, where ¢ = K/p and & = -KI,/pA,
respectively. We look for traveling wave solutions of the form
g(x — At) for both (15) and (16), where A denotes a constant
and g is a function to be determined. Let ¢(t) = 1",
where 7 is the index in power-law (3). The inverse of ¢ is
¢7'(t) = It/ since

(9o97) @ = [l e e

_ |t|("*1)/n |t|(1*")/ﬂt -t

17)

First, let £ = x — At and substitute u(x,t) = g(&) into
(15), so A*g" = cz((/)(g'))’. After integration we get A’g’ =
¢(g') + ¢, where ¢ is an arbitrary constant. Suppose that
lim,_, (0u/ox)(x,0) = A. Since u(x,0) = g(x) and g'(x) =
(Ou/0x)(x,0), we have ¢, = AA - c2¢(A). Looking for
nontrivial solutions for n # 1 and assuming that A =
(/)M we getc, =0and g’ = +(c/0)¥ 0 which gives
the following traveling wave solutions:

u(xt) = + (%)Nu_n) (x—Ab) +6, (18)
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for the bar equation (15). Note that solution (18) includes
some physically meaningful solutions. For example, let us
consider a semi-infinite bar with initial displacement

¢ \2/(-n) .
u(x,O)z{(X) x if0<x<+00
0

and initial velocity

N
i(x,0) = <|_A(X> if 0 < x < +00 (20)

(19)
if —co<x <0,

0 if —-co<x<0

and boundary condition lim,._, . (0u/0x)(x,t) = (c/M)H A,
A particular solution satisfying these conditions is given by

u(x,t)

1

which is obtained from (18). The physical interpretation of
the initial condition (19) is that half of the bar is initially
subject to a constant stress and the other half is free of
stress and fixed in position, and the second initial condition
(20) means that the bar is initially moving at a constant
speed and half of it is instantaneously stopped. Solution (21)
explains that if a prestressed semi-infinite axial power-law
rod subject to initial conditions o(x,0) = K(c//\)z"/ (1-m)
and #(x,0) > 0 and boundary conditions u(0,t) = 0 for
x = 0 and lower order derivatives are bounded or vanishing
when |[x| — 00, then the displacement in the interval [0, x]
will be zero at time £ = [x""[i(x, 0)]' "/ =" x/A
and the restoration of the deformed bar in interval [0, x(¢)]
to its undeformed configuration has a moving boundary
x(¢) which is expanding like a kink wave at a velocity A =
c(K /o (x,0)) /2,

In the more general situation, for any value of ¢;, the equa-
tion P(t) = \*t — c2¢(t) — ¢, has at least one solution since it
is continuous, lim,_,,  P(t) = +oo and lim, ,_ P(t) = —oo.
Let P(gy) = 0, and then g’ = ¢, satisfies A°g’ = *¢(g') + ¢,.
We have the following similar solutions:

2/(1-n)
) (x=At) if0<x— At <+00 (1)

SOTEN

if —co<x—-At<0

g (x—At) if0<x— At <+00
u(x,t) = (22)
0 if —co<x-A<0

satisfying the initial and boundary conditions

gx if0<x<+00
u(x,0) =
0 if —oo<x<0,

(23)
-Agy if 0 < x < 400
1 (x,0) =
0 it —-co<x<0
for lim,_,, o, (0u/0x)(x,t) = &, and A&l = *¢p(g,) + ;.
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For the linear elastic bar, n = 1, ¢(g') = g', and if ¢, = 0,
the equation A*g’ = c*¢(g') is satisfied for any g' and also
makes A = c. This shows that the linear elastic bar equation
allows arbitrary traveling wave forms g in u(x, t) = g(x— At),
and however the wave can travel only at a fixed velocity A = C.
If ¢, # 0, then equation A*g’ = *¢(g') + ¢, gives g’ = ¢, =
A= )/¢; and the corresponding solution is (22), which is
similar to the solutions for n # 1.

The above shows that the difference between the nonlin-
ear solution (n # 1) and the linear case (n = 1) is that all
the nonlinear traveling waves have the same shape and the
traveling velocity depends not only on the material property
but also on the initial stress-level while the linear traveling
waves can take any form while keeping a fixed traveling
velocity c that depends only on the material property.

Similarly, by substituting v(x, t) = g(x—At) into the beam
equation (16), we get A’g” = EZ(qS(g"))”. After integration
twice, we get A*g = &¢(g") + ¢,&€ + ¢, which gives \*g =
Z¢(g") bysetting ¢, = ¢, = 0. Letw = g'; we get w(dw/dg) =
g" and A*g = E¢(w(dw/dg)). From the last equation, we get

et

- AP ey
wdw=_¢1<|a2>dg:_‘5’ 19| """ gdg  (24)

which gives (g')* = C — (2n/(1 + n))|A/c]*"|g|" ™", where
C is the integration constant.

We assume g'(O) = 0 and g(0) > 0. So, the traveling wave
solutions for the corresponding elastoplastic Euler beam are
given implicitly

-4 Jg(”” ds (25)
\/z WEP () (n+ 1) (|9 0] g (0) = 15" 5)

which results in the following formula in terms of generalized
trigonometric function defined in [26]

g (x—At) = g(0)siny 1.y, (B(x — At)), (26)

where B = [¢]"/"/|g(0)|"/" g(0)[A|"/"\[2n/(n + 1). Notice
that for n = 1 we obtain the well-known Euclidean sine
traveling wave solution for the elastic Euler beam equation.
We observe that the amplitude of the wave is determined
by the initial condition v(0,0). The traveling waves for
elastoplastic beams can be applied to study piezoelectric
robots; see [27].

5. Special Waves in Rods and Beams of
Finite Length

Let us consider some special waves in rods and beams of
finite length L with fixed ends. Equations (15) and (16) are
solved for x € (0,L) and t € R" with homogeneous Dirichlet
boundary conditions u(0,¢) = u(L,t) = 0 and special initial
conditions. We present some special solutions by using the
generalized trigonometric functions developed by Drabek
and Mandsevich [26]. By using the separation of variables
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-10f

(a)
FIGURE 1: Vibrating power-law strings: n = 0.2 (a) and n = 0.5 (b) at t = 0,0.2,0.4,0.5,0.7,0.8.

u(x,t) = X(x)T(¢) in (15) and using boundary conditions
u(0,t) = u(L,t) = 0, we have

-1 _ !
:A N
(| ) - ax o
T-AE|T" ' T =o.

From the first equation and the boundary conditions, we get

(3

n-1

X’)' - AX,

(28)
X (0)=X (L) = 0.

By Thm 3.1 in [26], a sequence of solutions to the nonlinear
eigenvalue problem (28) are given by X; = sin,,, ,(k(x7,,, ,/
1)), where Ay, = ~((k+1)k/2)(,, /D™ and 7, , = [, (1~
) VD e = B(1-1/(n+1), 1/2). Let us consider the initial
conditions u(x,0) = X;(x) and u,(x,0) = 0. In this case we
have T(0) = 1 and we can solve the second equation in (27).
A special solution of this initial value problem is given by

. X412
u(x,t) =sin,,,, 1

- )2 g
sy (—VEe (T2 )Ty ),

The time evolution of the special solutions forc = 1, L = 1,
n =0.2,and n = 0.5 is presented in Figure 1, respectively.

Similarly, by using the separation of variables u(x,t) =
X(x)T(t) in (16), we have

(lXH

T-A*|T" T =o.

(29)

n-1

X”)” - AX
(30)

From the first equation and the boundary condition, we get

(|XH|"—1 XH)” - AX,
(31)
X(0)=X(0)=X(L)=X(L)=0.
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(b)

An analytic solution to (31) is not available and is an open
problem. This is a nonlinear and nonhomogeneous eigen-
value problem which belongs to an active area of research
beyond the scope of this paper, and we post it here as
an open problem. Since superposition principle can not be
applied to nonlinear problems, the solutions to (15) and (16)
with general initial and boundary conditions require further
investigations.

6. Conclusions

Two nonlinear wave equations are derived: one is for the
longitudinal vibrations of a power-law bar and the other is
for vertical vibrations of the power-law Euler beam. Analytic
traveling wave solutions are found for these two equations
for free vibrations in terms of generalized sine functions
of two parameters. We recovered the linear elastic waves
as special cases of our solutions. The traditional ways of
determining the vibrations of a structure made of untreated
metals do not apply to the structures of heat-treated metals
with hardening and softening mechanical properties. The
obtained results can be useful in engineering applications
of the power-law materials, such as heat-treated metals and
polyimide plastics. Further study of wave propagation and
vibrations in structures made of the power-law nonlinear bars
and beams seems necessary.
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Factor analysis models with continuous and ordinal responses are a useful tool for assessing relations between the latent
variables and mixed observed responses. These models have been successfully applied to many different fields, including
behavioral, educational, and social-psychological sciences. However, within the Bayesian analysis framework, most developments
are constrained within parametric families, of which the particular distributions are specified for the parameters of interest. This
leads to difficulty in dealing with outliers and/or distribution deviations. In this paper, we propose a Bayesian semiparametric
modeling for factor analysis model with continuous and ordinal variables. A truncated stick-breaking prior is used to model
the distributions of the intercept and/or covariance structural parameters. Bayesian posterior analysis is carried out through
the simulation-based method. Blocked Gibbs sampler is implemented to draw observations from the complicated posterior. For
model selection, the logarithm of pseudomarginal likelihood is developed to compare the competing models. Empirical results are

presented to illustrate the application of the methodology.

1. Introduction

Owing to its wide applications in behavioral and social
science researches, analysis of factor analysis models with
mixed data structure has received a lot of attention; see [1-
6]. However, most of these methods are mainly developed
within particular parametric distribution families such as
the exponential family or normal scale mixture family,
which have a limited role in dealing with the distributional
deviations, in particular heterogeneity or multimodality of
the data. Though some robust methods are developed to
downweight the influence of the outliers [7-12], most of them
are still confined to dealing with unimodality and are less
effective for the asymmetric and/or multimodal problems.

Recently, some authors focused on the Bayesian semi-
parametric modeling for latent variables model. For multi-
variate categorical data analysis, Kottas et al. [13] extended
the traditional multivariate probit model [14-16] to a flexible
underlying prior probability model. The usual single mul-
tivariate normal model for the latent variables is replaced
by a mixture of normal priors with infinite number of

components. And, for the latent variable model with fixed
covariates and continuous responses, Lee et al. [17] estab-
lished the semiparametric Bayesian hierarchal model for the
structural equation models (SEMs) by relaxing the common
normal distribution of exogenous factors to follow a finite-
dimensional Dirichlet process [18]. Song et al. [19] developed
a semiparametric Bayesian procedure for analyzing the latent
variable model with unordered categorical data. For some
recent advances in semiparametric analysis for factor analysis
model, see [20-23] among others.

In this paper, we developed a Bayesian semiparametric
approach for analyzing factor analysis model with mixed
continuous and ordinal responses. The methods are twofold.
Firstly, we extended Kottas, Miiller, and Quintana’s model
to a more general multivariate model which contains factor
variables. This extension aims to interpret the relationships
between measurements and latent variables and explore cor-
relations among the multiple manifest variables. Moreover,
we treat the threshold parameters as unknown and estimate
them simultaneously with other model parameters, thus
providing a more flexible approach to fit the data. Secondly,

WORLD TECHNOLOGIES




174

we introduce the truncated Dirichlet process prior as the
prior of the mean vector and variance-covariance parameters
of unique errors and latent variables. This facilitates the inter-
pretation of heterogeneity in the mean and/or covariance
structure across the subjects.

This paper is organized as follows. We first introduce
the Bayesian semiparametric modeling framework for factor
analysis model with continuous and ordinal variables. We
then present the Markov chain Monte Carlo procedure
for parameters estimation and model selection. Simulation
studies and a real example are provided to illustrate the
performance of the proposed procedure. We close with some
remarks and concluding comments.

2. Model Description

2.1. Factor Analysis Model with Continuous and Ordinal
Responses. Suppose that a p-dimensional mixed observed
vector y; = (xiT,ziT)T contains r continuous variables x; =
(X;15-..,%;,)" and s = p — r ordinal variables z; = (z;,
Co z,-s)T with z;; taking an integral value in Sj ={0,1,..., bj}
forj = 1,...,s,i = 1,...,n. We assume that the observed
ordinal vector z; is related to the unobserved continuous
vector u; = (1;,,...,u;,)" through
where {r;; : [ = 0,...,b;, j = 1,...,s} is a set of unknown
threshold parameters that define the categories: —co = 7/, <
Ty <o < Ty, < Tjpyq = 00. Hence, for the jth variable z;;,
there are b; + 1 categories.

Let y/ = (xiT, uiT)T denote the vector of continuous
observed measurements and unobserved variables. For sub-
ject i, we formulate the dependence among y;. s through the
following measurement model:

*_

y; =u+Aw; +e, (2)

where p is a p x 1 intercept vector, A is a p x m factor
loading matrix, w; is an m x 1 vector of latent variables,
and ¢ is a p x 1 vector of measurement errors which is
independent of w;. In many applications, w; may represent the
hypothesized factors underlying manifest responses and/or
unobserved heterogeneity not explained by covariates.

The latent variable model with mixed continuous and
ordinal responses defined by (1) and (2) faces two sources of
identification problems. The first one is associated with the
determinacy of latent variables y* in modeling of categorical
variables, and the second one is related to the uniqueness of
the factor loadings matrix. To solve the first problem, we use
the common method [24] to fix endpoints 7;; and Tip, (G =

1,...,s) at preassigned values. For the second problem, we
follow the usual practice in structural equation modeling to
identify the covariance matrix of y;" by fixing appropriate
elements in A at preassigned values.

Let 0 be the parametric vector formed by the unknown
parameters contained in {y,¥,,®} and let 9 denote the
free parameters contained in factor loading matrices A and
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t o= (@ )T with 1 = (...

, jbj)T. Based on
the assumptions of (2), the conditional distribution of y;
given (6, 9) is a normal distribution with mean vector ¢ and
covariance matrix (6, 9) = AOAT + V..

Note that the latent factors here play an important role
in characterizing the associations between the observed
variables. It can be seen clearly that z; and x; are dependent
when w; is integrated out. The marginal density of y; is given

by
?(y:19,0)

3)
= JP(Xi | 0,9,0) p(z | @,9,0) p(w; | 9,0) duw,
with
- - _ AT
P(Z- | w;, O 9) = 10) szij+1 Hrvj Aiji
| | j=1 ‘ 1l/erJrj
(4)

T
_ o sz,-j - ."’H—j - Ar+jw‘
c bl
1/’er+j

in which @_(-) is the standard normal cumulative distribution
function.

2.2. Bayesian Semiparametric Hierarchical Modeling. Let
p(y; | 6,9) be the conditional density of y;” given (6, 9) and
denote by F a prior distribution function of 6. Suppose that F
is proper; we define the following mixture density:

P07 IR = [ p(7 16.9)F (o), (5)

in which F(d0) is the conditional distribution of 6 given F. By
taking a prior for Y and restricting F to be a parametric family
of distributions indexed by 6, we complete the Bayesian para-
metric model specification. However, this restriction severely
constrains the estimation of 6 and produces estimators that
shrink data values toward the same points. A more flexible
modeling for y;" is to treat F as random and assign a prior
for it. For this end, we introduce a latent variable vector 0, =
{u;, ¥, @;} and assume that, given 0;, y;"’s are conditionally
independent and drawn from p(y;" | 6;,9). Furthermore, we
suppose that 6,’s are independent and identically distributed
(i.i.d.) according to F with a prior & on it. As a result, we
break the mixture model p(y; | F,9) into

* ind *
[y 16,9] ~ p(y 16:,9),

6,,....0, | F] X F, F~,

(6)

where “ind” means “independent” and & is a prior of F.
We consider the following truncated version of Dirichlet
process for F:

G
P() =P ()= Y mdy: (), (7)
k=1
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in which 69; (-) denotes a discrete probability measure con-

centrated on atom 6, and m; (k = 1,...,G), independent
of 6, are random weights constructed through the following
stick-breaking procedure:

m =V,

m=0-V)--(1-V,.))Vi, k=2,...,G-1, (8)

mg=(1-V)(1-Vg,),
with V; b Beta(1, a); 9; ’s are i.i.d with common distribu-
tion F,.

Truncated Dirichlet process prior (7) can be considered
as a truncation version of Dirichlet process [25-30] in the
nonparametric Bayesian analysis. It can be shown that, under
(7) and (8), for any Borel set A in R?,

EF (A) = Fy (4),

Pumu—%m»@+g) ©)
+1 G/’

This indicates that F; can be served as the starting point or
guess of F and « determines the concentration of the prior
around F,. In practice, the value of G is either set to a large,
predetermined value (e.g., G = 100) or chosen empirically.
For instance, Ishwaran and Zarepour [31] suggested that
the adequacy of the truncation level, G, can be assessed by
evaluating moments of the tail probability. Our simulation
results have shown that G = 100 is more than adequate for
the model considered in the present context.

Now, we specify the distribution F,. Recalling that by
convention 6, is the collection of {g;,¥.,, ®;}, hence, we
assume that

Fy (o> Yoo @i 1 9,2, R)

Var (F (A)) =

m
=Ny |72, HGamma_l (‘//:kj | “eoj"ﬁeo;') (10)
j=1

- Wishart ™! ((DZ | pO,R_l),

where 7,2, and R are hyperparameters, 2, = diag{o,,,...,
o,p} is a diagonal matrix with the kth diagonal ele-
ment o0,;, and R is an m, x m, positive definite matrix;
Gamma ' (a j» Beoj) refers to the inverse gamma distribution
with shaper parameters 0o and scale parameters ﬁer’
respectively, and Wishart™' denotes the inverse Wishart
distribution [32].

Modeling F in (7) into the random probability measure
and incorporating the latent variable w; into (5) generate the
following hierarchical model: fori = 1,...,n,

(7 | w;,6;,9) N (4 + Aw;, ¥y
(€16) ™ N (0,®,), (an
iid
(6;| F) ~F, F~%(),
where & is given by (7) and (8).

3. Parameters Estimation and Model Selection

3.1. Prior Specifications and Estimation via Blocked Gibbs
Sampler. Let @ = {6, : k = 1,...,G}. To implement
Bayesian analysis, blocked Gibbs sampler is used to simulate
observations from the posterior. The key for blocked Gibbs
sampler is to recast model (11) completely by introducing
the cluster variables L = (L,,...,L,)" such that §; = 0r,-
Consequently, the semiparametric hierarchical model (11)
can be reformulated as the following framework:

(5 | @;,6;,9) e N (g + Aw;, ¥y;)

(w16, ™ N (0,@,),
.. G
(Li=-1m) % Ymde ), )
(m,0") ~ p(m) p (@),
9~p(),
T~ p(7),

where p(9) is a prior of 9, p(m) is the stick-breaking prior

given by (8) with [V; | «] id Beta(1, «), and p(@”) is the joint
distribution of ®" given by

G
p(® |%2,R) =[]p(6; | 2, R)
k=1

G
- HP (¢ Yoo @ 1 7,2, R),
k=1

* * * iid
[Mk"{]sk’q)k | Vs ZV’R] ~ FO

in which Fy(- | »,Z,, R) is given in (10).

For the Bayesian analysis, we need to specify priors for the
parameters involved in the model. The whole parameters can
be divided into two parts: parametric component part {9, 7}
and nonparametric component part {v,Z,,R,a}. For the
parametric components, we assume that p(9,7) = p(9)p(r)
with

D
p(Ag) =N (Ao Her) »

p@=[1p(x)=I1p (v 71)
= =1

(14)
S

o< HI {‘rj)z <eee < Tj,bj,l} ,
=1

where A is a p x 1 column vector that contains unknown
parameters in the kth row of A.
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For the hyperparameter 5 = {»,X,, R, a}, we consider the
following conjugate priors:

v~ N (4p, %) »

R ~ Wishart™ (pg) , R?) ,
(15)
o, ~ Gamma ™' (k;,%,),

a ~ Gamma (7, 1,) .

The hyperparameters g, 2o, A g Hegpo RY, Acojs Beojs Pos P
Ky, Ky, T1, and 7, in (10), (14), and (15) are treated as known.

Let Y(n x p) = (yl,...,yn)T, Q = (wl,...,wn)T,
and Y* = (y},...,y")". Posterior analysis in relation to
the complex p(9,8 | Y) is carried out through the data
augmentation technique [33]. Specifically, we treat the latent
quantities {Q,Y", 7,0, L} as missing data and augment
them with the observed data. A sequence of random obser-
vations is generated from the joint posterior distribution
p(Q,Y*,9,7m,0% L, B|Y) by the blocked Gibbs sampler [31,
34], coupled with the Metropolis-Hastings algorithm [35, 36]:
given QD y*O 70 @*® 1O} 4t the Ith iteration

draw Q*Y from p(Q | y*® 90 20 @@ 1® ﬁ(l)
Y),

draw (9“0 y* Dy from p(9,Y* | Q4D 70 00,
o, ﬁ(n, Y),

draw (7T(l+1),®*(l+l)) from p(ﬂ;®* | Q(l+1), Y*(l+1),
9uD 10 0y

draw L from p(L | QD, y*(+, g+ D),
®*(l+1)’ /3([), Y),

draW ﬁ(l+1) frOm p(ﬁ | Q(l+l)’ Y*(l+1), 9(l+1)) 7_[(1+1),
@*(l+1), L(l+1), Y),

and form {Q®V, y*tD gD @Bl p+Dy 1t cap
be shown that as [ tends to infinity, the empirical
distribution of {Q®?,Y*® 70 @*® B} converges to
p(Q,Y*,9,m,0%, L, | Y) at any geometrical rate. The full
conditional distributions and the implementation of the
above algorithm are given in the Appendix.

3.2. Model Selection. Model selection is an important issue in
Bayesian semiparametric modeling for latent variable model
since it is of practical interest to compare different modelings
for factor analytic models. Formal Bayesian model selection
is accomplished by comparing the marginal predictive dis-
tribution of data across models. Consider the problem of
comparing competing models M, and M,. Let p(Y | M,)
and p(Y | M,) denote the marginal density of data Y
under M, and M,, respectively. A popular choice for selecting
models is achieved via Bayes factor (BF) (e.g., [37-39]).
However, in view of the fact that computing BF involves the
high-dimensional density which is hard to estimate well, we

Applied Mathematics: Principles and Techniques

prefer comparing the following logarithm of pseudomarginal
likelihood (LPML) [40, 41]:

LPML (Y) = ilog (CPO,), (16)

i=1

where CPO; is known as the conditional predictive ordinate
(CPO) defined as

1
CPOi:P(J’i|Yi):“ . P (9
0 p (i 1Y, 9,0%,m)
a1
", | Y)d\‘)d@*dn]
(17)
1
= — 0 (9,0", 7|
| sosear

-1
Y)d9 d@"dﬂ] .

Here, Y(; is the data set Y with y; removed. Obviously, from
(17), we can see that CPO,; is the marginal posterior predictive
density of y; given Y|;) and can be interpreted as the height of
this marginal density at y;. Thus, small values of LPML imply
that Y does not support the model.

Based on MCMC sample (@, 7® L® 9®) ﬂ(t)) it =
1,...,T} already available in the estimation, a consistent
estimate for LPML can be obtained via ergodic average given

by

T

LPML (Y) = —Z log
i=1

1 1
fZ:p(yi | S(t),G)*(t),n(t)) . (18)

t=1

It is noted that, under our proposed model,
p(i19,0%m) = JP()’:‘ | @, L;,9,07)

p(w | Lj,9,0%) p(L; | m)dwdL,

(19)

which is complicated due to the existence of Q) and L. This
can be solved by Monte Carlo approximation. Specifically,
given the current values {9(1), 0*¥, ﬂ(l)} at the [th iteration,
we draw (i) Lli’h from p(L; | ?) and (ii) wf’h from p(w; |
Lli’h,S(l),G)*(l)) for h = 1,...,H and then evaluate p(y; |
90, 0*® 7"y at the observation y; through

f)(y' 190, @*® n‘”)
i > >
1 ¢ Lh 1 Lh o) o*(0) (20)
= E};p(yi|wi ,L", 97,0 )

Obviously, the distributions involved in (i) and (ii) are
standard and sampling is rather straightforward and fast.

4. A Simulation Study

In this section, a simulation study to evaluate the per-
formance of the proposed procedure is conducted. The
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goal is to assess the accuracy of estimates under para-
metric, partly exchangeable, and semiparametric modelings
when data take on the multimodality or heterogeneity.
We consider the situation in which each observed vector
consists of three-dimensional continuous vector and three-

dimensional ordinal vector with threshold values T, =

(-1.0%,-0.6,0.3,1.0°)" (j = 1,2,3). We generate Y by first
generating Y* with y* = (x7, uiT)T from the mixture of two
factor analytic models with weights 0.45 and 0.55 and then
transforming u; into z; (s = 3) via (1) to create the ordinal
observations, where x; represents a 6 x 1 observed continuous
random vector and u; is a 3 x 1 latent continuous random
vector. Each component in the mixture model is specified
through the following measurement model: for m = 1, 2,

yi=u™ + Al + ™, €™~ N(0,¥™). @D

The parameters involved in the components of mixture model
are taken as " = —1.5 x 1, u® = 1.0 x 1, ‘I’e(l) = 0.361,
v =

e T 6

+ [17 08080 0" o0
AT = ,
0" 0* 0" 1" 0.8 08
1 -03
oW = : (22)
-03 1.0

oo (108
0.6 1.0

in which 15 is a 6 x 1 vector with all elements equal
to one and I is a 6 X 6 identity matrix. The elements
with asterisks involved in loading matrix A and threshold
parameters {TJ»}?ZI are treated as fixed for identifying model
(see Section 2.1). Based on these settings, random sample with
size 500 is generated and 100 replications are completed for
each combination.

Prior inputs in the prior distributions involved in the
parametric components (see (14)) are as follows: H,q; and
Hp, are diagonal matrices with the diagonal elements 1.0, and
elements in {A (, Iy} are equal to the true values, while prior
inputs in the prior distribution of superparameter f3 (see (15))
are y, = 0y, Xy = 1001y, x; = k, = 0.001, Rﬁ = 0.011,,
Py = pff =10, & = Peok = 2.0, and 7, = 7, = 2.0. Note that
these values ensure approaching noninformative priors.

A few test runs are conducted to explore the effect of
truncated levels on the estimates of unknown parameters
and the convergence of the blocked Gibbs sampler. We take
G = 50, 60, 70, 80, 90, 100, 200, and 300 and calculate
the total sum of the root mean square (RMS) of estimates
(see below for details). The resulting values are 1.9830, 1.7382,
1.6582, 1.5548, 1.4194, 1.4128, 1.4108, and 1.4101, respectively.
It can be seen that the total sum of the root mean square
(RMS) becomes rather stable when G > 80. In the following
analysis, we set G = 100 in our data analysis. For the
threshold parameters {7, : j = 1,2,3, k = 2,3}, we choose

O'I%/IH jk = 0.002 (see Appendix) in MH algorithm to produce

............................................................................. 1.2

0 500 1000 1500 2000 2500 3000 3500 4000 4500 5000

Iterations

FIGURE 1: Plot of the values of EPSR of unknown parameters against
the number of iterations under different starting values for the
simulated data.

the acceptance rate about 0.40. Figure 1 gives the plots of
EPSR (estimated potential scale reduction [42]) values of
unknown free parameters in A, 7, and « against iterations
for three groups of different starting values. It can be seen
that the estimates converge in less than 1000 iterations. To
be conservative, in the following analysis, we collect 3000
observations after 2000 “burn-in”s deleted to take posterior
analysis. We first consider the performance of the proposed
LMPL in model comparison. We compare the proposed
model with the parametric model (denoted by PARA) and
the partly exchangeable model (denoted by PAEX), which
approximately correspond to & = +00 and « = 0 under our
proposal, respectively. The parametric model is defined by

(7 1 0,0) ™ N (u+ Aw, ),
) (23)
(w; | ©) X N (0,0).

The priors of the parameters are given by p(u) EN (o> Zo)>

D -
P(AY,) = [To N(A o, Hyy)- Gamma ™ (kg o) and @ ~
Wishart ™ (10,7.0L,).

The partly exchangeable model is given by

(i | 0;,6,,9) N (b + Aw;, ¥ey)
(24)
(@ 16) = N (0.9),
where 0, = {u;,¥,;, ®;} are iid. with distribution Fy(- |
v,Z,, R) given in (5); the priors for the unknown parameter
vector A and hyperparametric vector {v,%,, R} are, respec-
tively, given in (14) and (15).

Under the foregoing settings for the hyperparameters,
observations obtained through the blocked Gibbs sampler are
used to compute the values of LPML for each scenario across
100 replications. For the parametric and partly exchangeable
model, computing values of LPML is very straightforward
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and standard. For the semiparametric model, we draw 50
observations for approximating p(y; | 9,®,m). The values
of LPML under parametric model, semiparametric model,
and partly exchangeable model are, respectively, —6684.740,
—6255.553, and —8487.259 with standard deviations 62.509,
151.480, and 147.742. Based on the LPML criteria, semipara-
metric model is selected, which is consistent with the fact that
the true model takes on the multimodes. Moreover, according
to our empirical results, the correct rates of LPML selecting
the true model across 100 replications are about 0.93.

Table 1 gives the biases (BIAS), root mean squares (RMS),
and standard deviations (SD) of estimates of unknown
parameters across 100 replications under semiparametric
models and parametric and partly exchangeable model,
respectively. The measures BIAS, RMS, and SD are given as

5(‘1’),

M

BIAS(9)) = (9;-9), 9=
—~ 1 S ~(r) 2
RMS (9;) = gZ(Sj —91-0), (25)

e (200 = )2
s (% -%)

where S is the number of replications. It can be seen
that estimates obtained through the proposed approach are

reasonably accurate. The values of A jk under our approach
are smaller than those under parametric and exchangeable
modelings in terms of the absolute values of BIAS and RMS.
The results show that ignoring heterogeneity among the data
may lead to biased estimates and incorrect interpretation of
the analyzed phenomena. This also reflects that the factor
loadings A j, are not robust against the distributional devia-
tions of inceptor, variance of unique errors, and covariances
of latent factors.

Further simulation study is conducted to assess the
performance of the proposed model and parametric model
as well as the partly exchangeable model when data are
generated from a single normal distribution. The population
values of parameters are taken as y = 0g, ¥, = I, and

o 1 03 2
_(0.3 1.0)' (26)

The values of factor loadings and threshold points are the
same as those in previous mixture model. As usual, we take
G = 100 for truncated levels. The sample size is set to
62 which is analogous to the real example. The inputs for
superparameters involved in priors are set the same as that
in mixture model. The results based on 100 replications are
summarized in Table 2.

Based on Table 2, it can be found that the results obtained
from our proposal are rather reasonable when compared
to normal model, while partly exchangeable model gives
serious biases. Moreover, we consider different inputs of
superparameters in priors and find that the estimates are
rather robust.
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5. A Real Example

To illustrate the proposed procedure with a real example, a
political-economic risk data set [43] was analyzed, which is
adopted from Henisz’s [44] political constraint index data
set (POLCON), Marshall et al. [45] state failure problem sets
(PITF), and Alvarez et al’s [46] ACLP Political and Economic
Database (ACLP). The data set is formed by the two economic
indicators and three political variables from 62 countries. The
first index is the log black market premium (BMP). This is a
continuous variable which is usually used as a proxy for illegal
economic activity. The second index is log real gross domestic
product (GDP). It is used to measure the productivity of a
country. The third variable is a measure of independence of
the national judiciary. This is a binary variable: it takes 1 if the
judiciary is judged to be independent and 0 otherwise. The
next measurement, measuring the level of lack of expropria-
tion risk threat (LE), is an ordered categorical variable coded
with 0,1, 2, 3, 4, and 5. The last variable is an expert judgment
of measuring lack of corruption (LC). It is also an ordered
categorical variable scaled with 0 to 5. The total sample size
is 62 and the frequencies of each category occurring are
equal to {34,28}, {2,6,7,19,14,14}, and {5,11,18,11,8,9},
respectively. To unify scales of the continuous variables, the
corresponding raw data were standardized.

Let y* = (log BMP, log GDP, IJ, LE, LC) be the vector of
the observed variables. Based on the objective of this example,
itis natural to group (i) {log BMP, log GDP} to an endogenous
latent variable that can be interpreted as “economic factor, &§”
and (ii) {IJ, LE, LC} to an exogenous genotype latent variable
that can be interpreted as “political factor, #.” Hence, the
following loading matrix A in the measurement equation
with w; = (1, Ei)T is considered:

AT = 0" 0" 17 Ay Ay 27)
1* A, 0° 0° 0

in which the ones and zeros are treated as known. Although
other structures of A could be used, here we consider a
nonoverlapped structure for clear interpretations of the latent
variables: A measures the effect of w, on the observed
variable y;. Since the third variable is binary and the last
two variables are measured on a six-point scale with each
involving six thresholds, for model identification, we fix ., =
1 and endpoints of thresholds 7, 755, 7,;, and 7,5 at —1.8486,
0.7527, -1.4007, and 1.0574, respectively. These fixed threshold
values were chosen via 7, = ®7'(p ik)» Where p, are
observed marginal proportions of the categories with z; < k.

By primary data analysis, we find that the skewness and
kurtosis of the first two variables are {—0.1340, —0.4319} and
{2.0892,2.0958}, respectively. We also evaluate the predictive
density function for continuous variables. Figure 2 gives
the contours of posterior predictive density of pair (y,, ¥,)
under parametric model and semiparametric model M (see
below) based on 60 x 60 grids. It can be seen that the data
for pair (y,, y,) are heavy-tailed and the predictive density
under semiparametric model captures the high frequency
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TABLE 1: Summary of the estimates under the parametric, partly exchangeable, and semiparametric approaches in analyzing simulated data:

mixture data.

Para. PARA PAEX SEMI
BIAS RMS SD BIAS RMS SD BIAS RMS SD

Ay 0.130 0.136 0.043 0.216 0.171 0.047 —-0.022 0.066 0.070
Ay 0.131 0.138 0.043 0.212 0.181 0.047 -0.026 0.080 0.070
Asy 0.140 0.147 0.046 0.263 0.164 0.072 -0.015 0.093 0.092
Aea 0.144 0.150 0.046 0.266 0.152 0.071 -0.012 0.098 0.092
T, 0.060 0.091 0.040 -0.110 0.014 0.052 0.007 0.062 0.038
T3 0.070 0.085 0.033 -0.216 0.050 0.060 0.007 0.067 0.040
Ty 0.070 0.098 0.040 -0.113 0.016 0.051 0.008 0.056 0.038
Ty3 0.077 0.095 0.032 -0.186 0.038 0.059 0.013 0.062 0.042
T3 0.062 0.092 0.040 —-0.118 0.016 0.051 0.013 0.069 0.038
Ty 0.083 0.098 0.032 —-0.184 0.037 0.059 0.018 0.070 0.042

TaBLE 2: Summary of the estimates under the parametric, partly exchangeable, and semiparametric approaches in analyzing simulated data:

normal data.

Para. PARA PAEX SEMI
BIAS RMS SD BIAS RMS SD BIAS RMS SD

Ay 0.109 0.103 0.068 0.216 0.201 0.147 0.152 0.125 0.130
Aq -0.114 0.108 0.066 0.212 0.201 0.207 0.138 0.137 0.120
Asy -0.122 0.116 0.101 0.253 0.134 0.172 0.146 0.139 0.141
Ao -0.123 0.114 0.102 0.366 0.136 0.271 0.144 0.118 0.176
T), -0.012 0.004 0.052 -0.151 0.036 0.126 0.005 0.002 0.052
Ti3 -0.018 0.002 0.056 —-0.153 0.041 0.126 -0.013 0.003 0.060
Ty -0.001 0.003 0.046 -0.110 0.014 0.052 -0.035 0.004 0.045
Ty3 0.016 0.003 0.051 -0.216 0.050 0.060 —-0.022 0.004 0.055
T35 -0.001 0.003 0.046 =0.113 0.016 0.051 -0.001 0.002 0.048
T33 -0.018 0.002 0.051 -0.186 0.038 0.059 -0.012 0.003 0.058

region successfully while parametric model fails. For model
comparison, we consider the following competing models:
M*: y" =y + Aw; + €,
& ~N(0,¥), @~ N(0,¢);
My = p+ Aw; +¢;,
& ~N(0,¥;), w;~ N(0,¢);
My = u+ Aw; + €,
€~ N(0,%;), w;~ N(0,¢);
(28)
M. y¥ =y + Aw; + €
€&~ N(0,¥), w;~ N(0,¢);
M y* = u+ Aw; + e,
€~ N(0,%;), v, ~ N(0,¢);
My = u+ Aw; + ¢,

€~ N(O"I]ei)’ w; ~ N(0’¢i)'

The following two types of prior inputs are, respectively,
used for the hyperparameters involved in the parametric
components and semiparametric components: (I) A o =

Ago Hege = Ly yo = 95 Hyy = Ly = @ 2y = diag{S},

Aeor = 9:0, Beor = (o =DV po = P(()/> =20, Rﬁ 1 =~(P0_2)¢’
kK, = k, = 80,and 7, = 1, = 8.0, where 0 denotes
the maximum likelihood estimates of 6 under parametric
model from analysis of a “control-group” sample and S is
the polychoric correlation matrix obtained on the basis of
single confirmatory factor analysis model; (II) Agj = 0,
Heg = 0.01L, 5 = 0, Hyy = 0.01, g = 05y, £y = 0011,

Xeor = Peok = 2-0, py = Pg5 =10, Ro_1 = po = 2, % =K, = 0.01,
and 7, = 7, = 0.01. Note that prior (I) gives more information
than prior (IT) since it partly takes advantage of information
from sample.

The proposed Bayesian semiparametric approach with
G = 50 was applied to calculate the values of CPO and
LPML. We draw 100,000 effective observations from the
corresponding posteriors via the blocked Gibbs sampler and
divide them into 100 batches equally. Table 3 gives the means
and standard deviations of LPML under priors (I) and (II).
The following facts can be found. (i) The values of LPML
under prior (I) are larger than those under prior (II). This
indicates that the LPML tends to choose the model with
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(a)

(®)

FIGURE 2: Plot of contours of posterior predictive density of pair (y,, y,) under parametric model and semiparametric model M*: (a)
corresponds to parametric model and (b) corresponds to semiparametric model with G = 50.

TABLE 3: Mean and standard deviation (SD) of LPML in the political
and economic risk data.

LPML
Model BAY I BAY II
Mean SD Mean SD

M —253.0577 60.7693 —274.9704 14.7176
M€ -176.5289 110.0227 —188.8361 175.3741
MH¢ —-193.2270 81.3209 -209.0063 77.0664
M* —235.7465 15.3588 —235.7465 11.6911
M —267.4536 10.2084 —271.2875 10.4206
Mt —255.2335 27.2208 —258.7124 15.8416

informative prior. (ii) M® give the largest value. Among the
posited models, M¢ is selected. We also compute the values
of LPML for parametric model. They are —287.4262 and
—288.6033 under priors (I) and (II) with standard deviations
6.287 and 5.065, respectively. Therefore, the data support the
semiparametric model instead of parametric model.

Table 4 presents the estimates of factor loading A j
as well as their standard deviations with semiparametric
and parametric model under prior (I). The factor loading
estimates )Atkj in the measurement equation can be interpreted
according to a standard confirmatory factor analysis model.
The difference between the two approaches is obvious: the
estimates of A, and A5 under parametric model are only
half of those under semiparametric model. Moreover, the
standard deviations of estimates with parametric method are
uniformly larger than that of semiparametric model. Since
we identify illegal economic activity log PCR with economic
factor & (1], = 1) and independent of judiciary with political
factor 7 (A3, = 1), respectively, the level of economic factor
has a negative effect on real gross domestic product, while
the level of political factor has positive effect on lack of
expropriation risk threat and lack of corruption. The estimate

Xzz = —0.123 indicates that a one-unit increase in the level of
economic factor leads to 0.123-unit decrease in the magnitude
of gross domestic product. The interpretation of 1, and As, is
similar. The differences of estimates between parametric and
semiparametric methods illustrate the effects of heavy tails of
the data on the estimates.

6. Concluding Remarks

Parametric modeling for latent variable model with mixed
data structure has long dominated Bayesian inference work,

TABLE 4: Estimates and standard errors estimates of the parameters
in analysis of political and economic risk data.

Parametric model M° model
Parameter
Est. SD Est. SD

Ay ~0.155 0.083 ~0.123 0.077
/\41 0.418 0.104 0.846 0.088
/\51 0.367 0.090 0.754 0.066
Ty -1.336 0.157 -1.340 0.055
Ty3 -0.905 0.167 —0.898 0.061
Tay —0.008 0.149 0.004 0.055
Ts, -0.794 0.142 -0.787 0.046
T 0.001 0.155 0.002 0.053
o, 0.566 0136 0.567 0.035

typically developed within the standard exponential family.
Such modeling is often confused with handling the mul-
timodal and unknown heterogeneous problems. In dealing
with multimodality or increased heterogeneity in data, one
naturally resorts to the finite mixture model [47, 48] which
is more flexible and feasible to implement due to advances in
simulation-based model fitting.

Rather than handling the large number of parameters
resulting from the finite mixture models with a large num-
ber of components, we consider, in this paper, the finite-
dimensional Dirichlet process mixture model for latent
variable model with continuous and ordinal responses. The
core of our proposal is to model the mean vector and/or
variance-covariance parameters of unique errors and latent
variables into the finite-dimensional stick-breaking priors.
This will help to reveal the local dependence structure such
as classification groups and clustering among the data. The
blocked Gibbs sampler developed by Ishwaran and Zarepour
[31], which takes advantage of the block updating and
accelerates mixing in Gibbs sampling, is adapted here to cope
with the posterior inference.

The proposed methodologies in this paper can be applied
to more general latent variable models that include the
multilevel SEMs [49] and longitudinal latent trait models [5]
with discrete variables.

Appendix

Full Conditional Distributions

(1) Full Conditional Distribution p(9,Y" | Q, m, ", L, 5,
Y). To draw (9,Y") from p(9,Y* | Q, m, ®", L, B, Y),
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we implement it by (i) drawing (z,Y") from p(7,Y"* | Q,
A, 7, ©, L, B,Y) and (ii) drawing A from p(A | Q, T,
Y*r, ®%, L, 8, Y). The underlying reason is that drawing
(7,Y™) from the joint conditional distribution as proposed
here is more efficient than drawing 7 and Y™ separately from
the corresponding marginal conditional distribution (see Liu
[50], Nandram and Chen [51], and Song and Lee [6]).

It can be shown that p(7,Y" | Q, A, 7, ®", L, 3, Y), not
involving 7 and f3, is given by

p(nY | QA®LY)=p(r| QAOLY)

p(Y' | 1,Q,A, 0" LY)

S
= HP (7,1 2 A8, ;)
i

(Y0 17 20,0, Y(;)),

(AD)

whereYG) = {yl.j. vi=1,...,n}, 0 = {Qij :i=1,...,n},and
Y = {y,-j :i=1,...,n}. Further,

p(7 1 A0, Y;)

b1
& H H {CD (wr-:_i]l'/z (Tj,k+1 - .”ij - Aj;wi))

k=11{i:y;=k}

=@ (y” (7 = g = M) )T < T}
n

HN ()’;’ |

i=1

P (Y5 175 QA 0, 1) o

T *
+ Aj‘”i)‘/’gij) I {Tj’yij < yij = Tj’yij"'l} >

(A.2)

where @(-) is the cumulative distribution function of N(0, 1).
It is difficult to sample T; from p(‘rj | Q,A, G)(j),Y(j))
since this target distribution is nonstandard. We follow
Cowles routines [52] and use Metropolis-Hasting (MH) algo-
rithm to sample observations from this complex conditional
distribution. Specifically, given the current values TJ(-I) =

) )
T.5s...5T:
( J2 Jbj—1

t T* _ ( *
vector i = Tj,Z""

)" at the Ith iteration, generate a candidate

, ;h,_l)T from the following truncated
g
normal distribution:
* O 2 * 0}
T, ~N(T. o -)I{(T- T, ]}
Jik jk> " MHjk Fk=1> “jk+1]1] >
(A.3)

fork=2,...,bj—1.

Accept this candidate T; as T](.l“)

min{l, Rj}, where

with the probability

— -1 ) ) -1 * ()]
R = (GMij [Tj,kﬂ - Tj,k]) -3 ("Mij [Tj,kfl - Tj,k])
j =
k=2 © ((T_l . [T?‘ -7

[0 .
j*,k]) y ("Mij [Tj,k—l - Tj,k])

1)) = @ (v (5~ - 1))

(A4)

0

As pointed out by Cowles (1996) [52], the quantities O’I%AH ik
should be chosen carefully such that the average acceptance
probability is about 0.30 or more.

For p(A,TI | Q,7,Y",7,@",L,3,Y), without loss of
generality, we assume that the elements in A are all free. Let
yi’;* = yi’;. — ;- Under the prior distributions given in (14), we
have

p
* * D
p(A1QY",0%L) = [ [N (myZq),
k=1

(A5)

in which

) n oy
Mep = Zek <HeOIkA0k + Zl—lk> >

i=1 Veik

(A.6)

n -1
-1 T -1
Z“€k = (ZWeikwiwi + HeOk)

i=1

-1/2 *

(V’eij (Tj,y,-jﬂ — i — A
“1/2

(V’eij (Tj,y,,u - — A

Jor)) = @ (v (o3, = s = V)

(2) Full Conditional Distribution p(Q | 7,Y", 0, m, ", L, 3,
Y). It can be shown that the conditional distribution of Q is
given by

p(Q17,Y",0,m,0",L,BY)

= HP (w; 10,6, 5), (A7)
i=1

«1 D Tw— *
[w; 16,0, 5] = N(ZwiA \ysil (i - tui)’zwi)>
where 2,; = (ATY'A + @)

(3) The Full Conditional Distribution p(m, @ | Q,Y*,9, L, B,
Y). It is clear that

p(m®" | QY 9,LBY)
=p(n|®,Q,Y",9,LAY) (A.8)

p(@" | m,Q,Y",9,L,BY).
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Let m, = #{i : L, = k} be the number of L; equal
to k, for k = 1,...,G — L. It can be shown that p(m |

0", 0, Y",9,L,B,Y) = p( | L,«) is a generalized Dirichlet
distribution, £9(a;, b, ...,a5 ,b5_ ;) with a; = 1 + my,
by =a+ Z?:kﬂ m; (k=1,...,G~-1), which is constructed
by

k-1 (A.9)
(1-v)) (k=2,....G-1),

where VJ”= nd Beta(a}’.’= , b]i“ ).

For p(®" | m, O, Y*, 9, L, 5, Y) = p(®* | Q,Y", 9,
L, B),let L* = {L},...,L} } be the unique set of L, ®;. =
{07:>-..,6;. L,and ©(_;.) corresponding to those values in ®*

with @;. excluded. Then,
p(® | QY 9,LB) =p(0 ., | Q.Y 9,LB)
p (05 10 1), Y™, 9,L, B)

=p(®. 11 B) p (@5 [ Q,Y",9,L,B).

Lety” ={u; : j=1....,GLY¥ ={¥;:j=1...,G}and
o = {d)}k : j =1,...,G}, and note that " = {u*, ¥, ®"}.
The components of {¢ ;.\, W j+), D .} are easy to sample
based on (14). Further,

p(©7. | QY ,9,L,p)

(A.10)

~11p (61, 10Y7.9,L,B) (A-1D)
j=1

which can be implemented by drawing: for [ € L*
P 100 W0 01,0 Y", 9,1, ) ~ N (4, 37).

*—1 * * * *
P(\Ilgl |,ul)\Ilaaq)l)Q)Y )S)Laﬁ)

P
~ HGamma (%epeo Bete) (A.12)

k=1
*—1 * * * *
P(‘Dl Ly s ¥, ¥, .Y, 9, L, ﬂ)
~ Wishart (py, Ryg)

in which

{7 3 07-0)).
{i:L,=I}

* -1 x—17"1
=[5 +mY ,

el

*
e = Kok T 15

* -1 * * T 2
Bk = Beok +2 z (yik ~ i~ Akwi) ,
(L1}
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* _ ¢
Pio = Po + 11

-1
Ry = <R‘/’_1 + Z wl-wiT> .
{i:L;=1}

(4) Full Conditional Distribution p(L | Q,7,Y", 9,7, Z,Y).
It can be shown that

(A.13)

p(L]1 QY ,9,m0%Y)

n
“Tlp@i1QY" 970" Y),
= (A14)

.. G
[Li=-107Y,9,m0%Y] % Y8 (),
k=1

where ;= ¢mp(y] | w00, 9plw; | 6;) and ¢ is a
normalized constant such that sz:1 my = 1.0.

(5) Full Conditional Distribution p(f | Q, 7, Y", 9, m, Z,
L, Y). Based on the priors given in (15), the full conditional
distributions for components of hyperparameters 3 are given
as follows:

[v107.2,] ~ N(m,A,),
p
[Z,7,0"] ~ l_IGamma_1 K, + 0.5G, x,
j=1
g 2
+0.5) (¢ —u) ) ’
k=1
(A.15)
[R_l | ®*] ~ Wishart (Gp0 +pl,

G -1
(Zcb,’;l + Rﬁ) ,
k=1

[a | m] ~ Gamma (1, + G- 1,7, — log ),

where m, = A, {3 uy + 2,1 Y0 it and A, = (G2, +
hHh
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This paper presents a control problem for the optimization of the production and setup activities of an industrial system operating
in an uncertain environment. This system is subject to random disturbances (breakdowns and repairs). These disturbances can
engender stock shortages. The considered industrial system represents a well-known production context in industry and consists
of a machine producing two types of products. In order to switch production from one product type to another, a time factor and
a reconfiguration cost for the machine are associated with the setup activities. The parts production rates and the setup strategies
are the decision variables which influence the inventory and the capacity of the system. The objective of the study is to find the
production and setup policies which minimize the setup and inventory costs, as well as those associated with shortages. A modeling
approach based on stochastic optimal control theory and a numerical algorithm used to solve the obtained optimality conditions
are presented. The contribution of the paper, for industrial systems not studied in the literature, is illustrated through a numerical

example and a comparative study.

1. Introduction

The production and setup planning problem surfaces in
manufacturing systems when significant cost and time are
required to set up the production unit for the processing of
multiple part types. The setup scheduling problem involves
deciding which part type has to be processed next and when
the production unit has to stop its current operations and
make a setup change to begin the processing of that part type.
The time required to switch from producing one part type
to another and the associated cost are significant. Given that
it is not realistic (or advantageous) to devote one machine
to a single part type, different part types must share the
same machine, and capacity is lost due to each setup change.
In addition, the considered machine is subject to random
breakdowns and repairs. It is therefore essential to jointly
investigate setup scheduling and production policies in order

to optimize the system performance measure of the failure-
prone manufacturing system under study.

For the class of completely flexible machines (based on a
crucial assumption that no setup time and cost are required
when production is switched from one part type to another),
an explicit formulation of the optimal control problem for
an unreliable flexible machine which produces multiple part
types is provided in [1]. In addition, Gharbi and Kenné
[2] provided a suboptimal control policy for the multiple
parts, multiple-machines problem. The considered planning
problem falls under an important class of stochastic manu-
facturing systems involving nonflexible machines, given that
the setup time and costs are considered when production
is switched from one product type to another. This class of
systems is a subset of manufacturing systems for which the
problem of determining the optimal production policies has
been considered by many authors. A significant portion of
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the research by the latter is based on a feedback formulation
of the control problem in a dynamic manufacturing environ-
ment. It is shown in [3] that the optimal control policy has
a special structure called the Hedging Point Policy (HPP)
in the case of a single-machine, single product system. For
such a policy, a nonnegative production surplus of parts,
corresponding to optimal inventory levels, is maintained
during times of excess capacity in order to hedge against
future capacity shortages caused by machine failures for the
case of a single-machine, two-product manufacturing system
with setup (see [4]). Various researchers have considered the
problems of setup scheduling in production using advanced
optimization approaches in the context of multiple-product
manufacturing systems. As recently stated in [5], the prob-
lems of sequence-dependent setup times have been attracting
increasing interest [6]. Previous sequence-dependent setup
times are studied using objective functions such as makespan,
total completion time, and their combinations, with an
emphasis on the learning aspects of the sorting algorithms. In
the same context, Feng et al. [7] optimized various scheduling
policies and then analyzed them from the point of view
of their robustness to uncertainties and system parameter
variations. The obtained setup policy had a cyclic policy
structure resilient to parameter variations.

The stochastic optimal control problem of a manufactur-
ing system with setup costs and time was formally presented
in [4] following the series of papers published in the same
domain by Sethi and Zhang [8], Yan and Zhang [9], Boukas
and Kenné [10] and Hajji et al. [11]. The proposed models
led to the optimality conditions described by the Hamilton
Jacobi Bellman equations (HJB). Such equations are difficult
to resolve analytically for more general cases. An explicit solu-
tion for such equations was obtained by Akella and Kumar
[12] for a one-machine, one-product manufacturing system.
Numerical methods based on the Kushner approach (see
Kushner and Dupuis [13]) were used by Yan and Zhang [9]
and Boukas and Kenné [10] for a one-machine, two-product
manufacturing system. They were able to develop near-
optimal control policies for production and setup scheduling
in the case of a homogeneous and machine age-dependent
Markovian process.

For the one-machine, two products’ case, Yan and Zhang
[9] provide a characterization of the optimal production
and setup policy by four exclusive regions as a main result,
while Bai and Elhafsi [14] focused their contribution on
providing a suitable production and setup policy structure
and obtained the so-called Hedging Corridor Policy (HCP).
Following these studies, Gharbi et al. [4] developed a pro-
duction and setup policy for unreliable multiple-machine,
multiple part type manufacturing system, for which the
production and setup policy are known across the sample
space. They obtained a control policy called the Modified
Hedging Corridor Policy (MHCP), qualified as more realistic
and useful in the context of the production planning of
manufacturing systems with setup.

The main contribution of this paper is to develop a
production and setup policy for a more realistic unreliable
one-machine, one-part type manufacturing system under
appropriate assumptions in different industrial situations,
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called here industrial scenarios. The resultant control policy
is more realistic and useful in the context of the production
planning of manufacturing systems with setup. This paper’s
contribution is further illustrated through the fact that the
proposed control policy guarantees a system performance
for systems that have not yet been studied in the relevant
literature. Our proposal is an extension of the works of Bai
and Elhafsi [14], Boukas and Kenné [10], and Hajji et al. [11].

This paper is organized as follows: Section 2 presents
the notations and main assumptions of the proposed model.
Section 3 presents the statement of the optimal production
and setup scheduling problem. The optimality conditions
and numerical approach are presented in Section 4. Section 5
describes the numerical example with results analysis, and the
paper is concluded in Section 6.

2. Model Assumptions and Hypotheses

This section presents the notations and assumptions used
throughout this paper.

2.1. Notations

P:parttypei (i € I = {1,2}),

0;: setup time to go from P, to P;,

K;;: setup cost to go from P, to P;,

d;: rate of P; product request,

x(t): vector inventory levels/shortage, product type i,
p;: product processing time, type i,

u,(t): production rate, product type i,

U;": maximum production rate, product type i,

z;: optimal inventory level, product type i,

a(t): stochastic process describing the dynamics of
the machine,

§;j: setup policy from product part type i to j,
qap: transition rate, mode a3,

¢; : shortage cost, product type i,

c;r: inventory cost, product type i,

p: cost discount rate,

g(+): cost function,

R(-): total cost function during setup,

J(+): total cost function,

v(-): value function.

2.2. Context and Assumptions. The following is a summary of
the general context and main assumptions considered in this

paper:
(1) The model is time-continuous.

(2) Raw materials for the production of each product part
type are always available and unlimited.
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Total cost to be minimized = [cost of setup + inventory cost + shortage cost]

FIGURE 1: Manufacturing system studied.

(3) Customer demand of finished products for each part
type is known and represented by a constant rate over
time.

(4) The maximal production rate of each part type is
known.

(5) All failures are instantly detected and repaired. A
corrective maintenance action renews the production
system to its initial state (as good as new condition).

(6) The machine shares the production of different prod-
uct part types with significant setup time and cost.

(7) The shortage cost depends on the shortage quantity
and time (average value ($/product/unit of time)).

(8) The holding cost depends on the mean inventory level
(average value ($/product/unit of time)).

(9) For each product part type, once the production starts
at a given rate, no adjustment of the rate will be
allowed until either the machine is down (failure
mode) or the current unit is completed.

We complete the assumptions by two hypotheses that help
us to study different industrial contexts (or production
scenarios) with setup.

Hypothesis 1. The setup operation is performed only when the
machine is in operational mode and cannot be interrupted by
any machine failure such that it has to be started all over again.

Hypothesis 2. The setup operation is only allowed if the
machine is in operational mode, and the setup process is
interrupted by failure such that it can be continued after a
repair.

In this paper, we show how the hypotheses affect the
optimality conditions of the associated stochastic optimal
control problem. We then develop appropriate optimality
conditions consisting of a modified form of the traditional

HJB equations. We finally compare the results obtained for
the two hypotheses (or contexts of production) in order to
provide more realistic production and setup policies.

3. Problem Formulation

The production system presented in Figure 1 consists of one
machine capable of producing two different part types. The
machine is not completely flexible in the sense that the setup
activities between the two part types involve both time and
cost to switch from the production of one part type to another.
The system under study is dynamic and the associated costs
to be minimized are illustrated in Figure 1.

Let 6;; and K;; be the duration and the cost incurred for
switching the production from P, to P; withi # j, respectively.
Note that, fori, j = 1,2 and i # j, 6;; > 0 and K;; > 0.

The i-type product requires an average production time
denoted as p; > 0 (i = 1,2) and ordered with a constant
demand rate d;.

Let x;(t), u;(t) be the stock level and the rate of production
of two part types of products P,, i = 1,2, respectively.

Let x, u, and d denote the vectors (x,, x,)", (u;,u,)", and
(d,,d,)", respectively, knowing that the notation A’ denotes
the transpose of A.

At a given moment, we can describe the system by a
hybrid state that consists of a continuous portion (stock
dynamics) and a discrete portion (modes of the machine).
A stochastic process &(#) is used to describe the mode of the
machine as follows:

1 if the machine is operational
&) = @)

2 if the machine is under repair.

The machine uptimes and downtimes are assumed to be
exponentially distributed with rates p and g, respectively.
Hence, the machine state evolves according to a continuous-
time Markov process with modes &(t) € M = {1, 2}. The states
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Production qi2 = Repair
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FIGURE 2: States transition diagram of the system studied.

transition diagram of the Markov chain associated with the
machine dynamics is shown in Figure 2.

The evolution of machine states in the interval (¢, + 8t)
can be expressed by

prob (& (£ +8t) = 1| & (t) = 2) = g,,0t + 0 (5t),
prob (E(t+6t) = 1| E() = 1) = 1+ q,,0t + 0(8¢),
prob (£ (£ +8t) =2 | £(t) = 1) = g,,0t + 0 (81),
prob(§(t+6t) =21&(t) =2) =1+q,,6t +0(5¢t).

The process &(t) can be described by a transition rate matrix
Q = {q,p}, defined by q,5 2 0 siar # fand gpy = = Za#; Qap>
knowing that «, f € M.

The transition rate from a state « € M to a state § € M at
time t is defined by

(E@+0t)=BlE(1) =a)
St

Gop = 5lth—n>o prob o
3

« # 3 knowing that llm 0(00)

=0.
o Ot

The corresponding matrix of transition rates e is given in the

following:
Q- (“112 912 > ' (@)
921 —49n

The differential equation representing the dynamics of the
finished products stocks is

) dx () _

t t
x(t) = T u(t) - )
x (0) = x,,

where x, is the initial stock level.
The production rates satisfy the system capacity con-
straint given by the following equation:
S+ .
0<u,()<U;, i=12, (6)
where U: denotes the maximal production rate of product

i on the machine. The set of feasible production rates of the
machine for a product i is given by

F(oc)z{u:u=(u1,u2), 0£ui(')£U:, i= 1,2}. (7)
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The decision variables of the optimal control problem under
study are production rates u = (u,u,) and a sequence of
setups denoted by Q = {(7y, iyi;), (11,111), . . .}. A setup (7, if)
is defined by the time 7 at which it begins and a pair ij,
denoting that the system was already set up to produce part
i, and is being switched to be able to produce part j. Let A
denote the set of admissible decisions (Q, u;, u,).

The instantaneous cost function depends on the state of

the system (stock level, mode of the machine) and is given by

gxa)=(c/x +ex] +ox +6x,)+c%  (8)
where ¢* is the cost incurred at mode « of the machine
(assuming that ¢! = 0and ¢ # 0). Note that x; = max(0, x;)
and x; = max(-x;,0); ¢;"and ¢; are inventory and backlog
costs for part type i per unit of product per unit of time,
respectively.

Given that the setup cost is consumed at the beginning
of the operation, the instantaneous cost as a function of the
setups denoted as R(-) is therefore expressed by the following
expression:

R;; (x,5) = K;; Ind{s— ]} L e g(x—d)dt,
©)
s€[0,0,], i,j=1,2i%#j,

where p is the discount rate. The first part of (9) expresses
the setup cost at the beginning of the operation. The second
part evaluates the penalty incurred for an inventory during
the setup, depending on the time remaining in the setup
operation, denoted as s, with

1 if s=0;
Ind (s = (E),]) ! (10)
0 otherwise.

We can deduce the instantaneous cost function of the
setup as follows:

Ry, (x, G')12) =Ky,

®12
+ J e P g(x, —dt;x, — dyt)dt,
0
(11)
Ry (%,0y) = Ky
®21
+ L e g (x, —dt;x, — dyt)dt.

The total discounted cost over an infinite horizon can then be
defined by the following expression:

J (G, x, 0,8, Qu(4))

Jo e Pg(x(t)dt (2)

+Ejxdsa, [j g (x (1)) dt + Z e—PT;K,l,1+1

WORLD TECHNOLOGIES




Production Planning of a Failure-Prone Manufacturing System under Different Setup Scenarios 189

The production planning problem is to find an admissible
decision or control policy (€2, u(+)) that minimizes J(-), given
by (12). For the production of part type 7, the value function
can be given by the following:

v; (x,,8) = min J (i, x,a,5,Q,u)
(Qu)eA
(13)
Vx € R", a € M.

In the next section, we present the optimality conditions and
the corresponding discrete form obtained by the application

min { n}1(n) [((u—d)(v), (x, @) + g (x) + Qv; (x,-) ()]

1

of the numerical methods inspired from the Kushner
approach (see [11] for more details).

4. Optimality Conditions and
Numerical Approach

In this section, we present the modified HJB equations related
to Hypotheses 1 and 2. We then compare the results obtained
for those hypotheses to the results given by the application of
the traditional form used in Yan and Zhang [9], Bourkas and
Kenné [10], and Hajji et al. [11].

The value function v;(x, ) that satisfies the HJB equations
in mode 1 for Hypothesis 1 is

- pv; (x,oc);r%iin [R,»j (x, ®,~j) +(P;) e v (x- de,;, 1) +(1- Ej)e_p®ff v (x-dr;1)] - v, (x,(x)]» = 0.

The value function v;(x, «) that satisfies HJB equations in
mode 1 for Hypothesis 2 is

min { mr1(n) [(u-d) (v;), (x,a) + g (%) + Qv; (x,-) (a)]

= pvi (% a); (15)

njl;ln [Rij (x,@i\j) +e 7% v (x - d@i\j, 1)” =0,

where (v;),.(-) is the gradient of v;(-) related to x. Moreover,

Qv; (x,7) (@) = ) qup (v (%, B) = i (x, ). (16)

a#f

Let S;(o) be the machine configuration changes (setup)
defined by the following:

(v (0.

\:‘l'_‘

(), (o.) =

| =

h
(vi (xl,...,xj,...

=
-

h
,xj+hj,...,x2)—v,- (xl,...,xj,...

h
,xz)—vi (xl,...,x]-—hj,...

(14)
ij
(a) for Hypothesis 1,
5.0 - [remn R, (x0,) « ()™
v (x -de;, 1) + (1 - Pij) e PO (17)
"V (x - drij, 1)] =v; (x,oc)} ;
(b) for Hypothesis 2,
S; ()

= {x : rr11¢11n [sz (x, @TJ) +e PO v; (x - d@-i\j, 1)] 18)

=v; (x,oc)}.

Let us use the Kushner approach method (Kushner and
Dupuis [13]), as in [16], to develop the numerical form of
HJB equations. The basic idea behind it consists in using an
approximation scheme for the gradient of the value function.
Let hj;, j = 1,2, denote the length of the finite difference
interval of the variable x ;. Using the finite difference approx-

imation, v(x, &) could be given by vih(x, «) and (v;) xj(x, «) by

,xz)) ifu;-d; >0
(19)
,xz)) ifu;-d; <0.
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—d.
~Ind{uj—d]- <0}—.u]h—]'
_d. !
[, - i (g X X))
j (20)
-vih(xl,...,xj+hj,...,x2)Ind{uj—dj20}

The following expression can be deduced:
(4= d;) (1), (. 00) =

Following the previous approximation, we can express (14)
| -d | and (15) in terms of vih(x, «) as follows:

u .
i %k
B (xl,...,xj—hj,...,xz)

j (a) for Hypothesis 1,

v~h(x,tx)
—mm{ ml(n {<P+|‘1m|+2{l 2 ]|> |:Z 'u _ |V,-h(x(hj,+)lnd(uj—dj20)+V,-h(x(hj,—))1nd(uj—dj<0))+g(x)+p2q“ﬁ*vih(x,ﬁ)jl}; 1)
il 03] ()7 s d0,1)+ (-7 o s, )
(b) for Hypothesis 2,
v-h(x,vc)
_mm{ m1(n)<[<p+|qm|+z‘u |> |:Zz: | ( (hj,+)lnd(uj—d]-20)+Vih(x(hj,—))1nd(uj—dj<0))+g(x quxﬁ*v (x ﬁ)jl}
L Jj=1 =1 B (22)
rr];iirl[Rij(x,(B )+e” ey, (x de;; 1)]}
ith -d;
wi P (x,x+h u) —h 'u ’
vih (x(hj,+)) = vih (xl,...,xj +h,...,x2), Qqhﬁ(x u)
(23) P, (%0, fout) = ——b
h (X o ﬁ H) Qhot(x,u)

vih (x(hj,—)) = vih(xl,...,xj—h,...,xz).

For all « € M, let us define the following expressions:

(24)

P | " — | Substituting these expressions in (21) and (22), we obtain the
Q% (1) = |qual + Z following two equations:
=1

(a) for Hypothesis 1,

h
Vi (X, “)

o . Q% (x,u) > n = a n g(x)
—mln{ug}&){m<gph (x,xihj,u)vi (x,(X)+zPh (X,(x,/iu)wi (x>ﬂ)>+m} (25)

pra

il 50+ ()7 505 1) 1-)e 7 -y )]
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(b) for Hypothesis 2,

h
v (%)

o . Q" (x,u) > a h = h g (x)
= min {ulg}il(lgc) {—P+Qh“ o <j=ZIPh (. x £ hju) v (x0) + Y P, (x,0 Bou) - v, (x,/3)> + T Qo) (x’u)} (6)

Pa

n}izn [Rij(x,@;)+e"’@7f- ](x d@,l, )]}

Let us specify the terms of the previous equations, the  In order to calculate 7,, we evaluate the conditional expecta-
discretization domain, and the limit conditions and illustrate tion E{t | t < ®;,} and obtain

the algorithm used to solve the modified numerical version

of the HJB equations obtained. In addition, (25) and (26)

correspond to four equations, expressing the optimality 1 12000

conditions concerning the production system under study, T2 = —— (1 S (1+ %2@12))' (28)
: . . ; 912

involving two products and a machine with two modes.

(i) Hypothesis 1. Let us denote by P,, the probability that the
machine is in failure mode at the end of a setup from P, to P,, ¥
if it was operational when the setup started, and by 7,, the =~ € ?*"* and

corresponding failure time. Similarly, P,; is the probability

that the machine is in failure mode at the end of a setup from

P, to Pl,.if it was operatiopal when the setup star.ted, with T, = 1 (1 e O (1 4 q12®21)) (29)
T,; denoting the corresponding failure time. According to the d12

random machine failure process,

For the setup from product 2 to product 1, we have P, =

P, = e 120, 27) We then have
h o . Qy (x,u) h 51 ok g (x)
vy (x,1) —mm{ulnelrllr(ll) {P+Qh ) Z ( )vl (x, 1)+ P, (x,1,2,u) v, (x,2)> + P+Qh1 (x,u)}

[Rip (3:01) + (Py) €702 ) (3, = dy©15, 1,5, — dy©15,1) + (1= Pyy) [ 772 -0y (3, = dy 75 1%, — 7y, 1)]] ]» ,

h . . th(x,u) d 1 h = 1 o h g (x)
v, (x,1) = min {u211€1r12r(11) {—P N th o <];Ph (x,x + hj,u) vy (6 1)+ P, (x,1,2,u) v, (x,2)> + —P N th o) }

(30)

) [R21 (x,0,) + (P,) e o V1h (%1 =10y, 1, %, = d,0,,,1) + (1 = Pyy) [e_PTn ) Vzh (%1 —di1y, LLx, —dy1yy, 1)]]

| ormo /3 90
vlh(x,Z)zmln{#x(x,o)<]_zlphz( )Vl (x, 2)+Ph (%,2,1,0) - v, (x 1)> +gh2(x’0)}’
Vzh(x)z):mm{m<]; ( )v2 (x,2)+Ph (%,2,1,0) - v, (x,1)> —+(gh2(x,0)}'
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We notice that the setup expression no longer appears in both
failure mode equations and that the first two operational
mode equations are different from the equivalent equations
for the reference hypothesis of the literature.
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(ii) Hypothesis 2. Using a known formula = ©,,/MTTF,
we get the terms of the corrections due to repairs r;, =
(®,, * MTTR)/MTTF and r,; = (0, * MTTR)/MTTF
(here MTTF = 1/q,,). Finally, the modified setup time is
calculated:

— 0 MTTR
0,=0),+ L’
MTTF
_ ®,, * MTTR
O = Ont =TT
Vlh (x» 1)
1
=min 4 min M Z P, (x,x + hj,u) vlh (x, 1)+ Phl (x,1,2,u) - vlh (x%,2) )+ le)
weh() | p+ Qh (x,u) p+Q, (x,u)

— 00, h
. [Ru (x,@lz) +e Ty, (x1

Vzh (x’ 1)

th (X, u)
p+Q (x,u)

= min
u €l (1)

. [R21 (x, ®21) +e POyl (xl

—dlé-;,l)xz_dZé-;’l):l >

(31)

<th (x,x + hj,u) vzh (x,1) + f)hl (x,1,2,u) - v2h (x, 2)> + 9

p+ Q' (x,u)

heoon ] QA0 /S g

v," (x,2) = min 10 (D) <J; ( )V1 (x,2) +Ph (%,2,1,0) - 1, (x,1)> 01 Q. (50)
2 )0 2 _

vzh (x.2) = min % <;th (x,x 4 hj,O) vzh (x%,2) + ph1 (x,2,1,0) - vzh (x, 1)> + %

We also notice that the setup expression no longer appears
in both of the failure mode equations and that the first
two operational mode equations are similar to those of the
reference hypothesis (with the setup times modified), but
different from equations related to the case of Hypothesis 1. In
the next section, we present a numerical example and analyze
the results obtained in different situations.

5. Numerical Example and Results Analysis

In order to characterize the production and setup policies and
to show the influence of the interactions between the setup
procedure and the random machine failure process, for two
new hypotheses in comparison with the reference hypothesis,
we present three different cases in three data groups. The
first two groups had identical economic parameters, and only
technical parameters such as the setup duration were varied
according to the groups. In the third group, both products

had different economic parameters. Table 1 shows the con-
stant parameters for the numerical examples considered, with

q =6;

+.

G =65
K, = K,;; (32)

d, =dy;

Uy =U,

for the two first groups.
In addition,

(i) group 1 represents the case ®,, = ®,, = 1.25;
(ii) group 2 represents the case ®,, = ©,, = 1.75;

(iii) group 3 is the case of two nonidentical products ®,, =
0, =125and C| =C; = 1;C| =20; C, = 40.
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TABLE 1: Data parameters.

q o Ky, Uy d, xy Xy q12 d P hy
20 1 0.5 5 1.5 20 -5 0.1 0.8 0.1 0.2

TABLE 2: Setup times for machine tools (Boothroyd et al. [15]).

Some nonproductive times for common machine tools

Machine tool Time to engage tool and so forth (s) Basic setup time (h) Additional setup per tool (h)
Horizontal band saw — 0.17 —
Manual turret lathe 9 0.15 0.2
NC turret lathe 1.5 0.5 0.15
Milling machine 30 1.5 —
Drilling machine 9 1 —
Horizontal-boring machine 30 13 —
Broaching machine 13 0.6 —
Gear hobbling machine 39 0.9 —
Grinding machine 19 0.6 —
Internal grinding machine 24 0.6 —
Machining center 8 0.7 0.05

The setup times are given by the table of the machine tools
setup times (see Table 2). 20 .

With these data, the system is capable of producing
with setup at the request of both products if the following
feasibility condition is satisfied:

15+

Ul —B e f s d dy (i=1,2).

"1 + g1 Y : %)
We present six figures for every case (three figures for 10 +
each product). Each figure contains the production or setup
policies for the two new hypotheses and for the reference
hypothesis. For group 1, Figures 3 and 6, respectively, illus-
trate the production policy of P, and P, for three hypotheses.
Then, also for group 1, Figures 4 and 7 illustrate the setup
policies for P, to P, and for P, to P, respectively. Finally, for
group 1, Figures 5 and 8, respectively, illustrate the association of
of both policies (production and setup) for P, and the
association of both policies (production and setup) for P,.
In the next section, analyses of sensibility will be provided
to study the effects of variation of the various costs on the -5 0
control policies.

X,

20

Group 1 (product type 1) @, = ©,, = 1.25 (see —— Hypothesis 1
Figures 3-5). —— Hypothesis 2
Group 1 (pro duct type 2) @12 _ @21 = 1.25 (see —— Reference hypothesis (from literature)

Figures 6-8). FIGURE 3: Production policy for P,.
Group 2 (product type 1) @, = 0, 1.75 (see
Figures 9-11).

Group 2 (product type 2) ©,, = ©,, = 1.75 (see

Figures 12-14).
& ) Let us now interpret the results obtained and illustrated

Group 3 (produc‘F type1) @), = @, = 1.25and C = by Figures 3-20. This analysis will allow us to present
1; C; = 20 (see Figures 15-17). the structure of the production and setup policies for the
Group 3 (product type 2) ®,, = ®,, = 1.25and C] =  two product part types and with regard to the formulated
1; C] = 20 (see Figures 18-20). hypotheses.
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Group 1 Group 1
20 T T T T 20
15 F oot
10 -l T
=
5 -
ot ot 1
-5 L -5 L L L L
-5 0 -5 0 5 10 15 20
X
—— Hypothesis 1 —— Hypothesis 1
—— Hypothesis 2 —— Hypothesis 2
—— Reference hypothesis (from literature) —— Reference hypothesis (from literature)
FIGURE 4: Setup policy (product 1 to product 2). FIGURE 6: Production policy for P,.
Group 1 Group 1
20
15 i
10 §
=
5 L -
0 L o4
-5 | | |
-5 0 10 15 20
Xy
—— Hypothesis 1 —— Hypothesis 1
—— Hypothesis 2 —— Hypothesis 2
—— Reference hypothesis (from literature) —— Reference hypothesis (from literature)
FIGURE 5: Production policy for P, and setup policy (P, to P,). FIGURE 7: Setup policy (product 2 to product 1).
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Group 1 Group 2
20
15 F- et el
10F
=3
5F
0 4 0
-5 . . | | -5 . |
=5 0 5 10 15 20 -5 0 5
Xy
—— Hypothesis 1 —— Hypothesis 1
—— Hypothesis 2 —— Hypothesis 2
—— Reference hypothesis (from literature) —— Reference hypothesis (from literature)
F1GURE 8: Production policy for P, and setup policy (P, to P,). FIGURE 10: Setup policy (product 1 to product 2).
Group 2
P 20 T
20
15
15 R
o
10 i :
! s |
5 -
5r i
0Ff
0r i
-5 L
=5 L -5 0

20

—— Hypothesis 1
—— Hypothesis 2
—— Reference hypothesis (from literature)

—— Hypothesis 1

—— Hypothesis 2

—— Reference hypothesis (from literature)
FIGURE 11: Production policy for P, and setup policy (product 1 to

FIGURE 9: Production policy for P,. product 2).
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Group 2

20

ok J
-5 L 1 L L
-5 0 5 10 15 20
X
—— Hypothesis 1
—— Hypothesis 2
—— Reference hypothesis (from literature)
FIGURE 12: Production policy for P,.
Group 2
51 4
ot 4
-5 L 1 L L
=5 0 5 10 15 20

—— Hypothesis 1
—— Hypothesis 2
—— Reference hypothesis (from literature)

FIGURE 13: Setup policy (product 2 to product 1).
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Group 2

=5 0 5 10 15 20

—— Hypothesis 1
—— Hypothesis 2
—— Reference hypothesis (from literature)

FIGURE 14: Production policy for P, and setup policy (product 2 to
product 1).

Group 3
20

15+

10

X5
v

20

—— Hypothesis 1
—— Hypothesis 2
—— Reference hypothesis (from literature)

FIGURE 15: Production policy for P,.
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Group 3 Group 3
20 T T T T T 20
111 R I T R
T S
<
5¢F
0 ot i
=5t 5} i
-5 0 -5 0 5 10 15 20
Xy
—— Hypothesis 1 —— Hypothesis 1
—— Hypothesis 2 —— Hypothesis 2
—— Reference hypothesis (from literature) —— Reference hypothesis (from literature)
FIGURE 16: Setup policy (product 1 to product 2). FIGURE 18: Production policy for P,.
Group 3
Group 3
20
15
10 +
b
5L
0F
-5t
-5 0 i

10 15 20

—— Hypothesis 1 ‘
—— Hypothesis 2 —— Hypothesis 1

—— Reference hypothesis (from literature) —— Hypothesis 2
—— Reference hypothesis (from literature)

FIGURE 17: Production policy for P, and setup policy (product 1 to

product 2). FIGURE 19: Setup policy (product 2 to product 1).
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Group 3

—— Hypothesis 1
—— Hypothesis 2
—— Reference hypothesis (from literature)

FIGURE 20: Production policy for P, and setup policy (product 2 to
product 1).

5.1. Optimal Production Policy. An analysis of three cases
shows that we have to produce at the maximum rate in region
I when the machine is configured for the same product. In
region II, the machine is configured (according to the setup
policy) for the production of the other type of product. In
region III, the production policy recommends stopping the
machine and producing nothing by setting the production
rate to zero. It is interesting to note that, in Hypothesis 1, the
optimal inventory level is very big, contrary to Hypothesis 2
and to the reference hypothesis, as seen in Bai and Elhafsi
[14], Boukas and Kenné [10], and Hajji et al. [11]. This
increase in the inventory level is understandable given that
if a breakdown occurs during the setup operation, we have
to stop the setup until the machine repair is completed.
This breakdown cancels all the data relative to the setup
activities started before the failure. In this case, the operator
has to resume the setup operation, which increases the overall
setup time and leads to a loss of availability of the machine.
According to Hypothesis 2, the optimal inventory level is
slightly bigger than that of the reference hypothesis. This
light increase in the inventory level is understandable, given
that the setup operation must be stopped when a breakdown
occurs. This breakdown does not cancel all the data relative to
the setup activities (contrary to Hypothesis 1). The operator
pursues the setup activities after the repair of the machine.
The global setup time of Hypothesis 2 is then higher than
that of the reference hypothesis. In fact, we have a loss of
availability of the machine, but to a smaller extent than in
the case of Hypothesis 1. The optimal production policy is
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TaBLE 3: Comparative study of optimal threshold inventory levels.

Group Hypothesis] =~ Hypothesis2  Literature hypothesis

) Z, =14 Z, =98 Z,=9
Z,=14 Z,=98 Z,=9

5 Z, =176 Z, =124 Z, =118
Z,=17.6 Z,=124 Z,=11.8

3 Z, =14 Z, =98 Z,=9
Z, =152 Z, =11 Z, =104

then of hedging policy structure and can be expressed by the
following two equations (for product 1 and product 2):

U/ ifx, <Z;(x,)

uy (x1,%,) =
1 (x10) 0 ifx;>Z(x;),

(34)
U, ifx,<Z (x)

U, (x1,x,) =
E 0 ifx,>Z (x).

5.2. Optimal Setup Policy. By analyzing Figures 4 and 5 in
region II (zone in which a setup from P, to P, or from P,
to P, is allowed), we can observe that the setup policies of
Hypotheses 1 and 2 give a margin bigger than that of the
reference hypothesis. This trend reduces region III and so
allows the system the possibility of performing the setup
without any shortage risk for the other product. The setup
policies are given in this case by the following expressions:

X 2 ap, X < 0,
1 i or
S12 = 1 x, <0 X, £ =b,
|0 otherwise,
(35)
X, S 6x,+ b, X, 2 ay,
1 if or
So1 = 1 %20, x,20 x, <0
|0 otherwise
with
0<a <27,
b <o,
(36)
0<a, <2,

0<ga,+b,<Z,.

To conclude this section, we recapitulate the results obtained
according to the critical thresholds Z, and Z,, which char-
acterize the production and setup policies presented by (34)
and (35). The values of the optimal threshold inventory
levels obtained numerically for the three groups of data are
presented in Table 3.

These results show our contribution, given that all the
previous works in the literature did not handle the case of
industrial systems subjected to Hypotheses 1 and 2. In this
paper, we determined the production structures and setup
policies for these industrial systems.
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6. Conclusion

This research clearly defines the production planning prob-
lem and the setup strategies for industrial systems subjected
to specific hypotheses. In this paper, we considered two
hypotheses that hold that a breakdown can occur during a
setup activity. This breakdown can cancel (or may not cancel)
the setup activities undertaken before the breakdown occurs.
Hence, we propose new optimality conditions integrating the
probability of breakdowns during the setup. A numerical
approach is used to solve the optimality conditions obtained.
A numerical example and a comparative analysis of the results
for three groups of data allow us to determine the production
structures and setup policies for manufacturing systems that
have previously never been studied in the literature. This work
can be extended to the cases of industrial systems allowing
setup activities in all modes of the machine (operational or
failure modes).
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